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(eMarkov chain model teaching evaluation method is a quantitative analysis method based on probability theory and stochastic
process theory, which establishes a stochastic mathematical model to analyse the quantitative relationship in the change and
development process of real activities. Applying it to achieve a more comprehensive, reasonable, and effective evaluation of the
classroom teaching quality of college teachers is of positive significance for promoting the continuous improvement of the
teaching level of teachers and the teaching quality of schools.(erefore, after an in-depth study of Markov chain algorithm theory,
this research proposes an improvedMarkov chain hybrid teaching quality evaluation model and designs comparative experiments
and applies it to the hybrid teaching quality evaluation system of universities, designs a corresponding hybrid teaching quality
evaluation model, and finally verifies its effectiveness through experiments. (emathematical model of mixed classroom teaching
quality evaluation given in this research focuses on the development and change of the teaching process. For the teaching process
that is closely related to the causality of teaching quality, the model established in this paper is more objective and reasonable for
evaluating the quality of teaching.

1. Introduction

Classroom teaching quality evaluation is an important link
in the process of teaching management. Continuously im-
proving the objectivity and reliability of classroom teaching
quality evaluation data is an important way and means to
improve the quality of teaching evaluation. (e establish-
ment of teaching quality evaluation is to construct the
functional relationship between the teaching quality eval-
uation index and the teaching effect. Teaching quality
evaluation is based on the requirements of teaching goals
and teaching principles, formulating scientific evaluation
standards, systematically collecting information, measuring
the process and results of teaching and learning activities,
and giving value judgments [1]. Classroom teaching is the
basic form and core link of teaching work, and it plays a
decisive role in improving the quality of teaching.

(ere are many methods for evaluating the quality of
classroom teaching. Since the content involved in teaching
quality evaluation is more qualitative and less quantitative,

only qualitative standards can be given, and the standards
are more flexible. In addition, the evaluators have deviations
in their grasp of the standards and subjective reasons, which
brings a certain degree of difficulty to the evaluation of
teaching quality. At present, colleges usually adopt methods
such as absolute evaluation method, rating method, relative
evaluation method, comment method, and comprehensive
scoring method. (ese algorithms are more scientific and
persuasive than qualitative methods, but there are still strong
professional problems, and it is difficult for many non-
professionals to understand and use them objectively and
reasonably. At the same time, the stability of these algo-
rithms needs to be improved, and the reliability of the results
cannot be analysed [2, 3]. (erefore, how to construct a new
teaching quality evaluation model that is less subjectively
influenced by people and has high reliability of results and
self-adaptive model parameters has become a current re-
search trend and difficulty. We followed the methods of Jian
and Zhang [4]. Given current knowledge or information, the
past (that is, the historical state before the current period) is
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irrelevant for predicting the future (that is, the future state
after the current period). In theoretical research, we can use
the limit distribution of Markov process as a quantitative
indicator of teaching effect; this solves the problem which is
due to differences in student foundations that cannot be used
to effectively evaluate the quality of teaching by students and
can predict the overall learning situation in the future [5].

(erefore, after in-depth study of Markov chain algo-
rithm theory, this research proposed an improved Markov
chain teaching quality evaluation model, designed com-
parative experiments and applied it to the hybrid teaching
quality evaluation system of universities, designed a cor-
responding teaching quality evaluation model, and finally
verified its effectiveness through experiments. (e mathe-
matical model of mixed classroom teaching quality evalu-
ation given in this research focused on the development and
change of the teaching process. For the teaching process that
was closely related to the causality of the effect before and
after teaching, the model established in this paper was more
objective and reasonable for evaluating the quality of
teaching.

2. The Relationship betweenMarkov Chain and
Classroom Teaching Quality Evaluation

(ere are many phenomena in the real world that have such
characteristics: under the condition that the current situa-
tion of a certain system is known, the future situation of the
system is only related to the present and not directly related
to the past history. (is phenomenon is called Markov
random phenomenon. (e mathematical model used to
describe this random phenomenon is called the Markov
model [6].

