
1 23

International Journal of Primatology
The Official Journal of the International
Primatological Society
 
ISSN 0164-0291
Volume 34
Number 4
 
Int J Primatol (2013) 34:823-835
DOI 10.1007/s10764-013-9688-6

Conservation Assessments of Arboreal
Mammals in Difficult Terrain: Occupancy
Modeling of Pileated Gibbons (Hylobates
pileatus)

E. Neilson, V. Nijman & K. A. I. Nekaris



1 23

Your article is protected by copyright and all

rights are held exclusively by Springer Science

+Business Media New York. This e-offprint is

for personal use only and shall not be self-

archived in electronic repositories. If you wish

to self-archive your article, please use the

accepted manuscript version for posting on

your own website. You may further deposit

the accepted manuscript version in any

repository, provided it is only made publicly

available 12 months after official publication

or later and provided acknowledgement is

given to the original source of publication

and a link is inserted to the published article

on Springer's website. The link must be

accompanied by the following text: "The final

publication is available at link.springer.com”.



Conservation Assessments of Arboreal Mammals
in Difficult Terrain: Occupancy Modeling
of Pileated Gibbons (Hylobates pileatus)

E. Neilson & V. Nijman & K. A. I. Nekaris

Received: 27 August 2012 /Accepted: 19 April 2013 /Published online: 20 July 2013
# Springer Science+Business Media New York 2013

Abstract Long-term monitoring programs, wildlife surveys, and other research
involving species population assessment require reliable data on population status.
Given the logistically challenging nature of some species’ habitats and cryptic
behaviors, collecting these data can prove to be a considerable barrier. We used
detection/nondetection data from pileated gibbons (Hylobates pileatus) in the Carda-
mom Mountains of southwest Cambodia to estimate their population occupancy and
detectability. We modeled occupancy using elevation, tree height, tree density, tree
diversity, and disturbance covariates. Modeling demonstrated that 83% of the sites are
occupied by Hylobates pileatus and that the detectability of the species varies
positively with elevation. No clear relationship between habitat quality covariates
and occupancy of Hylobates pileatus emerged. Effort analysis based on model
estimates demonstrated that at high elevations, less than half the number of site visits
is needed to attain the same detectability estimate precision as across all elevations.
We suggest that human activities at low elevations, which affect forest composition,
are the central factors impacting the detectability and occupancy of Hylobates
pileatus. Longer sampling durations and/or a higher number of site visits, especially
at lower elevations, increase precision of the occupancy estimator for the least effort.
For effective future monitoring and research for this and similar species, using this
relatively simple method, applied with repeat site visits, would allow a longitudinal
comparison of detection at sites in difficult terrain.
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Introduction

Population state variables, e.g., size, density, and growth and population requirements
can inform research and landmanagement plans for species and their habitats (Campbell
et al. 2002; Carrette et al. 2002; Pollock et al. 2002; Tyre et al. 2003). These can be
challenging to estimate in logistically difficult habitats, and study goals must be
balanced with available resources. Occupancy assesses the proportion of sampled sites
in which the local abundance of a species is greater than zero (MacKenzie et al. 2002).
As a possible alternative for abundance or density estimates, which often require
substantial effort, occupancy provides insight into species population distribution and
status by determining species’ habitat requirements as well as sources of disturbance
(MacKenzie 2005; MacKenzie et al. 2006; Olson et al. 2005). Detection of a species is
rarely perfect and it becomes more difficult to distinguish true and false absences as
detection probability decreases, but spatial and temporal replication of survey efforts
yields occupancy estimates that account for the probability of detection (MacKenzie et
al. 2002; Tyre et al. 2003).

In an occupancy modeling framework, occupancy (ψ) and detection (p) probability
parameters are estimated simultaneously from a detection history (repeat
detection/nondetection data at multiple sites). Modeling ψ or p as a function of
covariates on the logit scale assesses covariation between a species’ occupancy or
detectability and its environmental requirements (Donovan and Hines 2007; Elith et
al. 2006; MacKenzie et al. 2002; Tyre et al. 2003). Occupancy modeling is based on
several assumptions, including the following: the population in question is closed to
changes in occupancy over the survey season; species are never falsely identified; and
sites are independent, i.e., the probability of occupancy of one site is not affected by
any other site (MacKenzie et al. 2002).

Gibbons are small, arboreal apes that inhabit the evergreen rain forests of South-
east Asia (Chivers 2005). Currently 16 species of gibbons are assessed on the IUCN
Red List of threatened species as Vulnerable (N = 1), Endangered (N = 11), or
Critically Endangered (N = 4). Many gibbon populations occur in habitats where
terrain or the threat of hunting causes animals to flee from humans, making traditional
line transects (especially when following roads: Hilario et al. 2012) impractical. The
alternative method of triangulation requires substantial person-effort at few locations
(Brockelman and Ali 1987). Aspects of gibbon ecology including territoriality, home
range fidelity (Bartlett 2003; Gittins 1980), and loud predictable calls (Buckley et al.
2006; Geismann and Orgeldinger 2000) make gibbons well suited to investigation
through occupancy modeling.

