A Multifactor Volatility Heston Model

José da Fonseca, ESILV *and Zeliade Systems T
Martino Grasselli, Universita degli Studi di Padova *and ESILV
Claudio Tebaldi, Universita degli Studi di Verona ®

March 16, 2006

Abstract

We consider a model for a single risky asset whose volatility follows a
multifactor (matrix) Wishart process. Our model appears to be the most
natural and genuine multifactor extension of the Heston model while pre-
serving its analytical tractability: in fact, we completely solve the pricing
problem through the Fast Fourier Transform as in Carr and Madan (1999).
A simple numerical test shows that the Wishart (multifactor) process is
more flexible than the Heston (single factor) one in providing a consistent
pricing for options on both the underlying and its realized volatility.

Keywords: Wishart processes, Stochastic volatility, Matrix Riccati ODE,
FFT. JEL: G12, G13

1 Introduction

An accurate volatility modelling is a crucial step in order to implement realistic
and efficient risk minimizing strategies for financial and insurance companies.
For example, pension plans usally attach guarantees to their products that are
linked to equity returns. Hedging of such guarantees involves, beyond plain
vanilla options, also exotic contracts, like for example cliquet options. These
instruments, also called ratchet options, periodically ”lock in” profits in a man-
ner somewhat analogues to a mechanical ratchet. Exotic contracts like cliquet
options, require an accurate modeling of the true realized variance process. In
fact a cliquet option can be seen as a series of consecutive forward-start op-
tions whose prices depend only on realized volatility (see e.g. Hipp 1996). As
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well explained in Bergomi (2004), there is a structural limitation which pre-
vents one-factor stochastic volatility models to price consistently these types
of options jointly with plain vanilla options. A possible reconciliation requires
that the volatility process is driven by at least 2 factors, even in a single as-
set framework, as supported by empirical tests like the principal component
analysis investigated in Cont and Fonseca (2002).

Among one factor stochastic volatility models, the most popular and easy
to implement is certainly the Heston (1992) one, in which the volatility satisfies
a (positive) single factor square root process, where the pricing and hedging
problem can be efficiently solved performing a Fast Fourier Transform (FFT
hereafter, see e.g. Carr and Madan 1999).

Within the Heston model an accurate modeling of the smile-skew effect for
the implied volatility surface is usually obtained assuming a (negative) corre-
lation between the noise driving the stock return and a suitable calibration of
the parameters driving the volatility. It is indeed a common observation that a
single factor model is not flexible enough to take into account the variability of
the skew, also known as correlation risk.

The aim of this paper is to extend the Heston model to a multifactor spec-
ification for the volatility process in a single asset framework. The multifactor
volatility process is a multi-dimensional version of the square root model which
is called matrix Wishart process, mathematically developed in Bru (1991). Our
model takes inspiration from the multi-asset market model analyzed in Gourier-
oux and Sufana (2004). In their model the Wishart process describes the dy-
namics of the covariance matrix and is assumed to be independent of the assets
noises. On the contrary, we introduce a correlation structure between the single-
asset noise and volatility factors, in order to reproduce the skew effect on the
implied volatility curve. Within our specification:

i) the term structure of the realized volatilities is described by a (correlated)
multifactor model.

ii) the covariation between the asset’s noise and each volatility factor can be
parametrized and controlled separately.

iii) the analytic tractability of the Heston model is fully preserved: in fact we
can provide an explicit solution for the Laplace transform, which com-
pletely solves the pricing problem through the FFT.

We provide a numerical illustration that motivates the introduction of the
Wishart (multifactor) volatility process: we show that our model, differently
from the traditional Heston model, can fit independently the long-term volatility
level and the short-term volatility skew. The paper is organized as follows: in
section 2 we introduce the stochastic (Wishart) volatility market model together
with the correlation structure. In section 3 we solve the general pricing problem
by determining the explicit expression of the Laplace-Fourier transforms of the
relevant processes. In addition, we explicitly compute the price of the forward-
start options, i.e. the building blocks of cliquet options. Section 4 provides



a numerical illustration which shows the advantages carried by the Wishart
specification with respect to the standard Heston one. In Section 5 we provide
some conclusions and future developments.

2 The Wishart volatility process

In an arbitrage-free frictionless financial market we consider a risky asset whose
price follows:

% =rdt+1Tr [\/ftdZt] , (1)

t

where r denotes the (not necessarily constant) risk-free interest rate, T is the
trace operator, Z; € M, (the set of square matrices) is a matrix Brownian
motions (i.e. composed by n? independent Brownian motions) under the risk-
neutral measure and ¥; belongs to the set of symmetric n X n positive-definite
matrices (as well as its square root v/3;). From (1), it follows that the quadratic
variation of the risky asset is the trace of the matrix ¥;: that is, in this spec-
ification the volatility is multi-dimensional since it depends on the elements of
the matrix process 3;, which is assumed to satisfy the following dynamics:

ds, = (QQ7 + MY, + M) dt + /S dWiQ + QT (dW)" VEr,  (2)

with Q, M, Q € M, Q invertible, and W; € M,, is a matrix Brownian motion.
Equation (2) characterizes the Wishart process introduced by Bru (1991), and
represents the matrix analogue of the square root mean-reverting process. In
order to grant the strict positivity and the typical mean reverting feature of
the volatility, the matrix M is assumed to be negative semi-definite, while €2
satisfies

