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Chapter 1

Introduction

1.1 Motivation

New generations of wireless communication systems require high data rate
transmission in order to fulfill the requirements for multimedia communica-
tion. Bandwidth-intensive multimedia applications have boosted the evolu-
tion of wireless technology, e.g., mobile television service via Digital Video
Broadcasting (DVB) and wireless teleconferencing. An open issue that the
new technology needs to solve to enable ubiquitous broadband wireless com-
munications is the integration of wireless LAN (WLAN) and Bluetooth with
advanced wireless technologies such as 3.5G High-Speed Downlink Packet
Access (HSDPA), DVB, WiFi, WiMAX, and sensor networks.

The majority of the new communication systems are adopting multi-
carrier techniques, in particular Orthogonal Frequency Division Multiplex-
ing (OFDM), which are effective techniques for combating multipath fad-
ing and enable high data rate transmissions over mobile wireless channels.
OFDM has been standardized in several wired and wireless systems, such as
IEEE802.11a/g wireless LAN [1,2], HIPERLAN/2 [3], Digital Audio Broad-
casting (DAB) [4], DVB [5] and Digital Subscriber Lines (DSL) [6]. OFDM
also allows the allocation of several user bands dividing the spectrum in
groups, referred to as multiband (MB) OFDM. The advantages of MB
OFDM are exploited in the WiMedia MB-OFDM standard [7] developed
for ultra wide band (UWB) communication systems [8,9].

OFDM provides high spectral efficiency and robustness against time dis-
persive channels [10, 11]. In multicarrier systems, the modulation is per-
formed on a block-by-block basis, with a guard interval between the blocks.
By transmitting several symbols in parallel, the symbol duration is increased
thereby reducing the effects of intersymbol interference (ISI) caused by the
dispersive fading channel. Under the assumption that the channel delay
spread is shorter than the guard interval (implemented as a circular ex-
tension), the convolution between the transmitted data and the channel



becomes circular. This means that the received frequency domain signal
is simply the point-wise multiplication of the input signal and the channel
coefficients in frequency domain. Then, the transmitted symbols can be
recovered by a simple single-tap equalizer for each subcarrier allowing the
implementation of simple receiver structures.

OFDM also supports adaptive modulation techniques where the constel-
lation size on each subcarrier depends on the channel conditions [12, 13].
The subcarriers with high signal-to-noise ratio (SNR) values employ more
constellation points than subcarriers with low SNR. Using adaptive bit load-
ing, the achievable bit rate of a multicarrier system is always larger or equal
to that of a single-carrier system with cyclic prefix (SC-CP) operating over
the same channel and bandwidth [14].

To achieve the performance advantages of adaptive modulation, chan-
nel state information (CSI) is required at the transmitter. The mismatch
between the CSI at the transmitter and the real channel affects the reliabil-
ity of the allocation method. As a consequence the feedback channel link
carrying the CSI need to be carefully designed [15].

To achieve tolerable levels of error probability and immunity against
time and frequency selective fading, channel coding is necessary. Channel
coding can be implemented in either time domain or frequency domain.
Block, convolutional and turbo codes are the most used coding methods in
the majority of the wireless standards [16]. They can be combined with
interleavers to improve the system performance in the presence of burst
errors.

The implementation of OFDM in conjunction with multi-antenna tech-
niques is a promising way to efficiently use the radio spectrum extending
the capacity of mobile communication systems, see, e.g., [17-22]. Multi-
antenna OFDM technologies are suitable for dynamic multiuser resource
allocation [23] that exploits system diversities in time, frequency and space
through an intelligent management of bandwidth allocation, multiple access,
scheduling, and power and rate adaptation. In a multiuser system, the im-
plementation of multiuser OFDM that assigns dynamically the subcarriers
according to the channel conditions shows an effective improvement in the
system performance [24] when compared with fixed multiple-access schemes
such as time division multiple access (TDMA) and frequency division mul-
tiple access (FDMA) [25].

Multi-antenna OFDM systems are implemented by evolving standards
as IEEE802.11n and IEEE802.16 WMAN, and is a potential candidate in
the standardization of IMT-Advanced mobile cellular systems.

The implementation of an OFDM transceiver is depicted in Figure 1.1.
At the transmitter, the input bits are mapped onto appropriate symbols,
based on the modulation used on the corresponding subcarrier, then grouped
and processed by the inverse discrete Fourier transform (IDFT). The par-
allel output of the IDFT is converted to a serial stream of OFDM symbols
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Figure 1.1: OFDM transceiver architecture

and separated into real (in-phase) and imaginary (quadrature-phase) com-
ponents (I and Q), and then converted into an analog baseband signal using
a digital-to-analog converter (D/A). Thereafter the analog signal is filtered
by two reconstruction filters. Finally, the I and Q) channels are translated to
the carrier frequency and amplified. In the transmitter two principal parts
can be identified: a digital block that operates at baseband frequency, and
an analog block, referred to as the RF front-end, that operates at radio fre-
quency. The RF front-end consists of components that need to be carefully
designed to ensure a proper system operation.

At the receiver, the received signal is first amplified by a low noise am-
plifier (LNA). Analog in-phase and quadrature demodulators (I/Q demodu-
lator) are used to down-convert the received signal to baseband. Thereafter,
the signal is filtered and converted to digital domain where it is demodu-
lated, equalized and decoded to recover the original transmitted symbols.

Several impairments of the RF front-end block can have a major impact
on the system performance:

1. Power amplifier with nonlinear transfer functions: real PA has a non-
linear response that creates in-band and out-of-band distortion that
not only reduces the system performance but also creates interference
on adjacent channels.

2. In-phase and quadrature (I/Q) imbalances: an amplitude or phase
mismatch between the I and Q branches in the front-end analog pro-



cessing leads to a limited image attenuation.

3. Phase noise: the presence of random phase noise in the local oscillators
causes constellation rotation and intercarrier interference (ICI).

4. Carrier frequency offset: created by mismatch between the carrier fre-
quency of the oscillators in the transmitter and the receiver and by
Doppler shift due to movility.

This thesis focuses on the first impairment and deals with the compen-
sation and analysis of OFDM systems employing nonlinear PAs. Carrier
frequency offset, I/Q imbalance, and phase noise are briefly reviewed in
Chapter 2.

The high peak to average power ratio (PAPR) associated with the OFDM
signal is an important drawback in the search of a power efficient commu-
nication system [26]. The high dynamic range of the OFDM signal requires
a linear PA, that in general shows poor results in terms of power efficiency.

Figure 1.2a shows the amplitude distribution of two OFDM signals,
where signal sy has a high dynamic range and signal s; is a scaled ver-
sion of sy with reduced variance. Figure 1.2b illustrates a typical transfer
function of a nonlinear PA. Three PA operation regions can be seen from
this figure: a linear region where the output signal is a scaled version of the
input signal (Py < P, < Pp), a nonlinear region where the PA gain de-
creases (Pr, < Py, < Psqt), and a saturation region where the output signal
reaches the maximum value (P, > Psq). Finally, the power efficiency as a
function of the input signal power is plotted in Figure 1.2¢c. From the figures
we can infer that sg will cause the PA to operate in the saturation region.
One way to force the operation of the PA into the linear region, is to scale
the input signal (back-off), like in the case of signal s;. It will reduce the
signal fluctuations and the PA will operate mostly in the linear region with
low levels of nonlinear distortion. However, as is illustrated in Figure 1.2c,
PAs are more power efficient when operating close to the saturation region.
Similarly, the closer to saturation the PA is driven, the larger the amount
of nonlinear distortion, which will degrade the system performance.

It is clear that there is a trade-off between the allowed level of nonlinear
distortion and the system power efficiency. An illustration of the out-of-band
distortion and in-band distortion created by a solid state power amplifier
operating at different back-off levels, is shown in Figure 1.3.

In order to maintain tolerable levels of bit error rate (BER) and adja-
cent channel interference (ACI) while increasing the power efficiency perfor-
mance, we will need to consider techniques for compensating the nonlinear
distortion. This compensation can be done at the transmitter or at the re-
ceiver. When the compensation is applied at the transmitter, the signal to
be transmitted is modified before passing it to the power amplifier. Several
approaches exist that modify the signal before transmission and the most
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well known methods are PAPR reduction techniques [27] which reduce the
signal variance and allow the PA to operate in a power efficient region, PA
linearization and predistortion [28-31]. Techniques applied in the receiver
side include postdistortion [32] and iterative detection techniques [33,34].

From a performance point-of-view (e.g., BER and power efficiency) it
may be preferable to mitigate the nonlinear distortion at the transmitter.
However, limited power consumption and hardware complexity can moti-
vate a receiver cancellation technique. This is typically the case in uplink
transmission where the base station has more resources in terms of power
and computational complexity.

1.2 Scope of this thesis

The goal of the thesis is to characterize the performance of multi-antenna
OFDM systems that employ nonlinear (or power efficient) power amplifiers
for signal transmission. The performance is evaluated through theoretical
analysis and simulations. New signal processing techniques are developed
that can reduce nonlinear distortion before the signal detection. We con-
sider techniques suitable for implementation at the transmitter and at the
receiver, as well as hybrid solutions. Practical issues like channel and PA pa-
rameters estimation are taken into account. Other issues related with prac-
tical implementations such as synchronization, 1/Q imbalance, and phase
noise are not addressed in this thesis.

1.3 Contributions and organization of this thesis

The contributions of this thesis are in the area of power amplifier distortion
cancellation and reduction techniques with applications in wireless OFDM
Systems.

This thesis deals with the performance losses experienced by an OFDM
system when a nonlinear PA is employed. The performance measurements
of interest are bit error probability (BEP) and capacity. One of the con-
tributions of this thesis, reported in P5, is the derivation of closed-form
expressions for BEP and channel capacity for multi-antenna OFDM sys-
tems with diversity for the case of memoryless PA. In P7 a closed-form
solution for bit error probability of an orthogonal space time block code
(OSTBC)-OFDM system with imperfect memory compensation is derived.
These analyses motivate the implementation of PA distortion cancellation
techniques in order to improve system performance.

The implementation of low PAPR OFDM techniques, such as clustered
OFDM and antenna interleaving OFDM, is addressed in P1. To reduce
the intermodulation distortion (IMD) a novel carrier allocation technique,
implemented in the transmitter, has been developed in P2.



The constraints of reduced-size and power efficient user devices, mo-
tivate to move the computationally intensive tasks, such as nonlinearity
cancellation techniques, to the base station receiver, where more resources
are available in terms of power consumption and hardware complexity. A
novel iterative power amplifier distortion cancellation technique has been
developed for multiple-antennas systems in publications P3 and P5. The
combination of channel estimation and iterative power amplifier distortion
cancellation technique to obtain accurate channel estimates is developed in
P4.

When broadband signals are considered, the PA frequency response is
nonflat over the system operation bandwidth. In this case, memory effects
need to be taken into account in the design of PA distortion cancellation
techniques. To cope with this problem, the original cancellation technique
presented in P3 is extended to the case of a broadband PA. We also consider
the problem of PA parameter estimation in the receiver. These important
issues are treated in P8.

Another contribution of this thesis is a split predistorter (SPD) structure
for broadband PA, that is presented in P6, allowing a low complexity so-
lution. The reduced implementation complexity is obtained by distributing
the predistorter tasks such that the transmitter compensates for the static
nonlinearity, and the receiver equalizes the PA memory.

This thesis is organized as follows. Chapter 2 gives an overview of OFDM
systems including the single- and multiple-antenna cases. System models
are introduced and the PAPR problem associated with OFDM systems is
discussed. A brief review of power amplifier models including memoryless
and broadband PAs is presented in the second part of Chapter 2.

In Chapter 3 an analysis of the nonlinear distortion effects on the per-
formance of OFDM systems is presented. The end of the chapter presents
the contributions of the thesis which includes error probability and system
capacity analysis for multiuser OFDM systems.

Chapter 4 deals with power amplifier distortion mitigation techniques
that are applied before transmission. A literature survey of different mitiga-
tion techniques is given including predistortion techniques, power back-off
and PAPR reduction methods. The chapter ends with a brief review of the
thesis contributions made in this area.

Chapter 5 introduces power amplifier distortion mitigation techniques
applied in the receiver. A novel iterative power amplifier distortion cancella-
tion technique for single-antenna and multiple-antenna systems is described
at the end of the chapter.

Finally, Chapter 6 summarizes the results and contributions of the thesis.



1.4 Summary of publications

The thesis consists of an introductory part and eight original publications.
Two papers are related with PAPR reduction techniques implemented in the
transmitter. Five are dealing with receiver cancellation of power amplifier
distortion. The cases of memoryless and broadband (with memory) PAs
as well as the problem of PA model estimation in the receiver are treated.
Performance analysis, in particular bit error probability and capacity, for an
SDMA-OFDM system that employs a nonlinear power amplifier is carried
out in one article. One publication addresses the performance degradation
of an OSTBC-OFDM system when imperfect PA memory estimates are
used in the equalization process. Finally, a split-predistorter structure is
presented in one paper, where the nonlinear compensation of a broadband
PA is performed in both the transmitter and the receiver.

In P1, the use of clustered OFDM (COFDM) and antenna interleav-
ing OFDM (AIOFDM) techniques for PAPR reduction is evaluated in a
WLAN system that employs a memoryless power amplifier. Results show
that COFDM and AIOFDM reduce the linearity constraints in the power
amplifier, thus increasing the power efficiency.

Publication P2 presents a new carrier allocation method that reduces the
intermodulation distortion between different carriers in a multiuser OFDM
system. A new user that enters the system is assigned subcarriers such that
the resulting second and third-order intermodulation distortion interfering
with other users is kept to a minimum. Simulation results show that the
proposed technique is able to reduce the required back-off level, increasing
the amplifier power efficiency.

Publication P3 introduces a novel receiver cancellation technique that
reduces the nonlinear effects created by a memoryless power amplifier. The
proposed technique is implemented for a multiuser OFDM-SDMA system.
The basic idea of the proposed technique is the following. With an initial
estimate of the user symbols, the distortion effects can be estimated if the
PA model is known. After that, the nonlinear distortion can be removed
from the received signal and new and improved symbol estimates can be
obtained. This procedure can be repeated in an iterative manner to obtain
almost undistorted estimates. This technique improves power efficiency in
the order of 30%.

The estimation of the channel is seriously affected by the nonlinear dis-
tortion. Moreover, accurate channel estimates are required in SDMA sys-
tems to separate the users, in particular when large constellation sizes are
used. This practical issue is addressed in P4, where a new channel estima-
tion approach is combined with iterative distortion cancellation technique.
An initial channel estimation is carried out in frequency domain followed
by time domain processing of the received signal. In the time domain step,
the equalized signals from the frequency domain processing is used to re-



move the nonlinear distortion and to improve the initial channel estimate.
Simulations verify that the combined channel estimation and nonlinear can-
cellation strategy has a performance close to the case of perfectly known
channel.

Publication P5 is one of the main publications of this thesis. The iter-
ative distortion cancellation technique proposed in P3 is further developed.
The novel technique was evaluated for stationary and time-varying channels.
Theoretical BEP and capacity expressions that includes nonlinear distortion
effects were derived for an SDMA-OFDM system employing a least-squares
receiver for user separation. The theoretical results can be readily extended
for other kinds of systems with diversity.

Publication P6 presents a split predistorter structure to overcome the
high complexity problems related to the conventional predistortion ap-
proach. A low complexity memoryless predistorter in the transmitter is
used for nonlinear distortion compensation and a postcompensation filter at
the receiver that jointly equalizes PA memory and channel effects.

In Publication P7, a performance analysis is carried out for an OSTBC-
OFDM system for the case when a broadband nonlinear power amplifier with
memory is used. The analysis include the effects of nonlinear distortion and
imperfect PA memory equalization. Closed-form expressions for the BEP
are obtained for cases when PA memory is compensated at the transmitter
or the receiver.

Publication P8 deals with the issues related to the PA model estimation
necessary for the receiver cancellation technique in P3-P5. In this work,
the more practical problem of estimating and tracking the PA model in the
receiver is addressed moving the computationally involved PA identification
to the receiver.

All the simulation software for all the original papers of this dissertation
was written solely by the author. The author has been responsible for de-
veloping the original ideas and writing all the papers. Co-authors have been
supervising the work and provided guidance for the theoretical proofs.






Chapter 2

System Model

This chapter presents the basic OFDM system and power amplifier (PA)
models used throughout this thesis. Advantages and challenges of OFDM
are briefly discussed. Initially we consider the case of a single-antenna
OFDM system, i.e., the receiver and the transmitter are equipped with a
single antenna. Thereafter, we extend the model to a multiuser space divi-
sion multiple access (SDMA)-OFDM system and discuss multiuser receiver
structures. Later, RF power amplifier classes are briefly described and, fi-
nally, we describe the most common models encountered in the literature
for modelling narrowband and broadband power amplifiers.

2.1 Introduction

OFDM techniques were proposed as a means of counteracting the distortion
created by dispersive radio channels by turning frequency selective channels
into a set of flat parallel sub channels (tones) [10,11,35]. By transmitting
several symbols in parallel, the symbol duration is increased reducing the
effects of ISI caused by the dispersive fading channel. Therefore, OFDM is
an effective technique for combating multipath fading and for high data rate
transmission over mobile wireless channels.

If each tone has sufficiently narrow bandwidth, the multipath fading
can be characterized as flat and the equalization process is reduced to a
single tap per subcarrier. Reduced complexity equalization is an important
advantage, compared with the complicated equalization structures required
for single-carrier systems.

OFDM can be viewed as a form of frequency division multiplexing
(FDM). OFDM allows the spectrum of each tone to overlap, and since each
tone is orthogonal with every other tone, they do not interfere with each
other resulting in a high spectral efficiency.

One of the major advantages of OFDM is the possibility to adaptively
distribute the transmission load among different subchannels to achieve



an optimum transmission rate. Adaptive modulation takes advantage of
the frequency selectivity and time variation of the multipath channel by
adapting the transmitted signal spectrum to achieve maximum through-
put [12,13,36,37]. The many advantages of OFDM, added to the capacity
of dynamic multiuser resource allocation [24] that exploit system diversities
through intelligent management of bandwidth allocation, multiple access,
scheduling, and power and rate adaptation, make OFDM a strong candi-
date for future communication systems.