Using a maximum likelihood inferential approach, we assessed a population of
Hylobates pileatus in southwest Cambodia, accounting explicitly for the probability
of detection. The selected study site is mountainous, rendering transect data collec-
tion difficult. Although species are often detected visually during occupancy studies
(Carrette et al. 2002; Guillera-Arroita et al. 2010; Keane et al. 2012), gibbons use
high canopy and move quickly (Vereecke et al. 2006) and Hylobates pileatus are un-
habituated in our study area, making direct counts nearly impossible. Predictable
calling behavior noted from fixed points can be used for detections (MacKenzie et
al. 2002; Pellet and Schmidt 2005) and gibbons can be detected accurately for
distances up to 1 km by their loud calls (Buckley et al. 2006; Mitani 1985; Nijman
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and Menken 2005), meaning that detection/nondetection data can be quickly col-
lected over large geographical areas (Coudrat et al. 2011; Nijman and Menken
2005). Our aims were to: 1) assess the overall occupancy and detectability of
Hylobates pileatus as estimated from repeated detection/nondetection surveys; 2)
model occupancy and detectability as functions of human disturbance, tree diversity,
tree height, tree density and elevation; and 3) assess the feasibility of occupancy
modeling as an approach for long-term monitoring of gibbons and other vocal
mammals in difficult terrain.

Methods

Survey Area

We conducted the research in Cambodia’s Phnom Samkos Wilderness Sanctuary
(PSWS). PSWS covers an area of ca. 3500 km2. PSWS is dominated by evergreen
hill forest with patches of high-elevation grassland, pine woodland, deciduous
forest, gallery forest, bamboo groves, and open dipterocarp woodland (Grieg-Gran
et al. 2008; Sarou 2009; Webb 2005) (Fig. 1). We collected data for Hylobates
pileatus from three forested areas from April to July 2010 for a minimum of 14 d
and a maximum of 25 d each: Stung Keo (12° 1′27.36″N, 103°7′46.60″E), Stung Ta
Sok (12°24′52.66″N, 103°4′8.96″E), and Stung Delai (12°11′37.50″N, 102°57′
41.44″E).

Data Collection

We collected detection/nondetection and habitat data using fixed-point sampling. We
selected points using a stratified random method in which we ensured spatial inde-
pendence by assuming an approximate home range size of 50 ha for Hylobates
pileatus (Phoonjampa et al. 2010). Once we had passed a minimum distance of
700 m from the last point we placed the next point off the path using a preselected
random distance and bearing. We used 22 points in Stung Keo and 20 points each in
Stung Ta Sok and Stung Delai for both detection/nondetection and habitat data. We
then added 12 points to Stung Keo, 14 points to Stung Ta Sok, and 7 points to Stung
Delai for habitat sampling. We visited each fixed listening point five times at Stung
Keo and Stung Ta Sok and four times at Stung Delai. During each 15-min fixed
listening point visit we recorded the exact time, sex of caller, estimated distance, and
direction of the calling gibbon as well as the estimated number of groups calling. We
also recorded weather conditions and major weather changes using an ordinal index,
in which we classified rainfall and wind as heavy, light, or absent.

To increase the probability of detection, we conducted all surveys between 08:00 h
and 14:00 h (Coudrat et al. 2011; Traeholt et al. 2006). To mitigate the effect of time
of day on the probability of detection per site we randomized the timing of repeated
site visits. We restricted the survey period to a maximum of 25 d/ site to avoid
temporal changes in singing behavior due to seasonal variation. As heavy precipita-
tion affects the frequency of gibbons’ singing negatively (Brockelman and
Srikosamatara 1993), we did not collect singing data during heavy rain.
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We used point-quarter sampling (Ganzhorn 2003) to assess habitat variables. At each
fixed point, we created four quadrats by plotting north/south and east/west lines
converging on the point center. Within each, we calculated the distance between the
tree (defined as diameter at breast height [DBH] > 10 cm) nearest to the point center and
its nearest neighboring tree (McConkey et al. 2003). Project guides identified tree
species. We calculated height using a clinometer. We estimated the canopy connectivity
to the nearest neighbor tree by counting the number of trees contacted physically by the
crown of the measured tree. We measured elevation, topography, slope, aspect, and GPS
location at the point center. Within a 5 × 5 m plot placed in the northwest quadrant, we

Fig. 1 Study site and survey areas for assessing occupancy of pileated gibbons in the Cardamom
Mountains, southwest Cambodia, in April–July 2010. (a) Study site, the Phnom Samkos Wilderness
Sanctuary, with the insert map denoting the location within Cambodia. (b) Stung Keo survey area. (c)
Stung Ta Sok survey area. (d) Stung Delai survey area. For (b), (c), and (d) the black lines denote the paths
traveled to get to sampling points. Fixed points (not shown) are situated along paths; inset maps denote the
location of the larger maps within Cambodia.
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used a DAFOR scale to derive seven measures of disturbance (DAFOR: Dominant =
>75%, Abundant = 75–51%, Frequent = 50–26%, Occasional = 25–11%, Rare 10–1%)
(Sutherland 2006). After removing disturbance measures that were correlated, we
combined the remaining measures to create one index of disturbance covariate for
analysis.