Q0" = 5QTQ
with the real parameter 5 > n — 1 (see Bru 1991 p. 747). Wishart processes

have been recently applied in finance by Gourieroux and Sufana (2004): they
considered a multi-asset stochastic volatility model:

dS, = diag|S:] (rldt + @dzt) ,

where S;,Z; € R", 1 = (1,...,1)T and the (Wishart) volatility matriz is as-
sumed to be independent of Z;. In our (single-asset) specification we relax the
independency assumption: in particular, in order to take into account the skew
effect of the (implicit) volatility smile, we assume correlation between the noises
driving the asset and the noises driving the volatility process.

2.1 The correlation structure

We correlate the two matrix Brownian motions W;, Z; in such a way that all
the (scalar) Brownian motions belonging to the column 4 of Z; and the corre-
sponding Brownian motions of the column j of W; have the same correlation,



say R;;. This leads to a constant matrix R € M, (identified up to a rotation)
which completely describes the correlation structure, in such a way that Z; can
be written as Z; := W;RT 4+ B;v/T — RRT, (I represents the identity matrix and
7" denotes transposition).

Proposition 1 The process Z, := W, RT + B,vI — RRT is a matriz Brownian

motion.

Proof: It is well known that Z; is a matrix Brownian motion iff for any
o, 3 eR",

Covy (dZsev, dZ43) = B, [(dZta) (dZtﬂ)T}
= o7 pldt.

Here
T
Covy (dZscr, dZ43) = B, [(WtRTa +BAI— RRTa) (WtRTﬂ +BVI— RRT6> }
— Cov, (AW R"a,dW R" ) + Cov, (dB,/T—~ RRTa,dB,/T— RRT3)

=ao"RR"Bldt + o (I— RR") pldt
= ol pldt.

]

In line of principle one should allow for a n? x n? matrix corresponding to
the (possibly different) correlations between W; and Z;. However, in order to
grant analytical tractability of the model (in particular in order to preserve
the affinity) some constraints should be imposed on the correlation structure.
It turns out that such (non linear) constraints are quite binding: in order to
give an idea we classify in the Appendix all the possibilities in the case n = 2.
Our choice can be seen as a parsimonious way (using only n? parameters) to
introduce a simple correlation structure in the model.

2.2 The stochastic correlation between stock and volatil-
ity

In order to compute the analogue of the correlation as in the original Heston

model, we must consider the correlation between the stock noise and the noise

driving its scalar volatility, represented by Tr(X:) : this is computed in the
following

Proposition 2 The stochastic correlation between the stock noise and the volatil-
ity noise in the Wishart model is given by

_ Tr [RQY]
VISV [QTQE]

Pt (3)



Proof: See Appendix A.

The previous proposition highlights the analytical tractability of the Wishart
specification: in fact, within the Wishart model it is possible to compute ex-
plicitly the dynamics of the stochastic correlation. This gives us a direct way to
handle the correlation (and in turn the correlation risk) by mean of the matrix
R.

Obviously, when both matrices R and @ are multiple of the identity matrix,
we recover the usual constant correlation parameter. However, notice that even
in the ’scalar’ case R = cl where ¢ is a real number, we have that p; will be
stochastic in the Wishart model: this opens the possibility to obtain a stochas-
tic structure for the implied skew, which is a suitable feature of a stochastic
volatility model in the spirit of Carr and Wu (2004).

3 The pricing problem

In this section we deal with the pricing problem of plain vanilla contingent
claims, in particular the European call with payoff

(Sp—K)".

We shall see that within the Wishart specification, analytical tractability is
preserved exactly as in the (1-dimensional) Heston model. In fact, it is well
known that in order to solve the pricing problem of plain vanilla options, it
is enough to compute the conditional characteristic function (under the risk-
neutral measure) of the underlying (see e.g. Duffie, Pan and Singleton 2000) or
equivalently of the return process Y; = In S}, which satisfies the following SDE:

dy, = <r - %TT [zt]) dt + Tr [\/27 (thRT +dBVI— RRT)} L)

We will first compute the infinitesimal generator of the relevant processes and
we will show that the computation of the characteristic function involves the
solution of a Matrix Riccati ODE. We will linearize such equations and we
will then provide the closed-form solution to the pricing problem via the FFT
methodology.

