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Behaviour rate (period 3)
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Figure 3.
Comparison between the absolute deviations of the MoM (x axis) and the GMoM (y axis) for the first block in Table 2.



V
IV

IA
N

A
A

M
A

T
I

E
T

A
L

.
1
0
8
5

●●

●
●

●●

●●

●

●

●●

●
●

●●
●

●

●●

●●

●●

●●

●●

●
●

●●

●●

●●

●

●

●

● ●
●

●

●

●

●

●
●

●

●

●●

●
●

●●

●●

●●●
●

●●

●●

●●

●●

●●

●

●

●
●

●
●

●●●

●

●

●

●●

●

●

●●

●

●
●

●

●●

●●

●

●

●

●

●
●

●

●

●

●

●
●

●●

●
●

●●
●
●●

●

●

●

●

●
●
●

●●●
●

●●

●
●

●●●

●

●
●

●●

●●●
●

●

●

●●

●

●

●

●

●
●

●

●

●

●

●●

●●

●●●
●

●

●

●●

●
●

●●

●

●

●
●●

●

●

●

●●

●●

●
●

●
●

●
●

●

●

●

●

●

●

●
●

●

●

●●

●
●

●
●

●●
● ●

●
●●

●

●
●

●
●

●●

●
●
●

●

●

●

●
●

●●
●●

●

●

●

●

●
●

●
●

●●
●●

●
●

●

●

●
●●

●

●

●

●●●

●

●

●

●
●

●
●

●
●

●

●

●
●

●

●

●
●

●
●

●●

●
●

●
●

●
●

●●

●●

●
●

●●

●
●

●●●●

●
●

●

●

●
●

●
●●●

●●

●●

●●

●●●
●

●●

●

●

●●

●
●

●●

●●

●
●

●
●

●

●

●

●

●
●

●

●

●●

●

●

●
●

●●

●●

●
●

●●

●

●

●●

●●

●
●

●
●

●
●

●●
●

●

●

●
●
●

●
● ●

●

●●

●
●

●
●

●●

●
●

●●
●
●●●

●●

●●●

●

●●

●

●

●●
●●

●●

●
●

●●

●
●

●●

●●

●
●

●●

●●

●
●

●●

●
●

●●

●

●

●●

●●

●

●

●

●

●
●

●●

●
●

●●

●
●

●

●

●
●

●
●

●

●

●
●

●●

●●
●

●
●●

●

●

●●

●
●

●
●

●
●

●●

●
●

●
●

●
●●●

●

●

●

●

●●

●
●

●
●

●
●

●
●

●
●

●●
●●

●
●

●

●

●●

●
●

● ●

●●

●
●

●●

●●

●
●

●
●

●●
●

●

●
●

●
●

●●

●●

●●

●
●

●

●

●●

●
●

●
●

●●

●● ●●

●

●

●●

●●●
●

●

●

●●

●

●
●●

●
●

●

●

●
●

●
●

●
●

●
●

●●

●

●
●

●

●●

●

●

●
●

●
●

●●

●●

●
●

●

●

●

●

●
●

●
●
●●

●
●

●
●

●●

●

●●
●

●

●

●●
●

●

●
●

●
●

●
●

●
●

●
●

●

●

●

●

●
●

●

●

●●

●

●
●

●
●●●●

●●

●
●

●

●

●
●

●●

●
●

●●

●●

●

●●
●

●● ●●

●

●

●●

●
●

●●

●

●

●
●

●
●

●●

●

●

●●

●

●

●
●

●
●

●●

●
●

●●

●
●

●●

●
●

●
●

●
●

●●

●

●

●
●

●●

●●

●●

●

●

●●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●
●

●

●
●
●

●●

●

●

●
●●

●●
●

●

●

●
●

●

●

●

●

●●

●●

●●

●●

●
●

●
●

●

●

●●

●

●

●●

●●
●●

●
●

●

●

●
●

●
●

●

●

●
●

●
●

●

●

●
●

●

●

●●

● ●

●
●

●●
●
●

●●
●

●

●

●

●
●
●●

●
●

●
●

●

●

●

●

●●

●
●

●●

●●

●
●

●●
●

●

●
●

●

●

●
●

●

●

●
●

●
●

●

●

●

●

●●

●

●

●

●

●●

●●

●

● ●
●

●

●

●●

●●

●
●

●●

●
●

●●

●●
●●

●●

●

●
●

●

●
●

●
●
●●

●

●

●

●
●

●

●

●
●
●

●●●

●●
●

●●

●●

●●

●●

●
●

●
●

●●

●

●
●
●

●

●

●

●

●

●
●

●

●●●

●

●

●

●
●

●

●

●●

●●

●

●●
●

●●

0.0

0.2

0.4

0.6

0.8

0.0 0.2 0.4 0.6 0.8

Network rate (period 1)

●
●

●

●

●●●●

●●

●

●

●
●

●●
●
●

●
●●

●

●
●●

●

●●

●●

●●
●
●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●●

●
●

●
●

●●

●

●

●●

●●

●
●

●●

●●

●
●

●
●

●

●

●

●
●

●

●●

●

●

●
●

●●

●●

●
●●●

●

●

●●

●●

●

●
●

●

●

●

●●

●●

●●
●

●

●
●

●

●

●●
●
● ●

●
●
●

●

●

●

●

●

●

●

●

●●

●
●

●

●
●
●

●●

●

●

●●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●●

●●●●

●●

●●

●
●

●
●

● ●

●
●

●
●

●

●

●●

●
●

●

●

●

●

●●

●
●

●●
●

●
●

●

●●
●

●

●●

●
●

●●

●

●

●

●●

●

●●●

●

●
●

●

●

●
●

●

●

●

●
●

●

●●

●●

●●

●●

●●

● ●

●
●

●

●
●

●

●

● ●

●

●
●

●

●

●●

●
●

●
●

●

●

●●
●

●
●●

●
●

●
●

●

●

●●
●●

●●

●
●

●
●

●
●

●

●

●
●

●

●

●●
●

●

●

●

●●

●
●

●

●

●

●

●
●

●
●

●

●

●

●

●
●●
●

●●

●
●

●●●

●
●

●

●

●●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●
●

●●

●

●

●
●

●
●

●●

●●

●●

●
●

● ●

●

●

●

●

●

●

●

●

●
●

●

●

●
●●
●

●●

●
●
●●

●
●

● ●

●
●

●

●
●●●

●

●

●

●●●●

●
●

●●

●
●

●
●

●●
●●

●

●
●●

●●

●
●

●

●

● ●

●

●

●●

●
●

●
●

●
●

●
●

●

●

●
●

●

●

●●

●●

●
●

●

●

●

●

●
●

●●

●
●

●

●

●●

●●

●

●
●

●

●

●

●
●

●
●

●

●

●

●
●

●

●●

●

●

●

●

●
●●

●

●

●

●●

●
●

●
●

●
●●●

●

●

●
●●●

●

●

●●

●●

●

●

●●
●●

●
●

●
●

●

●

●

●

●

●

●●

●●

●●

●

●

●
●

●●

●
●

●●
●

●

●

●
●

●

●
●

●
●

●

●

●●

●
●

●●

●●
●

●●
●

●
●

●

●

●
●

●
●

●
●● ●

●●

●●

●

●●
●

●
●

●

●

●
●

●

●

●
●

●

●

●

●

●●

●
●

●●
●

● ●

●

●
●

●
●

●●

●
●

●●

●
● ●

●

●●
●●

●

●

●
●

●

●

●
●

●

●

●●

●●

●●

●
●●

●

●

●

●
●

●
●

●●
●

●

●

●
●
●

●●

● ●

●●

●
●●

●

●
●

● ●

●

●

●●

●●

●●

●

●

●
●●

●●

●

●
●

● ●
●

●●
●

●

●

●●

●●

●

●

●

●

●●

●

● ●
●

●

●

●●

●●
●

●

●

●

●
●

●
●

●
●

●
●

●

●
●●

●●

●●

●●

●●

●●

●
● ●●

●

●

●●

●
●

●
●

●●●●
●
●

●

●

●

●
●

●

●
●

●●

●●

●
●

●●

●
●

●

●

●●

●●●
●

●

●

●

●

●
●

●●

●●

●●

●●

●

●

●●

●

●

●
●

●

●

●●●
●

●●

●

●

●●

●●

●

●

●●

●
●
●●

●

●

●
●

●●

●

●

●●

●
●

●
●

●
●

●
●

●●

●

●

●
●

●
●

●●

●
●

●●

●
●

●
●

●

●
●
●

●●

●

●

●
●

●●

●●

●●

●●

●●

●
●

●●
●
●

●
●

●

●

●●

●

●

●
●
●
●

●
●

●
●

●
●

●
●

●
●

●
●

●

●

●
●

●

●

●●
●
●

●
●

●●

●

●

●
●

●
●

●●

●

●

●
●

●
●●
●

●

●

●

● ●

●

●
●

●

●

●●

●
●

●

●

●●

●
●

●●

●●

●
●

●●

0.00

0.25

0.50

0.75

0.00 0.25 0.50 0.75

Network rate (period 2)