Over the years, several fundamental works based on OFDM or similar
multicarrier approaches have been published, see, e.g., [38-42]. However,
implementation limitations delayed its practical application. The implemen-
tation of the fast Fourier transform (FFT) and the introduction of digital
signal processing (DSP) techniques in modem design made the use of OFDM
practical in a wide variety of applications.

In recent years, many wired and wireless standards have adopted OFDM.
Discrete Multi-Tone (DMT) techniques [43], a particular implementation of
OFDM, has been adopted as standard for Asymmetric Digital Subscriber
Line (ADSL) systems [6]. In the wireless network market, OFDM is part of
IEEE 802.11a [1], 802.11g [2], and HiperLAN/2 [3] WLAN standards [16].
Long-term evolution 3G [44], IMT-Advanced [45], and mobile WiMAX [46]
are also considering OFDM as a transmission technique.

In this thesis we address both the implementation of OFDM in a single
antenna systems, or single-input single-output (SISO), and in multi-antenna
systems, or multiple-input multiple-output (MIMO), where the latter pro-
vides an enhanced system capacity with excellent performance. The system
model for the single antenna case is presented in Section 2.2. The extension
to MIMO, and SDMA in particular, is treated in Section 2.3.

Employing OFDM in mobile communication systems is advantageous
(as mentioned above) from the perspective of robustness to time-dispersive
channels, high spectral efficiency, adaptive modulation and simple equaliza-
tion structures. However, due to problems inherent to multicarrier systems
new challenges arise that need to be addressed. One of these challenges is
due to the high peak to average power ratio (PAPR) levels of OFDM signals,
described in detail in Section 2.4. The high PAPR signals will generate non-
linear distortion on the communication channel when amplified by practical
PAs with nonlinear response and finite amplitude ranges. The nonlinear dis-
tortion creates out-of-band emissions which interfere co-channel users and
in-band distortion that causes self-interference. A reasonable question to ask
is "why not then use linear PAs?”. The reason is that linear PAs are power
inefficient and costly. In fact, a dominating cost of practical networks is due
to use of a highly linear power amplifier [47]. Section 2.5 provides a summary
on RF power amplifiers categorization based on their operational topology.
To assess the system performance, when nonlinear PA distortion is present,
requires an accurate nonlinear model of the amplifier. Several PA models
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Figure 2.1: OFDM system model where Ggp and Rep denote the cyclic
prefix insertion and removal operation, P/S and S/P refer to parallel to
serial and serial to parallel conversion respectively and FEQ is the frequency-
domain equalizer.

have been proposed in the literature ranging from simple memoryless mod-
els, appropriate for narrow-band systems and low-power amplifiers, to more
elaborated models required for modelling broadband PAs, where dynamic
effects due to electrical and electro-thermal process need to be considered.
Several PA models are briefly reviewed in Section 2.6.

Other challenges arising in practical implementation of OFDM systems
are I/QQ mismatch, phase noise and synchronization. These topics are treated
in Section 2.7.

Notation: In this thesis, small boldface letters are used to denote vectors
and capital boldface letters are used to denote matrices. In addition, stan-
dard font (Times Roman) is used for time-domain variables and calligraphic
letters are used to denote frequency-domain variables. For example, H, h
and h denote a matrix, vector and scalar variable in the time domain. Their
corresponding notations in the frequency domain are: H, A and A.

2.2 Single antenna OFDM system

The OFDM system under consideration has N subcarriers and consists of
one single user. The mobile user and the base station are both equipped
with a single antenna. A complete block diagram of an OFDM transceiver
is illustrated in Figure 2.1.

To optimize the system data rate or the overall bit error rate, different
modulation can be assigned to each subcarrier by using a bit loading algo-
rithm, where the constellation size is a function of the subchannel quality,
i.e., the subcarriers with high SNR use larger constellation size. The prin-
cipal drawback of this adaptive modulation is that the transmitter needs to
have channel state information (CSI). Coding and interleaver are applied
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in practical OFDM systems to improve the system performance, achieving
tolerable levels of error rate and immunity against fading channels. How-
ever, coding and interleaver are not considered in this section to simplify
the model notation.

The sequence of input bits b are mapped onto appropriate symbols based
on the constellation size associated to each subcarrier, x(n, k) and grouped
in blocks of N data symbol. Each of these blocks can be represented by
a data symbol vector x(n) = [x(n,0), x(n,1), -+, x(n, N — 1)]T where n
denotes the OFDM symbol index.

Next, the OFDM symbol is fed through the inverse discrete Fourier trans-
form (IDFT) and the discrete-time OFDM sequence is obtained.

The time domain multicarrier signal x(n,4), ¢ = 0 : N —1 after the IDFT
operation is given by

) —L n, k)ex
w(m)—\/ﬁkzzo?c( k) exp

where i denotes the sub-symbol index. In order to simplify the notation,
the modulation process can be represented in matrix form as

N-1 <j27rik‘> 0<i<(N-1) (2.1)

x(n) = Qnx(n) (2.2)

where x(n) = [£(n,0),--- ,z(n, N —1)]T is a N x 1 vector constructed with
the time domain OFDM signal in Eq. (2.1) and Qn € CV*V represents the
IDFT matrix and is given by

Qi1 - QN
Qn = Q:m Q]:V’z (2.3)
| Qv - QNN

whose the elements are given by

Q= = ex0 (ﬂﬂm = ”) (2.4

To avoid IST and inter block interference (IBI), a guard interval is used.
The most common choice is to use a cyclic prefix (CP), i.e., to copy the
last v samples to the beginning of the symbol, see Figure 2.2. If v is chosen
larger than the channel length, ISI free reception is obtained. The choice
of the cyclic extension is further motivated by the simple equalization in
the receiver. Alternatively, the guard interval can be padded with zeros at
the end of each modulated OFDM symbol [48]. In [49] the performance of
OFDM with zero padding (ZP) and CP are compared in terms of PA clipping
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Figure 2.2: The principle of cyclic prefix (CP) in an OFDM system. T, T,
and Ty + T refers to the durations of the data part, the cyclic prefix and
the complete OFDM block respectively.

effects, showing that ZP introduces slightly more nonlinear distortion and,
therefore, needs slightly increased power back-off reducing the overall power-
efficiency.

The transmitted OFDM symbol can be expressed as

Xep(n) = Gepx(n) = G4, QNA (1) (2.5)

where G, is an (N +wv) x N matrix that represents the cyclic prefix insertion
operation and is given by

Opx(Nn-P) Ip
G, = In-p  Owv—p)xpP (2.6)
Opx(N—P) Ip

The sequence is transmitted through the wireless channel whose im-
pulse response has L non-zero taps and is denoted by the L x 1 vector
h(n) = [h1(n), h2(n),...,hr(n)]’. In this work, the channel taps are as-
sumed constant within one OFDM symbol, T, (block fading assumption)
and the channel impulse response (CIR) length is assumed to be shorter
than the cyclic prefix length, i.e., L < v.

Under these assumptions, the received signal can be expressed as

y(n) = H(n)x(n) + n(n) (2.7)

where H(n) = R,H(n)G,p is an N x N matrix, R, is an N x (N + v)
matrix that denotes the CP removal operation, the (N +v) x (N +v) H(n)
matrix represents the wireless channel and n(n) is a white Gaussian channel
noise.
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The cyclic prefix insertion/removal operation renders the convolution
operation to a circulant convolution operation. Hence, the matrix H(n) can
be written as

[ M) 0 0 ) e ]
ha(n)  hi(n) O 0
: ha(n) .0 0 hr(n)
Heo)= | o) 0 0 hm) 0 0
0  hr(n) ©  ha(n) . 0
: o . hi(n) 0 0
Lo 0 e k) )

The receiver sequence y(n) is split in blocks and the cyclic prefix associated
with each block is removed.

Finally, the discrete Fourier transform (DFT) operation is performed on
each of these blocks and the frequency-domain received signal is obtained

y(n) = Quy(n) = QN[H(n)x(n) +n(n)] = Dy(n)x(n) + n(n)  (2.8)

where Dy, (n) is an N x N diagonal matrix created with the channel frequency
response Dy, (n) = diag[f(n)]. The received sequence on the subcarrier k at
time instant n can be expressed by

y(n, k) = A(n,k)x(n, k) + n(n, k) (2.9)

where A(n,k) is the channel frequency response and 7(n,k) is an addi-
tive noise. The noise component is the kth element of #2(n) = Qin(n) =
[(n(n,1),n(n,2),...,1n(n, N)]T, whose elements are uncorrelated zero mean
circular complex Gaussian because the DFT is an orthogonal linear trans-
form.

Equation (2.9) demonstrates the advantage of the implementation of an
OFDM system. The received data symbol y(n,k) depends on the trans-
mitted data X (n,k) and channel frequency response fi(n,k). Recovering
the transmitted symbol can be done using a single-tap frequency domain
equalizer (FEQ). The soft estimate of x(n, k) can be obtained as

X(n,k) = w(n,k)y(n, k) (2.10)
where w(n, k) is the equalizer tap to be used on subcarrier k. For exam-
ple, the equalizer coefficient for an least squares (LS) equalizer is given by
w(n, k) = 1/h(n, k), where A(n, k) is an estimate of the channel frequency
response. Alternatively, a minimum mean square error (MMSE) equalizer

can be used to take into account noise amplification at frequencies where
the channel has spectral nulls [50].
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2.3 Multi-antenna OFDM system

A system employing multiple antennas at both the transmitter and the
receiver is often referred to as a multiple-input multiple-output (MIMO)
system. MIMO systems may be implemented in a number of different ways
to obtain diversity gain to combat signal fading or capacity gain. V-BLAST
techniques [51,52], and closed-loop techniques, where the knowledge of chan-
nel at the transmitter is exploited, provide an increase in the system capacity.
MIMO-OFDM systems have been developed in order to improve the power
efficiency by maximizing spatial diversity. SDMA [53-57], space-frequency
coding (SFC) techniques [58] and space-time coding (STC) [59] are some of
the most popular techniques.

This thesis focus on SDMA-OFDM systems and signal models for other
multiplexing techniques can be found in [21,58-61].

The multiuser SDMA-OFDM system under consideration has N sub-
carriers, and consists of one base station equipped with P antennas and L
mobile users with a single transmit antenna. That results in a P x L MIMO-
OFDM system. A block diagram of the SDMA-OFDM system is depicted in
Figure 2.3. It is assumed that all users are transmitting independent signals
simultaneously on all N subcarriers. The transmitted signal from user j at
time instant n is given by

x;(n) = Gepxj(n) = GopQnA;(n) (2.11)
where the matrices G, and Qn are defined in Eq. (2.6) and Eq. (2.3),

respectively, and X;(n) is the IDFT of the modulated symbols, ?(j(n) €

CN*1 without the cyclic prefix.

The received signal at antenna i after removing the cyclic prefix, y;(n),
is formed by the superposition of the independently faded signals associated
with the L users sharing the same space-frequency resource. The received
signal, assumed to be corrupted by circular complex Gaussian noise n;(n)
at the array elements, is given by

yi(n) =Y Hij(n)x;(n) +ni(n) (2.12)
j=1
where H; j(n) is the N x N circulant time-domain (TD) channel matrix at
time instant n, formed by the channel response vector h; j(n) for the link
between user j and base station antenna ¢. The frequency-domain expression
of the received signal is obtained by taking the DFT of Eq. (2.12).
Let y(n,k) = [th(n,k),...,yp(n, k)] denote the vector of received sig-
nals at each antenna on subcarrier k. Then, the received signal vector for
each subcarrier can be written as

Y(n, k) = }[(n, k)x(n,k) + n(n, k) (2.13)
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where x(n,k) = [x1(n,k),...,xr(n,k)]T is the vector containing trans-
mitted signals from each user, #(n,k) € CP*! is the additive noise as-
sumed to be circular complex Gaussian with E[n(n, k)nt(n, k)] = 021 and
H(n,k) € CP*L is the multiuser channel transfer matrix given by [35]

ﬁl,l(n, k’) ﬁl’Q(n, k‘) N ﬁLL(TL, k‘)

}[(n, k‘) _ ﬁQ,l(.T% k) ﬁ2,2(.n7 k) . HQ,L(nv k) (214)

ﬁp,l(n, k‘) ﬁP’Q(TL, k‘) . ﬁp@(ﬂ, k‘)

where #; j(n,k) denotes the channel response on subcarrier k at time n
between antenna element ¢ of the base station and user j.

An estimate X(n,k) of the L user transmitted signals X (n,k) can be
obtained by linearly combining the signals at the P receive antennas using
a weight matrix W e CP*L.

X(n, k) = W'y(n, k) (2.15)
The standard LS combiner W = W s is given by [62]

-1

Wis=Hn k) [H (0, k) H (n, k) (2.16)

The standard LS combiner requires the calculation of the left-inverse of H.
A necessary condition for the existence of the inverse is that L columns of
the matrix H are linearly independent, and P > L where P is the number
of rows. In other words, the number of active users equipped with a single
antenna must be lower than the number of receiver antennas. Similarly to
SISO case, an MMSE detector can be used. This alternative exploits the
available statistical knowledge of the noise and makes a trade-off between
the multiuser interference and the measurement noise. The optimal MMSE
weight is obtained as

Wise = [Ho P, H (k) +1) Hin k)P,  (217)

where matrix P, is an (L x L) diagonal matrix of form diag(pi,...,pr)
with p; = 0']2-/0',21 being the SNR of user j.

Other multiuser detection techniques previously developed for code-
division-multiple-access (CDMA) can be applied in SDMA-OFDM
transceivers, e.g., successive interference cancellation (SIC), parallel interfer-
ence cancellation (PIC) and maximum likelihood (ML) detection [62]. These
techniques are nonlinear and require a priori knowledge of the remaining
users. For a comprehensive treatment of multiuser detection techniques in-
cluding, linear and nonlinear methods, see, e.g., [62-65]. The application of
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Figure 2.3: SDMA-OFDM system with L single-antenna users and a base
station with P receive antennas.

multiuser detection techniques in SDMA-OFDM is described in [35] which
includes comparisons and practical issues such as implementation complex-

ity.

2.4 PAPR in OFDM systems

OFDM transceivers are more susceptible to the impairments in the front-
end implementation than single-carrier systems. The high PAPR problem
associated with multicarrier signals is one of the principal impairments in
the implementation of OFDM systems. The linear operation of the PA over
a large dynamic range imposes a considerable implementation cost and a
reduced power efficiency.

The time domain OFDM signal is constituted by the sum of N complex
exponential signals, see Eq. (2.1). The phase and the amplitude of these
signals are determined by the random symbols on the different subcarriers.

The PAPR is defined as
maxo<n<n-1|2(n)]?

PAPR = = H )]

(2.18)

where x(n) is the time domain OFDM signal sampled at symbol rate. The
PAPR for the case of a continuous-time waveform z(t) is given by Eq. (2.18)
by simply replacing z(n) with the continuous waveform z(t). The PAPR
of discrete-time sequences (sampled sequences) determines the complexity
of the hardware required for digital signal processing, e.g., the quantization
bits of analog-to-digital (A/D) and digital-to-analog (D/A) converters. The
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majority of the PAPR reduction techniques are applied on the discrete time
signal. Consequently the PAPR defined for discrete time signal is a more
useful measure. In general we have PAPRy; < PAPR,., where PAPR; and
PAPR, denote the PAPRs of the discrete-time sequence and the continuous-
time signal, respectively [66].

Large values of PAPR are obtained when the signals add coherently.
An OFDM system with N subcarriers gets a peak power that is N times
the average power. Although in practice, fully coherent addition for the
maximum value is highly improbable.

Seeing the OFDM signal as a sum of N independent and identically
distributed random variables each with mean value ;1 and variance o2, the
Central Limit Theorem tells us that the probability density function (pdf)
of this sum approaches that of a Gaussian variable, with expected value
E[z(n)] = Npu and variance Var[|z(n)|] = No?. That is, the pdf of the
OFDM signal may be approximated as N(Npu, No?) for N large. In other
words, the more carriers, the larger the variance, or, equivalently the larger
the PAPR.

The large PAPR levels increases the implementation complexity (num-
ber of bits) of the A/D and the D/A converters such that large peaks can
be represented with good precision. In addition, to avoid nonlinear distor-
tion at these high-level peaks, the power amplifier must be linear over a
large dynamic range (at worst N times the average power used for transmis-
sion). The linearity and efficiency of a power amplifier are mutually exclusive
specifications [67]. Consequently, the power efficiency of an OFDM system
is seriously affected by its PAPR characteristics

Several approaches have been developed to obtain the distribution of the
PAPR of an OFDM signal [68-70]. All these approaches assume that the
OFDM signal can be approximated by a complex Gaussian random process.
Under the Gaussian assumption, the probability that the PAPR is below a
threshold A is given by the cumulative distribution function (CDF)

Pr{PAPR[z(n)] < A} = [1 — exp(-\)]V (2.19)

For the case of band-limited OFDM signals, Eq. (2.19) is too optimistic.
A more accurate approximation of the cumulative distribution for high levels
of PAPR, derived in [69], gives the following closed-form approximation

Pr{PAPR[z(n)] < \} = exp [—\/%Texp(—A)] (2.20)

Figure 2.4 plots the complementary cumulative distribution function
(CCDF), 1 — Pr{PAPR[z(n)] < A} employing Equations (2.19) and (2.20)
for N = 64 and N = 1024. In practical OFDM systems, the signals are
amplified by a PA which is peak-power limited. If the envelope of the trans-
mitted signal is larger than the PA’s saturation point in time instant n, the
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Figure 2.4: Complementary Cumulative Distribution Function (CCDF) of
PAPR distribution for N = 64 and N = 1024 calculated using Eq. (2.19)
(CCDF;) and a more accurate approach, Eq. (2.20), (CCDF3).

signal at this instant will be clipped creating nonlinear distortion increasing
the BER and the interference over adjacent users. A reasonable clipping
probability level, for reduced system degradation, is 10=% [71] obtained with
a PAPR = 12 dB for N = 1024 (see Figure 2.4). It means that PA is
operating 12 dB above the average input power, an operation point where
the PA has low power efficiency.

Reducing the PAPR levels allows the PA to operate in a more power
efficient region. As a consequence, several PAPR reduction techniques have
been proposed for OFDM systems. A brief review of PAPR reduction tech-
niques will be presented in Chapter 4.