3.1 The Laplace transform of the asset returns

Following Duffie, Pan and Singleton (2000), in order to solve the pricing problem
for plain vanilla options we just need the Laplace transform of the process (4).
Since the Laplace transform of Wishart processes is exponentially affine (see
e.g. Bru 1991), we guess that the conditional moment generating function of
the asset returns is the exponential of an affine combinations of Y and the
elements of the Wishart matrix. In other terms, we look for three deterministic
functions A(t) € M,,b(t) € R, c(t) € R that parametrize the Laplace transform:

U, (1) = Erexp {7Yiir}
= exp {Tr[A(T)%¢] + b(1)Y; +c(7)}, (5)



where E; denotes the conditional expected value with respect to the risk-neutral
measure and v € R. By applying the Feynman-Kac argument, we have

ov.
5 = Ly Uy (6)

W, +(0) = exp {7Yi},

The matrix setting for the Wishart dynamics implies a non standard definition
of the infinitesimal generator for the couple (Y3, X;). The infinitesimal generator
for the Wishart process, ¥;, has been computed by Bru (1991) p. 746 formula
(5.12):

Ly =Tr [(QQ" + MY +3XM") D +25DQ" QD] , (7)

where D is a matrix differential operator with elements

0

For the reader’s convenience, we develop the computations in the 2-dimensional
case in Appendix B. Endowed with the previous result, it is possible to find the
infinitesimal generator of the couple (Y, X¢):

Proposition 3 The infinitesimal generator of (Y, X¢) is given by
1 o 1 0?
»CY’E = <7" — iT’r' [E]) aiy + QTT [E] 87y2 (8)
+Tr [(QQ" + ME + EM™) D +25DQ" QD] + 2Tr [SRQD)] aﬁ.
Y

Proof: See Appendix A.
Thus the exlicit expression of (6) is:

2
OWyi (r Ll [E]) OVye 1o D) W

or 2 Oy 2 Oy?
+Tr [(QQ" + M +SM") DV, +2 (SDQ"QD) ¥, 4] + 2Tr [SRQD] %,
Y
and by replacing the candidate (5) we obtain
0 0 0
0=-Tr {&A(T)E} — gb(T)Y — EC(T) 9)

+Tr [(QQT + MS + ZMT) A(T) 4+ 28A(1)QT QA(T) + 25 RQA(T)b(7)]
+ (r - %Tr [z]) b(T) + %Tr [2]6%(7),

with boundary conditions

A(0) =0 € M,,
b(0) =7y €R,
¢(0) = 0.



By identifying the coefficients of Y we deduce

0
Eb(T) = 07

hence
b(t) =7, forallr.

By identifying the coefficients of 3 we obtain the Matrix Riccati ODE satisfied
by A(T):
9 1)

9 Am) =AM + (M7 + 29RQ) Alr) + 2A4()QTQA(r) + 201

I
or 2 "

(10)
A(0) = 0.

Finally, as usual, the function ¢(7) can be obtained by direct integration:

8%0(7) =Tr [QQTA(T)] + 7, (11)

¢(0) =0.

3.2 Matrix Riccati linearization

Matrix Riccati Equations like (10) have several nice properties (see e.g. Freiling
2002): the most remarkable one is that their flow can be linearized by doubling
the dimension of the problem, this due to the fact that Riccati ODE belong
to a quotient manifold (see Grasselli and Tebaldi 2004 for further details). For
sake of completeness, we now recall the linearization procedure, and provide the
closed form solution to (10) and (11). Put

A(r) = F(r) " G(r) (12)
for F (1) € GL(n),G(7) € M,, then

LR A~ L [F(0)]Alr) = F(7) = A(r),

and in the new variables the Riccati ODE leads to the system of (2n) linear
equations:

Lo =""pmramu (13)
LR () =—F(r) (M7 +2vRQ) —26(1)Q7Q,

which is solved by:

A (1) A (1) ) _ M -2Q7Q
<A£ () Ao () ) e"‘”( elCi) (MT+27RQ)> (14)



In conclusion, we get
A(7) = (A(0)Ara (1) + Azz (7)) ™" (A(0) Ay (7) + Az (7)),

and since A(0) =0,
A(7) = Agy (7)1 A (1), (15)

which represents the closed-form solution of the Matrix Riccati (10). Let us
now turn our attention to equation (11). We can improve its computation by
the following trick: from (13) we obtain

1 <dF(T)

5 (PO R0 @7

G(r) =
and plugging into (12) and using the proprieties of the trace we deduce

dfi(:) = —%TT (F(T)_ldF(T) +(MT + QVRQ)) + .

dr

Now we can integrate the last equation and obtain
e(r) = ~2Tr (log F() + (M +29RQ)7) + .

This result is very interesting because it avoids the numerical integration in-
volved in the computation of ¢(7).

Remark 4 The computation of the Laplace Transform for both asset returns
and variance factors

U, (1) = Epexp {7Yiyr + Tr 5]}

= exp {Tr |:AV<T)Zt] +b(7)Y; + E(T)} , (16)

can be easily handled repeating the above procedure.