2.1. Introduction to the Basic "eory of Markov Chain.
(e Markov chain has “no aftereffect”; that is, to determine
the future state of the random process, only the current state
is needed, and it has nothing to do with the past state. (e
stochastic process Xn, n � 0, 1, 2, 3 . . . . . .{ }is called a dis-
crete-time Markov chain. If it only takes a finite or listable
value, and for any n≥ 0, and any state i, j, i0, i1, . . . in−1 ∈ S(S
representative state space), there are

P Xn+1 � j Xn−1 � in−1, . . . , X1 � i1
∣∣∣∣ ∣∣∣∣{ } � pij. (1)

In (1), Xn−1 � in−1means that the process is in state i at
time n. pijis the one-step transition probability matrix.

(e transition probability matrix has, for all
n,m≥ 0, i, j ∈ S,

pm+nij � ∑
a∈S
pmikp

n
kj. (2)

(e matrix (p(m)ij )with pmijas the element is denoted as
X(m), which is called the step transition matrix of the
Markov chain. It satisfies X(m + n) � X(m)X(n). When
m= l, it is denoted as p(1)ij , the one-step transition matrix is
denoted as pij, and then (1) Xn � X(n) � (p(n)ij ); (2) when
the Markov chain is nonperiodic and irreducible, there is a

unique solution under the condition, for example,
X � [x1, x2, x3, . . .xm].

If a Markov chain is in state i from time t0to time t0+t, the
transition probability of being in state j is only related to t,
but to the starting time t0of the transition. (en a Markov
chain with this characteristic is called a homogeneous
Markov chain. Homogeneous Markov chain has no after-
effect and homogeneity to time can be used as a more
reasonable mathematical model of a practical problem in
school teaching management [7].

2.2. "e Relationship between Markov Chain and Hybrid
Classroom Teaching Quality Evaluation. Blended teaching is
a new teaching model based on E-learning. It highlights the
coordinated and unified teaching process between the
teaching in physical places other than the home that can be
supervised and the students’ online self-controlled learning
process. (erefore, online, supervisable physical locations,
and integration have become the most critical elements of
blended teaching. (e blended teaching in this algorithm
research is mainly to effectively integrate the advantages of
classroom teaching and online teaching. (e basic process is
embodied in three links: online learning before class, in-
tensive learning in class, and summary learning after class, as
shown in Figure 1.

For a certain stage of mixed teaching, although the
teaching process has a strong continuity, the most direct
impact on the teaching situation of this stage is the teaching
situation of the previous stage at this stage; for a long-term
continuous teaching process, under the condition that the
conditions of teachers, students, and teaching are basically
stable, the teaching situation of the whole process tends to be
stable. (is can be inferred from the changes in the two
adjacent stages. It can be seen that the abovementioned law
of the mixed-teaching situation is relatively close to the
Markov random process, so theMarkov chain can be used to
construct a mathematical model to evaluate the teaching
situation. To describe a system with a mathematical model is
to quantify the main indicators in the system and express
them in mathematical expressions. According to the com-
mon situation in the school’s teaching management, this
research quantifies the teaching effect index.(is is to divide
all the teaching objects (experimental class and control class)
intom grades for a certain test. For example, it is common to
divide the test scores of all students who teach in 5 levels,
namely, excellent (90 points or more), good (80–90 points),
medium (70–79 points), passing (60–69 points), failing (59
points or less). (e purpose of this is to find out the changes
in students’ test scores after teachers teach. Take the ratio of
the number of students in each grade to the total number of
students taught by a teacher as a state variable, and use the
state probability distribution vector to represent it [8],
denoted as

M(t) � x1(t), x2(t), x3(t) . . .xm(t), (3)

where tis time and t ∈ N. If we try to express M(t)as a
homogeneous Markov chain, we can analyse the changing
law of the state vector M(t)when t changes. In this way, a
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mathematical model of teaching quality evaluation can be
established by Markov chain’s no aftereffect and the ho-
mogeneity of time which is not affected by the original
difference of the students. First define the initial state vector,
denoted as

M(1) �
n1
n
,
n2
n
, · · · ,

nm
n

( ), (4)

where n is the total number of teachers taught by a certain
teacher and na(a � 1, 2, 3, · · ·m)is the number of initial test
scores. (e initial test score refers to the original score of the
student of the course that the teacher holds. With the initial
state vector M(1), we can define the transition probability
matrix that reflects the transition and change of a teacher’s
student performance after teaching, denoted as