2.5 RF power amplifiers

Power amplifiers can be categorized based on their circuital configuration
and operational topology. The most commonly used classification for PA are
A, B, AB, and C operations. This classification depends on the operation
point of the amplifier defined by its collector current (bipolar transistors) or
drain current (field effect transistors). These classes provide a good indica-
tion of linearity and power efficiency [29].

The power efficiency is a measure that tells how effectively an amplifier
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converts the power drawn from the DC supply to useful power at the output.
That is,

P,
dc

PAE =

(2.21)

where P, is the output power and Py, is the power from the DC supply.

Figure 2.5 illustrates the operation points, @), for the described classes
considering a PA employing a bipolar transistor where I. and Vj. denotes
the collector current and the voltage base-emitter respectively.

The operation point () and input signal level in class A PAs are chosen
such that the output signal varies through the complete cycle of the input
signal, i.e., the conduction angle, 6., is 360° degrees. They operate at con-
stant current independently of the input signal level reaching a maximum
efficiency of 50 % for a continuos wave signal. The low power efficiency
constraints its application to low-power systems and where high linear am-
plification are required, e.g., multicarrier systems.

A more power efficient solution at the expense of linearity is obtained
by class B operation where the output signal varies through half a cycle of
the input signal. A single-ended class B PA amplifies only 180° degrees of
the input signal (half cycle), thus producing significant distortion. A push-
pull configuration that uses two transistors operating in antiphase, each
amplifying one half of the input signal, is often implemented reducing the
distortion level. By using a class B amplifier a maximum power efficiency
of 78.5 % can be obtained.

Class B PA introduces crossover distortion due to the imperfect tran-
sition between the off and on operations of the active device which is not
tolerable in most applications. To solve this problem, an intermediate solu-
tion between class A and class B amplifier, class AB, can be used which has
a conduction angle larger than 180° as depicted in Figure 2.5. In class AB
amplifiers the bias current is set at DC level over zero reducing the crossover
effects with small loss of efficiency.

Class C amplifiers are biased to operate with conduction angles less than
180° degrees presenting good efficiency but poor linearity. The application
of these amplifiers is restricted to systems that require high efficiency levels
and are not concerned with nonlinear effects.

To conclude this review and to simplify the comparison, the character-
istics of the described PA classes are summarized in Table 2.1.

2.6 Power amplifier models

Practical and power-efficient amplifiers will have a nonlinear response un-
less the PA is operating far from the saturation point. Therefore, accurate
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0. > 180 0 < 180

Figure 2.5: Tllustrations of operation points of the different PA classes: a)
Class A, b) Class B, c) Class AB and, d) Class C.

Table 2.1: Characteristics of PA classes

‘ ‘ Class A ‘ Class B ‘ Class AB ‘ Class C
Conduction | 360° 180° > 180° < 180°
angle 6.
Power effi- | < 50% 78.5% < 78.5% 78.5% — 100%
ciency
Nonlinear Very low High Low Very High
distortion
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nonlinear models for the amplifier are important when studying the system
performance.

Higher-level transference models, or behavioral models (black-box mod-
els), in which no a priori knowledge of the PA’s internal composition is
assumed, provide good accuracy with reasonable complexity for simulation
and analysis purposes. These empirical models are developed based on a
set of selected input-output observations and offer a compact representation
of the PA characteristics. Models based on detailed physical descriptions of
the PA [72], i.e. transistor parameters, are not addressed in this work.

In the following we briefly review the more representative approaches.
Characterization of PA behavior based on measurements are initially ad-
dressed. In the second part, memoryless models are described. The more
representative models, polynomial, Saleh and solid state, are described.
Thereafter, more realistic models including memory effects are presented.
In particular, Volterra, Wiener, Hammerstein, Wiener-Hammerstein and
memory polynomial models are described.

2.6.1 Characterization of PA behavior based on measure-
ments

In the following, the concepts of 1 dB compression point obtained by using a
single-tone input signal and third order interception point obtained by using
a two-tone input signal are described. Both parameters are commonly used
to characterize the PA behavior.

Single-tone measurements

Assuming a PA modelled by using a third-order polynomial with real-valued
coefficients a, the output signal can be expressed as

y(t) = a1x(t) + asx(t)® + azx(t)? (2.22)

where z(t) is the input signal, aq,as and a3 are real valued coefficients and
y(t) is the output of the PA. Replacing the input signal by single-tone signal
expressed as z(t) = Csin(wit) in Eq. 2.22. At the output of the PA new
spectral components will be created:

e Fundamental w; with amplitude: a;C + (3a3/4)C3.
e Second Harmonic 2wy with amplitude: (ag/2)C?
e Third Harmonic 3w; with amplitude: (a3/4)C3

e DC component with amplitude (ag/2)C?
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From these spectral components we can conclude that the nonlinear PA
transfer function generates spectral components and also affects the gain at
the fundamental frequency.

At low signal levels the output is governed by the linear term. However,
when the input power is increased the third-order component modifies the
linear response of the fundamental signal. This effect creates an amplitude-
dependent gain. These results give a common measurement to quantize the
level of nonlinearity: 1 dB compression point. In the 1 dB compression point
the gain characteristic of a nonlinear amplifier deviates 1 dB from the gain
of an ideal amplifier.

Two-tone measurements

When using a multitone input signal, the output of the PA will be consti-
tuted by the fundamental components as well as harmonics and intermodu-
lation products.

Considering a two-tone input signal z(t) = C(sin(wit) + sin(wat)) that
is amplified by a third-order polynomial, see Eq. (2.22) (az = 0 is assumed
to simplify the analysis because even terms can be disregarded in narrow
band systems).

The output of the PA can be written as

y(t) = (a1C + (9a3/4)C®)[(sin(wit) + sin(wyt))] , fundamental
4+ (3/4C3a3)[(sin((2wy — wa)t) + sin((2ws — w1)t))] , IMP
(3/4C3a3)[(sin((2wy + wo)t) — sin((wy 4 2w2)t))] , IMP high frequency
(1/4C3a3)[(sin(3wit) + sin(3wst))] , harmonics
(2.23)

where the harmonics components and the IMPs of high frequency (2w; +ws
and wy + 2ws) can be removed with a simple low-pass filters.

In general, the IMP products at frequencies 2w; — wo and 2we — wq are
inside the operation bandwidth and can not be removed.

The interception point is a simple parameter commonly used to quantize
the intermodulation phenomenon. In particular, the input third-order in-
tersection point (IIP3) is where the extrapolated linear gain and distortion
products cross.

The ITP3 and 1dB compression point characteristics are depicted in Fig-
ure 2.6 for a PA modelled using a third-order polynomial. In this figure, the
third-order intermodulation suppression parameter, 1.53 is also indicated for
a particular working point, P;,, Po,,.
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Figure 2.6: Illustration of input third-order intersection point (IIP3),
output third order intersection point (OIP3), and 1dB compression
point(P;,,,,Ps,,5)- 153 denotes the third-order intermodulation suppres-

sion for a particular working point P, P,

2.6.2 Memoryless PA models

If the PA has a flat frequency response characteristics over its entire work-
ing frequency range, or the communication system is narrow-band and if
electro-thermal memory effects [73] are neglected, the PA can be modelled
as a memoryless system. Memoryless power amplifiers are completely char-
acterized by their AM/AM (amplitude to amplitude) and AM/PM (ampli-
tude to phase) conversions which depend only on the current input signal
value. Several memoryless PA models has been proposed to define the be-
havior of memoryless PAs. These models are fitted to AM/AM and AM/PM
measurements obtained using a power-swept single tone input signal.

Considering the complex envelope z(n) of the PA input, the complex
envelope of a memoryless PA output y(n) can be modelled as

y(n) = glz(n)] = Fu(lx(n)]) exp {j(argle(n)] + Fpllz(n)])} (2.24)

where Fy(-) and Fy(-) are the AM/AM and AM/PM characteristics respec-
tively.

Many models are tailored for a particular type of PA. For example, the
Saleh model is good for modelling high-power amplifiers such as traveling-
wave tube amplifiers (TWTAs). The Saleh model is, however, inaccurate
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to model GaAs FET based amplifiers (solid state) which are useful for low
and medium power levels. In this case a solid state power amplifier (SSPA)
model is used that only takes in account the AM/AM conversion.

The measurements based models mentioned above are indeed useful, e.g.,
when setting up a simulation environment to assess the system performance.
However, when designing signal processing techniques, that need to model
the PA directly (or indirectly) and use this model to remove the PA induced
nonlinear distortion, other parametric models that are not restricted to an
specific PA type are useful. The most extensively used model is the polyno-
mial model which renders simplified analysis and efficient design of nonlinear
equalizers or distortion cancellation techniques (see, Chapter 4 and 5).

Saleh model

The Saleh model [74] used to model TWTA is a simple static PA model
with only four parameters. The AM/AM and AM/PM characteristics are,
respectively, given by

Fu(la(m) = et (2.29
Ry = o (2.26

where ag, a1, by, and b; are positive real numbers. The Saleh model has
been extensively applied in the evaluation of predistorters and linearization
techniques, see, e.g., [75].

Solid State Power Amplifier (SSPA) model

Due to different input-output amplitude and phase characteristics of TWTA
and SSPA [76], the Saleh model is not accurate for modelling the SSPA in
the saturation region. The phase distortion of a typical SSPAs is much
smaller than that of the TWTAs and is, therefore, neglected in the SSPA
model defined as [77]

|z (n)]
Fo(lz(n)]) = (2.27)
[1 + <|:(;(17:))2p:| v
Fyp(le(n)]) = 0 (2.28)

where p defines the smoothness of the transition from linear operation to
saturation and Ay is the saturation output amplitude.
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For large values of p, the SSPA model approaches the soft limiter model
that is commonly used to represent the clipping operation [68] to reduce the
dynamic range of the OFDM signal. The soft limiter model is specified as

[z(n)] [z(n)] < As
Fo(lz(n)]) = (2.29)
As z(n)| > As
Related to the limiter model, we can define the clipping level v
As
V= —— (2.30)

E{|z(n)*}

where /E{|z(n)|*} is the RMS value of the OFDM signal.

Figure 2.7 illustrates the AM/AM and AM/PM curves for the SSPA
model with p = [0.5,2,10,100] and the Saleh model with ap = 2.1587,
a1 = 1.1517, by = 4.033 and by = 9.1040. From this figure we see that the
SSPA model with p > 10 resembles the limiter model which is useful for
nonlinear distortion analysis. Larger levels of nonlinearity in both AM/AM
and AM/PM curves for the TWTA are observed.

Memoryless polynomial model

The behavior of a memoryless PA can be described using a Taylor series
with complex coefficients. The baseband output of the PA can be expressed
as [78]

K
y(n) = z(n) Y agpiala(n)** (2.31)
k=0

where K is the order of the polynomial function with coefficients agg 1. Only
odd-order coefficients are considered because the signal generated from the
even order terms are far from the carrier frequency and do not contribute
to the baseband output.

A distinction between memoryless and quasi-memoryless can be done
based on the coefficients aggy1 [79,80]. In case of real valued coefficients,
only AM/AM conversion is modelled, and the polynomial represents a
strictly memoryless PA [81]. For complex valued coefficients asy41, AM/PM
and AM/AM are modelled. In this case, the polynomial models a quasi-
memoryless PA. In this thesis, the term memoryless includes both strictly
memoryless and quasi-memoryless PAs.

The inclusion of the even-order term can improve the model accuracy,
as is shown in [78]. In this case, the baseband output signal becomes

K K
y(n) = z(n) Y aple(n)/" " =Y ar®p(z(n)) (2.32)
k=1 k=1
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Figure 2.7 AM/AM and AM/PM curves for SSPA model for p

[0.5,2,10,100] and Saleh model with ag = 2.1587, a1 = 1.1517, by = 4.033,

and b; = 9.1040.
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where @ (2(n)) = |z(n)|*1z(n) is a basis set.

To extract the PA parameters {ak}ff:l based on a set of N input-output
measurements at instants {m}f\il, we define the respective input and output
vectors as x = [z(n1),--- ,z(ny)]? and y = [y(n1),--- ,y(ny)]L.

Defining the basis function ®4(x) = [®(z(n1)),--- , Px(z(ny))]” and
the N x K matrix ® = [®;(x), - ,Px(x)], the PA coefficients can be
obtained as

apg = lag,--- a7 = (@ @) 1@ly (2.33)

For the case of large values of K, the regressor matrix (®7®)~! is ill-
conditioned and may cause numerical instability [80]. A good measure for
the numerical stability is the condition number of matrix ®® defined as
| Amaz/ Amin|, where Mg, and A, are the largest and smallest eigenvalues
of ®7®, respectively.

In general, matrix ®7@® has a high condition number due to the large
correlation between the columns of this matrix. The sources of this large
correlation are the high correlation of the nonlinear polynomials and the
correlation of the data samples at different time instants.

In order to solve the numerical instability problem, an orthogonal poly-
nomial basis [82] can be used that is robust in the presence of quantiza-
tion noise and finite-precision errors [83]. Using orthogonal polynomials
effectively reduces the high correlation of the nonlinear polynomial, thus
improving the numerical stability.

Memoryless PA - linearized model

Based on the Bussgang’s theorem [84], the output of a nonlinear memoryless
PA excited by a Gaussian distributed signal x(n) can be represented by the
scaled version of the original signal plus an additive noise term [85], i.e.,

ynr(n) = Kpz(n) +d(n) (2.34)

where the distortion term d(n) is uncorrelated with z(n) and K, is the
attenuation factor. The equivalent block diagram is illustrated in Figure
2.8.

For the case of high clipping levels (i.e., few clipping events per OFDM
symbol), the nonlinear distortion can be modelled as impulsive noise [86].
This case is not treated in the thesis mainly because it assumes that the PA
is mostly operating in its linear region.

2.6.3 Broadband PA models

In broadband applications, the PA frequency response is no longer flat over
the frequency operation region [88]. As a result, the power gain at a given
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Figure 2.8: Equivalent nonlinear model [87] for the nonlinear distortion
where z(n) is the distortion-free input signal vector, K, is the gain of the
PA and d(n) is the nonlinear distortion.

time instant depends on previous input signal values leading to a nonlinear
system with memory.

Memory effects are in general associated to group delay, frequency re-
sponse of matching networks and nonlinear capacitance of the transistors
[89]. Other dynamic effects of the PA are due to electro-thermal effects [90].
The transistor self-heating phenomenon was investigated in [73] and it was
concluded that self-heating effects are important when considering narrow-
band signals. For the case of broadband signals, the electrical effects due to
the non flat response are more pronounced than the electro-thermal effects.

In this thesis we consider behavioral models that describe the PA as a
black box which is not tailored to any specific physical phenomenon [91-
95]. Behavioral models are simplifications of general Volterra models and
are sometimes represented with a cascade combination of one or two linear
filters and a memoryless nonlinearity, which is the case for the Wiener, the
Hammerstein, and the Wiener-Hammerstein models.

In [96], the identification capability of several PA models is evaluated for
WCDMA and LDMOS EDGE power amplifiers. For both PAs, Wiener and
Hammerstein models show a good match with the input-output measure-
ments. Compared with Volterra models, the simplified structures provide a
more robust estimation. Saleh memoryless model, included in this analysis,
shows poor modelling results.

Volterra models

The Volterra model is appropriate for modelling weakly nonlinear systems
[97]. The relationship between the input z(n) and the output y(n) complex
value signals is represented in discrete-time domain by the 2M — 1 order
Volterra series as

M-1 L L k+1 2k+1
ym) =3 "> hopa(n o, lopsn) [[ 2= 1) ] 2" — 1)
k=0 =0  lg,=0 j i=k+2

(2.35)
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where hogi1(l1,l2, -+ ,lok11) represents the baseband equivalent Volterra
kernels and L is the memory length.

Volterra series is certainly general with the added feature of being linear
in the parameters. However, as with conventional Taylor series it converges
slowly. Volterra series are unattractive for real-time application due to the
number of coefficients required, which increases exponentially with L and M.
In practice the series need to be truncated which may lead to ill-conditioned
identification. Several approaches appear in the bibliography to reduce the
number of Volterra parameters, see [98,99]. Hammerstein, Wiener, Wiener-
Hammerstein and memory polynomial models can improve the situation
with fewer parameters [100].

Wiener models

The Wiener model is constituted by a linear filter b = [bg, - -- ,br,—1], here
assumed FIR, followed by a static nonlinearity g(-), see Figure 2.9a. It can
be described by the following equations

Ly—1

2n) = D bx(n—1) (2.36)
=0

K
y(n) = z(n)Y_ assilz(n)|* (2.37)
k=0

where b; are the coefficients of the linear block, and asg1 are the odd-order
coefficients of the polynomial that describes the memoryless nonlinearity.
Other representatives for the static nonlinearity, like piecewise linear func-
tions, can be also used, e.g., [101].

A drawback of the Wiener model that arises in the model identification,
is the fact that the model is nonlinear with respect to the parameters of the
linear filter [96,102]. Therefore, the output signal y(n) cannot be explicitly
written as a function of the input signal z(n).

Hammerstein models

The Hammerstein model is composed by a memoryless nonlinearity followed
by a linear filter, Figure 2.9b. The output of a Hammerstein system can be
expressed as

K
) = 2(n)Y amela(o)]t (2.39)
. k=0
y(n) = chz(n—l) (2.39)
=0

32



2(n) b 2(n) a()

Amplitude

Frequency

z(n) c y(n)
Amplitude
—_—
Frequency
z(n) b u(n) c y(n)
Amplitude Amplitude
—
Frequency Frequency

Figure 2.9: a) Wiener model, b) Hammerstein model and ¢) Wiener-
Hammerstein model, where b and c represent the linear dynamic blocks
and g¢(-) the static nonlinear block.

where ¢; = [cg, - -+, cp.—1] are the impulse response values of the linear block
c.

The Hammerstein model is linear in the memory parameters as opposed
to the Wiener model, which greatly simplifies its identification.

