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Abstract

Purpose — The purpose of this paper is to identify and examine the important factors that could
affect consumers' behavioural intention and use behaviour towards mobile payment services

during COVID-19.

Design/methodology/approach — The proposed model extends meta- Unified Theory of
Acceptance and Use of Technology (meta-UTAUT) model with perceived severity and self-
efficacy factors affecting consumers' behavioural intention and use behaviour towards mobile
payment services. A convenient sampling technique is used to gather data from a self-
administered questionnaire. The data collection was restricted to the online mode to avoid any

physical contact considering the COVID-19 situation.

Findings — The findings revealed that performance expectancy, effort expectancy and
perceived severity have a significant positive impact on consumers’ attitude; facilitating
conditions has a significant positive impact on effort expectancy; self-efficacy has a significant
positive impact on effort expectancy; attitude has a significant positive impact on behavioural
intention; and behavioural intention has a significant positive impact on use behaviour. Social

influence did not confirm any significant relationship with attitude.

Research limitations/implications — The current research study has utilized a non-probability
convenient sampling technique to gather data through a self-administered questionnaire. The
data collection was restricted to the online mode to avoid any physical contact considering the
COVID-19 situation. The respondents were adopters of mobile payment services. The scope
of the study is the COVID-19 context or related chronic diseases context where major

preventive mechanisms such as social distancing and avoidance of physical contacts are vital.



Originality/value — This study has extended the meta-UTAUT model with the COVID-19
context-specific constructs and relationships. The undertaken work has strengthened the
explanability of the model. The inclusion of context relevant variables such as perceived
severity and self-efficacy and their association with the existing meta-UTAUT framework have
enriched the context of the study. The current study offers a holistic understanding of
significant factors influencing Indian consumers adoption of mobile payment services in the

COVID-19 context.

Keywords meta-UTAUT, Intention, Adoption, Mobile payment, Use behaviour, COVID-19,

Contactless payment

Paper type Research paper

1. Introduction

India predominantly deals with cash-based transaction where transactions are performed
through paper-based currency, and it is the dominating monetary mode for all significant
commerce (Chakravorti, 2017; Singh et al., 2020). With 616 million mobile subscribers, India
contributes largely to the worldwide mobile market by placing it as the second-largest mobile
market (Gsmaintelligence, 2017). Earlier, people considered mobile-based payments as a
medium of convenience, but this status-quo changed due to the outbreak of COVID-19. The
spread of COVID-19 has severely impacted the world economy and financial markets. World
Bank estimates a shrinking global economy in 2020-2021 by 5.2%, causing a massive recession
(World Bank, 2020). In line with other countries, India too announced nationwide lockdown
and social distancing policies. The ripple effect was also seen in the cash-based payment
transactions that positioned the digital mode of payment at the mainstream (Auer et al., 2020).

Besides, COVID-19 pushed and expanded mobile payments usage majorly for two reasons.



Firstly, such transactions are considered to be instrumental in adhering to social distancing
norms. Individuals during the lockdown or quarantine period could conveniently execute
digital payment transactions. Secondly, many delivery services started accepting digital
payments, and customers were left with no choice but to adopt digital payment services. Even
a sharp increase in contactless payment is evident in significant economies during COVID-19

(Auer et al., 2020).

Business environments and consumers are slowly adjusting to the new normal by adapting to
e-commerce solutions to break the physical barriers. It is anticipated that people would act on
primary social distancing norms (like maintaining social distance, wearing masks, and hand
sanitization) and take up secondary actions (such as adapting online behaviours in payments,
trade, and commerce). As such, it is suitable to study, explore, and understand the impact of
COVID-19 on consumers' behavioural intention and use behaviour towards mobile-based
payment services. Besides, during the early stages of technology adoption, individuals'
attitudes are critical in determining their intentions. Dwivedi et al. (2019) and Dwivedi et al.
(2020) re-examined the Unified Theory of Acceptance and Use of Technology (UTAUT) based
theories. They found that those are limited in capturing the variance and predicting the
individual technology acceptance. The authors validated the claim by performing meta-
analysis and structure equation modeling on the UTAUT model. Further, they identified that
including the individual attribute “attitude” the emergent model, meta-UTAUT, significantly
increases the model's variance depicting the individual acceptance of the technology.
Therefore, we consider the meta-UTAUT model suitable for understanding Indian consumer
adoption and acceptance of mobile payments. However, as we explore the consumer's
behavioural intention and use behaviour towards mobile-based payment services during

COVID-19, we plan to extend the meta-UTAUT model with the relevant constructs.



In the absence of full operationalization of vaccines during COVID-19, it is necessary to follow
social distancing norms and health behaviour. Even various health organizations, including
WHO(2020) and CDC(2020), suggest using contactless payment and avoidance of debit &
credit cards, paper currency, and touch surface terminals as a preventive mechanism to avoid
COVID-19 contraction. Consumers of banking services may switch to mobile payment
services (Lew et al., 2020; Loh et al., 2019; Mostafa, 2020; Souiden et al., 2021; Tew et al.,
2021) by primarily considering health behaviour (Flavian, Guinaliu and Lu, 2020; Sreelakshmi
and Sangeetha, 2020). As such, usage of such services can be considered as a preventive
behaviour reflecting adhering to social distancing norms (shifting from accepting physical
banking services to digital payment services). Adopting the preventive behaviour showcases
an individual's perception of the severity of the pandemic and his/her feeling about the COVID-
19 contraction. The constructs such as perceived severity and self-efficacy of the protection
motivation theory (PMT) (Rippetoe and Rigers, 1987) explain an individual's actions to prevent

or control a threatening event or a disease.

The current study's context deals with adopting/accepting the technology (mobile payment
services), reflecting the protection motivation contributing to the preventive health behaviour
and helps individuals prevent COVID-19 contraction. Hence, the research study serves two
primary purposes. First, explore and review the existing literature and critical adoption models
to identify suitable underlying theory and relevant contextualized constructs to examine the
behavioural intention and use behavior of Indian consumers towards mobile payment services.
And second, to empirically validate the developed conceptual model by gathering the data from

the Indian mobile payment users to identify the antecedents of the mobile payment service.

Given the coverage mentioned above, the current study aims to develop a unified framework

that extends meta-UTAUT with perceived severity and self-efficacy affecting consumers'



behavioural intention and use behaviour towards mobile payment services. The present
research study contributes to the mobile banking and technology adoption literature by
describing the context-specific constructs (endogenous: behavioural intentions, use behaviour,
attitude, and effort expectancy; exogenous: performance expectancy, facilitating conditions,
social influence, perceived severity, and self-efficacy) and relationships amongst the
constructs, more specifically to the Indian context, to explain the consumer's behaviour
intention and use behaviour of mobile payment services. There have been many studies on the
relationships of the few constructs but their focus is primarily on western countries such as the
USA (Garrett et al., 2014; Morosan & DeFranco, 2016), UK (Slade et al., 2015a, 2015b),
Finaland (Karjaluoto et al., 2020), and France (De Kerviler et al., 2016; Koenig-Lewis et al.,
2015). Additionally, adoption research in the domain of mobile payment domain has been
mostly studied by using Unified Theory of Acceptance and Use of Technology (UTAUT) and
Technology Acceptance Model (TAM), which have limited scope to understand as they are
applicable for the technology users in the organizational context (Chhonker et al., 2018; Slade
et al., 2015b). UTAUT was extended to UTAUT2 (Venkatesh et al., 2012), focusing on the
individual acceptance context. Still, it is also not devoid of inherent limitations such as a lack
of “individual” specific attributes (Tamilmani et al., 2021). Besides, current research findings
and models are not relevant to the Indian context considering India as a multicultural and
multilingual country. This study attempts to fill this gap by exploring relationships amongst
the exogeneous and endogenous constructs. This study, therefore, illustrates a more robust and
predictive model (meta-UTAUT with perceived severity and self-efficacy) that can overcome
the fundamental constraints of the existing models and provide a predictive analysis of the
consumer's behaviour intention and use behaviour towards mobile payment services. The

findings of the research study will be beneficial for various key stakeholders of the mobile



payment ecosystem such as policymakers, fintech, payment service providers, marketers, and

bankers.

Firstly, we explore and review the prominent technology adoption models. Secondly, we
identify relevant theoretical constructs to examine consumer's adoption behaviour intention
and use behaviour of mobile payment services during COVID-19. Thirdly, we introduce our
conceptual model, beginning with analyzing the constructs of consumer behaviour intention
and use behaviour towards mobile payment services. The constructs are grounded on the in-
depth literature review, see Table 1. A summary of literature exploring mobile banking
payment service, including the context, methodology and major findings of each study, is

presented in Appendix A.

<<Insert Table 1 Constructs for the consumer behaviour intention and use behaviour towards

mobile payment services (during COVID-19)>>

In the subsequent sections, this paper presents detailed information on the theoretical
background and hypotheses development, usage of the methodological framework, results of
the study, discussion, implications, limitations, and future research directions. Finally, the

conclusion is presented.

2. Theoretical background and hypotheses development

Scholars advocate several technology adoption theoretical models (Giovanis et al., 2019) such
as the theory of planned behaviour (TPB) (Ajzen, 1985), the theory of reasoned action (TRA)
(Fishbein and Ajzen, 1975), the technology acceptance model (TAM) (Davis, 1989), and
Unified Theory of Acceptance and Use of Technology (UTAUT). However, models such as
TAM and UTAUT have been widely used to investigate individual level of adopting

technology (e.g., Chhonker et al., 2018; Slade et al., 2015b). It is necessary to explore the



underpinning limitations of such models before we select an appropriate theoretical lens to

develop and propose the model for the current study.

