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Abstract 

People with acute COVID-19 due to SARS-CoV-2 infection experience a range of symptoms, but major factors contrib-
uting to severe clinical outcomes remain to be understood. Emerging evidence suggests associations between the 
gut microbiome and the severity and progression of COVID-19. To better understand the host-microbiota interactions 
in acute COVID-19, we characterized the intestinal microbiome of patients with active SARS-CoV-2 infection in com-
parison to recovered patients and uninfected healthy controls. We performed 16S rRNA sequencing of stool samples 
collected between May 2020 and January 2021 from 20 COVID-19-positive patients, 20 COVID-19-recovered subjects 
and 20 healthy controls. COVID-19-positive patients had altered microbiome community characteristics compared to 
the recovered and control subjects, as assessed by both α- and β-diversity differences. In COVID-19-positive patients, 
we observed depletion of Bacteroidaceae, Ruminococcaceae, and Lachnospiraceae, as well as decreased relative 
abundances of the genera Faecalibacterium, Adlercreutzia, and the Eubacterium brachy group. The enrichment of 
Prevotellaceae with COVID-19 infection continued after viral clearance; antibiotic use induced further gut microbiota 
perturbations in COVID-19-positive patients. In conclusion, we present evidence that acute COVID-19 induces gut 
microbiota dysbiosis with depletion of particular populations of commensal bacteria, a phenomenon heightened by 
antibiotic exposure, but the general effects do not persist post-recovery.

Keywords: SARS-CoV-2, Microbiome, Infectious diseases, Clinical infection, Community ecology, Gastrointestinal tract

© The Author(s) 2022. Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, which 
permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as you give appropriate credit to the 
original author(s) and the source, provide a link to the Creative Commons licence, and indicate if changes were made. The images or 
other third party material in this article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line 
to the material. If material is not included in the article’s Creative Commons licence and your intended use is not permitted by statutory 
regulation or exceeds the permitted use, you will need to obtain permission directly from the copyright holder. To view a copy of this 
licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

Introduction
Since its introduction into human populations in late 
2019, severe acute respiratory syndrome coronavirus 2 
(SARS-CoV-2) infections have been marked by extreme 
variability in clinical outcomes, ranging from asympto-
matic infection to death [1–3]. Even among those with 
symptomatic infection, called the coronavirus disease 
2019 (COVID-19), clinical severity has been quite vari-
able [4, 5]. Worldwide, most of the infected patients have 
recovered from the disease, as defined by SARS-CoV-2 

viral clearance. However, many have suffered from per-
sistent and sometimes different symptoms after acute 
COVID-19 [6–8]. In the past 30 months, several factors 
associated with differences in clinical manifestations and 
in recovery have been identified including sex, obesity, 
and presence of comorbidities such as cardiovascular dis-
ease and diabetes, but the most important risk factor is 
advanced age [5, 9–11]. Nevertheless, the major factors 
leading to severe outcomes only account for a portion of 
the risk [9, 12].

Several studies have reported the prevalence of gastro-
intestinal (GI) symptoms at the presentation of COVID-
19 and the consistent detection of viral shedding in the 
stools of patients, suggesting a substantial involvement of 
the GI tract in acute COVID-19 infection [13, 14]. There-
fore, one host factor that could modulate clinical differ-
ences is the state of the host microbiota. Humans carry 
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very large and diverse populations of microbes, termed 
the microbiome, living in the GI tract, skin, and other 
organs [15, 16]. The largest population is in the colon, and 
it interacts with human metabolism, immunity, and the 
central nervous system [17–21]. Despite conserved simi-
larities in its population structure [22], there is extensive 
inter-personal variation in the types and abundances of 
the bacterial taxa present [23, 24].

Due to this variation, and the general importance of the 
gut microbiome in host defenses against infections, there 
has been interest in the characteristics of the host micro-
biome as a determinant of the interaction of SARS-CoV-2 
with humans [25–34]. We now consider the taxonomic 
characteristics of the intestinal microbiome, as assessed 
from fecal samples, in patients with active SARS-CoV-2 
infections and those at least 2 weeks after viral clearance 

in relation to uninfected persons. We find that acute 
COVID-19 induces gut microbiota dysbiosis with deple-
tion of particular populations of commensal bacteria, but 
the effect does not persist post-recovery.

Results
Subject characteristics of the study cohort
We collected stool samples from 20 subjects each: 
patients with active COVID-19 infection (Positive), 
patients recovered from COVID-19 (Recovered), and 
healthy controls who had not been infected with SARS-
CoV-2 (Controls). Demographic and clinical charac-
teristics of these subjects are summarized in Table  1. 
The COVID-19-positive patients were significantly 
older than the Controls (p = 0.01) and Recovered sub-
jects (p = 0.049). All subjects were receiving a regular 

Table 1 Demographic and clinical characteristics of the 60 study subjects

a Age comparisons were performed using one-way ANOVA: p = 0.01 between healthy controls and COVID-19-positive; p = 0.049 between COVID-19-positive and 
COVID-19- recovered; p = 0.52 between healthy controls and COVID-19-recovered

Variables Controls COVID-19-positive COVID-19-recovered

Number, n 20 20 20

Male, % 60.0 60.0 60.0

Median age, y (IQR)a 41 (30–50) 58 (40–67) 46 (32–54)

Race, %

 Asian 40.0 20.0

 African American 10.0 15.0 10.0

 Hispanic 35.0 20.0

 White 50.0 50.0 50.0

Comorbidities, %

 Gastrointestinal disorders 5.0 5.0

 Obesity 35.0

 Diabetes mellitus 35.0

Gastrointestinal symptoms, % 30.0 5.0

Antibiotic usage, % 10.0 60.0 20.0

 Cephalosporin 45.0

 Penicillin 35.0 5.0

 Glycopeptide 30.0

 Macrolide 5.0 20.0 10.0

 Sulfonamide 5.0 10.0

 Unspecified 5.0

Antiviral therapy, % 25.0

 Tocilizumab 20.0

 Unspecified 5.0

Other COVID-19 treatment, %

 Hydroxychloroquine 30.0

 Dietary supplements 30.0 20.0

 Antifungal therapy 10.0

 Corticosteroid 20.0
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diet except two COVID-19-positive subjects receiving 
a low sodium diet. Hypertension was the most com-
mon comorbidity among COVID-19-positive patients 
(50%), followed by obesity (35%) and diabetes mellitus 
(35%). Comorbidities involving gastrointestinal disorders 
were observed in 5% of the Controls and 5% of COVID-
19-positive patients. During the acute SARS-CoV-2 
infection, six (30%) patients experienced gastrointestinal 
symptoms. Subjects across all study groups reported the 
use of antibiotics in the prior 6 months, including 10% of 
the Control, 60% of the Positive, and 20% of the Recov-
ered subjects. Among Positive patients, 50% received at 
least one form of COVID-19 treatment, excluding dietary 
supplements (Table 1).