Wiener-Hammerstein models

A more general memory model is the Wiener-Hammerstein model, which is
the cascade of the Wiener and Hammerstein structures, Figure 2.9c. The
output of a Wiener-Hammerstein structure is specified by the following set
of equations

Ly—1

z(n) = Z biz(n —1) (2.40)
1=0

K
um) = =(n) Y azlz(m) (2.41)
Lc_lk 0
y(n) = chu(n—l) (2.42)
1=0
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Memory-polynomial model

The memory polynomial model is constructed using the diagonal kernels of
the Volterra series. Considering a baseband linear-cubic model represented
with Volterra series [103], the output of the system is given by

L

L
y(n) = Z ha(D)z(n—1) + Z hs(l1,l2,l3)x(n — l1)x(n — lo)z* (n — I3)
=0 l1,l2,l3=0
(2.43)
where hi(l) is the linear kernel and hs(l1,l2,l3) is the cubic kernel.
The third-order memory-polynomial model is obtained by setting
hs(ly,1l2,13) = 0 except for the diagonal [y = ls = I3, i.e.,

L
y(n) = [mDz(n — 1)+ hs(l,1,Dz(n — D)z(n — I)[?] (2.44)
=0

The advantage of the memory-polynomial is that the number of coefhi-
cients is on the order of L + 1 enabling its use in real-time applications.

Other polynomial models can be found in the literature. For example,
the orthogonal memory-polynomial [82] that can alleviate the instability
problem associated with the conventional polynomial models, and the Gen-
eralized memory polynomial [100] which combines the memory polynomial
with additional cross terms improving estimation algorithm stability at a
small increase of the computational complexity.

2.7 Other issues in practical OFDM systems

This thesis is devoted to find solutions that characterize and improve the
system performance when nonlinear PAs are employed. There exist other
challenges when implementing an OFDM system. We end this chapter with
a brief review of three important topics not discussed in the rest of the thesis,
namely, I/Q imbalance [104-106], phase noise [10,107] and synchronization.

2.7.1 1/Q Mismatch

When direct conversion is used to down-convert a signal from radio fre-
quency (RF) to baseband, the band of interest is directly translated to
zero frequency and filtered to suppress nearby interferer. Low implemen-
tation complexity is the main advantage of using a direct conversion struc-
ture when compared with other receiver structures such as superhetero-
dyne. Unfortunately, in direct conversion receivers the baseband signal
are severely distorted by imbalances in the In-phase and Quadrature (I/Q)
branches [105, 106, 108].
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Assuming an I/Q imbalance in the direct conversion receiver, the
complex-valued baseband signal can be written as [104]

7 = axr + fr* (2.45)

where 2’ is the signal affected by the I/Q imbalance, z is the signal before
I/Q distortion, * denotes complex conjugate, and « and 3 are given by

a = cos(Af)+ jesin(Af) (2.46)
B = ecos(Af) — jsin(Af) (2.47)

with Af and € being the phase and amplitude imbalances between the I and
Q branches.

In the context of an OFDM system, let us denote the frequency domain
OFDM symbol x and the time domain transmitted symbols by x = QX
where Q represents the IDFT operation. In the receiver, the recovered sym-
bol after the down-conversion and DFT operations, neglecting the channel
noise (AWGN channel with high SNR), can be expressed as

x = Q"% = Q" (ax + fx*) = ax + Bx" (2.48)

where x> denotes the frequency domain representation of the complex con-
jugate x*.
The frequency domain representations of x* and x are related as [104]

x(1) (1)
x(2) (V)
o | xR | a2
X(N/24+1) | X*(N/2+1)
K(N/2 +2) £ (N/2)
t(N) | @ |

From the point of view of an ideal channel, the effects of I/Q imbalances are
clear: 1) the recovered constellation is scaled by a factor o and, 2) a scaled
version of the mirror image of the constellation is added.

The I/Q impairments are even worse in a more realistic context where
imperfect channel estimation and synchronization are taken into account.
Furthermore, for large constellation sizes, I/Q imbalances become even more
problematic.

A thorough review of I/Q imbalances in SISO and MIMO-OFDM sys-
tems can be found in [104]. Both I/Q imbalance compensation and non-
linear distortion compensation using adaptive interference cancellation are
addressed in [109] in a realistic context based on real-world receiver front-end
signals.
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2.7.2 Phase noise

Oscillators are used to modulate the baseband information onto an RF car-
rier. The noise that originates from oscillator nonidealities appears in the
baseband signal as additional phase and amplitude modulation [10].

The phase noise §(n) is defined as the difference between the phase of the
carrier f. and the phase of the local oscillator f, [107]. Assuming that there
is no deterministic offset in the system, the phase noise can be modelled
as a zero-mean random process, characterized by its power spectral density
(PSD). The contribution of the phase noise can be viewed as an additional
multiplicative effect of the channel, like fast and slow fading.

In case of OFDM systems, the multiplication of the received time do-
main signal with a time varying channel function is equivalent to convolving
the frequency domain OFDM signal spectrum with the frequency domain
channel transfer function. Under the assumption that the bandwidth of the
phase noise is wider than the subcarrier spacing, the convolution results in
intercarrier interference (ICI) affecting the system performance [110]. This
is different than for the case of a single carrier system where the phase noise
only reduces the effective SNR. The sensitivity to phase noise for single car-
rier and multicarrier systems was evaluated in [111,112]. A more detailed
analysis on phase noise in OFDM systems can be found in [113,114]. I/Q
mismatch and phase noise impact in MIMO-OFDM systems is evaluated
in [115].

2.7.3 Synchronization: Timing and carrier frequency offset

Synchronization is a fundamental task that needs to be considered in the
implementation of any digital communication system. The synchroniza-
tion problem in OFDM systems requires different approaches considering
the cases of broadcast systems or circuit switched systems and burst mode
systems (packet switched systems). In burst mode systems, the synchro-
nization has to be acquired during a short period of time after the start of
the packet, whereas a broadcast and circuit switched systems that transmit
data continuously can spend several symbols to obtain an accurate synchro-
nization [116]. Synchronization errors can be either frequency, timing or
both.

OFDM is robust to timing errors as long as the timing offset remains
in the boundaries of the cyclic prefix. In this case, the orthogonality of the
transmission is maintained that allows a simple equalization at the receiver.
It is important to mention that the system robustness against channel delay
spread is reduced because one portion of the cyclic prefix is employed to
accommodate the timing offset. When the timing offset is too large and the
boundaries of the cyclic prefix are exceeded, ISI and ICI are created and the
orthogonality is partially lost [68][Ch.5.2.4].
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Timing offset in OFDM is not as critical as in single-carrier systems [16],
however, it should be compensated in order to keep it small compared with
the length of cyclic prefix. A number of approaches to estimation of timing
offset in OFDM systems have been presented in the literature. In general,
the timing is determined by noticing that the correlation of the signal with
a delayed version of itself will reach a peak when the repeated pattern is
located. A thorough review of synchronization in multiuser OFDM systems
can be found in [117]

One of the main drawbacks of OFDM systems is its sensitivity to car-
rier frequency offsets (CFOs) caused by the frequency mismatch between
the local oscillators in the receiver and the transmitter together with the
Doppler shift due to mobility. CFO will cause a loss of orthogonality be-
tween OFDM carriers and can degrade significantly the system performance
if not estimated and compensated. This happens especially when the sub-
carrier spacing is small and data rates are high.

The system model presented in Section 2.1 assumes perfect carrier syn-
chronization. If CFO is considered, the received signal vector in frequency
domain can be written by [118]

y(n) = QNV(A;(n)QnDy(n)x(n) + n(n) (2.49)

where Dy, (n) is a N x N diagonal matrix created with the channel frequency
response Dy, (n) = diag[h(n)] and

V(Af(n)) = diag {1,exp <‘LA’£(”)> ... exp (jZ”(N - 1)Af(”)>}

N N
(2.50)
is an N x N diagonal matrix that includes the normalized frequency offset
A, 0 <A <1

We see from Equation 2.49 that for the case of perfect frequency synchro-
nization (i.e., Ay = 0), V(Af(n)) will equal the identity matrix, and the
received signal can be decoded by simple frequency domain equalization.
On the other hand, when Ay # 0, matrix QE¥V(A;(n))Qu is no longer
diagonal, thus creating ICI.

The harmful effects of CFO are illustrated in Figure 2.10. We see that in
the absence of CFO, each subcarrier waveform is sampled at its peak value
where all other carrier waveforms are zero (i.e., ICI is zero). However, for a
non-zero CFO, the carrier waveforms of adjacent subcarriers will no longer
be sampled at zero crossings resulting in ICI.

Several techniques have been proposed to estimate and compensate CFO.
They can be divided into data-aided and non-data-aided techniques depend-
ing on whether or not a training sequence is used.

Data-aided techniques are based on pilot symbols or preamble embedded
into the transmitted signal. These techniques are commonly used in burst
mode systems. The use of a preamble sequence, as in WLAN systems,
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CFO with Ay # 0, the sampling instant is shifted reducing the amplitude
and creating ICI (bottom).

allows the receiver to use maximum likelihood algorithms to estimate the
CFO [119-122].

Non-data-aided methods employ the inherent structure of the OFDM
symbols. CFO estimation techniques that exploit the properties of the cyclic
prefix are addressed in [123,124]. A CFO estimation method based on null
subcarriers is addressed in [125].

38



Chapter 3

Analysis of power amplifier
distortion effects in OFDM
systems

This chapter gives an overview on the effects of the nonlinear distortion
created by a real power amplifier to the performance of an OFDM com-
munication system. Initially an analysis of bit error probability (BEP) and
channel capacity for a SISO-OFDM system is introduced. Thereafter, a
literature review on out-of-band distortion is presented.

Finally, the contributions of this thesis are enumerated. Expressions for
BEP and capacity of an SDMA-OFDM system affected by a memoryless
nonlinear amplifier are derived. The case of broadband PA and imperfect
memory compensation in an OSTBC-OFDM system is described in the last
part of the chapter.

3.1 Introduction

The amplification of a non-constant envelope signal by a power-efficient am-
plifier may cause nonlinear distortion affecting the system performance. The
resulting nonlinear distortion can be categorized into two types: out-of-band
distortion and in-band (or signal waveform) distortion. In-band distortion
produces inter carrier interference increasing the bit error rate, or equiv-
alently reducing the system capacity. Out-of-band distortion appears as a
spectral regrowth, hence causing adjacent channel interference. In summary,
the in-band distortion is affecting the own signal reception and the out-of-
band distortion is affecting other users in the system. In other words, it is
important to have a good idea of the levels of these two distortions in system
design.

Therefore, it is desirable to have at hand closed-form expressions of bit
error probability and capacity that include the effect of the PA induced



distortion. These expressions are then useful to evaluate whether some kind
of nonlinear distortion compensation technique should be implemented or
not to obtain a power efficient system with good performance.

In the following sections the effects of the in-band and the out-of-band
distortion are analyzed for single-antenna and multi-antenna OFDM sys-
tems. The effects of PA memory are also considered.

The chapter ends with a brief review of the contributions of the thesis
in the performance analysis of an OFDM system employing nonlinear PAs.
One of the contributions of this thesis is the analysis and derivation of closed-
form expressions for bit error probability and channel capacity for multiuser
OFDM systems, in particular for SDMA-OFDM systems. Another is the
derivation of an expression for the BEP of an OSTBC-OFDM system subject
to nonlinear distortion and memory compensation errors.

3.2 BEP and capacity degradation

The analysis presented in this chapter is based on the assumption that the
distortion caused by the PA can be modelled as an additive Gaussian noise
whose variance depends on the input signal and the nonlinear PA character-
istics [87,126-129]. This assumption is realistic for low clipping levels, i.e.,
several clipping events per OFDM symbol. Figure 3.1, extracted from P5,
illustrates the validity of this assumption and shows a Gaussian complemen-
tary cumulative distribution function (CCDF) with an adequate variance,
and the simulation results for an OFDM system with N = 512 subcarriers
and QPSK modulation. These curves show good agreement when clipping
levels v are lower than 6 dB.

Assuming that the nonlinear distortion is additive and Gaussian (more
details in Section 2.6.2), the OFDM signal at the output of the memoryless
nonlinear PA ¢[-] can be written as,

x7(n) = g[x(n)] = KL x(n) +d(n) (3.1)

where the first term x(n) is the distortion-free input signal vector (see Eq.
(2.5)) and K, is the gain of the linear part (scaling factor) that verifies Ky, <
1. The second term d(n) is the nonlinear distortion which is a function of
the modulated symbol vector &,(n) and the power amplifier transfer function
g[-]- The nonlinear distortion term verifies

E[d"(n)x(n)]

n 0
E[d(n)]=0

The received signal after removing the cyclic prefix is given by

y(n) = K H(n)x(n) + H(n)d(n) + n(n) (3.2)
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Figure 3.1: Complementary cumulative distribution function (CCDF) of
distortion noise d for an OFDM system with N = 512 subcarriers and QPSK
modulation equipped with an SSPA amplifier with smoothness factor p = 2
and clipping levels v = [2,4, 6, 8] dB.

where H(n) is the circular channel convolution matrix defined in Eq. (2.8).
The frequency-domain expression of the received signal for each subcarrier
can now be expressed as

y(n, k) = Kph(n,k)x(n, k) + A(n, k)d (n, k) + n(n, k) (3.3)

where ﬁ(n, k) is, as in Chapter 2, the channel frequency response at subcar-
rier k. Assuming perfect channel estimation in the receiver, a soft estimate
can be obtained by applying a zero-forcing equalizer and is given by

X(n, k) = Kpx(n, k) + d(n, k) + M (3.4)
h(n, k)

From Eq. (3.4) it is evident that the nonlinear distortion term d (n, k)
affects the decision variable in an additive way. Note that the distortion
terms at different symbol instants are uncorrelated for a properly designed
cyclic prefix, i.e., zero ISI. In general the nonlinear distortion terms are not
necessarily statistically independent between subcarriers. However, based on
the central limit theorem and considering large values of IV, the nonlinear
distortion terms {d (n,k)}_, can be assumed as statistically independent
[130].
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The effective SNR at subcarrier k after equalization is

2 2
Kioz

SNR(K) = 7

(3.5)

where 02 = E[d (n,k)d*(n,k)] (see P5, [87] for calculation details) and
02 = 02 /|h(n,k)|>. The variables K, and o2 are functions of the employed
PA model and can be analytically evaluated or obtained by simulations. For
soft limiter PA model a closed-form solution is available [87], P5.

It is known that the BEP is a function of the modulation format and the
SNR. For example, the BEP for the case of QPSK modulation is obtained

as

where erfc is the complementary error function defined as erfc(z) =
%f;" exp(—t2)dt [131, Sect. 8.250, Eq. (4)].

The channel capacity of a clipped OFDM system for the case of an
AWGN channel was derived in [127] assuming that the distortion terms are
uncorrelated additive Gaussian variables. The channel capacity of subcarrier
k is then given by

K202
O(k) = logy[l + SN R(k)] = log, [1 + ﬁ] (3.7)
d n
From Equation 3.7 we see the harmful effect of the nonlinear distortion that
reduces the effective SNR due to the scaling factor K% < 1 and the additive
noise term afl in the denominator.
Assuming that the input power is equally distributed over each subcarrier
(water filling is not implemented), the system capacity can be expressed as

N
C'=> logs[l+ SNR(K)] (3.8)
k=1

3.3 Out-of-band distortion

Standard regulations impose restrictions on the adjacent channel inter-
ference (ACI), usually measured using the adjacent channel power ratio
(ACPR) parameter, defining spectral masks constraints. As a consequence,
the PA operation point needs to be carefully chosen to meet the spectral
mask. On the other hand, the PA operation point needs to be optimized
in order to get the maximal power efficiency. These two constraints (power
efficiency and ACI) are key factors in the design of the PA. Unfortunately,
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Figure 3.2: Out-of-band distortion for different PA models with clipping
levels v of 0 dB and 1 dB and back-off ITBO = 0,2,4 dB. The WLAN
spectral mask has a carrier spacing is 20 MHz, allocated in two frequency
bands 5.15-5.35 GHz and 5.47-5.725 GHz [1].

efficiency and reduced ACI are two conflicting requirements, i.e., designs
that limit the adjacent interference force the operation of the PA into a low
power efficiency region.

To illustrate this concept, Figure 3.2 shows the transmission mask for
HIPERLAN II and IEEE 802.11, which are available standards for WLAN.
Both systems implement OFDM with similar parameters. The PSDs of
nonlinear (NL) PAs (Limiter and SSPA models) are included with clipping
levels v of 0 dB and 1 dB and input back-off of [0,2,4] dB. We see that
the out-of-band distortion is below the transmit spectrum mask when the
clipping level is v = 1 dB. In the case of ¥ = 0 dB, the PA must work
with back-off levels larger than 2 dB in order to fulfill the spectral mask
requirements. Thus, the reduction of the ACPR comes at the expense of
large back-off values which reduce the power efficiency of the PA.

The prediction of the spectral regrowth as a function of the PA param-
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eters and modulation format has been an active research area for several
years. Restricting the input signal to be Gaussian, a realistic assumption
for OFDM systems, simplifies the theoretical analysis. Preliminary results
employing this Gaussian assumption are found in [132] and [133] where a
formula for the TWTA intermodulation was derived. In [134], the PA is
modelled using complex power series, and a derivation of the ACPR and
gain compression is presented. The extension to other PA models, like the
Limiter and Cann’s models, is presented by the same authors in [135] in the
context of CDMA systems. ACPR prediction for a memoryless PA model
is treated in [136] for narrow-band input signals (where the restriction on
Gaussian input was removed), and in [137] for CDMA and OFDM signals.
Closed-form expressions for ACPR for quasi-memoryless and memory poly-
nomial PA are derived in [138]. Analysis of spectral regrowth for PA using
Volterra models have been presented in [139, 140].

For more details on the topic of out-of-band distortion, please see the
references cited in this section.

3.4 Contributions

This section summarizes the contributions of the thesis related to perfor-
mance evaluation of OFDM systems subject to nonlinear PA distortion

BEP and capacity degradations for a multiuser SDMA-OFDM system
employing a memoryless nonlinear PA are presented in the following. The
obtained theoretical upper bound can be used for a realistic system design,
whereas the upper bounds derived in [141] assuming a linear amplifier may
yield too optimistic BEP values. Independently, and in parallel to our anal-
ysis, a simplified study of the symbol error rate (SER) performance was
carried out in [142-144] for a MIMO-OFDM system subject to transmitter
and receiver impairments. Closed-form expressions were provided for the
SNR region (asymptotic error floor) and for low SNR (considering only sig-
nal scaling). We stress that our results, presented in this section, are more
exact and are related to BER instead of SER. We provide closed-form ex-
pressions that are valid for more practical SNR values, ranging from medium
to high SNR.

Finally, the BEP performance for a broadband OSTBC-OFDM with

nonlinear distortion and imperfect memory compensation is analyzed.