2.1 TAM, UTAUT and meta-UTAUT

The TAM model captures the technology adoption and has been established as a widely
accepted technology adoption model (Taherdoost, 2017). Researchers have extensively used
the TAM model to understand and explore mobile (contactless) payments by adapting and
extending its underlying constructs. For instance, while Cocosila & Trabelsi (2016), Zhanga et
al. (2011) and Jenkins & Ophoff (2016) utilized TAM standalone to understand mobile
payments adoption (considering NFC features). Augsburg and Hedman (2014) employed TAM
by integrating constructs of innovation diffusion theory (IDT) to understand mobile payments
and value-added services (VAS) adoption and Wang & Lin (2019) explored contactless cards
adoption intention by including constructs such as risks, innovativeness and trust alongside
TAM. Scholars while reviewing adoption studies for consumer mobile payment adoption
(Slade et al. 2015b) and mobile commerce (Chhonker et al., 2018) argue TAM to be a
preferable model for technology adoption. However, TAM is also not devoid of limitations as
its original context is scoped to the organization's boundary and provides generic information
on individual's opinions about the adoption of the technology (Agarwal & Prasad, 1999;

McMaster & Wastell, 2005).

Scholars have proposed many competing theories to overcome the limitations of TAM, such
as IDT. However, multiple theories in the technology adoption domain also raised several
challenges to the IS/IT researchers. To overcome the challenges of the multiple existing
theories, Venkatesth et al. (2003) proposed the UTAUT by studying eight behavioural research
models to understand and explore usage behaviour of individual adopting technology.

According to UTAUT, factors such as effort expectancy, performance expectancy, facilitating



conditions, and social influence, affects individual intention to accept/use technology. Patil et
al. (2020) advocate the popularity of the UTAUT model to examine the consumer mobile
payment technology adoption. Scholars have utilized UTAUT in various contexts, such as the
adoption of mobile payments in a proximity mode (Slade et al., 2015a), online shopping
(Celik, 2016), NFC in smartphone (Chen & Chang, 2013), mobile banking (Alalwan et al.,
2017), and smartwatch (Wu et al., 2016). Min et al. (2008) claim that UTAUT has been used
to explain almost 70% variance in individuals' behaviour. However, UTAUT also has
limitations as it was developed considering the organizational context to explain employees’
acceptance of technology. Thus, Venkatesh et al. (2012) propounded UTAUT2 an extension

of the UTAUT model to the context of consumer technology acceptance.

Tamilmani et al. (2021) and Dwivedi et al. (2019) identified several limitations so UTAUT
based theories. Additionally, Dwivedi et al. (2019) performed a meta-analysis and structural
modeling (MASEM) to address the limitations, such as limited and scarce use of moderator
relationships in the undertaken research by the scholars. Dwivedi et al.'s (2019) revised model,
meta-UTAUT, includes attitude as a mediating relationship, and they claim that such inclusion
has increased the model explanation. The construct attitude plays an essential role on
individual's behavioural intentions towards performing underlying behaviour, especially
during the early stages of adopting technology. It is appropriate to consider the meta-UTAUT
model to understand mobile payment services adoption of Indian consumers. Because it is less
complicated to use and also utilizes an additional variable attitude to increase the explanation
of the model. However, it still contains some limitations as it does not include context-specific
constructs. Since the current study examines the Indian consumer adoption behaviour of mobile
payment services in the context of the COVID-19 pandemic, it is important to include
contextual constructs to capture all possible aspects of mobile payment. Protection motivation

theory (PMT) examines the coping behaviour of an individual when faced or informed with a



threatening event (Rippetoe and Rigers, 1987). An individual exhibits coping behaviour based
on the coping response, which is a net evaluation of an individual's threat appraisal and coping
appraisal. While threat appraisal is assessed via perceived severity that determines an
individual's evaluation of the level of the danger. Coping appraisal is determined by self-
efficacy of an individual's evaluation of his/her ability to cope and avert the potential loss or
damage from the threat. Scholars argue that individuals exhibit certain behaviour during the
adoption of goods or services when facing certain threats. For instance, in the case of adoption
of anti-spyware technological solutions (Liang & Xue, 2010), mobile health solutions (Lv et
al., 2012), and wearable solutions for healthcare (Wang et al., 2015), certain specific
behaviours were found to be exhibited by the individuals. The constructs (perceived severity
and self-efficacy) are found to be apt to employ alongside meta-UTAUT as adoption of mobile
payment services is affected by perceived health threats. Such an inclusion help to address the
context of adoption behaviour of mobile payment services considering the prevailing COVID-

19 pandemic situation.

Potent research in the domain of mobile payment services considering the COVID-19
pandemic context is scarce. Therefore, additional constructs derived from PMT (perceived
severity and self-efficacy) are included alongside meta-UTAUT constructs in the current study.
The present study was performed to study and examine the relevant factors affecting the
adoption of mobile payment services considering the prevailing COVID-19 pandemic
situation. Figure 1 illustrates the proposed research model considering the appropriate
hypothesis. The proposed research model comprises of a total 9 hypotheses. The model has
retained six hypotheses (H1, H2, H3, H4, H8 and H9) of the meta-UTAUT model. The
proposed research model includes 3 new hypotheses (H5, H6, H7) with three new relationships.
While one of the new relationship within in the existing meta-UTAUT model is referred as

new internal mechanisms. The other relationships (hypotheses: H6, H7) spawned due to

10



involvement of new external variables and existing endogenous variables are referred to new

endogenous mechanism (Dwivedi et al., 2020).

<<Insert Figure 1. Proposed research model (Source: Adapted from Dwivedi et al., 2019)>>

2.2 Hypotheses Development

In this section, hypotheses development is elaborated covering aspects of variables

relationships in the context of the proposed model.

2.2.1 Performance expectancy

Performance expectancy (PE) refers to the consumer perception of the specific technology or
information system to offer benefits to perform activities (Alalwan et al., 2017; Baabdullah et
al., 2019; Venkatesh et al., 2012). Venkatesh et al. (2012) argue PE to be the significant
predictor of consumers' beliefs and intentions for technology adoption. Several studies (e.g.,
Alaeddin et al., 2018; Bailey et al., 2017; Tian & Dong, 2013; Wulandari, 2017) have
established relationships of PE on consumer’s attitude in the mobile payment systems context.
Both in Eastern (Aslam et al., 2017; Tian and Dong, 2013) and Western context (Bailey et al.,
2017; Schierz et al., 2010) concerning mobile payment services adoption, researchers have
highlighted the impact of PE or its surrogate perceived usefulness on attitude to be significant.
Therefore, it could be argued that mobile payment services during COVID-19 exhibit a positive

attitude towards service usage. Thus, the following hypothesis is formulated:

H1: Performance expectancy positively impacts consumer attitude towards behavioural

intention for mobile payment services.

2.2.2 Effort Expectancy

11



Effort expectancy (EE) refers to the degree to which consumer perceives the technology as
easy to use (Venkatesh et al., 2012). Studies investigating the adoption of technology or mobile
payment systems resulted in mixed outcomes. For instance, while several studies (e.g. Bailey
etal., 2017; De Luna et al., 2019; Karjaluoto et al., 2010; Schierz et al., 2010; Wulandari, 2017)
consider the positive relationship between EE and adoption of service or technology. However,
Aslam et al. (2017) argue that there exists a non-significant relationship between EE and
adoption of service or technology. India has the second-largest mobile subscribers. Despite
having a huge number of subscribers in India, mobile payment service usage is not high.
However, COVID-19 poses a threat to use such services. Thus, this research argues that EE
impacts consumers' attitude towards usage of mobile banking (contactless) payment services.

Therefore, we posit the following hypothesis:

H2. Effort expectancy positively impacts consumer attitude towards behavioural intention for

mobile payment services.

2.2.3 Social Influence

Social influence (SI) relates to the degree to which consumers perceive specific technology
important considering the peer and important people's opinions (Baishya & Samalia, 2020;
Venkatesh et al., 2012;). Several studies considering UTAUT and UTAUT2 have found Sl to
be a significant predictor of behevioural intentions (Sharma et al., 2020) under the moderating
variables such as age, gender, and experience. However, Dwivedi et al. (2019) validated the
significance of SI without any moderating variable. Additionally, few other studies (Guo &
Lu, 2017; Musa et al., 2015; Oliveira et al., 2016) in the scope of mobile payment systems

adoption have established Sl to be significant. Thus, we posit the following hypothesis:

12



H3. Social influence positively impacts consumer behavioural intention for mobile payment

services.

2.2.4. Facilitating conditions

Facilitating conditions (FC) refers to the consumer belief about the availability of necessary
infrastructure, resources, and support to accomplish a behaviour (Dwivedi et al., 2007;
Venkatesh et al., 2012). Several studies (e.g., Morosan & DeFranco, 2016; Sivathanu, 2019)
have found FC to be a significant influencing behevioural intention. A few studies (e.g.,
Oliveira et al., 2016) found such relationships as non-significant. The reason for the same is
that the undertaken research is targeted for the specific sample of the university. As such, the
respondents do need any particular infrastructure or resources to utilize the services. Thus, the
FC relationships resulted as non-significant. The current study focuses on gathering data from
diverse backgrounds. Additionally, scholars have established significant relationships of FC
on EE or its surrogates (e.g. perceived ease of use) (e.g., Stefi, 2015; Venkatesh & Bala, 2008).
It is argued that the availability of the operational infrastructure, including training programs,
necessary organizational and technology infrastructure, and knowledge to facilitate the mobile
service usage and transactions, would help consumers to perform essential operations and

commerce and as such following hypotheses are formulated:

H4. Facilitating conditions positively impacts consumer behavioural intention for mobile

payment services.

H5. Facilitating conditions positively impacts effort expectancy.

2.2.5 Perceived severity

13



Perceived severity measures the extent of the individual’s consequences due to the threat
(Milne et al., 2000). Scholars argue the indirect influence of perceived severity on intention to
use technology or systems. Several studies have found significant relationship of perceived
severity and attitude (e.g. Gao et al., 2015; Zhao, & Zhou, 2018). Zhao, & Zhou (2018)
confirmed perceived severity as significant predictor for attitude towards adopting mobile
health services. Gao et al. (2015) confirmed perceived severity as a significant predictor
affecting consumers’ attitudes towards adopting healthcare-based wearable technology
solutions. It is argued that individuals perceived severity threat from the COVID-19 pandemic

situation affects attitude. As such, the following hypothesis is formulated:

H6. Perceived severity positively impacts consumer attitude towards behavioural intention for

mobile payment services.