Data Analysis

We divided the three survey areas into a total of nine subareas split by geographic barriers
(elevation, rivers, and overall distances). We used the mean for each covariate for each
subgroup to characterize the area in which gibbons were detected. We derived a detection
history for each fixed listening point, by assigning a 1 for visits where we heardHylobates
pileatus singing within 500 m and a 0 for visits where we heard calls from further away or
not at all. A radius of 500 m is large enough to warrant survey point independence and to
encompass an entire home range of Hylobates pileatus, thereby ensuring that any groups
within the radius will be present for the entire survey, i.e., they are “occupying” the site,
not just “using” it (MacKenzie 2005). As gibbon calls can be heard clearly over 1 km
(Nijman 2001), a 500-m plot area radius also mitigated heterogeneity in individual
detection from decreasing detection with increasing distance (Efford and Dawson 2012).

We first analyzed data from each area separately with constant occupancy and
detectability and examined the proportion of sites where Hylobates pileatus was
detected at least once (naïve estimate of occupancy) to assess general changes in
detectability between survey areas. As no survey area had >22 points, we did not
include covariates so as not to overparameterize the models (Donovan and Hines
2007; Elith et al. 2006). We combined data from the three survey areas to model
occupancy and detection of Hylobates pileatus as functions of human disturbance,
tree diversity, tree height, tree density, and elevation.

Initially, we ran a model holding ψ and p constant. We then modelled ψ and p as a
function of different combinations of habitat covariates (Table I). We ranked the
resulting models according to their Akaike Information Criterion (AIC), determined by

−2logeLþ 2N

where L is the maximized likelihood andN is number of modeling parameters (Burnham
and Anderson 2002). We back transformed overall estimates of probability of occupan-
cy and detection and their standard errors from the outputted regression coefficients
using the delta method (Cooch andWhite 2010).We obtained model-averaged estimates
from top-ranking models, from models within two delta AIC units of the top-ranked
model for convenience (Donovan and Hines 2007), using

θ
∧
A ¼

XR
i¼1

wiθ
∧
i

where θ
∧
i is estimated probability of occupancy or detection for model i and wi is the

adjusted AIC weight of model i and we obtained model-averaged standard errors using

SEðθ
∧
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where var θ
∧
i gj i

� �
is the variance ofθ

∧
in model i and R is the number of models averaged

in the set (Burnham and Anderson 2002). We assessed model fit for the most parame-
terized (global) model and the top-ranking model using a bootstrap χ2 test comparing
the model-observed history probabilities to histories randomly generated from themodel
parameters (Burnham and Anderson 2002; Donovan and Hines 2007; MacKenzie and
Bailey 2004).

We used the sum of AIC weights for each covariate from models within two AIC
units of the top-ranking model to assess their relative contribution to either occupancy or
detectability (Burnham and Anderson 2002; Guillera-Arroita et al. 2010; MacKenzie et
al. 2006).

We calculated the minimum number of site visits (Nmin) required to be 95%
confident that the species is detected where present given the estimated probability
of detection using the formula

Nmin ¼ log Cð Þ
log 1−pð Þ

where p is the estimated model averaged detection probability and C is the confidence
level (either 0.05 or 0.15) (MacKenzie 2005; Pellet and Schimdt 2005). We calculated
total effort requirements for achieving various desired levels of precision (0.05,
0.075, 0.1, 0.15) in the model probability of occupancy estimator by identifying
where the number of sites (s) multiplied by the number of site visits (K) is minimized.
K was allowed to vary between 1 and 50 and s was calculated using the formula

s ¼ Ψ

VarðΨÞ
1−Ψð Þ þ 1−p�� �

p�−Kp 1−pð ÞK−1
" #

where p*, the probability of detecting a species at least once after K surveys, was
calculated as p* = 1 – (1 – p)K (Guillera-Arroita et al. 2010). We used PRESENCE

Table I Measured covariates used for modeling probability of detection and probability of occupancy of
pileated gibbon Hylobates. pileatus in the Cardamom Mountains of southwest Cambodia in April–July 2010

Name Type Description Covariate calculation in each subarea

Elevation Continuous Mean elevation in the
subarea

Mean

Tree
diversity

Continuous Shannon–Wiener index
of tree species diversity/
subarea

H = −∑Pi(ln Pi) where P is the proportional
frequency of each tree species
(Molles and Cahill 1999)

Tree height Continuous Average tree height/ subarea Mean

Tree density Continuous Density of individual trees
per hectare in each subarea

d=1/m2 where m = average distance between
the tree closest to a random point and its
nearest neighbor within each of four
quadrants centered around the random
point (Zhu and Zhang 2009)

Disturbance Continuous Index of human
impact/subarea

collapsed into one index through addition
of noncorrelated DAFOR measures/fixed
point
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(Hines 2006) 3.0 for all occupancy modeling and SPSS 17.0 for all supplemental
statistical analysis.