COVID-19 altered gut microbiome community 
characteristics
To determine the effects of COVID-19 on the gut micro-
biota, we examined the abundances of 16S rRNA genes 
in stool samples. The sequencing generated a mean of 
26,775 demultiplexed and denoised operational taxo-
nomic units (OTUs) per sample (Supplementary Fig. 1). 
The rarefaction curves reached asymptotes, indicat-
ing that an even sampling depth of 10,000 reads/sam-
ple was sufficient for diversity analyses (Supplementary 
Fig.  2a). Significant differences in species richness were 
observed between COVID-19-positive patients and the 
Controls, as well as between the Controls and Recov-
ered subjects at all sampling depth above 1000 (Supple-
mentary Fig. 2a). No significant difference was detected 
between COVID-19-positive patients and the Recovered 
group (Supplementary Fig.  2a). Analysis of α-diversity 
by observed features and Pielou’s evenness using the 
rarefied data did not show any significant differences 
between study groups (Fig. 1a). Antibiotic use was associ-
ated with markedly reduced species richness in COVID-
19-positive patients while the Controls and Recovered 
patients had no significant differences (Fig.  1b). There 
were no significant differences in α-diversity in relation 
to subject sex in any group regardless of antibiotic expo-
sure (Fig. 1b and Supplementary Fig. 2b). Among all sub-
jects without antibiotic use, COVID-19-positive patients 
had the highest α-diversity compared to the Control and 
Recovered subjects. Differences were particularly sig-
nificant between the Positive and Recovered patients, 
as determined by the Shannon’s index distance metric 

(Fig. 1c). The use of antibiotics reversed the effect, con-
tributing to reduced species richness and evenness in 
COVID-19-positive patients compared to the Controls 
and Recovered patients (Fig.  1d); however, there were 
only few cases of antibiotic use among the Controls and 
Recovered subjects.

Community structure (β-diversity) substantially over-
lapped between Recovered subjects and Controls, but the 
Controls differed significantly with COVID-19-positive 
patients (Fig.  2a). Principal coordinate analysis (PCoA) 
revealed that the dissimilarity of microbial communi-
ties observed in the COVID-19-positive patients was 
primarily driven by antibiotic use (Fig.  2b). Using the 
unweighted UniFrac analysis of β-diversity for compar-
ing all of the subjects who did not have recent antibi-
otic exposure showed significant dissimilarity between 
COVID-19-positive patients and the other two groups 
(Fig. 2c). In total, these results provide evidence that gut 
microbiota dysbiosis was present in COVID-19 patients, 
but the effect was largely related to the use of antibiotics 
and did not persist post-COVID-19 recovery.

COVID-19 altered gut microbial taxon abundances
From the 60 stool samples obtained, we identified a total 
of 122 individual taxa at the family level. Among the 30 
most abundant family-level bacterial taxa, Bacteroi-
daceae and Ruminococcaceae were significantly under-
represented in COVID-19-positive or Recovered patients 
compared to the Controls, regardless of antibiotic use 
(Fig.  3). Comparing all subjects, COVID-19 reduced 
the relative abundance of Lachnospiraceae which was 
restored to Control levels in the Recovered patients 
(Fig.  3). In contrast, Prevotellaceae increased in abun-
dance with acute COVID-19 infection which reached the 
highest levels post-recovery, a trend particularly apparent 
in subjects without antibiotic use (Fig. 3). COVID-19-re-
covered patients varied substantially in Eubacterium 
relative abundance compared to both the Controls 
and COVID-19-positive patients; however, the effects 
were opposite in subjects with or without antibiotic use 
(Fig. 3). No other changes were statistically significant.

A total of 26 bacterial species were significantly dif-
ferential between groups differing in COVID-19 infec-
tion status or antibiotic use by MaAsLin 2 (Fig.  4a). In 
the Controls and Recovered groups, Dialister, Subdol-
igranulum, Faecalibacterium, Agathobacter, and the 

(See figure on next page.)
Fig. 1 Gut microbial alpha-diversity in three groups of study subjects, based on 16S rRNA sequences in fecal samples. a Species richness and 
evenness of fecal samples from Controls (n = 20), COVID-19-positive patients (n = 20), and COVID-19-recovered patients (n = 20) were measured in 
terms of observed OTUs and Pielou evenness, respectively. Differences between groups were not significant using Welch’s t-test. b Species richness 
in subjects with or without antibiotic use, and in relation to sex, was estimated by observed OTUs. (Table 1 indicates the number of subjects in each 
group). *p < 0.05 by Welch’s t-test. c, d Alpha-diversity in subjects without (c) or with (d) antibiotic use was compared between groups using the 
metrics of observed OTUs, Shannon index, and Pielou evenness. *p < 0.05 by Welch’s t-test
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Fig. 1 (See legend on previous page.)
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Fig. 2 Gut microbial beta-diversity in three groups of study subjects, based on 16S rRNA sequences in fecal samples. In all panels, the 
ellipses represent 95% confidence intervals, and p-values were obtained by PERMANOVA. a, b Principal coordinates analysis (PCoA) was 
used for visualization of Jaccard dissimilarity of gut microbial communities between the Controls (n = 20), COVID-19-positive (n = 20), and 
COVID-19-recovered patients (n = 20). b Groups of subjects with or without antibiotic use were compared. c PCoA based on Jaccard distance and 
unweighted UniFrac distance are shown for subjects in the absence of recent antibiotic exposure. Table 1 indicates the number of subjects in each 
group
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Eubacterium hallii group were highly abundant in most 
subjects regardless of antibiotic exposure. Lower levels in 
COVID-19-positive patients were at least in part associ-
ated with antibiotic exposure (Fig.  4a). Considering all 
subjects regardless of antibiotic exposure, four bacterial 
species (Faecalibacterium, Enterococcus, Adlercreutzia, 
and the Eubacterium brachy group) were significantly 
differential between groups (Fig.  4b). Faecalibacterium 
and Adlercreutzia were significantly reduced in COVID-
19 patients while the Controls and Recovered subjects 
had comparable enrichment (Fig.  4b). The Eubacterium 
brachy group was markedly reduced with COVID-19 
infection and remained low post-recovery (Fig.  4b). 

Taken together, these results provide evidence that 
COVID-19 induced specific taxonomic changes, which 
were worse with antibiotic use and which could persist 
post-recovery.

Antibiotics further perturbed the gut microbiota 
in COVID-19 patients
We also evaluated the associations with gut microbial 
community diversity and composition of host factors 
(sex, antibiotic exposure, gastrointestinal (GI) symptoms, 
and obesity comorbidity). Among the COVID-19-posi-
tive patients, only antibiotic exposure was significantly 
associated with altered species richness (α-diversity) 

Fig. 3 Heatmap of gut microbial compositions in the three groups of study subjects that varied in COVID-19 infection status. The relative 
abundances of the 30 most abundant bacterial taxa at the family level were compared between the Controls (n = 20), COVID-19-positive (n = 20), 
and COVID-19-recovered patients (n = 20) (left panel). Additional comparisons were performed in subjects without (center panel) or with recent 
antibiotic use (right panel). Table 1 indicates the number of subjects in each group. Left panel: statistical significance was assessed for comparisons 
to all Controls (a) or to all COVID-19-positive patients (b). For particular taxa: ap < 0.05, bp < 0.05, and aap < 0.01, by two-way ANOVA. Right panel: 
p-values are shown for comparisons to the Controls (a) only between subjects of the same antibiotic use status. Bacterial communities in the 
COVID-19-positive and COVID-19-recovered patients did not differ substantially, as determined by two-way ANOVA. For particular taxa: ap < 0.05, 
aap < 0.01, and aaaap < 0.0001, by two-way ANOVA
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Fig. 4 Bacterial species that significantly differ in abundance in groups differing in COVID-19 infection status or antibiotic use status. a Heatmap of 
bacterial species found to significantly differ in abundance between groups differing in COVID-19 infection status or antibiotic use status is shown 
for the Controls, COVID-19-positive, and COVID-19-recovered patients. Subjects with (red) or without (black) recent antibiotic exposure is indicated 
in the top line. Table 1 indicates the number of subjects in each group. Differentially abundant species were identified by MaAsLin2 and ordered 
according to mean relative abundance. b Four bacterial species were determined by MaAsLin2 to be significantly differential between the Controls, 
COVID-19-positive, and COVID-19-recovered patients. Additional statistical comparisons were performed concerning the relative abundance of 
these species: *p < 0.05 and **p < 0.01 by Welch’s t-test
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(Fig.  5a). COVID-19-positive patients showed distinct 
β-diversity clustering according to antibiotic use; how-
ever, their gut microbial community structure also varied 
with respect to GI symptoms and obesity (Fig.  5b). We 
identified 55 bacterial species that differed significantly 
between COVID-19-positive patients with or without 
recent antibiotic exposure (Fig.  5c). In total, these data 
collectively provide evidence that non-viral factors, espe-
cially antibiotic use, contributed to the perturbation of 
the gut microbiota observed  in the COVID-19-positive 
patients.