3.3 The characteristic function and the FFT method

Let us now come back to the pricing problem of a call option, and let us briefly
recall the Fast Fourier Transform (FFT) method as in Carr and Madan (1999).
For a fixed a > 0, let us consider the scaled call price at time 0 as

cr(k) = exp {ak} E [e*TT (St — K)*]
=exp {ak} E [eiTT (e¥" — ek)+] )

where k = log K. The modified call price ¢ («) is introduced in order to obtain a
square integrable function (see Carr and Madan 1999), and its Fourier transform



is given by

+o00
Yr(v) = / ek er(k)dk

— 00
ot P—(@+1)i0o(T)
(a+ i) (a+1+iv)’

=€

which involves the characteristic function ®. Recall that from the Laplace trans-
form, the characteristic function is easily derived by replacing v with iy, where
i = v/—1. The inverse fast Fourier transform is an efficient method for comput-
ing the following integral:

exp {—ak} [T

Call(0) = =
™

exp {—ivk} Yr(v)dv,

— 00

which represents the inverse transform of ¢r(v), that is the price of the (non
modified) call option In conclusion, the call option price is known once the
parameter « is chosen (typically a = 1.1, see Carr and Madan 1999) and the
characteristic function ® is found explicitly, which is the case of the (Heston as
well as of the) Wishart volatility model.

3.4 Explicit pricing for the Forward-Start option

In this section we apply the above methodology developed in the previous sec-
tion in order to find out the price of a forward-start contract. This contract
represents the building block for both cliquet options and variance swaps. All
these contracts share the common feature to be pure variance contracts. The
first step consists in considering a Forward-Start call option, whose payoff at
the maturity T is defined as follow:

Sr -
t

where S; is the stock price at a fixed date t, 0 < ¢ < T. In the following,
we follow the (one-dimensional) presentation of Wong (2004). By risk-neutral
valuation, the initial price of this option is given by

+
e T St _ K
St '
In particular, in the Black and Scholes framework where volatility is constant,
one obtains

FSCall(0) = E

FSCall(0) = e "' B&S(K,1,T — t,0p5),

where B&S(K,1,T — t,ops) denotes the Black-Scholes price formula of the
corresponding call option computed with spot price (at time t) S; = 1: notice
that in this way the forward start contract price is independent of the level of



the underlying asset and depends only on the volatility. Let us consider the
forward log-return

Yir =L — vy v,
s S,

so that the price of the forward-starts call option is given by
FSCall(0) =E [efrT (e¥or — ek)+] ,

with as before k = In K. Let us denote by @, o(¢,T) the characteristic function
of the log-return Y; 7, i.e. the so-called forward characteristic function defined
by

D, 0(t,T) :=E [e7]. (17)

The modified option price is given by
cir(k) = exp {ak} FSCall(0)

and its Fourier transform

Pyr(v) = / o ke, (k) dk (18)

— 00

T Dy (at1)i),0(t:T)
(a+ i) (a+1+iv)’

therefore here again we realize that in order to price a forward-starts call option,
it is sufficient to compute the forward characteristic function ®, o(¢,T"). This
computation will involve the characteristic function of the Wishart process,
which is given in the following

Proposition 5 Given a real symmetric matriz D, the conditional characteristic
function of the Wishart process X is given by:

@3 (1) = Eyexp {iTr [DSi4-]}
= exp{Tr[B(7)%] + C(7)}, (19)

where the deterministic complez-valued functions B(t) € M, (C"),C(1) € C are
given by

B(7) = (iDBia (1) + Bay (7)) (iDBi (1) 4 Bay (1)) (20)

C(r)=Tr [QQT /TB(s)ds] ,

[}

with

(Bt pay )= (60 50

10



Proof: See Appendix A.
Now we have all the ingredients to compute the forward characteristic func-
tion of the log-returns ®, o(¢,7):

D, 0(t, T') = E [exp {i7Y;,7}]

= E [E; [exp {iy (Yr — Y2)}]]

= E[exp {—ivY}} E; [exp {ivY7 }]]

= E[exp{—ivYi}exp {Tr [A(T — )5 +ivY; + (T — 1)}
exp {c(T —t)} Eexp {Tr [A(T — t)3]}]
exp{Tr[B(t)%o] + C(t) +c(T —1t)},

where the last equality comes from (19), where B(t) is given by (20) with 7 = ¢
and boundary condition
B(0) = A(T —¢t).

Endowed with the function ® (¢, T), it suffices to plug into (18) and apply the
FFT in order to find the forward-starts call price.

4 Numerical illustration

In this section we provide some examples proving that the Wishart specification
for the volatility has greater flexibility than the Heston one. We quote option
prices using Blacké&Scholes volatility, which is a common practice in the market.
Let us denote by V; the instantaneous volatility in the Heston model, whose
dynamic is given by

AV, = k(0 — V)dt + e\/V,dW2,

where 0 represents the long-term volatility, x is the mean reversion parameter, €
is the volatility of volatility parameter (also called vol-of-vol), p is the correlation
between the volatility and the stock, V; is the initial spot volatility and W7 is
(scalar) Brownian motion of the volatility process, which in the Heston model
is assumed to be correlated with the Brownian motion W} driving the asset
returns.