Results

We heard Hylobates pileatus sing more than once at 34% of sites where we detected
them at least once. Modeling occupancy for each survey area on its own demonstrated a
low probability of detection. At Stung Keo, the probability of detection was 0.13 (SE ±

0.07). With a naïve estimate of occupancy of 45%,ψ
∧
was quite high for the area (90% ±

0.39). The naïve occupancy at Stung Ta Sok was 35%,p
∧
= 0.18 (±0.08), andψ

∧
was only

55% (± 0.24). Detections were more frequent at Stung Delai (p
∧
= 0.34 ± 0.09), which

produced a closer naïve (60%) and estimated occupancy (0.75 ± 0.16).
Across all three survey areas, we detected Hylobates pileatus at 29 of 62 sites

producing a naïve probability of occupancy of 0.47. In the simplest model combining
all three areas in which occupancy and detectability were held constant their estimated
values were 0.67 and 0.23, respectively (Table II). Both the constant and survey-specific
estimation of p models were ranked rather low among the models (wr = 0.0 and 0.0).

We found no evidence of lack of fit for the most parameterized model (five
covariates) (χ2 = 29.63, ĉ = 0.72, probability test statistic ≥ observed = 0.78) and
the top-ranking model (χ2 = 31.44, ĉ = 0.77, probability test statistic ≥ observed =
0.74). We removed three models that did not converge in the likelihood maximization
from the top-ranking models. The lack of convergence was likely due to the
combination of parameters in those models as changing the initial estimate values
did not affect convergence. The probability of detection in the top-ranking model was
quite low (0.18, SE ± 0.036). Correspondingly, the naïve occupancy in the top-

Table II Occupancy models for pileated gibbons Hylobates pileatus in the Cardamom Mountains,
southwest Cambodia in April–July 2010, with AIC values within 2 units of the top-ranking model

# Model AIC D.AIC N wi A. wi ψ (± SE) p (± SE)

1 p(ele), ψ 232.34 0 3 0.100 0.210 0.85(0.150) 0.18(0.036)

2 p(ele), ψ(div) 233.17 0.830 4 0.066 0.138 0.79(0.149) 0.19(0.039)

3 p(ele,div), ψ 233.26 0.920 4 0.063 0.132 0.87(0.142) 0.18(0.034)

4 p(ele), ψ(dist) 233.75 1.410 4 0.050 0.104 0.81(0.147) 0.19(0.039)

5 p(ele), ψ(hei) 234.04 1.700 4 0.043 0.090 0.81(0.159) 0.18(0.040)

6 p(ele,dens), ψ(div) 234.05 1.710 5 0.043 0.089 0.77(0.146) 0.20(0.042)

7 p(ele), ψ(ele) 234.26 1.920 4 0.038 0.080 0.81(0.201) 0.19(0.042)

8 p(ele,hei), ψ 234.28 1.940 4 0.038 0.079 0.85(0.149) 0.2(0.036)

9 p(ele), ψ(dens) 234.33 1.990 4 0.037 0.078 0.84(0.158) 0.18(0.037)

10 p,ψ 243.29 2 0.0004 0.67 (0.122) 0.22(0.047)

Model names include the covariate that was modeled with the probability of occupancy (ψ) and the probability
of detection (p). Covariates included in the top-ranking models are elevation (ele), Shannon–Wiener index of
tree diversity (div), tree density (dens), disturbance (dist)and tree height (hei). Delta AIC (D. AIC) is the
difference in AIC between model i and the top-ranking model. N is the number of parameters in model i. The
adjusted AIC weight (A. wi ) is the proportional weight of model i for this model set.
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ranking model (47%) was much lower than the associated ψ
∧
(0.85 ± 0.150),

indicating that the gibbons went undetected at sites where they were present (Pellet

and Schmidt 2005). Model-averaged ψ
∧
and p

∧
(0.83 ± 0.157 and 0.18 ± 0.039) were

only nominally different from those of the top-ranking model.
Elevation (ele) was the strongest predictor of the probability of detection when the

species was present, as demonstrated by the sum of the adjusted AIC weights from of

all models in the top-ranking set containing p
∧
(ele) (1.00). The effect of elevation was

both positive and significant (i.e., the confidence interval does not cross 0). The

regression coefficient and 95% confidence interval of p
∧
(ele) from the top-ranking

model were 0.698 ± 0.372 (Fig. 2). No single covariate emerged as an essential
predictor of occupancy but tree species diversity was the most important in the top-
ranking models (Table III). The poor precision of estimate for the tree diversity

regression coefficient with ψ
∧
and its low summed AIC from the top-ranking models

(0.228) weaken its predictive power. In the top-ranking model containing tree
diversity covariation with ψ, the regression coefficient value and 95% confidence

interval for ψ
∧
(div) was 0.716 ± 1.435.

