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Abstract. We consider the motion of a particle in a weak mean zero random
force field F, which depends on the position, x(t), and the velocity, v(t) = x(¢).
The equation of motion is X(t) = eF{x(t), v(t), @), where x(-) and o(-) take values
in R%, d =3, and o ranges over some probability space. We show, under
suitable mixing and moment conditions on F, that as ¢ — 0, v%(t) = v(t/c?)

converges weakly to a diffusion Markov process uv(t), and &*x*(t) converges
4

weakly to {v(s)ds + x, where x = lim £2x%(0).
0

1. Introduction

For simplicity we do not discuss the general situation in this section, but restrict
ourselves to force fields which depend on position only.

Let F(x),xeR’% be a random vector field, a random force field, which
is stationary and has mean zero. Let x(t) be the coordinate of a particle of unit
mass moving through this force field. The equation of motion is

X =F(x). (1.1)

with given initial position and velocity. Suppose that the force is weak and weakly
correlated for points that are far apart. Then one expects that after a long time
the velocity x will behave like a diffusion Markov process and the position x
like the integral of this diffusion process.

To be more specific, suppose that the root mean square of the force field F
is proportional to ¢ so that we may replace (1.1) by

% = eF(x) 1.2)

in which F(x) is of order one. Rescaling of time ¢ into t/e? and putting X(t/e%) =
v¥(t), x(t/e%) = x*(t) leads from (1.1) to the system.

dx? 1

);t( 0. =00

') 1,

5= Fx ) (13)
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It is proved in the following sections that under suitable conditions on F, v® conver-
ges weakly as € —» 0 to a diffusion Markov process ofr) whose generator is given
t

explicitly. Moreover, £2x(f) converges weakly to {v(s)ds + x, where x = lim £2x%(0),
0
ase—0.

The Eg. (1.2) describes for instance the motion of a charged particle in
an electromagnetic field, and several authors have obtained formulas for the
limit process by perturbation methods or similar procedures [1-5]. We now
give such a formal derivation of the relevant results for (1.3). We note that the
method used in [6] for the much simpler problem than (1.3)

dxt) 1 1

A —EZ—U-I-EF(X (1)),

does not work well in the present situation.

Let f(v) be a bounded and smooth function on R? and let ué(t, x, v) = f(v(¢;x,v))
where x*(t;x, v), v(t;x, v) is the solution of (1.3) with x*0)=x, v (0)=v. As a
function of ¢, x and v, * satisfies (the adjoint) Liouville equation

ou’ 1 ouw® 1 ou’

o ﬁ F( s ov’

u0, x, v) =f(v), (1.4)
Here ¢/0x and ¢/0v denote the x and v gradient operators and - stands for dot
product in R%. We now attempt to solve (1.4) by a formal series expansion u® =
uy + su, + &*u, + .... Inserting this into (1.4) and collecting terms leads to the
equations

t>0,

ﬁuo

02900 (1.5)
‘2“1 + Flx)- 5“0 (1.6)
‘Z“%F( )%—% 0, et. 1.7)

From (1.5) we conclude that u, = u,(t, v) and u,(0, v) = f(v) (to satisfy (1.4)), but
u, is otherwise undetermined at this stage. We consider (1.6) and note that we
can write the random function u, in the form

0
uy{t, x, vy = x(x, b 20 (1.8)
ov
where y(x, v) satisfies
0
0 o® 4 F(x)=0. (1.9)
ox

@w
One may write formally y(x, v) = jF (x -+ vt)dt but of course this expression does
0
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not make sense. We retain it anyway with the understanding that some conver-
o0
gence factor has been introduced (like fe PF(x + vz)dt).

0
Now we use this in (1.7) and demand as usual that the expectation of

0
-—a%l—%? be zero. This gives a diffusion equation that determines u(t, v).
Specifically Eu(t, v) satisfies
0Eu
at(’:ﬁEuO, >0, uy(0,v)=1(v) (1.10)

where . is given by

P = 0fE{F(x)-%(F(x + Ut)‘%)}dt

d B 0
with
A, v) = CjSOE{Fj(x)Fk(x + vt) }dt. (1.12)
Q

When the correlations in the force field die out rapidly enough, the diffusion
coefficients 4,(v) are well defined if v # 0 but they are necessarily singular at
v =0. (Note that & is not always self-adjoint if F depends on v as well; see (2.3)
and (2.4) below.)

The problem then is to show that ¢%(t) converges weakly to the diffusion
generated by % of (1.11) under some suitable hypotheses. The theorem of the
next section gives such conditions for convergence. It is discussed further there.
Some specific examples are given in Sect. 4.

Tt is of interest to point out some special cases of (1.11) and (1.12) here.

Let

Rjk(x) = E{FJ(X + y)Fk(y)}a .ja k = 1> 2: >d9 (113)

be the covariance of the force field F. It is assumed that it decays rapidly with x;
in fact much stronger asymptotic independence assumptions are introduced
in the next section. Let us assume also that the symmetry condition

R(x)=Ryu(—x) {1.14)
holds. Then (1.12) may be written in the form

[vo)

1
A0)=a,0) =3 | Ryer)dr. (1.15)

- oG

If we introduce the power spectral density ﬁjk(l), then

R, (x)= | &R, {Ddl, (1.16)
o
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and (1.15) becomes
ag(v) =7 | 8(-v)R ,(Ddl (1.17)
R4

where d(o) is the delta function with unit mass at zero. The expression (1.17) for
the diffusion coefficients is useful when F(x) is the gradient of a potential V(x).
If we set

R(x — y) = E{V(x)V ()} (1.18)
then (1.17) yields
ayv)=n | 6(l-v)ljl,ﬁ(l)dl
R4

= z(apj.-%)(& . 2) ™ { 8010}, L R(L.
PG TV ANCR T
From this we see that in the potential case the limiting diffusion operator is
degenerate. The limit diffusion process is concentrated on the sphere |v| =|v,|
where v, # 0 is the starting velocity. (Since a(v):v=0 and L(v?)=0-) (2.6) is
automatic when |v| is constant, but unfortunately, our theorem as stated does
not allow g, (v) to become singular, and hence does not apply without modification
to the above case. One such modification of the theorem is given in Remark 5 of
Section 4. The conclusion of the theorem remains valid if (4.2) and (4.3) hold,
even when a(*) becomes singular. This comment also applies to other cases where
|o(¢)| remains constant (e.g. when F(x, v) is always perpendicular to v, such as
when F(x,v) is of the form F(x,v)=v A I'(x)).

2. Statement of Theorem

Throughout (€, #, 2) denotes our basic probability space. On this space F(x, v, w):
R? x R? x Q > R? is a random field with the following properties:
(I) F is jointly measurable with respect to # x # x # where % is the Borel field
in R%. As a function of (x, v), F(-, ®) is almost surely in C*(R? x R¥).
(Il) F is strictly stationary in x, ie. for any x,,v,€R? the joint distribution of
F(x, +h,v,),...,F(x, + h,v,) is independent of heR?. Equivalently, the process
{F(x,", )} _ga is stationary in x. In addition

E{F(x,v)} = 0, x, veR?. 2.1
(III) For AcR% s

%, =0{F(x,v,"):xeA, veR%}

= sigma ﬁeld generated by F(x,v,"), xe A, ve R%.

For A, A, = R* define
oA, A,)=sup |P(B)— P(B|A4)]|.

AsgAl,BEgAZ

Also, set
Blp) = sup{o(A,, A,): A, A,eB with d(A4,, A,) = p}.
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Here
d(A,, A)=inf{|x, —x,|:x,€4,}.

Assume that
T 1By mar < o0, 02)
]

Note that (2.2) is in a sense a measure of the rate at which F(x,") and F(x,,")
become independent when |x, — x, | — 0.
(IV) For some constant C, and all v, e R%, 0 < |B| =2 and r = 16d + 64

E{ sup |DPF(x, v)%’}§CO

x| L jv—vel g1
As usual B stands here for a multi-index and D* for the corresponding partial

derivative. Thus D?F(x, v) can be any mixed derivative of F.
(V) Let

_ TO E{F0,v)F (tv,v)}dt, (2.3)

b (v) = Z E{F (0, v) F(tv, v)}dt

O 8

=ZT[IE{F 0,0) 2 F(w, )}
FERY]
+E{F 0.0) 5~ F(tv v)}] (2.4

Here (0/0v)F(tv, v) = [(6/0v)F(x, v)],.,,- The integrals in (2.3) and (2.4) can be
shown to be absolutely convergent on the set {v # 0} and to be bounded as |v| — ©©
by means of (I1I) and (IV) (use Theorem 17.23 of [7] or Lemma 20.1 of [8]).
Assume that a,(v) is strictly positive definite on {v+0} and that g ) and b(")
are C* functions on {v+0}.

For any f e CHR%) define

f(v)—l—}:b b)—f v 0. (2.5)

1) = }:al,(v)

Let V, be a diffusion with generator . and starting-point v, # O (see Remark 1
below). Assume finally that foreach v, # 0and T < o0

lim P”O{{ V)< —for some t < T} 0. (2.6)

M-w©
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Last, let {v(), y(1) } = {v°(t, w), y(t, @)} be the solution of the equations
ay*

s
I
=~ PO, 00)

v(0) = v, # 0, y(0) = y, . 2.7)

These solutions exist and are unique with probability one by the argument in
step (ii) of [6]. Denote by Q° the probability measure on C = C([0, «0);R?) induced
by {v()},5,-

Theorem. If d 23,v,+0 and F(') satisfies conditions (I)-(V) above, then Q°
converges weakly on C as £l0 to the measure Q corresponding to the diffusion
process in R* with generator & and initial point v, (i.e., Q(v(0) = v,) = 1).

Corollary. Under the conditions of the theorem the measure R*® induced by
W*(-), e2y%(")) on C([0, 20);R? x R?) converges weakly to the unique measure R
which is concentrated on the set

{X, Y:Y{)= }Xi(a)dcr, X = vo}
0

and whose marginal distribution of X(-) coincides with Q.
(Here X,(t),..., X (1), Y, (¢),..., Y,(t) are the coordinate functions on
C([0, 0);RY x RY).

Remark 1. The diffusion ¥, on R*\{0} can be constructed by “patching together”
local diffusions. The local diffusions can be obtained as solutions of suitable Ito
equations (see [9], Ch. 4.3) or by semigroup theory (see [10]). It is also possible
to define the diffusion V™ which has generator ¢ on

an{ueRd:‘v[>%},

and is killed at time 7, = inf {t: VP ¢C,}. For m 2 n, V™ up until time 1, is equiva-
lent to V™ ([11], Corollary in Chap. 5.24), and V, can be viewed as a limit of the
yo.

