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structure in themethod’s trainingdatabase9.With respect to
RNAdesign,rationalengineeringhasyieldedversatilesensors
andnanostructures10–12buthassofarbeenlimitedtorearrange-
mentsofexistingsequencemodulesratherthandesigningnew
noncanonicalstructures.

Inthiswork,wedemonstratethattheRosettaframeworkfor
scoringfull-atommodelsandsamplingmoleculeconformations13
enablesde novostructurepredictionanddesignofcomplexRNAs
withunprecedentedresolution.Ourapproachassumesthatnative
RNAstructurespopulateglobalenergyminima;theprediction
problem is then to find the lowest-energyconformation fora
givenRNAsequence,andthedesignproblemistofindthelowest-
energyRNAsequencesforagivenstructure.

Inspiredbyourexperienceinproteinstructureprediction,we
hypothesizedthat themajorshortcomingofpriorapproaches
toRNAmodeling(poordiscriminationofnativestatesbylow-
resolutionenergyfunctions)couldbeovercomebyintroducing
ahigh-resolutionrefinementphasedrivenbyanaccurateforce
field for atom-atom interactions (Supplementary Fig. 1). We
therefore developed a method for fragment assembly of RNA
with full-atom refinement (FARFAR). This method combines
ourpreviousFARNAprotocolforlow-resolutionconformational
samplingwithoptimizationinthephysicallyrealisticfull-atom
Rosettaenergyfunction.

WetestedFARFARonabenchmarksetof32motifsobserved
inhigh-resolutioncrystallographicmodelsofribozymes,ribo-
switchesandothernoncodingRNAs(Supplementary Fig. 2).
Theconformationalsearchmadeuseoffragmentsofsimilar
sequencedrawnfromasinglecrystallographicmodel,thelarge
ribosomal subunit fromHaloarcula marismortui14.Wemim-
ickedatruepredictionscenariobyensuringthatregionswith
evolutionarykinshiptoourtestmotifswereeitherabsentor
excisedfromthedatabase.Unlikepreviousworkthatincluded
canonicaldouble-helicalregionsthatwerestraightforwardto
model5,6,9(Supplementary Fig. 3),wefocusedontheconfor-
mations of noncanonical regions. The tests specified single
canonicalbasepairsimmediatelyadjacenttothemotifsasthey
providednecessaryboundaryconditions.Thetotalcomputa-
tionaltimeforfragmentassemblyandrefinementofasingle
modelofa12-nucleotidemotifwas21sonanIntelXeon2.33
GHzprocessor.

Outofthe32targets,14casesgaveatleastoneoffivefinal
models with better than 2.0 Å all-heavy-atom r.m.s. devia-
tion to the experimentally observed structure (Table 1 and
Supplementary Fig. 4).These includedwidely studiedRNAs
suchasthebulged-Gmotifofthesarcin-ricinloop,themost
conserveddomainofthesignalrecognitionparticle(SRP)RNA,
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RNA is an ancient component of all living systems, and its
catalytic prowess, biological importance and ability to form
complexfoldshaverecentlycometoprominence1.Methodsfor
inferringanRNA’spatternofcanonicalbasepairs(secondary
structure) have been well-calibrated and widely used for
decades,ofteninconcertwithphylogeneticcovariationanaly-
sisandstructure-mappingexperiments2.Acentral,unsolved
challengeatpresent is tomodelhowtheresultingcanonical
doublehelicesarepositionedintospecifictertiarystructures.
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structuresarefrequentlylessthan10nucleotideslongand,in
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mentforahigh-resolutionRNAmodelingmethodisitsability
tofindnative-likesolutionsforthe‘jigsawpuzzles’presented
bythesenoncanonicalmotifs.

Despitetheirsmallsize,thesemotifsareoftenquitecomplex,
withintricatemeshesofnon–Watson-Crickhydrogenbondsand
irregularbackboneconformations.Existingde novomethods
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thebacterialloopEmotifandthekink-turnmotif(Fig. 1a–d).
Innearlyallofthesecases(11of14),theclustercenterorlow-
estenergymemberrecoveredallthenativenoncanonicalbase
pairs,recapitulatingnotonlywhichresidueswereinteracting
butalsotheexactbaseedgesmakingcontact(Table 1).Several
casesofincompletebase-pairrecoveryoccurredbecauseofwell-
knownambiguitiesinautomatedpairassignments15.Finally,in
twomorecaseswithslightlyhigherr.m.sdeviations(Fig. 1e),
de novomodelsrecoveredallthenoncanonicalbasepairs.Thus,
theFARFARmethodachievedhighaccuracy in16of32 test
cases. (Excluding targets used in optimizing weights of the
energyfunctiongaveslightlybetterresults,withhighaccuracy
achievedin9of16cases;OnlineMethods.)

TheRosettaenergyfunctionwascriticaltothesuccessofthe
approach. Refinements with the previous knowledge-based
energyfunction(FARNA)andwithmolecularmechanicsforce
fields (from assisted model building with energy refinement
(AMBER) and chemistry at Harvard Molecular Mechanics
(CHARMM)packages)andstandardimplicitsolventmodelsled
toworsediscrimination(Supplementary Table 1).Anupcoming
generation of polarizable force fields with explicit treatments
ofwaterand ions,combinedwithnewfreeenergyestimation
methods,mayeventuallyprovide increasedaccuracy, albeit at
muchhighercomputationalexpense16.

For the cases in which the current FARFAR method did
not achieve high resolution, we observed symptoms of poor

Table 1 | Attainment of native-like structure by de novo FARFAR

Motif properties
Clustering  
statistics Cluster center

Lowest energy  
cluster member Lowest 

r.m.s. 
deviation 

sampled (Å)Residues Chains
Cluster  
rank

Cluster  
size

R.m.s. 
deviation (Å)a NWCb

R.m.s. 
deviation (Å)a NWCb

G-A base pair 6 2 1 471 1.19 1/1 1.89 0/1 0.54
UUCG tetraloop 6 1 1 498 1.12 1/1 1.14 1/1 0.64
GAGA tetraloop from sarcin-ricin loop 6 1 1 500 0.82 1/1 1.00 1/1 0.52
Loop 8, A-type RNase P 7 1 5 27 1.38 0/0 1.41 0/0 1.13
Pentaloop from conserved region of SARS 
genome