Discussion
Emerging evidence suggests that COVID-19 infection is 
associated with dysbiosis of the gut microbiota [25–34]; 
however, many of these observational studies were con-
ducted on hospitalized adults from a single country, 
China, early in the COVID-19 pandemic [25–33, 35]. 
Longitudinal studies from multiple countries and eth-
nicities are needed to understand the clinical impact of 
the acute infection on the microbiome, and vice versa. 
In this cross-sectional study, we evaluated gut micro-
bial characteristics in healthy controls, hospitalized and 
non-hospitalized COVID-19-positive patients, as well as 
recovered patients from different ethnic groups. We now 
provide evidence that acute COVID-19 infection is asso-
ciated with gut microbiota perturbations which did not 
persist post-recovery, and which were highly associated 
with antibiotic exposure. However, some effects on spe-
cific taxa observed in COVID-19 patients continued into 
recovery despite viral clearance.

Using two α-diversity metrics, we did not detect any 
significant differences in species richness and even-
ness between our study groups, consistent with other 
studies, including those that stratified COVID-19-pos-
itive patients according to disease severity [27–29, 31, 
34]. Although significantly reduced gut microbiome 
α-diversity in COVID-19-positive patients compared to 
healthy controls has been reported [25, 33], some studies 
did not control for antibiotic use [25]. Our observation 
of increased species richness and evenness in COVID-
19-positive patients compared to healthy controls, in the 
absence of antibiotic exposure, differed from other obser-
vations [29, 31, 33]. These differences may be explained 

by the demographic and associated lifestyle variation 
in study cohorts. Our study group was more ethnically 
diverse compared to prior studies exclusively focused on 
Chinse subjects [29, 31, 33]. Substantial gut microbiome 
variation observed between ethnically diverse subjects 
[36], are partially driven by lifestyle and dietary differ-
ences [37]. As such, our current study complements and 
extends the literature concerning the gut microbiome in 
COVID-19 by including a study population of diverse 
characteristics.

We observed distinct gut microbiota composition in 
COVID-19-positive patients compared to healthy con-
trols regardless of antibiotic exposure. This β-diversity 
dissimilarity also has been previously observed, provid-
ing evidence that acute COVID-19 infection could induce 
gut microbiota dysbiosis [25, 29, 30, 32–34]. Zhang et al. 
provided further evidence that the dysbiosis might be 
associated with COVID-19 disease severity as signifi-
cant β-diversity differences were only observed between 
COVID-19-patients with severe/critical illness and con-
trol subjects without COVID-19 [32]. Our analyses of 
α- and β-diversity demonstrated that COVID-19-recov-
ered patients and healthy controls had comparable gut 
microbiomes, which were distinct from those of COVID-
19-positive patients. Similarly, in a North American 
cohort, the microbiota of recovered patients was com-
parable with control subjects [34]. In contrast, in several 
Chinese cohorts, the COVID-19-induced gut microbiota 
dysbiosis persisted after SARS-CoV-2 viral clearance [26, 
29]. In addition to demographic differences, these stud-
ies exclusively involved hospitalized COVID-19-positive 
patients who were followed into recovery [26, 29]. Inten-
sive Care Unit (ICU) stays during hospitalization also 
are known to contribute to gut dysbiosis [38, 39]. Not 
following the COVID-19-positive patients into recov-
ery in our study, and using unrelated recovered subjects 
could introduce added inter-personal variation. As such, 
expanded cohorts that control for these important cir-
cumstances are needed to understand the longitudinal 
changes of the gut microbiome in COVID-19 patients.

In COVID-19-positive patients, we observed deple-
tion of Bacteroidaceae, Ruminococcaceae, and Lachno-
spiraceae, which are major families present in the healthy 
adult gut microbiota [17, 40]. Decreased abundances of 

(See figure on next page.)
Fig. 5 Gut microbial diversity and compositions in COVID-19-positive patients at sequence depth of 10,000. a Species richness was estimated by 
observed OTUs and evaluated based on subject sex, antibiotic use status, and the presence of GI symptoms, or of obesity comorbidity. Statistical 
significance was determined for comparisons between patients with or without antibiotic use by unpaired Student’s t-test: *p < 0.05. b Principal 
coordinates analysis (PCoA) was used for visualization of Jaccard dissimilarity of gut microbial communities for patients with or without antibiotic 
use, with or without GI symptoms, or with or without the comorbidity of obesity. The key in Fig. 5a indicates the number of subjects in each group. 
*p < 0.05 and **p < 0.01 by PERMANOVA. c Significantly differential bacterial species in the 20 COVID-19-positive patients, organized according to 
antibiotic use, were identified by MaAsLin2 and stratified into groups of high- (top panel), medium- (middle panel), and low- (bottom panel) relative 
abundances
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Fig. 5 (See legend on previous page.)
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these commensals have been detected in patients with 
immune-mediated inflammatory diseases, including 
inflammatory bowel disease [17, 41], multiple sclerosis 
[42], and ankylosing spondylitis [43]. Loss of the com-
mensal gut microbiota may attenuate defenses against 
respiratory pathogens [44], suggesting an interaction 
with SARS-CoV-2 infection. The genera Faecalibacte-
rium, Adlercreutzia, and the Eubacterium brachy group 
were significantly less abundant in COVID-19-positive 
patients compared to healthy controls, consistent with 
prior reports of COVID-19-associated depletion of short-
chain fatty acids (SCFA)-producing bacteria, including 
Ruminococcaceae (includes Faecalibacterium) and Lach-
nospiraceae [28, 29, 32, 45, 46]. Since SCFAs have strong 
anti-inflammatory activities [47], modulating inter-
feron responses to viral infection [48], reduced numbers 
of SCFA-producing bacteria could interfere with host 
immune responses against SARS-CoV-2 infection. Recent 
studies reported enriched levels of Faecalibacterium [49], 
Ruminococcus (two representative genera of Rumino-
coccaceae), and SCFAs [50] in COVID-19 patients who 
had less severe clinical outcomes, further suggesting an 
immune-metabolism-microbiome interactive effect on 
COVID-19 disease severity. In our study, we observed 
that Ruminococcaceae continued to be depressed in 
Recovered patients; at the genus level, the Faecalibacte-
rium relative abundance also did not recover to that of 
healthy controls. These findings were consistent with the 
taxonomic changes observed in a prior study of patients 
who had severe COVID-19 6 months after recovery [49]. 
Prevotellaceae and the Eubacterium brachy group species 
were enriched and depleted, respectively, in patients with 
acute COVID-19, and after viral clearance, their relative 
abundances continued to change. Prevotellaceae family 
members can induce periodontitis [51] which has been 
associated with increased risk of COVID-19 complica-
tions [52]. Prolonged changes in Prevotellaceae relative 
abundance may explain persistent oral manifestations 
observed in people with long COVID, or post-COVID 
conditions [53]. Taken together, these findings suggest 
impact of COVID-19-associated depletion of particular 
commensal populations on disease course and long-term 
recovery.