We proceed as follows: first we show that the Heston model can be nested
into the Wishart model by a suitable choice of the parameters, then we consider
the simplest modification of this choice which allows to reproduce a volatility
surface which cannot be generated by the Heston model.

4.1 Case One: Heston-like Wishart model

In this first example we show how the Heston model can be nested into the
Wishart model for a specific choice of the parameters. In fact, if all matrices
involved in the Wishart dynamics are proportional to the identity matrix, it is

11
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Figure 1: Implied volatility for the Wishart model (Wis) and Heston (Hes)
model. Option maturities are 3 months (3m) and 2 years (2y). Moneyness is
defined by 550 where S is the initial spot value.

straightforward to see that T'r(X;) follows a square root process. In particular,

if we choose
-3 0 —-0.7 0
M_<0 —3)R_< 0 —0.7)

025 0 001 0
Q< 0 0.25)20( 0 0.01>

and /8 = 3, then the Wishart model is equivalent to a Heston model with
parameters: k = 6, § = 0.25%2 , 09 = 0.15, ¢ = 0.5 p = —0.7, which are
consistent with those observed in the market. Figure (1) confirms that both
models produce the same smile at different maturities.

4.2 Case Two: Wishart versus Heston volatility

In this example we show the flexibility of the Wishart model in describing some
implied volatility patterns that cannot be reproduced by the Heston model.
In fact we have the possibility to specify separately the two mean reversion
parameters of the (diagonal) matrix M. In particular, if we leave the same
value for M7, = —3 and we choose Msy = —0.333, then we can associate to the
element >1; the meaning of a short-term factor, while 395 has an impact to the
long-term volatility. With respect to our first example, let us take the following

values:
-3 0 —-0.7 0
M= ( 0 -0.333 ) k= ( 0 -0.7 >

12
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Figure 2: Implied volatility for the Wishart model (Wis) and Heston (Hes)
model. Option maturities are 3 months (3m) and 2 years (2y). Moneyness is
defined by Sﬁo where S is the initial spot value.

025 0 0.0 0
Q‘( 0 0.25)20_( 0 0.01)

and 8 = 3. In this case we see that in the Wishart model the long term volatility
increases. This additional degree of freedom is interesting from a practical point
of view because on the market there are some long-term products such as forward
start option and cliquet options whose maturity can be much higher than one
year. It is then important to obtain prices for such contracts in closed form, in
order to investigate the properties of the long-term smile. Observe that typically
long-term volatility is higher than short-term one. Now we want to generate
the same volatility smile with the Heston model, so in order to fit the implied
volatility at 2 years we have to set # = 0.382, while the other parameters remain
unchanged: « = 6, , 09 = 0.15, ¢ = 0.5 p = —0.7. However, increasing the
long-term volatility makes also increase the 3 months volatility, so that the
short-term fit for the implied volatility is unsatisfactory, as illustrated in Figure

(2)-

On the other hand, we can fit perfectly the short-term volatility produced
by Wishart model by setting § = 0.2952. However, in this case the long-term
volatility decreases and this time we arrive to an unsatisfactory fit of the long-
term implied volatility level as shown in Figure (3).

4.3 The impact of R on the smile

In the following figure we show the impact of the matrix R on the skew. It is well
known that in the Heston model the skew is related to a (negative) correlation

13



0.4 i
% T\‘\‘\’\‘\v\‘\‘\’\'\"
o=
<
= 0.3
£
b
g
2
,E; 0.2

0.1 . L . L . L

0.8 0.9 1 1.1 1.2
Moneyness

Figure 3: Implied volatility for the Wishart model (Wis) and Heston (Hes)
model. Option maturities are 3 months (3m) and 2 years (2y). Moneyness is
defined by Sﬁo where S is the initial spot value.

between the volatility and the stock price. Taking the matrices

5 0 035 0 001 0
M‘(o —3)Q_( 0 0.25>E°_< 0 0.01)

07 0 00
Rl_( 0 —0.7>R2_(0 0>

and f = 3 in the Wishart model, we get for R; (resp. Ra) the left (resp.
right) side hand of Figure (4).

The previous figures confirm that R is strictly related to the correlation
structure and they show the flexibility of the Wishart model in describing the
skew by mean of several parameters.