Remark 2. In our most important examples (see Remark 3) the coefficients
a,(v) and v{v) are singular at the origin so that one should not replace (V) by the
simpler condition a,(-), b{-)e C*(R?).

In Remark 6, Sect. 4, we shall discuss a replacement for the condition
dz3 and a,-),b( )e C*(R%\{0}). We shall also give some sufficient conditions
for (2.6). For the definition of the spaces C([0, c0);R?), D([0, ov);R? and weak
convergence on these spaces see [ 12] and [13].

Remark 3. Note that under R the process {X(t), Y(1)},,, of the corollary is a
singular diffusion; the Y-part has zero diffusion coefficients. By itself the Y-part
is not Markovian, let alone a diffusion.
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3. Proof of Theorem

The basic outline of the proofis the same as for Theorem 3 of [6]. We first introduce
a truncated process (in step (i)). The truncation will be removed only in the last
step. The second step proves the basic mixing lemma which is used in step (iii)
to show tightness of the family of measures (indexed by &) induced by the truncated
processes. The remaining steps identify the limit process as the solution of a
certain martingle problem.

Step (i)

In contrast to [6] we need here not one, but several cutoff functions. These will
depend on parameters #, 6, M, N, which remain fixed until step (v). We shall
not exhibit these parameters explicitly in the notation before step (v); it is under-
stood, though, that all constants C below may depend on these parameters, the
dimension, 4, and the length of the time interval, T, but not on &.

As will become apparent it is best to define the cutoff functions as nonanticipa-
tory functionals which depend in addition on a variable which ranges over R%.
We begin with the velocity cutoff. Let D = D([0, c0);R% and # > 0, and for X (-)eD
set

X (kn)
x, =] [ XGn)
(1,0,...,0) if X(kn)=0.

if X(kn)+ 0

In addition let ¥, : R x $°71 x §9~1 - [0, 1] be a C* function ($" ' is the unit
ball in R?) such that

Yol x,,x,)=0 if |ui§§jﬁ or |ulz2M

or (u,x,) <—1—' 3.1

or f{u,x SN0

1
) S5
Y=2N

1
Yol xq,x,) =1 if ﬁ§1z,¢\§_,zx/.r and

1 1
(u, x,) ;ﬁ and (u,x,) g]—\?. (3.2)

Throughout we take M so large that
1
M = f%f =M.
Now define ¥ :[0, ) x D x R? by

‘/jo(WaX0>XO) if 0§I<1’]

Yow, X, X)) if knSt<(e+ k=1 (33)

'P(t,X,w)z{
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To prevent the y* path at any given time to come too close to a value taken
on before another cutoff function is needed. It will be seen in step (ii) how this
guarantees a certain amount of independence between the present and the “distant
past” for the truncated process, and thereby allows us to prove the mixing lemma.
We construct a function ¢, : D x R? - [0, 1] which is smooth in its second argu-
ment, uniformly in the first argument and k. The principal requirement for ¢,
if k = 1 is that for fixed X(-)eD,

¢[(X,2)=0 if inf |z—[X(ndt| <9,
0us (- 1)y o

¢ X,2)=1 if  inf |z— [X(t)dt i > 26. (34)
OZus(k—1in 0 |

To construct such a function we take

z— ;X(t)dt

0

(X.2) = i( inf

Osusk~1jm

)

where y is continuous, 0 < y<1and

- (0 if |y|=3s
M”{1 if 1y]g§§.

Also we take for A(*) a nonnegative function C*(R?) with support in {|z| < 5/4}
and such that

[ A(z)dz=1.
R

Then

P X, 2)= [gdA(z = X)X, x)dx (3.5)
satisfies (3.4). Finally we define @ = &_:[0, «0) x D x R? by

(1, X,z)=1 f0sr<y,

O, X,2) = ¢ (X, 6%z — y,)) fknSt<(k+ Dy k=1. (3.6)
Lastly, we set

G(t, X,z,w) = G (1, X, z,w) = P(t, X, w)D (t, X, 2)F(z, w) 3.7
and we define our truncated process u(-), z{*) as the solution of

dw

1
== G(t, w(-), z(2), w(t))

w(0)=v,, z(0)=y,. (3.8)
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As in [6] this means that z and w are continuous functions which satisfy

1 t
Z(t) =y, + = {wlo)o,
w(t) = v, -%é {Glo, w(), (), wlo))do . (3.9
o

Note that G is continuously differentiable in its last two arguments and for
kn <t < (k + 1)y depends on w(-) only through the values of w(u) on u < k#. In parti-
cular, for ¢t <n, G does not depend on its second argument and (3.9) has w.p. 1
a unique solution on t £y by the argument of step (ii) of [ 6]. Once a solution has
been found for ¢ < ky, the dependence of G on its second argument is determined
up to time (k + 1)y and by step (ii) of [6] one then obtains w.p. 1 a unique solution
fort <(k+ 1.

Of course w(-) and z(*) depend on & When necessary we shall indicate this
by writing w¥z)} and z*(t). In particular we denote by R® the measure induced on
C([0, ©);R% or D= D([0, 0);R%) by w¥-). Towards the end we shall write
Ri(-; M, N,n, 8) to indicate the dependence of R® on M, N, 7, 6. For brevity we
shall write

G(t,w,z) = G(t, w(*),w, z)

for w, ze R? and w(-) the solution of (3.8). Similarly
(e, w) =P, w(*),w), @t z)=D(t, w("),2).

Before turning to the proof of tightness of the family of measures
{R*( ):0 <& <1} we need some simple observations. First, G(t,w, z) is constant
in t over each of the intervals [k, (k + 1)n). Second, for every T there exists a
constant C, = C (T, M,#,6) such that

<&

A 8 \f
I I
I(ﬁz) o(t,X,z) < , <6W> i, X, w)

for all XeD,w,zeR, 051 <T,0<¢=<1 and || <1. Formula (3.10) is obvious
for ¥ from (3.3); for @ it follows from (3.5) and (3.6). Indeed, for kn <t < (k + 1)n,

o\
’(E) P(t,X,2)

Lastly,

<c, (3.10)

=&2¥l| [ DPA(e*(z — y,) — X)p (X, x)dx
Rd

<&l [ | DFA(x)|dx.
R

, z) does not depend explicitly
on ¢, but only through {w(u):0 <u §§ v((k — 1);1) }, when kn St <(k+ Dp.
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Indeed for such ¢, the above zand u S ((k — 1))
2 a—¢ T
928+ —5=wl) =y p — fwindt
0
g
= [w(A)dA + (o — EW(E).
Finally, we have the following simple

Lemma 1.

1
< < >
2M=]W(t)|:2M forallt 0.

1
(w(2), Wy~ 1) 2 N

N and (w(t), w,)

>_—
~2N
forkn St<{k+1m,

|2(t) — z(s)] < i—?lt-sL t,s =0;

P{[w(t}—w(s)l 2|t —sle™?®  forsome0<s,t < T} <C,é®

(3.11)

(3.12)

(3.13)

(3.14)

Proof. Formulas (3.11) and (3.12) are easily proved by induction on k. If they
hold at ¢ = k#, then they must hold up till (k+ 1)y because ¥(t,w(t)) vanishes
as soon as (3.11) or (3.12) fails. Formula (3.13) is immediate from (3.9) and (3.11).

Lastly, for (3.14) observe that

[w0) = w6s)| =

}G(}L, z(A), wiA))dA i

_le—

sup | F(z(2), w(2))]

[A=T

so that by (3.11), (3.13)

< P{|w(t) — w(s)| = |t —s|e” %8 for some 0 <5, < T}
S P{sup |F(z(2), w(A))| z &~ "/}

1A sT

gP{ sup |F(z)| gs‘l/s}.

|21 S (2M/e)T + |yol,|wl £ 2M

(3.15)

Formula (3.14) now follows from the fact that the set {(z, w):|z| L 2M/e})T + |y, |,
|w| £2M} can be covered by at most C,((T + 1)/’ cubes of edge-length one,



Stochastic Acceleration 29

and for any z,,w,
P sup lF(z, w)| > U8
lz—zg) S 1, lw—wgls 1

=< 8"8E{ sup |F(z, w)]’} <eC,

|Jz—zol £ 1,lw—wpl£1

(by (I} and (IV)). Thus, the left-hand side of (3.14) is at most

T+ 1\
C3< :2_ > EV/SCO:C0C3(T+ l)dgr/g_z,j
= C0C3(T + 1)«188_ -

Step (ii)

This is devoted to the fundamental mixing Lemma 4 and some of its consequences.
The preparatory Lemma 3 gives a bound for expectations along the path of z
which will be used frequently. Both lemmas rely on the possibility of “predicting”
z(¢) by the linear function z(&) + ((o — &)/e*)w(£), which depends only on the
path up until time & A crucial role is also played by the measure theoretical
Lemma 2 which follows directly from the definition of the mixing coefficient f.
For convenience we extend the definition of § by setting

plp)=2 for p=0

We also replace f(-) by its left continuous modification. This can-always be done
without invalidating (III) because fi(-} is nonincreasing. We need a further conven-
tion. For 8 =(¢,0"eR? x R%, 7,F will denote the random field whose value at
(z,w) is given by

T, Flz,w)=F(z + 8, w+0")

If h is a function of the F(z,w) which depends only on {F(z,u):ze A, we R} and
such that h(F) is 4 , measurable for some A « R? then we see immediately that
h{t,F)is % ., measurable. In the next lemma we shall take ¢ itself also random.
Lastly, we set

F = o{z(u), wu), F(z(u), w(u)):u < t} (3.17)

Lemma 2. Let X be an #, measurable random variable with E{|X|} <« and
let g,=1(g;.g7) be R* x R* valued random variables, measurable with respect to
F , and such that

min{|g, —zw)|:u <t} =p (3.18)

a.e. on the set {X # 0}. Lastly, let h; be Borel functions of {F(z,w):z€4,, we R’}
for Borel sets A, = R* with

Oed,, diameter A, < x (3.19)
and

|n(F)| < A everywhere. (3.20
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For 0,eR? x R* set
UJ0) = E{hi(foF)}, Vo,,0,)= E{hl(Gl)hz(Bz)}.