3.4.1 BEP degradation in SDMA-OFDM systems with
memoryless PA

In P5 a BEP analysis is carried out for a multiuser SDMA-OFDM system.
Previous work on the subject was done by the author in [145]. However,
a tighter approximation to the real case is obtained with the derivation
obtained in P5.
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The BEP derivation is based on the assumption that the distortion cre-
ated by the PA can be modelled as an additive Gaussian noise with variance
equal to O’?{ as was discussed in Section 3.2.

In order to simplify the analysis an uncorrelated MIMO channel (No
correlation among the transmitting antennas nor among the receiving an-
tennas) is assumed, i.e., the frequency-domain channel coefficients fLL] (n, k)
are samples of independent stationary, zero-mean and unit variance circular
complex Gaussian distributed processes. Thus, the simplified model pro-
vides a lower bound of bit error probability in frequency selective channels.

Then using an LS detector for user separation in an SDMA-OFDM sys-
tem equipped with P receive antennas in the base station and L users with a
single antenna and assuming independent subcarrier modulation, the upper-
bound of the error probability for a subcarrier k is given by

_ 1 = (=)™ (m+ P — L) /1 \m+P—-L+1
b= <P—L>wP-L“Z:0( - ()

|
m: 04

K} Up_Lymy1, PoL+2 <gz> (3.9)

where ¥ = E[y] is the average SNR, o2 is the energy of the complex-value

0'2 . .
data symbol, and UP_L+m+1’P72L+2 <;§%) is the Confluent Hypergeometric

Function [131, Sect. 9.211, Eq. (4)] defined as

Uap(2) = ! ) /000 exp(—2t)t* (1 +t)* =2 Lat. (3.10)

@)
The advantage of the closed-form BEP solution is that it can be applied
to calculate the performance of an SDMA-OFDM as well as other systems
with diversity gain equal to P — L without time consuming simulations. A
closed-form solution for the calculation of 03 and K, can be obtained for a
soft limiter PA model (in Appendix A, P5).

In this analysis it is assumed that all users employ similar PAs. However,
it is straightforward to extend these results to the case of different scaling
factors and nonlinear distortion terms. In the particular case of SDMA sys-
tems, where each user is equipped with one transmit antenna, different PA
parameters can be considered because each user is operating independently
from other users. For MIMO systems where each user is operating with
multiple antennas, the assumption of identical PA parameters is even more
realistic.

Figure 3.3 illustrates BEP results of the LS detector obtained by theory
and simulations for an SDMA-OFDM system (L =1 to L =4, P = 4) with
QPSK modulation employing a nonlinear SSPA with clipping level v = 1 dB
using an LS detector. The simulation parameters are summarized in Table
3.1.
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As expected, the simulation results show lower BEP than the theoretical
upper bound. For high SNR values, the BEP bound is tighter than in the
low SNR region.

Extensive simulations, show that a close fit to the infinite sum of the
original expression is obtained by employing only the first 20 to 30 terms.

Figure 3.4 shows the BEP results derived for the linear case obtained
by using the results presented in [141], the nonlinear case obtained using
Eq. (3.9) and BER results obtained by simulations. The case of an SDMA-
OFDM system with L = 2 and P = 4 employing nonlinear SSPAs with
clipping level v = 1 dB is considered. For a realistic BEP, e.g., BEP = 1072,
Eq. (3.9) predicts the SNR with an error of 0.5 dB and the linear approach
predicts the SNR value with a gap of 2.5 dB.

Upper-bound Eq. (3.9)

— — — Simulations

BEP

0 5 10 15 20
Eb/No [dB]

Figure 3.3: BEP versus E}/N, of a P x L SDMA-OFDM system with QPSK
modulation, for the case of nonlinear SSPA with clipping level v = 1 dB
using an LS detector.

3.4.2 Capacity degradation in SDMA-OFDM systems with
memoryless PA

In the design of a communication system the effective data rate needs to be
known in order to define the quality of service the system can offer. The
case of single-user OFDM was already treated in Section 3.2 in the cited
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Figure 3.4: BEP versus Ep/N, of an SDMA-OFDM system (P =4, L = 2)
with QPSK modulation employing nonlinear SSPAs with clipping level v = 1
dB using an LS detector. Analytical BEP results based on [141] (linear case)
and [P5]. Simulation results are included for comparison.

references. Considering an SDMA-OFDM system employing an LS receiver,
the capacity for user j is given by (see derivation details in P5)

o?

J

orgHagr—1 2 /72 = b
o2 [H y{]j,j +U¢/KL

0]27
Crs=FE |lo 1+ lo 14+ —F——
LS 82 62 o2+ U?{’Y/K%
(3.11)

where the instantaneous SNR v = (1/[H H.’]‘[]J_]l) /o2 is a x2-distributed
variable with 2(P — L + 1) degrees of freedom. The capacity obtained by
integrating Eq. (3.11) over a x?-distribution can be expressed as

o] 0'2"}/
J 1 P—L Y
Crs = lo 1+ e —=|d
b /0 g2< ai+a§ﬂ/K%) (P =D+ Xp< v) !

(3.12)
This integral can be evaluated numerically. However, assuming a high
SNR, the capacity can be approximated in closed form (see P5, Appendix
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Table 3.1: Simulation parameters used for generating Figures 3.3 and 3.4.

System parameters

Number of subcarriers 512

Cyclic prefix length 8

Modulation QPSK
Clipping level 1dB

Carrier frequency 5 GHZ
Bandwidth 20 MHZ
Channel parameters

Type Typical Urban
Channel delay profile [0,1,2,3] us
Power loss taps [0,-1,-3,-9] dB
Mobile speed 5 km/h

C) and is given by

n(2)
x <[1+ﬁu(P L) Ei (—5) + Z ppat 1_k 5)>](3.13)

2
Cus(h) ~ log, (1 ¥ %) — T (10 (8) + 7. — exp (9)
o

where § = m, ve is the Euler-Mascheroni constant (v, = 0.5772...)

[146], Ei(-) is the exponential integral function and I'7(+) is the incomplete
gamma function [147]. The function w(P — L) is the unit step function
defined as u(z) = 1Vx > 0 and u(zx) =0Vz < 0.

The derivation was carried out under the same assumptions used for the
BER derivation discussed in Section 3.4.1. The asymptotic capacity gives
the upper-bound of the system capacity, and is obtained by evaluating the
previous expression at high SNR

: K?
C?u(k) = :Yh_)rglo Crs(k) = log, <1 + 0_2L> (3.14)
d

Figure 3.5 illustrates capacity results evaluated using Equation (3.13). Exact
capacity values obtained using numerical evaluation of Eq. (3.12), asymp-
totic capacity (Eq. (3.14)) and capacity for the linear case are also in-
cluded. From these results, we conclude that the nonlinear distortion limits
the achievable system capacity.
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Figure 3.5: Capacity evaluation for an LS receiver with L = 2 users and
P = 4 antennas, clipping levels of v =1 dB, v = 2 dB and v = 4 dB. The
exact value of capacity is obtained using numerical integration, the high
SNR approximation is computed using Eq. (3.13), and the linear case was
also included for comparison.

3.4.3 BEP in OSTBC-OFDM with nonlinear PA with im-
perfect memory effects compensation

In narrowband systems or when employing low-power amplifiers, memory
effects in the PA can be neglected. In these cases, the PA can be modelled
as a memoryless system. However, in the case of wideband communications
systems, e.g., OFDM or WCDMA, or when employing high-power amplifiers,
memory effects are introduced in the system.

The PA memory effects can be removed by applying predistortion with
memory [82], memory precompensation at the transmitter side [148], or
postcompensation at the receiver. The latter two approaches require that a
sufficient power back-off is applied to the input signal so that the PA memory
effects can be efficiently handled by a frequency domain equalizer, i.e., any
presence of nonlinear distortion is neglected. Due to the non-flat frequency
response of the broadband PA, estimation errors will naturally degrade the
BER performance. It is important to note that both these solutions neglect
the distortion due to the nonlinear input-output characteristics of the PA.
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In practice, due to the large peak-to-average power ratio (PAPR) of the
OFDM signal, nonlinear distortion will also be present.

In publication P7, BEP expressions are derived for an OFDM system
with diversity, in particular for an OSTBC-OFDM system, that include the
effect of a broadband nonlinear PA and imperfect memory compensation.

For the derivation of the BER expressions, the PA is assumed to be
accurately represented by a Wiener model [100] and the distortion term is
modelled as before like a Gaussian variable. The linear filter of the Wiener
PA structure is modelled with an FIR filter ¢ with L. taps. The unbiased
PA memory estimate can be modelled in frequency domain as

c(n, k) = c(n, k) + Ac(n, k) (3.15)

where n is the OFDM symbol index, k is the subcarrier, A.(n,k) is the
modelling error assumed to be zero-mean complex Gaussian variable with
variance o2(n, k) independent of ¢(n, k).

In an Np x Ng OSTBC-OFDM system affected by nonlinear amplifica-
tion, the decision variable for the transmitted symbol &j(n, k) at the output
of the OSTBC-decoder, assuming perfect channel knowledge in the receiver,
gives the same results as a Maximum Ratio Combining (MRC), i.e.,

xi(n, k) = a(n, k)[Kpc(n, k)xj(n, k) + d;(n, k)] + w(n, k)
Nr Ng

a(n, k) =>"> |k j(n, k)P (3.16)

j=1i=1

where w(n, k) is a complex Gaussian variable with zero mean and variance
a(n, k)o? created by the noise contribution from the Np receive antennas
at different time instants, d;(n,k) is the nonlinear distortion (modelled as
additive Gaussian noise), K, is the linear multiplication factor. The decision
variable is affected in an additive way by ij(n, k) and scaled by the memory
c(n, k). Both these effects may cause errors in the detection process.

As mentioned before, there are two options to remove the memory effects:

e Precompensation (transmitter): the signal to be amplified is pre-
equalized in frequency domain with the unbiased memory estimate
c(n, k).

e Postcompensation (receiver side): the received signal is post-equalized
in frequency domain using the unbiased memory estimate ¢(n, k).

In the following equations time index n and subcarrier index k are
dropped to simplify the notation. Applying precompensation, the effective
SNR at subcarrier k is given by

Kiy
K?ei +02/02ex]y + 1

TPRE =7 (3.17)
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where v = ao2 /02 is a chi-square variable with 2N7Np degrees of freedom
and €1 and €9, are given by

o0

Z a2/le)s e2 = e[ Y ilaz/le])’ (3.18)
=0

In the case of postcompensation, the effective SNR becomes
Kiy
K2ei+02/o2es]y + e

YPOS = [ (3.19)

Using the effective SNR equations, the bit error probability is derived
for the precompensation and the postcompensation cases with imperfect
memory model. The following closed-form solution for QPSK modulation
at subcarrier k is given by

K1+2n

_ 1
Fe(k) = ﬁ{l ( L\/_an (1/2+n)

K2 n+L—1/2

K
XUpt1+1/2,04+1 <_( 5 ) } (3.20)

Y(K%er + 03/02€2)

where U, (%) is the Confluent Hypergeometric Function previously defined

in Eq. (3.10), the constant K = 1 for memory precompensation and K = ey

for postcompensation, ¥ = E[y] is the average SNR and L = Ny x Ng.
The asymptotic BER, that provides the system error floor, is given by

P> (k) = erfc K}
P(k) = erf <\/(ng1 - 03/0362) (3.21)

Figure 3.6 shows the BEP curves obtained by simulations and by em-
ploying the first 30 terms of Eq. (3.20) for different values of memory com-
pensation errors o2 without nonlinear distortion (clipping level v = o).
These results allow us to conclude that memory effects must be accurately
compensated and that the removal of nonlinear distortion (by linearization
or memoryless predistortion) is not enough to ensure suitable BER levels.

Figure 3.7 illustrates the BEP curves for PA operating a clipping level
of v =0 dB.

The simulation parameters for both curves are summarized in Table 3.2.

Similar approach can be used for the derivation of other nonlinear models
as, e.g., the Hammerstein and Wiener-Hammerstein models [100].
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Figure 3.6: BEP versus Eb/No in a 2 x 2 OSTBC-OFDM system for different
memory modelling error o2 with a Wiener-type nonlinear PA, clipping level

v = oo. Precompensation: theoretical (solid line) and simulation (’0’).
Postcompensation: theoretical (dashed line) and simulation (’s’).

Table 3.2: Simulation parameters used for generating Figures 3.6 and 3.7.

System parameters

NT x N R 2 x 2

Number of subcarriers 512

Cyclic prefix length 32

Modulation QPSK

Clipping level oo, 0dB

Carrier frequency 5 GHZ

Bandwidth 20 MHZ

Power amplifier HMC409LP4 (modelled with

a Wiener model)

Channel parameters

Type Typical Urban
Channel delay profile [0,1,2,3] us
Power loss taps [0,-1,-3,-9] dB
Mobile speed 10 km/h
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Figure 3.7: BEP versus Eb/No in a 2 x 2 OSTBC-OFDM system for different
memory modelling error 0'3 with a Wiener-type nonlinear PA, clipping level
v = 0 dB. Precompensation: theoretical (solid line) and simulation (’c’).






Chapter 4

Power amplifier distortion
compensation at the
transmitter

This chapter presents an overview of various transmitter techniques for non-
linear distortion compensation where the goal is to obtain a system with
tolerable levels of bit error rate (BER) and adjacent channel power ratio
(ACPR). Initially back-off and PAPR reduction techniques are described.
Thereafter, an overview of predistortion methods is presented. Finally, we
review the contributions of this thesis related to transmitter techniques:
a novel carrier allocation method with reduced intermodulation distortion,
and a split predistorter structure for broadband PAs.

4.1 Introduction

To obtain a power efficient system with tolerable levels of BER and out-
of-band distortion, the nonlinear PA distortion needs to be kept as low as
possible while, at the same time, the PA is allowed to operate close to satura-
tion. To achieve this goal we could think of a solution that compensates the
nonlinear distortion at either the transmitter or the receiver. For the case
of transmitter compensation, the signal to be transmitted is modified prior
to the power amplifier. The most well known methods are PA linearization
and PAPR reduction techniques.

Linearization techniques attempt to achieve an ideal linear power am-
plification [31], which enables the use of a nonlinear PA with good power
efficiency. Nowadays, linearization techniques can be implemented using
software defined radio systems, rendering cost and power efficient solutions
(in particular at the base station) [28].

The different linearization techniques can be categorized into three
groups: 1) Analog feedback methods that include RF feedback, envelope



feedback, polar feedback, and cartesian feedback techniques [29], 2) Feed-
forward methods where an auxiliary amplifier is used in the feedforward
loop to generate IMD products that cancel those at the PA output [30] and,
3) Predistortion methods where the signal is distorted prior to the power
amplifier.

The advantages of feedforward methods include large operation band-
width and inherent stability. However, the rather complex implementation
makes it difficult to add feedforward methods in existing power amplifiers.
One advantage of predistortion is the possibility to design predistorters in
baseband, thus taking advantage of a DSP implementation.

In addition to the above mentioned techniques, there are linearization
techniques that modify the input signal to produce constant envelope sig-
nals so that the PA can be operated in the linear region. Examples of
such techniques include, linear amplification with nonlinear components
(LINC) [149], envelope elimination and restoration (EER) [29], and com-
bined analog locked loop universal modulator (CALLUM) [150]. These tech-
niques were originally developed for analog implementation. However, the
digital implementation operating at baseband frequencies solves the prob-
lems of high cost and hardware complexity associated to the analog pro-
cessing [29]. Other transmitter compensation methods that can be used in
conjunction with the linearization techniques are power back-off and PAPR
reduction. Back-off techniques scale the original signal moving the operation
point of the PA to the linear region. However, this solution decreases the
PA power efficiency. PAPR reduction techniques give a more power efficient
solution [151].

Companding techniques provide an alternative to improve the system
performance when operating the PA in a power efficient region (i.e., close
to saturation). When applying companding techniques, the baseband sig-
nals are compressed at the transmitter for reducing peak-to-average power
(PAPR) and expanded at the receiver to remove the distortion caused by
the compressing operation [152,153].

In the following sections back-off and PAPR reduction techniques are
described. Thereafter, predistortion techniques are presented. At the end
of the chapter a brief review of the contribution of this thesis is presented.

4.2 Back-off

To ensure linear amplification, the input signal can be attenuated (a so-called
power back-off is applied) to fit into the linear region of the power amplifier.
The application of back-off results in a significant increase in the PA power
specifications, i.e., the PA design is oversized, resulting in a reduced power
efficiency [154]. For this reason, back-off is restricted to applications with
low requirements of PA efficiency.
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Figure 4.1: Definition of IBO and OBO.

The two quantities to measure the level of back-off are: input back-off
(IBO), and output back-off (OBO). They are defined as

P.
IBO = 10log; ig‘“ (4.1)

)

and

P
OBO = 10logy, "Pf“t (4.2)

o

where P; g4+ and P, 44 are the input and output saturation powers and P;
and P, are the average power of the input and output signals. Either OBO
or IBO can be used to specify the PA operation point. OBO is useful to
quantify how much output power the amplifier generates compared with the
maximal available power. Figure 4.1 illustrates the definition of IBO and
OBO parameters.

As mentioned above, the application of back-off to linearize the system
comes at the expense of a decreased power efficiency. Figure 4.2 illustrates
the trade-off between linearity versus power efficiency. In this figure, power
amplifier efficiency (PAE), output power P, and amplifier gain versus the
input power P; are plotted for a typical low power amplifier (HMC409LP4)
used for WLAN and WiMAX applications [155]. We see that for input signal
powers between —20 to —5 dBm the PA is perfectly linear, but has a poor
power efficiency. Operating the amplifier in the saturation region allows for
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Figure 4.2: Curves of WLAN/WiMAX power amplifier. Curves of power
amplifier efficiency (PAE) versus input power (F;), power output (P, ) versus
input power (F;), and power gain versus input power (F;).

a maximum power efficiency, however, sacrificing linearity. The situation is
even worse when high-power amplifiers are considered [154].

The linearity and power efficiency constraints have initiated the develop-
ment of more advanced compensation techniques that are described in the
next sections.

4.3 PAPR reduction techniques

In this section, a brief review of the most well-known PAPR reduction tech-
niques is provided.