●
● ●●

●
●

●
●●●

●
●

●●
●●

●

●

●
●

●●

● ●

●
●
●

●

●

●

●●

●
●

●● ●●

●

●

●
●

●
●

●

●
●●

●
●

●
●

●●

●
●

●

●

●
●
●
●

●●●
●

●●

●●●●

●●
●

●

●
●

●
●

●

●

●●

●

●

● ●

●
●

●●

●

●

●

●
●

●

●

●

●
●

●
●

●

●
●

●

●●

●

●
●
●

●●

●
●

●
●●

●

●●

●

●

●
●

●
●

●●

●

●

●
●

●
●

●●

●●●
●

●●

●●

●●

●

●

●
●

● ●

●●
●
●

●

●

●●

●●

●

●

●●

●
●

●
●

●●

●●

●●

●

●

●

●

●
●

●●
●

●
●

●
●

●

●●

●

●

●

●

●●

●
●●●

● ●

●●

●●

●

● ●
●

●
●

●
●

●

●

●●

●

●

●●
●

●

●●

●

●

●

●

●
●

●
●

●

●

●
●

●
●

●
●

●
●

●

●

●
●

●
●

●●
●●

●
●

●●

●

●

●●

●●

●
●
●

●
●●

●●

●●

●
●

●
●●●

●●

●●

●●

● ●

●

●

●
●

●

●

●
●

●●

●

●
●
●

●●

●●

●
●

●
●

●●

●●

●●

●
●

●●
●●

●●
●

●●

●

●●

●● ●
●

●●
●
●

●

●

●
●

●
●●●

●●

●
●

●
●

●

●

●
●

●●

●●

●●

●

●

●

●

●●

●

●

●

●
●
●

●●

●●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●
●

●●

●●
●

●

●●

●
●

●
●●

●

●●
●●

●

●
● ●

●●

●
●

●

●

● ●

●
●

●

●

●

●

●●
●

●●
●

●●

●●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●●
●
●

● ●

●
●●●

●●

●
●

●

●

●
●

●●

●
●

●
●●●

●
●

●●

●
●

●
●

●
●

●
●

●

●

●

●

●●

●
●

●

●

●●

● ●

●●

●

●

●●

●
●

●

●

●

●

●
●

●
●●●

●●

●

●

●
●

●

●

●
●

●
●

●●

●

●

●●

●●

●●

●●

●
●

●
●

●●

●

●

●
●

●●

●●

●
●

●
●

●●

●
●

●●

●
●

●

●
●

●

●●

●
●

●

●

●

●

●

●
●
●

●●
●
●

●●

●
●

●●

●

●

●
●

●●

●●

●

●

●
●

●
●

●
●

●
●

●
●

●

●●●

●●

●●●●●
●

●

●

●

●

●

●

●
●

●

● ●●

●●

●● ●●

●
● ●●

●●
●

●

●●

●

●

●
●

●
●

●●

●●

●

●

●●

●●

●●

●
●

●

●

●

●

●●

●●

●
●

●

●

●

●

●●
●●

●

●

●●
●

●
●

●

●
●

●

●

●
●

●●
●

●

●
●

●●

●

●

●
●

●
●

●
●

●
●

●
●

●
●●

●

●
●

●●

●

●
●
●

●●

●
●

●●
●
●

●
●

●

●

●●

●
●

●●●
●

●

● ●
●

●●

●●

●
●

●●
●
●

●
●

●
●
●●

●
●

●
●

●●

●
●

●●

●

●

●

●

●●

●
●

●

●

●
●

●
●

●●
●

●

●
●

●
●

●●

●●
●● ●

●
●

●

● ●

●●

●●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●●

●
●

●●●
●

●

●

●
●

●
●

●●

●

●

●●

●
●

●●

●

●● ●

●●
●

●

●
●

●●

●●

●
●

●●

●●
●
●

●
●

●●

●●

●
●

●●●

●

●●

●
●

●●

●●

●
● ●●

●●●

●

●
●

●●

●
●

●●

●●●
●

●

●

●

●
●●
●

●

●●
●●

●
●

●●

●
●

●
●

●
●

●●

●
●

●

●
●

●

●

●●●

●
●

●●
●

●
●● ●

● ●●

●●

●

●

●

●

●●
●●

●

●

●●●

●

0.0

0.5

1.0

0.0 0.5 1.0

Network rate (period 3)