Then
|E{Xh,(z, F)} — E{XU(g,)}| £24B(p — 0)E{| X}, (3.21)
and
| E{Xh,(5,,Phy(r,, )} — E{XV(g,,9,)}| £24B(p — WE{| X |}. (3.22)
If (3.18) is replaced by
min{|g, —zw)|:u<t} =p and |g,—g,|2p (3.23)

a.e. on the set {X #+ 0}, then

|E{Xh,(x, F)h,(z, F)} — E{Xh,(z, F)U,(g,)}]
S24%B(p — 20E{| X |} (3.24)

Proof. We only prove (3.21). First we change g,, g, on the set X = 0 such that
(3.18) holds everywhere. Since {X = 0}e.#, we can do this in such a way that the
modified g, are still #, measurable. Moreover this modification does not affect
{3.21). We may also assume p — x > 0 since we took S(p) =2 for p < 0. Now take
O0<t<(p—xk)/2andlet C,,C,,... be a sequence of disjoint cubes whose union
is all of R? and such that diameter (C)) <. Let

D,={z:d(z,C)zp~—1}
E,={z:d(z,C)>p— 21}
I, = indicator function of {g) €C,},

and last,

R={z(u):u <t}.

R is the {random) range of z(-} up until time ¢, and it follows from (3.18) that if
g,€C,, then R must be contained in D,. Consequently

E{Xh,(x, F)} =Y E{Xh,(z, F)I,} = Y E{Xh,(z, F)I;R < D,}. (3.25)

Now E, is an open neighborhood of D,, and we proceed to show that for any
Z, measurable random variable Y one has

YI[R = D,] is % measurable. (3.26)

To verify (3.26) it suffices to consider only Y’s of the form

Y = [T K felu)), wlat), F(zlu) w(e)))
i=1

with 0 <u; <t and K;: R’ x R? x R* - R* bounded Borel functions (¢.g. by [14],
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Theorem 1.20). Now let {:R? - [0, 1] be a smooth function such that

3t
1 if dz.Clzp——
=1 I

0 if z¢E,
and set
G*(t, w(*), z,w) = G(t, w(), z, w)(2).
Also, let z*(-), w*(*) be the solution of

t

1
Z*(f) = }78 + 85 jW*(O‘)dG
O

wH(t) = vy + % }G*(a, w*(+), z*(0), w¥(0))do (3.27)
o

One can obtain z*, w* by the usual iteration procedure, i.e. z*, u* = lim (z®, u™),

n-* 00

where 2(t) = y,, w(f) = v, and

1 t
2 =y, + = [w"(0)do
0o

wr D) =y, + % }G*(o, w®(+), z2"(c), wo))do . (3.28)

For fixed z, w and t <y, G*(t, w(*), z, w) is clearly %, measurable and hence by
(3.28) so are zV(t), u*)(r). It then follows by 1nduct1on on n from (3.28) that (z(t),
w™(t)) and also z*(t), u*(r) are %, measurable for all t <#. This remains valid
for t = n by continuity and the argument can now be repeated for 1 <t < 2y etc.
It follows that (z*(t), u*(t)) is %, measurable for all . However, it is also clear
that z*(z), u*(¢) coincides with z(z), u(t) forallt < S, where S = inf{v = 0:d(z(v),C)) =
p — 27}. In particular this holds until the first time z* leaves D, and

YI[R = D] = Y*I[R* = D,] (3.29)

where Y* and R* are defined by replacing z(-), w(-) by z*(-}, w*(-} in the definition
of Y and R. Since the right-hand side of (3.29) is ¢, measurable, this implies
(3.26).

Now set

={z:d(z,C) Sk}

and %, = the collectlon of Borel sets of C; x R%. Then the map from C, x R x
into R given by (0, w) = h,(t,F) is %, x fé measurable, because for fixed # =
(0,0MeC, x R, 0+ 4, < F, and hence h (‘L"GF) is %, measurable in . Moreover,
for fixed w, 7,F is contmuous in 6. We now combme this with the fact that for
any Borel set B< C, x RY, XI.I[g,€BlI[R<=D] is %, measurable (by (3.26))
to conclude that

XII[Rc Di]hl(th) is¥

EUF;

measurable. (3.30)
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In addition
dE,F)=d(C,E)—Kx=p—2t—x,
so that
| P(AB) ~ P(A)P(B)| < P(4)B(p — 2t — K) (3.31)

whenever Ae¥, ,Be¥, . Let Q be the probability measure on 4, . which is
defined by Q(AB) = P(A)P(B) whenever Ae¥%, ,Be%, . Q is well defined since
Y. r, 18 generated by such sets AB. We can then rephrase (3.31) as

| P(AB) — Q(AB)| < P(A)B(p — 27 — ). (3.32)

Now let Z be ¥, measurable and I' be ¥
we shall show that (3.32) implies

|§Zrdp — {ZrdQ| <2p(p — 2« — x)sup |T'|E{| Z|}. (3.33)
Indeed it suffices to prove (3.33)if Z and I' are of the form
Z=2Xzl,, I'=2y 1, 5

with A,€%, and Be¥, . But for such Z and T',
|fzrdp — {zrdg)|

ngzk!P(Ak)Zb’k,:} IP(BIIAk)— P(B)|
X ]

< E{|Z[}sup |I'|max 3| P(B,| 4, - P(B)|

measurable. Following [8], p. 171

E;uF;

< 2B(p — 2v — k) sup | I'| E{| Z|}.

The last inequality is just (20.27) on p. 171 of [8].
We can apply (3.33) to

ZXII[R<=D,], I'=ILI[R<D]hz,F),
for which
§ZrdQ = E{XI[R = D]I,U,(g,)}
As a result (recall (3.20))
| E{XII[R = DJhy(s, F)} ~ E{XLI[R = D]U,(g,)}|
<2f(p — 2t~ WAE{| X |1}
Taking into account (3.25) we obtain after summation over i

|E{Xh,(z,,F)} — E{XU\(g,)}| <24(p — 2t~ )E{| X|}.

Formula (3.21) follows by taking the limit as ¢ ]0. 0
We define
L&, 0) = (3.34)

r(s, &, 0) = sz(o) + (1 — 5)L(¢, o). (3.35)
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Lemma 3. Let
H(t,z,w)= D*Glt,z,w) or H=D!F(z,w)

for some | B| <2 and D only involving derivatives with respect to z and w. Then for
each fixed T, M there exists a constant C, such that for all

06T {c—e¥)"<6<L0,05551,0<e L1, (3.36)
one has
E{ sup |H(o,r(s,&0),w)|*} <C8. (3.37)
|wls2M

Proof. We only consider an H of the form
H(t, z, w) = DP*®(t, w)DP2d(t, 2)DP*F(z, w)

where D# involves only w-derivatives and D#2 only z derivatives. D?G(t, z, w) is
a finite sum of such terms, and the same estimates can be used if H = D?F(t, w).
We shall also restrict ourselves to

0<e<nA@N) 8 AT 16d06—8-aa ! (3.38)

(r = 16d + 64 again), since (3.37) is immediate from (II) and (IV) for & bounded
away from zero (and hence r(s, £, o) bounded above, on account of (3.11) and

(3.13)).
Let
KA(z, w) = DPF(z,w) if |DP*F(z,w)| <4
Ew=10 if |DPF(z,w)| > A, (3.39)
and
HA(t, z,w) = DPYP(t, w)DP2(t, Z)K4(z, w),
A4t z,w) = H(t, z,w) — HA(t, z,w). (3.40)

We begin by estimating the error introduced by replacing H by H# in (3.37).
Since D**¥(t,w) and D?2&(t, z) are uniformly bounded in t £ T, w, ze R? (cf. (3.10))
and

|r(s,£,0)] é%{o +|y,] (cf. (3.11) and (3.13)),

this error is

E{ sup |H*o,r(s,¢ 0),w|%}

wl s 2M

SE{ sup [DPF(r(s,¢, 0),w) — K*(r(s, & o), w} %}

i< 2m
< APTTE{ sup | D**F(z,w)|"}

lz| £ 2Me~ 20 + | yol
lwl<2M

G d
< CSAS"(? + 1) (by (IV)).
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Next we shall replace r(s, &, o) by
x(s, 7, &, 0)=sL(t,0) + (1 — s)L{& A 7, 0)

=s[z(t)+6;TW(T)J+(I —s)[ Enn+2 ‘EA L AR (N r)]

where t will be chosen later in such a way that

(c—m"=12¢50 or -t S (3.41)
We claim that
P{|r(s, & 0) = x(s, 7, &, o)| =1} < Cee™ (6 — 1) (3.42)

Indeed, by (3.9), (3.11) and (3.13),

|z(0) — L(z, 6) f—

L pwin - w(r)]di’

f pGp, z(p), w(p))l
1 2
—(o~1) sup | F(z, w)|. (3.43)
lz| £2Me 2T +yo]
jwis2M

<

€

Therefore, as in (3.15), (3.16)
P{lz(g) — Lz, m)l >1}

ép{ sup [P w) ;.93(0”)‘2}

|zl S2Me~ 1T +{yo|
wigaom

SCye™ M ¥(e — 1), (3.44)

Similarly, for 7 £¢,
P{|L(¢ A 1,0) — L, 0)| = 1}
1 1
2}+P{ IW(f W(T)léi}
SCye™ 2 ¥ — )%, (3.45)

< P{ z(&€) — z(1) —
For 7 > £ the first member of (3.45) vanishes. This proves (3.42), since the left-hand

side of (3.42) is bounded by the sum of (3.44) and (3.45). From (3.42) we deduce

E{ sup |H%o,r(s, &, 0), w)|®}
lwjs2M

< { sup iHA(U,X(S,r,6,6)+y,w)]8}
= yI<1,wlg2M
+ APP{|r(s,£,0) — x(s,7, &, )| 2 1}
< CoE[sup [D0(0,x(5,%.6,0) )
Irls1
sup | K*Hx(s.7,&,0) + s w)[g}
Iyl S 1,lwl £2M

+ C A% 3o — 1), (3.46)
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Now notice that x(s, 7,£,0) is & -measurable. If we further choose k such that
kn <o <(k+ 1)y, then also sup D**|¢(c,x(s, 7, &, 0) + y)| is F -measurable be-

cause ((k— D)t <7 by (. 41& We shall now apply Lemma 2 to estimate the
first term in the last member of (3.46). We choose t =1,

X = sup | D**¢(o, x(s,1,£,0) + y)|*,

=1
g, =xs1.80), ¢;=0 h= sup |Kw)l® (3.47)

gL wls2M
To apply (3.21) we need a lower bound for
min{|x(s,7,& 06) — zu)|:u St} =p' A p’,
where
o =min{|x(s, 7, &, 0) — z(w)| :u < (k — Dy},
p”=min{|x(s,7,&0) — z(w)|:(k — Dy Su <<}
By definition of ¢,