7 1 3 237 1.10 1/1 1.48 1/1 0.88

L3, thiamine pyrophosphate riboswitch 7 1 4 6 2.00 0/1 2.68 0/1 1.44
Fragment with A-C pairs, SRP helix VI 8 2 1 284 1.83 2/2 2.74 1/2 0.48
Helix with U-C base pairs 8 2 2 491 2.10 2/2 2.56 1/2 1.11
Rev response element high-affinity site 9 2 2 4 3.95 1/2 4.42 0/2 1.96
J4/5 from P4-P6 domain, Tetrahymena 
thermophila ribozyme

9 2 1 335 1.76 1/2 2.12 1/2 1.09

Tetraloop-helix interaction, L1 ligase crystal 10 3 1 500 1.10 1/3 1.21 2/3 0.69
Hook-turn motif 11 3 5 121 2.56 3/3 2.06 3/3 1.37
Helix with A-C base pairs 12 2 2 242 2.45 1/4 1.81 2/4 1.53
Curved helix with G-A and A-A base pairs 12 2 1 205 1.74 2/4 1.06 4/4 0.96
Fragment with G-G and G-A base pairs, SRP 
helix VI

12 2 3 98 3.27 0/5 4.25 0/5 0.86

SRP domain IV 12 2 4 321 1.54 2/5 1.22 4/5 0.93
Stem C internal loop, L1 ligase 12 2 1 489 2.24 2/3 2.42 2/3 1.88
Four-way junction, HCV IRES 13 4 3 30 10.09 1/4 10.63 1/4 2.99
Bulged G motif, sarcin-ricin loop 13 2 1 81 1.46 4/4 1.66 3/4 0.86
Kink-turn motif from SAM-I riboswitch 13 2 1 7 1.43 3/3 1.36 3/3 1.22
Three-way junction, purine riboswitch 13 3 3 24 6.15 0/3 6.10 0/3 3.16
J4a-4b region, metal-sensing riboswitch 14 2 3 4 3.71 0/2 3.52 0/2 1.27
Kink-turn motif 15 2 2 25 8.85 1/3 9.43 2/3 3.05
Tetraloop and its receptor, P4-P6 domain, 
Tetrahymena ribozyme

15 3 4 13 3.31 2/5 2.89 2/5 2.21

Tertiary interaction, hammerhead ribozyme 16 3 2 4 7.82 0/3 8.50 1/3 4.37
Active site, hammerhead ribozyme 17 3 4 5 8.64 1/3 9.28 1/3 4.41
J5-5a hinge, P4-P6 domain, Tetrahymena 
ribozyme

17 2 3 12 9.99 0/4 10.12 0/4 4.23

Loop E motif, 5S RNA 18 2 2 40 1.64 3/6 2.16 6/6 1.43
L2-L3 tertiary interaction, purine riboswitch 18 2 2 10 8.19 0/7 8.08 0/7 5.04
Pseudoknot, domain III, CPV internal 
ribosome entry site

18 2 4 11 3.55 0/0 3.90 0/0 2.29

Pre–catalytic conformation, hammerhead 
ribozyme

19 3 5 2 8.44 1/4 7.66 0/4 4.80

P1-L3, SAM-II riboswitch 23 2 5 5 7.40 0/1 7.47 0/1 3.99
The lowest-energy 500 of 50,000 refined conformations were clustered with a model-model heavy-atom r.m.s. deviation cutoff of 2.0 Å. The five lowest energy clusters were taken as the de novo models; 
features of the best cluster (lowest r.m.s. deviation to the experimental structure) are listed. See Supplementary Figure 2 for motif definitions.
aHeavy-atom r.m.s. deviation (in Å) to crystal structure. bRecovered/total number of non–Watson-Crick (NWC) base pairs. Assignment of base pairing followed an automated method based on the RNAview 
algorithm; counts of correct base pairings are lowered owing to ambiguities in assigning bifurcated base pairs, pairs connected by single hydrogen bonds or pairs that are not completely co-planar.
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conformationalsampling:nonconvergenceofthelowest-energy
models, the inability tosampleconformationsnear thenative
conformationandtheinabilitytoreachenergiesas lowasthe
nativestate(seeclustercentersizeandclosest-approachr.m.s.
deviationinTable 1andenergygapsinSupplementary Table 1).
Inparticular,eachofthesemetricsbecameworseforlargermotifs,
withmajordifficultyencounteredinthesamplingofmotifswith
morethan12residues(Fig. 1f).

Beyondstructureprediction,wesubjectedtheRosettafull-
atomenergyfunctiontoanorthogonaltestthatisalsoacritical
precedentforrationalbiomoleculeengineering:theoptimi-
zation of sequence to match a desired molecular backbone.
This‘inversefoldingproblem’wasreadilysolvedforevenlarge
RNAsbysequence-designalgorithmsavailableintheRosetta
framework.For15wholehigh-resolutionRNAcrystalstruc-
tures (Supplementary Table 2), we stripped away the base
atomsandremodeledthemde novobycombinatorialoptimi-
zationofbaseidentities(A,C,GorU)androtamericconfor-
mations.Theoverallsequencerecoverywas45%,wellabove
the25%expectedbychance.Further,noncanonicalsequences
(notWatson-CrickorG•U)wererecoveredatamuchhigher

rateof65%(Fig. 2a).Weobservedpoorerrecoverywiththe
previouslydeveloped low-resolutionFARNAscore function
(Fig. 2aandSupplementary Table 2).

SomesequencepreferencesthatdifferedbetweennaturalRNA
sequencesandtheRosettaredesignssuggestedthatfunctional
constraintsbesidesfoldingstabilityexistfornaturalsequences,
suchasbindingofproteinpartnersorconformationalswitch-
ing.Theavailabilityofa‘goldstandard’sequencealignmentof
SRPRNAsfromallthreekingdomsoflifepermittedtherobust
identificationofsuchdiscrepanciesbetweennaturalandcom-
putedsequenceprofiles.SequencechangesIandII(Fig. 2b)in
thisRNA’smostconserveddomainwerecalculatedtostabilize
thismotif;theirscarcityinthenaturalconsensusmaybedue
to binding of the protein Ffh.We tested the Rosetta predic-
tionbychemicalstructuremappingexperiments.Inafolding
bufferof10mMMgCl2and50mMNa-HEPES,pH8.0,both
double-mutantandwild-typeconstructsgaveindistinguishable
patternsofdimethylsulfatemodificationthatwereconsistent
withthepredictedtertiarystructure(Fig. 2c,d).Additionally,
themutatedconstructexhibitedincreasedfoldingstabilitycom-
pared to the wild-type sequence, with less Mg2+ required to
undergothefoldingtransition(Fig. 2e);thedifferenceinfree
energyoffolding,−1.2±0.5kcalmol−1,agreedwiththepre-
dictedvalueof−1.6kcalmol−1(seeSupplementary Fig. 5for
energycalibration).Datafromtestsofthesinglemutationsalso
agreedwith theRosettapredictions (Supplementary Fig. 6).
Thesesametwosequencechangespreviouslyhadbeensuggested
tobecompatiblewiththeSRPstructureinaninsightfulvisual
comparisonoftheSRPmotifandtheloopEmotif15,although
nopredictionshadbeenmaderegardingstability.