●●●●

●●

●
●

●●

●●
●
●●●

●
●

●●

●
●

●●

●●
●●

●●
●●

●●

●
●

●
●

●
●

●●

●

●

●
●

●●
●

●●●●
●
●
●

●●
●●

●
●
●●

●●

●●●●

●●

●
●

●
●

●●

● ●

●
●

●●

●●

●●

●●

●

● ●

●

●
●

●●
●●

●
●

●
●

●
●

●●

●●

●●

●● ●●

●●

●
●

●
●

●
●

●●

●
●

●●
●●

●●

●
●

●
●

●●

●
●●
●

●●

●

●●●

●

●
●

●●
●

●
●

●●

●●●●
●●●●

●●

●●

●
●●●

●
●

●●

●●

●● ●
●

●
●

●●●
●

●●

●●

●
●

●
●

●●

●●

●●
●

●

●●
●●

●
●●● ●

●

● ●

●
●

●●
●

●●●

●●

●●

●
●

●●

●

●

●
●

●●

●●
●

●●●

●●

●●

●●

●

●

●●

●●
●
● ●

●
●●

●
●

●●
●
●

●●

●●

●
●●●

●
●

●

●

●●
●●

●●
●●

●●

●● ●●

●
● ●

●

●●

●●

●
●●●

●
●

●

●
●
●

●●

●●

●●

●●

●

●

●

●

●●

●●

●
●

●●

●●
●
●

●

●
●
●●

●
●●

●●

●●

●●●●
●●

●●

●
●

●●

●●

●●

●●

●●●●
●

●
●
●

●●

●

●

●
●

●●
●●

●
●

●●

●● ●
●●●
●●

●●

●●

●

●

●●

●

●

●●

●●

●●

●●

●
●●

●

●●
●●
●●

●●●●

●●

●●●●

●

●

●●
●●

●●
●
●●
●

●
●

●
●

●
●

●●

●● ●●●● ●●
●
●

●●

●●
●
●●●●●●●
●●
●●●●

●●

●●

●
●

●● ●●

●●

●●

●

●

●●
●
●

●

●

●●
●●

●
●

●●

●●

●●
●
●

●●
●

●
●●

●
●

●
●

●
●

●●
●
●

●●

●

●

●●

●
●●

● ●●●● ●
●

●●

●●

●●

●●

●●

●●

●●

●● ●●

●●

●●

●
●

●
●

●

●

●

●

●●

●

●

●●

●
●

●●

●●
●●

●
●

●●

●
●

●●

●
●

●●

●●

●
●

●
●

●

●●

●
●

●

●
●

●●●
●

●●

●●●●
●
●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●●

●●●
● ●●
●●

●●

●●

●
●

●
●

●●

● ●●●●●
●

●

●●

●●
●●

●
●
●
●

●
●

●●●●

●
●●

●

●●

●● ●

●

●●
●

●
●●

●●

●●

●
●

●

●

●● ●●

●●
●●

●●

●
●

●●

●●

●●

●●

●
●

●
●

●
●

●●
●
●

●●

●●

●●

●●

●●●
●

●●

●●●●

●

●

●●●●

●●

●

●

●

● ●
●

●●

●●

●●●●
●
●

●●
●●

●
●

●
●

●●

●●
●●●●

●
●

●●

●●

●●

●●
●

●

● ●

●●

●

●
●●

●●

●
●

●

●

●●

●

●

●●●●

●
●●
● ●

●
●●
●

●

●●

●●
●●

●●

●●

●●
●
●

●●●

●
●
●
●●

●●

●●

●
●

●●
●●
●●

●
●

●●

●

●

●●●●

●●

●●
●●

●●
●●●●
●●

●●

●●

●●

●●

●●

●● ●●

●
●

●

●

●●

●
●

●●

●
●

●●

●●
●
●

●●

●
●

●

●
●●●●

●●

●●

●●

●

●

●●

●●
●

●

●●

●
●

●●●●

●
●●●

●●
●●

●
●

●
●

●●

● ●

●●

●●
●●

●
●

●
●

●●

0.0

0.3

0.6

0.9

1.2

0.0 0.3 0.6 0.9 1.2

Outdegree

●●
●●

●● ●●

●●

●●

●●

●●

●

●
●●●●

●
●

●
●

●● ●
●

●●

●●

●●●

●

●
●

●● ●

●

●
●

●●

●

●

●●

●●
●●
●●
●●

●
●

●
●

●●

●●

●●
●●

●●
●

●

●●

●
●

●

●

●●

●●
●●●● ●

●
●

●

●
●

●
● ●

●

●●
●●

●

●

●
●

●●
●
●
●
●

●
●

●●●
●

●●

●●

●●

●● ●●●
●

●
●

●
●

●●

●●
●
●

●
●

●●
●

●
●●

●
●●

●
●●

●

●

●●

●●
●●

●●

●
●

●●

●●

●
●

●
●

●●●●

●●

●●

●●

●

●

●●
●
●●●

●●●
●

●●●
●
●●

●●

●
●

●●

●●

●

●

●
●

●

●

●
●

●●

●●

●

●

●●

●
●

●●

●

●

●●

●
●

●
●

●●

●●

●●●●

●●

●
●

●●

●

●

●
●

●
●●●●

●●●

●●

●●●
●

●●

●

●
●
●

●●
●

●

●
●

●●

●●
●●

●●●●

●●

●
●

●●

●
●●●●

●

●
●

●

●

●
●

●●●
●
●
●
●
●

●●
●
●

●●

●
●

●●

●●
●●●●

●
●

●

●
●

●

●
●

●●●
●
●
●

●●

●●●

●

●
● ●

●●
●

●●
●●

●●

●●

●●

●●
●

●●
●

●●

●

●

●
●

●●

●
● ●●●●

●●

●●

●●

●
●●●

●
●

●

●

●●
●

●

●●

●

●

●●●●

●
●●●●●

●●●● ●●

●●

●
●

●●

●●

●
● ●

●

●
●

●●

●
●

●●●
●

●
●

●●

●●●●
●●

●●

●●
●●

●●
●●

●
● ●

●
●

●

●●

●●

●
●

●
●
●●●● ●

●

●●

●●

●●
●
●

●
●

●●●●

●

●

●●

●●
●●

●
●

●●

●●

●
●

●●

●●

●
●

●●

●●
●●●●

●●

●●

●
●

●●
●

●
●●

●●●●

●
●

●
●

●
●

●●

●
●

●●

●●

●●

●●●●

●●

●●●●
●

●
●●

●

●

●●

●
●

●
●

●
●

●
●

●●●
●

●●

●
●

●●

●●

●

●

●● ●
●

●●

●●

●
●

●

●

● ●

●●●●

●●
●● ●●

●●

●
●

●
●

●●

●
●

●●
●
●

●●

●●

●●

●●●●

●●
●●

●●

●
●

●

●

●
●

●●
●
●

●
●

●
●●

●●

●●●

●
●

●●●

●

●
●

●
●

●●
●

●

●
● ●

●

●●

●●
●●●

●

●●

●●

●●

●
●

●
●

●
●

●
●

●●●●

●
●

●
●●●●●
●

●

●
●

●●

●
●

●
●

●●
●●

●●●●●
●

●●

●●
●
●

●●

●●

●●

●
●

●●

●●

●●

●●

●

●●●

●●●●
●
●
●●
●●

●
●●
●

●
●
●●●●

●
●

●●

●

●

●
●
●

●

●●

●●

●
●

●●

●●

●

●

●

●

●●

●
●

●

●

●
●

●●

●
●

●
●

●
●

●

●

●
●
●●

●●

●

●
●

●

●●

●●
●
●●●

●
●
●●

●●●●●●

●
●

●●

●●
●

●

●●
●●

●●●
●

●●

●
●

●
●
●●

●●

●●

●
●

●●

●●
●●

●●
●
●

●●
●
●

●●
●

●

●●

●●●
●

●
●

●●
●
●

●
●

●●●
●

●
●

●●
●●

●
●●

●

●●
●
●
●●

●●

●●

●

●

●
●

●●●●

●
●
●●

●●●
●

●

●

●●
●

●
●●

●

●

●
●

●
●

●
●

●●

●●

●●

●●

●
●●●

0.0

0.1

0.2

0.3

0.4

0.0 0.1 0.2 0.3 0.4

Reciprocity

●●

●●

●●

●
●

●●

●
●

●
●

●●

●●

●
●

●●

●●

●●

●●

●●

●●●
●

●●
●

●

●
●

●
●

●

●

●●

●

●

●

●

●●

●●
●●

●
●

●●
●●

●●

●
●

●●

●●

●
●

●●

●
●

●●

●
●

●

●

●●

●●

●●

●●

●●

●

●

●
●

●●
●●

●
●

●●

●
●

●
●

●●

●●

●●

●●

●●●●

●
●

●●

●
●●

●

●●

●
●

●●

●

●

●●

●●

●●

●
●

●
●

●

●

●●

●
●

●
●

●●
●
●

●

●

●●

●●

●●

●●

●●

●●

●●

●●
●●

●
●

●●

●●

●

●

●

●

●●

●●

●●

●●

●

●

●●

●●

●●

●●

●
●

●●

●●

●

●

●●

●

●

●●

●●

●●

●

●

●
●

●●

●●

●

●●
●

●

●
●●

●●
● ●

●
●

●
●

●●●
●

●●

●

●

●
●

●●

●●

●
●

●●

●●

●●

●●

●
●

●
●

●
●

●●

●

●

●
●

●● ●
●

●●

●●

●●

●●

●
●

●●

●●

●●

●●
●●

●
●

●
●

●●

●
●

●●

●●

●●

●
●

●●
●
●

●●

●●

●
●

●●

●
●

●

●

●

●

●●
●●

●●

●
●

●●

●●

●

●
●
●

●●●●

●●

●●

●●

●
●

●
●

●●

●

●

●

●

●●

●
●

●●

●
●●●

●
●

●●

●●

●
●

●●

●●

●●
●●

●
●

●●

●●

●
●

●
●

●●

●

●

●
●

●●

●●

●●

●●

●
●

●●

●
●

●●

●
●

●
●

●
●

●●

●●

●●

●
●

●
●

●
●

●●

●●

●

●

●●

●●
●●

●●

●
●

●
●

●
●

●●

●

●

●●

●

●

●
●

●●

●●

●●

●

●

●●

●●

●●

●
●

●

● ●●

●
●

●

●

●
●

●●

●●

●●

●●

●●

●●

●●

●●
●
●

●●

●●

●
●

●●

●
●

●●

●
●

●
●

●
●

●
●

●
●

●
●

●
●●●

●●

●●

●●●
●

●●

●●

●●

●●
●●

●●

●●

●

●

●
●

●

●

●

●

●
●

●●

●

●

●
●

●●

●●●
●

●●

●●

●●

●

●

●●

●●

●●

●
●

●●

●
●

● ●

●●

●●

●●

●●

●●

●●

●

●

●●●●

●
●

●●

●●●●

●●

●●

●●

●●

●●●●

●●

●
●

●
●

●

●

●●

●
●

●●

●●
●●

●
●

●●

●
●

●
●

●
●

●

●

● ●

●
●

●
●

●

●

●
●

●●

●●

●●

●●
●●

●

●

●

●

●●

●

●

●
●

●
●

●●

●●

●
●

●●

●●

●●

●
●

●● ●●
●
●

●
●

●●

●
●

●
●

●●

●
●

●
●

●●

●●
●
●

●
●

●●

●
●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●
●

●●

●●

●
●

●●

●●
●
●

●

●

●
●

●●

●●

●
●

●●

●
●

●
●

●
●

●
●

●

●

●
●

●●

●●

●●

●●

●
●

●●

●

●

●●

●

●

●●
●●

●●

●
●

●●

●

●

●
●

●●

●
●

●●

●●

●
●

●●

●●

●●

●●

●●

●
●

●●

●●
●●

●

●
●
●

●●

●
●

●●

●●

●●

●

●

●

●

●●

●
●

●●

●●

●●

●●

●
●

●

●

●●

●
●

●●

●●
●●

●●

●●

●●

●
●

●

●

●
●●●

●
●

●●

●●

●●

●
●

●
●

●
●

●
●

●●

●

●
●
●

●●

●●
●●

●●●
●

●
●

●●

●
●

●

●

●●

●●●
●

●●
●●

0.00

0.05

0.10

0.15

0.20

0.00 0.05 0.10 0.15 0.20

Transitive triplets

●●

●●

●
●

●●

●●●●

●●
●●

●●

●●●