8 -
o g;— 1 on the set {X 0},

and we merely have to worry about p”. Again by (3.9)

sz[z(f AT) g —fz Nt - z(u)}
Ent
= j WA + (6 — & A TWE A T). {3.48)
By (3.41), (3.36) and (3.38), E AT =((k— )y)* so that for (k— )t Su<séAn,
the inner product of (3.48) with w,_, = [w((k — Lp)| ™~ *w((k — Di)(|w(0)] = *w(0)
if k =0) is by virtue of (3.12) at least

anr 1 1
j —»'dxl-i— é/\r)z—- (U—-u)ﬁﬂ_(a—'c)ﬁ
A fortiori, if 1 £ ¢
inf ZAEAT) + é w(é A 1) — z(u)
(k-1pgus-
1
> (g —
Z5Ne (6 —1). (3.49)

The same estimate holds if (¢ A 7} is replaced by 7. Unfortunately (3.49) does
not necessarily hold for ¢ <u. This can occur for some (k— 1 <é<u<tif
£ < 1. In that case we can only conclude that the inner product of (3.48) with
W, _, is no less than

Ent

(0 —wWE AT, w,_)— | | [wA)—wE A1)|dA

|
=(6— u)-iﬁ —(o— & sup |wh) —w(©&)|. (3.50)
fsist
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Consider the event (which belongs to %)
{ sup |w(2) —w()| (o — 5)8‘9’8}, (3.51)

Egasy

and denote its indicator function by J. Then on the set {J # 0}, ie., when the
event (3.51) occurs, the right-hand side of (3.50) is at least

1 2,-9/8 1
—_—1)— — (G — > e
(6D 55— (=9 20— 1) 1o
{by (3.36), (3.38), and (3.41)). Together with the above estimates this shows that
) 1 -
! s - _
P Ap :<82 1>/\4N82(a 7) on the set {X J # 0).

We can now apply (3.21) with X = X J and ¢, and h, as in (3.47). We then obtain
|E{XJ sup |Kx(s,7,&0)+y,w)|®}

plstiwis2M

{|X||:U (x(s,1,¢&, 0), 0)+2A85<—~—3>+2A8,8<4N 3 2>]}
where

E{|X|} S(E{|X]*})V? <Sup(E{lD62q5(o A2 <C, < oo,

and (by (IV))
U,(x(s,7,£,0),0)=E { sup Kz +y, w)ls}zzxm, o)

2w 22M

gE{ sup iD’*F(y,w)IS}gc

pI£1jwl=2M

Of course, by Schwarz’ inequality we also have
|[E{X1—-J) sup |KAx(s1,&0)+y,w)|®}

s Liwls2M

S(E{X?)VAP{J = 0})124®
S CyCi2A%*  (by (3.14) and (3.51)).

Combining all these estimates- we finally obtain that the first term on the right-
hand side of (3.46) is at most

5 ;
cg+cg,48[ﬁ<8—2-—3> (%\7-2- 2) C;‘Zs“]. (3.52)

The left-hand side of (3.37) is therefore bounded by (3.52) plus
d
CSAs"’(fz— + 1) + CeA%e™ 24" (0 — 1)¥. (3.53)
£

It remains to choose 4 and 7 so that (3.52) and (3.53) are both bounded. We
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may assume that

o
22

v

- 16N (3.54)

since, if {3.54) fails, then by (3.13)
[r(s, &, 0)| £2M 16N + |y, |,
and (3.37) is immediate from (IV). If (3.54) holds we choose

d(r—8)~1!
g
A= w3
€

2\ 8d(2r(r—8) 1!
, e
G—T= mm{a, g2+ 37 2’(—) } (3.55)

o

Note that the second expression in (3.55) is at most ¢ <5 (by virtue of (3.38)
and (3.54)) so that the requirement © = (6 — )" of (3.41) is satisfied by (3.55).
If we take into account that ¢ £ T we immediately see that under (3.54), (3.52)
plus (3.53) is bounded by

o) s

Now observe that
Blu) = o(u™?*),u - o, whence fu) < C,  (u+1)"2* (3.57)

by virtue of (2.2} and the fact that f(-) is nonincreasing. Therefore (recall
r = 16d + 64) also

o 8d(r—8)~ ! 5
)7 e)sen

If the min in (3.55) equals o, then we take © =0 (which always satisfies (3.41)
since & = 0) and the remaining term in (3.56) becomes’

o \8dr—8)~1 P
C10(8—2> 3(4N82*2)§C13

as above. If the min in (3.55) equals

83/2+d/(r—8)0.—8d{2r(r—8))‘ i % 63/2+d/(r-— S}T- 8d(2r({—8) !
2", (3.58)

(use (3.38) for the last inequality) then o — 7 is given by the left-hand side of (3.58).
In this case,

g \3 -8 /(5 _ ¢ 81— Ledr— 8- 1
(8_2> B(4N820_2>§T8d( 8) e 16d(r— 8) ﬁ(w_2>

which (again by (3.57)) is uniformly bounded in £€(0, 1]. The proof is complete.
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Corollary 1. For 0<t <o <T,p<8,|p| <2,
E|D*G(o, z(o), w(o))|F < CZ

Xt

z{o) — z(t) —

})Up < C (0 _8_ T)z.

(3.59)

(3.60)

Proof. Formula (3.59) is immediate from (3.37) with s = 1, £ = o (so that r(s, £, o) =
z(0)), and (3.11) and Jensen’s inequality (3.60) now follows from Holder’s inequality

and

1 o
z(0) — 2(7) - —3f lf dpGlp, z(p), wip))
(see (3.9)).
Lemma 4. Ler
0<0,,0,<T, kn<o,<0,<(k+ 1y,
0</11,A.2,A <0— (62_83/2)+§fz éazg

(0, ~ %) ¢,.¢, <0,

(notice o in both sides of the last inequality) and set
v=max{kn, A, 4,,4,, &, &}

Let {bean F 7 ,, measurable random variable with E{ 2 < o0 and
H,(t,z,w) = D ¥(t, w)DP* (1, 2)D**F(z, w),

and
H,(t,z,w) = DP*¥(t, w)DP>®(t, 2)DPeF(z, w),

where all derivatives are with respect to w or z. Set
V(zy,w,,2,,w,) = E{D*F(z, ,w )D*F(z,,w,)}.

Then (see (3.34) for L(-,))
|E{CH (0, L(E,, 0,), W, )H, (0, L(E,, 0,). wi,)}
— E{{D"*¥(a,, W(A,))DPY(o,, w(A,))DP*®(c,, L({,, 6,))
DFsd(a,, L(E,, 0,))V(L(E,, 0,) wlhy), LUE,, 0,), widy)) |

szl pusf O 13 %4
By fasivs oo

Also, with

Ulz,,w,)=E{DPF(z,,w,)}, m=max{kn,,,1;,¢)
|E{(H (0, L(E,, 0,),w(A))}
— E{{D""¥(a,, w(l,))DP* (o, , L(,, 0, ))U(LE,, 0,), w(A))}|

(3.61)

(3.62)
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< € (E{P)Y? [W(;) + ﬁ”Z(% - 1)+ 82] (3.63)

C,,isindependent of {,0,&;, A, and &.
Proof. We only prove (3.62). Define K#, H{ and H? as (3.39), (3.40) and set

i

VAz,,wy,z,, w,y) = E{K¥z,,w,)K¥z,,w,)}.

We first replace H, by Hf and V by V“ in the left-hand side of (3.62). The error
introduced by the replacement is at most
E{|{H{(o,, LE;, 0.), wi))H, (05, LE,, 6,), w(,))|}
+ E{|CH{(0,, L&, o), wA DHS(0,, L(E,, 0,), wd,))|}
+ CLE{|C] [ VLU, o), wlky), L(E,, 0,), w(hy))
= VAL, 0,), WAy, LUE,, 0,), W)} (3.64)
We estimate the first term of (3.64); it is easily seen that the same bound applies

to the other terms. By using (3.10) and (3.37) twice we see that the first term in
(3.64) is at most

CIE'H{CIEY*{|H (0, L(E,, 0,), w(A,)[*}.
EY4{|DPSF(LE,, 0,), wii )| I[| DBF(LE, , 0,), w(Z, )| > A]}
= CIC,EVHP AT EVH{| DR, 0)), w(Ap)|*}
< CAC3AT'EMR{3).

From here on the proof is very similar to Lemma 3. We shall apply (3.22).
We make the following choices:

D =(DP¥(o,, Wi ))DP*¥(o,, w(h,))

DPd(s,, L(¢,,0,))DP®(0,, L(E,, 0,)),

g, = (L(&;, 0,), wlA),

h, = DFsF(0,0)I[ | D#*F(0,0)| < A], h, = DPF(0,0)I[|D*F(0,0)| < A]. (3.65)
Also we define

p;=min{|L(,, 0) — z(u)| :0 Su < (k— )y},

p! =min{|L(£,, 6) — z(u)| :(k — iy Su <v},

J, = indicator function of { sup |w(d) —w(&)| S(v—E)e 3}.

§iSASyY

One easily checks that X is # -measurable. Indeed ¥(o,w(4,)) depends only on
w(4,) and w((k — 1)n) and w(kn), and for the @ factors we already checked the
appropriate measurability just before (3.47). As in Lemma 3

0
Py 2 on the set {DFP(o,, L(£,,0,)) # 0},
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and similarly for p),. Also as in Lemma 3 (cf. (3.48)-(3.50)), on the set {J, # 0},

£ 2 (0, g5 =) sup i) (e

2 (0~ V)5~ (0, — e
= (0, — v)—z—% — &% (by (3.61)).