Our study has limitations, including enrolling subjects 
with varying degrees of exposure to antibiotics – major 
disruptors of the gut microbiota [15, 54]. As such, this 
differential exposure confounds comparisons between 
study groups and identifying true COVID-19 associated 
microbial signatures; however, it provided an opportu-
nity to study the gut microbiome in COVID-19 patients 
with and without antibiotics. Antibiotics treatment in 
COVID-19 patients further shifted the gut microbiome 
away from the healthy controls, with depletion of many 

commensals, consistent with prior studies [26, 28, 29]. 
In prior studies, antibiotic use did not improve COVID-
19 outcomes [28], nor did microbiome effects persist 
beyond 6 months [29]. Altogether these studies further 
indicate the importance of developing guidelines on 
antibiotic use in COVID-19 treatment. Age-related loss 
of gut microbiota diversity also can occur [55]; how-
ever, significant changes have mostly been detected at 
the extremes of age (most notably in centenarians) and 
in persons residing in long-term care facilities [56–58]. 
Therefore, although the subjects in this study were not 
age-matched, we expect little impact of age on the core 
microbiota between study groups. Studies have shown 
that COVID-19-associated social and behavior changes, 
such as lockdown, social distancing [59], and increased 
use of disinfectants [60] may also impact the gut micro-
biome. Despite our efforts to minimize such impact and 
recruit patients who had adopted similar measures by 
conducting the study at a single site, we recognize the 
importance of these changes, which could interfere with 
identifying the direct effects of SARS-CoV-2 on gut dys-
biosis. Similarly, our study did not control for past infec-
tions with SARS-CoV-2 that were asymptomatic and 
unknown to the study participants, which also might 
have perturbed the gut microbiome, especially in healthy 
controls. Although our findings suggest that the COVID-
19 effects on the microbiota do not persist post-recovery, 
further studies that incorporate antibody test results 
and viral load will enhance understanding of the impact 
on the gut microbiome of COVID-19, including disease 
severity and clinical manifestations.

In conclusion, we present evidence that acute COVID-
19 infection can induce gut microbiota dysbiosis with 
depletion of commensal bacteria, a phenomenon 
enhanced by antibiotic exposure. Further investigation 
of patients across the severity gradient in expanded lon-
gitudinal cohorts will enhance understanding of the role 
of the gut microbiome in COVID-19 disease progression 
and recovery. These findings may help identify micro-
bial targets and probiotic supplements for improving 
COVID-19 treatment.

Materials and methods
Subject recruitment and sample collection
From May 14 2020 to January 28 2021, a total of 60 sub-
jects were recruited into this study at the Robert Wood 
Johnson University Hospital (RWJUH) in New Brun-
swick NJ. The study group consisted of 20 COVID-19 
(SARS-CoV-2-positive) patients, 20 healthy donors (Con-
trols), and 20 COVID-19-recovered subjects (Recovered). 
COVID-19-positive patients were recruited from the 
pool of patients hospitalized at RWJUH, who had diag-
nosis of SARS-CoV-2 infection, which was confirmed 
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by reverse transcription polymerase chain reaction 
(RT-PCR) analysis of saliva and/or nasal swabs. Simi-
larly, COVID-19-recovered subjects were selected from 
the hospital outpatient department and were defined as 
being > 14 days after SARS-CoV-2 viral clearance (based 
on a single negative RT-PCR test). Healthy control sub-
jects also were selected among patients and staff at the 
hospital. Specimens were collected from COVID-19-pos-
itive patients within 3 days of onset of illness. Specimens 
from the Controls and Recovered subjects were col-
lected within 1 day after undergoing the RT-PCR test 
that showed negativity. Written informed consent was 
obtained from all subjects before participating in the 
study.

All of the medical records of the patients were reviewed 
to collect demographic characteristics, comorbidities, 
medical history, COVID-19 duration, and treatment. A 
questionnaire was used at the time of specimen collec-
tion to obtain diet type, antibiotics used in the 6 months 
prior to study entry, and prior and existing treatment for 
COVID-19. The use of antibiotics also was recorded dur-
ing hospitalization. Data pertinent to COVID-19 treat-
ment was collected or corroborated during chart review, 
which included the use of hydroxychloroquine, azithro-
mycin, systemic anticoagulation, corticosteroids, con-
valescent plasma, and remdesivir. Gastrointestinal (GI) 
symptoms were recorded as the presence of diarrhea, 
nausea, and/or vomiting (at least one episode of a self-
reported symptom per day prior to testing). Following 
the Rutgers COVID-19 and laboratory biosafety proto-
cols, stool samples were collected from the recruited sub-
jects into sterile containers using a Protocult collection 
device (ABC Medical Enterprises Inc., Rochester MN). 
All samples were de-identified and stored at − 80 °C until 
analysis.

DNA extraction and microbiome sequencing
Stool samples were first heated at 60 °C for 60 minutes 
to inactivate any potentially live viruses. Total DNA was 
extracted from stool aliquots using the DNeasy Power-
Soil HTP 96 Kit (QIAGEN, Valencia CA) following the 
manufacturer’s instructions. The V4 region of the bac-
terial 16S rRNA gene was PCR-amplified in triplicate 
using barcoded fusion primers 515F/806R. The DNA 
concentration of each amplicon was quantified using 
the Quant-iT PicoGreen dsDNA Assay Kit (Invitrogen) 
and the SpectraMax iD3 microplate reader (Molecular 
Devices, San Jose CA). Samples were pooled and purified 
with the QIAquick PCR Purification Kit (QIAGEN), and 
the pooled samples were quantified using the Quant-iT 
dsDNA Assay Kit, high sensitivity (Invitrogen) on a Qubit 
2.0 Fluorometer (Life Technologies, Carlsbad CA) and 
then combined at equimolar concentrations to form the 

sequencing library. Paired-end sequencing (2x150bp) of 
the constructed library was subsequently performed on 
the Illumina MiSeq platform (Illumina, San Diego CA) at 
Azenta Life Sciences (South Plainfield NJ). The 16S rRNA 
sequence data generated for this study have been depos-
ited in QIITA open-source microbiome database (https:// 
qiita. ucsd. edu) under accession number: 14812.

Bioinformatics analysis of microbiome sequences
Raw paired-end reads with perfect matching of bases 
between forward and reverse sequences were retained, 
demultiplexed, filtered, and analyzed using the QIIME 2 
v2021.2 pipeline as described [61]. Briefly, the identifica-
tion of OTUs was performed using the DADA2 plugin 
with quality filtering to trim the first six bases of each 
sequence with quality score < 35. Taxonomy was assigned 
to sequences using the Naïve Bayes classifier compared 
against a SILVA (138 release) 99% similarity OTUs refer-
ence database trained on the 515F/806R region of the 16S 
rRNA gene [62, 63].