2.2.6 Self-efficacy

Self-efficacy measures the ability of an individual to perform a particular task by using
technology (Venkatesh et al., 2003). Several studies have endorsed the influence of Self-
efficacy on effort expectancy towards adopting technology (e.g, Balkaya & Akkucuk, 2021;
de Veer et al., 2015; Shiferaw et al., 2021). Self-efficacy was confirmed as a significant
predictor for effort expectancy towards consumers adoption intention of Internet technology
(de Veer et al., 2015). Additionally, Balkaya and Akkucuk (2021) confirm the influence of
self-efficacy on effort expectancy towards consumers adoption intention of the learning
management system. In another research work, Shiferaw et al. (2021) observed self-efficacy
to be significantly influencing effort expectancy. It is expected that individuals' self-efficacy
during the COVID-19 pandemic situation influence effort expectancy. As such, we posit the

following hypothesis:

14



H7. Self-efficacy positively impacts effort expectancy.

2.2.7 Attitude toward using mobile payment services

Attitude refers to the degree to which consumers evaluate the behaviour in question resulting
to positive or negative evaluation (Ajzen, 1991). Existing studies argue that a user's adoption
of digital technology is affected by his/her positive attitude no matter how sophisticated is the
technology (Dwivedi et al., 2007; 2017; 2019; Dwivedi, & Weerakkody, 2007; Huang and
Liaw, 2005). The meta-UTAUT propounded by Dwivedi et al. (2019) argue that attitude plays
a significant role in explaining the model and understanding consumer use of technology.
Additionally, scholars have also supported influence of attitude on behavioural intentions
(Schierz et al., 2010; Wulandari, 2017) with in the mobile payment systems context. As such,

following hypothesis is proposed:

H8. Attitude towards using the mobile payment services positively impacts consumers'

intention to use it.

2.2.8. Behavioural intentions toward use behaviour for mobile payment services

Behavioural intention (BI) refers to the willingness and effort of the individual to perform the
underlying behaviour. Scholars argue that intentions could possibly capture various
motivational factors that influence individuals to perform a behaviour. However, majority of
studies limit their Dwivedi et al. (2011) claim to establish a significant relationship of
behavioural intention on use behaviour. Several studies (e.g., Alaeddin et al., 2018; Bailey et
al., 2017; Kumar et al., 2018; Wulandari, 2017) consider behavioural intention as a surrogate
to use behaviour. But, other studies have also warned of measuring behavioural intention use
without actually assessing the actual use of technological systems (Wu & Du, 2012). A few

studies (e.g., (Sivathanu, 2019) established the significant relationship of behavioural intention

15



on actual use of the digital payment. However, no study investigates the impact of this
relationship for behavioural intention and use behaviour towards mobile payment services

considering the COVID-19 pandemic situation. As such, the following hypothesis is proposed:

H9. Consumers’ behavioural intention for mobile payment services positively impacts their

use behaviour.

3. Research Methodology

The current research study followed the quantitative survey methodology as the validated
instruments were readily available from the earlier studies (Cheah et al., 2020; Patil et al.,
2020; Ranaet al., 2013; Slade et al., 2015b) to measure the latent constructs. Additionally, Patil
et al. (2020) suggest to adopt the quantitative survey methodology when the latent constructs
can be measured by the validated scales. The survey questionnaire was developed considering
the constructs, see Table 1, resulting to 35 questions, Table 2. The questions were framed and
adapted to eliminate confusing, controversial, or leading questions. In the mobile adoption
studies, scholars (for example, Patil et al., 2020) argue the importance of seven-point Likert
scale for a wider coverage and have utilized it to measure the latent constructs. Since, the
validated constructs were readily available and measured on a seven-point Likert scale, hence
seven point Likert scale comprising of scores ranging from 1(=“Strongly disagree”) to
7(=“Strongly agree”) was deployed to assess the Latent constructs indirectly. We adopt a non-
probability convenience sampling technique to gather the data as it is economic, efficient,
simple to implement, promising for capturing high quality data (Bornstein et al., 2013; Jager,
Putnick & Bornstein, 2017; Sharma et al., 2021; Yao et al., 2015) and provide control over
type of the respondents (Chatzi- georgiou et al., 2019). Earlier studies have also confirmed and
supported the use of a convenience sampling technique (Patil et al., 2020; Saunders et al.,

2007).

16



A two-step procedure comprising of expert evaluation and pilot study was adopted to validate
the questionnaire. Scholars have suggested seeking expert support to evaluate and validate the
questionnaire (Saunders et al., 2007; Hair et al., 2010). Firstly, experts from an elite Institution
of India were contacted to assess the survey questionnaire as this research study is focused on
Indian context. Secondly, a pilot study was conducted among 30 Indian students to gather the
feedback on the readability aspects of the questionnaire (Bhattacherjee, 2012; Saunders et al.,
2007). Based on the feedback, not much modification was made, except a few corrections in

spelling mistakes and layout.

Online channels (for example, LinkedIn, Facebook sharing Google forms to collect data) do
not have any time and space barrier and are considered apt to gather the survey information
(Couper 2017; Evans & Mathur, 2018; Upadhyay et al., 2021). Additionally, researchers
utilized online channels to gather the survey data to avoid any physical contact or distribution
of physical documents during COVID-19. The survey was distributed through social
networking sites (Saunders et al., 2007; Upadhyay et al., 2021) to gather responses from
general public (for example LinkedIn and Facebook sharing Google survey form) and to staff
and students of two elite educational Institutions via email. Ilieva, Baron, and Healey (2002)
recommend an average response time of 5.59 days to garner data through online surveys.
Considering the slack time due to Pandemic (COVID-19), the survey was kept online for 21
days. We received complete filled inputs from 411 respondents. Armstrong and Overton
(1977) suggest checking for a non-responsive bias considering measures of normality, kurtosis,
and skewness of the differences and performed t-tests to verify the means of early respondents
and late respondents (Kline, 2011). However, non-responsive bias risk was found to be low as
researchers did not observe any significant difference in the early (response received within 7
days) and the late responses. We utilize G*power v3.1.9.2 software to compute the minimum

sample size required considering statistical power (Faul et al., 2009). To achieve the statistical

17



power of 0.95 with an effect size of 0.05, a sample size of 264 is required. As a result, the
sample size of 411 was considered for further analyses, which is sufficient sample size to

conduct a statistical analysis (Deb & David, 2014; Sharma et al., 2019).

PLS-SEM is considered as effective for synthesizing an exploratory study like this (Hair et al.,
2018). PLS-SEM works effectively to test the complex model without any sample restriction
(Willaby et al., 2015; Upadhyay et al., 2021). PLS-SEM analysis was conducted using
SmartPLS 3.3.2 software to verify the proposed theoretical model and hypotheses (Lim et al.,
2021; Ringle, Wende & Becker, 2015). The analysis of the measurement model was
accomplished considering the construct's reliability and validity. Several parameters were
considered to analyse the structural model, such as R? Q2 predict and path coefficients
(Henseler, Hubona & Ray, 2016). Additionally, for assessing the model fit (goodness of fit),
prominent factor such as standardized root mean square residual (SRMR) is used as the
potential measures (Cheah et al., 2020; Henseler, Hubona & Ray, 2016; Tenenhaus et al.,

2005).

<<Insert Table 2 Items and Source of constructs>>

4. Results

4.1 Profile of respondents

Table 3 depicts the demographic characteristics such as gender, age, education, marital status
and occupation of 411 respondents. Sample represents that 64.96% of the respondents are male
while 35.02% are female. Respondents aged between 18 and 24 years (43.79%) and 25 and 30
years (19.96%) represented 63.74% of the total sample. Respondents aged between 31 and 35
years (23.11%), and 36 and 40 (25.42%) represented 48.53% of the total sample. Finally,

respondents aged above 40 years represented 8.75% of the sample. The respondents are

18



dominated by those who have bachelor’s degree as the majority respondents (i.e. 74.20%) held
bachelor’s degree, while 17.27% of the respondents pursued master degree course and 6.08%
of the respondents held doctorate degree. Only 2.43% of the respondents were senior high
school graduate. Additionally, 27.76% of the respondents are married, while 73.23% of the
respondents are single. Sample represents 48.66% as students, while 25.79% have occupation
in the Public Sector. Private Sector occupation is represented by 20.68% respondents. While
the remaining respondents have occupation as — Unemployed (2.91%), Pensioner (0.24%), and

Self-Employed (1.70%).

<<Insert Table 3 Sample profile>>

4.2 Common Method Bias

The research study is also prone to common method bias (CMB) due to the inherent attribute
of the self-report survey (independent and dependent variables were from the same
respondents). Thus, the Harman’s single-factor test was employed to test for the CMB. Even,
the recent studies (for example, Cheah et al., 2020; Patil et al., 2020; Sharma et al., 2021)
recommend to utilize the Harman’s single-factor to test for CMB. The result of the Harman’s
single-factor test showcased the absence of the CMB due to the cumulated variance value of
35.076 % which is well below the suggested threshold value of 50% (Fuller et al., 2016;

Podsakoff et al., 2012; Sharma et al., 2021).

4.3 Measurement Model assessment

The measurement model is assessed based on the constructs reliability and validity. The
construct reliability is evaluated considering composite reliability (CR) and convergent
validity. Hair et al. (2017) suggest value of CR to be greater than 0.70. Besides, convergent

validity is established when items’ loading and average variance extracted (AVE) are greater
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than 0.70 and 0.50 respectively (Hair et al., 2017). Table 4 depicts that all constructs are having
recommended values for CR (>0.70), items’ loading (>0.70) and AVE (>0.50). The
discriminant validity (DV) signifies the degree to which each of the constructs measure
different variables. Henseler et al. (2015) suggest constructs to have Heterotrait-Monotrait
Ratio (HTMT) criterion value not more than 0.85 to achieve discriminant validity (Sharma et
al., 2021). The HTMT scores of all constructs do not violate the threshold value of 0.85, Table
5. Additionally, as the bi-variate correlations are less than the square root of AVE the evidence

acceptable level of discriminant validity (Fornell and Larcker, 1981), Table 5.