Table III Tree species richness
(number of species with dbh >10
cm) and Shannon–Wiener index of
diversity (SW) for each of the
subareas examined in Stung Keo
(SK), Stung Ta Sok (ST), and
Stung Delai (SD) in the Cardamom
Mountains, southwest Cambodia
in April–July 2010

Subarea SW diversity Richness

SK 1 3.05 25

SK 2 2.94 25

SK 3 2.92 24

ST 1 2.90 27

ST 2 2.56 19

ST 3 2.56 19

SD 1 3.24 31

SD 2 2.83 24

SD 3 2.63 19
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Fig. 2 Changes in the average estimate of probability of detection of pileated gibbons Hylobates pileatus
in the CardamomMountains, southwest Cambodia, in April–July 2010 as predicted by elevation. Error bars
represent standard errors. Detection probabilities are from the top-ranking model.
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Based on the model-averaged estimate of p, up to 15 site visits are needed to ensure
with 95% confidence that Hylobates pileatus is not missed at an occupied site. If the
confidence is lowered to 85%, the number of site visits required reduces to nine. At 95%
confidence, only six visits are needed at elevations >800 m. Assessment of total effort
revealed only a slight increase in sites required for the same estimate precision between
high elevation areas and the model averaged estimate of p at the point of least effort
(Fig. 3). The number of sites required for a desired level of estimate precision ranged
from 8 to 73 in low-elevation areas and 8 to 79 in high-elevation areas.

Fig. 3 Number of sites (s) needed per site visit repetitions (K) for varying levels of precision given model
estimates of probability of occupancy and the probability of detection of pileated gibbons Hylobates
pileatus in the Cardamom Mountains, southwest Cambodia, in April–July 2010. We calculated optimal
survey effort byminimizing s *K. We generated curves (a) using the overall model averaged estimates of p (p =
0.183 and ψ = 0.825) and curves (b) from the model averaged estimate of p at high elevation (>800 m) fixed
points (p = 0.39 and ψ = 0.825). Single vertical line represents the point of least effort for an SE of 0.05.
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Discussion

Our results support the use of occupancy modeling as a means of surveying highly vocal
but rare arboreal mammal species in difficult habitats. Detection/nondetection data
proved to be a useful approach for describing the relationship between elevation and
the spatial distribution of a vocal mammal in mountainous habitat, in this caseHylobates
pileatus. When estimating other state variables, such as density, using distance sam-
pling, the recorded distance between sighted individuals and the survey transect or point
must be measured precisely (Buckland et al. 1993; Ross and Reeve 2003). This would
have been nearly impossible in our study owing to the difficult terrain and cryptic
behavior of Hylobates pileatus. Occupancy sampling requires only that individuals are
detected within a set distance rather than precise measurements of distance. It is possible
that our analysis included detections from outside a 500-m radius sampling circle, which
would have overestimated the probability of detection or occupancy. Whenever possi-
ble, the sampling team visited the location of singing gibbons to increase confidence in
estimating distances and it is unlikely that our analysis included numerous detections
beyond 500 m. Because our surveying method required only a relatively short visit to
each fixed point, repeated visits were possible, allowing the incorporation of detectabil-
ity into our analysis. Detection rates and the corresponding modeled probability of
detection of Hylobates pileatus were low in all three study areas, indicating that
occupancy and other measurable state variables would probably be underestimated
without an assessment of detectability. Further, establishing transects would have
consumed considerable time in the mountainous field site. Randomly placed fixed
points are far more time efficient (Nijman and Menken 2005).

Previous studies have used gibbon vocal behavior to estimate their densities and
distribution through triangulation. However, triangulation represents increased effort
over occupancy modeling for several reasons. First, Brockelman and Srikosamatara
(1993) included a correction factor to mitigate variability-induced error of singing
into density estimates. Correction factors require knowledge of group composition
and singing behavior, which is difficult to collect from unhabituated groups during
short studies. Second, like distance sampling, distance estimates are required to plot
group detections (Brockelman and Srikosmatara 1993). Third, triangulation requires
more than one group of researchers, unlike occupancy modeling, allowing us to
sample a larger area in a short period. Finally, collecting detection/nondetection data
from single points is straightforward and requires limited training when compared to
the three points and subsequent training needed for triangulation.

Elevation was important for predicting the probability of detection of Hylobates
pileatus. The probability of detection was at least three times larger at altitudes >700 m
than at lower elevations. This contrasts with the results of other researchers who found
that detection and the corresponding abundance of gibbons decrease with elevation
(Caldecott 1980; Fan and Jiang 2010; Nijman 2004). As altitude increases forest
structure changes, including smaller basal area and tree girth, creating less habitable
conditions for gibbons (Caldecott 1980). Forest characteristics including tree DBH,
connectivity, and height did not change substantially with elevation at our study site,
suggesting that p decreased at lower elevation for other reasons. A likely contributor to
this decreased p in low-lying areas is a change in the singing behavior of Hylobates
pileatus. Increased human presence and habitat disturbance have been shown to change
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gibbon singing behavior (Fan and Jiang 2010; Johns 1985; Nijman 2001), affecting their
detectability rather than their occupancy. In all survey areas, as elevation increased,
roads built for selective logging decreased, and vehicles and direct evidence of hunting
were more common in low-lying areas. Roads were not built higher than 680 m at Stung
Delai and Stung Ta Sok, while they did not extend >340 m in elevation at Stung Keo.

