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Abstract

The internet has become part and parcel of consumers’ daily activities. One can
simply buy anything online only with a click of a button and have products delivered
right at their doorstep. This paper explores the antecedents of Chinese consumer
behaviours towards online shopping. The quantitative research method was adopted
for the study using data obtained from 208 Suzhou residents and analysed using
Structural Equation Model (SEM) with Amos 23. The paper concludes that attitude is
the sole predictor of online shopping behaviour. The results of the study further show
that online shopping experience and social influence relate positively and significantly
with the sentiment but price motion was not significant. Also, convenience has a
positive significant relationship with attitude whiles perceived usefulness, but the ease
of use was not significant. Finally, the results reveal that sentiment is not directly
related to online shopping behaviour but indirectly related through attitude. Based on
these findings, we provide important managerial implications and offer guidance to e-
commerce platforms and online retailers.
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Introduction

Online presence and activity have become of paramount importance in our daily lives.
It is predicted that global e-commerce sales are expected to reach $4.2 trillion USD in
2020 and reach more than $6.5 trillion by 2023 (Winkler, 2020). More than 2.1 billion
shoppers are expected to purchase goods and services online by 2021 (Winkler,
2020). China has the biggest online shopping market in the world with over 3.88
trillion RMB online shopping market transactions reached in 2015 (Miao, Lu & Xie,
2017). It was revealed that about 80% of adults in China’s biggest cities already shop
online (The Economist, 2017). This shows that China has undoubtedly established
itself as the world’s biggest online market and related infrastructure. However, there
are few pieces of research that have been done on online shopping behaviour
compared to intention, especially in China. Prior studies show that online shopping
research focused more on customer intention rather than behaviour (Kim, Lee, Hwang
& Yoo, 2016; Wei, Lee & Shen, 2018; Wei, Wang, Zhu, Xue, & Shen, 2018). For
instance, Jalilvand and Samiei (2012) disclosed that online customer behaviour has
received little attention in the literature compared with intentions. There is limited
scholarly research on online shopping behaviour (Fogel & Zachariah, 2017),
therefore, there is a need for more research to be on online shopping behaviour. One
of the reasons why testing of behaviour is better than intention is that intentions do
not always translate into behaviour (Jalilvand & Samiei, 2012) because it is believed
that consumers may forestall wrongly the shopping context which distracts them from
their intentions to purchase (Auger & Devinney, 2007).

Similarly, Carrington, Neville, and Whitwell (2010) suggested that certain types of
situations constrain the translation of intentions into behaviour, for instance, the
distraction in the shopping context could make a person forget his/her intentions.
Ajzen (1990) also asserts that a lack of ability to perform certain behaviours can
prevent an individual’s intention to lead to behaviour. Therefore, to bridge this gap,
this paper intends to empirically examine antecedents of Chinese consumers’
behaviour towards online shopping using the Unified Theory of Acceptance and Use
of Technology (UTAUT) and data from residents of Suzhou. The study chose Suzhou
which is of the second-tier cities in China as the study area because most past online
shopping studies conducted in China focused on first-tier cities such as Beijing,
Shanghai, Fuzhou, and Guangzhou (Jun & Jaafar, 2011). Even though most online
marketers have focused their attention on capturing consumers in high-tier cities, but
over 50 percent of digital consumers residing in lower-tier cities (Bu, Wang, Wang &
Zipser, 2019). There are differences in terms of growth and expansion of economies,
consumer behaviour, income level, population size, consumer sophistication,
infrastructure, talent pool, and business opportunity between first and other tier cities
in China (Wang, Xia, & Zhang, 2017; Xinhua, 2017). Therefore, Jun and Jaafar
(2011) recommend that future researches on online shopping should not be focused on
only the big cities but rather expand to different provinces of China.
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Literature Review
Theoretical Framework

The research used the Unified Theory of Acceptance and Use of Technology
(UTAUT) as the theoretical foundation to analysed the factors affecting the online
shoppers’ buying behaviour. The UTAUT suggests performance expectancy (PE),
effort expectancy (EE), social influence (SI), and facilitating conditions (FC) as the
variables that influence the user behaviour (Venkatesh, Morris, Davis & Davis, 2003).
The reason for not using the Technology Acceptance Model (TAM) which is widely
used for customer behaviour studies is that the TAM model lacks a diversity of
variables that influence user behaviour and low explain-ability of variance in the user
behaviour towards the use and acceptance a system or technology (Venkatesh et al.,
2003). Rather the UTAUT model has 20 to 30 % greater explanatory power than the
TAM (Venkatesh et al., 2003). According to Venkatesh et al. (2003) and Steinke
(2015), the UTAUT can explain about 70% of the variance in the behavioural
intention to use and accept a system or technology. Notwithstanding, our final
research model integrated three original constructs of TAM (attitude, perceived
usefulness & perceived ease of use), one original constructs of UTAUT (social
influence), and four external variables that are essential to online shopping
(convenience, online shopping experience, sentiment, and price promotion). The
reason for adopting only the social influence construct of the UTAUT model is that
two of its constructs (PE & EE) are similar to the perceived usefulness (PU) and
perceived ease of use (PEU) constructs of TAM. PE can be mapped to perceived
usefulness (PU) whereas EE can be mapped to perceived ease of use (PEU) (Dwivedi,
Rana, Chen & Williams, 2011).