<<Insert Table 4 Constructs reliability and validity>>

<<Insert Table 5 Discriminant validity>>

4.4 Structural model assessment

After verifying the reliability and validity of the measurement model, the next step is to analyze
the structural model to verify the hypothesized relationship (Hair et al., 2017). Several
parameters were considered to analyse the structural model, such as R2, Q2 predict, path
coefficients and confidence intervals (Henseler et al., 2016). Henseler (2012) suggest using
measurement of approximate fit such as standardized root mean square residuals (SRMR) (Hu
& Bentler, 1999; Henseler et al., 2016) to test the structural model Goodness of Fit (GoF). We
examine the collinearity through lateral collinearity test (VIF) to ensure the absence of multi-
collinearity. Normally, the values of VIF 3.3 or higher, indicate a potential collinearity
(Diamantopoulos & Siguaw, 2006). Since, VIF of the constructs (falls within in the range
1~2.72) are far below the cut-off range thus the absence of multi-collinearity is established.
Hair Jr et al. (2014) suggest running bootstrapping procedure considering 5000 samples to test

the proposed hypotheses. The estimates of the relationships of the structural model are
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captured through path coefficients (Streukens & Leroi-Werelds, 2016). The hypotheses have

specified the relationships direction of the variables.

<<Insert Table 6 Hypothesis Test results>>

We can observe from Table 6 and Figure 2 that the construct attitude has the highest significant
impact on behavioural intention towards using the mobile banking (contactless) payment
services (H8: AT—BI; B =0.720, t=9.441, p<0.0001). Additionally, the constructs facilitating
condition demonstrate effect on the behavioural intention (H4: FC—BI; g = 0.212, t= 2.639,
p<0.0001). However, the relationship between social influence and behavioural intention is not
confirmed (H3:ns). The construct behaviour intention depicts high effect on use behaviour
(H9: BI—>UB; B = 0.707, t= 8.945, p<0.0001). The construct facilitating condition signifies
high effect on effort expectancy (H5: FC—EE; B = 0.640, t= 7.643, p<0.0001). While, self-
efficacy depicts the positive effect on effort expectancy (H7: SE—EE; t= 3.031, = 0.211,
p<0.0001). The constructs performance expectancy (H1l: PE—>AT; B = 0.458, t=4.588,
p<0.0001), perceived severity (H6: PS—AT; B = 0.121, t= 2.053, p<0.0001) and effort
expectancy (H2: EE—AT; B = 0.328, t= 3.121, p<0.0001) demonstrate significant effect on

attitude.

<<Insert Figure 2. Mobile Payment Services Adoption Model>>

The variance and the explanation of the model is captured through the predictor variables of
the endogenous construct (effort expectancy, attitude, behavioural intention, and use
behaviour) of the model. In the theorized model, the variance is explained through UB
(50.10%) , BI (77.8), AT (60.5%), and EE (55.10%). Table 6 depicts the effect size (?) values
demonstrating the large effect on the outcome. The f? values of use behaviour (1.001), attitude

(0.576), effort expectancy (0.796) and behavioural intention (1.510) indicate a large effect in
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generating predictability of the model (Cheah et al., 2020; Chin et al., 2003). Finally,
PLSpredict technique is employed to determine the predictive relevance (Q? predict) of the
model (Sharma et al., 2021). It is found that Q? predict values for use behaviour (0.417),
attitude (0.555), effort expectancy (0.524) and behavioural intention (0.635) demonstrates that
the model is predictively valid (Chin et al., 2020; Shmueli et al., 2019), Table 6. We also
checked the GoF index. Henseler (2012) suggest using measurement of approximate fit such
as standardized root mean square residuals (SRMR) (Hu & Bentler, 1999) to test the structural
model GoF. The model is considered as a good fit when SRMR value is less than 0.08. The
estimated model’s SRMR value is (SRMR = 0.069), which means that it is considered a good

fit.

5. Discussion

In this research, the meta-UTAUT model has been utilized as the primary theoretical lens to
understand and explore the Indian consumers' mobile (contactless) payment services adoption.
Additionally, constructs (perceived severity and self-efficacy) from protection motivation
theory were utilized considering the COVID-19 pandemic context of the study. The proposed
model included four endogenous (i.e., behavioural intentions, use behaviour, attitude, and
effort expectancy) and five exogenous variables (i.e., performance expectancy, facilitating
conditions, social influence, perceived severity, and self-efficacy) through 9 paths (H1-H9).
The current model extends the meta-UTAUT (and UTAUT model) by including the COVID-
19 context-specific constructs and relationships to understand the behavioural intention and
use behaviours of the Indian consumers towards the adoption of mobile payment (contactless)
services. The model explained variance of 77.8% on Indian consumers behavioural intention
towards adoption of mobile payment services, which has strengthened the findings as

compared with the studies done by Patil et al. (2020), Alshare & Mousa (2014), Gupta et al.
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(2019), and Slade et al. (2015b) resulting in the variance between 60% and 68%. However,
none of the studies have considered actual use behaviour as an outcome variable and their
attitude to influence consumers' adoption of mobile payment (contactless) services, especially
considering the COVID-19 pandemic situation. Therefore, the current research fills this gap
and provides model variance of 50.10% and 60.5% on Indian consumer use behaviour and
attitude towards consumers adoption of mobile payment (contactless) services. The current
model has strengthened the variance of use behaviour and attitude as reported in the study

performed by Patil et al. (2020).

Performance expectancy has emerged as the significant predictor of the Indian consumers'
attitude towards adopting mobile payment services. The findings are inline with the studies
undertaken on mobile payment adoption by Patil et al. (2020), Alaeddin et, al. (2018) and
Shaikh et al. (2018). The findings confirm that Indian consumers value utilitarian support for
availing mobile payment services and it is vital factor contributing to their attitude towards
adopting mobile payment services. In the current model, performance expectancy has emerged
as the fourth significant factor and indicates that utilitarian behaviour of the experienced
consumer has influence on use beahviour. As such, confirmation of significant performance
of the mobile payment services may create better perception and utility of the service. If the
performance is expected or higher than it leads to the adoption of the mobile payment services.
Besides, effort expectancy emerged as the significant predictor of attitude reaffirming this
relationship in the domain of mobile payment adoption (Patil et. al., 2020; Shaikh et al., 2018).
The current research confirms that effort expectancy is important for the consumers as they
seek easy to use facade to avail the services. Considering high outflow of applications and
subscription to various application based services, it is important the easy to use facade to be
considered to influence consumers’ adoption of the those applications and services.

Additionally, perceived severity has also emerged as the significant factor influencing the
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attitude of the Indian consumers towards adoption of mobile payment (contactless) services. A
possible reason for having perceived severity as significant is due to the prevalent information
about COVID-19 pandemic across the world, including its spread and death toll (Elflein, 2021).
Further, India has imposed several lockdown and unlockdown during the first and second
waves of the pandemic (Kumar, 2021). The pandemic has developed perception of severity of
a disease among Indian consumers and contributes to their attitude towards mobile payment
services adoption. The finding confirms that Indian consumers have a high perception of the
disease severity, and mobile payment services help them avoid physical cash-based
transactions. Dou et al. (2017) study confirms the importance of perceived severity on
consumers attitude towards adopting technology in the context of mobile healthcare solutions.
Thus, perceived severity is the significant predictor of the Indian consumers attitude towards

adoption of mobile payment services.

Several existing research studies (Patil et al., 2020; Morosan & DeFranco, 2016; Sivathanu,
2019) have confirmed the role of facilitating conditions towards adopting technology in the
mobile payment domain. While Patil et al., (2020) establish the influence of facilitating
condition construct on behavioural intention of Indian consumers for mobile payment.
Sivathanu (2019) confirms the relationship for the digital payment context. Besides, Morosan
& DeFranco (2016) identifies facilitating conditions significantly affecting behaviour
intentions of consumers in using near field communications in USA. However, there are a few
studies (for e.g., Slade et al., 2015a ; Baptista & Oliveira, 2015) mentioning such relationships
as non-significant. In the current research, the significance of such a relationship signifies the
availability of infrastructure, resources and support to consumers for developing intentions
towards mobile payment services. Besides, facilitating conditions also significantly influenced
effort expectancy (FC— EE, 0.640***), resulting in the third strongest path in the model. Patil

et al. (2020) and Stefi (2015) have reported high influence of facilitating condition on effort
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expectancy or its surrogates (e.g. ease of use). In the current research, it is argued that
availability of necessary resources, infrastructure and support influence consumers intention
towards mobile payment services. Self-efficacy has also found to be affecting effort
expectancy. Balkaya and Akkucuk (2021) confirms the relationship of self-efficacy on effort
expectancy. They argue that self-efficacy help the teachers to use learning management system
technology in the classroom. Besides, Singh and Srivastava (2018) identified self-efficacy
influencing perceived ease of use towards behavioural intention to use mobile banking. It is
argued that preventive health behavior perception triggers adoption of mobile payment services
as it helps in avoiding physical cash or touching objects, surfaces and people while performing
transactions thereby reducing likelihood of virus contraction. Besides, consumers who perceive
less severity while using mobile payment services may inclined towards usage of mobile
payment services. Thus perceived severity and self-efficacy emerged as a critical factor which

leads to the mobile payment service adoption.

Besides, attitude has emerged as the strongest factor influencing intentions of consumers
towards mobile payment services. This signifies the role of considering attitude an important
construct and adapting meta-UTAUT model while understanding behavioural intention and the
behaviour of consumers towards technology adoption. However, social influence is resulted as
a non-significant relationship to behavioural intention. Possible reason for having social
influence as non-significant towards behavioural intention is due to the prevailing COVID-19
pandemic situation and the inherent need of initiating contactless transactions. Several
mandates have been released by the Government addressing to follow COVID-19 appropriate
behaviour which help the people to follow social distance and avoid any physical contact with
object, human or surfaces. Such protocols push people to adopt certain services and thus
adoption of such services are not primarily influenced by the peer group. For example, Fastag

(contactless) services at the toll plaza have been pushed by the Ministry of Road Transport and
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Highways, Government of India, during COVID-19 to minimize operational issues and prevent
health threat, thereby travelers and commuters are inclined to use it. Similarly, It is argued that
public mandates or Government imposed protocols that help oneself to avoid any potent threat
influence intention to adopt technology or services. There are a few studies that disapproved
the significance of social influence (or its surrogates like subjective norms) on consumers’
intention towards adopting technology (for e.g. Alalwan etal., 2017; Riffai et al. 2012; Gerrard

and Cunningham, 2003).