P � pij( )
m×m

�
nij

n
. (5)

Here nijrepresents the number of students who transfer
from the i-th grade to the j-th grade in the next time (after
teaching) relative to the initial grade. (e element in the i-th
row of P reflects the probability that the student’s perfor-
mance will be transferred to the j-th grade of the next test
result in the j-th grade of the initial grade. Obviously,

M(2) �M(1)P � ∑m
i

ni1
n
,∑m
i

ni2
n
,∑m
i

ni3
n
, . . . ,∑m

i

nim
n

 .
(6)

From the above definitions, we can see that
M(t)(t ∈ N)is a homogeneous Markov chain, so we can get

M(t + n) �M(t)Pn(n ∈ N). (7)

It can be seen from the above that M(t) is an irreducible
state and a nonperiodic Markov chain with normal return.
(erefore, the limit state distribution of M(t) is the prob-
ability distribution of a homogeneous Markov chain in a
stationary state. Of course, there are microscopic changes
between levels within the steady state system, but the relative
number of people at each level no longer changes. According
to the ineffectiveness of the Markov chain, the limit state of
the system has nothing to do with the initial state of the

system; that is, it has nothing to do with M(1), and every-
thing is determined by the transition probability matrix P
[9]. (erefore, the transition probability matrix P reflects the
teaching quality, teaching conditions, students’ mentality
(style of study), and social environment. First of all,
according to the existing teaching quality evaluation system
research and the grading standards of students’ student
performance, the percentage of passing grades is quantified.
(e limit state of M(t) shows that when these factors are
stable, the overall teaching effect can be achieved under these
conditions, and this possible degree has nothing to do with
the students’ original foundation.

An obvious shortcoming of performance-based eval-
uation is that it ignores the basic differences of students,
and the students’ learning progress from the early stage to
the later stage is not reflected. (erefore, grades alone
cannot truly reflect the quality of teaching at this stage. (e
evaluation method established by the Markov chain can
make up for this defect [10–12]. (e specific method is as
follows.

On the basis of the previous algorithm, a “progress”
model is established. After the stage of teaching, the original
i-level becomes j-level. When i≥ j, it is progress, and when
i≤ j, it is regress. Let

wij � (i − j)pij � (i − j)
3 nim
ni
, (i � 1, 2, 3, . . . , q; j � 1, 2, 3, . . . , q; ).

(8)
Among them, wijis called the degree of transfer progress

of pij, and (i − j)
3is called the weight of pij. (e magnitude

and sign of the value of (i − j)indicate the degree of progress
or regression. (e index “3” is used to adjust the plus and
minus and the weight. (e matrix wijwith
W � (wij)q2 � (i − j)

3nim/niq2as the element is called the
progress matrix of the transition matrix A; E(w) � ∑qi�1∑qj�1 wij � ∑qi�1 (i − j)3∑qj�1 pij � ∑qi�1 (i − j)3∑qj�1 nim/niis
called the efficiency of transition matrixpij. E(w)is used as a
numerical feature to evaluate the quality of teaching. (e
larger E(w), the more the transformations belonging to i≥ j,
and the higher the quality of teaching.

At the same time, the long-term prediction of teaching is
of great significance in teaching. (roughout the teaching
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Figure 1: (e basic process of blended teaching based on Markov algorithm.
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process, although the frequency of students at all levels in each
stage of the examination is constantly changing, the transfer
ratio of students at all levels tends to be stable. Each stage can
be approximately regarded as having the same one-step
transition matrix, the entire teaching process is a Markov
chain, and this Markov chain is nonperiodic and irreducible
[13–15]. We can use the ergodic theorem of theMarkov chain
to establish a mathematical model for teaching long-term
prediction. (e specific method is as follows.

Construct the state vector P and the one-step transition
matrix A according to the test scores of the last two stages,
solving the system of equationsX � XA, where∑qi�1 xi � 1 is
the limit vector of the transition matrix A (i.e., the solution
of the system of equations): Y � |p1, p2, p3, . . .pq|.
According to the principle of maximum probability,
max p1, p2,{ p3, . . .pq} is taken as the grade evaluation of the
long-term effect of teaching. If the overall situation is
evaluated, a comprehensive score can be further calculated
for evaluation.