Conceptual Model

Based on the literature reviewed the following conceptual model was developed to be
tested.

Figure 1: Proposed Conceptual Model for the Study
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Prior Empirical Research on the Antecedents of Consumers’ Behaviour Towards
Online Shopping

Convenience

Online shopping convenience has become one of the primary impetus underlying
customer inclinations to adopt online purchasing (Law et al., 2016). Customers'
viewpoints on convenience can impact their willingness to buy products from online
shops (Katawetawaraks & Wang, 2011). Researches have revealed different reasons
why convenience relates positively to customers’ attitude towards online shopping.
Dang, Tran, Nguyen, Le, Do, Nguyen, Nguyen, Nguyen, Mai, Tran, Ngo, Vu, Latkin,
Zhang, and Ho (2018) found convenience as the most crucial factor that influenced
consumers’ attitude towards online purchases because convenience is one of the key
concerns in online shopping culture of the participants. Also, shopping online helps
them to achieve time efficiency. Similarly, Wei, Lee, and Shen (2018) revealed that
consumers’ ability to place orders at any time that is convenient to them, ability to
compare different online stores and easy and convenient online payment system are
some of the reasons why perceived convenience indirectly related with consumers’
online purchase intentions. Another study conducted by Singh and Ajmani (2017) in
the Southeast Asia context found that home delivery, time-saving and 24/7
availability, wide product varieties, discount, and multi-category of products available
in one portal are factors contributing to the positive relationship between convenience
and customers’ behaviour towards shopping online. Therefore, the current study
predicts that:

H1  There is a positive relationship between convenience and customer attitudes
about online shopping.

Perceived Ease of Use

Perceive ease of use (PEU) is defined as the consumers’ perceptions that online
shopping facilitates the process of shopping (i.e., it reduces the effort and makes it
easy to shop) (Pelaez, Chen & Chen 2017). On the effect of PEU on consumers’
attitudes towards online shopping, Lim and Ting (2012) revealed that the PEU of
technological interfaces and tools on online shopping sites positively enhances the
online shopper’s attitude towards online shopping. Similarly, Singh, and Ajmani
(2017) found the reason for the significant relationship between PEU and consumers’
attitudes towards online shopping to include customer delight in the easiness to read
and understand online shopping website contents. Changchit, Cutshall, Lonkani,
Pholwan, and Pongwiritthon (2018) also confirmed that customers who find it easier
to find products online, especially on shopping websites that have search
functionality, and provide more detailed descriptions of the products than would
typically be found on product packaging are likely to shop online. Additionally,
Nguyen, Nguyen, Nguyen, Phan, Bui, and Moon (2019) confirmed that perceived
ease of use had the greatest impact on attitude towards online shopping because
consumers’ attitudes are sturdily predicted by how easy it is to order and purchase

Asian Journal of Business Research, Volume 10, Issue 2, 2020 94



Asiedu & Mapiye Dube, 2020

products from retailers’ websites. However, Suki and Suki (2011) and Djamasbi,
Fruhling, and Loiacono (2009) interestingly found an insignificant relationship
between perceived ease of use (PEU) and consumers’ attitudes. They argued that ease
of use may not be as important because certain user characteristics such as educational
level may influence the acceptance behaviour (Djamasbi et al. 2009) which would
make easy to use the system and would not require a lot of mental effort (Suki &
Suki, 2011). Another reason is the inherently different tasks performed by different
information systems (Djamasbi et al. 2009). Therefore, the study posits that:

H2  There is a positive relationship between perceived ease of use and customer
attitudes about online shopping.

Perceived Usefulness

Prior studies show that the more customers perceived online shopping to be useful the
more likely they are to have a favourable attitude toward it. For instance, Lim and
Ting (2012) found perceived usefulness to have a significant positive impact on
customers’ attitudes towards online shopping because consumers perceived that
online shopping improves their shopping performance and productivity. Likewise,
Phang and Ming (2018) uncovered that perceived usefulness of blogger’s
recommendation was found to related positively with consumer attitude towards
online shopping due to the fact that such recommendations are considered a vital
source of information for the consumers at the searching stage of their online
shopping process. Wei, Lee, and Shen (2018) revealed that Chinese consumers need
to have a strong perception of usefulness to make their online buying decisions
because Chinese cultural values do not favour uncertainty and change. Similarly,
Nguyen et al. (2019) indicate that perceived usefulness is a strong predictor of
consumers’ attitude towards online shopping, therefore, e-retailers should use
communication programs that would make online shopping more time-saving,
convenient, and effective and improve consumers’ shopping performance and
experience. A recent study by McLean, Osei-Frimpon, Wilson, and Pitardi (2020)
found that perceived usefulness significantly influenced positive attitudes towards the
website because the customers believe that having a live chat communication with an
online travel representative was a good idea and a pleasant experience when using the
website. Notwithstanding, Changchit et al. (2018) found no significant relationship
between perceived usefulness and consumers’ attitude towards shopping online.
Similarly, Kanchanatanee, Suwanno, and Jarernvongrayab (2014) and Suki and Suki
(2011) also found an insignificant relationship between perceived usefulness and
consumers’ attitude. Therefore, we predict that:

H3  There is a positive relationship between perceived usefulness and customer
attitudes about online shopping.
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Attitude

Attitude describes how a consumer is likely to react either in a positive or negative
way in response to an object, event, or incentive (Fishbein & Ajzen,1975). Attitude is
a complex construct with intellectual, affective, and behavioural components
(Fishbein & Ajzen, 1975). The intellectual component entails previous knowledge on
a subject or an object. The affective components drawdown to an individual’s likes’
and dislikes, this forms personal attributes, but the behavioural component refers to
the type of action an individual takes regarding a matter or towards an object
(Fishbein & Ajzen, 1975). This paper seeks to find out the action’s consumers take
towards online shopping and what influences the decisions to take these actions.
Although attitude is argued to predict intention better than behaviour (Ajzena &
Fishbein, 1975), however, recent studies show that there is a direct link between
attitude and behaviour (McSporran & Cho, 2017; Akkaya, Akyol & Simsek, 2017).
The reason for the positive impact of attitude on consumers’ buying behaviour is up-
to-date, timely, and easily accessible information on products, easy accessibility to
several product options and price comparison facilities (Akkaya et al., 2017), and
perceived quality of products, trustworthiness, and price (McSporran & Cho, 2017)
are the reasons for customers’ positive attitudes towards online shopping behaviour.
Further, Hidalgo-Baz et al. (2017) revealed that because of the environmental benefits
of organic products, and consumers’ knowledge about organic products customers’
attitudes related significantly positively with online purchase behaviours.
Interestingly, Carvalho (2008) found no positive correlation between a positive
attitude and higher purchase behaviour. Based on this, it is hypothesised that:

H4  There is a positive relationship between attitude and customer online shopping
behaviour.

Consumer Sentiment

Cambridge Dictionary (2020) defines sentiment as ‘a thought, opinion, or idea based
on a feeling about a situation, or a way of thinking about something.” A sentiment is
described as people’s opinions, feelings, evaluations, and ratings for assets such as
products, services, organizations, individuals, subjects, activities, titles, and
qualifications (Awrahman & Alatas, 2017). NetOwl’s (2018) sentiment analysis
findings reveal that a significant 97% of online shoppers report that customer reviews
impacted their decision to buy a product or service. In addition, a recent study by
Phang & Goh (2019) revealed that when consumers develop a sense of attachment
and a degree of consistency with a particular brand like to a person, they are likely to
have positive behaviour towards the use of such products bearing such a brand.
Positive sentiment brings a better attitude towards online shopping behaviour because
Chinese customers’ overall sentiment in relation to both overall satisfaction and
product-level satisfaction was high (Zhou, Xia & Zhang, 2016). Gillitzer and Prasad
(2016) found that consumer sentiment influences actual consumer behaviour and has
predictive power for future movements in consumption. Similarly, Shayaa, Al-Garadi,
Piprani, Ashraf & Sulaiman (2017) found a very small correlation between the
sentiment analysis scores of the social media big data posts and the online purchase of
computers and phones. Although the effect size is almost negligible it is believed that
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social media users tend to be more truthful when they are expressing their opinions
through social media platforms which lead customers who read reviews before online
buying decisions develop favourable attitudes and behaviour towards online shopping.
Consistently, another recent study also indicates that there is a positive effect of
online reviews on the purchase intentions of customers (Sharma, Sharma, Chouhan,
Nage, & Arun, 2019). On the contrary, Floh et al. (2013) found a significantly
negative relationship between negative sentiment and attitude towards online
shopping and their purchasing decision. Therefore, the following hypotheses are
proposed.

H5  There is a positive relationship between customer sentiment and online
shopping through attitudes.

H6  There is a positive relationship between customer sentiment and customers’
online shopping behaviour.