We also found some weak indication that the probability of occupancy may
increase with tree diversity. Tree diversity has been found to be an important habitat
requirement of gibbons (Caldecott 1980; Cheyne et al. 2012; Fan and Jiang 2010;
Phoonjampa et al. 2010). Low tree-species diversity in our survey areas indicates that
some intergroup resource competition may occur and that the probability of gibbon
occupancy increases in areas of high tree diversity (Brockelman and Srikosmatara
1993; Fan et al. 2009; Mitani 1985; Nijman 2004). The lack of significance of the ψ-
tree diversity relationship is probably due to the relatively small sample of tree
species frequencies contributing to the Shannon–Wiener indices in each area. A small
sample size increases the variance of the measure of tree species diversity in sampling
subarea, which would, in turn, increase the standard error around the model-estimated
tree diversity regression coefficient (Guillera-Arroita et al. 2010). The prevalence of
nondetection in the sampling histories also tends to introduce bias and reduce
precision in covariate coefficients (Gu and Swihart 2004).

The effort analysis provides further guidelines for long-term monitoring of Hylobates
pileatus. Only a small increase in the number of sites from high to average elevation sites
was needed to achieve the same estimate precision. However, half the number of site visits
was necessary to arrive at occupancy estimates of the same precision from overall
estimates. In addition, because the probability of detection decreases at lower elevations,
surveys of low-lying areas should use longer sample durations and/or a higher number of
site visits to ensure adequate detections for modeling (Geissmann et al. 2009; Pellet and
Schmidt 2004). The simplicity of occupancy data collection allows for the increased costs
incurred. The Ministry of Environment and PSWS rangers that patrol the forest regularly
could conduct long-term monitoring based on detection/nondetection data using repeated
site visits with multiple teams. Once fixed points have been designated for site visits, very
little training and no additional equipment is necessary to generate detection histories over
several seasons. To ensure informative results from future occupancy monitoring
programmes in the area, covariate values could be obtained from multiple sources such
as habitat sampling at gibbon detection locations and remote sensing data (Guillera-
Arroita et al. 2010).

Acknowledgments We thank T. Eastoe, N. Furey, R Sethik, and staff from Fauna and Flora International,
Cambodia Programme, and the Royal University of Phnom Penh for their logistical help and advice. Hun
Seiha and Kimleng Chuon are thanked for their assistance in the field. We thank the reviewers for useful
comments that contributed to the improvement of the manuscript. Primate Conservation Inc. and the
American Society of Primatologists funded this project.

References

Bartlett, T. Q. (2003). Intragroup and intergroup social interactions in white-handed gibbons. International
Journal of Primatology, 24, 239–259.

Occupancy Modeling of Pileated Gibbons 833

Author's personal copy



Brockelman, W. Y., & Ali, R. (1987). Methods of surveying and sampling forest primate populations. In C.
W. Marsh & R. A. Mittermeier (Eds.), Primate conservation in tropical rainforests (pp. 23–63). New
York: Alan R. Liss.

Brockelman, W. J., & Srikosamatara, S. (1993). Estimation of density of gibbon groups by use of loud
songs. American Journal of Primatology, 29, 93–108.

Buckland, S. T., Anderson, D. R., Burnham, K. P., & Laake, J. L. (1993). Distance sampling: Estimating
abundance of biological populations. New York: Chapman and Hall.

Buckley, C., Nekaris, K. A. I., & Husson, S. (2006). Survey of Hylobates albibarbis in peat swamp forest,
Central Kalimantan, Borneo. Primates, 47, 327–335.

Burnham, K. P., & Anderson, D. R. (2002). Model selection and multimodel inference: A practical
information-theoretic approach (2nd ed.). New York: Springer.

Caldecott, J. O. (1980). Habitat quality and populations and two sympatric gibbons (Hylobatidae) on a
mountain in Malaya. Folia Primatologica, 33, 291–309.

Campbell, S. P., Clark, J. A., Crampton, L. H., Guerry, A. D., Hatch, L. T., Hosseini, P. R., et al. (2002). An
assessment of monitoring efforts in endangered species recovery plans. Ecological Applications, 12,
674–681.

Carrete, M., Sánchez-Zapata, Martínez, J. E., & Calvo, J. F. (2002). Predicting the implications of
conservation management: a territorial occupancy model of Bonelli's eagle in Murcia, Spain. Oryx,
36, 349–356.