3. The Improvement of Markov Chain in the
Evaluation of Mixed Classroom
Teaching Quality

(e hybrid teaching method is formed by applying new
technical tools to traditional teaching practice with the
advancement of information technology, and making a deep
analysis of its existing problems [16–19]. In the actual ap-
plication process, the blended teaching mode shows several
obvious advantages over traditional teaching methods. (e
details are shown in Figure 2.

As mentioned earlier, in the practice of mixed classroom
teaching, the Markov chain method is used for evaluation.
Generally, the relationship between two successive value
states (such as two test results) is used to describe the
transition probability matrix [20, 21]. And from this, the
practice of the evaluation object to reach the current state is
evaluated. However, whether the value scales used in the
previous two times are the same and whether the scenes
evaluated on the evaluation object are the same two times
will affect the determined state matrix.(en according to the
application of Markov chain transition probability matrix,
the traditional teaching and flipped classroom teaching are
compared, and whether the effectiveness of flipped class-
room teaching quality has changed significantly is studied
[22, 23]. When using the obtained probability vector to solve
the system of equations, the characteristic root λ of the
vector has been artificially determined to be 1, and then the
evaluation standard is established. As for whether each state
is stable, the user should verify it by solving. In actual
teaching applications, the evaluator does not consider this
condition but assumes that it reaches a steady state. In fact,
this condition has a certain impact on the construction of a
stable probability distribution. (erefore, it is necessary to
improve the algorithm of Markov chain in the evaluation of
mixed classroom teaching quality.

Combine the student’s two exam results into a
sample(f11, f12, f13, · · ·f1m;f21, f22, f23, · · ·f2m), and find

the average (F) and standard deviation (s). Studies have
shown that students’ academic performance is basically
normally distributed or close to a normal distribution.
(erefore, according to the law of normal distribution, (F)
and s can be used to divide m levels within a certain interval.
(en calculate the state vector of the ratio of the number of
students in each level to the total number of students in the
previous exam by m levels, denoted by A:

A � n1/n, n2/n, n3/n, . . . nq/n( ), (9)

where n is the total number of students and q is the number
of i � 1, 2, 3, . . . q-level students. A represents the set of these
vectors, from the first to n. Among them, each level rep-
resents the weight of each individual student in total.

In order to examine the teaching effect, it is necessary to
analyse the changes in each level of the abovementioned
students in the second examination. Similarly, the scores of
the second test are also calculated according to the interval
standards ofm levels, and the frequency of students included
in each level is counted, so as to find the transition matrix P
in the next step:

P �

n11
n1

n12
n1

· · ·
n1q

n1

n21
n2

n22
n2

· · ·
n2q

n2

n31
n3

n31
n3

· · ·
n3q

n3

⋮

nq1

nq

⋮

nq2

nq

· · ·

· · ·

⋮

nqq

nq





� pijq
2. (10)

Among them, nistill represents the number of students in
the i-th grade at the initial stage, and nijrepresents the
number of students who belong to the i-th grade after the
stage of teaching, and their scores belong to the number of
students in the j-th grade and satisfy ∑qj�1 pij � 1, i, j
� 1, 2, 3, · · · q. (is not only solves the problem of incon-
sistent value states but also gives full play to the charac-
teristics of the one-step transfer matrix of the Markov chain.
(at is to say, it can eliminate the basic differences but also
reflect the advantages of its change efficiency [24, 25].

3.1. Establishing a Mixed Classroom Teaching Model and
Analysis. In order to avoid the multistep transition of the
Markov chain, and the demanding condition of stable
probability distribution that can only be obtained in the limit
state, the student’s “progress” is used to consider whether the
student is progressing or regressing. (e detailed analysis of
time benefit analysis is based on two tests. (at is, “pretest
results and posttest results.” Now suppose that cultivating i-
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level students to j(i≥ j) level students is progress, and
cultivating i-level students to j(i≤ j) level students is re-
gression. Grasping this point can eliminate basic differences
and at the same time reflect the effectiveness of teaching. In
order to accurately extract the change information from the
transition matrix, the following algorithm model is estab-
lished: W � (Wij)q2 � ((i − j)

3/ni)q
2is called the progress

matrix of the transition matrix pij. E(w) � ∑qi�1∑qj�1Wij �∑qi�1∑qj�1 (i − j)3pij(nij/ni) is called the efficiency of tran-
sition matrix pij.