Finally, use behaviour as an outcome variable has behaviour intention as antecedent. Very few
studies (e.g. Patil et al., 2020; Salahshour Rad et al., 2019; Escobar-Rodrguez et al., 2014;
Sivathanu, 2019) have measured such a relationship in the domain of technology and digital
payment. Since Indian consumers are habituated towards using physical cash as driven by their
culture (Sivathanu, 2019), it is argued that consumers having high intent to use mobile payment

services would also likely to use such services.

5.1 Implications to Theory

The current research work has contributed immensely to theory. Firstly, it has extended the
meta-UTAUT model with the COVID-19 context-specific constructs and relationships. The
undertaken work has strengthened the explanability of the model (Patil et al., 2020; Whetten,
2009, p. 37). Secondly, it has empirically validated the meta-UTAUT model, which is a step
forward in filling the research gaps towards understanding and explaining Indian consumers
behavioural intention and use behaviour towards mobile payment services, especially in the
COVID-19 context. The inclusion of context relevant variables such as perceived severity and
self-efficacy and their association with the existing meta-UTAUT framework have enriched
the context of the study. The current research study also included new association in the

existing meta-UTAUT framework, FC—EE. Such a inclusion has increased variance of the
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model (Patil et al., 2020; Whetten, 2009). Thirdly, new association and inclusion of constructs
have strengthen the contribution of the research to theory. Researchers can utilize the proposed
model and use it to understand consumers' behaviour intention and use behaviour of other
similar socio-economic developing countries. Finally, The model explained variance of 77.8%
on Indian consumers behavioural intention, 50.10% and 60.5% on Indian consumer use
behaviour and attitude respectively, towards consumers adoption of mobile payment services.
The current model has strengthened the variance of behavioural intention, use behaviour, and

attitude as compared to existing studies (e.g., Patil et al., 2020).

This research thus makes a significant contribution to the mobile banking and technology
adoption literature by describing the context-specific constructs and relationships, more
specifically to the Indian context, to explain the consumer’s behaviour intention and use
behaviour of mobile payment services. Mobile payment service adoption considering the
developing countries and COVID-19 context has not been comprehensively studied. This study
attempts to fill this gap by exploring relationships amongst the exogeneous and endogenous
constructs. By detailing the relationship between these constructs, this study makes a
significant contribution to mobile banking literature. In particular, the most significant
contribution is its work on the process by which the effect of perceived severity, self-efficacy,
and attitude is accountable for behavioural intention and use behaviour towards mobile
payment services. One of the significant theoretical contributions of this study is its context-
specific integrated model and investigation of endogenous (i.e., behavioural intentions, use
behaviour, attitude, and effort expectancy) and exogenous variables (i.e., performance
expectancy, facilitating conditions, social influence, perceived severity, and self-efficacy).
Other existing studies failed to consider such a context and thus have limited contributions.
The proposed model is more inclusive with high explainability than existing studies as it relies

on the context-specific integrated approach.
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5.2 Implications to practice

The current study offers a holistic understanding of significant factors influencing Indian
consumers adoption of mobile payment services in the COVID-19 context. The facilitating
condition is an important factor to consider as it significantly influences behavioural intention
and use behaviour. It is suggested that policy makers, regulators and solutions providers must
ensure availability of necessary infrastructure, resources and support. Besides, suitable training
and support programmes that may lead to improved understanding of mobile payment services
in the COVID-19 context can be designed and materialized. Additionally, performance
expectancy has emerged as significant, which means service providers and marketers targeting
Indian consumers need to ensure the sharing of relevant information confirming usage of
mobile payment services (Bailey et al., 2017). Since effort expectancy contributes to the third
strongest variable, it is essential for the vendors, developers, service, and solution providers to
appropriately design and offer the services that will ease the usage of the applications and
services (Dwivedi, et al., 2019). The banks and other service providers can share appropriate
information and include relevant service facade to engage Indian consumers towards mobile
payment services. Such a relationship also offers managers guidance to incorporate suitable
features and add-ons to improve mobile payment services such as wallets (Alaeddin et al.,

2018).

The study confirmed the role of protection motivation theory constructs (perceived severity
and self-efficacy) in Indian consumer's behavioural intention and use behaviour towards
mobile payment service during the pandemic. The study reflects the health protection
behaviour towards establishing resilience during (health) crisis. The study highlights the crucial
role of self-efficacy and perceived severity in consumers' confidence in using the service. The

introduction of the mobile payment service reduces the requirement of physical transactions,
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thereby reducing the likelihood of direct contact with surfaces, objects, and people to avoid
contracting the disease (Chang et al., 2020; Eikenberry et al., 2020; Fong et al., 2020). The
policymakers need to address the consumer's mobile payment service utilization as a health
financial tool. Additionally, service providers and policymakers can provide suitable,
appropriate, and timely information depicting mobile payment service as a preventive health
behaviour in the context of COVID-19 (Chang et al., 2020). As such, consumer's health literacy
needs to be enhanced by rolling out effective health communication, which helps to mobilize
consumers (I0OM, 2004). A health-related score can also be explored and developed for mobile
payment service usage, motivating consumers to adopt and use the service. Additionally,
Service providers, including fintech companies and banks, are recommended to improvise the
design, layout, content, and features of mobile payment services to match the capabilities of
the consumers. As such, a user-centric service design approach can be considered to address
the complexity of using the service. Besides, an appropriate market segment needs to be
explored to identify consumers' perceived severity level (who are more likely to experience
threats). Accordingly, tailored-made training programs need to be developed. Additionally,
awareness programs, audio-visual campaign and relevant content addressing the health benefits
of mobile payment service needs to be developed. Service providers should develop strategies
and execute relevant mechanisms to enhance the consumers self-efficacy to stimulate the

adoption and usage of mobile payment services.

5.3 Limitations and future research

The current research study is also not devoid of limitations. Firstly, a non-probability
convenient sampling technique has been adopted. Earlier studies have also confirmed and
supported the use of a convenient sampling technique (Patil et al. 2020; Saunders et al., 2007).

The data collection was restricted to the online mode to avoid any physical contact considering
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the COVID-19 situation. Additionally, online surveys are very likely to exclude those in the
target population without internet access (Bhattacherjee, 2012; Zikmund et al., 2013) and thus
it is advisable to adopt the mixed approach using both paper-print and web-based to distribute
the survey instrument to gather data (Evans & Mathur, 2018; Sharma et al., 2021). Secondly,
most of the respondents were educated, internet friendly, and adopters of mobile payment
services. Thus usage of a non-probability sampling should not have achieved a substantial
impact on the results of this study. However, future studies can investigate non-adopters and
compare the results with the studies performed on the adopters. Additionally, future studies
can undertake a probability sampling based study and compare the results with the studies
which have employed non-probability convenient sampling technique. Additionally, the
questionnaire was in the English language. As India depicts a multilingual and multi-cultural
country, future studies can consider questionnaires in different languages to capture diverse
respondent bases. Besides, the sample is dominated by male (64.96%), thus future studies can
examine the role of gender in adoption of mobile payment services. Finally, the scope of the
current research is limited to the COVID-19 context or related chronic diseases where major

preventive mechanisms such as social distancing and avoidance of physical contacts are vital.

6. Conclusion

This research study aimed at identifying and examining the important factors that could affect
consumers' behavioural intention and use behaviour towards mobile payment services during
COVID-19. It has extended the meta-UTAUT model with perceived severity and self-efficacy
factors. A convenient sampling technique has been utilized to gather data from Indian
consumers through a self-administered questionnaire. The data collection was restricted to the
online mode to avoid any physical contact considering the COVID-19 situation. The model

was tested empirically with 411 respondents data. The model demonstrate the inclusion of
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context relevant variables such as perceived severity and self-efficacy and their association
with the existing meta-UTAUT framework have enriched the context of the study. The findings
revealed that perceived severity and self-efficacy both emerged as an indirect determinant of
consumer use behaviour through attitude and effort expectancy. Additionally, facilitating
conditions found to have a significant positive impact on effort expectancy; self-efficacy has a
significant positive impact on effort expectancy; attitude has a significant positive impact on
behavioural intention; and behavioural intention has a significant positive impact on use
behaviour. Social influence did not confirm any significant relationship. The undertaken work
has strengthened the explanability of the model. The model explained variance of 77.8% on
Indian consumers behavioural intention, 50.10% and 60.5% on Indian consumer use behaviour
and attitude respectively, towards mobile payment services. The current study offers a holistic
understanding of significant factors influencing Indian consumers adoption of mobile payment

services in the COVID-19 context.

Acknowledgments

The authors would like to thank Editor-in-Chief, Guest Editors and anonymous reviewers for
their careful reading of the manuscript and their many insightful comments and suggestions.
The authors would like to acknowledge and thank their respective institutes for providing the

conducive environment to undertake the study.

References

Agarwal, R. and Prasad, J. (1999), “Are individual differences germane to the acceptance of
new information technologies?”, Decision Sciences, Vol. 30 No.2, pp:361-391.
Ajzen, 1. (1991), “The theory of planned behaviour”, Organizational Behaviour and Human

Decision Processes, Vol. 50 No.2, pp:179-211.

31



Alalwan, A. A., Dwivedi, Y. K. and Rana, N. P. (2017), “Factors influencing adoption of
mobile banking by Jordanian bank customers: Extending UTAUT2 with trust”,
International Journal of Information Management, VVol. 37 No.3, pp:99-110.

Alshare, K. and Mousa, A. (2014), “The moderating effect of espoused cultural dimensions on
consumer’s intention to use mobile payment devices”, Proceedings of the 35th International
Conference on Information Systems, Auckland, New Zealand, pp:1-15.

Anderson, J. C. and Gerbing, D. W. (1988), “Structural equation modeling in practice: A
review and recommended two-step approach”, Psychological Bulletin, Vol. 103 No.3,
pp:411-423.