●

●●

●●

●●

●●

●●
●
●

●●
●

●

●
●

●●
●

●

● ●

●●

●

●
●
●

●●●●

●
●

●●

●
●●

●

●●

●●

●●

●●

●●

●

●

●●

●●

●

●

●●

●
●

●●

●●
●

●

●

●

●●

●●

●●

●

●

●●

●

●
●●

●●

●●

●●

●●

●
● ●

●

●
●

●
●●
●

●
●

●●

●●

●
●

●
●

●
●

●●

●
●

●
●

●
●

●

●

●●

●
●

●
●

●
●●

●

●
●

●●

●●

●●

●

●

●●
●

● ●●
●● ●●

●
●

●
●

●
●

●
●

●

●

●●
●●

●
●

●●

●

●●●

●
●

●●

●●

●
●

●●

●●

●

●

●
●

●
●

●●

●●

●●

●

●

●
●

●●

●

●

●
●

●●

●

●

●
●

●●

●●
●●

●●

●●

●
●

●
●

●

●

●
●

●
●

●●

●
●

●●

●●

●
●

●●

●●

●●

●

●

●●

●
●

●●

●●

●●

●●

●●

●●●●

●
●

●
●

●
●

●
●
●

●

●●
●

●
●●

●●
●
●●●
●●
●●

●
●

●

●

●
●

●●

●●●●

●●

●
●

●
●

●

●

●●
●
●

●
●

●
●

●●

●●

●●

●●
●●●

●

●
●

●●●
●

●●

●●

●●

●

●

●
●

●●

●
●

●●

●
●

●
●

●●

●●

●●

●●

●●

●●

●
●

●●

●
●

●●

●

●

●●

●

●

●●

●

●
●
●

●●●
●●●

●●

●●

●●

●
●

●●

●●

●

●

●
●

●●

●●

●
●

●

●
●●

●
●

●
●

●●
●

●

●●

●●

●●

●●

●●

●●

●

●

●●

●

●

●
●

●
●

●
●

●●

●●

●
● ●

●

●●

●●

●● ●
●●

●

●●

●
● ●

●
●●

●●

●●

●●

●●

●●●

●

●●

●●

●●

●
●

●●

●
●●●

●
●

●●

●
●

●
●●

●

●
● ●●

●●●

●

●
●

●
●●●

●●●●

●●

●●

●●
●●

●
●

●●●●
●●

●
●

●

●

●
●

●

●
●
●

●

●
●●

●●

●●
●

●

●●

●●

●●

●

●

●●
●●

●●

●●

●
●

●
●

●
●

●●●●

●●

●●

●●
●●

●

●

●
●

●●

●
●

●●

●●●●

●●

●●

●●

●●

●●●●

●
● ● ●

●
● ●

●

●● ●
●

●●
●
●
●●

●

●●●

●●

●●

●
●

●
●

●●
●●

●

●
●

●
●●

●●

●
●

●
●

●
●
●●

●●

●
●
●●
●
●

●
●

●
●

●●
●●

●
●

●●

●●

●●

●
●

●
●

●●

●
●

●
●

●●

●
●

●
●

●●

●●

●●

●●

●●

●●

●
●
●

●
●
●

●
●

●●
●●

●
●

●

●

●
●

●●●●
●●
●●●

●

●
●●●

●
●

●●

●●

●
●

●●

●

●

●

●

●
●

●
●●● ●●

●
●

●
●

●
●

●
●

●●

●●
●

●

●
●

●
●

●●

●●

●●
●

●

●●

●●●●

●
●

●
●

●●

●●

●●●●

●

●
●●
●●

●
●

●
●

●●

●●
●●

●●

●●

●●

●●
●
●

●●

●
●

●
●

●●

●●

●●

●●
●●

● ●

●●

●
●

●●

●●

●●●
●

●
●

●●

●●

●
●

●
●

●●

●
●●
●

●●

●
●

●●

●●

●
●●

●

●

●

● ●
●●

●●●
●

●●

●
●●

●

●●

●
●●
●

●
●

●●
●●

●
●

●●●●●●

●
●

●●

●●

●

●
●●

●●

●
●

●
●

●

●
●●

0.0

0.1

0.2

0.3

0.0 0.1 0.2 0.3

3−cycles

●●

●
● ●●●●

●●

●
●

●●

●
●

●●

●
●

●●

●
●

●
●

●●

●
●

●●
●●

●●

●

●

●
●

●●
●

●

●
●

●

●

●
●

●●

●
●
●●

●

●●
●

●●
●
●

●
●

●
●

●●

●●

●●

●

●

●
●

●
●●

●

● ●

●● ●
●

●●
●
●

●

●

●●

●
●

●●

●●

●●

●

●

●●
●●

●
●

●
●

●●●●
●

●

●●

●●

●
●
●

● ●●

●
●

●●

●
●

●●

●●●●

●

● ●●

●

●

● ●

●
●

●●

●●
●

●

●

●

●●

●
●

●
●

●
●
●
●

●●

● ●●● ●●

●●

●●
●●

●

●

●

●●●
●●

●
●

●●●
●●●

●
●

●●

●●

●●

●●

● ●

●

●

● ●
●

●

●
●

●●

●
●

●

●

●

●●●

●●

●●

●●

●

●

●
●

●●

●

●

●●
●
●

●●

●●●●

●

●

●●

●
●

●●
●
●

●●●
●

●●

●

●

●
●

●

●

●●

●●

●

●

●

●

●●

●
●

●●

●●
●●

●●

●
●

●
●

●●

●
●

●
●

●
●

●

●

●
●

●●

●
●

●●

●●

●●

●●●
●

●

●

●●

●
●

●●

●●
●

●

●

●

●

●

●
●

●

●

●●●
●

●●

●●

●
●●

●

●
●

●

●

●●

●
●
●●

●
●

●●
●●

●
●

●
●

● ●

● ●

●●

●●

●●

●
●

●

●

●●

●●

●●

●
●

●●●
●

●●
●
●

●
●

●●

●

●

●●
●

●●●

●
●

●●

●
●

●●

●
●

●●

●●

●●

●
●●

●
●●

●
●

●●

●

●
●
●

●
●●

●

●
●

●
●

●●

●●

●●

●●

●
●

●●●
●

●
●

●●

●

●

●
●

●

●

●●

●
●

●●●●

●

●

●●

●●

●●

●
●●

●
●●

●
●

●

●

●●

●
●

●●

●●

●
●

●
●

●●●●

●
●

●●

●●

●●
●
●

●
●
●
●

●●●●

●●
●

●
●
●

●●
●●

●
●

●

●

●●

●●
●●

●
●

●
●

● ●

●● ●●

●
●

●●

●●

●

●

●
●

●

●

●
●

●

●

●●

●

●●

●

●
●

●
●

●
●

●●
●●

●●

●

●

●●●●

●
●

●
●

●●

●

●

●
●

●
●

●
●

●
●

●●

●●

●●
●

●
●●

●
● ●●

●

●

●
●

●●

●●

●
●

●●

●
●

●

●
●
●

●●
●

●

●●

●

●

●●

●
●

●●

●●

●

●

●

●

●●

●●

●
●

●

●

●●

● ●

● ●

●

●

●

●

●
●

●●

●
●

●●

●●

●●

●

●

●

●●●

●
●

●
●

●

●

●●
●●

●

●

●●

●
●

●

●
●●

●●

●●

●

●

●●

●●

●
●

●●
●●●

●

●
●

●●●●

●
●

●
●

●●

●

●

●●

●
●

●●

●
●

●●

●●

●
●

●
●

●●

●
●

●●●
●

●●

●

●

●
●

●●

●

●

●●

●●
●
●

●
●●

●
● ●

●●

●●

●
●

●
●

●

●

●●

●
●●

●

●

●

●
●

●

●

●●
●●

●
●

●●

●
●

●
●

●

●

●

●

●●

●
●
●●●●

●

●

●●●●

●

●

●
●

●●

●●●
●

●●

●
●●
●

●
●

●
●

●●

●
●

●
●

●
●

●●

●
●

●●

●●
●●

●
●

●

●

●

●

●
●

●

●

●●

●
●

●●

●●

●
●

●

●

●
●

●
●

●
●

●●

●●

●●

●

●

●
●

●
●

●

●
●●●

●

●●

●●●
●

●●

●

●

●
●

●
●

●●

●●

●
●

●●
●●

●
●●●

●●
●

●

●
●

●●

●●

●

●

●
●

●●

●
●

●

●
●●

0.0

0.1

0.2

0.3

0.0 0.1 0.2 0.3

Transitive ties

●●●●

●
●

●
●

●●

●●
●●●●

●
●

●●

●●

●●

●
●

●●

●●

●●
●●

●
●●

●

●
●

●● ●

●

●
●

●●
●

●

●●

●
●

●●

●●

●●

●
●

●●

●●●●●
●

●●

●
●

●

●

●●

●●
●

● ●●
●●

●●

●●

●

●

●

●
●●

●● ●
●

●

●

●
●

●

●

●●●●

●●

●●

●●

●●
●●

●●

●
●

●●

●●
●●●●

●●

●
●

●
●

●●●
●

●
●
●●

●
●

●●

●
●

●●

●
●

●
●

●
●

●●

●●
●●●●

●●
●●

● ●
●

●

●●

●●
●●

●●

●●

●
●

●● ●●

●●
●●

●●

●●●●

●●

●
●

●
●

●●●●

●
●

●
●

●●

●●●●

●●

●
●

●●

●●

●
●

●●

●
●

●

●

●●
●●

●●

●
●

●●

●●

●●

●●

●

●

●
●

●
●

●●

●
●●●

●●
●●●●
●●

●●

●
●

●●
●
●

●
●

●● ●●

●●

●●

●●

●●

●●

●●

●
●

●●

●●

●●
●●

●
●

●●
●●

●●

●●
●●

●
●

●

●

●

●

●●

●●
●
●●●

●●
●
●
●

●

●
●
●
● ●●●

●

●●

●●●
●
●●

●●

●●

●●

●●

●●

●
●

●●●●

●

●

●
●

●●

●

●

●●

●●
●●

●
●

●●
●●

●
●

●●
●●

●●

●●

●

●

●
●

●

●

●●
●●
●●

●●

●●
●
●

●●

●
●

●●

●●
●●

●●

●●

●●

●
●

●●

●●

●●

●
●

●●

●
●

●
●

●●●●
●
●

●●
●●

●●
●●

●●

●●

●

●

●●
●
●

●●●●●●
●●

●●

●●

●●

●●

●●

●●

●
●

●●

●●●
●

●

●

●●

●●●●

●●

●●

●●

●

●

●●

●
●

●●
●
●

●●

●●

●●
●●
●●

●
●

●
●

●
●●● ●●●●

●
●

●●

●
●●●

●
●

●●

●●

●●

●●

●●

●●

●●
●
●

●
●●

●

●

●●
●

●

●

●
●

●
●

●●

●●●●

●
●

●●

●
●

●●

●

●

●
●

●●

●
●

●●

●

●●
●

●
●

●●

●
●

●●

●●

●●
●●

●
● ●

●

●● ●
●

●●
●

●
●

●

●●

●●
●●●

●

●●
●●●●

●●

●
●

●●
●●

● ●
●●

●●
●●

●●

●● ●●

●●

●

●●
● ●●

●●

●
●

●
●

●

●

●●●
●

●
●
●
●

●●

●
●

●
●

●●

●
●
●
●

●
●

●●●●

●●

●●

●●
●●

●●

●
●

●●

●●

●

●

●●●
●

●●
●●

●●

●●

●●

●●

●●

●
●

●●

●
●
●●
●●

●●
●●

●

●●●●
●

●●

●
●●●●

●
●●●●

●

●

●
●

●●

●● ●●
●

●

●
●

●
●

●●

●●

●
●

●●
●

●

●●

●
●

●
●

●●

●

●

●

●

●● ●

●

●●

●●

●

●

●
●

●●

●●

●
●

●
●

●●

●● ●
●●●

●●
●
●

●●
●
●●

●

●●

●●

●●
●●

●●
●●●●

●●

●●

●
●

●●
●●

●●

●●

●
●

●● ●●

●●
●●

●●●●
●●

●●

●●

●
●

●●

●
●

●

●

●
●

●
●

●
●

●
●

●●

●●

●●
●●

●
●

●
●

●●●●●●

●●

●●

●

●

●
●

●● ●
●

●●

●
●

●●●●
●
●

●●
●●

●●
●
●

●
●

●●

● ●

●●

●●

●
●

●●

●
●

●●

0.0

0.2

0.4

0.6

0.8

0.0 0.2 0.4 0.6 0.8

Outdegree − popularity (sqrt)