The power of full-atom refinement demonstrated here,
combinedwiththeeaseofascertainingRNAsecondarystructure,
thesmallsizeoftertiarymotifsandthelimitedRNAalphabet,
nowpermitatomicresolutionde novomodelingandthermo-
stabilizationofnoncanonicalRNAmotifs.Unsolvedproblems
remain,includingpredictionofpreviouslyunseenRNAmotifs
inablindedfashion,incorporationofsmall-moleculeligands
andexplicitmetalions,andpredictionanddesignoflargerRNA
foldswithnewfunctionalities.Improvementsinconformational
samplingaswellasincorporationofevenmodestexperimental
datashouldenablecomputationalmethodstomeetthesecritical
next challenges.TheRosetta codebase is freely available for
downloadathttp://www.rosettacommons.org/.
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Figure 1 | De novo modeling of noncanonical RNA structure with 
FARFAR. (a–e) Two-dimensional annotations15 and three-dimensional 
representations for the Escherichia coli SRP domain IV RNA (a),  
the bulged-G motif from the E. coli sarcin-ricin loop (b),  
the E. coli loop E motif (c), the kink-turn motif from the SAM-I  
riboswitch (Thermoanareobacter tengcongensis) (d) and the  
hook-turn motif (e). (Protein Data Bank (PDB) codes are 1LNT,  
1Q9A, 354D, 2GIS and 1MHK, respectively.) Depicted are the 
experimentally observed structures (left) and the best of five  
low-energy cluster centers (right). In a, a conserved A/C  
interaction that was missed by automated annotation is shown  
in gray. Symbols and letters are as in ref. 15. (f) All-heavy-atom  
r.m.s. deviation for the best of five final predictions (low-energy  
cluster centers) plotted against the number of residues in the  
modeled motif.
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METHODS
Methodsandanyassociatedreferencesareavailableintheonline
versionofthepaperathttp://www.nature.com/naturemethods/.

Note: Supplementary information is available on the Nature Methods website.
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Figure 2 | Computational and experimental tests validating sequence 
design and thermostabilization. (a) Sequence recovery over 15 high-
resolution side-chain–stripped RNA structures optimizing the Rosetta 
full-atom energy compared to random recovery (25%, dashed line) and 
compared to tests with the FARNA score function. W-C, Watson-Crick base  
pairs. (b) Sequence preference predicted from 1,000 redesigns (top) compared  
to an alignment of SRP domain IV RNA sequences drawn from all three 
kingdoms of life17, in Sequence Logo format18. Two mutations (I and II) 
predicted by the Rosetta redesigns to stabilize folding are indicated. 
(c) Dimethyl sulfate (DMS) modification data probing the structure and 
thermodynamics of the wild-type SRP motif and a double-mutant variant.  
Sites of chemical modification were read out by reverse transcription 
of modified RNA with fluorescently labeled DNA primers, separated by 
multiplexed capillary electrophoresis. (d) Wild-type and mutant sequences 
as a two-dimensional annotation (see ref. 15) of tertiary contacts. 
Wedges mark residues that remained accessible to dimethyl sulfate in 
high Mg2+ folding conditions for the wild-type RNA. (e) Folding isotherms 
by Mg2+ titration for four separate residues involved in the SRP motif’s 
noncanonical structure (square, circle, diamond and triangle in c and d). 
The left-most symbols represent conditions without Mg2+.
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ONLINE METHODS
Software implementation. All computational methods were
implementedinRosetta3.1.Fulldocumentation,explicitcom-
mandlinesandexamplefilesnecessarytomodelthestructure
of themostconserveddomainofSRP(PDBcode1LNT)and
toredesignallofitsresiduesareincludedinthe“manual”and
“rosetta_demos”directoriesthatarepartoftherelease,freelyavail-
ablefordownloadathttp://www.rosettacommons.org/manuals/
archive/rosetta3.1_user_guide/.

Identification of RNA motifs.Anautomatedalgorithmtoparse
noncanonicalsegments(thatis,residuesformingbasepairsbesides
Watson-Crick or G-U pairs), along with‘bounding’ canonical
basepairs,wasappliedtoRNAcrystalstructureswithdiffrac-
tionresolutionsof3Åorbetter,withafocusonribozymesand
riboswitches.Candidatemotifsthatdidnotinteractwithother
regionsofthestructureandhadlengthsof20nucleotidesorless
wereselected.Thissubsetwasthenfilteredtoremovesequence-
redundant motifs. A final set of 32 sequence motifs and the
assumedcanonicalbasepairs(whichform‘boundaryconditions’
foreachmotif)areillustratedinSupplementary Figure 2.

De novo modeling.Generationofde novomodelswascarriedout
byfragmentassemblyofRNA(FARNA),asdescribedpreviously5,
startingfromextendedchainswithidealbondlengthsandbond
angles.MinorimprovementstotheFARNAscorefunctionwere
madetomodelbase-backboneandbackbone-backbone inter-
actionsatacoarse-grainedlevel(Supplementary Fig. 7).Small
improvementsintheconformationalsearchwereimplemented.
Ratherthanusingthree-residuefragments,thefragmentlength
wasmadefiner,from3to2to1,insuccessivestagesofMonte
Carlofragmentassembly.Inaddition,variationsinsugarbond
lengthandbond-anglegeometrieswererecordedinthefragment
libraryandcopiedduringfragmentinsertionmovestoensure
sugarringclosure.