Cheyne, S. M., Hoing, A., Rinear, J., & Sheeran, L. K. (2012). Sleeping site selection by agile gibbons: the
influence of tree stability, fruit availability and predation risk. Folia Primatologica, 83, 299–311.

Chivers, D. (2005). Gibbons: The small apes. In J. Caldecott & L. Miles (Eds.), World atlas of the great
apes and their conservation (pp. 205–214). Berkeley: University of California Press.

Cooch, E., & White, G. (2010). Program MARK: A gentle introduction (9th ed.). Retrieved November 11,
2011 from http://www.phidot.org/software/mark/docs/book/.

Coudrat, C. N. Z., Rogers, L. D., & Nekaris, K. A. I. (2011). Abundance of primates reveals Samkos
Wildlife Sanctuary, Cardamom Mountains, southwest Cambodia as a priority area for their conservation.
Oryx, 45, 427–434.

Donovan, T. M., & Hines, J. (2007). Exercises in occupancy modeling and estimation. Retrieved between July
28, 2010 and August 30, 2010 from http://www.uvm.edu/envnr/vtcfwru/spreadsheets/occupancy.htm.

Efford, M. G., & Dawson, D. K. (2012). Occupancy in continuous habitat. Ecosphere, 3, article 32.
Elith, J., Graham, C. H., Anderson, R. P., Dudík, M., Ferrier, S., Guisan, A., et al. (2006). Novel methods

improve prediction of species’ distributions from occurrence data. Ecography, 29, 129–151.
Fan, P., & Jiang, X. (2010). Altitudinal ranging of black-crested gibbons at Mt. Wuliang, Yunnan: effects of

food distribution, temperature and human disturbance. Folia Primatologica, 81, 1–9.
Fan, P., Ni, Q., Sun, G., Huang, B., & Jiang, X. (2009). Gibbons under seasonal stress: the diet of the black

crested gibbon (Nomascus concolor) on Mt. Wuliang, Central Yunnan, China. Primates, 50, 37–44.
Ganzhorn, J. U. (2003). Habitat description and phenology. In J. M. Setchell & D. J. Curtis (Eds.), Field

and laboratory methods in primatology (pp. 40–56). Cambridge: Cambridge University Press.
Geissmann, T., & Orgeldinger, M. (2000). The relationship between duet songs and pair bonds in siamangs,

Hylobates syndactylus. Animal Behaviour, 60, 805–809.
Geissmann, T., Vu Ngoc Thanh, Dine, M. C., & Tu Minh Tiep. (2009). Results of a Gibbon Survey in the

Kim Hy Nature Reserve (Bac Kan Province) in northeastern Vietnam. People Resources Conservation
Foundation.

Gittins, S. P. (1980). Territorial behaviour in the agile gibbon. International Journal of Primatology, 1, 381–399.
Grieg-Gran, M., de la Harpe, D., McGinley, J., MacGregor, J., & Bond, I. (2008). Sustainable financing of

protected areas in Cambodia: Phnom Aural and Phnom Samkos wildlife sanctuaries. International
Institute for Environment and Development Environmental Economics Programme.

Gu, W., & Swihart, R. K. (2004). Absent or undetected? Effects of non-detection of species occurrence on
wildlife–habitat models. Biological Conservation, 116, 195–203.

Guillera-Arroita, G., Lahoz-Monfort, J. J., Milner-Gulland, E. J., Young, R. P., & Nicholson, E. (2010).
Using occupancy as a state variable for monitoring the Critically Endangered Alaotran gentle lemur
(Hapalemur alaotrensis). Endangered Species Research, 11, 157–166.

Hilario, R. R., Rodrigues, F. H. G., Chiarello, A. G., & Mourthe, I. (2012). Can roads be used as transects
for primate population surveys? Folia Primatologica, 83, 47–55.

Hines, J. E. (2006). PRESENCE4– Software to estimate patch occupancy and related parameters. USGS-
PWRC. Retrieved from http://www.mbr-pwrc.usgs.gov/software/presence.shtml. Accessed 20 Feb
2013.

834 E. Neilson et al

Author's personal copy

http://www.phidot.org/software/mark/docs/book/
http://www.uvm.edu/envnr/vtcfwru/spreadsheets/occupancy.htm
http://www.mbr-pwrc.usgs.gov/software/presence.shtml


Johns, A. D. (1985). Behavioral responses of two Malaysian primates (Hylobates lar and Presbytis
melalophos) to selective logging: Vocal behavior, territoriality, and nonemigration. International
Journal of Primatology, 6(4), 423–433.

Keane, A., Hobinjatovo, T., Razafimanahaka, H. J., Jenkins, R. K. B., & Jones, J. P. G. (2012). The
potential of occupancy modeling as a tool for monitoring wild primate populations. Animal Conser-
vation, 15, 457–465.

MacKenzie, D. (2005). What are the issues with presence-absent data for wildlife managers? The Journal of
Wildlife Management, 69, 849–860.