Thus
min min { | L(éi: O-i) - Z(u)‘}

i=1,2 usv
=p’1;\p'2/\p‘;z\p;g§2—f\(-2%;2(sl—v)-l) (3.66)
on the set {X + 0}, where
X=XJJ,.
Moreover, by (3.14)
P{J,=0} SC,e% i=1,2.
Now the left-hand side of (3.62) with H, and V replaced by H{, respectively,
V4, equals
|E{Xh,(z, F)h,(z,,F)} — E{XV*g,,9,)}]
<|E{Xh,(x, Pz, F)} — E{XV*(g,.9,)}|
+E{| X|[(0 =)+ (1 —J)]|h(, Py, P}
+E{| X|[1 = T)+ (1= T)1V*g,.9,)]} (3.67)
The first term on the right-hand side of (3.67) is at most

2A2E{|XI}[ﬁ<§z> + B(ole_ezv - 1)]
<2CHAREVA) [ﬁ(%) + ﬁ(gzl—N_g'iEZ - lﬂ

on account of (3.22), (3.66) and (3.10).
As for the second term in the right-hand side of (3.67) notice that

E{|X|(1 = J)|h,(z,,F)h,(z, F)|
= E{|{|(1 = J)|H{(o,, L&, 0 ), w(d)HA(o,, LE,, 6,), w(L,))]}.
§E1"2{1C}2}E”4{(1 — Ji)4}
(E{|H,(0,, L&, 0)), w4 ) [PYE{|H,(0,, L(Z,, 0,), w(1,))|P})"/® (3.68)
By (3.37),
EY8{|H{o,, L&, 0), wid))|®} £ C,
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so that (3.68) is at most
CIE'{(L]PH(P{J, = 0})
S C2CYAEM2{| ()2} (3.69)

By (IV), | V(z,,w,, z,, w,)| £ C, and hence by (3.10) the third term on the right-
hand side of (3.67) is bounded by

2C,CIEV2{(2}Ch%e*
Collecting all contribution we find that the left-hand side of (3.62) is bounded by

commal vl o))

Formula (3.62) now follows if we take

(8] :

Remark 4. For the sequel we set

u 1/3
0= {81} 670

We then have (see (3.57))

) = o(u~8), y(u) < 01/3(2’;\] + 1)~8 and ofuy(u)du < 00, (3.71)
O

and from (3.61) it follows that we may replace the right-hand sides of (3.62) and

(3.63) by
C EV*{(%} {82 + y(o—‘ — V)} respectively C16E1/2{C2}{32 + V<6182— ﬂ)}
3.72)

Lemma 5. If the hypotheses of Lemma 4 hold, as well as & =¢,=¢ and
E{F(z,w)} =0, then the left-hand side of (3.62) is also bounded by

C”EUZ{Cz}{aZ + y(O'l ;’ v)}l/Z{Ez + 7(0-2;261 )}1}2 (3.73)

Proof. We shall show that the left-hand side of (3.62) is also bounded by

ClSE”?‘{CZ}{az + y(l‘;—-(ﬁ—)} (3.74)

Formula (3.73) then follows by taking the geometric mean of the boundi (3.71)
and (3.74). Formula (3.74) is proved in the same way as (3.63). We choose X, g,, k,
and J, as in Lemma 4 (see (3.65) and the preceding lines) and again we take X =
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X J_J,. This time we begin the estimate of (3.62) with the term

|E{{H (0, L&, 0,), Wi )(H(0,, LIE,, 0,), w(d,)) }|
= |E{Xh,(x, F)h,(z, F)}|
< IE{Xhl(Tg,F)hz(ngF)H
+E{|X|[(1=T )+ + )]k, Fhy(z, F)|} (3.75)
In the present situation

U,(0) = E{h,(t,F)} = E{D*F(O)I[ | D"*F(0)| < A]}
= E{DPF(O)I[|DPF(0)| > 4]},

because (2.1) implies

E{D*sF(0)} =0. (3.76)
Thus

|U0) =C A~
In addition, by (3.12)

1
|g/2 _g;l = ]L(‘f’ 0,)— L, 01)‘ :?taz - 01! |W(£)|

25 (¢, —a,). (3.77)

Therefore, by (3.24) and the lower bound for p), A p} in Lemma 4,
[E{Xhl(rglF)hZ(rglF)}{

st i 203 o G )
s h(s)on 31

The second term on the right-hand side of (3.75) is at most
2C2CHAEY{(* e,

as in (3.68), (3.69). We combine this with the estimate for (3.64), and as before
we take

RO

There results
|E{CH (o, L& 0,), WA, DH (0, L(E, 0,), u(2,))} |
§C20E1/2{C2}{8z+},<&; Jl)}- (3.78)
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Lastly, it follows from (3.76), (IV) and Theorem 17.2.3 of [7] or Lemma 20.1 of
[8] that

\V(z s wy,z,, w)| = |E{D¥F(z,,w,)D’*F(z,, w,)}
:.<§_2Cg[31/2(|z1 ~z,]). (3.79)
For z, = g = L({, 6,) we obtain from this and (3.77)
|E{CVLLE, 0,), wld), LIE, 0,), wid,) }|
<2C382(| 2, — 2, DE{[¢[}

<2C2EV2{1?) {82 + y(“z % >} (3.80)

82

This, together with (3.78) implies (3.74). (]

Step (iii)
In this step we prove that the family of measures {R%():0<e¢=<1}=
{R(-:M,N,n,8):0<e <1} introduced in step (i) is tight in D.

As pointed out in step (iii) of [6] it certainly suffices for this to prove

E{C|wlw) — w(t)|?} £ C, (u— NEVH{(*) (3.81)

For { &, measurable and 0 <t <u <T. To prove (3.81) it suffices to restrict
oneself to

ey <t <u<(k+ Ly (3.82)

for some k < T/n. For once (3.81) has been proved for such ¢, u, then it also holds
by continuity for kn <t Su S(k+ L)y, whereas for (k+ 1y Su < (k+2)y, (3.81)
(with k replaced by (k + 1)) gives

E(C|ww) — wik + D[P} £C, (1 — (k + DpEY*{(*)

so that (3.81) under (3.82) for each k < T/n implies that also forky <t <(k+ 1p <
u<(k+ 2w,

E{{|wlu) — w()]*} < 2E{C|w((k + L) — w(©)|*}
+ 2E{¢|w(u) — w((k + Dm)|*} £2C, (u — )EV*{{*}.

For t £(k+ 1y and u = (k + 2}y we would have u—t =# and then (3.81) is
trivial with C,, =4Mn~" since |w(u) — w(t)| £4M by (3.11).

The proof of (3.81) under (3.82) is very similar to step (iii) of [6]. We shall
use the summation convention and write

D, G(o, z(0), w(a)) for é—i— Glo, z(0), u(o))

7
and similarly for D, ;. We take

¢ =&o)=max{t,0 —¢&"*}. (3.83)
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Then, by (3.9)
2 L]
[w(u) — w(t)]* = R G (o, z(0), w(0))(W(0) — wt))do
t

=260, 20), W) 03(&) ~ w()do

{40 D.,0.40) W) 09— w0
+9, .G, (0' z(o), w(l))]G (4, z(A), w(A))dA

ij-i

=I,+1,.

In I, we replace z(o) by L({, o). More precisely, we write (in the notation of
(3.34), (3.35))

= 2§60, Li2.0) w(&) (w©) — wi)o

+2] doJ‘ D,G/(6, s, & 3), W) 09(&) — wi(1)
’ [ZJ.(O') - Lj(éa G)]dS
=J,+J,.
By (3.9) again
LI
J, =£2§d0‘jd/l[D3] G0, L, 6), w(A)) (wA) — w(t))
+ 51161(6 L, 0), w(2)) ]G (4, 2(2), w(4)).
Moreover, by (3.63) and Remark 4 with { replaced by
{wi2) = w(D)G (4, 2(A), w(2))
we have for fixed i and jand A £ ¢,

|E{{D,G o, L&, o), W) (wid) — ()G (2, 21, w(A)} ]
< C, E2{| (0w, 2) — w(D)G (A 22, wid)) )

s sesomnlen(5)

(recall that by (3.82) and (3.83) £ =t = kn and that (3.76) holds; in the last step
we also used (3.59)). The other term in J, is handled similarly, so that

e el (7))

SCLEYH (u— t){T + fy(t)dt + Te ?ye” 1/4)}
SCLEY{{*}(u—1) (see (()3.83) and (3.71)).
Next we replace 1(s, &, 0) in J, also by L(&,6). Note that for 0 Sv =1,
vr(s, &, 0} + (1 — v)L(&, o) = 1(vs, &, 0)
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(see (3.34), (3.35)), so that

J2=§'jdaj‘Dzj {0, L(E, 0), w(&)) (w,(&) — wi(t))
[z(0) = L& 0)]ds
+§}dafdsjdvD2,D21 Go,1vs, &, 6), w(&))(w, (&) — w(D)
0

t 0

[2(0) — L& 0)Js[z(0) — L& 0)]
=K, +K,.

As in (3.43)

2 H
(K, =E:;fd0D7, {0, L, ), w(E)(w{d) — wir))

-JdA§dpG (p, z(p), w(p)){.
& &

Again by (3.63) and Remark 4, this time with { replaced by
LG {p, z(p), w(p))(w{&) — w(t))

we find

|E{CK,}] < 1651/4{@”5{6”&[@{8 H( p)}

t 5

= 2C16E”4{C4}jdafdps"4(o* - p){s + 'y( ;p >}
¢ 4

SCLEV*{{*}(u—1) (again use (3.83) and (3.71)).

Finally {K, can be estimated directly by (3.11), Holder’s inequality, (3.60),
Lemma 3 and (3.83),

|E(K,}| < ME“{c‘*}IdawsfdvEW{|z(a L&, )

-EY*{|D,,D, G c, r(vs, é o), W(Zi))i“}

(@ ﬁ) "= <o, BV -

<AMC,EV*{(%) j do
12
Thus all pieces of {I, are of the order claimed in (3.81). {I, is handled in the

same way. For brevity denote the expression in square brackets in I, by
K {0, z(c), w(2)). Then

i, = f— [do [ dALK (0, LEE, &), wh)G, (i 22), w()
t 4
e 3 1
+ :fzf do {di{ds(D, K (0,7(s, &, 6), w(2))
t & 0

“G (4, 2(2), wld) [z (o) — L&, o) ].
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The first part of (I, can again be estimated by (3.63) (compare {J,) whereas the
second integral is at most

1

C,. E”‘*{C“}jd jdi 5)

=C, s”‘*E”“{C“} (u— t)
on account of (3.37), (3.60) and (3.83).
This completes the proof of (3.61) and hence the tightness of {R°:0 <¢ <1},
Step (iv)

It follows from step (iii) that any sequence &, | 0 can be refined such that
11 11
Ra"(-;M,N,—,—):»R(-;M,N,—,—)onD (3.84)
P q P q

as n— oo for all quadruples of integers M, N, p,q = 1, with R(-;M, N, 1/p, 1/g)
some probability measure on D. We denote by X (¢) the t-coordinate function on D,
and the corresponding o-fields of subsets of D are given by

M* = o-field generated by {X,:u <t Sv}.