The Relationships between Price Promotion, Social Influence and Online Shopping
Experience and Customer Sentiment

The findings of Nagar’s (2017) suggest that e-commerce retailers should increasingly
move towards a multi-category purchase model as a way to boost consumer
purchasing behaviour. Bedi, Kaur, and Lal (2017) concluded in their study that
website interactivity and online experience influence the attitude and consumers’
online shopping behaviour because of the favourable website visual design, website
interactivity, website privacy and security and how easy it was to use the online
shopping websites. Similarly, Teh, Pak, Rayson, and Piao's (2015)’s results show a
significant relationship between online shopping experience and customer sentiment
which demonstrated by the positive comment given by customers after online
shopping. KPMG (2017) reports that the ability to compare prices, better prices, the
reasons consumers shop online instead of stores. Price promotion and income
expectations are positively linked with consumer sentiment (Oduh, Oduh & Onyia,
2012) because customers believe and expect a future rise in the prices of the products
after the promotion period. Similarly, Oduh, Oduh, and Ekeocha's (2012) empirical
study showed a positive relationship between price promotion and consumer
sentiment. The reason is that like most developing countries, the pattern of
consumption in Nigeria is skewed towards food which accounts for a higher
proportion of the total expenditure. Chun (2016) also found that speculation expecting
an increase in price, leads customers to buy their products at the promotion price;
therefore, a positive relationship between price and consumer sentiment. In addition,
Zhang, Deng, and Xu (2017) revealed that consumer sentiment plays a mediating role
in the significant impact price promotion had on consumers’ purchasing intention.
Therefore, the following hypotheses are proposed.

H7  There is a positive relationship between low price promotions by online
retailers and customer sentiment.
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H8  There is a positive relationship between social influence and customer
sentiment.

H9  There is a positive relationship between online shopping experience and
customer sentiment.

Research Method
Research Approach

The study used a quantitative research approach to examine the online shopping
behaviour of consumers in China. The quantitative research paradigm has been widely
used by several researchers (Wei et al., 2018; Singh & Ajmani, 2017; Nagar, 2017;
Bedi, Kaur & Lal, 2017) in previous studies on consumers’ online shopping
behaviour. The current study was guided by positivism beliefs. In positivism,
knowledge is obtained from empirical testing (Richardson, 2012). Due to the
exploratory nature of the research objectives, the study adopted a correlational
research design and Structural Equation Modelling (Byrne, 2016) to determine the
relationship between antecedents and online shopping behaviour. Correlational
research is a type of non-experimental research on which the researcher measures two
variables and assesses the statistical relationship between them with little or no effort
to control extraneous variables.

Sampling and Data Collection

The target population of the study was the residents of Suzhou, China. The rationale
for choosing the residents of Suzhou is that this city is one of the second tiers cities in
China. Different city tiers imply different consumer behaviours, income levels, and
business opportunities. According to Xinhua (2018), cities in different tiers reflect
differences in consumer behaviour, income level, population size, consumer
sophistication, infrastructure, talent pool, and business opportunity. The tier-one cities
are better off in all these areas than the others. Also, Suzhou has not received much
attention yet in the literature in terms of online shopping research (Mapiye Dube,
Asiedu & Phiri, 2018). Since the study is exploratory in nature more precedent was
given to include a second-tier city as there are differences between growth and
expansion of economies between first and other tier cities in China (Wang et al.,
2017). Past online shopping research has focused on first-tier cities such as Beijing,
Shanghai, and Guangzhou and neglects other tier cities (Chen, Zheng, Zhang, & Wag,
2017; Wang, Hao, Hou, Wetzstein, & Wang, 2019). Therefore, data were collected
through a survey questionnaire from residents living in Suzhou who have shopped
online before.

A convenience sampling technique was used for selecting the participants for the
study. A convenience sampling technique is a type of nonprobability where members
of the target population that meet certain practical criteria, such as easy accessibility,
geographical proximity, availability at a given time, or the willingness to participate
are included for the purpose of the study (Etikan, Musa, & Alkassim, 2016). The
questions on the questionnaire were structured using the 5-point Likert scale format
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(with 5 = Strongly agree and 1 = Strongly disagree). We obtained 208 valid
questionnaires responses representing 59.4% out of a total of 350 questionnaires
distributed. We used a sample size of 208 because Boomsma (1985) previously
suggested a sample size of 100 or 200 as the minimum for SEMs. Also, G*Power
3.1.9.4 software was used to determine the minimum sample size for the study and the
analysis results showed a minimum sample size of 74 is required. This supports that
the sample size of 208 used for this research is acceptable for structural equation
modelling (SEM) analysis.