●
●●●

●●

●
●

●●

●●

●
●

●●

●

●

●●

●●●●

●●

●●

●●

●●

●●●●
●

●
●

●

●●
●
●

●
●

●
●

●
●

●●

●●●●

●●●●

●●

●
●

●●

●●

●●
●●

●●

●

●

●
●●●

●

●

●●

●●

●●

●●

●

●

●

●

●●
●●

●
●

●●

●●

●

●

●●●●
●●●●

●●●●

●
●

●●

●●
●
●

●●
●●

●●

●
●

●●

●
●

●●●●
●
●

●●●
●

●●

●

●

●
●

●
●

●
●

●●

●●

●●

●●
●●●

●

●●

● ●

●●

●●

●●

●●
●●

●
●●

●

●●

●●

●●
●●
●
●

●●
●●

●
●

●●

●
●

●●
●●

●
●

●●●
●

●
●

●●

●●

●

●
●
●

●●
●●

●●

●●

●

●

●●

●●
●●

●
●

●●

●●

●
●
●● ●

●
●
●

●
●

●●●
●

●●

●
●●

●

●
●

●●
●
●

●
●●●
●

●
●
●

●●

●●

●●

●●
●●
●
●●●

●●

●
●

●●

●●
●●

●●

●●

●●●●

●
●

●●

●●

●
●

●●

●●
●●

●●

●
●

●●

●

●

●
●

●

●

●●

●
●

●●

●
●

●●

●● ●
●

●
●

●●

●
●

●●

●●

●
●

●●

●●

●●

●
●

●●

●●

●
●

●●
●●

●●●
●

●
●●●

●●

●●●●●●

●●
●
●

●
●

●

●

●●

●
●

●●

●
●

●
●

●
●

●●

●●

●
●

●●
●●

●●

●●
●●

●
●

●●
●●

●●

●
●

●●

●

●

●●

●●

●●

●●
●●

●●

●
●

●
●

●●

●●

●●

●
●

●●
●●

●●

●
●

●
●

●
●

●●

●
●

●●

●●

●●
●●

●
●

●●●●

●

●

●●

●●●●

●●

●●

●●

●

●

●●

●●

●●
●●

●●
●●●●

●●

●●

●●
●
●●
●

●●●●

●●

●●●●

●
●

●●

●●

●●
●●

●●
●●

●●

●●
●●

●
●

●

●

●

●

●

●
●
●
●
●

●
●

●
●

●
●

●●

●●

●●

●●

●●

●●

●

●

●●

●●

●

●

●●

●
●

●

●

●

●

●●

●
●

●●
●●

●●
●●

●

● ●

●
●
●

●
●

●
●

●●

●●

●●

●●

●●●●

●●
●●

●●

●
●

●
●

●●●● ●
●

●●

●●

●

●

●
●

●●

●●

●●

●
●

●
● ●●

●●●
●

●

●

●
●

●●

●●
●●●●●●●●

●●

●●

●

●

●
●

●
●

●●

●●

●

●

●
●●●

●●
●●

●
●●●

●●

●

●

●●

●●●●

●●
●●

●
●

●●

●
●

●●

●
●

●
●

●
●

●●

●●

●●

●
●

●

●

●●

●
●

●●

●●

●●
●
●●

●
●●

●
●●●
●●

●●

●●

●● ●●
●

●

●●

●●
●
●●●

●
●

●●

●

●

●
●

●●

●

●

●

●

●
●

●

●●●

●● ●

●

●
●

●●

●●●

●

●
●

●●

●●
●●

●●

●●

●●

●
●

●
●

●●

●●

●
●

●●
●
●

●
●

●●

●●
●
●

●●

●

●

●●

●●
●●

●●

●●

●
●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●

●

●

● ●●

●
●

●●

●
●●●

●●

●●

●●
●
●●

●

●●●●

●
●
●●

●●

●

●

●●
●●●●

●●

●
●

●
●

●●
●
●

●●

●
●●●

●

●

●●

●
●

●
●

●●

●●
●●
●●

●
●

●●

0.0

0.2

0.4

0.6

0.0 0.2 0.4 0.6

Covariate − alter

●●

●●●●

●
●

●●

●●

●
●

●●

●

●

●●●
●

●●

●
●

●●●

●

●●

●●

●●

●

●

●

●●
●

●

●

●

●

●

●

●
●

●●

●●

●●

●

●●●

●
●

●
●

●●

●●

●●●●
●● ●

● ●
●

● ●

●

●

●
●

●●

●●
●●

●●

●

●

●
●

●●

●●

●●

●●
●

●

●●
●●

●
●

●●

●●

●●

●

●

●●

●●
●●

●

●
●●

●
●

●●

●●

●●

●●

●●

●

●

●
●

●

●

●●

●

●
●

●
●

●

●●

●●●●
●
●●

●

●●

●
●

●●

●●

●●

●●

●●

●●
●●

●

●

●

●

●
●

●

●

●●

●●

●

●

●●

●●

●
●

●
●

●
●

●●

●●

●

●

●
●

●

●

●●

●
●

●●

●

●

●
●

●
●

●●

●
●

●
●

●

●

●●
●●

●

●

●●

●
●

●●

●
●●
● ●

●

●
●

●●

●●●
●

●
●

●

●

●●

●

●

●●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●●

●
●●●
●●

●
●

●●

●
●●●

●
●

●
●

●
●

●

●

●
●

●
●

●●

●●

●●

●

●

●

●

●

●

●●

●●

●
●

●●

●

●

●

●

●

●

●●

●

● ●●

●
●

●●

●●

●

●

●

●

●
●

●

●

● ●

●●
●●

●
●

●
●

●●

●
●●

●

●●

●

●

●
●

●●

●●

●●

●●

●●
●●

●●

●
●

●●

●●

●

●

●●

●

●

●●

●

●

●●

●●

●
●

●●●●

●●

●●

●●

●●

●●

●●

●●

●

●
●●

●●

●●

●
●

●●

●

●

●
●

●
●

●●

●
●

●●

●
●

●
●

●●

●
●

●●

●●

●
●
●

●●
●

●●

●●
●
●

●
●

●●

●

●

●●

●●

●
●

●
●

●

●

●●
●
●

●

● ●
●

●●

●
●

●
●

●●

●●●●

●●

●
●

●
●

●
●

●
●

●
●

●●
●●

●●

●

●
●●

●

●

●●●●●
●

●
●

●●

●●
●●

●●

●
●

●
●

●
●

●●

●●

●●

●●

●
●

●

●

●
●

●

●
●
●

●

●
●●●

●

●●

●●●●

●
●

●
●●●

●●

●

●

●
●

●
●

●
●

●
●

●●
●

●

● ●

●
●

●
●

●●●●

●
●

● ●●

●

●
●

●
●

●

●

●

●

●●

●●●
●●●●
●
●
●

●
●

●●
●●

●
●

●
●

●●

●● ●●

●●

●●

●

●

●

●

●●

●●

●●
●
●

●

●
●●●●●

●

●

●

●

●

●●

●
●

●
●

●●
●●

●●

●

●

●●

●

●

●●

●
●

●
●

●●

●

●

●

●●●
●●●

●
●
●

●

●

●
●

●

●

●
●

●
●

●●

●●

●●

●●

●●●●

●●

●
●

●

●
●

●

●●

●●
●●

● ●●
●

●
●

●
●

●●●●

●

●

●●
●

●
●●

●

●●
●

●
●●● ●●●●●●

●

●

●
●

●●
●
●

●
●

●●

●
●

●

●

●
●

●
●

●

●

●

●

●●

●

●●●
●●

●

●

●●

●
●

●
●

●

●

●
●

●●

●●

●●

●
●

●
●

●●

●●
●

●

●●

●●

●●

●
● ●

●

●●

●●

●●

●
●

●●

●

●
●
●

●
●

●●

●●

●
●

●●

●●

●
●

●
●

●
●

●●
●

●

●●
●
●

●●

●●

●

●

●

●

●
●

●●

●
●

●
●

●●

●●

●●
●

●

●

●

●

●

●
●●●

●
●

●●

●●

●

●●●

●
●

●●

●●
●

●●●

●●
●●

●●

●

●●
●

●

●

●●●
●

●●
●●

●●●●

●

●●
●

●●

0.0

0.1

0.2

0.3

0.0 0.1 0.2 0.3

Covariate − ego

●●

●●
●●

●●

●
●

●●

●
●

●● ●

●

●●●
●

●●

●●

●●
●

●

●●

●
●

●●

●

●

●

●

●●

●

●

●

●
●
●

●

●

●●

●●
●●

●
●

●●

●●

●

●

●●
●●

●
●

●●
●●

●

●●●

●●
●

●

●
●

●●

●
●

●●

●
●

●

●

●
●

●●

●
●

●●

●●
●

●

●●

●●
●
●

●●

●
●●●

●
●

●
●

●●

●●

●
●

●●

●
●

●
●

●●

●●

●●

●

●

●

●
●●

●

●

●●

●
●

●

●

●
●

●
●

●●

●
●●●●●●●

●●
●●

●●●●
●●

●●

●●

●
●

●
●

●

●

●●

●
●

●
●

●●●

●

●
●

●
●

●
●

●
●

●
●

●●

●● ●

●

●●

●

●

●●

●
●

●
●

●

●●
●

●
●

●●

●
●

●
●

●
●

●●

●●

●●

●●

●
● ●●

●●●
●

●

●
●

●

●●
●●●
●

●●

●
●

●●

●

●

●●
●
●

●
●

●
●

●
●

●
●

●
●

●●

●●

●●

●●●
● ●

●

●●

●
●

●
●

●
●

●●

●●

●
●

●
●

●
●

●●●
●

●●

●
●

●
●

●●

●●

●
●

●

●

●
●

●

●

●

●

●

●

●●

●
●●●

●
●

●●

●●

●
●

●

●

●
●

●
●

●●
●●●●

●●●
●

●
●

●●
●
●

●●

●
●

●

●●●

●
●
●●

●
●

●●

●●

●●

●

●

●●

●●

●

●

●●

●

●

●
●

●
●

●●

●
●

●
●

●●
●
●
●●

●●
●
●

●
●

●
●

●●

●●

●●

●
●

●●
●●

●

●

●
●

●
●

●
●

●
●●

●
●
●

●●●
●

●
●

●
●

●●

●●

●
●

●
●

●●
●●

●●

●●

●
●

●

●

●●

●
●

●●

●●

●●
●

●

●

●

●●

●●

●

● ●●

●●

●●

●●

●●

●●
●●

●●

●
●

●
●

●●

●
●

●●

●
●

●
●

●●

●

●●●

●

●

●
●

●●
●
●

●
●

●
●

●●

●●

●●

●
●

●
●● ●●

●

●●

●●

●●

●●

●
●

●
●

●

●
●
●●

●
●●
●

●

●●

●
●

●●

●●
●●

●
●

●●

●

●

●●
●●

●●

●●

●●●

●

●●
●●

●●●●

●●

●

●

●●
●

●

●●

●●

●

●

●

●

●●
●
●
●
●

●
●

●●
●●

●●

●●

●
●

●
●

●

●
●

●

●●

●
●

●●

●
●

●

●●

●

●

●

●●
●

● ●
●

●●
●●
●
●

●
●

●

●
●●

●●

●
●●

●

●●●●

●●

●
●

●
●

●

●

●
●

●
●

●●●●

●

●

●
●

●●

●
●

●● ●
●

●
●

●

●

●

●

●●

●
●

●
● ●

●●●

●●

●●●
●

●
●

●
●

●
●

●

●

●
●

●●
●●

●
●

●

●

●
●

●●●●

●●

●

●

●●
●

●

●
●

●
●

●●

●●

●●

●●
●●

●
●

●
●

●
●

●●

●
● ●

●

●
●

●

●●

●

●●
●
●

●

● ●

●
●●

●

●

●
●

●
●

●
●

●●

●
●

●●
●

●

●
●

●●

●●
●

●●●

●

●
●
●

●●
●

●
●●

●
●

●●

●
●

●
●

●●

●●

●
●

●

●

●●

●
●

●

●

●
●

●●

●●

●
●

●●

●
●

●●

●●

●
●

●
●
●

●

●●●
●

●●

●●

●

●

●

●

●●

●
●

●●

●

●

●
●

●●

●
●

●
●●

●

●

●

●●

●●

●● ●●

●●

●
● ●●

●
●
●●

●
●

●
●

●●

●●●●

●●

●●●
●

●

●

●●

●
●

●
●

●●

●●
●●

●●●
●

●●

0.0

0.1

0.2

0.0 0.1 0.2

Same covariate

●●
●●

●
●

●●

●●

●●

●
●

●● ●

●

●
●

●
●

●●

●●

●●●