5 Conclusion

We showed that the multifactor volatility extension of the Heston model consid-
ered in this paper is flexible enough to take into account correlations with the
underlying asset returns. In the meanwhile it preserves analytical tractability,
i.e. a closed form for the conditional characteristic function, and a linear factor
structure which can be potentially very useful in the calibration procedure. Fi-
nally, our numerical results show that the flexibility induced by the additional
factors allow a better fit of the smile-skew effect at both long and short matu-
rities. In particular, contrarily to the Heston model, the Wishart specification
does permit a separate fit of both long-term and short-term skew (or volatility

14
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Figure 4: Implied volatility for the Wishart model corresponding to Ry (left)
and Ry (right).

level), so that we can allow for more complex term structures for the implied
volatility surface. Future work will be devoted to the calibration of this model
to option prices and further studies are needed in order to illustrate the im-
provements on calibration with respect to the (scalar) Heston model. From a
financial econometric perspective, on the other hand, this model seems to be a
natural candidate to analyze and describe volatility and stochastic correlations’
effects on the risk premia valued by the market.
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6 Appendix A: Proofs

Proof of Proposition 2: The first step consists in finding the stock noise:

‘%S: — rdt +Tr [\/zidzt}

= rdt + /T[S =] [ﬁ;jt]

=rdt + /Tr[S]dz,

where z; is a standard Brownian Motion. We now compute the (scalar) standard
Brownian motion w; driving the process T'r [¥,]:

dTr (%] = (Tr [QQ7] + 2Tr [MS,)) dt + 2T [\/zfdwt@}
Tr [VEdw,Q)
dt + 24/ Tr [2,QT Q| — Yt ]
r[5:QTQ) T 5,070
wdt + 24/ Tr [2:QT Q)dwy,
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where we used the fact that

d(Tr s Z Couv, (el dSyes, el dSie;)
—4 Z Cov, (ef VEdWiQey, €T \/Stther)
=4 XJ: el /i dWiQeiel QTdW, \/Sie;
=4 i el VI T [Qeiel QT \/Siejdt

74ZT7~ [QTQeiel] el Syejat
ij

- 42 el Sieiel QT Qe;dt
ij

=4 el %Q" Qejdt
J

=4Tr [2,Q7Q] dt

In conclusion, the correlation between the stock noise and the volatility noise
in the Wishart model is stochastic and corresponds to the correlation between
the Brownian motions z; and w;, whose covariation is given by:

Tr [VEidZ,] Tr [@d%@])
Cov (dz, dw;) = Covy ,
( ) ( VIT[E] VT [ZQTQ)]
_ Tr [VEdW,RT] Tr [VEdW,Q)]
VT[] VI [5QTQ)
2245 Covt (ef VEdW R e, €] VX1 dWiQe;)
- VT BT QT Q)
~ VT \/1Tr ZQTQ) Z [VETT [RTeie] QT] V/Sueat
1
VT BT EQTQ)
_ Tr [%:RQ)
VI [EdVTr [2,Q7Q)

Tr[2.Q"R™] dt

]
Proof of Proposition 3: The only non trivial term in (8) comes from the
covariation N
d< XYY >4, fori,j=1,...,n
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It will be useful to introduce the square root matrix o; := />, so that

n n
ij o il _lj il gl
Et_EatUt_Eatatv
=1 =1

where the last equality follows from the symmetry of o;. Now we identify the
covariation terms with the coefficients of (%j@y)’ thus obtaining

n n
d< XYY >=2 Z ol dWikQr; Z o AW Rin
k=1 1k, h=1

n
2 E O’%lejUtthhkdt
l,k,h=1

2 zn: <i02l0y> ijthdt

k,h=1 \l=1

=2 ) S"QkjRuxdt,
k,h=1

which corresponds to the coefficient of the term (%Zy), since
ij

0

2Tr [SRQD] 3

n
o 9
— ijyjh L
—2. Z DYy thQmay
i,5,k,h=1
and since by definition D is symmetric. m
Proof of Proposition 5: We repeat the reasoning as in (5) where this

time there is no dependence on Y, so that the (complex-valued non symmetric)
Matrix Riccati ODE satisfied by B(7) becomes

%B(T) = B(1)M + MTB(7) + 2B(7)QTQB(7)

while
C(r)=Tr [QQT /OTB(s)ds} .

Applying the linearization procedure, we arrive to the explicit solution B(7) =
F(r) "G (r), with

(G F(r))

(6o Fo )ewr( o 359

:( B(0) I, )eXpT( éw :?\?;Q )
= (iDBj (7)+ Bi(r) iDBj(r)+ B3 (1) ),

which gives the statement. m
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7 Appendix B: The 2-dimensional case

In this Appendix we develop the computations in (7) in the case n = 2. This
means that the Wishart process ¥; satisfies the following SDE:

Ell 212
s, d( sz y >

_ (( Qi1 Qo ) ( Q1 Qo )
Qo1 Qoo Q2 Qoo
M11 Mlg E%l 2%2 2%1 2%2 M11 Mgl
( My Moo ) ( Etlz E%Q >+< Etlz E%Q ) ( My Msy ))dt
N ( 2%1 2%2 )1/2< thu thm ) ( Q. Qs )
riz2 ¥z awzt  dwz? Q21 Qa2