Measurement Development

Multi-item scales are used to measure each of the constructs in the study. We
generated items by reviewing existing literature online shopping. Items from existing
scales were adapted to measure the variables of the study. Online Shopping Behaviour
(OSB), Perceived Ease of Use (PEU), and Convenience (CON) were measured with
four items each adapted from Ganguly et al. (2009) and Chen and Barns (2007).
Examples, OSB1 “I have developed the habit of shopping online”, PEU1 “I find
interaction through online shopping websites clear understandable” and CON2
“Shopping Online allows me to save time”. Perceived Usefulness (PU), Price
Promotion (PP), Social Influence, (SI), Attitude (ATT), and Sentiment (SEN) were
measured with the three items taken from Clemes et al (2014), Venkatesh et al (2012)
(Modified). Examples are PU1 “The online system makes it easy to find the content
required”, PP1 “I always compare prices between different brands before I choose,
when I shop online”, SI1 “My Friends encourage me to shop online”, ATT1 “I prefer
to buy from an online shopping website that provides me with quality of information”
and SENI1 “Is the current economic situation in China good”. Online Shopping
Experience (OSE) was measured with the five items previously used by Michaud-
Trévinaand Stenger (2014) and Rose, Clarck, Samouel, and Hair (2012). For instance,
OSEl1 is “l am satisfied with the speed of delivery for online shops”. In total, 32 items
were developed to measure the constructs in our model. All items were anchored with
five-point Likert scales from strongly disagree to strongly agree.

Findings of the Study
Demographic Profile of Respondents

The analysis of the respondents’ profile indicates that majority 51.9% of the
respondents are male and 48.1% are females. Also, 75% of them are 19-24 years old,
35.1% indicated that they spend 3000-3999 RMB per month. Most of the respondents
(42.3%) are students and spend less than 3 hours of online shopping per week.
Majority of them (78.4%) shop online several times per week through mobile devices
(52%). Clothes (34.1%) were the products the respondents purchased most online.
Finally, Taobao (62%) was ranked the respondents’ most favoured online shopping
website.
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Reliability and Validity Analysis

Descriptive statistic methods and exploratory factor analysis (EFA) using SPSS 23
and confirmatory factor analysis (CFA), and structural equation modeling using
AMOS 23 were used to determine the validity and reliability of the model and its
associated constructs. First, Harman’s single factor test results show 31.936% which
means that there was no concern for common method variance (CMV) in this study
(Podsakoff, MacKenzie, Lee & Podsakoff, 2003). The findings presented in Tables 1,
2, 3, and 4 show that there were no validity and reliability issues in the data because
all the loadings and constructs met the recommended reliability and validity criteria
(Henseler, Ringle, & Sarstedt, 2015). Regarding indicator reliability, construct to
items loading are above the recommended threshold of 0.70, except for some few
items that are between 0.6 and 0.7, which is a range also considered acceptable for
exploratory research (Hu & Bentler, 1999). Also, the composite reliability (CR) and
Cronbach’s Alpha of all the constructs are larger than acceptable criteria of 0.70
(George & Mallery, 2003). Convergent validity test results indicate that all the AVESs
are either equal to or larger than the shared variances between all pairs of factors in
the model. The lowest value is 0.50 which is equal to the acceptance criteria.

Table 1: Measurement Development/ Measures Analysis

Constructs Indicator | Loading | Composite | Cronbach’s AVE!
reliability Alpha

Attitude ATT1 72 0.81 0.71 0.60
ATT2 74
ATT3 .85

Convenience CON1 .70 0.78 0.83 0.50
CON?2 .62
CONS3 .70
CON4 74

Perceived usefulness PU1 .63 0.72 0.71 0.50
PU2 .70
PU3 .70

Perceived ease of use PEU1 71 0.80 0.82 0.50
PEU2 .63
PEU3 74
PEU4 75

Online experience OSE1 .70 0.81 0.87 0.50
OSE2 .70
OSE3 .63
OSE4 g1
OSE5 .63

Price promotion PP1 .75 0.76 0.75 0.51
PP2 .70
PP3 .70

Social influence SI1 .68 0.74 0.69 0.50
SI2 .70
SI3 .70

Sentiment SEN1 .66 0.70 0.70 0.50
SEN2 .64
SEN3 .68

Online shopping Behaviour 0OSB1 .79 0.83 0.80 0.50
OSB2 .76
OSB3 .80
0SB4 .62
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Tables 2 and 3 illustrate the discriminant validity analyses. As shown in Table 2, the
diagonal values (in bold) indicate the square root of the AVEs for the nine (9)
constructs in this study whiles the rows and columns represent the correlations of each
pair of constructs.

Table 2: Means, Standard Deviations and Intercorrelation Matrix Analysis

Variable Mean SD N 1 2 3 4 5 6 7 8 9
1. Convenience 16.72 3.07 208 071

2. Perceived usefulness 12.15 4,70 208  0.37** 0.71

3. Perceived ease of use 15.04 3.04 208  0.64* 042** 071

4.0nline shopping experience  19.50 3.99 208  0.60** 031** 0.70** 0.71

5. Price promotion 6.25 264 208  0.00 005  -003  -03 0.71

6. Social Influence 10.97 271 208 0.0 0.07 0.03 -.07 0.46** 0.72

7. Attitude 11.23 2.09 208  050** 0.19** 0.30** .23**  0.04 0.23** 0.77

8. Sentiment 14.74 2.63 208  0.25** 0.10 0.36**  45**  017* 0.70* 0.31** 0.71

9 Online shopping behaviour ~ 42.89 751 208  0.06 0.04 0.07 .04 023  -013  017* .07 0.71

*p<.05, & **p<.001

The discriminant validity analysis results presented in Table 2 show that all of the
constructs are distinct from each other, and all of the other correlations had values that
are less than the square root of the AVE for each individual construct. The
Heterotrait-Monotrait (HTMT) analysis results (Table 3) also reveal that all the values
were less than 0.85 and met the recommended value for discriminant validity
(Henseler et al., 2015). These results provide strong support for the discriminant
validity of the constructs (Henseler et al., 2015).