PAPR reduction techniques reduces the envelope fluctuations of the sig-
nal to be transmitted by the PA. The easiest way to reduce the PAPR is
to clip the signal at the transmitter. This clipping operation distorts the
original signal increasing the out-of-band radiation and the bit error rate.
Several approaches exist that reduce the PAPR without creating distortion
noise, so called distortionless techniques. The most well-known techniques
are tone reservation (TR), tone injection (TT) [66], coding [156], and partial
transmit sequence (PTS) [157].

Methods like TI, coding and PTS may require side information. The
need for side information increases the amount of processing in the receiver,
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Table 4.1: Characteristics of PAPR reduction techniques. This table is
based on the original PAPR reduction techniques. Improved versions of the
original techniques have not been considered.

Technique Data  rate | Distortionless| Transmitter | Receiver
loss complexity complexity

Clipping NO NO LOW LOW
Coding YES YES HIGH HIGH

TR YES YES HIGH LOW

TI NO YES HIGH LOW

PTS YES YES HIGH MEDIUM
COFDM NO YES HIGH LOW

and reduces the effective system data rate. Thus, when choosing one PAPR
reduction technique, one needs to take into account the amount of PAPR re-
duction achieved, implementation complexity, the modification of the trans-
mission power, and the data rate loss [27]. Table 4.1 provides a comparison
between the methods that will be discussed next.

High PAPR in MIMO systems can be reduced by modifying the con-
ventional PAPR reduction techniques [158-161]. Novel techniques based on
spatial shifting has been developed in [162,163].

4.3.1 Clipping

Clipping is the simplest technique for PAPR reduction, where the signal at
the transmitter is clipped to a desired level A without modifying the phase
information. The amplitude limitation of the time domain signal affects the
received signal on all subcarriers (in-band distortion) and creates out-of-
band emission.

Intuitively, the probability of clipping is directly related with the PAPR
of the signal and the applied back-off. Signals with high PAPR are clipped
more frequently than signals with low PAPR. In [71], an analysis of the
required PA back-off for a given clipping probability is presented for a class
A PA.

As previously discussed, the amount of back-off applied to the input
signal will affect the power amplifier efficiency. For a class A power amplifier
that achieves linear amplification up to the saturation point, the PAE as a
function of the PAPR can be expressed as

PAEma:v
PAPR

The maximum power amplifier efficiency (PAE,,4,) of 50 % is obtained

PAE = (4.3)
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when the amplifier is operating at the saturation point. As an example, [71]
reports that to guarantee a clipping probability of 10~* for an OFDM signal
of N = 128 subcarriers, the efficiency of a class A is only 3.2%.

In [164], an optimal clipping function is derived that maximizes the
signal-to-noise-and-distortion ratio (SNDR). The resulting function that
maximizes the SNDR is the soft limiter including gain. The relationship
between the optimal clipping function and capacity is also derived.

4.3.2 Coding

The idea of the coding methods is to generate all possible code words and
calculate their resulting PAPR. Then the code words with PAPR exceeding
a predefined threshold are eliminated. Block coding is proposed in [156]
and cyclic coding in [165]. In [166], a Golay complementary repetition code
is proposed to reduce simultaneously the PAPR and peak interference-to-
carrier ratio (PICR). A theoretical analysis related with the lower bound on
the PAPR of a constant energy code is developed in [167].

The coding methods require an exhaustive search to find the best codes
to be transmitted and large lookup tables for coding and decoding. These
characteristics limit coding methods to systems with a small number of
subcarriers.

4.3.3 Tone reservation

The basic idea of tone reservation technique is to reserve a set of P sub-
carriers (tones) which are not used for data transmission but for specially
designed peak-reduction symbols.

Tone reservation (TR) is a distortionless technique and leads to very
simple decoding of data symbols, since the receiver can simply ignore sym-
bols on other carriers than those used for data. The goal is to find the time
domain signal p(n) that when added to the original signal x(n) minimizes
the maximum peak value, i.e.,

min x(n) + p(n)]lo, = min [x(n) + Qup(n)|| (4.4)

where || f||,, denotes the oco-norm of the vector f that is the maximum of the
absolute values of its components, n represents the OFDM symbol index,
p(n) € CN*1 ig the frequency-domain peak reduction symbol with P non-
zero tones and Qp is the N x N IDFT matrix.

A block diagram of the implementation of TR technique is shown in
Figure 4.3a.

To find the optimal value of the peak-reduction symbol p(n), a convex
optimization problem needs to be solved which requires high computational
complexity. To reduce the computational complexity, a gradient algorithm
can be used [66].
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Figure 4.3: a) Tone reservation method b) Tone injection method [66].

A drawback of TR method is the reduction of the effective data rate
because P carriers are reserved for peak-reduction symbols. However, if
adaptive modulation is used, the overhead can be reduced by employing
peak-reduction symbols in tones where the SNR is too low for data trans-
mission.

4.3.4 Tone injection

The basic idea of tone injection (TI) is to increase the original constellation
size so that the points in the original constellation can be mapped into
several equivalent points in the expanded constellation. The extra degrees
of freedom can be exploited for PAPR reduction.

The substitution of the points in the basic constellation by new points in
the larger constellation is equivalent to injecting a tone of appropriate am-
plitude and phase in the OFDM symbol as is illustrated in Figure 4.3b [66].
Assuming that adaptive modulation is used and that the k-th tone is using an
M-ary square quadrature amplitude modulation (M-QAM) with a minimum
distance between constellation points d(k). The symbol X (n, k) at subcarrier
k can be represented by its real xr(n, k) and imaginary x7(n, k) components
that can take values {£d(k)/2, £3d(k)/2,...,£(v/M (k) — 1)d(k)/2}.

The TI technique modifies the original constellation point x(n,k) =
Xr(n, k) + jxr(n, k) so that

X(n,k) = x(n,k)+ p(n, k)
= [ar(n, k) +t(n, K)D (k)] + jlaz (n, k) + q(n, k) D(K)] (4.5)

where t(n, k) and ¢(n, k) are any integer values chosen to minimize the PAPR
and D(k) > d(k)\/ M (k).
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Figure 4.4: Example of mapping applied to the original 4-QAM symbol into
a 32-QAM symbol in tone injection method.

Figure 4.4 illustrates the TI method applied to a 4-QAM constellation.
The original symbol is represented using a black circle and the equivalent
points of the expanded constellation are represented using white circles. The
TT technique maps the original symbol to the point among all white circles
that minimizes the PAPR.

The constant p(n, k) in Eq. (4.5) can be removed after equalization by
performing a simple modulo-D operation on the equalized signal.

Equation (4.5) shows that the modified constellation X (n, k) has more
energy than the original symbol x(n, k), whenever t(n,k) # 0 or g(n, k) # 0
and D(k) > d(k)y/M (k). This power increase may create secondary peaks
affecting the algorithm performance [66]. Another drawback of TI is the
high complexity associated with the minimization algorithm.

4.3.5 Partial transmit sequence

In the partial transmit sequence (PTS) technique, the input data
block &(n) of N symbols is divided into M disjoint vectors
Xm(m) = [Xn(n,0), X (n,1) oo Xn(n, N — DT, m = 1,2,..., M, ie.,
Xi(n,k)xj(n, k) =0, Vj#i.

The original input data block can be expressed as

M
an) =" xm(n) (4.6)
m=1

Figure 4.5 illustrates an example of N = 8 subcarriers where the symbol
vector X (n) is divided into M = 4 vectors, each vector with N/M = 2 non-
zero values. In the example, each vector {&m(n)}2; is allocated a group of
N/M consecutive subcarriers. In practice, any combination of subcarriers
can be used as long as they result in a disjoint set of vectors.
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Figure 4.5: Example of M = 4 disjoints blocks used with the PTS technique
for an OFDM system with N = 8 subcarriers.

After the initial division each vector &, (n) is converted to time domain
Xm(n) = [Tm(n,0), 2 (n,1),...,2m(n, N — 1)]7, multiplied by a complex
phase, and combined to yield the following time-domain signal

M
X'(n) =Y bm(n) - Xm(n) (4.7)
m=1

where b,,(n) are complex phase factors to be optimized such that the PAPR
of x'(n) is minimized [157].

Thereafter, the low PAPR symbol is transmitted together with the asso-
ciated phase factors. An schematic diagram of the PTS technique is shown
in Figure 4.6. In practice, the phase factors are limited to L values to reduce
the search complexity. The amount of PAPR reduction achieved with PTS
depends on how the N subcarriers are distributed among the {&,,(n)}*.,
vectors and the number of allowed phase factors L. A drawback of this
approach is that the complexity of the optimization method increases ex-
ponentially with M. Some approaches have been proposed to reduce the
computational complexity, see [168—171].

4.3.6 Clustered OFDM

In this technique, the N subcarriers are clustered into M blocks and trans-
mitted over separate antennas [172]. The PAPR is reduced since there are
only N/M subcarriers per transmitter. This approach has the added advan-
tage of diversity gain provided by the use of multiple antennas.

The performances of clustered OFDM (COFDM) and a variation of
COFDM, antenna interleaving OFDM (AIOFDM), have been evaluated in
WLANS system employing a nonlinear PA and the results reported in Pub-
lication P1.

In ATOFDM, the subcarriers used for transmission at each antenna are
spread over the whole frequency bandwidth, thus maximizing the frequency
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Figure 4.7: Carrier allocation for COFDM and AIOFDM for an OFDM
system using N = 64 subcarriers and M = 2 antennas

diversity and at the same time reducing the PAPR in the same way as
COFDM. Figure 4.7 illustrates how the subcarriers are divided between the

antennas for COFDM and AIOFDM when using N = 64 subcarriers and
M = 2 antennas.

Simulation results reported in P1 show that COFDM and AIOFDM help
to reduce the linearity constraints and power efficiency in the PA design.
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4.4 Predistortion

The predistorter (PD) is designed to model the inverse of the nonlinear PA
response. The device is then placed before the nonlinear PA such that a
linearly amplified signal is obtained at the output of the system, see Figure
4.8.

According to the position of the predistorter, three different categories
can be distinguished [29]: 1) the RF predistorter which works directly at
carrier frequency, 2) the IF predistorter that operates at the intermediate
frequency (IF), and; 3) the baseband predistorter where the predistortion
is moved to the baseband frequency allowing the application of DSP tech-
niques. Baseband predistorters that fall within the scope of the thesis will
be discussed next.

The most simple predistorter structures are memoryless, in which the
current output depends only on the current input. The PA effects, charac-
terized by the AM/AM and AM/PM effects, are compensated by using an
expanding nonlinearity corresponding to the PA inverse transfer function.
The memoryless predistortion techniques that have been developed during
last decade are either look-up-table (LUT) based or parameter based.

In the LUT approach a complete input-output mapping of the PD is
stored in memory [173-178]. The extension of LUT method for broadband
PA (memory effects) is proposed in [179]. A review of adaptive LUT tech-
niques can be found in [180]. The drawback of the LUT approach is the
memory requirements, especially when the LUT is extended to handle a
broadband PA with frequency dependent response.

In the parametric approach, the predistorter is described by a nonlin-
ear function, polynomial model, piece-wise linear model or Volterra model.
Parametric implementations for a memoryless PA are proposed in, e.g.,
[181,182].

Memoryless predistorter structures applied to power amplifiers with
memory reach very limited performance [183]. For broadband applications
such as OFDM or for high-power amplifiers, memory effects need to be
considered in the predistorter design [100]. The models that have been con-
sidered for memory PDs are based on Volterra series, Wiener, Hammerstein
and memory polynomial models. To design PDs that take in account PA
memory, one of the following approaches is often taken:

e Direct adaptation:

A model of the PA transfer function is first identified. This model is
thereafter used to find the inverse [184,185]. Figure 4.9 shows the block
diagram of the direct adaptation structure. The PA input ypp(n) and
PA output y(n) are used to calculate an estimate of the PA model g(-).
This estimate is then used to calculate the PA inverse P.
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e Indirect learning adaptation:

The calculation of the inverse of the power amplifier is generally a
difficult task. For this reason the indirect learning method, originally
adopted for predistortion design in [186], is a popular approach for
adaptively finding the predistorter model. In this structure the pre-
distorter is directly designed eliminating the PA estimation step.

In the structure depicted in Figure 4.10, the predistorter parameters
A are obtained by minimizing the error signal e(n) obtained from
the training branch output signal jpp(n) and the predistorter output
signal ypp(n). The parameters obtained in the training branch are
directly copied to the predistorter, avoiding the inverse calculation
process.

Direct adaptation structures based in Volterra series are addressed in
[187-190], where the PA inverse is calculated by applying pth-order inverse
techniques [191]. The preliminary work of indirect-learning Volterra predis-
torter was done in [186]. A similar approach using a multichannel filtering
algorithm is presented in [192]. The high implementation complexity related
with the high number of parameters and the slow series convergence are two
fundamental issues that prevent the implementation of Volterra PDs in real
systems. To reduce the number of parameters related with Volterra mod-
els while still keeping a good model capability, Wiener, Hammerstein and
memory polynomial models can be employed.

The Wiener model has been adopted for PD design in several papers
[193-195]. In [196] an adaptive LMS algorithm is derived for Wiener model
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Figure 4.10: Predistorter implementation using indirect learning structure
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based PD using an indirect learning structure. A direct learning structure
for a Wiener model based PD is presented in [184]. PDs employing a Ham-
merstein model can be found in [197-199]. A Hammerstein and a memory
polynomial predistorter are evaluated in [200], where the memory polyno-
mial predistorter is shown to outperform the Hammerstein structure in the
cancellation of out-of-band emission in a WCDMA system.

Indirect learning based PDs using memory polynomials have been pre-
sented in [103,201, 202]. Replacing the conventional polynomial model by
an orthogonal polynomial alleviate the numerical problems associated with
the estimation of predistorter coefficients [82]. A generalized memory poly-
nomial model that outperform conventional memory polynomials is pre-
sented in [100]. Implementations of PDs using neural networks are reported
in [203-205).

It is important to note that the implementation of baseband predis-
torters requires a feedback of the downconverted (RF to baseband) output
signal [29]. The distortion created by the nonideal behavior of the analogue
components in the feedback path will affect the overall performance of the
PD [206].

4.5 Contributions

This section summarizes the contributions of thesis related to transmitter
compensation techniques. We first present the carrier-allocation method
proposed in publication P2 that reduces the intermodulation distortion
(IMD) in a multiuser OFDM system. A similar approach is found in [207,
Chapt. 6] where an antenna array was used to reduce the IMD in a switched
multibeam FDMA system. In that work, the users of a cellular system are
allocated to frequency channels in such way that the IMD is minimized which
is shown to outperform a random channel allocation. Finally, we describe
the split predistorter (SPD) structure for broadband PA proposed in P6.

4.5.1 Carrier-allocation with reduced IMD

When a two-tone signal is applied in a nonlinear amplifier modelled with an
npa-order polynomial, the frequency components of the output signal are
given by

frvp =mfi £nfs (4.8)

where f1 and f> are the input signal frequencies and m,n are positive integers
such that m +n =npy4.

Considering the application of a two-tone signal in a PA exhibiting high-
order nonlinearities, the number of harmonics and intermodulation products
will be increased. If the power amplifier has a 7-th order nonlinearity, the
terms m and n will run between 0 to 7, m +n < 7. Removing the out-band
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products by filtering, the in-band spectrum will include the 3 — th, 5 — th
and 7 — th harmonics.

For a PA modelled with a third-order polynomial excited with a two-tone
signal of frequencies f; and fo, the following frequency components will be
generated: 3f1, 3fa2, 2f1 + f2, 2f1 — fo, /1 +2f2 and 23 — fi.

We consider a multiuser OFDM system with N, carriers and a maximum
of U users. The proposed intermodulation minimizing allocation technique
(IMAT) assigns to each active user the set of N = N./U subcarriers that
minimizes the interference over other users created by second and third-order
distortion.

The frequency associated with the N, subcarriers are defined by F =
{f1, fo,--., fnc}. In this algorithm only the combination of the maximum
of three carriers is considered. The IMP by two carriers is given by frap =
mf1+nfo with m+n = 3. If three carriers are considered, the IMP appears
at the frequencies fryp = mfiEnfotkfo withm,n, k <0som+n+k = 3.

The user allocation technique can be summarized in two basic steps:

Step 1: The first user is randomly allocated N subcarriers distributed across
the spectrum.

Step 2: If a new user becomes active in the system, it will be assigned a new
group of N carriers. Only the free subcarriers are considered (i.e.,
not previously assigned).

The allocation criterion for each new carrier f; can be written as:

J
Find f; € Fy : =min |y Pra(f;) (4.9)
j=1

where F is the set of free carriers, and Prys(f;) is the power of the
IMP generated between the carrier f; with the J combinations of
the active carriers that generate IMP inside the OFDM bandwidth.

The IMP are calculated by combining the previously assigned carri-
ers with all the possible new carriers allowing no more than one user
per carrier. The new N = N./U carriers that give the minimum
power of the IMP on active users carriers are chosen.

If a new user becomes active, the selection process is carried out
again with the free carriers.

The above method is suitable for medium or low load systems. In the
case of a fully loaded system, the results are the same as with conventional
block OFDM or interleaved OFDM methods.

IMAT requires knowledge on the number of active users and their asso-
ciated subcarriers in order to apply the allocation criterion. The knowledge

69



Table 4.2: Power amplifier efficiency at a fixed BER = 10~ for IMAT
and IAT methods. OFDM system with N, = 64 carriers and two transmit
antennas. The number of user is varying between 1 to 7 assigning N = 8
carriers per user. A class A PA is considered for PAE calculation. High load
and medium load means 7 and 4 active users, respectively.

PAEryar PAEjar PAEpuar PAEjar

Medium load, SNR=10dB  22.5% 12.8% 0.45 0.256
High load, SNR=10dB 8.4% 6.3% 0.168 0.126
Medium load, SNR=20dB  29.7% 26.9% 0.594 0.538
High load, SNR=20dB 20.3% 18.2% 0.406 0.364

of the PA model is not required to apply IMAT. It is based on a realistic as-
sumption that the PA can be modelled using a third-order polynomial. Con-
sidering practical systems with several users and thousands of subcarriers
the complexity of the allocation method is high. However, computationally
efficient techniques can be implemented to compute the IMPs [208].

A base station with L antennas and U mobile stations with a single
antenna has been simulated to evaluate the performance of IMAT. A pre-
IFFT beamforming is implemented in the base station and its weights are
calculated in order to maximize the signal to interference ratio (SIR). L
transmit antennas have been considered in this application to evaluate the
performance of IMAT in a multiple antennas environment. However, the
application of IMAT is not restricted to multi-antenna systems.