Mostofthemotifshereinhadmultiplechainsconnectedbyat
leastoneWatson-Crickbasepair.Thesecanonicalbasepairswere
assumedtoformbecausetheyaretypicallyknownaprioriinRNA
modelingandbecausewithout thesedouble-helicalboundary
constraints,RNAsequencesoftenformalternativestructures(see,
forexample,ref.19).Theenergyfunctionwassupplementedwith
harmonicconstraintsplacedbetweenWatson-Crickedgeatoms
inthetworesiduesthatwereassumedtoformeachbounding
canonicalbasepair(Supplementary Fig. 2).Further,eachde novo
runwasseededwitharandomsubsetofN−1Watson-Crickbase
pairstodefinetheconnectionsbetweenNchainsbyatree-like
topologyforcoordinatekinematics20,21;every10fragmentinser-
tions,alternativebase-pairinggeometries,drawnfromanRNA
database,weretestedasanadditionaltypeofMonteCarlomove.
Thesourceofboththetorsionfragmentsandthebasepairing
geometrieswastherefinedstructureofthearchaeallargeribo-
somalsubunit(1JJ2;ref.14),withthesarcin-ricinloopandthe
kink-turnmotifsexcluded.Usinganalternativeribosomecrystal
structureforthefragmentsource(1VQ8)gaveindistinguishable
resultsfor,forexample,Zscores(seebelow).

We optimized 50,000 FARNA models in the context of the
Rosettafull-atomenergyfunction.Thisenergyfunctionisasimple
andtransferrablefunctionthatrepresentsanapproximatefree
energy(minustheconformationalentropy)foreachmolecular

state. Interactionsbetweennonbondedatomsaremodeledby
pair-wise,distance-dependentpotentialsforvanderWaalsforces,
hydrogenbonds,thepackingofhydrophobicgroupsandthedesol-
vationpenaltiesforburyingpolargroups13.Basedonrecentwork
intheRosettacommunityonproteinsandDNA,threeadditional
nonbondedterms(Supplementary Fig. 8)wereincorporatedhere
andreweightedthroughaniterativecalibration:(i)apotential
for weak carbon hydrogen bonds, previously investigated for
membrane proteins, (ii) an alternative orientation-dependent
modelfordesolvationbasedonocclusionofproteinmoieties,and
(iii)atermtoapproximatelydescribethescreenedelectrostatic
interactionsbetweenphosphates.Becausesubtle,bond-specific
quantumeffectscomplicatethegeneralderivationoftorsional
potentials,wederivedpreferredvaluesforRNAtorsionanglesand
theircorrespondingspringconstantsfromtheribosomecrystal
structure (Supplementary Fig. 9). More sophisticated treat-
mentsofelectrostaticsandthesite-specificbindingofwaterand
multivalentmetalions,whichareexpectedtobeimportantfor
someRNAmolecules22,willbeexploredinfuturework.

Combinatorial samplingof2′-OHtorsionswas followedby
continuous,gradient-basedoptimizationofallinternaldegrees
offreedombytheDavidson-Fletcher-Powellmethod.Constraints
wereincludedtomaintainbondlengthsandangleswithin0.02Å
and2°,respectively,ofidealvaluesandtotetheratomsneartheir
startingpositions(withharmonicconstraintspenalizinga2Å
deviationby1unit).Afterremovingthelattersetoftethers,asec-
ondstageof2′-OHtorsionoptimizationandminimizationwas
carriedout.Afterthisprocess,stericclashesandbondgeometry
deviationswerereducedtothelevelseeninexperimentalRNA
structures,asassessedbytheindependentMolProbitytoolkit(see
Supplementary Table 3foracompleteoverview).

TotesttheAMBER99forcefield,theTINKERmoduleminimize
withtheGBSAkeyword(implementingtheBornradiiinref.23)
wasappliedtothemodelsthathadbeenrefinedwiththefull-
atomRosettaenergyfunction.TotesttheCHARMM27forcefield,
thechemistryatHarvardMolecularMechanics(CHARMM)pro-
gram24wasapplied,usingthenucleicacidforcefield(PARAM27)25.
The CHARMM generalized Born molecular volume (GBMV)
method26,27wasusedasanimplicitrepresentationofthesolvent.
DefaultparametersforminimizationandGBMVweretakenfrom
themultiscalemodelingtoolsforstructuralbiology(MMTSB)
toolset28.Currentmolecularmechanicspackagesdonotofferthe
prospectofcontinuousminimizationofmodelcoordinatesin
thecontextofthecomputationallyexpensivenonlinearPoisson-
Boltzmanntreatmentofcounterions;asafirstestimateofthe
effectsofionscreening,weminimizedmodelswiththeion-free
GBMVmodel,andthenrecomputedsolvationenergieswiththe
Poisson-Boltzmann solver available in MMTSB. In principle,
the explicit treatment of counterions and water in molecular
mechanicscalculationscanprovideincreasedaccuracy,although
the precise and efficient estimation of free energy differences
betweendifferentmolecularconformationsremainsanunsolved
challengeinbiomolecularsimulation.

Basepairsofmodelsandexperimentalstructureswerecarried
outwithanautomatedannotationmethodbasedonRNAview29,
butimplementedintheRosettaframework.Theautomatedpair
assignmentswerenotentirelyunambiguous.Asanexample,an
ambiguityoccurredfortheSRPmotif;basepairassignmentsfrom
RNAviewdisagreedwiththeauthoritativemanualannotation15
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bygivingdifferentinteractingedgestoacentralbifurcatedG-G
basepair andassigninganextrahydrogenbondbetween two
(nonplanar)Cresidues(Supplementary Fig. 2).Figure 1shows
themanualannotation.

Iterative optimization of weights of the energy function.Half
of the32RNAmotifswererandomlyselectedtooptimizethe
weightsonthetestedscorefunctions.TwothousandRNAmodels
weregeneratedbyde novofragmentassembly,andtwothousand
additionalnative-likemodelswereobtainedbyusingalibrary
offragmentsdrawnfromthenativestructureratherthanfrom
theribosome.Weightsonthedifferentcomponentsoftheforce
field(12parametersfortheRosettaenergyfunction)wereopti-
mizedwiththefminsearchmethodinMatlabtomaximizethe
sumoftheZscoreoverthetrainingsetmotifs,withtheweights
onthevanderWaalstermfixed.TheZscorefortheforcefield
wascomputedasthemeanscoreofnonnativedecoysminusthe
meanscoreofthe10lowest-energynear-nativemodels,divided
bythes.d.ofnonnativedecoyscores.Inthiscomputation,non-
nativedecoyswithanomalouslypoorscores(higherthanthree
s.d.fromthemean)werefilteredout.