Table 3: HTMT Analysis
ATT CON PU PEU OSE PP Sl SEN (ON]=]

ATT

CON 0.17

PU 0.02 0.83

PEU 0.04 0.78 0.84

OSE 0.11 0.70 0.70 0.82

PP 0.04 0.63 0.71 0.76 0.75

Sl 0.02 0.57 0.68 0.66 0.69 0.72

SEN 0.83 0.11 0.05 0.02 0.12 0.03 0.03

0SB 0.11 0.57 0.58 0.52 0.50 0.43 0.69 0.13

Confirmatory Factor Analysis

This study conducted a confirmatory factor analysis to assess the measurement
model’s overall fit and validity of the constructs. Research indicates that a model is
considered to be fit when the Comparative Fit Index (CFI) exceeds 0.90, Tucker-
Lewis Index (TLI) exceeds 0.90, Chi-square with the degree of freedom (y2/df) ) is
less than 3, Root Mean Square Error of Approximation (RMSEA) is less than 0.08
and Standardized Root Mean Square Residual (SRMR) is less than 0.08 (Hu, &
Bentler, 1999; Hair, Black, Babin, Anderson, & Tatham, 2010; Fornell & Larcker,
1981). The results show that the measurement model is of a good fit for the study with

Asian Journal of Business Research, Volume 10, Issue 2, 2020 101



Asiedu & Mapiye Dube, 2020

the following values: CFI= 0.917, TLI = 0.962, y*/df = 0.786, RMSEA = 0.057, and
SRMR = 0.053.

Structural Model and Hypothesis Tests

The findings of the analysis also reveal that the structural model is of a good fit for
the study with the following values: CFI= 0.996, TLI = 0.992, y*/df = 0.386, RMSEA
= 0.018, and SRMR = 0.032. As illustrated in Fig. 2 and Table 6, the SEM results
indicate that all hypotheses except H2, H3, H6, and H7 were supported. Convenience
motivated consumers to develop a positive attitude towards online shopping (H1, =
0.499, SE = 0.053, p <.001). Participants in the study indicated that they were
influenced socially to have a positive sentiment towards online shopping (HS, B =
0.148, SE = 0.065, p <.05).

Figure 2: Research model with standardized path coefficients (*p<.05, & **p<.001)
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Respondents with a good previous online shopping experience had a more positive
sentiment towards online shopping behaviour. (H9, f = 0.463, SE = 0.039, p <.001).
Again, sentiment related positively and significantly with online shopping behaviour
through attitude (H5, p = 0.216, SE = 0.050, p <.001). Finally, respondents revealed
that their attitude related significantly and positively with online shopping behaviour
(H4, B=0.024, SE = 0.206, p <.05).

Table 6: Summary of Hypothesis Tests

Hypotheses Standardized Path | Standard Errors Results
Coefficient

H1. CON =» ATT | 0.499** 0.053 Supported
H2.PEU =» ATT | 0.030 0.029 Not supported
H3.PU =» ATT | 0.110 0.056 Not supported
H4. ATTs OSB 0.159* 0.258 Supported
H5. SEN w ATT 0.216** 0.050 Supported
H6. SEN = OSB 0.024 0.206 Not supported
H7. PP = SEN 0.118 0.067 Not supported
H8.SI =» SEN 0.148* 0.065 Supported
H9. OSEmp SEN 0.463** 0.039 Supported

*p<.05, & **p<.001

Notes: CON = Convenience, PU = Perceived usefulness, PEU = Perceived ease of use, PP = Price
promotion, SI = Social influence, OSE = Online shopping experience, SEN = Sentiment, ATT =
Attitude and OSB = Online shopping behaviour.
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Discussion

This study explores factors that influence customers’ behaviour towards online
shopping. Convenience, social influence, online shopping experience, sentiment, and
attitude were found to influence customers’ behaviour towards online shopping either
directly or indirectly. Convenience and sentiment were found to have a significant
positive relationship with attitude. Social influence and online experience were also
found to have a significant positive relationship with the sentiment. Finally, the
attitude was found to relate positively and significantly with online shopping
behaviour. The results establish that attitude is the sole predictor of customers’ online
shopping behaviour. On the contrary to the hypotheses stated in this study, perceived
usefulness and EOU and price promotion respectively were found not to relate
significantly with attitude and sentiment. Also, the sentiment was found to have a
significant positive relationship with online shopping behaviour through attitude.