The system under consideration has N, = 64 carriers and 2 transmit
antennas. The number of users is varying between 1 to 7 assigning N = 8
carriers per user. Table 4.2 illustrates the PA power efficiency improvements
for a class A PA when using the IMAT and when using the interleaved
access technique (IAT). Efficiency and normalized efficiency are indicated in
the table, where the normalized PA efficiency (PAE) is defined as PAE =
PAE/PAE 4y, with PAE,,4,, = 50% for class A amplifier. From the Table
4.2 in a medium load system we see that using the IMAT outlined above
can improve power efficiency up to 10%.

While IMAT aims to reduce IMP, adaptive resource allocation aims to
maximize throughput without taking into account possible intermodulation
products. Ideally, both techniques should be implemented jointly. One op-
tion is to add a new constraint (minimization of IMP) in adaptive resource
allocation problem. A joint implementation of both techniques can be ex-
plored in future research.
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4.5.2 Split predistorter structure

The SPD is implemented using a low-complexity memoryless predistorter in
the transmitter that compensates the nonlinear distortion and a postcom-
pensation filter at the receiver that jointly estimates PA memory and channel
effects. This approach has several advantages: the out-of-band distortion is
reduced as with the conventional predistorter and the identification of the
PA memory can now be easily performed at the receiver jointly with the
wireless channel. This feature is particularly attractive because the compu-
tationally involved identification and tracking at the transmitter is avoided.
Other approach is presented in [148] where memory effects are compensated
applying frequency domain pre-equalization (transmitter). The drawback
of this technique is that an estimation of the PA memory is required at the
transmitter.

The price to pay for joint estimation of PA memory and channel effects
is an increase in the minimum number of pilot tones. This is because the
effective length of the channel is increased. A conventional OFDM channel
technique can be used for tracking the time-varying channel and the PA
memory effect in digital domain.

In the following we assume that the broadband PA is modelled using a
Wiener structure with a linear filter h, and a static nonlinearity g[-], and
that the length of the cyclic prefix is enough to compensate the ISI created
by the wireless channel and the memory filter. The transmitted signal in
frequency domain, after the modulation and amplification processes, can
now be written as

Xy(n, k) = Kphy(n, k) x(n, k) + d (n, k) (4.10)

where X (n, k) is the transmitted symbol at subcarrier k, d (n, k) is the value
of the nonlinear distortion on subcarrier k, and A,(n, k) is the k-th compo-
nent of the N x 1 frequency response vector of the PA memory.

The xy(n, k) signal is transmitted through the wireless channel, and the
received signal at subcarrier k, at time n, can be expressed as

Yy(n, k) = h.(n, k)Xg(n, k) + n(n, k)
= Kphepp(n, k)X (n k) + he(n,k)d (n, k) + n(n, k) (4.11)

where 1n(n,k) is the additive noise, assumed here to be circular complex
Gaussian with variance o2, and A.rp(n, k) = Ay(n, k)Ae(n, k) is the effective
channel, where A.(n, k) is the channel response at subcarrier k.

The predistorter tasks can now be distributed such that the transmitter
compensates for the static nonlinearity, and the receiver equalizes the PA
memory.
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e Memoryless PD

A @-th order polynomial predistorter P(x) is designed to linearize the
static nonlinearity,

Q
Ple(n)] =) bila(n)] (4.12)
1=0

Defining a P-th order polynomial model for the static nonlinearity g(-),
the output of the predistorter-amplifier combination can be written as

P Q ' J
y(n) =) q (Z bi\x(n)V) (4.13)
i=0

j=0

The inverse of the power amplifier function can be fitted by another
polynomial from training data [181]

Q .
zi(n) = g7 [ye(n)] =Y _ Bl (n) (4.14)
5=0

where z;(n) is an input training sequence and y;(n) is the system out-
put. The coefficients 3; of the polynomial predistorter can be obtained
using an LS estimate as

8= [Yivy,] 7 YiX, (4.15)

where Y,, is the Vandermonde matrix formed by the output signal
vector, and 3 = [Bo,B1,--.,Bq] are the estimated coefficients that
describe the inverse nonlinearity polynomial g~![-]. Finally, the pre-
distortion function P(x) is given by

o

Ple(n)] = ¢ (w(n) =) Biajz(n) = bja(ny
j=0

=0
with bj = a{ﬂj.

e Memory equalization

A joint estimation of the linear part A, and transmit channel A, in fre-
quency domain is proposed eliminating the model estimation process
at the transmitter. Moreover, tracking capability is included and time
variations due to PA memory and wireless channel can be followed
because the estimation of the effective channel is carried out for each
OFDM symbol.

We assume a comb-type pilot arrangement where a set of T' carriers
are dedicated for channel estimation [209]. Furthermore, let 7 =
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{k1,- -+ ,kr} denote the set specifying the T pilot carriers. The channel
frequency response on these subcarriers (k € 7)) may be estimated as

A~

hepp(n k) = yln,k)/x(n,k) (4.16)

= futonbKi+ o T+ H

where d'(n,k) is the residual nonlinear distortion that was not re-
moved by the predistorter, and X (n, k) is the training symbol.

Collecting the channel estimates obtained at the pilot carriers into

~

vector Ay(n) = [Aesr(n, k1), -, Aepp(n, kr)]T, the whole channel fre-
quency domain response can be obtained through interpolation using
truncated DFT matrices [210], as given in the following expression

~

bess(n) = QNIQEQr] QAL (n) (4.17)

where matrix Q7 is formed from the IDFT matrix Qun by extracting
the T' columns associated with the pilot subcarriers and the L.s; rows
associated with the non-zero time-domain channel taps.

The proposed technique obtains the best performance when the PA
can be accurately modelled using a Hammerstein model. However,
considering small levels of residual nonlinear distortion, the technique
shows excellent performance also for Wiener structures.

The performance of the SPD is evaluated for several PA models and
compared with a conventional PD where the linear model is assumed to
be known. Linear PA and a nonlinear PA compensated with memoryless
PD are included for reference. Figures 4.11 and 4.12 show the BER results
for two different PA models. The PA models and simulation parameters
are summarized in Table 4.3. Simulation results show that the SPD tech-
nique is robust to different PA models reaching a similar performance to the
conventional PD (with memory).
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Table 4.3: Simulation parameters used for generating Figures 4.11 and 4.12.

System parameters

Number of subcarriers 512

Cyclic prefix length 16

Modulation 16-QAM

Channel SUI 3 [211]

Number of pilot carriers 32

PA models

Model 1 Modelled with a Wiener
model.

WLAN low-power amplifier Nonlinear block: 5-th order
polynomial.
Linear block: FIR filter of 7
taps.

Model 2 Modelled with a Wiener
model.

Class AB amplifier Nonlinear block: 5-th order
polynomial.
Linear block: IIR filter.

Model 1
lOU T T T
Linear
—+8— Conventional PD
Split PD
% -~ PD Wo Memory Comp.
107t E e - - B
ot
m -2}
= 10
10-3 F
10_4 Il Il Il Il Il Il Il
0 5 10 15 20 25 30 35

Eb/No [dB|

Figure 4.11: BER versus FEp/N, of an OFDM system with 16-QAM mod-
ulation, for split predistortion (SPD), conventional PD with nonlinear PA
(model 1 in Table 4.3), and memoryless PD.
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Figure 4.12: BER versus Fp/N, of an OFDM system with 16-QAM mod-
ulation, for split predistortion (SPD), conventional PD with nonlinear PA
(model 2 in Table 4.3), and memoryless PD.






Chapter 5

Power amplifier distortion
compensation at the receiver

The removal of the PA nonlinear distortion at the transmitter is often pre-
ferred to avoid the problems due to the wireless channel that introduces
additional memory and has time-variant characteristics [196]. On the other
hand, transmitter compensation techniques, like predistorters and PAPR
reduction, may render the implementation too complex in small handsets
(cellular telephony) or subscriber units (WLAN and WiMAX). This chapter
reviews distortion compensation techniques suitable for implementation at
the receiver. Finally, the author’s contributions are reviewed.

5.1 Introduction

Nonlinear PA distortion compensation at the receiver enables a reduced
transmitter complexity when compared with a transmitter compensation
solution. Instead, the demanding processing is moved to the receiver. The
choice between a receiver or a transmitter implementation depends on sys-
tem complexity that can be supported. Receiver compensation techniques
can be justified at base stations where higher computational complexity,
power consumption, and implementation cost are allowed while the mobile
transceivers are preferred to be kept simple and power efficient.

As an important note, it is worth mentioning that receiver compensation
techniques can only mitigate the effects of in-band distortion. Therefore, the
power amplifier operation point needs to be set in a region such that the
spectral regrowth, which creates interference on neighboring users satisfies
the spectral mask requirement set by the standards.

Receiver compensation techniques include postdistortion methods !

'In this thesis the term postdistorter refers to the compensation technique implemented
after the nonlinearity in the receiver side in contrast with some publications where this
term is used for the element placed after the nonlinearity in the transmitter [212-214]



[32,215-217], nonlinear equalization [218-220], and iterative detection meth-
ods [33, 34,221-223]. The first two approaches were developed for single-
carriers systems. Iterative detection methods are more recent and have
been developed for OFDM systems.

A postdistorter generates a nonlinear distortion signal based on the re-
ceived signal and is used for cancelling the IMPs in the received signal.

Nonlinear equalization using Volterra series to remove the nonlinear dis-
tortion in voiceband data transmission is proposed in [218]. A Volterra
equalizer applied in satellite channels is addressed in [219], where the iden-
tified channel impulse response is used to reproduce the ISI term and cancel
it from the demodulated signal. Later on, the same authors developed an
adaptive cancellation of nonlinear ISI in voiceband systems employing a
decision feedback equalizer [220]. For an interesting analysis of the per-
formance of predistortion, equalization and ISI cancellation techniques in a
transmitter employing a nonlinear PA, see [224].

The development of receiver cancellation techniques for removing non-
linear distortion in multicarrier systems was initiated in the 90’s. These
techniques mitigate the effects of the clipping operation and are based on
iterative detection of the original signal to reconstruct the clipping noise
[33,34,221-223]. With the objective of removing nonlinear distortion arising
from practical PAs, e.g., SSPA and TWTA, a sub-optimal iterative receiver
for distorted OFDM signals was introduced in [225].

Clipping noise cancellation techniques are applied in the receiver to re-
duce the in-band distortion created by the clipping operation, applied to
reduce the PAPR of the time domain OFDM signal [130], performed in the
transmitter.

Section 5.2 provides an introduction to the most relevant iterative tech-
niques proposed in the literature. The concept of iterative detection is then
extended to a multiuser SDMA-OFDM system in publications P3 and P5 of
this thesis. Important practical issues like channel estimation and PA mod-
elling errors are dealt with in publication P4. The extension to broadband
PAs is considered in publication P8, where also an adaptive PA parameter
estimation is performed at the receiver.

An overview of the contributions of this thesis related to publications
P3-P5 and P8 are provided in Section 5.3.

5.2 Detection of clipped OFDM signals

In the following, we briefly describe the iterative detection techniques for
clipped OFDM signal presented in [33,34]. A different approach that recon-
struct the clipped symbols by using oversampling proposed in [226] is also
described.
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5.2.1 Decision-aided reconstruction of clipped signals

The first approach to the reconstruction of clipped OFDM signals is the
decision-aided reconstruction (DAR) technique proposed in [33].

Considering a soft limiter PA, the signal after clipping operation z4(n),
can be written as

ry(n) = {x<n>, j2(n)] < A, 51)

As, |z(n)| > As

where x(n) is the undistorted time domain input sequence and Aj is the
output saturation voltage (clipping level) of the PA.

The clipped signal is transmitted through the channel and after the DF'T
operation, the received signal in frequency domain is given by

Yy(n, k) = h(n,k)Krx(n, k) + u(n, k) (5.2)

where fi(n,k) is the complex channel gain at subcarrier k, u(n,k) =
h(n,k)d (n,k) + n(n, k) is an additive distortion term that includes the
clipping noise and the AWGN channel noise, and K, is the gain factor. For
large clipping levels K = 1 and is, therefore, not included in the recon-
struction algorithm summarized below:

Step 1: The soft estimate of the clipped transmitted signal is obtained as
Xy(n, k) = Zﬁ/EZ’g for k=0,---,N —1.

Step 2: For iteration m, the symbol decisions x (™) (n, k) are found according
to

x™(n, k) = argm;én y ™ (n, k) — A(n,k)x|, 0< k< N—1 (5.3)

where m represents the iteration number and _1;{(0) (n,k) = y(n, k).

Step 3: The soft estimates {Ay(n, k)}ivz_ol in Step 1 and symbol decisions
{x(™)(n, k)},]f:_ol are converted to their corresponding time do-
main sequences {2,(n,i)}N " and {#(™ (n,i)} ! using the IDFT.
Clipped samples are detected and a new sequence is generated
{iém) (n,i)}N5! according to

#m) (n, 1) = {%g(”ai)a 12(M) (n,i)| < Ag (5.4)

£ (n,4), |20 (n,4)| > A,
for0<i< N -—1.

Step 4: The sequence {:%ém) (n,i) f\i _01 is converted back to frequency domain
obtaining {Xg(m) (n, k) fial.
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Step 5: The index number is increased m = m + 1 and y(m)(n, k) is deter-
mined by

Y™ (k) = A(n, k)3 (n, k) (55)
Step 6: Go to Step 2 to refine the symbol estimates.

The DAR technique in [33] was evaluated for a fixed channel and showed
good performance for clipping levels larger than 4 dB for the case of 16-
QAM modulation. For the case of lower clipping levels, the decision errors
degrade the performance. This is a problem associated with most decision-
based techniques. The DAR performance in a static channel including the
effects of channel estimation errors was also evaluated in [33]. A single chirp
sequence with unitary PAPR [227] was used to estimate the static channel.

5.2.2 Iterative clipping noise estimation

If the clipping noise is generated by a known process, it can be regenerated
in the receiver and thereafter removed [34]. Assuming a soft limiter PA as in
Eq. (5.1), the clipped signal can be modelled as an undistorted attenuated
component K7, x(n) plus a distortion noise d(n)

xg(n) = K x(n) +d(n) (5.6)
The received signal in frequency domain can be expressed as
Yy(n, k) = h(n, k) [Kﬁ((n, k) + d(n, k‘)] + n(n, k) (5.7)

where, as before, ﬁ(n, k) is the complex channel gain at subcarrier k& and
n(n, k) is AWGN noise.

If the receiver knows the clipping level A,, and assuming a perfect chan-
nel knowledge, the clipping noise d (n, k) can be estimated and then canceled
from the received signal in Eq. (5.7).

The iterative cancellation process can be summarized as:

Step 1: Using the channel observations {y(n, k)}évz_ol, the transmitted sym-
bols are decoded and detected { X (n, k)}ivz_ol

Step 2: The decoded sequence {x (n, %)} is converted to the correspond-
ing time domain sequence {:ﬁ(n,z)}f\i _01. The clipped time-domain
sequence {i,(n,i)} ! is regenerated by using Eq. (5.1) and con-
verted to frequency-domain obtaining {x,(n, k) éV:_Ol. The attenu-
ated frequency domain symbols Ky {x(n,k)}5, are also regener-

ated.

Assuming that K7, is known, the clipping noise can be estimated as

d(n,k) = x,(n, k) — Kpx(n,k), 0< k<N -1 (5.8)
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Step 3: The estimated clipping noise is subtracted from the received signal,
obtaining a refined channel observation

(. k) = y(n k) — fi(n,k)d (n, k) (5.9)

Step 4: Go to Step 1 and obtain the new symbol estimate with the refined
channel observation (n, k)

The proposed method estimates and cancels the clipping noise instead
of restoring the clipped signal to its unclipped form that is more sensitive to
decision errors as done in [33]. The robustness of the technique with respect
to channel estimation errors was not addressed. The original technique
proposed includes oversampling and implement a clipping-filtering technique
to cope with the out-of-band distortion [34,228].

The previous technique was developed for removing the distortion from
soft limiter PA models (i.e., clipping noise). The case of real amplifiers,
as memoryless SSPA, were considered in [221, 225]. More details related
to the cancellation of nonlinear distortion and practical issues, as channel
estimation and PA model estimation, can be found in Section 5.3.

5.2.3 Clipping noise cancellation using oversampling

It is well known that as long as the average sampling rate of a signal is
above the Nyquist rate, lost samples can be recovered based on the other
samples [229]. Based on this idea, a reconstruction of the clipped samples
(lost samples) in an oversampled system was proposed in [226].

The system performance is improved using this method in terms of BER.
However, the proposed technique requires a bandwidth expansion between
25% to 100%. Another problem is that the use of oversampling in the
transmitter increases the adjacent channel interference reducing the effective
SNR due to the adjacent users.

Moreover, instability problems are reported when the number of clipping
events is increased (i.e., low clipping levels).

5.3 Contributions

There are two different situations where receiver compensation techniques
are applied: 1) to remove the nonlinear distortion induced by deliberate
clipping that is applied to reduce the dynamic range of the PA, and 2) to
remove the nonlinear distortion created by the nonlinear transfer function of
the PA without the implementation of deliberate clipping. In the first case,
only the knowledge of the clipping level is required for the implementation
of the compensation technique [33,34]. Publication [P5] assumes that the
nonlinear distortion is created by the nonlinear PA itself. In this case,
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the compensation technique requires knowledge of the PA parameters, e.g.,
polynomial coefficients when a polynomial is employed to model the PA
response.

In the next subsection, the contributions of this thesis to receiver side
cancellation techniques are briefly described. In the first part, the extension
of iterative detection techniques to multiuser case presented in P3 and P5
is presented. This work also includes the derivation of channel estimation
method for systems affected by nonlinear distortion addressed in publication
P4. Finally, the application of the cancellation technique to broadband PAs
and adaptive estimation of the PA parameters presented in [P8] is reviewed.

5.3.1 Power amplifier nonlinearities cancellation (PANC) for
SDMA-OFDM systems

In this work a combination of multiuser detection and clipping noise miti-
gation techniques is proposed. We consider an SDMA-OFDM system with
N subcarriers, a base station with P antennas and L mobile users with a
single transmit antenna, as depicted in Figure 5.1.