4. Algorithm Analysis of Mixed Classroom
Teaching Quality Evaluation Based on the
Improved Markov Chain

Considering the unique characteristics of blended teaching
compared with traditional teaching methods, certain basic
principles should be followed in the process of constructing
a blended teaching quality evaluation system, as shown in
Figure 3.

(is part of the content is based on a total of 450 students
in three grades of 2017, 2018, and 2019 (150 students for each
grade) of a university. Each grade selects students from
Guangdong in the five majors of information management,
basic physics, medical laboratory, pharmacy, and life sciences.
(is research material mainly selects the college English test
scores of the three grade students in the previous year and the
current year as the research objects. By using the Markov
chain statistical model to analyse the transition probability
and limit distribution of the grades of students in each grade,
the teaching effect and quality of each grade are analysed.

4.1. Construction of a Hybrid Teaching Quality Evaluation
System Model Based on the Markov Chain Algorithm.
Combining the characteristics of the mixed-teaching model
and following the basic principles of the construction of the
mixed-teaching quality evaluation index system, we have
constructed an evaluation model including basic evaluation,
process evaluation, and result evaluation (Figure 4).
(rough careful analysis of the changes of the students’ two
tests in different grades, the transfer of student group
performance in the two tests is studied, and a transfer matrix
is formed to give the expected time for students of each level
to reach the predetermined goal.

4.2. Determination of the Set of Evaluation Factors and Es-
tablishment of the Set of Evaluation Indicators andComments.
By consulting the literature and combining the characteristics
of college English teaching courses, summarize the classroom
teaching quality evaluation factors shown in Figure 5. To
describe a system with a mathematical model is to quantify
the main indicators in the system and express them in
mathematical expressions. According to the content men-
tioned above, the comment set of this article = “excellent,”
“good,” “medium,” “qualified,” and “unqualified”. (e cor-
responding comment score set = excellent (90 points or
more), good (80–90 points), medium (70–79 points), quali-
fied (60–69 points), and failing (59 points or less).

4.3. Determination of the Index Weight. When calculating
the weight of the influence factor applied to the evaluation of
teaching quality, the principle of Markov chain algorithm is
used to input the relative importance of the evaluation index
of teaching attitude, the evaluation index of teaching con-
tent, the evaluation index of teaching method, and the
evaluation index of teaching, respectively. According to the
common situation in school teaching management, this
study quantifies the teaching effect index, which is to divide
all the teaching objects (experimental class and control class)
into m grades for a certain test, that is, as the judgment
matrix of the teaching quality evaluation system, the data
required for calculation in the teaching quality evaluation
factor of the first-level criterion level. Specifically, the pro-
cess of calculating the weights of the teaching quality
evaluation factors at the first-level criterion level and the
second-level criterion level is shown in Figure 6.

(irty representative teachers in the frontline and teaching
management positions were invited to fill in the Questionnaire
on the Importance of Teaching Quality Evaluation Indexes in
Colleges and Universities, and 15 high-quality questionnaires
were selected as the survey results. According to the results of
the questionnaire, the weight of each evaluation index is cal-
culated. Table 1 shows the weights of evaluation indicators
calculated based on the results of a questionnaire. In order to
ensure correctness and operation efficiency, this article uses
Python programming to achieve classroom teaching quality
evaluation, and the efficiency has been very well improved.
After the weights of the 15 experts’ evaluation indicators are
calculated, and then the arithmetic average value is calculated,
the final weight value of each indicator can be obtained.

Advantages

Mixed type

The recommended teaching
process can effectively

enhance students’ sense of
autonomous participation in

learning

Practicality Interactivity

Human-human interaction and
human-computer interaction

are conducive to students’
sense of innovation

Teaching method: online and
offline hybrid

Teaching resources: mixed
virtual and reality

Figure 2: (e advantages of a blended teaching model.
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Figure 5: Analysis of evaluation factors of classroom teaching quality.
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Figure 3: Principles that should be followed to construct a blended teaching quality evaluation system.
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4.4. Collection and Arrangement of Teaching Quality Data.
Choose 5 classes (30 students in each class) with a balanced level
of learning ability in the same major and taught by the same
experienced teacher with a higher level of teaching. In each class,
the first stage of teaching uses traditional teaching methods, and
the second stage of teaching uses a mixed classroom teaching
model. On the basis of the analysis of the student population, we
use SPASS statistical software and MATLAB mathematics
software for data processing, which can obtain information on
the teaching quality and effectiveness of the two classes. Two
assessments are carried out during the teaching process, the spot

midterm test and the final exam are combined, and the final
scores are all recorded using the average score. (e traditional
teaching assessment score data is shown in Figure 7.