Armstrong, J. S. and Overton, T. S. (1977), “Estimating nonresponse bias in mail surveys”,
Journal of Marketing Research, Vol.14, pp: 396-402.

Aslam, W., Ham, M. and Arif, 1. (2017), “Consumer behavioural intentions towards mobile
payment services: An empirical analysis in Pakistan”, Market-Trziste, Vol. 29 No.2,
pp:161-176.

Auer, R., Cornelli, G. and Frost, J. (2020), “Covid-19, cash, and the future of payments”, BIS
Bulletion, Vol. 3, pp:1-7

Augsburg, C. and Hedman, J. (2014), “Value added services and adoption of mobile
payments”, Proceedings of the Sixteenth International Conference on Electronic Commerce,
Philadelphia PA USA, pp:27-32.

Baabdullah, A. M., Alalwan, A. A., Rana, N. P., Kizgin, H. and Patil, P. (2019), “Consumer
use of mobile banking (M-Banking) in Saudi Arabia: Towards an integrated model”,
International Journal of Information Management, Vol. 44, pp:38-52.

Bailey, A. A., Pentina, I., Mishra, A. S. and Ben Mimoun, M. S. (2017), “Mobile payments
adoption by US consumers: An extended TAM”, International Journal of Retail &

Distribution Management, Vol. 45 No.6, pp:626-640.

32



Baishya, K. and Samalia, H. V. (2020), “Extending unified theory of acceptance and use of
technology with perceived monetary value for smartphone adoption at the bottom of the
pyramid”, International Journal of Information Management, Vol.51, 102036.
doi.org/10.1016/j.ijinfomgt.2019.11.004

Balkaya, S. and Akkucuk,U. (2021), “Adoption and Use of Learning Management Systems in
Education: The Role of Playfulness and Self-Management”, Sustainability, Vol. 13, pp:1-
27

Baptista, G. and Oliveira, T. (2015), “Understanding mobile banking: The unified theory of
acceptance and use of technology combined with cultural moderators”, Computers in
Human Behaviour, Vol.50, pp:418-430.

Becker, M.H. and Maiman, L.A. (1998), “Strategies for enhancing patient compliance”,
Journal of Community Health, Vol. 23, pp:113-135

Carpenter, D., Young, D.K., Barrett, P. and McLeod, A.J. (2019), “Refining technology threat
avoidance theory”, Communications of the Association for Information Systems, Vol.44.
doi.org/10.17705/1CAIS.04422

Celik, H. (2016), “Customer online shopping anxiety within the Unified Theory of Acceptance
and Use Technology (UTAUT) framework”, Asia Pacific Journal of Marketing and
Logistics, Vol. 28 No.2, pp:278-307.

Centers for Disease Control (CDC) (2020), “Coronavirus Disease 2019 (COVID-19) official
website”, Retrieved from www.cdc.gov/coronavirus/2019-ncov/need-extra-
precautions/people-with-medical- conditions.htmI?CDC_AA_refVal=https%3A%2F%2F,
www.cdc.gov%2Fcoronavirus%2F2019- ncov%?2Fneed-extra-precautions%2Fgroups-at-
higher-risk.html

Chakravorti, B. (2017), “Early lessons from India‘s demonetization experiment”, Harvard

Business Review, Vol.14, pp:1-7

33



Champion V, and Skinner C. (2008), The health belief model. In: Health behaviour and health
education: Theory, research, and practice, 4th ed. San Francisco, CA: Jossey-Bass; pp:45-
65

Champion, V.L. (1984), “Instrument development for health belief model constructs”, ANS:
Advances in Nursing Science, Vol. 6, pp: 73-85.

Chang, S.L., Harding, N., Zachreson, C., Cliff, O.M. and Prokopenko, M. (2020), “Modelling
Transmission and Control of the COVID-19 Pandemic in Australia”, Nature
Communications, Vol. 25, pp:1-13

Chao, C-M. (2019), “Factors Determining the Behavioural Intention to Use Mobile Learning:
An Application and Extension of the UTAUT Model”, Frontiers in Psychology, Vol. 10,
pp:1-14

Chatzigeorgiou, C., Christou, E. and Simeli, I. (2019), “Confidence and loyalty for agrotourism
brands: The Lesvos paradigm”, Tourismos: An International Multidisciplinary Journal of
Tourism, Vol. 14 No.1, pp:151-166.

Cheah, J. H., Waller, D., Thaichon, P., Ting, H. and Lim, X. J. (2020), “Price image and the
sugrophobia effect on luxury retail purchase intention”, Journal of Retailing and Consumer
Services, Vol. 57, 102188. doi.org/10.1016/j.jretconser.2020.102188

Cheng, Y.-H. and Huang, T.-Y. (2013), “High speed rail passengers’ mobile ticketing
adoption”, Transportation Research Part C, Emerging Technologies, Vol. 30, pp:143-160.

Chhonker, M. S., Verma, D., Kar, A. K. and Grover, P. (2018), “M-commerce technology
adoption: Thematic and citation analysis of scholarly research during (2008-2017)”, The
Bottom Line Managing Library Finances, Vol. 31 No. 3/4,pp: 208-233.

Cocosila, M. and Trabelsi, H. (2016), “An integrated value-risk investigation of contactless
mobile payments adoption”, Electronic Commerce Research and Applications, Vol. 20,

pp:159-170.

34



Couper, M.P. (2017), “New developments in survey data collection”, Annual Review of
Sociology, Vol. 43, pp:121-145.

Davis, F. D. (1989), “Perceived usefulness, perceived ease of use, and user acceptance of
information technology”, MIS Quarterly, Vol.13 No.3, pp:319-340.

De Kerviler, G., Demoulin, N. T. and Zidda, P. (2016), “Adoption of in-store mobile pay-
ment: Are perceived risk and convenience the only drivers?”, Journal of Retailing and
Consumer Services, Vol.31, pp:334-344.

De Luna, I. R., Liébana-Cabanillas, F., Sanchez-Fernandez, J. and Mufioz-Leiva, F. (2019),
“Mobile payment is not all the same: The adoption of mobile payment systems de- pending
on the technology applied”, Technological Forecasting and Social Change, Vol.146,
pp:931-944.

de Veer, A. J. E., Peeters, J. M., Brabers, A. E. M., Schellevis, F. G., Rademakers, J. J. D. J.
M. and Francke, A. L. (2015), “ Determinants of the intention to use e-Health by community
dwelling older people”, BMC Health Services Research, Vol. 15, pp:1-9

Deb, M. and David, E.L. (2014), “An empirical examination of customers’ adoption of m-
banking in India”, Journal of Marketing Intelligence & Planning, Vol. 32 No. 4, pp: 475-
494

Deb, M., and Lomo-David, E. (2014), “Evaluation of retail service quality using analytic
hierarchy process”, International Journal of Retail & Distribution Management, Vol.42
No.6, pp:521-541

Dwivedi, Y. K. and Williams, M. D. (2008), “Demographic influence on UK citizens’e-
government adoption”, Electronic Government an International Journal, Vol.5 No.3,

pp:261-274.

35



Dwivedi, Y. K., Khan, N. and Papazafeiropoulou, A. (2007), “Consumer adoption and usage
of broadband in Bangladesh”, Electronic Government an International Journal, VVol.4 No.3,
pp:299-313.

Dwivedi, Y. K., Rana, N. P., Jeyaraj, A., Clement, M. and Williams, M. D. (2019), “Re-
examining the unified theory of acceptance and use of technology (UTAUT): Towards a
revised theoretical model”, Information Systems Frontiers, VVol. 21 No.3, pp:719-734.

Dwivedi, Y. K., Rana, N. P., Tamilmani, K. and Raman, R. (2020), “A meta-analysis based
modified unified theory of acceptance and use of technology (Meta-UTAUT): A review of
emerging literature”, Current Opinion in Psychology, Vol. 36, pp: 13-18.

Dwivedi, Y., Rana, N., Chen, H. and Williams, M. (2011), “A meta-analysis of the unified
theory of acceptance and use of technology (UTAUT)”, Proceedings of IFIP International
Working Conference on Governance and Sustainability in Information Systems-Managing
the Transfer and Diffusion of It, Hamburg, Germany, (pp: 155-170).

Eikenberry, S. E., Mancuso, M., Iboi, E., Phan, T., Eikenberry, K., Kuang, Y., Kostelich, E.
and Gumel, A. B. (2020), “To mask or not to mask: Modeling the potential for face mask
use by the general public to curtail the COVID-19 pandemic”, Infectious Disease Modelling,
Vol. 5, pp: 293-308,

Elflein, J. (2021), “Coronavirus (COVID-19) disease pandemic- Statistics & Facts”, Retrieved
from: https://www.statista.com/topics/5994/the-coronavirus-disease-covid-19-outbreak/
Escobar-Rodrguez, T., Carvajal-Trujillo, E. and Monge-Lozano, P. (2014), “Factors that in-
fluence the perceived advantages and relevance of Facebook as a learning tool: An extension
of the UTAUT”, Australasian Journal of Educational Technology, Vol. 30 No.2, pp:136—
151.

Evans, J.R. and Mathur, A. (2018), “The value of online surveys: a look back and a look

ahead”, Internet Research, Vol. 28 No. 4, pp: 854-887.

36



Faul, F., Erdfelder, E., Buchner, A., & Lang, A. G. (2009), “Statistical power analyses using
G* Power 3.1: Tests for correlation and regression analyses”, Behaviour Research
Methods, Vol. 41 No.4, pp:1149-1160.

Fishbein, M., & Ajzen, 1. (1975), Belief, attitude, intention and behaviour: An introduction to
theory and research, Reading, MA: Addison-Wesley.

Flavian, C., Guinaliu, M. and Lu, Y. (2020), "Mobile payments adoption — introducing
mindfulness to better understand consumer behaviour"”, International Journal of Bank
Marketing, Vol. 38 No. 7, pp: 1575-1599.