MacKenzie, D. I., & Bailey, L. L. (2004). Assessing the fit of site-occupancy models. Journal of
Agricultural, Biological, and Environmental Statistics, 9, 300–318.

MacKenzie, D. I., Nichols, J. D., Lachman, J. B., Droege, J., Royal, J. A., & Langtimm, C. A. (2002).
Estimating site occupancy rates when detection probabilities are less than one. Ecology, 83, 2248–
2255.

MacKenzie, D. I., Nichols, J. D., Royle, J. A., Pollock, K. H., Bailey, L. L., & Hines, J. E. (2006).
Occupancy estimation and modeling: Inferring patterns and dynamics of species. Burlington: Elsevier
Academic Press.

McConkey, K. R., Ario, A., Firmann, A., & Chivers, D. J. (2003). Influence of forest seasonality on gibbon
food choice in the rain forests of Barito Ulu, Central Kalimantan. International Journal of Primatology,
24, 19–32.

Mitani, J. C. (1985). Gibbon song duets and intergroup spacing. Behaviour, 92, 59–96.
Molles, M. C., Jr., & Cahill, J. F., Jr. (1999). Ecology: Concepts and applications. Toronto: McGraw-Hill

Ryerson.
Nijman, V. (2001). Effect of behavioural changes due to habitat disturbance on density estimation of rain

forest vertebrates as illustrated by gibbons (Primates: Hylobatidae). In P. J. M. Hillegers & H. H. de
Iongh (Eds.), The balance between biodiversity conservation and sustainable use of tropical rain
forests (pp. 217–225). Wageningen: Tropenbos Foundation.

Nijman, V. (2004). Conservation of the Javan gibbon Hylobates moloch: Population estimates, local
extinctions, and conservation priorities. Raffles Bulletin of Zoology, 52, 271–280.

Nijman, V., & Menken, S. B. J. (2005). Assessment of census techniques for estimating density and
biomass of gibbons (Primates: Hylobatidae). Raffles Bulletin of Zoology, 53, 201–211.

Olson, G. S., Anthony, R. G., Forsman, E. D., Ackers, S. H., Loschl, P. J., Reid, J. A., et al. (2005).
Modeling of site occupancy dynamics for northern spotted owls, with emphasis on the effects of barred
owls. Journal of Wildlife Management, 69, 918–932.

Pellet, J., & Schmidt, B. (2005). Monitoring distributions using call surveys: Estimating site occupancy,
detection probabilities and inferring absence. Biological Conservation, 123, 27–35.

Phoonjampa, R., Koenig, A., Borries, C., & Gale, G. A. (2010). Selection of sleeping trees in pileated
Gibbons (Hylobates pileatus). American Journal of Primatology, 72, 617–625.

Pollock, K. H., Nichols, J. D., Simons, T. R., & Sauer, J. R. (2002). Large scale wildlife monitoring studies:
Statistical methods for design and analysis. Environmetrics, 13, 1–15.

Ross, C., & Reeve, N. (2003). Survey and census methods: Population distribution and density. In J. M.
Setchell & D. J. Curtis (Eds.), Field and laboratory methods in primatology: A practical guide (pp. 90–
109). Cambridge: Cambridge University Press.

Sarou, L. (2009). Livelihood strategies among indigenous peoples in the Central Cardamom Protected
Forest, Cambodia. Singapore: S. Rajaratnam School of International Studies, Nanyang Technological
University.

Sutherland, W. J. S. (2006). Ecological census techniques. Cambridge: Cambridge University Press.
Traeholt, C., Bonthoeun, R., Virak, C., Samuth, M., & Vutthin, S. (2006). Song activity of the pileated

gibbon, Hylobates pileatus, in Cambodia. Primate Conservation, 21, 139–144.
Tyre, A. J., Tenhumberg, B., Field, S. A., Niejalke, D., Parris, K., & Possingham, H. P. (2003). Improving

precision and reducint bias in biological surveys: estimating false-negative error rates. Ecological
Applications, 13, 1790–1801.

Vereecke, E. E., D’Août, K., & Aerts, P. (2006). Locomotor versatility in the white-handed gibbon
(Hylobates lar): A spatiotemporal analysis of the bipedal, tripedal, and quadrupedal gaits. Journal of
Human Evolution, 50, 552–567.

Webb, C. (2005). Vegetation mapping in Phnom Samkos and Phnom Aural Wildlife Sanctuaries, Cardamom
Mountains, Cambodia. Phonm Penh: MoE-FFI Cardamom Mountains Wildlife Sanctuaries Project.

Zhu, X., & Zhang, J. (2009). Quartered neighbor method: a new distance method for density estimation.
Frontiers of Biology in China, 4, 574–578.

Occupancy Modeling of Pileated Gibbons 835

Author's personal copy


	Conservation Assessments of Arboreal Mammals in Difficult Terrain: Occupancy Modeling of Pileated Gibbons (Hylobates pileatus)
	Abstract
	Introduction
	Methods
	Survey Area
	Data Collection
	Data Analysis

	Results
	Discussion
	References