(rough the second stage of the mixed classroom
teaching study, the class students’ academic records of each
score segment of the two test scores are sorted, and the
average conversion rate of each score segment is
pij, i � 1, 2, 3, . . . 10; j � 1, 2, 3, . . . 10. i � 1 represents the
average percentage of students’ academic performance in the
traditional teaching [0, 10] fractional period; j= 1 represents
the average percentage of students’ academic performance in

Table 1: Weights of evaluation indicators calculated based on the results of a questionnaire.

Target layer Criterion layer Index layer Comprehensive weight

Teaching quality (A)

Teaching content (A1) 0.1594
A11 (0.3333) 0.0466
A12 (0.6667) 0.0634

Teaching attitude (A2) 0.1011
A21 (0.6667) 0.0543
A22 (0.3333) 0.0124

Teaching skills (A3) 0.1916
A31 (0.6667) 0.0671
A32 (0.3333) 0.1057

Disarm effect (A4) 0.3364
A41 (0.5000) 0.2581
A42 (0.5000) 0.1647

Teaching method (A5) 0.2547
A51 (0.3333) 0.1014
A52 (0.6667) 0.0860

Start

Get the weight calculation
table

Calculate the weight of
teaching attitude

Comprehensive evaluation
index of teaching attitude

Calculate the weights of
classroom teaching indicators

Calculation matrix
Calculate the weight of
teaching content index

Calculate relative importance

Vector normalization, calculate the secondary
weight of each indicator

Calculate the maximum eigenvalue

Get the weight of each teaching factor

Teaching evaluation result output

End

Fill Markov chain operation
matrix

Figure 6: (e process of determining the weights of teaching quality evaluation indicators.
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the [0, 10] fractional segment under the mixed-teaching
classroom teaching mode, so on and so forth.(e purpose of
this is to find out the changes in the students’ test scores after
the teacher teaches. (is level change is a discrete state
change, so the consideration is more in line with objective
reality. (e specific transition probability is

P �

0.87 0.06 0.03 0.01 0 0 0 0

0.02 0.82 0.07 0.01 0 0 0 0

0 0 0.09 0.08 0.01 0 0 0

0 0 0.02 0.01 0.01 0 0 0

0 0 0 0.05 0.01 0 0 0

0 0 0 0 0.01 0.01 0.08 0

0 0 0 0 0.15 0.02 0.86 0

0 0 0 0 0.02 0.01 0.15 0.07

0 0 0 0 0 0.01 0.94 0.08

0 0 0 0 0 0.01 0.03 0.95





. (11)

5. Result Analysis of Classroom
Teaching Quality

5.1. Markov Chain Algorithm Analysis of the College English
Test Scores of the Previous Year and the Current Year.
According to the average scores of the 2017, 2018, and 2019
exams in Table 2, the teaching effect is considered. (e 2017
grade is the highest, but this kind of teaching effect evalu-
ation method ignores the students’ original foundation.
(erefore, it is necessary to analyse the teaching effect of
different grades through the Markov chain model. (e so-
lution of this set of equations gives the expected time for
students of each level to reach the predetermined goal. See
Table 2for the status transition of the three grades from the
previous year to the current year. (e English score transfer
matrices of the three grades obtained from Table 2are

WClass of 2017 �

0 0 0 0

5

20

13

20

2

20
0

11

141

98

141

5

141
0

3

136

0

62

136

3

35

8

136

16

35

0

0





,

WClass of 2018 �

0 0 0 0

52

41

16

41
0 0

15

126

84

126

8

126

1

126

4

151

0

51

151

8

68

17

151

13

68

0

0





,

WClass of 2019 �

0 0 0 0

0
16

41
0 0

18

119

26

119

7

119
0

8

184

0

47

184

9

41

22

184

21

41

0

0





.