Under the assumption that the power amplifier is operating in a bias
region where several clipping events occur during an OFDM symbol, the
output of the power amplifier can be modelled as a scaled version of the
input signal plus an additive distortion term, as was discussed in Chapter
3, Section 3.2.

Including this additive distortion term into the signal model in Eq.
(2.13), the received signal on subcarrier k can now be written as

y(n, k) = H(n,k)[Krx(n, k) + d (n, k)] + n(n, k) (5.10)

where, as before, y(n,k) = [th(n,k),...,yp(n,k)]T denote the vector of
received signals, x.(n, k) = [x1(n,k),..., x(n, k)] is the vector containing
transmitted signals from each user, #(n,k) € CP*! is the additive noise
assumed to be circular complex Gaussian with E[n(n, k)ntl(n, k)] = 021,
and H (n, k) € CP*L is the channel transfer matrix given by Eq. (2.14). The
new term d (n, k) = [di(n,k) -+, di(n,k)]T (compared with Eq. (2.13)) is
the vector containing the nonlinear distortion of each user.

The idea of the power amplifier nonlinearities cancellation (PANC) tech-
nique is to employ a model of the transmitter nonlinearity g(-) to esti-

mate the nonlinear distortion term & (n,k) from the estimated symbols
{X(n, k) ,]j:_ol. The estimated distortion vector is then removed from the
original received vector, such that a new refined estimate of x,(n, k) can be
obtained. This process can be performed iteratively until some predefined
bound is reached.

The PANC technique is applied after the LS receiver independently for
each user using its own PA parameters. In this analysis, K, is assumed as
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Figure 5.1: Block diagram of an SDMA-OFDM system consisting of one
base station equipped with P antennas and L mobile users each with a
single antenna element.

a scalar constant to simplify the notation. The PANC algorithm is carried
out for each user and can be summarized in three steps:

Step 1: Multiuser detection

Employing the LS detector, defined in Eq. (2.16), the estimation of
the jth user signal is given by

£ (k) = KLL [y{ (n, k)col, { [#H(n, 0" 2 (0, ) _IH ! y(n, k)
— Kpd™(n,k) (5.11)

where col;j{-} denotes the jth column vector of the corresponding

matrix. For initialization, we set cfj(o) (n,k) = 0.

Step 2: Demodulation

Using &, (n) = (™ (n,0), 3™ (n,1),....&"™ (n,N — 1|7, a
estimate ng)(n) = [z ](m)(n 0), z ( )(n, 1),...,2 (m)(n N — )7 of
the original transmitted constellatlon 7(.]'(”) is obtalned by applying
hard decoding (or more efficient methods if coding is employed).
The detection operation can be represented as

2™ (n, k) = <5Q(n,k) - [fj<m>(n,k)> (5.12)

where ( ,) denotes the symbol decision process in which the decoder
chooses the value of z](m) (n, k) that is closest in Euclidean distance

to x;(n, k).
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This process is carried out for all active carriers. Using the recovered
symbols, the time domain signal of each user is reproduced via IDFT

as 2™ (n) = Q2™ (n).

Step 3: Distortion removal

If the nonlinear model of the PA, g[-], is known at the receiver, the
distortion in time domain can be estimated as

d;(n) = g[&\™ (n)] — K2 (n) (5.13)

The frequency-domain distortion term is obtained by applying the
DFT operator

4" = Qi {ok ") - kXM (5a)

e g o (m) (m) T
The distortion tfj (n) = [d; (n,0) ---, d; (n,N — 1)]

is then subtracted from the estimated signal ?A(_gm)(n) =

[ftj(m)(n,O) I @(m)(n,N — 1D]T (in step 1). Using this re-
sult, the transmitted constellation is re-estimated in a new decod-
ing/distortion cancellation step.

Simulation results suggest that two or three iteration are sufficient.

In the previous description of the PANC technique, the channel has been
assumed known in the receiver. In practice, the channel needs to be esti-
mated. The employed channel estimation scheme will play an important
role because estimation errors will degrade user separation and as a con-
sequence affect the performance of nonlinear distortion cancellation. It is,
therefore, important to provide accurate channel estimates. On the other
hand, the estimation quality is strongly related to the number of dedicated
pilots. If only FD channel estimation is used (i.e., pilot carriers), a signifi-
cant number of pilot tones are required which reduces the effective data rate
of the system. Therefore, to enable a practical pilot overhead we consider
a channel estimation approach in publication P4 that combines frequency-
domain (FD) estimation with time-domain (TD) estimation. The basic idea
is to use the equalized signal obtained by using an initial frequency-domain
channel estimate to remove the multiuser interference and the nonlinear dis-
tortion, and improve the channel estimate in time domain (TD). A block
diagram that illustrates the combination of the channel estimation method
and PANC is shown in Figure 5.2.

The performance of PANC was evaluated for stationary and time-varying
channels. Simulation parameters are summarized in Table 5.1.
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Figure 5.2: Channel estimation with PANC. sy: Transmitted symbols are
recovered using the previous channel estimate, s;: Transmitted symbols
are recovered using the new FD channel estimate obtained after nonlinear
distortion cancellation (after PANC), so: Transmitted symbols are recovered
with a refined TD channel estimate.

Figure 5.3 and 5.4 present a family of BER curves for an SDMA-OFDM
system affected by nonlinear distortion assuming perfect channel informa-
tion (CSI) and using FD-TD channel estimation technique. This curves
are obtained using an stationary and a time-varying channels respectively
with L = 2 active users and P = 4 receive antennas and assuming that the
PA model is known at the receiver. Figure 5.4 also includes BER curves
considering that the PA model is estimated using a 7-th order polynomial.
The combination of a memoryless PD with PANC is also evaluated. These
BER curves show that PANC is robust to PA modelling errors and channel
estimation errors. The combination of PANC with PD do not present an
improvement in the BER. However, this combination can be an interesting
option because the PD provides a reduction of the out-of-band distortion
and PANC reduces the BER.

5.3.2 Power amplifier nonlinearities cancellation (PANC)
technique with adaptive PA model estimation

The PANC technique and its predecessors [33] and [34] require the knowl-
edge of the PA model parameters in the receiver. The transmission of PA
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Figure 5.3: BER versus E,/N, of a P x L SDMA-OFDM system P = 4 and
L = 2 with 16-QAM modulation, for PANC with FD-TD channel estimation
(T' = 32 subcarriers per user), stationary channel, and using perfect channel
state information (CSI), and LS detector, SSPA PA model with clipping
v =4 dB. Results obtained with linear PA and nonlinear PA (NL) without
PANC are included for reference.

Table 5.1: Simulation parameters used for generating Figures 5.3 and 5.4

System parameters

Number of subcarriers 512

Cyclic prefix length 8

Modulation 16-QAM
Power amplifier SSPA
Clipping level 4 dB

Carrier frequency 5 GHZ
Bandwidth 20 MHZ
Channel parameters

Type Typical Urban
Channel delay profile [0,1,2,3] us
Power loss taps [0,-1,-3,-9] dB
Mobile speed 5 km/h, 30 km/h
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Figure 5.4: BER versus E,/N, of a P x L SDMA-OFDM system P = 4 and
L = 2 with 16-QAM modulation, for PANC with FD-TD channel estima-
tion (7" = 16 subcarriers per user), time-varying channel, and using perfect
channel state information (CSI), and LS detector, SSPA PA model with
clipping v = 4 dB. Results using perfectly known PA model and estimated
PA model using a 7-th order polynomial, and linear PA and nonlinear PA

(NL) without PANC are included for reference.

parameters can be done in the initialization jointly with channel estimation
and synchronization, see P5. In order to simplify the hardware required for
the identification and tracking of the PA model in the transmitter unit, pub-
lication P8 proposes to move these tasks to the receiver. The new approach
has several advantages:

e The computationally involved PA identification and tracking at the
transmitter is avoided and the PA model estimation can be done fully
in digital domain. In the case of PA identification at the transmitter,
the input-output measurements required to estimate and track the PA
model need a feedback loop from analog domain (PA output) to digital
domain increasing the hardware complexity.

e The technique is applicable for the case of broadband PAs because the
proposed PA model estimation approach takes into account the esti-
mation and equalization of the effective time-varying channel (wireless
channel plus PA memory).
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The system under consideration is a single-user OFDM with NV subcar-
riers where the PA is modelled with a Hammerstein structure, i.e., it is a
cascade of a static nonlinearity block denoted by ¢(-) and a linear filter c¢(n),
see Section 2.5.2.

Assuming that the cyclic prefix is chosen larger than the effective channel
length, i.e., the convolution of the linear part c(n) € CV*! of the Hammer-
stein model and the wireless channel h(n), the received signal at subcarrier
k can be expressed as

y(n,k) = hepp(n, k) [Kpx(n, k) + d(n,k)] + n(n, k) (5.15)

where 1(n,k) is the additive noise, assumed here to be circular complex
Gaussian with variance 02, and fi.z(n, k) = ¢(n,k)A(n, k) is the effective
channel.

Assuming perfect knowledge of the effective channel, the equalized
frequency-domain signal is given by

Y(n,k) = Kpx(n,k) + d (n, k) + n(n,k)/bepr(n, k) (5.16)

We see from Eq. (5.16) that the use of a nonlinear PA affects the detection
process adding an additive term and scaling the original signal.

The PANC technique described in Section 5.3.1 can be directly applied
to this case. However, the PANC technique requires the knowledge of the
static nonlinearity g[-] and the effective channel fir¢(n, k). In P8 we show
how to estimate the PA model and the channel in the receiver.

Step 1: Initial channel estimation

In the initialization step, two OFDM pilot symbols are transmitted.
The first symbol has a low PAPR to enable accurate estimation of
the effective channel f.ff(n, k) without the influence of the nonlin-
ear static block g[-], i.e., we can assume d (n,k) =0 and K7 = 1.

The channel frequency response on the pilot subcarriers can now be
obtained as

- n, k
fo(n, k) = fé((n k)) VkeT (5.17)

where T = {kq,...,kr} denotes the index set specifying the T" pi-
lot carriers with {kp};;p:l taken from the set {1,..., N}. The whole

frequency domain channel response A, #f(n) is obtained through in-
terpolation using truncated DFT matrices [210].

Step 2: Initial PA model estimation

A second OFDM pilot symbol designed to have a uniform amplitude
distribution is exploited to estimate g[-]. The PA modelled with a
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P order polynomial whose coefficients a(n) = [a1(n),--- ,ap(n)]”

can be estimated at the receiver using an LS estimator as

a(n) = [U"(n)U(n)] U (n)y(n) (5.18)
where y(n) is the N x 1 time-domain received signal after
equalization (see Eq. (5.16)) that represents the output of
the PA, and U(n) is an N x P Vandermonde matriz con-
structed with the N input vectors {u(n,j)}é\f:l given by u(n,j) =

. . A p1T
Step 3: PA model and channel tracking

During normal data transmission, the channel estimation needs to
be carried out in the presence of nonlinear distortion. The chan-
nel estimation technique derived in P4 can be applied here. From
Eq. (5.15), we see that during data transmission, the channel is
estimated as
fon k) = — 3B e (5.19)
x(n, k) +d(n, k)

where d (n, k) is obtained from the output of the PANC detector.

The variations in the PA between consecutive OFDM symbols can
be tracked by using a normalized least mean-square (NLMS) algo-
rithm operating on the OFDM subsymbols, i.e., sample-by-sample
processing.

The proposed technique presents promising results as is illustrated in
Figure 5.5, where the BER curves are plotted for a PA modelled using
a Hammerstein model. Simulations results have been obtained using the
parameters summarized in Table 5.2
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Figure 5.5: BER versus E,/N, for PANC with adaptive PA estimation and
using initial PA model estimate (no tracking), FD channel estimator (7 = 32
pilot subcarriers) and time-varying Hammerstein-type PA model. Linear
PA with channel estimation (CE) and channel state information (CSI), and

nonlinear PA without PANC are included for reference.

Table 5.2: Simulation parameters: PANC with adaptive PA model estima-

tion

System parameters

Channel delay profile
Power loss taps
Mobile speed

Number of subcarriers 512

Cyclic prefix length 16

Pilot carriers 32

Modulation 16-QAM

Power amplifier SSPA with memory
Clipping level 4 dB

Carrier frequency 5 GHZ

Bandwidth 20 MHZ

Channel parameters

Type Typical Urban

[0,1,2,3] us
[0-1,-3-9] dB
2 km/h
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Chapter 6

Conclusion

6.1 Summary

In order to exploit fully the benefits provided by OFDM, advanced signal
processing techniques are required to cope with several practical issues, e.g.,
accurate channel estimation, compensation of power amplifier nonlineari-
ties, I/Q mismatch, phase noise, and synchronization. At the same time,
implementation complexity should remain low and the PA power efficiency
needs to be maximized. The PA dominates the power consumption of the
whole system. This means that the operating time in a terminal greatly
depends on the efficiency of the PA. Base stations also require high power
efficiency in order to achieve low power consumption and avoid problems of
overheating.

The power efficiency of OFDM communication systems is limited by two
key factors: the high PAPR levels of the OFDM signals (high amplitude fluc-
tuations), and the nonlinearity of the PAs. The high dynamic range of the
OFDM signal requires that the PAs are operated with high back-off to avoid
nonlinear distortion. However, reducing the average operating power results
in a poor power efficiency. Increasing the average operating power increases
the power amplifier efficiency by allowing the PA to operate in its nonlinear
region. The resulting nonlinear distortion degrades the system performance.
This trade off between power efficiency and nonlinear distortion has been
the main driver in the development of new signal processing techniques for
reducing the PA induced nonlinear distortion.

This thesis analyzes the performance degradation due to nonlinear am-
plifiers in multicarrier systems, and proposes cost-effective solutions for the
cancellation of nonlinear distortion effects.

The influence of nonlinear amplification in multi-antenna OFDM sys-
tems is studied when employing memoryless and broadband PAs. We de-
rive closed-form expressions for bit error probability (BEP) and capacity for
multi-antenna OFDM systems that employ nonlinear memoryless PAs. The



special case of SDMA-OFDM systems is studied but the results are readily
extended to other OFDM systems with diversity. In the case of broadband
systems, where memoryless PA models cannot be considered anymore, a
closed-form BEP expression is derived for an OSTBC-OFDM system that
includes the effects of nonlinear distortion and imperfect PA memory estima-
tion. The results show that even for the case when the nonlinear distortion
is removed, PA memory estimation errors increase substantially the BEP
levels. That is, memory compensation is not a minor issue and must be
solved in practical OFDM implementations.

The performance analyses carried out in this thesis motivate the imple-
mentation of nonlinearity compensation techniques to obtain tolerable levels
of bit error rate (BER) and capacity. Several techniques have been pro-
posed in this thesis including low PAPR OFDM implementations, receiver
cancellation techniques implemented for memoryless and broadband PAs,
transmitter compensation techniques and a hybrid solution that distributes
the compensation tasks between the transmitter and the receiver.

Initially, we propose a transmitter technique suitable for a multiuser
OFDM system where the subcarriers are distributed among the users to
minimize the intermodulation distortion created by nonlinear PAs. The pro-
posed intermodulation minimizing allocation technique (IMAT) assigns the
subcarriers to each user such that the resulting second- and third-order in-
termodulation distortion that interfere with other users is minimized. IMAT
reports good BER results and improvements in the PA power efficiency.

Thereafter, a novel receiver technique that is able to cancel the nonlin-
ear PA distortion, referred to as power amplifier nonlinearities cancellation
(PANC), is developed. The proposed technique combines multiuser detec-
tion and nonlinear distortion mitigation techniques. When applied in an
SDMA-OFDM system, the PANC technique reduces drastically the effects
of the nonlinear amplification and improves the power efficiency. Its ro-
bustness in a realistic scenario, which includes channel estimation and PA
modelling errors, was evaluated showing excellent results. The challenging
scenario of time-varying (and frequency selective) channels that need to be
tracked during transmission is addressed. The channel estimation scheme
needs to be carefully designed because estimation errors will degrade user
separation and affect the nonlinear distortion cancellation performance. On
the other hand, the estimation quality is strongly related to the number of
dedicated pilots symbols. A combined frequency-domain and time-domain
channel estimation strategy that incorporates the distortion estimates from
PANC into the estimation procedure is proposed. The combined channel
estimation and PANC approach enables a practical pilot overhead and is
not affected by the nonlinear distortion.

PANC is an attractive technique for uplink transmission because the
computationally intensive tasks are implemented in the receiver (base sta-
tion) where more resources are available. The PANC technique requires a
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model of the PA to be known at the receiver. Initially we considered the
more simple case where the PA model is estimated in the transmitter and
sent to the receiver during initialization. We then consider the more practi-
cal approach to estimate and track the PA parameters in the receiver. The
modified technique also considers the case of broadband PA.

Finally, a split predistorter (SPD) structure is introduced to cope with
nonlinear distortion from a broadband PA. The goal is to alleviate the high
complexity related with the conventional predistorter design. The SPD
method avoids PA memory estimation at the transmitter enabling a reduced
complexity broadband PA distortion compensation. The idea of the SPD
is to distribute the predistorter tasks such that the transmitter compen-
sates for the static nonlinearity using a low complexity PD, and the receiver
identifies and compensates the PA memory jointly with the wireless channel.

The techniques presented in this thesis to compensate the harmful ef-
fects of nonlinear PAs can be implemented together with other techniques
like PAPR reduction or linearization techniques to get even higher power
efficiency maintaining a reduced performance degradation.

6.2 Future work

Possible topics of future research include

e The problem of PA model estimation at the receiver for more general
broadband models like Wiener-Hammerstein and generalized polyno-
mial models. This topic is at present time under research with the
objective to provide a general cancellation technique that covers the
different PAs used in real-world communication systems.

e Theoretical derivation of BEP after PANC. PANC is based on a
decision-feedback structure, and its performance depends on the accu-
racy of the initial estimation and the number of detected errors. As
a consequence, the theoretical analysis of the performance of PANC
is not trivial. However, it will be very useful for predicting when the
iterative technique can be applied with good results.

e The evaluation of the proposed compensation techniques using real-
world signals (measurements).

e Compensation of carrier frequency offset in an OFDM system affected
by other RF impairments.

e Optimization of the developed compensation techniques to be imple-
mented in Digital Signal Processors (DSP), Field Programmable Gate
Array (FPGA) or Application Specific Integrated Circuits (ASIC) are
other open issues to be explored in real-world systems.
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