An even sampling depth of 10,000 sequences per sam-
ple was used for assessing microbial α- and β-diversity 
differences. To evaluate species richness and evenness, 
α-diversity was computed by two commonly used met-
rics: observed features (or OTUs) and Pielou’s evenness, 
respectively. In addition, the Shannon’s index was used 
to estimate both richness and evenness in a single equa-
tion. To assess the overall microbial community variation 
between samples, unweighted UniFrac distance and Jac-
card distance matrices were used for β-diversity analysis. 
The multivariable association analysis with linear mod-
els (MaAsLin 2) was implemented in R to detect signifi-
cant differences in relative abundances of microbial taxa 
between study groups [64].

Statistical analysis
Measurements of microbial α-diversity and the relative 
abundance of bacterial communities and species were 
analyzed using the GraphPad Prism 9 software and dis-
played as mean ± standard deviation in scatter plots, box-
and-whiskers ± min-to-max, or heatmaps. Comparisons 
between study groups were assessed by Welch’s t-test or 
two-way ANOVA to account for additional variables. Sta-
tistical significance of inter- and intra-group β-diversity 
was determined by a permutational multivariate analy-
sis of variance (PERMANOVA). Principal coordinate 
analysis (PCoA) was applied to create ordinations and 
to visualize the diversity between samples. A Benjamini-
Hochberg-corrected q value < 0.25 was used by MaAs-
Lin2 to determine statistical significance. A p value < 0.05 
was considered statistically significant for all other statis-
tical analyses throughout this study.

https://qiita.ucsd.edu
https://qiita.ucsd.edu
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Additional file 1 Supplementary Fig. 1. Summary statistics of 16S rRNA 
gene sequencing depth. The histogram indicates counts of OTUs (fre-
quency) per sample and the number of samples at each depth. Together 
with the summary statistics, the data indicate 16S rRNA sequencing depth 
for 60 fecal samples after sequence quality control and feature table 
construction using DADA2

Additional file 2 Supplementary Fig. 2. Gut microbial diversity in 
three groups of study subjects. a Rarefaction analysis of the microbial 
alpha-diversity of the Controls (n = 20), COVID-19-positive (n = 20), and 
COVID-19-recovered patients (n = 20) at multiple sampling depths. Alpha-
diversity was measured by observed OTUs. One-way ANOVA corrected 
for multiple comparisons was used to determine statistical significance. b 
Observed OTUs (species richness) at sequence depth of 10,000 in female 
and male subjects without antibiotic use. Table 1 indicates the number of 
subjects in each group. No significant differences between the sexes were 
found, based on Welch’s t-test

Acknowledgements
We thank all clinicians serving on the frontlines of the pandemic in New 
Jersey, and thank Zhan Gao for technical contributions to this study. This work 
was supported in part by an unrestricted gift from Danone North America, 
and by NIH grant R01-AI158911 from the National Institute of Allergy and 
Infectious Diseases.

Authors’ contributions
All authors contributed to the study conception and design. Material prepara-
tion, data collection and analysis were performed by Yue Sandra Yin, Carlos D. 
Minacapelli, Veenat Parmar, and Vinod K. Rustgi. Carolyn C. Catalano, Abhishek 
Bhurwal, and Kapil Gupta assisted in sample collection. The first draft of the 
manuscript was written by Yue Sandra Yin and Martin J. Blaser, and all authors 
commented on previous versions of the manuscript. All authors read and 
approved the final manuscript.

Funding
This work was supported in part by an unrestricted gift from Danone North 
America, and by NIH grant R01-AI158911 from the National Institute of Allergy 
and Infectious Diseases.

Availability of data and materials
The 16S rRNA sequence data generated for this study have been deposited in 
QIITA open-source microbiome database (https:// qiita. ucsd. edu) under acces-
sion number: 14812.

Declarations

Ethics approval and consent to participate
This study was performed in line with the principles of the Declaration of 
Helsinki. Approval was granted by the Institutional Review Board at Rutgers 
Robert Wood Johnson Medical School (IRB: Pro2020001092). Written informed 
consent was obtained from all individual participants before participating in 
the study.

Consent for publication
Not applicable.

Competing interests
The authors have no relevant financial or non-financial interests to disclose.

Author details
1 Center for Advanced Biotechnology and Medicine, Rutgers University, 
Piscataway, NJ, USA. 2 Division of Gastroenterology and Hepatology, Rutgers 
Robert Wood Johnson School of Medicine, New Brunswick, NJ, USA. 3 Center 
for Liver Diseases and Liver Masses, Rutgers Robert Wood Johnson Medical 
School, New Brunswick, NJ, USA. 

Received: 9 July 2022   Accepted: 7 November 2022

References
 1. Richardson S, Hirsch JS, Narasimhan M, Crawford JM, McGinn T, Davidson 

KW, et al. Presenting characteristics, comorbidities, and outcomes among 
5700 patients hospitalized with COVID-19 in the new York City area. 
JAMA. 2020;323(20):2052–9. https:// doi. org/ 10. 1001/ jama. 2020. 6775.

 2. Wiersinga WJ, Rhodes A, Cheng AC, Peacock SJ, Prescott HC. Pathophysi-
ology, transmission, diagnosis, and treatment of coronavirus disease 2019 
(COVID-19): a review. JAMA. 2020;324(8):782–93. https:// doi. org/ 10. 1001/ 
jama. 2020. 12839.

 3. Wu Z, McGoogan JM. Characteristics of and important lessons from the 
coronavirus disease 2019 (COVID-19) outbreak in China: summary of a 
report of 72314 cases from the Chinese Center for Disease Control and 
Prevention. JAMA. 2020;323(13):1239–42. https:// doi. org/ 10. 1001/ jama. 
2020. 2648.

 4. Wu JT, Leung K, Bushman M, Kishore N, Niehus R, de Salazar PM, et al. 
Estimating clinical severity of COVID-19 from the transmission dynamics 
in Wuhan, China. Nat Med. 2020;26(4):506–10. https:// doi. org/ 10. 1038/ 
s41591- 020- 0822-7.

 5. Feng Y, Ling Y, Bai T, Xie Y, Huang J, Li J, et al. COVID-19 with different 
severities: a multicenter study of clinical features. Am J Respir Crit Care 
Med. 2020;201(11):1380–8. https:// doi. org/ 10. 1164/ rccm. 202002- 0445OC.

 6. Nalbandian A, Sehgal K, Gupta A, Madhavan MV, McGroder C, Stevens 
JS, et al. Post-acute COVID-19 syndrome. Nat Med. 2021;27(4):601–15. 
https:// doi. org/ 10. 1038/ s41591- 021- 01283-z.

 7. Carfi A, Bernabei R, Landi F, Gemelli Against C-P-ACSG. Persistent symp-
toms in patients after acute COVID-19. JAMA. 2020;324(6):603–5. https:// 
doi. org/ 10. 1001/ jama. 2020. 12603.

 8. Kamal M, Abo Omirah M, Hussein A, Saeed H. Assessment and 
characterisation of post-COVID-19 manifestations. Int J Clin Pract Mar 
2021;75(3):e13746. doi:https:// doi. org/ 10. 1111/ ijcp. 13746.

 9. Williamson EJ, Walker AJ, Bhaskaran K, Bacon S, Bates C, Morton CE, et al. 
Factors associated with COVID-19-related death using opensafely. Nature. 
2020;584(7821):430–6. https:// doi. org/ 10. 1038/ s41586- 020- 2521-4.

 10. Yang J, Zheng Y, Gou X, Pu K, Chen Z, Guo Q, et al. Prevalence of comor-
bidities and its effects in patients infected with sars-cov-2: a systematic 
review and meta-analysis. Int J Infect Dis. 2020;94:91–5. https:// doi. org/ 
10. 1016/j. ijid. 2020. 03. 017.