These findings are consistent with previous literature (Dang et al., 2018; Wei et al.,
2018; Singh & Ajmani, 2017). They found that convenience is more strongly and
positively associated with customers’ attitudes towards online shopping behaviour
because customers are able to get wide product varieties, do timely transactions, save
time, do not join long queues, pay with ease, shopping from their homes and
anywhere. On the linkage between attitude and online shopping behaviour, our results
confirm the findings of Lim and Ting (2012), Singh and Ajmani (2017), Changchit et
al. (2018), and Nguyen et al. (2019). For instance, Changchit et al. (2018) and Nguyen
et al. (2019) found that customers develop a positive attitude towards online shopping
because it is easier for them to find and compare products online. The findings on the
linkage between online shopping experience and customers’ sentiment to online
shopping are also found to be consistent with past studies (Bedi et al., 2017; Teh et
al., 2015) Also, on the relationship between social influence and customer sentiment
towards online shopping behaviour, the findings are consistent with the findings of
Lee, Shi, Cheung, Lim, and Sia (2011).

However, unlike previous studies (Singh & Ajmani, 2017; Pelaez et al., 2017
Changchit et al., 2018; Nguyen et al., 2019) that found a significant relationship
between perceived ease of use (PEU) and consumers’ attitude towards online
shopping, our results show an insignificant relationship between them. However, this
result is in line with the findings of Suki and Suki (2011) and Djamasbi et al. (2009)
who found that perceived ease of use (PEU) had an insignificant impact on
consumers’ attitudes towards behaviour. The result implies that although perceived
ease of use and users’ attitude influence customer online shopping behaviour but the
effect size is negligible. Our results also show an insignificant relationship between
perceived usefulness (PE) and customer attitude (ATT) towards online shopping. This
result contradicts the following prior studies (Lim & Ting, 2012; Wei et al., 2018;
Nguyen et al., 2019). However, our finding supports a recent study conducted by
Changchit et al. (2018), which reported no significant relationship between perceived
usefulness consumers’ attitudes towards online shopping. Similarly, Kanchanatanee,
Suwanno, and Jarernvongrayab (2014) found that perceived usefulness had no
significant direct effect on attitude toward using E-Marketing within the three
southern border provinces of Thailand.
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Although it is difficult to explain the unsupported outcome of hypotheses H2 and H3
rather we can offer some explanations. These findings do not necessarily or merely
contradict the TAM theory but suggest that further extension of the model is needed
to measure the online shopping behaviour of the second-tier cities in China. Also, in
the context of this study, the respondents might not have perceived the influence of
ease of use and usefulness on their attitude because of their rich experience in
information communication technology and how convenient shopping online is to
them. Finally, our results do not support the assumption that price promotion will
influence customer sentiment. This finding is in line with Lee and Chen Yu (2018)
who also failed to find a significant relationship between promotion and sentiment.
The reason is that online shoppers form positive or negative sentiment towards a
particular product or brand based on the reviews and e-word of mouth (E-WOM) they
read online. Therefore, irrespective of the amount of promotion the retailers may do, it
will not have any significant effect on the shoppers’ sentiment if they have already
read negative reviews and comments online.

Research Implications

The results reported in this study identify several managerial contributions for a better
understanding of the factors of customer online shopping behaviour. First of all, the
online shopping experience is very pivotal thus, marketers can devise strategies and
modify a customer's online interaction to enhance the experience. E-retailors and
marketers who are interested in increasing purchase and repurchase intentions of
consumers to shop online, the antecedents mentioned above may be used to help in
guiding marketing strategies and segmentation of online shoppers for the benefit of
businesses and to increase customer loyalty. Secondly, convenience is a significant
variable and this suggests that online retailers need to always work on improving their
e-commerce websites and applications to make it more convenient and easier to use
for their customers. Furthermore, customers are attracted to technology that can
provide them convenience through saving time and effort. Thus, the website must be
user-friendly and be able to process the customer's request as quickly as possible. In
return, this will enable customers to complete a transaction quickly, which is both
beneficial to the customer.