Qu Q2 ) ( thll th21 > < 2%1 2%2 >1/2

Q12 Q2 dwi?  dw2 o2 22
Let be N Y 1o
( 07512 052 > = ( Z%; Etz ) )
0y~ Oy Xt X
o that 11)2 12)2 11,12 12,22
J?Et< ), T, ) 21)
ottof? +ot?of®  (04?)" + (07?)
We obtain

dsyt = ()dt + 20" (QudW + Qo1dW,'?)
+ 20,7 (QudW{' + Q21dW ),

dS? = ()dt + o)t (Qu2dW + QoadW,?)
+ 077 (Qr2dW + Qa0dW?)
+ 072 (QudW,! + QdW,'?)
+ 072 (Qnthm + Q21th22) ,

dS7? = ()dt +20,% (Qu2dW} + Qa2dW}?)
+ 2072 (Q12dW{' + Qa2dW?)

and using (21):

d <3 BN >=4n(QF, + Q3,)dt,

d <357 >= (S (QF + Q3) + 257 (Q11Q12 + @21 Q) + X7%(Q1, + Q3))) dt,
d < 2,57 >, =457(Q1, + Q3,)dt,

d< S B2 > = (2511 (Q11Q12 + Q21Q22) + 25,7 (QF, + Q3,)) dt,

d <" 5% >= 457 (Q11Q12 + Q21Q2) dt,

d< 5% >,=2 (2%2 (Q?g + Qig) + 252 (Q11Q12 + Q21Q22)) dt.
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On the other hand, from (7) we can identify the coefficient of (%) in the
trace of the matrix 25, DQTQD, that is

2%1 2%2 ) ( % % > < Qll Q21 > < Qll Q12 > < a11 a12 >
2( 2 nP? % Z?ﬁ Q12 Q22 Q21 Q22 z%m 622 :

After some computations, we obtain:

Q

)

Tr [25,DQ" QD] = 2Tr [, DQ" QD]

82
=25 (QF, + @3) (o112
32
+9 (Et“ ( 2+ Q§2) + 25,7 (Q11Q12 + Q21Q22) + 7 (QF, + le)) W
22 (2 2 A

+ 2522 (Q2% + Q3,) @)

62
+4 (5 (Qu1Q12 + Q21Q22) + 517 (QF, + Q31)) Inligyniz

32

+451% (Q11Q12 + Q21Q22) Inligs2?

62

+4 (212 Q1+ Q32) + 277 (Q11Q12 + Q21Q22)) ESERNE

thus proving the equality in (7), since

1 2
Ly =Tr[(QQ7 + M2+ 2MT) D] + 5 {< sHnt >, (8511)2
+2< 2 02 o + <2 %2> i +4 <l w2 P
’ " (9512)? ’ " (9n22)? ’ t onligniz
11 22 9* 12 22 0
+2 <X, X >y 782113222 +4<X ,E >4 7@2128222 s
where we recall that
2 2 92
2 < 212’212 >t 5 =< 2127212 >t 2+ < 221, 221 >t 2;
(6%12) (6%12) (6%21)
H? H? 0?

4 <yl niZ s, =2<yil niz2s, +2< il w2,

ITIoR12 Ox19512 X1y

8 Appendix C: The affinity constraints on the
correlation structure

In this Appendix we study the general correlation structure in the case n = 2.
We introduce 4 matrices R11, R12, R21, R22 € M, representing the correlations
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among the matrix Brownian motions (in total 16 = n? x n? correlations: Rab;;

denotes the correlation between Z# and Wtij ). In this way we can write

zHh =Tr [W,R11"] + \/1 — Tr[R11R117T|B} (22)
Z? =Tr [W,R12"] + \/ 1 — Tr[R12R127|B;? (23)
ZH =Tr [W,R21"] + \/1 — Tr [R21R217|BH (24)
ZP =Tr [W,R22"] + \/ 1 — Tr[R22R227| B (25)

First of all we notice that there are some constraints on the parameters in order
to grant that Z; is indeed a matrix Brownian motion.

Proposition 6 Z; is a matriz Brownian motion iff
Tr[RijRIm™] =0 for (i,7) # (I,m), 4,5,l,m € {1,2}. (26)

Proof: Let us consider the first element of the matrix Cov; (dZ;cr, dZ:[3) :

Covy (dZyov, dZi3),, = (Tr [dW,R11"] a1 + \/1 — Tr [R11R117T)dB} oy

+Tr [dW,R127] oy + \/ 1-Tr [R12R12T]d332a2>

) (Tr [dW,R11T] By + \/1 — Tr [R11R117)dB; ' By

+Tr [dW,R12T] B2 + \/ 1-Tr [R12R12T]dBt1262>

= a101 + azf
+ (Oélﬁz + Oégﬁl) (R1111R1211 + R1112R1212 + R1121R1221 + R1122R1222) .