 11. Jordan RE, Adab P, Cheng KK. COVID-19: risk factors for severe disease and 
death. BMJ. 2020;368:m1198. https:// doi. org/ 10. 1136/ bmj. m1198.

 12. Gao YD, Ding M, Dong X, Zhang JJ, Kursat Azkur A, Azkur D, et al. Risk 
factors for severe and critically ill COVID-19 patients: a review. Allergy Feb 
2021;76(2):428–455. doi:https:// doi. org/ 10. 1111/ all. 14657.

 13. Wolfel R, Corman VM, Guggemos W, Seilmaier M, Zange S, Mul-
ler MA, et al. Virological assessment of hospitalized patients with 
COVID-2019. Nature. 2020;581(7809):465–9. https:// doi. org/ 10. 1038/ 
s41586- 020- 2196-x.

 14. Parasa S, Desai M, Thoguluva Chandrasekar V, Patel HK, Kennedy KF, 
Roesch T, et al. Prevalence of gastrointestinal symptoms and fecal viral 
shedding in patients with coronavirus disease 2019: a systematic review 
and meta-analysis. JAMA Netw Open. 2020;3(6):e2011335. https:// doi. 
org/ 10. 1001/ jaman etwor kopen. 2020. 11335.

 15. Cho I, Blaser MJ. The human microbiome: at the interface of health and 
disease. Nat Rev Genet. 2012;13(4):260–70. https:// doi. org/ 10. 1038/ nrg31 
82.

 16. Gilbert JA, Blaser MJ, Caporaso JG, Jansson JK, Lynch SV, Knight R. Current 
understanding of the human microbiome. Nat Med. 2018;24(4):392–400. 
https:// doi. org/ 10. 1038/ nm. 4517.

https://doi.org/10.1186/s43556-022-00103-1
https://doi.org/10.1186/s43556-022-00103-1
https://qiita.ucsd.edu
https://doi.org/10.1001/jama.2020.6775
https://doi.org/10.1001/jama.2020.12839
https://doi.org/10.1001/jama.2020.12839
https://doi.org/10.1001/jama.2020.2648
https://doi.org/10.1001/jama.2020.2648
https://doi.org/10.1038/s41591-020-0822-7
https://doi.org/10.1038/s41591-020-0822-7
https://doi.org/10.1164/rccm.202002-0445OC
https://doi.org/10.1038/s41591-021-01283-z
https://doi.org/10.1001/jama.2020.12603
https://doi.org/10.1001/jama.2020.12603
https://doi.org/10.1111/ijcp.13746
https://doi.org/10.1038/s41586-020-2521-4
https://doi.org/10.1016/j.ijid.2020.03.017
https://doi.org/10.1016/j.ijid.2020.03.017
https://doi.org/10.1136/bmj.m1198
https://doi.org/10.1111/all.14657
https://doi.org/10.1038/s41586-020-2196-x
https://doi.org/10.1038/s41586-020-2196-x
https://doi.org/10.1001/jamanetworkopen.2020.11335
https://doi.org/10.1001/jamanetworkopen.2020.11335
https://doi.org/10.1038/nrg3182
https://doi.org/10.1038/nrg3182
https://doi.org/10.1038/nm.4517


Page 13 of 14Yin et al. Molecular Biomedicine            (2022) 3:36  

 17. Zheng D, Liwinski T, Elinav E. Interaction between microbiota and immu-
nity in health and disease. Cell Res. 2020;30(6):492–506. https:// doi. org/ 
10. 1038/ s41422- 020- 0332-7.

 18. Arrieta MC, Stiemsma LT, Dimitriu PA, Thorson L, Russell S, Yurist-Doutsch 
S, et al. Early infancy microbial and metabolic alterations affect risk of 
childhood asthma. Sci Transl Med. 2015;7(307):307ra152. https:// doi. org/ 
10. 1126/ scitr anslm ed. aab22 71.

 19. Jiang H, Ling Z, Zhang Y, Mao H, Ma Z, Yin Y, et al. Altered fecal microbiota 
composition in patients with major depressive disorder. Brain Behav 
Immun. 2015;48:186–94. https:// doi. org/ 10. 1016/j. bbi. 2015. 03. 016.

 20. Karczewski J, Poniedzialek B, Adamski Z, Rzymski P. The effects of the 
microbiota on the host immune system. Autoimmunity. 2014;47(8):494–
504. https:// doi. org/ 10. 3109/ 08916 934. 2014. 938322.

 21. Maynard CL, Elson CO, Hatton RD, Weaver CT. Reciprocal interac-
tions of the intestinal microbiota and immune system. Nature. 
2012;489(7415):231–41. https:// doi. org/ 10. 1038/ natur e11551.

 22. Human Microbiome Project C. Structure, function and diversity of the 
healthy human microbiome. Nature. 2012;486(7402):207–14. https:// doi. 
org/ 10. 1038/ natur e11234.

 23. Blekhman R, Goodrich JK, Huang K, Sun Q, Bukowski R, Bell JT, et al. 
Host genetic variation impacts microbiome composition across 
human body sites. Genome Biol. 2015;16:191. https:// doi. org/ 10. 1186/ 
s13059- 015- 0759-1.

 24. Arumugam M, Raes J, Pelletier E, Le Paslier D, Yamada T, Mende DR, et al. 
Enterotypes of the human gut microbiome. Nature. 2011;473(7346):174–
80. https:// doi. org/ 10. 1038/ natur e09944.

 25. Tao W, Zhang G, Wang X, Guo M, Zeng W, Xu Z, et al. Analysis of the 
intestinal microbiota in COVID-19 patients and its correlation with the 
inflammatory factor IL-18. Med Microecol Sep 2020;5:100023. doi:https:// 
doi. org/ 10. 1016/j. medmic. 2020. 100023.

 26. Zuo T, Zhang F, Lui GCY, Yeoh YK, Li AYL, Zhan H, et al. Alterations in gut 
microbiota of patients with COVID-19 during time of hospitalization. Gas-
troenterology. 2020;159(3):944–955 e8. https:// doi. org/ 10. 1053/j. gastro. 
2020. 05. 048.

 27. Li S, Yang S, Zhou Y, Disoma C, Dong Z, Du A, et al. Microbiome profiling 
using shotgun metagenomic sequencing identified unique microorgan-
isms in COVID-19 patients with altered gut microbiota. Front Microbiol. 
2021;12:712081. https:// doi. org/ 10. 3389/ fmicb. 2021. 712081.

 28. Yeoh YK, Zuo T, Lui GC, Zhang F, Liu Q, Li AY, et al. Gut microbiota com-
position reflects disease severity and dysfunctional immune responses 
in patients with COVID-19. Gut. 2021;70(4):698–706. https:// doi. org/ 10. 
1136/ gutjnl- 2020- 323020.

 29. Liu Q, Mak JWY, Su Q, Yeoh YK, Lui GC, Ng SSS, et al. Gut microbiota 
dynamics in a prospective cohort of patients with post-acute COVID-
19 syndrome. Gut. 2022;71(3):544–52. https:// doi. org/ 10. 1136/ 
gutjnl- 2021- 325989.

 30. Sun Z, Song ZG, Liu C, Tan S, Lin S, Zhu J, et al. Gut microbiome alterations 
and gut barrier dysfunction are associated with host immune homeosta-
sis in COVID-19 patients. BMC Med Jan 20 2022;20(1):24. doi:https:// doi. 
org/ 10. 1186/ s12916- 021- 02212-0.