Fong, M.W., Gao, H., Wong, J.Y., Xiao, J., Shiu, E.Y.C., Ryu, S. and Cowling, B.J. (2020),
“Nonpharmaceutical measures for pandemic influenza in nonhealthcare settings — social
distancing measures”, Emerging Infectious Diseases, Vol. 26 No. 5, pp: 976-984,

Fornell, C. and Larcker, D. F. (1981), “Evaluating structural equation models with un-
observable variables and measurement error”, Journal of Marketing Research, Vol. 18
No.1, pp:39-50.

Fuller, C. M., Simmering, M. J., Atinc, G., Atinc, Y. and Babin, B. J. (2016), “Common
methods variance detection in business research”, Journal of Business Research, Vol. 69
No.8, pp: 3192-3198.

Gao, Y., Li, H. and Luo, Y. (2015), “An empirical study of wearable technology acceptance in
healthcare”, Industrial Management & Data Systems, Vol. 115 No. 9, pp:1704-1723.

Garrett, J. L., Rodermund, R., Anderson, N., Berkowitz, S. and Robb, C. A. (2014), “Adoption
of mobile payment technology by consumers”, Family and Consumer Sciences Research
Journal, Vol. 42 No. 4, pp:358-368.

Gerrard, P. and Cunningham, J. B. (2003), “Diffusion of Internet banking among Singapore

consumers”, International of Bank Marketing, VVol. 21 No.1, pp:16-29.

37



Giovanis, A., Athanasopoulou, P., Assimakopoulos, C. and Sarmaniotis, C. (2019), "Adoption
of mobile banking services: A comparative analysis of four competing theoretical models”,
International Journal of Bank Marketing, VVol. 37 No. 5, pp: 1165-1189.

Gsmaintelligence (2017). Global mobile trends 2017. Retrieved fromhttps://www.
gsmaintelligence.com/research/?file=3df1b7d57b1e63a0cbc3d585feb82dc2& download.

Gu, J.-C., Lee, S.-C. and Suh, Y.-H. (2009), “Determinants of behavioural intention to
mobile banking”, Expert Systems with Applications, Vol. 36, pp: 11605-11616

Guo, K., & Lu, S. (2017), “An empirical examination of initial use intention of mobile
payment”, Technical Bulletin, VVol. 55 No.10, pp:278-284.

Gupta, K. P., Manrai, R. and Goel, U. (2019), “Factors influencing adoption of payments banks
by Indian customers: Extending UTAUT with perceived credibility”, Journal of Asia
Business Studies, Vol. 13 No.2, pp:173-195.

Hair, J. F., Black, W. C., Babin, B. J., Anderson, R. E. and Tatham, R. L. (2006), “Multivariate
data analysis”, 6th edition. Pearson Prentice Hall. New Jersey. humans: Critique and
reformulation. Journal of Abnormal Psychology, VVol.87, pp:49-74.

Hair, J., Anderson, R. E., Tatham, R. L., & Black, W. C. (1992), Multivariate data analysis
with readings, New York: Macmillan Publishing Company.

Hair, J., Anderson, R., Tatham, R. and Black, W. (2010), Multivariate data analysis: A global
perspective, Upper Saddle River, NJ: Pearson.

Henseler, J., Hubona, G. and Ray, P. A. (2016), “Using PLS path modeling in new technology
research: Updated guidelines”, Industrial Management & Data Systems, VVol.116 No.1, pp:
2-20.

Herrmann, A., Hall, A. and Proietto, A. (2018), “Using the health belief model to explore why
women decide for or against the removal of their ovaries to reduce their risk of developing

cancer”, BMC Women'’s Health, Vol. 18 No. 1, pp:1-14

38



llieva, J., Baron, S. and Healey, N. M. (2002), “Online surveys in marketing research: pros and
cons”, International Journal of Market Research, Vol. 44 No. 3, pp: 361-376.

Institute of Medicine (IOM). 2004, Health Literacy: A Prescription to End Confusion.
Washington, DC: The National Academies Press

Jenkins, P. and Ophoff, J. (2016), “Factors influencing the intention to adopt NFC mobile
payments-A South African perspective”, In CONF-IRM, Vol.45, pp:1-8

Karjaluoto, H., Shaikh, A. A., Saarijarvi, H. and Saraniemi, S. (2019), “How perceived value
drives the use of mobile financial services apps”, International Journal of Information
Management, Vol.47, pp: 252-261.

Karjaluoto, H., Shaikh, A.A., Leppaniemi, M. and Luomala, R. (2020), "Examining
consumers’ usage intention of contactless payment systems", International Journal of Bank
Marketing, Vol. 38 No. 2, pp: 332-351.

Kim, G., Shin, B. and Lee, H.G.(2009), “Understanding dynamics between initial trust and
usage intentions of mobile banking”, Information Systems Journal, Vol. 19, pp: 283-311
Koenig-Lewis, N., Palmer, A. and Moll, A.(2010), “Predicting young consumers’ take up of
mobile banking services”, International Journal of Bank Marketing, Vol. 28 No. 5, pp:

410-432,

Koenig-Lewis, N., Marquet, M., Palmer, A. and Zhao, A. L. (2015), “Enjoyment and social
influence: Predicting mobile payment adoption”, Service Industries Journal, VVol. 35 No.10,
pp: 537-554.

Kumar, A., Adlakaha, A. and Mukherjee, K. (2018), “The effect of perceived security and
grievance redressal on continuance intention to use M-wallets in a developing country”,

International Journal of Bank Marketing, VVol. 36 No.7, pp:1170-1189.

39



Kumar, S. (2021), “Covid-19 lockdown: A look at state-wise situation”, Retrieved from:
https://www.hindustantimes.com/india-news/covid19-lockdown-a-look-at-state-wise-
situation-101622940416817.html

Laukkanen, T. (2007), “Internet vs mobile banking: Comparing customer value perceptions”,
Business Process Management Journal, Vol. 13, pp: 788-797

Lew, S., Tan, G.W.H., Loh X.M., Hew. J.J and Ooi, K.B. (2020), “The Disruptive Mobile
Wallet in Hospitality Industry”, Technology in Society, Vol. 63, 101430.
doi.org/10.1016/j.techsoc.2020.101430

Liang, H. and Xue, Y. (2010), “Understanding security behaviours in personal computer usage:
A threat avoidance perspective”, Journal of the Association for Information Systems, Vol.
11 No. 7, pp: 394-413.

Lim, X. J., Cheah, J. H., Ng, S. 1., Basha, N. K. and Liu, Y. (2021), “Are men from Mars,
women from Venus? Examining gender differences towards continuous use intention of
branded apps”, Journal of Retailing and Consumer Services, Vol. 60, 102422.
doi.org/10.1016/j.jretconser.2020.102422

Lin, H.-F. (2011), “An empirical investigation of mobile banking adoption: The effect of
innovation attributes and knowledge-based trust”, International Journal of Information
Management, Vol.31 No.3, pp: 252-260

Logie, C. H. and Turan, J. M. (2020), “How Do We Balance Tensions Between COVID-19
Public Health Responses and Stigma Mitigation? Learning from HIV Research”, AIDS
Behaviour, Vol. 24 No.7, pp: 2003-2006

Loh, X.M., Lee. V.H., Tan, G.W.H, Hew. J.J and Ooi, K.B. (2019), “Towards a Cashless
Society: The Imminent Role of Wearable Technology”, Journal of Computer Information

System. doi.org/10.1080/08874417.2019.1688733

40



Loh, X.M., Lee. V.H., Tan, G.W.H., Ooi, K.B and Dwivedi Y.K. (2021), “Switching from
Cash to Mobile Payment: What's the Hold-Up?”, Internet Research, Vol 31 No.1, pp: 376-
399.

Luarn, P. and Lin, H.H.(2005), “Toward an understanding of the behavioural intention to
use mobile banking”, Computers in Human Behaviour, Vol. 21, pp: 873-891

Luo, X., Li, H., Zhang, J. and Shim, J.P. (2010), “Examining multi-dimensional trust and
multi-faceted risk in initial acceptance of emerging technologies: An empirical study of
mobile banking services”, Decision Support Systems, Vol. 49, pp: 222-234

Lv, X., Guo, X., Xu, Y., Yuan, J. and Yu, X. (2012), “Explaining the mobile health services
acceptance from different age groups: a protection motivation theory perspective”,
International Journal of Advancements in Computing Technology, Vol. 4 No.3, pp:1-9.

McMaster, T. and Wastell, D. (2005), “Diffusion—or delusion? Challenging an IS research
tradition”, Information Technology and People, VVol.18 No.4, pp:383-404.

Min, Q., Ji, S. and Qu, G. (2008), “Mobile Commerce User Acceptance Study in China: A
Revised UTAUT Model”, Tsinghua Science & Technology, Vol.13 No.3, pp:257-264.

Morawczynski, O. and Miscione, G.(2008), “Examining trust in mobile banking transactions:
The case of M-PESA in Kenya”, Social Dimensions of Information and Communication
Technology Policy, Vol.282, pp: 287-298

Morosan, C. and DeFranco, A. (2016), “It’s about time: Revisiting UTAUT2 to examine
consumers’ intentions to use NFC mobile payments in hotels”, International Journal of
Hospitality Management, Vol. 53, pp:17-29.

Mostafa, R.B. (2020), "Mobile banking service quality: a new avenue for customer value co-

creation", International Journal of Bank Marketing, VVol. 38 No. 5, pp: 1107-1132.

41



Musa, A., Khan, H. U. and AlShare, K. A. (2015), “Factors influence consumers’ adoption of
mobile payment devices in Qatar”, International Journal of Mobile Communications, Vol.
13 No.6, pp: 670-689.

Oliveira, T., Thomas, M., Baptista, G. and Campos, F. (2016), “Mobile payment:
Understanding the determinants of customer adoption and intention to recommend the
technology”, Computers in Human Behaviour, Vol. 61, pp: 404-414.

Patil, P., Tamilmani, K. Rana, N.P. and Raghavan, V. (2020), “Understanding consumer
adoption of mobile payment in India: Extending Meta-UTAUT model with personal
innovativeness, anxiety, trust, and grievance redressal”, International Journal of
Information Management, VVol.54, 102144. doi.org/10.1016/j.ijinfomgt.2020.102144

Podsakoff, P. M., MacKenzie, S. B. and Podsakoff, N. P. (2012), “Sources of method bias in
social science research and recommendations on how to control it”, Annual Review of
Psychology, Vol. 63, pp:539-5609.