●

●●

●●

●●●

●

●

●
●● ●

●

●●

●●

●

●

●●

●●
●●

●●●●

●●

●●
●●

●●

●●

●●
●●

●●
●●

●
●

●
●

●●

●●

●●

●●
●
●

●

●

●

●

●●
●●

●●

●●
●●

●●
●●

●●

●●
●●

●●

●
●

●●

●●

●●

●

● ●●

●●

●●

●●
●●●●

●
●

●

●
●●

●

●

●●

●

●

●
●

●
●

●●

●
●

●●
●

●
●●

●●
●●

●● ●
●

●●
●●

●●

●●

●●

●

●
●

●

●
●

●
●

●
●●●

●
●

●●

●●

●●
●● ●

●

●●

●
●

●

●

●
●

●

●

●
●●●

●●

●

●
●

●

●●
●

●

●●

●●

●

●
●

●

●●

●

●

●●

●
●

●
●

●●

●●

●

●

●● ●●

●●●
●●

●

●

●

●●

●●

●●
●

●

●
●

●●

●

●
●

●
●
●

●
●

●●●
●

●●●●
●

●

●●

●
●

●●

●●

●● ●●

●
●

●

●

●●

●●

●

●

●●

●
●

●●
●
●

●●
●●

●●

●●

●

●

●

●
●
●

●●●

●

●●

●
●

●●
●●

●
●

●● ●
●

●

●

●●
●●

●
●
●●

●●

●●

●

●

●

●

●●

● ● ●

●

●●

●●
●

●
●● ●●

●●

●●

●●

●●●●

●

●

●●
●

●

●
●

●

●

●●
●
●

●
●

●
●

●●

●●
●● ●

●
●●●●

●●

●●

●
●

●
●

●
●

●●●
●

●
●

●
●

●

●

●●

●●

●

●

●
●

●
●

●
●●

●

●●

●●●●
●

●

●●

●●

●●

●●

●
●

●
●

●●

●●
●●

●●

●●
●
●

●

●
●●

●

●

●

●
●●

●●

●

●●●

●●
●●

●
●

●
●

●
●

●●

●●

●
●

●
●

●●
●
●

●●

●

●●●

●●
●●

●●●●●
●

●

●

●
●

●●

●●

●
●

●
●

●●

●●

●●

●
●

●●●

●
●

●

●
●

●

● ●●●

●

●●

●
● ●●

●●●
●

●
●●●

●

●

●●

●

●

●●
●●

●
●●

●

●●

●

●

●
●

●
●

●●●●
●●

●
●

●●

●

●

●●

●

●

●●

●
●

●●●●

●●

●
●

●●

●

●
●●

●
●

●●

●●

●
●

●

●

●●●●

● ●

●
●

●

●

●
●

●●●●
●●

●
●

●●

●●
●
●

●●

●

●

●

●

●●

●
●●●

●
●

●●

●●
●
●●●

●

●

●●

●
●

●●●●

●

●

●

●
●●

●●

●
●

●●

●

●

●

●

●

●

●●
●
●

●●
●●
●●

●
●

●●

●
●

●●

●
●

●●

●

●

●
●

●●

●●

●

●

●
● ●●

●●

●●
●
●

●
●

●●

●
●

●●

●

●●●

●●

●●

●●
●
●

●
●

●●

●● ●●

●●
●
●

●●

●●

●

●

●●

●●

●

● ●

●
●●

●

●

●●
●●

●
●

●●

●

●

●●

●
●

●
●

●●

●●
●●

●

●
●●

●●●●

●

●●●

●●

●●

●●

●
●

●●

●●
●●

●
●

●●

●

●

●●

●●

●●

●●

●
●

●●

●
●

●●

●●
●
●

●●
●●

●●●
●

●●

●
●●

●

●

●

●●

●
●

●●

●●●●

●●

●●
●
●●●

●

●

●●

●●

●
●

●●

●●
●●

●●
●●

●●

●
●

●

●

●●
●
●

●●

●●

●
●

●●

●●

●● ●●●
●

●
●

●●●●

●
●

●
●

●●

0

1

2

3

0 1 2 3

Behaviour similarity

●
●

●
●

●

●

●

●

●
●

●
●

●●

●●

●
●

●●

●●

●●

●●
●●

●●

●
●

●●

●

●

●
●

●
●

●●

●
●

●

●

●●

●

●

●

●

●●●

●
●●●●

●●

●
●●
●

●●

●●

●●

●

●

●

●

●●

●
●

●
●

●●

●●

●
●

●●

●
●

●
●

●
●

●●

●●

●

●●
●

●
●

●

●

●
●

●
●

●●

●
●

●●

●●

●●

●●

●

●

●

●

●●

●

●

●

●

●
●

●

●

●●

●
●●

●

●●

●

●

●●

●

●

●

●

●●

●

●

●●

●
●

●●

●
●●●

●

●

●●

●
●

●

●

●
●

●
●

●●

●
●

●

●

●
●

●
●●

●

●
●

●●

●

●

●
●

●●
●
●

●●
●●

●
●

●
●

●●

●
●

●

●

●

●

●

●

●●
●

●

●●

●
●

●●

●●

●

●

●●
●
●

●
●

●●

●●

●●

●●

●

●

●●

●

●

●●
●
●

●●

●●

●
●

●
●

●
●

●
●
●

●

●
●

●●

●
●

●

●

●

●

●●

●

●

●●

●
●

●●

●●

●
●

●

●

●
●

●●

●

●

●
●

●

●

●●

●

●

●
●

●
●

●
● ●●

●

●

●●

●
●

●●

●
●

●

●

●
●
●
●

●
●

●
●

●●

●
●

●
●

●

●

●●
●●

●●

●●
●●

●
●

●
●

●
●

●●

●●

●●

●

●

●●

●●

●
●

●●

●

●
●

●

●●

●

●

●●

●
●

●
●

●●

●●

●●

●
●

●
●

●●

●
●

●

●

●

●

●●
●
●

●
●

●
●

●●

●
●

●●

●●

●●

●●

●
●

●

●

●

●

●●

●

●

●
●

●●

●

●

●●

●●

●●

●
●

●
●

●
●

●●

●
●

●
●

●●

●●

●
●

●
●

●
●

●
●

●●

●

●

●

●

●●
●
●

●●

●
●

●●

●●
●
●

●

●

●●

●●

●
●

●
● ●
●

●

●

●●

●
●
●●

●
●

●
●

●●

●●

●
●

●
●

●●

●●

●●
●
●

●
●

●●
●
●

●●

●●

●

●
●
●

●●●

●

●●

●
●

●

●

●
●

●●

●●

●

●

●●
●●

●

●

●

●

●●

●
●

●●

●
●

●●

●

●

●
●

●●

●

●

●●

●●
●

●

●
●

●

●

●
●

●
●

●
●

●
●

●

● ●
●

●

●

●
●

●●
●●

●●
●
●

●●

●●

●●

●
●

●

●

●

●

●

●●
●

●●

●●

●●

●

●

●

●

●
●

●●

●

●

●

●

●
●

●
●●●

●●

●

●

●●

●●

●

●

●●

●●●●

●
●
●●●●

●
●

●

●

●

●

●

●

●
●

●●

●●

●●
●
●

●
●

●
●

●

●

●●

●
●

●●●

●

●
●

●
●

●
●

●●

●

●

●●●●
●●

●●

●●

●●

●●

●●

●
●

●
●

●●

●●

●

●

●●

●●

●● ●●

●
●

●
●

●
●

●

●●●

●●

●
●

●
●

●
●

●●

●● ●●

●
●

●●●
●

●

●

●
●

●
●

●●

●●

●●

●

●

●●

●
●

●
●

●●
●●

●
●

●
●

●

●
●
●

●

●
●

●

●●

●

●●●●
●

●
●

●●

●●

●●

●●

●●

●
●

●

●

●
●

●

●

●●
●●

●
●

●
●

●●

●●

●●

●
●

●

●

●
●

●

●

●●

●
●

●●

●●

●
●●●●

●

●
●

●●●●

●●
●●

●●
●
●

●●

●
●

●

●

●
●

●●

●●

●
●

●
●

●
●

●●

●

●

●

●

●●

●
●

●●

●●

●
●

●●

●
●

●●
●●

●

●

●●

●●

●
●

●

●

●
●

●

●

●●

●

●

●

●

●●
●●●●

●●

●●

●●

●●

●
●

●●

●

●

●●

●
●

0.00

0.25

0.50

0.75

0.00 0.25 0.50 0.75

Behaviour rate (period 1)

●
●

●●
●●●

●

●
●

●
●

●●

●●

●●

●

●

●

●

●●

●●

●●

●
●

●
●

●●

●

●

●
●

●
●
●
●

●

●

●
●

●

●

●●●●
●●

●●

●●

●●

●●

●●

●
●

●●
●
●

●●

●●

●
●

●●

●●

●●

●
●

●

●

●●

●●
●●

●
●

●
●

●
●

●

●

●

●●●●
●

●●

●●

●

●

●●
●●

● ●

●●

●
●

●
●

●●
●●●●●●

●●

●●

●

●

●●
●

●

●●

●●

●●
●●

●

●●

●

●
●

●

●

●

●

●●

●

●

●●●●

●
●

●●●
●

●●

●

●

●●
●

●●●

●

●

●●

●
●

●●
●

●

●●

●

●

●●

●

●●
●

●

●

●●●
●

●●

●
●

●

●

●
●

●

●●●
●●

●

●

●
●

●●

●

●

●
●

●●

●

●
●

●

●●

●●
●
●

●●

●●

●
●

●●

●●

●

●
●
●

●●

●

●

●

●

●
●

●●

●
●

●
●

●

●

●●

●●

●●

●

●

●●

●●
●●

●●●
●●●

●●●●

●●

●
●●

●
●●

●

●

●
●

●●●
●

●
●

●
● ●

●

●
●

●●

●
●

●●

●●
●●

●
●

●●
●●●●●●

●

●

●

●

●●●●

●
●

●●●●

●●

●
● ●●

●●
●
● ●●

●●

●●●
●

●
●

●●
●
●●
●

●●

●●
●

●

●●

●

●

●●
●●

●●

●●

●
●

●

●
●●●●

●

●

●
●

●●

●●

●●

●●

●●

●

●

●●

●●

●●

●●

●
●

●●

●●
●

●

●

●

●●

●●

●

●

●●

●●

●●

●

●

●
●

●●

●

●

●●
●
●
●●●●●●●●

●●
●●

●●

●

●

●●

●

●

●●

●

●

●
●

●●

●
●

●

●

●
●●●

●●

●

●

●●

●●

●●

●●
●●

●

●

●
●

●●

●
●

●●

●●
●●

●

●

●●●
●●●

●
●

●●●●

●●
●●

●●
●●

●

●

●

●

● ●

●●

●●

●●

●●●●

●
●

●

●

●
●

●

●

●●
●●

●
●

●
●

●

●

●
●

●●

●
●

●●

●
● ●●

●●

●●

●●
●

● ●
●

●

●

●
●

●
●

●●

●

●

●●
●● ●●

●●

●● ●

●●
●

●
●

●●
●
●●●

●
●

●
●

●

●

●
●
●●

●● ●●
●

●

●●

●
●

●
●

●
● ●

●

●

●

●
●

●
●

●

●

●
●

●

●

●●

●

●

●
●

●●

●●

●
●

●●

●●

●●

●

●

●●●●

●

●

●
●

●
●

●●

●
●

●
●

●
●

●●
●●

●●

●
●

●

●

●●

●●

●

●

●

●

●
●

●●
●●

●

●

●●
●●●●

●
●

●●

●

●

●●

●
●

●
●

●

●

●●

●
●

●●

●

●

●

●

●●

●

●
●
●●●●●

●
●

●●

●
●●●

●●●●●●
●●

●
●

●
●

●
●

●

●

●

●

●●

●●

●
●

●
●

●
●●●

●

●

●
●

●●

●

●
●

●

●

●

●

●

●●

●●

●
●

●●

●●

●●
●●

●
●

●●

●

●

●●

●

●

●●

●●●
●

●
●●●●●

●●

●●

●
●

●●

●

●

●
●

●

●

●●

●
●

●
●

●●

●
●

●●

●

●

●●

●●

●
●

●●
●
●

●
●●

●

●
●

●

●

●

●

●●
●●

●

●

●
●

●●

●●

●●
●●

●

●

●
●

●
●

●

●

●

●

●●

●

●

●●

●●
●
●

●
●

●●●●
●●

●●●
●

●
●

●●
●●

●●

●●

●

●

●
●

●
●

●
●

●●

●

●

●●

●●

●
●

●●

●●

0

1

2

3

4

0 1 2 3 4

Behavioural rate (period 2)