Resultsforlarge-scalede novomodelingforbothtrainingand
testsetsaregiveninTable 1.Becauseweightfittingcanleadto
unfairbias,wealsocarriedoutouranalysesonthetrainingand
testsetsseparately.Resultsonthewithheldtestsetwereinfact
better than for the training set (mean Z scoresof3.61versus
3.28;numberofcaseswithpositiveenergygapsof10versus8;
medianr.m.s.deviationforbestoffiveclustersof2.28Åversus
2.34Å;andrecoveryofnon–Watson-Crickbasepairsof43%
versus 38%), indicating that weight over-parametrization did
notoccur.Furthermore,finalresultswerelargelyindependent
ofchosenweights.WerecomputedthemeanZscoresfornative
statediscriminationafterchangingtheweightsofeachenergy
function term by± 50% and optimizing weights of the other
scores.FinalZscoreschangedbylessthan5%despitetheselarge
perturbations,indicatingarobustnesstothechoiceofweights;
wehaveobservedsimilarresultsinprotein-structureprediction
(R.D.andD.B.;unpublisheddata).

Fixed backbone design.Testsofside-chainandsequencerecovery
were carried out on RNA crystal structures with resolutions
betterthan2.5Åwithoutcloseinteractionstoproteinpartners
andwithbasesstrippedfromthestructures(Supplementary 

Table 2).Usingthesamecoreroutinesasinproteinsidechain
packinganddesign,theoptimizationofside-chainconforma-
tionandidentitywascarriedoutsimultaneouslyatallresidues;
rapidsimulatedannealingwasaidedbyprecomputationofall
rotamer-rotamerpairwise energies.Thenucleobase rotamers
wereconstructedwiththeglycosidictorsionangleχsetatits
mostprobableantivalueandat−1,−1/2,+1/2and+1s.d.from
this central value. The central value and s.d. were computed
based on RNA residues in the ribosome crystal structure for
2′-endoand3′-endosugarpuckersseparately.Forpurines,syn
rotamersforχwereanalogouslysampled.Theplacementofthe
2′-OHhydrogenwasalso simultaneouslyoptimizedwith the
base rotamer; the torsion angle defined by the C3′-C2′-O2′-
HO2′ atoms was sampled at six torsion angles (−140°, −80°,
−20°,40°,100°and160°).

Structure mapping.Anewlydevelopedhigh-throughputRNA
preparation,chemicalmodificationandcapillaryelectrophoresis
readoutprotocolwasusedforthermodynamicandstructuremap-
pingexperimentsandisbrieflysummarizedhere.SRP-motifRNA
constructswerepreparedwithsequence5′-GGCUACGCAAGUAA
AACAAAUUACUCAGGUCCGGAAGGAAGCAGGUAAAAACCA
AACCAAAGAAACAACAACAACAAC-3′(thelast20nucleotides
formtheprimerbindingsite),orwiththemutationsdiscussed
in the main text. DNA templates including the 20 nucleotide
T7primersequence(5′-TTCTAATACGACTCACTATA-3′)were
prepared by extension (Phusion; Finnzymes) of 60-nucleotide
sequences(IntegratedDNATechnologies),purifiedonQiaquick
columns(Qiagen)andusedastemplatesforin vitrotranscription
withT7polymerase(NewEnglandBiolabs).RNAwaspurified
byphenolandchloroformextractionandbuffer-exchangedinto
deionizedwaterwithP30RNAse-freespincolumns(BioRad).The
RNA(0.5pmol)wasincubatedat44°CinaHybexincubatorwith
50mMNa-HEPES,pH8.0,withvaryingconcentrationsofMgCl2;
after1min,dimethylsulfate(freshlydilutedinwater)wasaddedto
afinalconcentrationof0.25%(vol/vol)andfinalvolumeof20µl.
Repeatreactionswithafinalvolumeof100µlgaveindistinguish-
ableresultsforfreeenergydifferencesbetweenvariants.After15min
ofmodification,reactionswerequenchedwith0.25volumesof
2-mercaptoethanol,oligo-dTbeads(poly(A)purist;Ambion)and
5′-rhodamine-greenlabeledprimer(5′-AAAAAAAAAAAAAAAA
AAAAGTTGTTGTTGTTGTTTCTTT-3′,0.125pmol),andpuri-
fiedbymagneticseparation.Reversetranscriptasereactionswere
carriedoutusingSuperscriptIII(Invitrogen)and10mMdNTPs
(with2′-deoxyinosinetriphosphatereplacingdGTP)andpuri-
fiedbyalkalinehydrolysisoftheRNAandmagneticseparation.
FluorescentDNAproducts,withaco-loadedTexas-Red–labeled
referenceladder,wereseparatedbycapillaryelectrophoresisonan
ABI3100DNAsequencerandanalyzedwithspecializedversions
of theSAFAanalysis scripts30.Plotsand fitsof fraction folded
werecarriedoutinMatlab(MathWorks),witherrorsestimated
bybootstrapping.Freeenergydifferencesbetweenvariantswith
fittedMgCl2midpointsK1andK2andapparentHillcoefficients
n1andn2werecalculatedas∆∆G=(1/2)(n1+n2)kBTlog(K1/K2).
Thisexpressioncorrespondstoamodelinwhichtheadditional
numberofMg2+associatedtotheRNAuponfoldingcanvary
linearlywithlog[MgCl2].
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Supplementary Figure 1. Full-atom refinement for near-atomic accuracy, illustrated with the 
signal recognition particle (SRP) Domain IV RNA. (A) Two-dimensional Leontis/Westhof 
annotation and crystal structure of the isolated SRP motif (PDB: 1LNT), here shown with two 
bounding canonical base pairs, compared to three models generated by fragment assembly of 
RNA (FARNA). Adenosine, cytidine, guanosine, and uracil bases are shown in orange, green, 
blue, and red, respectively. Three-dimensional representations were prepared in PyMol (Delano 
Scientific). (B) The knowledge-based FARNA score incorrectly ranks the native structure (red) 
and near-native Model 1 (blue) as worse in score compared to non-native Models 2 (green) and 3 
(magenta). (C) Full-atom refinement with the Rosetta full-atom energy function corrects the 
ranking, enabling near-atomic resolution de novo modeling for this motif. 
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Supplementary Figure 2. Tertiary structure and secondary structure representations of the 32 
motifs used to test de novo structure prediction. Secondary structure representations follow the 
convention of Leontis and Westhof [RNA (2001):7, 499-512] and were prepared either 
automatically in RNAmlView  [Yang et al., NAR (2003) 31: 3450-60]  or manually in cases that 
could not be parsed or clearly represented in RNAmlView. Note that the secondary structure 
diagrams are not always in the same orientation as the tertiary structure graphics. Watson-Crick 
base pairs (assumed to be known a priori) connect separate chains of each motif, except for 
tetraloop/receptor interactions, in which all possible inter-chain base-pairs were tested.  
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Supplementary Figure 3. Example of structure modeling for a molecule including both canonical 
and non-canonical base pairs. A 24-nucleotide-long domain of the E. coli signal recognition 
particle RNA (2PXD, left) is recapitulated at atomic resolution (1.6 Å all-heavy-atom RMSD) by 
one of four cluster centers (right). After separate FARFAR runs to generated 2,000-model 
ensembles of two double helical stems (gray) and two non-canonical motifs (colored bases), the 
four separate regions were assembled in the Rosetta structure modeling framework.   
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Supplementary Figure 4. Rosetta full-atom energy vs. RMSD to the experimental motif structure 
for 50,000 de novo models (blue) compared to models constructed only with native fragments 
(red). Motif definitions are given in Supplementary Fig. 2. 
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Supplementary Figure 5. Structure prediction and thermodynamic comparisons for folding 
32 RNA duplexes. An extensive thermodynamic data set is available from the classic 
work of Turner and colleagues on RNA duplexes with lengths between 4 and 9 base 
pairs [Xia et al. (1998), Biochemistry 37: 14719.], and we have generated FARFAR 
structures for these sequences. The calculated full-atom energies for these molecules 
cannot be directly compared to experimental free energies; the Rosetta energy scale is a 