 31. Xu X, Zhang W, Guo M, Xiao C, Fu Z, Yu S, et al. Integrated analysis of 
gut microbiome and host immune responses in COVID-19. Front Med. 
2022;16(2):263–75. https:// doi. org/ 10. 1007/ s11684- 022- 0921-6.

 32. Zhang F, Wan Y, Zuo T, Yeoh YK, Liu Q, Zhang L, et al. Prolonged impair-
ment of short-chain fatty acid and L-isoleucine biosynthesis in gut micro-
biome in patients with COVID-19. Gastroenterology. 2022;162(2):548–61 
e4. https:// doi. org/ 10. 1053/j. gastro. 2021. 10. 013.

 33. Gu S, Chen Y, Wu Z, Chen Y, Gao H, Lv L, et al. Alterations of the gut micro-
biota in patients with coronavirus disease 2019 or H1N1 influenza. Clin 
Infect Dis. 2020;71(10):2669–78. https:// doi. org/ 10. 1093/ cid/ ciaa7 09.

 34. Newsome RC, Gauthier J, Hernandez MC, Abraham GE, Robinson TO, 
Williams HB, et al. The gut microbiome of COVID-19 recovered patients 
returns to uninfected status in a minority-dominated United States 
cohort. Gut Microbes. 2021;13(1):1–15. https:// doi. org/ 10. 1080/ 19490 976. 
2021. 19268 40.

 35. Yamamoto S, Saito M, Tamura A, Prawisuda D, Mizutani T, Yotsuyanagi H. 
The human microbiome and COVID-19: a systematic review. PLoS One. 
2021;16(6):e0253293. https:// doi. org/ 10. 1371/ journ al. pone. 02532 93.

 36. Gupta VK, Paul S, Dutta C. Geography, ethnicity or subsistence-specific 
variations in human microbiome composition and diversity. Front Micro-
biol. 2017;8:1162. https:// doi. org/ 10. 3389/ fmicb. 2017. 01162.

 37. Dwiyanto J, Hussain MH, Reidpath D, Ong KS, Qasim A, Lee SWH, et al. 
Ethnicity influences the gut microbiota of individuals sharing a geo-
graphical location: a cross-sectional study from a middle-income country. 
Sci Rep. 2021;11(1):2618. https:// doi. org/ 10. 1038/ s41598- 021- 82311-3.

 38. McDonald D, Ackermann G, Khailova L, Baird C, Heyland D, Kozar R, 
et al. Extreme dysbiosis of the microbiome in critical illness. mSphere. 
2016;1(4):e00199–16. https:// doi. org/ 10. 1128/ mSphe re. 00199- 16.

 39. Ravi A, Halstead FD, Bamford A, Casey A, Thomson NM, van Schaik W, 
et al. Loss of microbial diversity and pathogen domination of the gut 
microbiota in critically ill patients. Microb Genom. 2019;5(9):e000293. 
https:// doi. org/ 10. 1099/ mgen.0. 000293.

 40. Rinninella E, Raoul P, Cintoni M, Franceschi F, Miggiano GAD, Gasbarrini 
A, et al. What is the healthy gut microbiota composition? A changing 
ecosystem across age, environment, diet, and diseases. Microorganisms. 
2019;7(1):14. https:// doi. org/ 10. 3390/ micro organ isms7 010014.

 41. Forbes JD, Van Domselaar G, Bernstein CN. The gut microbiota in 
immune-mediated inflammatory diseases. Front Microbiol. 2016;7:1081. 
https:// doi. org/ 10. 3389/ fmicb. 2016. 01081.

 42. Cantarel BL, Waubant E, Chehoud C, Kuczynski J, DeSantis TZ, War-
rington J, et al. Gut microbiota in multiple sclerosis: possible influence of 
immunomodulators. J Investig Med. 2015;63(5):729–34. https:// doi. org/ 
10. 1097/ JIM. 00000 00000 000192.

 43. Costello ME, Ciccia F, Willner D, Warrington N, Robinson PC, Gardiner B, 
et al. Brief report: intestinal dysbiosis in ankylosing spondylitis. Arthritis 
Rheumatol. 2015;67(3):686–91. https:// doi. org/ 10. 1002/ art. 38967.

 44. Khan R, Petersen FC, Shekhar S. Commensal bacteria: an emerging player 
in defense against respiratory pathogens. Front Immunol. 2019;10:1203. 
https:// doi. org/ 10. 3389/ fimmu. 2019. 01203.

 45. Tian Y, Sun KY, Meng TQ, Ye Z, Guo SM, Li ZM, et al. Gut microbiota may 
not be fully restored in recovered COVID-19 patients after 3-month 
recovery. Front Nutr. 2021;8:638825. https:// doi. org/ 10. 3389/ fnut. 2021. 
638825.

 46. Deleu S, Machiels K, Raes J, Verbeke K, Vermeire S. Short chain fatty acids 
and its producing organisms: an overlooked therapy for IBD? EBioMedi-
cine. 2021;66:103293. https:// doi. org/ 10. 1016/j. ebiom. 2021. 103293.

 47. Yao Y, Cai X, Fei W, Ye Y, Zhao M, Zheng C. The role of short-chain fatty 
acids in immunity, inflammation and metabolism. Crit Rev Food Sci Nutr. 
2022;62(1):1–12. https:// doi. org/ 10. 1080/ 10408 398. 2020. 18546 75.

 48. Wirusanti NI, Baldridge MT, Harris VC. Microbiota regulation of viral infec-
tions through interferon signaling. Trends Microbiol. 2022. https:// doi. 
org/ 10. 1016/j. tim. 2022. 01. 007.

 49. Maeda Y, Motooka D, Kawasaki T, Oki H, Noda Y, Adachi Y, et al. Longi-
tudinal alterations of the gut mycobiota and microbiota on COVID-
19 severity. BMC Infect Dis. 2022;22(1):572. https:// doi. org/ 10. 1186/ 
s12879- 022- 07358-7.

 50. Albrich WC, Ghosh TS, Ahearn-Ford S, Mikaeloff F, Lunjani N, Forde B, et al. 
A high-risk gut microbiota configuration associates with fatal hyper-
inflammatory immune and metabolic responses to SARS-CoV-2. Gut 
Microbe. 2022;14(1):2073131. https:// doi. org/ 10. 1080/ 19490 976. 2022. 
20731 31.

 51. Larsen JM. The immune response to prevotella bacteria in chronic inflam-
matory disease. Immunology. 2017;151(4):363–74. https:// doi. org/ 10. 
1111/ imm. 12760.

 52. Silvestre FJ, Marquez-Arrico CF. COVID-19 and periodontitis: a dangerous 
association? Front Pharmacol. 2021;12:789681. https:// doi. org/ 10. 3389/ 
fphar. 2021. 789681.

 53. Rafalowicz B, Wagner L, Rafalowicz J. Long COVID oral cavity symptoms 
based on selected clinical cases. Eur J Dent Dec 17 2021;doi:https:// doi. 
org/ 10. 1055/s- 0041- 17394 45.

 54. Blaser MJ. Antibiotic use and its consequences for the normal microbi-
ome. Science. 2016;352(6285):544–5. https:// doi. org/ 10. 1126/ scien ce. 
aad93 58.

 55. Bosco N, Noti M. The aging gut microbiome and its impact on host 
immunity. Genes Immun. 2021;22(5–6):289–303. https:// doi. org/ 10. 1038/ 
s41435- 021- 00126-8.