●
●

●●

●●

●●●●●●

●●

●●

●●

●●
●
●●●●●●●
●●

●

●

●
●●

●
●
●●

●

●●
●●●

●

●●
●●

●
●

●●

●

●

●●●●

●●
●●●
● ●●●●
●●●●

●

●

●●●●●●

●

●

●●

●

●

●●●●

●●

●
●

●●●●

●●

●
●

●
●

●
●

●●

●●●●

●●●●●●

●●

●
●

●
●

●
●

●●
●●

●●

●●●●

●●

● ●

●

●
●

●

●
●

●●

●

●

●●

●● ●

●

●●

●
●

●

●

●●

●

●

●
●

●●

●
●

●●
●●

●●

●●●●
●●

●●

●●

●●

●

●

●●

●●

●●

●●

● ●

●●

●
●

●
●

● ●

●●

●
●●

●

●

●

●●

●●

●
●

●●

●
●

●●

●●

●
● ●●

●

●

●●

●

●

●●

●

●

●●

●

●

●●

●

●

●●
●●

●
●

●

●

●
●

●

●

●●

●●

●●
●
●

●●

●●

●●

●●

●

●

●●

●●
●●●

●

●●
●
●

●●
●●
●●

●●
●●

●●●●

●●
●●

●
●

●
●

●●

●
●

●●●●
●●●●●
●

●●●
●

●
●

●●
●●
●

●

●

●

●
●
●●

●
●

●●
●●
●●●
●

●●

●
●
●●

●●

●●●●
●
●●
●

●●

●●

●
●

●●

●●

●●
●●

●●

●●

●●

●
●

●●

●●

● ●

●●

●

●

●●
●●●●●●
●
●

●●

●●

●●
●●●
●●●

●
●

●
●

●●

●
●

●●

●●●
●

●

●

●●

●

●

●●

●●
●
●
●
●

●
●

●●

●

●

●
●
●●

●●

●
●

●
●

●●

●
●

●●

●●

●●
●●

●●

●

●

●●●●

●●

●●●
●

●

●

●●

●

●

●●

●●
●
●

●●

●●

●
●

●●

●●

●

●

●●

●●
●

●

●

●

●●

●
●

●●

● ●

●
●

●
●

●
●●●

●●

●

●

●●

●
●

●●
●●

●●

●●
●●

●●

●●

●●

●
●

●
●

●●

●●

●

●●
●

●●

●●

●
●

●●

●
●

●●

●

●

●●

●

●

●●

●●

●
●
●●

●
●
●

● ●●

●● ●

●

●

●

●●●●

●●

●●

●

●

●
●

●●●●

● ●●

●

●●●●●●

●
●

●●●●

●●
●

●●●
●●

●●

●
●

●●

●
●●●

●
● ●

●

●●

●
●

●●●●

●●

●

●

●●

●●●●●
●
●●

●●

●

●

●●
●●

●●●●

●
●●●●●

●●

●●

●●

●

●

●●

●

●

●● ●
●

●

●

●●

●

●

●●

●●
●●

●

●

●●
●●

●●

●

●

●●

●

●
●

●

●●
●●

●●

●

●

●

●

●●

●

●

●●

●
●

●●
●●

●●

●●

●
●

●●
●●

●

●

●●
●●●

●●
●

●
●
●●

●●

●●

●●

●●
●●

●

●

●●

●●

●

●

●●

●

●
●
●

●●

●

●

●●
●●●●
●●

●
●

●●

●●

●●

●●

●
●

●●

●

●

●●

●

●

●●

●

●

●●●●●
●

●
●

●●

●●
●●

●

●

●●
●●
●
●

●
●

●
●

●

●

●●

●
●

●●

●●
●●

●●

●●
●●

●●

●●
●●

●

●

●●

●●

●●

●

●

●●
●●

●●

●

●

●●
●●

●

●●●●
● ●

●

●●

●
●

●●

●●

●●

●●

●●
●
●

●

●

●
●●●

●
●

●●
●
●
●
●

●●●●

●

●
●

●

●●
●●

●●
●●

●
●

●●

●●

0.0

2.5

5.0

7.5

0.0 2.5 5.0 7.5

Behavioural rate (period 3)