The first step towards proving the convergence of Q° will be to show that
t
(X)) — [BEN25f) (o, X)do (3.85)
0

is an (R(*;M, N, 1/p, 1/q), #°) martingale for any C* function f:R’— R with
compact support and the following definition of IM-™P4: Take #=1/p and
0 =1/q and let

P (6, X) =PV, X) = (1, X, X(2))
where ¥ is as in (3.3) for given M, N and 5 = 1/p. Also take

(1, X) = o2(t, X) = ¢k<x, }X(u)du)
0

for k/p <t <(k+1)/p, where ¢, is as in (3.5) for n=1/p, 6 =1/q. One easily
checks (compare the observation just before Lemma 1)

Dt w(*)) = Pt, w(*), (1)) (3.86)
Further we define for veR? the following coefficients:

a,(v) = T) E{F {0, v)F {tv,v)}dt,

¢fo, X, v) = ctiNo, X, v)

=%, X, v)jIE{F 0, v) F(tv v)}
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of course j—— F(tv, v) = —a— F(x,v) here |,
0x; 0x; N

J

4,0, X, v) = dNo(g, X, 0)
= (% ¥Y(o, X, v)) JE{F (0, v)F {tv, v) }dt,
i 0

e, (0, X,v) = e}""o, X, v)

=¥(o, X, u)fE{F 0, v) F(tv, v)}

)
(3— F (tv, v) has the same meaning as in (2.4)),

U.

J

bo, X, v)=bM"""g, X, v)

d
= ), {efo. X, v) + d; (o, X, v) + ¢,(0, X, 0)}.
j=1

Finally,

(LNPf) (0, X) = P (0, X)P(o, X){ 2, ¥ (o, X)a, (X (o)) 7= a f(X(0))

i

+ 2.6, X, X(o))—a;;f (X (o’))}- (3.87)

i

As shown in step (v) of [6], to prove that (3.85)is an (R(-; M, N, 1/p, 1/q), 4?)
martingale it suffices to show that

Hm E{[ fw™(u)) — f(w(£)) Jow™()) }

n-rw

= EM{ @A X)da} (3.88)

for t <u and {(X(')) a bounded continuous function of X{(t,), X(z,),..., X(z,)
for any 0 <t, <t,<...<t =t It is clear that it suffices to prove (3.88) for
kn <t Su<(k+ 1y for some k. Indeed, if it is true for such pairs ¢, u, then by
continuity it also holds for kn <t <u =<(k + 1)y and the general case can then
be obtained by iteration. E.g. if ky <t <(k + )y <u < (k + 2 we merely have
to write the left-hand side of (3.88) as

lim E{[ f(w(w)) —f(wk + D)1}
+lim E{ f(w((k + D) = f(w(®)) ]}

and to apply (3.88) to each of these limits separately.
From now on we assume &k <t <u <(k + 1). As in [6] we rewrite the left-
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hand side of (3.88) by means of (3.9):
Lfw(w)) — f(w(®)]

“ g
_1! ] v{ (W(@))G(0, (0), w(0))do

))G (0, z(0), W({))da
+3 f do j‘di[ = Zg—(w(/l))G (0, 2(0), w(4))
+5§(w(/1))D3 i G(oa, z(0), w(/l))]G (A, z(4), w(A))
=1 +1,,
where we take
¢ = &o)=max {t, o — '3}, (3.89)

We shall only analyze I,. I, can be handled in the same way. As in the previous
step we start with replacing z(o) by L(¢, 0), i.e., we rewrite I, as

,0), w(&))do

+ Idafdsaf (MO, G o, (5. & 0), wiE)

t 0

[z{o) =L o)]=J, +J,.
By (3.63) and Remark 5 with { replaced by {(3f/ow,)(w(£)),

B} =C,sup L E2ie7)
o

so that E{{J,} — O as &0 (see (3.71) and (3.89)). As in the analysis of J, in step (iii)
we replace r(s, é a) again by L({,0) in J,:

2,j010, L& ), w(d))

[Z,(G) L,(f 0)]
1 u 1 1 af
+ gjda j ds fdv F w(é) )Dz,zDz,jG(U’ r(vs, &, o), w(&))

t o 0 i
[z/0) — Li(&, 0) Is[z(0) — L (&, 0) ]
=K, +K,.

As in the estimate of (K, in step (iii)

_ A4
=9

1“
|E{CK2} I = C25E1/4{£4} Ejdo'
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as £} 0 (use (3.89)). K, is rewritten by means of (3.43) as

1 u o A 6f
Tgﬂdafdljdp B—(W(f))Dz, {0, L(, 0), w(¢))
r & ¢ w;

‘G {p, z(p), w(p))
1 G A af
= ;4—5 do [dAf dp o WD, G (0, L, 0), w(?))
t 4 4 i
-G (p, z(p), w(£))
u o A
+Jdofaifap !

: e & 9w

W()D, ;G o, L(S, 9), w(S))

FdtD, G (p, 2(p), WD)z, 2, w(E)
14
=L +L,.

By Holder’s inequality and Lemma 3,

(ptee.}| = o asfaniaplac )~ of far ")
t [ & ¢
=o(1) aselO.

Similarly we may in L, replace G (p, z(p), w(¢)) by G (p, L(E, p), w(£)). So far we
have shown

Fl s A
E{lI,}=0ol)+ iE{defd/lfdp ;f

D, G{o, L(&, 0), w(&))G (p, L(E, p), w(&))L} -

We now apply (for the first time) Lemma 5. We obtain with (we still use the sum-
mation conventions)

Vi(J’>W1’Z’W2)= {F(y’ 1) F(Z WZ)}

W (y,w.2,w,) = E{F (y, wl)Fi(z, wy)},
that

of
ow,

1 u I A

E{al}=o(1>+;;E{fda§dwp Do, WD)
t & ¢

“¥(o, w(&))P(p, L, P))[SP(U, L&, 0))VALLE, p), w(&), L&, 0), w(E))

6—(15(6 L, o)W, (L(, p), w(&), LLE, o), W(é))]

coftiufaiufen (o ()




50 H. Kesten and G. C. Papanicolaou

The last error term is again o(1) by (3.71) and (3.89). Also, by (3.10), (3.79) and

(3.77)
. 1/2
w52

éf‘é(a L(E W (L(E, P wiE), L(E, o), wle)
and thIS term too can be dropped. This almost gives us the required form. We
still observe that for kn £t <é<p <o su<h+ 1)y
¥(p, w(&)) = ¥(o, w(£)) = ¥(, w(&)).
Similarly, by (3.10) and (3.11),
|(p, L(, p)) — D, 2(0))| = | P&, L&, p) — B, 2())]

S C,&|L(E p) — 28| = Cylp — O (2|
=£2C,M(p —9),

and the same inequality holds when p is replaced by ¢ throughout. From these
observations, (3.79) and (3.10) we see that

s 0
E{{1,} =o(1)+ f doE {l (WOLP2E wE))P*(E, 2(8))

*lzf (@ =PIV (é,P),W(i),L(f,0),W(€))}~

Last, if we take into account the stationarity of F (see (II)),

P W) — f dplo — p)VAL(E, p), (&), LLE, o), w(E))

2(0

=‘P(é,w({‘)) { é)tE{F {0, w) F(rw w)} dt
0 J w=w(d)

=Y ¢ (& w(-) w(&)) + 0( [ B2 [w)] )dt) (by (3.79))
j e Ao~ &
= Zcij(ff, w(-), w(£)) + o(1) (by (3.89), (3.57) and (3.11)).
Thus
“ 5,

E{(1,} =o(1) + ;fdaE{av{i

'Zc,”j(é; w(*), W(g))
j

_ [ of
=o(l) + j déE{ 5w

P w(E)PE, 2(8))

WENPHE, 20 L {6 w(*), wl))-

The last equality results merely from the fact that o = ¢ + &!%® except on an
interval of length &'5/%. Finally, we view w(-) as an element of D. Then the expecta-
tion in the last integral can be written as an integral over D with respect to the
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measure R(-;M, N, 1/p, 1/g) and integrand
of

ow,

(This is where we use (3.86)). As observed already in [6] it follows from (3.81)
and (3.84) that for each fixed ¢, X(-) is continuous at ¢ with R(-; M, N, 1/p,1/q)
probability one. From this one easily derives that (3.90) is a continuous function
of X(-) a.e. on D with respect to R(-;M,N,1/p,1/q) (in the usual J, topology).
Thus, if we write EMNP4 for the expectation operator with respect to
R(+;M, N, 1/p, 1/q) and let ¢ — 0 through the sequence ¢, then (3.84) yields

(XENUXCNP L XONDLUE X() Leyf& X(), X()) (3.90)

lim E{(1,} = [dEEMNPo{L(X(-)¥, (&, X())

0 t

B2 X)) Teylé, XC), X(O)

w;

(X))

which is one of the terms of the right-hand side of (3.88). The other terms come
from E{(I,}. This proves the claimed martingale property for (3.85).

Step (v)

We complete the proof of our theorem in this step by removing the truncations
in N,#, 6 and M (in this order). It is convenient to return first to the space C =
C([0, ©); R?). We assumed that the convergence in (3.84) takes place on D. How-
ever, by definition R*(-; M, N, 1/p, 1/q) is concentrated on C, and if we can show
that R(-; M, N, 1/p,1/q) is also concentrated on C then (3.84) implies

11 11
R“‘(';M,N,~,—>:>R(';M,N,~—,m>onC (3.91)
pq P q

(see [8], p. 151). But the fact that R(-; M, N, 1/p, 1/q) is concentrated on C follows
immediately from the martingale property of (3.85), Theorem 2.1 (especially
inequality (2.1)) of [15] and the fact that

V(0. X)02(0, X){ |V, (0, X)a,(X(@))| + |BX*"(X(0))|}
< sup {]a )+ [5NPw)|} < 0
1/2Mivlg2M
(because ¥, (0, X) =0 for | X (0)|¢[1/2M, 2M]; see (3.1)).

From now on we can assume (3.91) and all further manipulations take place
on C. With a slight abuse of notation we also use X, for the ¢-coordinate function
on Cand ./ for o{X,:u <t <v}. Formula (3.85)stillis an (R(- ; M, N, 1/p, 1/g), M?)
martingale, even with the convention that R is a measure on .#° and .47, #°
o-fields in C. We now define {.#?°} stopping times, S, T, U and Vas follows:

S=SX();N,pp=1lmS_,

nro
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where X, is asin step (i) withn = 1/pand
1

Sn=inf{t =20 for somekgO,i—j §t<§i~

and

1 1 1 1

(Xk~1’X(t))<N+;£ or (Xk7Xt)<;\-{—+;; .

S, isan {.#?, } stopping time and for ¢ not of the form k/p
(S =\{S,<tie?.

For t =k/p.