 56. Buford TW. (dis) trust your gut: the gut microbiome in age-related inflam-
mation, health, and disease. Microbiome. 2017;5(1):80. https:// doi. org/ 10. 
1186/ s40168- 017- 0296-0.

 57. Jeffery IB, Lynch DB, O’Toole PW. Composition and temporal stability of 
the gut microbiota in older persons. ISME J. 2016;10(1):170–82. https:// 
doi. org/ 10. 1038/ ismej. 2015. 88.

https://doi.org/10.1038/s41422-020-0332-7
https://doi.org/10.1038/s41422-020-0332-7
https://doi.org/10.1126/scitranslmed.aab2271
https://doi.org/10.1126/scitranslmed.aab2271
https://doi.org/10.1016/j.bbi.2015.03.016
https://doi.org/10.3109/08916934.2014.938322
https://doi.org/10.1038/nature11551
https://doi.org/10.1038/nature11234
https://doi.org/10.1038/nature11234
https://doi.org/10.1186/s13059-015-0759-1
https://doi.org/10.1186/s13059-015-0759-1
https://doi.org/10.1038/nature09944
https://doi.org/10.1016/j.medmic.2020.100023
https://doi.org/10.1016/j.medmic.2020.100023
https://doi.org/10.1053/j.gastro.2020.05.048
https://doi.org/10.1053/j.gastro.2020.05.048
https://doi.org/10.3389/fmicb.2021.712081
https://doi.org/10.1136/gutjnl-2020-323020
https://doi.org/10.1136/gutjnl-2020-323020
https://doi.org/10.1136/gutjnl-2021-325989
https://doi.org/10.1136/gutjnl-2021-325989
https://doi.org/10.1186/s12916-021-02212-0
https://doi.org/10.1186/s12916-021-02212-0
https://doi.org/10.1007/s11684-022-0921-6
https://doi.org/10.1053/j.gastro.2021.10.013
https://doi.org/10.1093/cid/ciaa709
https://doi.org/10.1080/19490976.2021.1926840
https://doi.org/10.1080/19490976.2021.1926840
https://doi.org/10.1371/journal.pone.0253293
https://doi.org/10.3389/fmicb.2017.01162
https://doi.org/10.1038/s41598-021-82311-3
https://doi.org/10.1128/mSphere.00199-16
https://doi.org/10.1099/mgen.0.000293
https://doi.org/10.3390/microorganisms7010014
https://doi.org/10.3389/fmicb.2016.01081
https://doi.org/10.1097/JIM.0000000000000192
https://doi.org/10.1097/JIM.0000000000000192
https://doi.org/10.1002/art.38967
https://doi.org/10.3389/fimmu.2019.01203
https://doi.org/10.3389/fnut.2021.638825
https://doi.org/10.3389/fnut.2021.638825
https://doi.org/10.1016/j.ebiom.2021.103293
https://doi.org/10.1080/10408398.2020.1854675
https://doi.org/10.1016/j.tim.2022.01.007
https://doi.org/10.1016/j.tim.2022.01.007
https://doi.org/10.1186/s12879-022-07358-7
https://doi.org/10.1186/s12879-022-07358-7
https://doi.org/10.1080/19490976.2022.2073131
https://doi.org/10.1080/19490976.2022.2073131
https://doi.org/10.1111/imm.12760
https://doi.org/10.1111/imm.12760
https://doi.org/10.3389/fphar.2021.789681
https://doi.org/10.3389/fphar.2021.789681
https://doi.org/10.1055/s-0041-1739445
https://doi.org/10.1055/s-0041-1739445
https://doi.org/10.1126/science.aad9358
https://doi.org/10.1126/science.aad9358
https://doi.org/10.1038/s41435-021-00126-8
https://doi.org/10.1038/s41435-021-00126-8
https://doi.org/10.1186/s40168-017-0296-0
https://doi.org/10.1186/s40168-017-0296-0
https://doi.org/10.1038/ismej.2015.88
https://doi.org/10.1038/ismej.2015.88


Page 14 of 14Yin et al. Molecular Biomedicine            (2022) 3:36 

 58. O’Toole PW, Jeffery IB. Gut microbiota and aging. Science. 
2015;350(6265):1214–5. https:// doi. org/ 10. 1126/ scien ce. aac84 69.

 59. Aguilera P, Mascardi MF, Belforte FS, Rosso AD, Quesada S, Llovet I, et al. 
A two-time point analysis of gut microbiota in the general popula-
tion of Buenos Aires and its variation due to preventive and compul-
sory social isolation during the COVID-19 pandemic. Front Microbiol. 
2022;13:803121. https:// doi. org/ 10. 3389/ fmicb. 2022. 803121.

 60. Gerasimidis K, Bryden K, Chen X, Papachristou E, Verney A, Roig M, 
et al. The impact of food additives, artificial sweeteners and domestic 
hygiene products on the human gut microbiome and its fibre fermenta-
tion capacity. Eur J Nutr. 2020;59(7):3213–30. https:// doi. org/ 10. 1007/ 
s00394- 019- 02161-8.

 61. Bolyen E, Rideout JR, Dillon MR, Bokulich NA, Abnet CC, Al-Ghalith GA, 
et al. Reproducible, interactive, scalable and extensible microbiome data 
science using QIIME 2. Nat Biotechnol. 2019;37(8):852–7. https:// doi. org/ 
10. 1038/ s41587- 019- 0209-9.

 62. Robeson MS, 2nd, O’Rourke DR, Kaehler BD, Ziemski M, Dillon MR, Foster 
JT, et al. RESCRIPt: reproducible sequence taxonomy reference database 
management. PLoS Comput Biol Nov 2021;17(11):e1009581. doi:https:// 
doi. org/ 10. 1371/ journ al. pcbi. 10095 81.

 63. Yarza P, Yilmaz P, Pruesse E, Glockner FO, Ludwig W, Schleifer KH, 
et al. Uniting the classification of cultured and uncultured bacteria 
and archaea using 16S rRNA gene sequences. Nat Rev Microbiol. 
2014;12(9):635–45. https:// doi. org/ 10. 1038/ nrmic ro3330.

 64. Mallick H, Rahnavard A, McIver LJ, Ma S, Zhang Y, Nguyen LH, et al. Mul-
tivariable association discovery in population-scale meta-omics studies. 
PLoS Comput Biol. 2021;17(11):e1009442. https:// doi. org/ 10. 1371/ journ al. 
pcbi. 10094 42.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1126/science.aac8469
https://doi.org/10.3389/fmicb.2022.803121
https://doi.org/10.1007/s00394-019-02161-8
https://doi.org/10.1007/s00394-019-02161-8
https://doi.org/10.1038/s41587-019-0209-9
https://doi.org/10.1038/s41587-019-0209-9
https://doi.org/10.1371/journal.pcbi.1009581
https://doi.org/10.1371/journal.pcbi.1009581
https://doi.org/10.1038/nrmicro3330
https://doi.org/10.1371/journal.pcbi.1009442
https://doi.org/10.1371/journal.pcbi.1009442

	Alterations of the fecal microbiota in relation to acute COVID-19 infection and recovery
	Abstract 
	Introduction
	Results
	Subject characteristics of the study cohort
	COVID-19 altered gut microbiome community characteristics
	COVID-19 altered gut microbial taxon abundances
	Antibiotics further perturbed the gut microbiota in COVID-19 patients

	Discussion
	Materials and methods
	Subject recruitment and sample collection
	DNA extraction and microbiome sequencing
	Bioinformatics analysis of microbiome sequences
	Statistical analysis

	Acknowledgements
	References