(12)

According to the linear equations, the distribution vector
of 2017 students’ English scores is

WGrade 2017 � (0.1264, 0.6154, 0.0029, 0.1546, 0.1325).

(13)
(edistribution vector of English scores of 2018 students is

WGrade 2018 � (0.1514, 0.5428, 0.0526, 0.1479, 0.1132).

(14)
(e score distribution vector for the 2019 grade is

WGrade 2019 � (0.0121, 0.7814, 0.1019, 0.1121, 0.0124).

(15)
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Figure 7: Performance data of traditional teaching.
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It can be seen from the above vector distribution that the
failing rate of 2017 students is 13.25%, the failing rate of 2018
students is 11.32%, and the failing rate of 2019 students is
0.12%. Judging from the failing rate, the students in the class
of 2019 are the best overall. In order to quantify the teaching

effect, the four grades were assigned scores: excellent = 90,
good = 80, medium= 70, pass = 60, and failing = 50. Using
the limit distribution to perform weighted average, the
quantified values are as follows:

WGrade 2017 � (0.1264 × 90 + 0.6154 × 80 + 0.0029 × 70 + 0.1546 × 60 + 0.1325 × 50) � 76.712,

WGrade 2018 � (0.1514 × 90 + 0.5428 × 80 + 0.0526 × 70 + 0.1479 × 60 + 0.1132 × 50) � 75.374,

WGrade 2019 � (0.0121 × 90 + 0.7814 × 80 + 0.1019 × 70 + 0.1121 × 60 + 0.0124 × 50) � 78.080.

(16)

(e above amount is in the three grades, although the
students’ English test scores of the previous year and the
current year are the highest in the 2017 grade. But the
Markov chain model shows that the 2019 students have
made the most progress and the teaching effect is the best.
And there is no significant difference in the overall progress
of the three grades. (is also shows that the school’s English
teaching level has improved in 2019.

5.2. Evaluation and Analysis of Teachers’ Teaching Work.
Taking the mixed teaching of college English teaching in the
two classes (Class 1 andClass 2) of the university’s information
management major in Grade 2018 as an example, the im-
proved Markov algorithm is used to evaluate the teaching
work of two college English teachers. Any kind of mathe-
matical quality index of each person corresponds to a degree of
high, medium, and low grade, which is determined by the
attributemeasurement function of the index.(e performance
statistics and transfer of the two classes are shown in Table 3.

From Table 3, we can see that the transition probability
matrices of the college English test scores of the two classes are

P1 �
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7
0 0 0
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30

11

30
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30
0 0
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46
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46
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46
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17
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17
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0 0
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8
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, P2 �
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13

1

13

11

13
0 0

4
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13

41
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41

15

41
0

0
6

9

1

9

7

9

2

9

0
13

18

6

18

11

18

2

18

0
1

8

1

8

4

8

3

8





.

(17)

Table 2: (e status of the transition from the previous year to the current year’s English scores in Grades 2017, 2018, and 2019.

English test scores of the year

n1 n2 n3 n4 n5 Total

Grade 2017 English test results of the previous year

n1 0 0 0 0 0 0
n2 1 6 7 8 0 22
n3 7 9 16 10 0 42
n4 2 15 25 2 0 44
n5 1 19 9 13 0 42

Total 11 49 57 33 0 150

Grade 2018 English test results of the previous year

n1 0 0 0 0 0 0
n2 2 8 7 8 0 25
n3 6 1 14 10 0 31
n4 5 19 18 8 1 51
n5 0 10 15 18 0 43

Total 13 38 54 44 1 150

Grade 2019 English test results of the previous year

n1 0 0 0 0 0 0
n2 2 6 3 8 0 19
n3 5 9 10 1 0 25
n4 1 20 9 17 0 47
n5 0 25 21 13 0 59

Total 8 60 43 39 0 150
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Using Formula (3) to find the stable distribution of the
transfer of the college English test scores of the two classes,
the equations can be listed:

β � PTβ,

∑w
j�1

βj � 1.