priori unknown and two additional parameters, the free energies of entropy loss upon 
strand association and upon forming each base pair, are difficult to model. Nevertheless, 
allowing these three unknown parameters to be varied yields reasonable agreement 
between Rosetta full-atom energies and measured values (right panel). Correlation of 
predicted duplex energies and energies measured by optical melting (at reference 
temperature 37 °C and strand concentrations of 0.1 mM) are shown. The mean unsigned 
error of the fit is 0.7 kcal/mol, providing an estimate of the error incurred by 
approximations inherent to the Rosetta full-atom energy function. In contrast, the 
knowledge-based score function FARNA gives a dramatically worse fit (left panel), with 
an error of 1.6 kcal/mol. Example FARFAR structures for the least and most stable 
sequences are shown in the center. Fit parameters for the energy scale factor, entropy 
loss on strand association, and entropy loss per base pair were 0.06, –2.59, and 0.09 
kcal/mol (FARNA); and 0.43, 4.1, and 4.9 kcal/mol (FARFAR). 
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Supplementary Figure 6. Structural and thermodynamic characterization of the SRP Domain IV 
motif and variants predicted to thermostabilize its folding. (A) Fluorescent time traces display the 
reverse-transcripase readout of dimethyl sulfate (DMS) modification of each construct, resolved 
by capillary electrophoresis. Modification was carried out in 0.25% DMS, 50 mM Na-HEPES, pH 
8.0, at 44 °C with increasing amounts of MgCl2 to promote tertiary folding. Protection patterns for 
DMS (as well as SHAPE and CMCT experiments; not shown) indicate that in the Mg2+-free 
conditions, only a GAAA tetraloop with G-C base pairs are formed; addition of Mg2+ gives the fully 
expected secondary and tertiary structure of each construct (see also Fig. 2D, main text). (B) 
After quantitation of the time traces by peak-fitting, folding isotherms at four residues involved in 
the SRP motifʼs noncanonical structure overlay well (to aid visual comparison, the wild type 
isotherm fit is shown as a gray curve on each plot). Fitting parameters for the isotherms are: 
n = 2.5±0.3, K = 0.149±0.011 mM (WT); n = 1.9±0.1, K = 0.115±0.003 mM (C6G); n = 2.7±0.1, K 
= 0.168±0.012 mM (C22U); n = 1.9±0.2, K = 0.064±0.007 mM (C6G/C22U). The experimentally 
measured free energy changes (ΔΔG) are calculated to be –0.37±0.19 kcal/mol (C6G), 0.20±0.20 
kcal/mol (C22U), and –1.22±0.49 kcal/mol (C6G/C22U). [Repeat measurements with the RNA 
diluted by 5-fold during DMS modification gave agreeing ΔΔG values of –0.32±0.016 kcal/mol, 
0.47±0.25 kcal/mol, and –1.39±0.73.] The measurements are in agreement with the Rosetta 
predictions of  –1.6 kcal/mol, –0.1 kcal/mol, and –1.7 kcal/mol, 
respectively.
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Supplementary Figure 7. Additional terms added to the FARNA low-resolution score function. 
(A) The original FARNA score function [Das and Baker, PNAS (2007): 104:14664-14669] did not 
include specific interactions between bases and backbone oxygen atoms mediated by hydrogen 
bonds. The panels give the frequency of occurrence of each backbone oxygen atom lying within 
2.5 Å of the base plane in the large ribosomal subunit crystal structure. A potential proportional to 
the logarithm of these frequencies has been added to the FARNA score function. [Note that the 
counts have been convolved with a two-dimensional Gaussian function with width 0.5 Å to create 
a smooth potential appropriate for coarse-grained fragment assembly.] (B) A new potential, 
applied between O2´ groups, was derived from the logarithm of the ratio of the number of 
backbone oxygen interactions in low resolution FARNA models vs. crystal structures of fragments 
of the large ribosomal subunit. The same potential is applied at half strength between O2´ groups 
and the O1P and O2P oxygen acceptors of phosphates, again based on their absence in FARNA 
models compared to experimental structures. 
A 