Riffai, M. M. M. A, Grant, K., and Edgar, D. (2012), “Big TAM in Oman: Exploring the
promise of on-line banking, its adoption by customers and the challenges of banking in
Oman”, International Journal of Information Management, VVol. 32 No.3, pp:239-250.

Ringle, C. M., Wende, S. and Becker, J.-M. (2015), “SmartPLS 3. Boenningstedt: SmartPLS
GmbH”, Retrieved from https://www. smartpls.com

Rippetoe, P.A. and Rogers, R.-W. (1987), “Effects of components of protection-motivation
theory on adaptive and maladaptive coping with a health threat”, Journal of Personality and
Social Psychology, Vol. 52 No.3, pp: 596.

Salahshour Rad, M., Nilashi, M., Mohamed Dahlan, H., & Ibrahim, O. (2019), “Academic
researchers’ behavioural intention to use academic social networking sites: A case of

Malaysian research universities”, Information Development, VVol. 35 No.2, pp: 245-261.

42



Saunders, M., Lewis, P., & Thornhill, A. (2007), Research methods. Business students,
Financial Times/Prentice Hall

Schierz, P. G., Schilke, O. and Wirtz, B. W. (2010), “Understanding consumer acceptance of
mobile payment services: An empirical analysis”, Electronic Commerce Research and
Applications, Vol. 9 No.3, pp: 209-216.

Shaikh, A. A., Glavee-Geo, R. and Karjaluoto, H. (2018), “How relevant are risk perceptions,
effort, and performance expectancy in mobile banking adoption?”, International Journal of
E-Business Research (1JJEBR), Vol. 14 No. 2, pp: 39-60.

Sharma, A., Dwivedi, Y. K., Arya, V. and Siddiqui, M. Q. (2021). “Does SMS advertising still
have relevance to increase consumer purchase intention? A hybrid PLS-SEM-neural
network modelling approach”, Computers in Human Behaviour, 106919.
doi.org/10.1016/j.chb.2021.106919

Sharma, S. K., Sharma, H. and Dwivedi, Y. K. (2019), “A hybrid SEM-neural network model
for predicting determinants of mobile payment services”, Information Systems
Management, VVol. 36 No.3, pp:243-261.

Singh, N., Sinha, N., and Liébana-Cabanillas, F. J. (2020), “Determining factors in the adoption
and recommendation of mobile wallet services in India: Analysis of the effect of
innovativeness, stress to use and social influence”, International Journal of Information
Management, Vol. 50, pp: 191-205.

Singh, S. and Srivastava, R.K. (2018), “Predicting the intention to use mobile banking in
India”, International Journal of Bank Marketing, Vol. 36 No. 2, pp: 357-378.

Sivathanu, B. (2019), “Adoption of digital payment systems in the era of demonetization in
India: An empirical study”, Journal of Science and Technology Policy Management, Vol.

10 No.1, pp:143-171.

43



Slade, E., Williams, M., Dwivedi, Y., & Piercy, N. (2015a), “Exploring consumer adoption of
proximity mobile payments”, Journal of Strategic Marketing, Vol. 23 No. 3,pp: 209-223.

Slade, E. L., Dwivedi, Y. K., Piercy, N. C., and Williams, M. D. (2015b), “Modeling
consumers’ adoption intentions of remote mobile payments in the United Kingdom:
Extending UTAUT with innovativeness, risk, and trust”, Psychology & Marketing, VVol. 32
No. 8, pp: 860-873.

Souiden, N., Ladhari, R. and Chaouali, W. (2021), “Mobile banking adoption: a systematic
review”, International Journal of Bank Marketing, Vol. 39 No. 2, pp: 214-241.

Sreelakshmi, C. C. and Sangeetha, K. P. (2020), “Continuance adoption of mobile-based
payments in Covid-19 context: an integrated framework of health belief model and
expectation confirmation model”, International Journal of Pervasive Computing and
Communications, Vol.16 No.4, pp: 359-269.

Stefi, A. (2015), “Do developers make unbiased decisions?-The effect of mindfulness and not-
invented-here bias on the adoption of software components”, Proceedings of Twenty-Third
European Conference on Information Systems (ECIS), Miinster, Germany, pp:13-20.

Tamilmani, K., Rana, N. P. and Dwivedi, Y. K. (2021), “Consumer acceptance and use of
information technology: A meta-analytic evaluation of UTAUT2”, Information Systems
Frontiers, Vol. 23 No. 5, pp: 987-1005.

Tenenhaus, M., Vinzi, V. E., Chatelin, Y. M. and Lauro, C. (2005), “PLS path modeling.
Computational Statistics & Data Analysis”, Computational Statistics a& Data Analysis,
Vol.48 No.1, pp:159-205

Tew, H.T., Tan, G.W.H., Loh X.M., Lee. V.H and Ooi, K.B. (2021), “Tapping the Next
Purchase: Embracing the Wave of NFC Mobile Payment”, (Forthcoming, 2021), Journal

of Computer Information System. doi.org/10.1080/08874417.2020.1858731

44



Tian, Y. and Dong, H. (2013), “An analysis of key factors affecting user acceptance of mobile
payment”, Proceedings of Second International Conference on Informatics & Applications
(ICIA), Poland, pp: 240-246).

Upadhyay, N., Upadhyay, S. and Dwivedi, Y.K. (2021), “Theorizing artificial intelligence
acceptance and digital entrepreneurship model”, International Journal of Entrepreneurial
Behavior & Research, Vol. ahead-of-print No. ahead-of-print. doi.org/10.1108/1JEBR-01-
2021-0052.

Venkatesh, V. and Bala, H. (2008), “Technology acceptance model 3 and a research agenda on
interventions”, Decision Sciences, Vol. 39 No.2, pp:273-315.

Venkatesh, V., Morris, M.G., Davis, G.B. and Davis, F.D. (2003), “User acceptance of
information technology: toward a unified view”, MIS Quarterly, VVol. 27 No. 3, pp: 425-478

Venkatesh, V., Thong, J. Y. and Xu, X. (2012), “Consumer acceptance and use of information
technology: Extending the unified theory of acceptance and use of technology”, MIS
Quarterly, 36(1), pp: 157-178.

Wang, X., White, L., Chen, X., Gao, Y., Li, H. and Luo, Y. (2015), “An empirical study of
wearable technology acceptance in healthcare”, Industrial Management & Data Systems,
Vol. 115 No. 9, pp:1704-1723.

Wang, Y.M. and Lin, W.C. (2019), “Understanding consumer intention to pay by contactless
credit cards in Taiwan”, International Journal of Mobile Communications, Vol.17 No.1,
pp:1-23.

Weerakkody, V., Irani, Z., Kapoor, K., Sivarajah, U. and Dwivedi, Y. K. (2017), “Open data
and its usability: An empirical view from the Citizen’s perspective”, Information Systems
Frontiers, Vol. 19 No.2, pp:285-300.

Wessels, L. and Drennan, J. (2010), “An investigation of consumer acceptance of M-

banking”, International Journal of Bank Marketing, VVol. 28 No. 7, pp: 547-568.

45



Whetten, D. A. (2009), “An examination of the interface between context and theory ap- plied
to the study of Chinese organizations”, Management and Organization Review, Vol. 5 No.1,
pp:29-56.

Willaby, H.W., Costa, D.S.J., Burns, B.D., MacCann, C. and Roberts, R.D. (2015), “Testing
complex models with small sample sizes: a historical overview and empirical demonstration
of what partial least squares (PLS) can offer differential psychology”, Personality and
Individual Differences, Vol. 84, pp. 73-78.

World Bank (2020), Global Economic Prospects, World Bank, Washington, DC,

World Health Organization (WHO) (2020), “Questions relating to food consumers”, Retrieved
from: www. who.int/news-room/g-a-detail/questions-relating-to-consumers

Wu, J. and Du, H. (2012), “Toward a better understanding of behavioural intention and system
usage constructs”, European Journal of Information Systems, VVol. 21 No.6, pp:680-698.

Wu, J., Liu, L. and Huang, L. (2016), “Exploring user acceptance of innovative Mobile
payment service in emerging Market: The moderating effect of diffusion stages of WeChat
payment in China”, 20th Pacific Asia Conference on Information Systems, Taiwan.

Waulandari, N. (2017), “Cashless payment in tourism. An application of technology acceptance
model”, Journal of Environmental Management and Tourism, Vol. 8 No.24, pp:1550-1553.

Yang, A.S.(2009), “Exploring adoption difficulties in mobile banking services”, Canadian
Journal of Administrative Sciences-Revue Canadienne Des Sciences De L Administration,
Vol.26, pp: 136-149

Yao, W., Baumann, C. and Tan, L. P. (2015), Wine brand category choice and confucianism:
A purchase motivation comparison of caucasian, Chinese and Korean consumers. In

Advances in national brand and private label marketing (pp. 19-33). Cham: Springer.

46



Yu, C.-S. (2012), “Factors affecting individuals to adopt mobile banking: Empirical evidence
from the UTAUT model”, Journal of Electronic Commerce Research, Vol.13, pp. 104-
121

Zhanga, A., Yue, X., & Kong, Y. (2011), E”xploring culture factors affecting the adoption of
mobile payment”, Proceedings of 10th International Conference on Mobile Business,
Tallinn, Estonia, pp: 263-267.

Zhao, Y., Ni, Q., & Zhou, R. (2018), “What factors influence the mobile health service
adoption? A meta-analysis and the moderating role of age”, International Journal of
Information Management, VVol. 43, pp:342-350.

Zhou, T. (2011), “An empirical examination of initial trust in mobile banking”, Internet
Research, Vol.21, pp: 527-540

Zhou, T. (2012), “Examining mobile banking user adoption from the perspectives of trust and
flow experience”, Information Technology & Management, VVol.13, pp: 27-37

Zhou, T., Lu, Y. and Wang, B.(2010), “Integrating TTF and UTAUT to explain mobile

banking user adoption”, Computers in Human Behaviour, Vol. 26 2010, pp: 760-767

47