 (18)

Putting P1 and P2 into (3) can be solved:

β1 � 0.21 0.35 0.27 0.16 0.07( )T,
β2 � 0.24 0.35 0.35 0.05 0.04( )T. (19)

Finally, using Formula (5), the scores of the quantitative
index of epidemiology teaching effect in two classes can be
obtained:W1 � gβ1 � 71.7;W2 � gβ2 � 73.5. It can be seen
that W1 ≤W2. (e above method of solving the expected
time is a simple method, but it loses a lot of important and
useful information. So we can introduce a matrix and use the
method of solving the inverse matrix to get a lot of gains.
(is shows that, after excluding the influence of the different
foundations of the two classes, the teaching effect of college
English in Class 2 is better than that in Class 1.

5.3. Algorithm Training of the Network and Algorithm Time
Comparison of the Improved Markov Chain Algorithm.
(is article takes a college English teaching supervision
expert evaluation of the first semester of the 2017–2018
academic year as an example. We measure each indicator in
the form of usual tests, investigations, and questionnaires,
obtain the percentage of each indicator, and divide these
scores into three grades: high, medium, and low. (e
evaluation indicators in this research are used as the input
sample of the network, and one evaluation result is used as
the output of the network. According to the Markov al-
gorithm formula, train these data and set the network pa-
rameters in the MATLAB simulation program: the number
of network layers is 2, the transfer function of the hidden
layer is logsig (s-type logarithmic function), the transfer
function of the output layer is purelin (linear function), and
the training target is 0.002. Finally, it is determined that the
number of hidden layer nodes with the smallest mean square
error is 9. At this time, after 4 iterations, the network training
error curve is shown in Figure 8(a).

It can be seen from Figure 8(a)that the algorithm of this
study can meet the accuracy requirements through 4 iter-
ations, the training time is short, and the training results
meet the desired goals.

Table 3: (e transfer situation of college English teaching grades in Grade 2018 of information management.

Class 1 Class 2

n1 n2 n3 n4 n5 n1 n2 n3 n4 n5

n1 0 0 0 0 0 0 0 0 0 0
n2 0 4 1 2 0 0 1 0 2 0
n3 1 1 5 2 0 0 5 2 6 0
n4 2 7 1 1 1 3 5 2 2 0
n5 0 0 0 2 0 0 0 0 2 0
Total 3 12 7 7 1 3 11 4 12 0
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Figure 8: Network training error curve obtained after 4 iterations (a) and algorithm time comparison chart before and after improvement
(b).
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(e improved Markov chain algorithm reduces the
generation of new duplicates during the union, thus im-
proving the operating efficiency. We stipulate that an at-
tribute measurement function is determined by the
performance distribution of each index and the membership
degree of the research question. (e time comparison be-
tween the improved algorithm in this paper and the classic
algorithm is shown in Figure 8(b). From Figure 8(b), it can
be seen that the running time of the improved algorithm is
generally half the time of the traditional algorithm. (e
improved algorithm reduces the access to the database, so
the time increase is relatively slow.

6. Conclusion

(e Markov chain model has a wide range of applicability.
(e evaluation object can be a university, a teacher, a class,
or a certain student. It can also be used to evaluate the quality
of teaching materials, students’ abilities (character, interest,
physical fitness, etc.), test paper quality, etc. For simple
systems, single-level evaluation can be used, and for complex
systems, multilevel evaluation can be used, but the mathe-
matical methods are the same. (e teaching quality evalu-
ation based on Markov chain random process theory is a
dynamic evaluation method based on development. In the
case of excluding external factors, make full use of the large
amount of information contained in the one-step transition
probability matrix of the Markov chain to evaluate the
changing law of teachers’ teaching quality. Based on the
theory of Markov chain, this paper establishes an evaluation
index system for teachers’ teaching quality in Gao School
through the analysis of a large number of documents and
determines the index weights. (en a fuzzy dynamic
comprehensive evaluation model of university teachers’
teaching quality based on Markov chain is established. And
based on the evaluation data of the students in the teaching
class of a certain main course teacher in a certain university,
the dynamic evaluation model established in this paper is
used to evaluate the teaching quality. (e evaluation results
show that the model has high scientificity and practicability.
(e dynamic evaluation model is not only based on the first
evaluation behaviour of students but also can continuously
evaluate the teaching quality of current and future teachers.
It can also find out the problems in the teaching process of
teachers in time and solve them in time to achieve the
expected training goals and improve the teaching level and
the purpose of talent training.
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