{s<t}= (ﬂ {s, < t})u((X(t), X)) é%)eﬂ?

n

so that indeed S is an .#, stopping time. Similarly,
T=TX():;M)=1lm T,

T, =inf{t 20:|X(0)] <—1~+10r | X(@0)|>M —1},
M n n

U=UX();pg=lim U,

U,= inf{t 20:forsomekzlandu=(k—Dp,k/pLt<(k-+1)p and
: 1 1
| X()dv <~+—}
u q n
Lastly,
V=SATAU.

From these definitions it follows that

i)
Y. (0,X)=1 and b—‘;‘f’(o‘,X,X(a))z(} foro<SvT

J
and

@ (0, X)=1 fore< U.
Thus

AV

X, )~ | (NP0, X)do
0

tAV

=f(X,.,)— | £f(X(o))do

ta¥

=f(X,.,)— | 2% (X(0))do, (3.92)
0
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where & is given by (2.5) and

~ 1 - 0% ~ d
V) =5 ;ja?(v) év—i(%;f () + ?bf"(v) E}]ii(v)

for any choice of the coefficients a}f(v), b}(v) which agrees with the a,(v) and

1 - ~
b(v) of (2.3), (2.4) on the set {— S |p] <M ; and which makes the a;f and b}

twice continuously d1fferent1able on R* and a strictly positive definite.

Now let 0™ be the measure correspondmg to the diffusion process ZM and
initial point v, and let Q be as in the theorem. Then (3.92)isan (R(- ; M, N, p, q), #?)
martingale, by virtue of the optional sampling theorem (cf. [14], Theorem VI.7
and 13) and the martingale property of (3.85). (3.92) is also a (Q, .#;) and a (QY, .47)
martingale by Dynkin’s formula ([11] Corollary 5.1). Moreover, by (3.91)

Q(X(0) = 0) = QM(X(0) = vy) = R(X(0) = vy ; M, N, p,q) = 1 (393)
We claim that this implies

OM(B) = Q(B) = R(B; M, N, p, q) whenever
Be #?

V(MNpq)’

(3.94)

(see [16] for the definition of the last o-field). Indeed if v is any of the measures
OM,Q or R(-;M, N, p, q) then one can use Lemma 3.6 and Theorem 3.4 of [16]
and the martingale property of (3.92) to construct a measure g on .#° which
agrees with v on .#; and such that

f(X) — [ 2f(X(0))do

0
is a (u, #) martingale and (by (3.93)).

WX(©0)=0)=1.

By the uniqueness theorem 6.2 of [16] such a p is unique. Thus all three choices
for v give rise to the same u which implies (3.94).
We apply (3.94) to

B=B(M,N,p,q) = {S(N, p) A Ulp, q) < T(M) A t}
for fixed t. This gives
R(B(M,N,p,q);M, N, p,q) = Q(BIM, N, p, 9)). (3.95)

We shall show in Lemma 6, Section 4 that as a consequence of assumption V,
for each fixed p,

lim U(p, q) =  a.e. [0]. (3.96)

g0

This of course implies

im Q{U(p, ) ST At} =0.
g
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In addition, for N = 2M
lim Q{S(N, p) < T(M) A £} =0

P

because IX (a)l 2 1/M for all ¢ = T(M) and X(-) is continuous. It follows that
the right-hand side of (3.95) can be made small for any N =2M by choosing
first p, then g large.

It is now easy to remove the cutoffs. Fix ¢ and any bounded positive continuous
functional f on C which is measurable with respect to .#?. Let ¢, — 0, and if
necessary refine the sequence such that

lim E{ f(w*(")); T(v*, M) >t}

nrow

exists for all integers M, and such that (3.91) holds for all integers M, N, p and q.
Here we view ¢° as an ¢element of C and T(v®, M) is the value of T(M) evaluated
at v°. Fix M and « > 0 and choose N, p, g such that

OBM —~1,N—1,p,q—1))SQBM,N-2,p,q—2) =S«

and
Q(B(M, N, p,q)) <o

(B denotes the closure of B in C.) Finally note that v*(t) = w¥t; M, N, p, q) for all
tSVP;M,N,p,q)=VWw ;M,N,p,q) (3.97)

because the Eqgs. {2.7) for v* and (3.8) for w® coincide up until this time V. This,
together with (3.91) and (3.94), implies that

lim sup E{f(s("): V(oM ~ 1, N = 1,p,q — 1) > 1}

nr oo

= lim sup E{f(w("));Viw™;M —1,N —1L,p,q— 1) >t}

n—*w

S EMNPAf £(X()); V(X;M, N, p,q) > t}
= [f(XCHV(X M, N, p,q) > t]dQ.
Moreover, by our choice of N, p, ¢, the last member here differs from

SFXONI[TX, M) > £]dQ

by at most

sup| f|Q(B(M, N,p,q)) asup| f|.
Finally,

lim sup | E{f(v*(-)); T(v*, M — 1) > ¢}

— E{f("(");V(;M —1,N —1,p,qg — 1) > t}|
<sup | f|lim sup P{S(w*;N — 1,p) A U(v";p,q — 1)

n—> o0

<T@ (M —1) A 1)}, (3.98)
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and (again by {3.97), (3.91) and (3.94)), the lim sup in the right-hand side of (3.98)
equals

lim sup P{S(w™;N — 1, p) A Uw™;p,q — 1) S T(w™";(M — 1) A 1)}

n—aoo

=limsupR™(B(M —1,N — 1,p,q — 1);M, N, p, q)

=0BM—-1,N—-1,p,g— 1)) Z«.

Since « is arbitrary these estimates show that for each M, 1,

lim sup E{ f(v™(")); T(v*", M — 1) >t}

= [fXOIITX, M) > t]dQ. (3.99)
Finally, we take the limit as M — o . From (3.99) we see that
lim sup P{T(v*", M — 1) >t} S Q{T(X, M) >t}

and this can be made as small as desired by taking M large, on account of assump-
tion (2.6) and the boundedness of a,(-) and b(-) away from the origin (see [15],
formula (2.1)). Thus

lim sup E{ f(v*(-))} < |/ (X(-))dQ.

n—ow

Since any sequence ¢, — 0 contains a subsequence to which this applies we have
proved

lim sup E{ /() } < Jf(X())dQ.

el0

As shown in [8], p. 13, and [6], Sect. 3, Step (vi), this implies that the measures
induced by v°(+) on C converge weakly to Q on C. The proof is complete.

4. Properties of Diffusions and Examples

We begin this section with Lemma 6 which immediately implies the relation
(3.96) which we needed in Step (iv) of Sect. 3. The proof of this lemma is entirely
independent of Sect. 3.

Lemma 6. Let V, be a diffusion with generator £ as in(2.3)-(2.5) and initial point
v # 0. Assume that (a,(°)) is symmetric and strictly positive definite on R {0}
and

a; (), b{-)eC*(RN\{0}). (4.1)
Ifd =3,v, # 0 and (2.6) holds, then for alln >0, T < <o,
lim P"“{

&0

H
[V do

<5forsome0§s,t§Twith[t—s];r]}=0. 4.2).

Remark 5. A check of the proof in the previous section shows that the only place
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where the smoothness of the g,; and b; and the strict positive definiteness of a;;
played a role was in the proof of (3.94), and more precisely for the uniqueness
of the measure u in that proof. For this uniqueness we only need

(a;(-)) is nonnegative definite and twice continuously differentiable on R\{0};
4.3)

(see [17], Theorem 2.3 and Remark 2.1; note that the b(v) of (2.4) is uniformly
Lipschitz continuous and bounded on any set {veR*:|v| = 8}, 8 > 0, by ID)-(IV)).
The stronger requirement (4.1) and the requirement d = 3 are used only to prove
Lemma 6. Therefore, our theorem and corollary will remain valid in any dimension
if in (V) we only require (4.3) of the coefficients and (2.6), provided we add (4.2)
as a separate hypothesis. Actually, it is likely that even for Lemma 6 only a finite
number of derivatives of a, () and b(-) are needed, but we have not pursued this.

The proof of Lemma 6 will come after we discuss a sufficient condition for
(2.6), and (I11) and explicit examples. Formula (2.6) can often be verified by means
of the following criterion of Khasminskii’s [ 18] (see also [9], Chap. 4.5).

Lemma 7. Let & and V,beasin (V). For v+ 0and I = (I';;) a nonsingular (constant)
d x d matrix define (I = 3 transpose of T) A(v) = A(v,I') =Y (Fa(v)[" ), 0T '),
ij

A*(r, I') = max A(v, I,
B_()=B"0 (r,F}

= min

vt =r

i,i

A(F

and

C_(r,I)= exp{ - }sB_(s, F)ds}.

If there exists a nonsingular I such that

}ctétr)}j Eig =%
+

then (2.6) holds.
Remark 6. Taked =3 and
J a. 0

—_ — W

dv; |v| o,

(4.4)

for some constant symmetric positive definite matrix «, as discussed in Remark 4.
Then (4.4) holds for I' = o~ V/2 (the positive symmetric square root), so that also
(2.6) holds in this case. In general the criterion of Lemma 7 is only helpful if for
some I the diffusion {I'V,},. , is close to being radially symmetric (see the examples
in [9], Chap. 4.5).

Lemma 7 too will be proved later. First we discuss two situations which

20
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guarantee the mixing conditions (III). (a) (111} holds for what we called the trivial
Gaussian examples in [6]. These are Gaussian fields {F(x, v) } , ga« g« With mean
zero, stationary in x, and such that the correlation function

P00, 0,) = E{F(x,v)F fx + y,v,} (4.5)

vanishes for all i,j,v,,v, as soon as |y| = L where L < o is some constant. In
this case ¥, and ¢, are actually independent as soon as d(A,, 4,) > L. Thus
Blp)=0forp>L and (2.2) certainly holds. (It is not hard to show that for these
stationary Gaussian fields it is actually necessary for (2.2} that S(p) vanishes
for large p). One can obtain such examples by taking (p is the complex conjugate
of p)

Ty v 0) =2 § v+ 20,00, (2, 0,)dz 4.6)

k Rd

for any measurable complex matrix valued function p on R? x R? with p(z,v) =0
for |z| 2 L/2, as long as

§1p42)|2dz < oo for all i.
Rd

It is easy to see that (4.6) is indeed positive definite, hence a correlation function,
and has support in |y| < L. This leads to the following explicit example: The
Theorem and Corollary apply if d 23 and {F(x,v)} is a mean zero Gaussian field
independent of v and stationary in x, with correlation function given by (4.5} and
4.6) with

p(y, v) = p*(y) = p*(|y])
(depending on |y| only), whenever p*eCXR%) and the following properties hold:
p*(z)=0 for |z|=1L. 4.7

] i ¥z 4+ u) — oY *2)ldz <Kl lo )
521 '0“ 522. Pii = &l ]rg] (4.8

Re
for some K < co,00>1 and all |u| 1,1 <4,/ <d, and finally,

o, =Y. [dt | phlte + 2)p¥(2)dz

k0 R4
is nonsingular for e = (1,0, ...,0). 4.9

In this case

o1 @
<= Za,,-é—ﬂa— (4.10)

See below for a proof.