 
B 
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Supplementary Figure 8. Terms added to the previously published full-atom Rosetta energy 
function [Rohl, Strauss, Misura, & Baker, Methods Enzymol. 383: 66-93]. A potential for weak 
carbon hydrogen bonds (CH…O) is implemented for C-H-O angles less than 60°, with the shown 
distance dependence (A); its implementation improves distance distributions observed in Rosetta 
models (cf. blue and red lines in B) to better match distributions in the crystal structure of the 
archaeal large ribosomal subunit (black line in B). (C) A newly tested solvation potential for polar 
atoms estimates the desolvation cost as the sum of hydrogen bond energies to virtual water 
molecules placed at the locations of each occluding atom, calculated as per Kortemme et al. 
[JMB (2003) 326: 1239-1259]. Spheres demonstrate change in solvation penalty (from yellow to 
red) as the location of an occluding atom changes around an N-H donor. In the previous angle-
independent solvation potential of Laziridis and Karplus [Proteins (1999) 35: 133-52], each of the 
spheres would incur the same desolvation penalty from the N-H donor. (D) The functional form of 
a simple electrostatic model to prevent close approach of phosphates is assumed to follow 
Coulombʼs law with a distance-dependent dielectric [ε = 10 (r/Å)], vanishing at 5.5 Å (the 
maximum distance of interaction in Rosetta) and saturating below 1.5 Å (well below the van-der-
Waal radii of full-atoms). Partial charges for the P, O1P, O2P, O5´, and O3´ atoms follow 
parametrization used in CHARMM and for Rosetta DNA applications [e.g., Ashworth et al. Nature 

(2006) 441: 656-9]. The steep drop in the repulsion beyond ~3 Å is consistent with expected 
behavior at high counterion concentrations (e.g., > 1 M NaCl) in which the Debye length drops 
below this distance scale. 
 
A 

 

B 

 
C 

 

D 
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Supplementary Figure 9. Histograms of RNA torsion values derived from the refined crystal 
structure of the large ribosomal subunit (PDB ID: 1JJ2). In each case, fits are to the sums of two 
to three Gaussians. For δ, ε, χ, and the sugar torsions ν1, and ν2, separate fits have been carried 
out for 3´-endo (blue) and 2´-endo (red) sugar puckers. For ζ, separate fits have been carried out 
depending on whether α of the following residue is gauche

– (blue), trans (red), or gauche
+ 

(green). The torsional potential assumed in the full-atom Rosetta energy function is proportional 
to the logarithm of the fitted histogram. No torsional potential was assumed for additional sugar 
torsions  ν0, ν3, and  ν4, as they are constrained by maintaining ideal bond lengths and angles in 
the sugar ring. 
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Supplementary Table 1. Discrimination of native-like (< 2.0 Å heavy-atom rmsd) from non-native 
(> 3 Å) models. For 32 RNA motifs, 2000 de novo models and 2000 native-like models were 
generated and refined in four force fields.  The Z-score is defined as the difference between the 
mean non-native model score and the lowest native model score, divided by the standard 
deviation of the non-native model scores. The energy gap (“Egap”) is defined as the difference (in 
kcal/mol) between the lowest scoring non-native model and the lowest scoring native model. 
Positive scores indicate successful discrimination. See Supplementary Fig. 2 for motif definitions. 
For four motifs, models with > 3 Å rmsd from the crystal structure were not generated by FARNA 
and were not included in the assessment of Z-scores or energy gaps. 
 

RNA description FARNA 

FARNA 

refined 

AMBER

99* 

CHARM

M27* 

FAR-

FAR FARNA 

FARNA 

refined 

AMBER

99* 

CHARM

M27* 

FAR-

FAR 

Training set           
UUCG tetraloop 2.89 1.16 5.24 2.42 3.11 0.54 0.29 11.25 -0.17 1.71 
Rev response element high 
affinity site -0.46 -0.77 1.00 2.74 1.17 -2.91 -4.72 -7.25 3.96 -2.61 
J4/5 from P4-P6 domain, 
Tetrahymena ribozyme 2.39 2.01 2.77 4.65 3.28 0.20 -1.83 1.62 14.56 1.24 
Helix with A/C base pairs 0.90 1.56 0.80 1.47 2.26 -0.71 -0.71 -16.43 3.13 0.93 
Signal recognition particle 
Domain IV 1.30 2.37 1.98 3.51 4.48 -1.33 0.67 -1.92 24.05 3.35 
Stem C internal loop, L1 ligase 1.21 1.23 1.06 0.74 2.75 -0.82 0.17 1.91 5.20 2.23 
Four-way junction, HCV IRES 2.00 1.69 0.16 2.29 2.98 3.49 -2.38 -9.37 -11.58 0.20 
Kink-turn motif from SAM-I 
riboswitch 3.19 4.33 1.18 0.82 3.44 3.28 2.65 0.00 -26.13 1.05 
Three-way junction, purine 
riboswitch 2.03 2.87 1.16 1.94 3.58 1.06 0.51 0.00 -10.65 2.26 
Kink-turn motif 2.27 4.90 3.59 2.84 4.74 3.95 5.00 13.25 12.80 7.39 
Tertiary interaction, 
hammerhead ribozyme 1.87 2.38 3.28 3.32 3.35 3.03 2.43 -57.37 15.80 2.21 
L2/L3 tertiary interaction, purine 
riboswitch 2.42 3.42 3.03 2.97 4.53 7.76 3.43 0.52 -8.73 10.01 
Pre-catalytic conformation, 
hammerhead ribozyme 2.57 2.78 0.89 2.25 2.98 3.21 4.78 -10.09 3.66 3.60 
MEAN Z-score 1.89 2.30 2.01 2.46 3.28      
Egap >  0 kcal      9 9 5 8 12 
           
Test set           
Loop 8, A-type Ribonuclease P 0.33 1.07 0.46 1.89 1.31 -1.19 -1.21 -2.54 2.35 -0.84 
Pentaloop from conserved 
region of SARS genome 2.62 2.10 1.70 1.49 3.42 -0.68 -0.37 -1.69 -6.09 0.98 
L3, thiamine pyrophosphate 
riboswitch 0.00 0.18 1.18 2.17 2.98 -1.51 -1.07 -2.97 -0.58 -1.10 
Tetraloop/helix interaction, L1 
ligase crystal 3.94 2.53 1.85 2.77 3.13 2.61 3.61 7.07 19.16 5.04 
Hook-turn motif 2.49 1.56 2.95 1.87 2.20 0.33 -1.08 2.65 3.87 -0.28 
Curved helix with G/A and A/A 
base pairs 3.14 1.59 1.06 3.70 4.43 0.52 1.57 -10.31 19.63 6.43 
Fragment with G/G and G/A 
pairs, SRP helix VI 0.46 1.42 0.40 2.41 2.89 -2.26 -2.20 -4.10 4.38 1.81 
Bulged G motif, sarcin/ricin loop 1.92 1.48 1.82 2.51 3.03 -1.83 -0.15 -0.88 8.57 1.23 
J4a/4b region, metal-sensing 
riboswitch 1.50 1.56 0.87 2.52 3.14 -0.43 0.07 9.17 2.47 1.31 
Tetraloop/receptor, P4-P6 
domain, Tetr. ribozyme 2.36 2.61 2.45 2.23 2.81 -0.72 0.94 1.85 -1.71 3.26 
Active site, hammerhead 
ribozyme 3.25 3.07 3.22 3.55 5.74 3.50 5.47 2.00 17.05 14.20 
J5/5a hinge, P4-P6 domain, 
Tetr. ribozyme 2.11 1.46 1.46 0.48 4.66 -1.50 0.40 -7.49 -33.44 8.20 
Loop E motif, 5S RNA 2.29 1.42 2.09 2.96 3.63 1.69 1.51 -2.43 20.31 5.90 
Pseudoknot, domain III, CPV 
IRES 5.58 2.45 5.01 3.61 5.55 4.26 0.59 20.30 16.64 5.55 
P1/L3, SAM-II riboswitch 3.05 1.98 3.00 1.17 5.21 6.90 7.69 30.86 -38.99 9.22 
MEAN Z-score 2.34 1.76 1.97 2.36 3.61      
Egap >  0 kcal      7 9 7 10 12 
           