In terms of customer sentiment, our results show an indirect relationship between
customer sentiment and online shopping behaviour through customer attitude. This
suggests that the feeling of the customers and their feedback after online purchases
affect their attitudes towards online shopping which alter their behaviour. This can be
resolved by practicing effective sentiment analysis to gather customers’ opinions,
emotions, frustrations, or joy from blogs, reviews, social media posts, to analyse
customer attitudes towards online shopping websites and products sold there. E-
marketers need to take proactive actions to address and manage post-purchase
dissatisfaction of customers to motivate them to continue to shop online and also to
encourage satisfied customers to continue to give a positive word of mouth about the
company and its products to family and friends or anyone to shop online. Finally, the
paper concludes that attitude is the sole direct predictor of online shopping behaviour.
Theoretically, this study offers some implications. First, we proposed a model that is
appropriate for analysing consumers’ online shopping behaviour by integrating TAM
and UTAUT theories. The findings have proven this study to be one of the few studies
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that have merged the TAM and UTAUT theories to successfully predict online
shopping behaviour. Also, the study contributes to the understanding of online
shopping behaviour by considering consumer sentiment and individual spending
excluding the household as a whole and how consumer sentiment has an impact on
the buying behaviour of customers through attitude. Another theoretical implication
of this study is that since social influence and online shopping experience are key
determinants of online shopping behaviour through sentiment and attitude, online
retailers must improve their complaint and customer relations management and
sentiment analysis to have a better chance to enhance their customers’ behaviour.

Limitations, Future Research Direction, and Conclusion

In spite of the practical implications and the theoretical contributions that this study
makes to the online shopping literature, the study has some limitations. First, the
study relied on 208 respondents in Suzhou, it is, therefore, suggesting that future
studies should be extended to cover a large population. Thus, the context will only
apply to this country and area. It may vary across other countries due to cultural
differences, acceptance of technology, and many other factors. Although the use of
this group of participants contributes to the literature on factors affecting customer
online shopping behaviour, future studies can collect data from a similar sample in a
different context. The study suggests that it might be of interest to identify and
describe user clusters to see if there is a difference in behaviour between mobile
shoppers and desktop shoppers in terms of social influence and past experience.
Additionally, this study suggests that in the future, our new model should be tested
and verified with more sample data via mixed methods to determine the relationships
between the factors and consumers’ online shopping behaviour. Furthermore, future
studies need to incorporate other relevant variables such as habits, motivation, and
security, etc. to predict online shoppers’ buying behaviour.

Implications for Asian Business Context

The findings of the study will surely have a profound impact on how e-retailers will
effectively manage the consumers’ behaviour towards online shopping in Asia. The
results of this study imply that attitude toward online shopping behaviour is strongly
related to convenience and consumer sentiment. As the findings evidently proved that
consumer attitude which is being influenced by convenience and sentiment is the
major factor affecting online shopping behaviour, this could well be a precursor to
improved and creative online services, and innovative online shopping websites that
are attractive to shoppers from all over Asia. Especially, in this time of COVID-19
pandemic, Asians and of course the people around the world only secured means of
shopping is online. Therefore, online shopping companies need to enhance their
services to attract more customers and also positively assist their current customers to
improve their attitudes and behaviour toward online shopping. Ease transaction
process and timely delivery need to be encouraged.
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One other important revelation of this study is the indirect effect of consumer
sentiment on online shopping behaviour. The findings confirmed that consumer
sentiment plays a significant role in driving positive online shopping behaviour.
Given the evidence that many online shoppers consult families and friends, current
customers’ experiences about products and online review comment before making the
decision to shop online, the implication is that it is about time online shopping
companies in China and Asia make more investment in sentiment analysis
technologies to better understand consumers’ preferences and behaviour and how best
they want to be served. It will also help to provide the necessary and timely feedback
to customers' complaints via social media platforms and other means of
communication and also improve their services to the tune of the consumer
preference. The business should pay critical attention to customer reviews on both
their website and mobile apps because they are also a very important source of
information like formal organisational marketing results that can help the businesses
to improve their customers’ online shopping behaviours.

In addition, although research indicates that the South East Asian consumers are
comparatively young (60% of the population are less than 35 years old) (see, Nielson
report, 2019), which means that they are more likely to shop online than traditional
stores. However, the question is, ‘Is that really the case?’. Therefore, Asian
Businesses that sell its products online should consider ways to reduce the negative
aspects of the online shopping process that demotivate many of these young
consumers who might be still shopping in the traditional stores in order to improve
their experience by developing a reliable and safe website, an appealing and usable
website, providing online service, and offering more options in terms of products and
payment systems to attract many of these consumers. furthermore, because the results
of the study revealed that peoples’ decisions to shop online are being influenced by
their friends and family and even comments on social media, it is incumbent upon
Asian Businesses to enhance their online business integrity, and reputation in order to
attract and maintain their customers.

Finally, most of the time people shop online because it is quick, easy, convenient and
they do not have to leave their homes and go join long queues in shops. However,
sometimes customers complain that the products they bought online are not delivered
at all, or go passed the 30 days of the supply date (expected day of delivery). Some
also even receive items that are significantly different in terms of colour, size, shape,
etc. from the seller’s original description on the seller’s website. Therefore, the study
recommends that online shopping companies in Asia should deliver what they
promise to deliver in order to improve customers’ attitudes towards online shopping
behaviour especially in this age where online shopping is the safest means of
shopping due to the kind of disruption caused by the Covid-19 pandemic.
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