(b) (II1) also holds for the following special case of the “Poisson blobs” of [6]:
Let P_ be a Poisson point process on R? with intensity p, ie. N(B) = number of
points of P, in the Borel set B = R* has a Poisson distribution with mean p|B]|
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(|B| denotes the Lebesgue measure of B). Moreover, if B,,..., B, are disjoint,
then N(B,),..., N(B,) are independent. In addition, let H°, H', H?, ... be indepen-
dent identically distributed random fields, independent of P, and with the follow-
ing properties:

Each H™ is indexed by R?, i.e. H® = H"(x, w), xe R%, w in our basic probability
space. H%(x) =0 for |x| = L for some constant L.
Let

K(x)= i H"(x+p,) (411

n=1

where p,, p,,... are the (random) points of P, and let f be some deterministic
function from R? x R? to R?. Then the field

F(x,v) =f(K(x),v) 4.12)

satisfies the mixing condition (IIT). Again we can make this into an explicit example.
Assume that H® also has the following properties:

The joint distribution of H®(x,) and H)(x,) is the same as that of H®(0Ox,)
and H%(Ox,) for any x,, x,€R’ and orthogonal matrix O.

E{HO(x)} =0, xeR (4.13)
H© is twice continuously differentiable and
E {max | DPH®(x) yv} <c¢,, (4.14)
|x|£L

for|[3| L2, p<16d + 64.
The d % d matrix with entries

o, =p {dt [ E(HO@H(te + z)}dz,
4] Ra
is nonsingular (¢=(1,0,0,...,0)).
Then our Theorem and Corollary apply if we take d = 3 and
F(x,v)=)Y H"(x +p,) (4.15)

{independent of v; corresponding to f(K,v)= K in (4.12)).
In this case

(4.16)
i,
We turn to the proofs.
Proof of Lemma 6. We are indebted to Daniel W. Stroock for pointing out how
to use hypoellipticity in the first part of this proof. Let

t
Z,=|V.do.
0
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Then (V,, Z),, , is a singular diffusion with generator

-

d 9
£+ 2:1 v; -a“‘z—l

Since the coefficients of % may be badly behaved at the origin we first replace
£ by

~ 1 0* 6

M_ 1N\ oM
Z ZZa ()&v6v+zi: Gv

for any choice of the coefficients a}f(x), b}'(x) which agrees with the g,(v) and
1 ~ ~ . .
bfv) of & on the set i <lv|sM } and which makes a}f and b} infinitely

differentiable on R? and a}f symmetric and strictly positive definite on R”. (VM, ZM)
will be the corresponding process replacing (Z,, V). For the time being we shall
suppress the superscript M. Let

0
ZGU(U ava “|‘Z< aU(v)) 'v”l
J 1 0?
—Zbi(v)é;—2055;+ Z&v ) au() Zmb(v)

be the formal adjoint of the generator
1

G =15 050+ Y0+ T
— 2N gy g, T &0 Gy T A G,

of the process {7, Z},5 - For fixed initial point (w, y), let
Ul(t, dv, dz|w, y) = P{V,edv, Z edz| Vo=w,Z,=y}

be the distribution of (12,2‘ ). Then the formal density u of U is a distribution
solution of the equation

0
<_E+ G*)umOon (0, 0) x RY x R, (4.17)
More precisely, for any function jeCZ((0, «0) x R x RY) (C7 denotes the C*
functions with compact support)

oo

fdt § Ult, dv, dz)( 0 + G)]{t v,2)=0

0 {r,z)eR4 x R4

(see [9], p. 61). We now show that — 6/0r+ G* is hypoelliptic by means of
Hormander’s theorem 1.1 in [19] For this purpose let (c;(v)) be the positive
symmetric C* square root of g, (v) (see [9], p. 83) and define the linear differential
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operators

1 0 i, 0
X, ()= 3 Z Cik(@;%j)é;wgg
i

i,k

J - 0 ~ 0 d
*Z(a» >5a;"§bféz:“§”f52

5
Xi(U)ZZCij(U)%, 1 Sigd,
i i

Then

—£+G*—12X2+X +_1,Z_§i_~ ( ).,Z_a_g( )
ot et ©°2 8viavja"f v ~ dv, v
A simple calculation verifies that each of the operators 0/0t, 0/0v; and 6/0z; is a
linear combination of the X,(v) or [X,(v), X (v)],0 <i,j <d. This is clear for
the 9/dv,, because c(v) = a"/ 2(v) is nonsmgular Moreover

0
[X,.X,] ch k(v) + linear combination of the -

v

Thus also the 6/0z, and hence 0/0t are in the Lie algebra generated by the X,.
By Theorem 1.1 of [17] this guarantees the hypoellipticity of — 9/t + G* and
we conclude from (4.17) that we can write

U(t, dv,dz|w, y) = u(t,v, z|w, y)dvdz,

for some u which is in C*((0, ) x R x R% as a function of (t, v, z). For our
purposes it is necessary to have u a continuous function of all its arguments
{t,v,z,u,y) on (0, 0) x (RY*. Following McKean ([9], p. 64) this can be done
by combining the forward and the backward equation. u (as a function of all
its arguments) is a distribution solution of Ku =0 on (0, ©0) x (R%)*, where

b3}
K=—-2—+4+G* +G
ot + v,z + w,y

One shows as above that K is hypoelliptic which gives the desired conclusion.

We need only a very weak consequence of the existence of a smooth density
u. This is that for every M,0 <y < T, there exists a K=K(M,y, T,l)< ©
such that

P2, — 2l = pr—-wZ-y}<Kp,
0<s<T, nSt=T,

(4.18)

Now let ¢ > 0, T < o0, and choose M = M(g, T) such that

P"O{‘V| ! 0r|V‘ Mforsometgt}gs,



Stochastic Acceleration 61

For such an M we have

P

4
§8+P{j17£‘da<5forsom60§s,tgT

s

t

{V do

<5forsomeO§s,t§TWithft—~s|gn}

2 -~
with|t~s|>11,while——§|V|<—]\2£forallo'<T} (4.19)
This is so because if ¥, is killed at the first time |V, | leaves (1/M, M) and similarly
for 7™, then the killed processes have the same distribution ([11], Chap. 5.24).
Clearly

- o
Mig| <~ R I
Mdo =4When|t SI:ZM’

[P

and

s
rM <TM, st<T,

g

on the set {| V™| < M2 for ¢ < T}. We can use this to estimate the probability
on the right-hand side of (4.19) by looking only at times which are multiples of
p=T/N for some integer N with 6/4M < T/N <6/2M. The probability in
question is bounded by

ip
Y P{ [ VMdo gé but |V igj‘—’f
Ogi<jsN ip 2 2’
j=izup~!

5
<N? max P{Z -y|<

ft=sizy

and |Z}f] < TM}
05257

=w,ZM = }
1wl SM/2,l3 < T™

<N2K(5> (by4.18))< K<4A§T> (g) .

For d = 3 the last expression tends to zero with 6 so that (4.2) follows from (4,19).

Proof of Lemma 7. Apart from going over to the diffusion W, =I'V, and letting
the origin play the role of o, the proof of this lemma is in [9], Chap. 4.5. It is
based on the observation that if u is the positive function on [0, 1] which solves

2\ t 1Ca(s) s?
u(2> 1+2jC (t) _E +(S)Su(7>ds,
then
Y, =e |V,

12/2)

int
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is a positive supermartingale, where 7=inf{r 20:|V,| 21}, and on the fact
that u(r) — co as r | 0 if (4.4) holds. (We have C_ in contrast to C, in [9] because
our u is decreasing rather than increasing). O

Example a. We already remarked that if r,; in (4.5) vanishes for |y| = L, then
{2.2) trivially holds. If we take in addition r, ; of the form (4.6) with p(y, v} = p*(} y})
then g; ;and b, of (2.3) and (2.4) become

+
= f dtr, {tv, v, v)

=y y dt | pi(|tv + z|)p%(|z|Mdz
‘Rd

k —oo
1o -
‘—4'; gdtgdp;‘;{(|te+ z\)pﬁ(]z])dz,

bi(v) = 5 Z gaij{v)

In this case ¥ has the form (4.10). With this % (2.6) is valid by Remark 6. Condition
(IV) can be verified in the same way as for the Gaussian examples of [ 6], Theorem 4,
since (4.8) and (4.9) assure that

o\ 2V

( ay)( J’z> r,(v) exists, and

o\ o d N2/ 0 \? o\

(5) (&) a0~ () (5 o] oo ) c

Example b. It is clear that any field F of the form (4.11), (4.12) is stationary in x,
because of the translation invariance of the point process P, . It is also clear that
the randomness in K(x) and hence in F(x,v) depends only on the position of
the points p, within distance L of x and the corresponding H*. This is so because
all H®(x) vanish for | x| > L. In particular F(x,, v,) and F(x,, v,) will be indepen-
dent when |x, — x,| > 2L. More generally 4,2nd 9, will be independent when
d(A,, A,)> 2L and hence f(p) = 0 for p > 2L. Formula (2.2) is again immediate.

Let us now specialize to (4.15) with the distribution of H”(x,) and H%(x,)
invariant under the change x,— Ox;, and (4.13), (4.14). Clearly, E{F(x)} =0
by (4.13), so that (II) holds. (IV) is easily derived from (4.14), and (I) holds for F
because the H™(x) are assumed to be C*(R%). As for (V), the coefficients a,(v)
and b (i) of (2.3) and (2.4) now are

a,(v)= TO dt ). E{HP(p JH™(tv + p,)}

— w0 ram

= J dtZE H"(p)H"(tv +p,)}  (by (4.13))

j dt | pdzE{H gm(z)H?))(tv +z)}
R

- oC
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_ ? dt | E{H®(2)H " te + z) }dz.

1o e

e
(v = |v|Oe for some orthogonal 0), and
1 0
bi(v) = ‘2' g a—vjaij(l)).

This & is given by (4.6) and (2.6) is again guaranteed by Remark 6.
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