Since we have to prove that Cov; (dZ;cv, dZ;3) = o Bldt for all vectors «, 3, it
must be that

R1111R121; + R1115R1219 4+ R1191 R125) + R1199R1295 = 0,

that is T'r [Rl 1R12T] = 0. Similar computations for the other components lead
to the conclusion. m

Now we look for the additional constraints on the matrices Rij in order to
grant the affinity of the model, that is such that Ly is affine on the elements
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of ¥;. Let us consider the first element:

d <MY >= (0}'dZ}! + 0,°dZ} + 02 dZ7 + 072dZ7?) A5}

=2 ((051)2 Q11 R1111 + (U§1)2Q21R1112 +0/to?Q1R11y,
+0,'0/2Q21 R112s + 0, 0/?Q11 R1211 + 0, 0/? Q21 R1212
+ (Otu)z Q1111221 + (07512)2 Q21 R1295 + 01 0}2Q11 R21 14
+07'0,2Q21 R2115 + 0107 Q11 R219; + (052)2 (21 R2129

+0to??Q11R2211 + 01072 Q21 R2210 + 042072 Q11 R220; + U§20?2Q21R2222}

It follows that

R221, =0

R2215 =0

R11y; = R1251 + R219,

Rl1115 = R1255 + R219,

R2251 = Rlloy + R121; + R211,
R2225 = Rllgy + R1215 4+ R21;5

From the expression of d < ¥22,Y >, we obtain

R115; =0
Rl1199 =0

and it turns out that the other conditions are redundant, as well as those coming
from d < ¥£'2)Y >,. In conclusion, the affinity constraint lead to the following

specification for the 4 correlation matrices:

a b
ma= ()

R21 =

Now we impose (26) and obtain:

R11 L R21 — e(c+g)+ f(d+h) =0
R11 L R12 — a(c+g) +b(d+h) =0
R22 1 R21 — g(a+e)+h(b+ f)=0
R22 1 R12 — c(a+e)+db+ f)=0
R12 1 R21 — ae+bf +cg+ dh = 0.
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After some manipulations we arrive to

ae " cg .
(a+e?  (b+[)?

Here we see that there are 8 parameters but subject to 5 (nonlinear) constraints,
allowing only a few compatible choices for the parameters. Now we are ready
to write down the infinitesimal generator associated to the general (affine) 2-
dimensional case:

0. (32)

Proposition 7 The infinitesimal generator of (Y, X:) is given by

1 o 1 0?
Lyys = <7” —5Ir [E]> o+ 517 [X] o

55 "3 (33)

+Tr [(Q07 + MS + SMT) D+ 25DQTQD)] + 2T+ [ (R11 + R22) QD) a%'
Proof: We focus on the covariation terms d < ¥9,Y >;, fori,j =1,...,2:
d<2"MY >,=2Q1 ((c+9) 2" + (a+€) £'?)
+2Q21 ((d+h) S + (b+ f)21?)
d<S*?Y >=2Q1; ((a+e) % + (c+g) B")
+2Q2 ((d+h) X2+ (b+ f) £22)
d<X2Y >=Q1((c+9) S + (a+e)E'?)
+ Qa2 ((d+h)EM + (b + f) =1?)
+ Q11 ((c+9) ="+ (a+€) £%%)
+ Qa1 ((d+h)E2 + (b+ f) £*?)

and we obtain the statement, since d < £%,Y >, corresponds to the coefficient

of the term (#jay), and
0 s xl2 c+g d+h Qi Qu2 o _9_ 9

Tr[X(R11+ R22)QD]| — =T t ¢ onIT  onIT o
T i )Q ]8y r[( 2%2 E?2>(a+6 b+ f Q21 Q22 % % dy

and by definition D is symmetric. m
By applying the Feynman-Kac argument to the Laplace transform
Wo (1) = Erexp {7Yiy+} (34)
= exp {Tr[A(T)%:] + b(T)Y; + ¢(7)}, (35)
we obtain b(7) = v and
D A(r) = A(M + (MT + 29 (R11 + R22) Q) A(r) + 2A(r)QTQA(r) + L0 =Yg
5 A(T) = A(MM + (M" + 2y (R11 + R22) Q) A(7) + 2A(T)Q" QA(7) + ——5—Tn
(36)
A(0) = 0.

We have proved the following
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Proposition 8 The Riccati equations satisfied by the matriz coefficient A(T)
associated to the Laplace transform (34) are given by (36), where

_ [ ctg d+h
= (130 450

0 0
R22(a+e b—l—f)’

where the parameters a,b,c,d, e, f, g, h satisfy the (non-linear) constraints (27),

(28), (29), (30), (31), (32).

Remark 9 Our model corresponds to choosingc=d =e= f =0 (or equiva-
lentlya =b=g=h=0): we obtain

R12 — ( P21 P22

o
o

12

no

=

—_

bo
N— — 7 N~

S o ol

and

Z{t =W pi + Wpia + Vi- P} — Pl B! (37)

Z{2 =W por + W pay + /1 — p3, — p3 B (38)
thl = Wt21,011 + Wt22012 + 4/ 1—pf — P?QBth (39)
ZF = Wi por + Wipas + /1= p§y — p3, B (40)

we can then introduce a matrix

R— ( P11 P12 > 7
P21 P22
in such a way that Z, == W;RT + Et\/]l — RRT, where Et is a matriz Brownian
motion which can be deduced from B.
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