Whole set           
MEAN Z-score 2.13 2.01 1.99 2.40 3.46      
Egap > 0 kcal      16 18 12 18 24 

* Molecular mechanics calculations were carried out without taking into account counterion screening, due to the difficulty of calculating free 
energies with explicit modeling of discrete ions and to the present unavailability of accurate implicit treatments of ions [e.g., the Poisson-
Boltzmann (PB) equation] during minimization. CHARMM27-minimized decoys were re-scored with the PB solvation model; native state 
discrimination was significantly worse (mean Z scores of –0.4,–0.6, and –0.6) for monovalent salt concentrations of 0 M, 0.01 M and 1 M. 
Rescaling of the PB weight did not improve discrimination over the GB-based calculation. 
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Supplementary Table 2. Recovery of native sequences through redesign of base conformation 
and identity with two force-fields; backbones are taken from high-resolution RNA crystal 
structures (PDB ID is given). 
 

 
Residues forming no 

base pairs 

Residues forming 
only Watson/Crick 

base pairs 

Residues forming 
non-canonical base 

pairs 
All residues 

 
Number 
residues 

Fraction 
recovered 

Number 
residues 

Fraction 
recovered 

Number 
residues 

Fraction 
recovered 

Number 
residues 

Fraction 
recovered 

1CSL 4 0.25 18 0.15 6 0.31 28 0.20 
1ET4 11 0.47 15 0.10 9 0.60 35 0.34 
1F27 7 0.44 21 0.32 2 0.50 30 0.36 
1L2X 6 0.44 11 0.49 10 0.41 27 0.45 
1LNT 0 0.00 16 0.23 8 0.34 24 0.27 
1Q9A 4 0.36 12 0.22 11 0.61 27 0.40 
1U8D 6 0.38 40 0.17 21 0.45 67 0.28 
1X9C 4 0.16 35 0.21 21 0.50 60 0.31 
1XPE 12 0.33 80 0.23 0 0.00 92 0.24 
2GCS 22 0.17 85 0.22 35 0.43 142 0.26 
2GDI 15 0.26 37 0.33 26 0.53 78 0.38 

2OEU 11 0.46 40 0.20 10 0.48 61 0.30 
2R8S 29 0.34 87 0.28 43 0.55 159 0.36 
354D 2 0.07 10 0.23 12 0.51 24 0.35 

UUCG* 2 0.00 4 0.06 2 0.05 8 0.05 

Overall 135 0.32 511 0.24 216 0.49 862 0.31 

Low resolution (FARNA)    

     

1CSL 4 0.50 18 0.35 6 0.66 28 0.44 
1ET4 11 0.47 15 0.41 9 0.43 35 0.44 
1F27 7 0.45 21 0.30 2 0.82 30 0.37 
1L2X 6 0.33 11 0.39 10 0.66 27 0.48 
1LNT 0 0.00 16 0.49 8 0.63 24 0.53 
1Q9A 4 0.59 12 0.22 11 0.54 27 0.41 
1U8D 6 0.28 40 0.33 21 0.44 67 0.36 
1X9C 4 0.31 35 0.41 21 0.67 60 0.50 
1XPE 12 0.17 80 0.43 0 0.00 92 0.40 
2GCS 22 0.34 85 0.39 35 0.64 142 0.44 
2GDI 15 0.35 37 0.37 26 0.70 78 0.48 

2OEU 11 0.48 40 0.28 10 0.57 61 0.37 
2R8S 29 0.40 87 0.47 43 0.74 159 0.53 
354D 2 0.00 10 0.33 12 0.83 24 0.55 

UUCG* 2 1.00 4 0.23 2 1.00 8 0.62 

OVERALL 135 0.38 511 0.39 216 0.65 862 0.45 

High resolution (Rosetta)    
 
* UUCG tetraloop drawn from 1F7Y. 
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Supplementary Table 3. The quality of refined de novo models compares well to experimental 
structures. For the 32 tested RNA motifs, the listed features are compared between the 
experimental crystallographic models and 10 low-resolution models (best scoring based on 
FARNA score) and 10 full-atom-refined models (best scoring by Rosetta energy). Base interaction 
features are calculated within Rosetta; other features use the automated tools developed by the 
Richardsons and colleagues [Davis et al. NAR ( 2007): 35, W375-83]. For the bond-angle and 
bond-length outlier tests, only a web server tool is available, and so only the lowest scoring model 
for each RNA motif was assayed. 

 Crystal 

structures 

FARNA models 

(low res.) 

FARFAR  models 

(refined) 

Base interaction features 

(normalized to # residues) 

   

Watson/Crick base pairs 0.21 0.24 0.23 
Non-Watson/Crick pairs  0.23 0.22 0.21 
Base stacks  0.74 0.75 0.67 
    
MolProbity metrics    
Clash score 17.16 76.69 18.74 
Frac. res., bond length outliers 0.04 0.00 0.00 
Frac. res., bond angle outliers 0.18 0.09 0.00 
    
Suiteness    
Fraction triaged rotamers 0.088 0.006 0.086 
Fraction outlier rotamers 0.061 0.061 0.090 
Suiteness of assigned rotamers 0.457 0.554 0.316 
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