●

●

●

●

●

●

●

●

●
●●●

●●

●●

●●

●
●●●

●
●●●

●●

●●

●
●

●
●

●●

●●

●

●

●
●

●●

●

●
●●

●
●

●
●

●●

●
●

●●

●●

●
●

●●

●●

●●
●●

●●●

●

●
●

●●

●
●●
●

●
●

●
●

●●

●●

●
●

●
●

●●

●●●●

●●

●
●

●
●●

●

●
●

●●

●
●

●

●

●●

●●

●●

●●

●
●

●●

●●
●●

●

●
●

●
●●

●●

●

●

●
●●●

●

●

●●

●

●

●
●
●●

●●
●
●

●
●

●●

●
●

●
●

●●
●●

●
●

●●●●

●●

●
●

●

●

●●

●
●

●●

●
●

●

●●
●
●●

●●

●

●

●
●

●●●●

●
●

●●

●

●

●
●

●

● ●
●

●

●

●●

●
●●●●●

●
●

●
●

●
●

●

●

●
●

●●

●●

●

●

●

●

●
●●

● ●●

●

●

●

●

●

●

●
●

●●

●● ●

●

●
●

●●

●●●
●
●●
●●

●●

●

●

●●

●
●

●●
●●

●●●●

●
●●● ●●

● ●

●

●

●

●

●
●

●●
●
●

●
●

●●

● ●

●
●

●●

●
●

●●

●
●

●●

●

●

●●

●●

●
●

●

●

●●

●
●
●●

●
●

●
●

●●

●
●

●●

●

●

●
●

●
●

●●

●
●

●
●

●●

●
●

●
●

●

●
●

●

●
●

●●

●
●

●
●

●
●

●
●

●

●

●●

●●

●●

●

●

●

●

●

●

●●

●●
●
●

●●

●●

●

●

●
●

●●

●●

●

●

●
●

●●

●●

●●

●●

●
●

●
●

●
●

●●

●●

● ● ●

●

●
●

●●●●

●●●
●

●●

●
●

●

●

●
●

●●

●●

●

●
●

●

●

●

●
●

●●

●
●

●
●

●●

●
●

●

●

●

●

●
●

●
●

●

●

●●

●●

●

●

●

●

●

●

●●

●
●

●●

●●

●
●

●●

●

●

●
●

●●

●●
●●

●●

●●

●

●

●
●

●
●

●●

●

●

●
● ●●●●

●
●

●●

●
●

●●

●●

●●

●●

●●

●●

●
●

●●
●●

●
●

●●

●●

●●

●

●

●

●
●

●

●●

●●

●
●

●
●

●
●

●●
●●

●●

●
●
●●

●●

●
●
●
●

●●

●
●

●

●

●

●

●
●

●●

●
●

●
●

●
●

●● ●●

●●
●

●
●

●

●●

●
●●

●

●●

●

●

●
●

●●

●

●

●
●

●
●

●●

●●

●●

●
● ●●

●
●

●●●

●

●
●

●●

●
●

●
●

●

●

●
●

●
●

●
●

●

●

●

●●●

●
●

●

●

●●

●●
●
●●
●

●●●●

●●

●●

●●

●
●

●
●

●
●

●
●

●
●

●

●●●

●
●

●●

●●

●●●●

●●

●

●

●●

●
●

● ●

●●

●
●

●●

●
●

●●

●●

●
●

●

●

●●

●

●

●
●

●●

●●

●●
●● ●●●●●●

●

●

●
●

●●

●
●

●●

●

●
●●

●●

●
●

●●

●
● ●

●●
●

●●
●●●●

●●

●●

●●

●

●

●
●

●●

●●

●
●

●

●

●●

●●

●
●

●●

●●

●●

●

●

●

●

●

●
●

●

●●

●
●

●●

●●

●
●

●
●

●
●

●●

●
●

●●

●●

●●

●●

●
●

●●

●●

●
●

●
●

●●

●●

●●

●●●●

●●●
●

●●

●
●

●●

●●

●
●

●

●

●●●●

●

●

●
●●

●

●

●

●
●

●
●●

●

●

●
●
● ●●

●
●

●●●●

●
●

●

●

●
●

●

●

●
●●●

●
●

●●

●

●

●●

●

●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●●
●

●

●

●

●
●

0.0

0.1

0.2

0.3

0.4

0.0 0.1 0.2 0.3 0.4

Linear shape

●
●

●
●

●

●
●

●
●●

●●

●●

●●

●●

●
●

●●

●●●●

● ●

●●

●●

●●

●●

●●
●

●

●●
●●

●

●

●●

●

●

●●

●●

●●

●●
●●●●●●

●●

●●
●

●

●●

●
●

●
●

●●●●●●

●●

●
●

●●

●●
●●

●
●

●●

●●
●●

●
●●●●

●●
●
●●

●●

●●

●
●

●●

●●

●●

●●

●
●

●●
●●

●●

●

●

●●

●●

●●

●
●

●●
●●

●

●
●●

●

●●
●●●

●
●

●●●●

●●

●
●

●●

●●

●●

●●●
●●●

●
●

●
●●

●

●●

●
●

●●

●
●

●

●

●●
●●

●●

●

●

●●

●●●●

●●

●●

●

●

●●

●
●
●

●

●

●

●●●●●●

●●

●
●

●
●

●
●

●
●

●●
●●

●●

●

●
●●

●●

●●

●
●

●

●

●●

●●

●
●

●
●

●●

●
●

●
●

●
●●●
●●

●●
●●
●
●

●
●●●

●●

●
●●

●

●
●

●●

●
●

●●
●●

●
●

●

●

●

●

●
●

●●●
●

●

●

●●

●●

●
●

●●

●
●

●●

●●
●●

●

●

●●

●●

●
●

●

● ●●

●
●

●
●

●

●

●
●

●●

●
●

●
●

●

●

●●

●●

●●

●●

●●●●
●●

●
●

●

●

●●

●

●

●●

●●

●
●

●
●

●
●●●

●●

●●

●●

●●

●●

●
●
●

●

●●

●
●

●

●

●●

●
●

●
●●●

●
●

●

●

●
● ●●

●●

●●

●●

●
●

●

●

●
●

●●

●●

●●
●

●

●●

●●

●●

●
● ●

●

●●
●
●

●
●

●
●

●●●●
●

●

●
●

●

●

●●

●●
●
●●●

●●

●●

●
●

●●

●
●

●●
●
●

●●

●●

●

●

●

●

●
●

●●

●
●

●●

●●

●●

●●

●

●

●
●

●●

●●

●●

●●

●●

●

●

●●

●
●

●●

●

●

●●●●
●●

●

●

●
●
●

●

●●

●●
●●

●
●

●
●
●

●

●
●

●●

●●

●●

●●

●
●

●
●

●

●
●

●

●

●

●●
●
●

●●

●
●

●●

●●

●

●

●●

●●

●●

●●

●●

●
●●●●●

●●

●●

●●

●●

●●●
●

●●
●●

●●

●●

●●

●

●

●●

●
●

●
●

●
●

●

●

●
● ●●

●●

●●

●●

●
●

●●

●●

●
●

●●

●●●●

●

●

●
●

●●

●
●

●●
●
●

●
●

●

●

●●

●

●

●

●
●●

●●
●

●

●●●●
●●
●●

●
●●●

●●

●●

●●●●

●

●
●●

●
●
●
●

●
●

●
●

●●

●●

●●

●●

●
●

●●●

●

●●

●
●

●●

●●

●●

●●

●●

●●

●●

●●

●
●

●●

●●

●
●●●

●
●

●●
●●●●
●

●
●● ●
●●●

●●

●●●
● ●

●

●
●

●
●

●●

●
●

●●

●

●

●●
●●●●

●●

●●

●●

●●

●

●

●●

●●

●●

●●

●

●

●
●●●

●●

●●

●●

●●

●

●

●
●●
●●
●

●●

●●

●
●●● ●

●
●
●

●
●

●●

●
●

●●

●●

●●

●
●
●

●

●
●

●●

●●

●●
●●

●●

●●●●●●

●●

●●

●●

●●
●
●

●●

●
●

●
●

●●

●●●●●●●
●

●

●

●●

●●

●
●

●

●

●
●●

●

●●

●●

●●
●●

●

●

●●●

●
●

●

●

●
●
●

●●

●
●●●

●

●

●
●

●
●

●●

●
●

●

●

●●

●
●

●●
●

●

●
●

●
●

0.0

0.1

0.2

0.3

0.0 0.1 0.2 0.3

Quadratic shape

●

●

●

●

●

●

●

●

●●

●●

●● ●●

●
●

●
●

●●

●●

●●

●●

●●

●●

●●

●●

●●

●

●

●●

●

●

●

●

●●

●
●

●
●

●●

●●

●●

●●

●
●

●●
●●

●●
●
●

●●
●

●

●●
●●
●●

●●

●
●

●
●

●●

●●
●

●

●
●

●●

●
●

●●

●●

●
●

●●

●

●

●●

●
●

●

●●

●

●●

●●

●●

●●

●●

●●

●●

●●

●

●

●●

●
●

●●

●
●

●
●

●●

●

●

●●

●

●

●

●

●●

●

●

●

●

●
●

●●

●

●

●●

●●

●
●

●
●

●
●

●●

●
●

●
●

●

●

●
●

●●

●●

●
●

●
●

●●
●●

●●

●

●

●●

●●
●●

●
●

●●
●
●

●●
●

● ●●

●

●

●●

●

●
●●●● ●●●
●

●

●

●

●

●

●

●●

●●

●

●

●●

●●

●

●

●●●

●

●

●

●●

●
●

●

●

●
●

●●

●
●

●

●

●●

●●

●
●

●●●●

●
● ●●

●
●

●
●

●
● ●●

●●

●● ●● ●●

●●

●

●
●

●●
●

●●

●

●

●
●

●●

●●

●
●

●●

●●

●●
●●

●●

●

●

●●

●
●

●
●

●
●

●●

●

●

●
●

●

●

●
●

● ●

●●

●● ●

●

●

●

●●

●
●

●
●

●
●

●●

●●

●

●

●

●

●
●

●

●

●●

●
●

●
●

●
●

●

●

●

●

●●

●●

●●

●
●

●●

●
●

●
●

●
●

●
●

●
●

●●

●

●
●
●

●●
●
●

●

●

●
●

●
●

●●

●

●

●
●

●
●

●

● ●

●

●●

●●

●
●

●

●

●●

●
●

●●

●
●●● ●●●

●

●

●

●
●

●
●

●● ●

●

●●

●

● ●●

●●

●

●
●●

●●

●●

●
●

●

●

●

●

●
●

●
●

●
●

●
●

●

●

●

●

●

●

●●

●
●

●●

●●

●●
●●

●

●

●
●

●●

●●

●
●●●

●
●

●

●

●
●

●
●

●●

●

●

●●
●●●●

●

●

●●

●
●

●
●

●●

●●

●
●

●●

●

●

●●●
●

●
●

●●
●

●

●●

●
●

●

●

●

●

●

●

●●●
●

●
●

● ●

●●

●●

●●

●●●

●
●

●

● ●

● ●

●
●●●●

●

●

●

●
●

●●

●●

●●
●
●

●●
●●

●●

●
●

●
●

●

●

●
●

●

●●

●

●●

●

●

●●
●
●

●●

●
●

●
●

●
●

●
●

●
●

●●

●
●

●

●●●

●●

●

●

●●

●

●

●
●

●

●

●
●

●●

●●

●

●

●
●

●●

●●●

●

●●
●●

●
●

●●
●●

●
●

●●

●●

●
●

●

●

●

●

●
●

●
●

●●
●

●
●●

●●

●
●

●●

●●●
●

●●

●
● ●●

●

●

● ●

●
●

●●

●●

●
●

●●

● ●

●
●

●

●

●
●

●

●

●●
●●

●
●

●●

●
●

●●

●
●

●●●●

●
●

●●
●●

●●

●

●
●● ●●

●●

●
●

●● ●

●

●
●

●●

●
● ●●

● ●

●

● ●
●

●

●

●
●

●●

●
●

●
●

●

●

●●●●

●●

●●

●●

●
●

●

● ●

●

●
●

●

●

●●

●
●

●
●

●●

●

●

●

●

●
●

●
●

●

●

●●

●

●

●●

●
●

●
●

●

●

●
●

●●

●●

●●●●

●

●
●●

●● ●●●

●

●
●

●

●
●

● ●●

●
●

●●

●●

●●

●
●

●
●

●

●

●

●

●
●

●●●
●

●

●
●

●
●●●● ●●

●●

●●

●

●

●●

●

●

●
●

●
●●

●

●
●

●
●

●●

●

●

●

●

●
●

●●

●
●

●

●

●
●

●

●

●●

●

●

●
●

●

●

0

2

4

6

0 2 4 6

Average similarity

Figure 4.
Comparison between the estimated standard errors of the parameters of the MoM (x axis) and the GMoM (y axis) for the first block in Table 2.



1
0
8
6

P
S

Y
C

H
O

M
E

T
R

IK
A

●●

●
● ●●

●●

●

●

●

●

●
●

●
●

●●

●

●

●●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●● ●

●

●

●

●

●

●

●●

●●●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●●

●●

●

●

●

●

●

●
●

●

●

●

●

●
●●

●

●

●

●

●

●

●

●
●

●
●

●● ●

●

●

●

●

●

●

●

●●

●

●

●

● ●
●

●

●

●

●

●

●

●

●●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●●

●
●

●

●

●

●

●
●

●●

●

●
●

●●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●●

●

●

●
●

●
●

●
●

●
●

●●

●●

●

●

●

●
●

●

●

●

●

● ●●

●●

●

●
●

●

●

●

●

●
●

●

●

●
●

●
●

●●●

●

●

●

●

●

●

●

●
●

●

●

●
●

●●

●
●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●●
●

●
●

●●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●
●

●

●
●

●

●
●

●

●

●●

●

●

●

●

●

●

●
●

●●

●
●

●
●

●
●

●

●

●
●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●
●

●

●

●

●●

●
●

●
●

●

●

●

●

●
●

●

●

●

● ●

●

●

●

●

●

●●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

● ●

●

●

●
●

●
●

●

●
●● ●

●

●

●

●

●

●●

●

●

●

●

●
●

●

●

●●
●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●●
●

●

●

●●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

● ●

●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●●

●

●

●

● ●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●
●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●●

●

●

●

●
●

●

●
●

●

●

●

● ●

●

●

●

●●
●

●

●

●

●
●

●
●

●

●

●

●

●

●

●
●
●

●
●

●

●

●

●

●
●●
● ●●

●

●●

●

●

●

●

●

●

●
●

●

●

●●

●
●

●●

●

●

●●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●
●

●
●

●

●

●

●
●

●● ●
●

●
●

●
●

●

●

●

●

●

●

●
●

●●

●

●

●
●●

●

●

●

●

●

●

●
●

●

●

●

●
●

●
●

●●

●

●

●
●

●

●

● ●

●
●

●
● ●

●

●●
●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●

●
●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●●

●

●

●

●

●

●●

●
●

●

●
●

●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

● ●

●

●

●●

●

●

●

●

0

1

2

3

4

0 1 2 3 4

Network rate (period 1)

●●
●●

●●
●

●

●

●

●

●

●

●

●●

●
●

●●
●

●

●
●

●
●

●

●
●
●

●

●

●●

●

●

●

●

●●

●●
●
●

●

●

●

●

●

●
●

●
●

●●

●

●

●

●●

●
●

●

●

●

●

●
●

●
●

●

●
●

●●●●

●

●

●

●

●

● ●

●●●

●

●
●

●
●

●

●

●

●
●

●
●

●
●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●
●

●●

●●

●

●

●●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●●

●●

●

●

●
●

●

●

●

●●

●

●
●

●

●

●●

●

●●

●

●

●

●●

●
●

●

●

●

●

●

●

●
●

●
●

●●

●

●

●

●

●

●
●●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●
●●

●

●

●
●

●

●

●●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●
●

●

●

●
●

●

●

●●

●

●

●●

●●●●

●

●

●

●

●
●

●
●

●

● ●
●

●

●

●

●

●

●●
●

●● ●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●●
●

●

●

●
●

●

●

●

●

●

●●

●

●
●

●

●●

●

●

●

●

●
●

●
●

●
●

●
●

●
●

●

●

●
●

●
●

●●

●●

●

●

●

●

●
●

●
●

●

●
●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●●

●
●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●
●

●●

●
●

●●

●

●

●
●

●

●

● ●

●

●

●

●

●

●
●

●

●

●
●
●

●

●●

●

●
●

●

●●

●

●

●
●

●
●

●

●

●

●●

●
●

●

●

●
●

●●

●

●

●●

●●
●
●

●

●

●●

●

●

●● ●

●

●

●

●●

●
●

●

●

●

●

●

●
●

●

●
●

●

●

●

●

●

●
●
●●

●

●

●
●

●

●

●
●

●● ●

●

●

●

●

●

●●

●

●
●

●

●

●

●
●

●
●

●●

●●

●●

●

●

●●

●●

●●

●●

●

●

●

●

●●

●

●●

●
●

●
●

●

●
●● ●

●

●

●

●●

●●

●●

●
●

●

●
●

●

●
●

●
●

●

●

●

●

●
●

●
●

●

●●

●●

●

●

●
●

●●

●●

●

●

●
●

●

●

●

●

●

●

●●

●●

●

●

●●
●

●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●

●
●

●

●●

●●

●

●

●

●

●

●
●

●

●

●

●

●
●●

●

●

●
●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●●

●●

●

●

●

●

●

●●

●

●
●

●●

●

●
●

●

●

●

●

●

●

●
●

●●

●●

●
●

●●
●

●

●

●●●

●
●

●●

●

●

●

●

●

●

●

●

●●

●

●

●●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●●

●

●

●

●●
●

●

●
●●

●

●

●
●

●

●

●

●

●●

●
● ●

●

●

●

●

●

●

●

●
●

●
●

●●

●●

●

●

●

●
●

●

●

●

●

●
●

●
●

●

●

●● ●
●

●
●

●

●

●●

●●

●

●

●
●

●

●

●

●

●●

●

●

●
●

●●

●●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●●

●●

●

●

●
●
●●

●

●

●
●

●
●

●

●

●
●●

●

●●

●

●

●

●

●
●●●

●

●

●

●

●
●

●●

●●

●
●

●

●

●

● ●

●

●
●

●

●

●

●

●● ●

●

●
●

●
●

●

●

●

●

●

●

●●

●

●

●

●

0

2

4

6

0 2 4 6

Network rate (period 2)

●●

●
●

●

●
●

●

●

●

●

●
●

●

●●

●●

●●

●●

●
●

●

●

●

●

●

●

●
● ●●

●

●

●

●

●

●

●●
●●

●
●

●

●●

●
●

●
●

●●

●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●●

●

●●
●

●
●

●

●

●

●

●●

●

●

●

●

●●

●

●

●

●

●
●

●
●

●●

●
●

●

●

●

●

●

●

●●

●●

●

●

●

●

●
●

●

●

●

●

●●

●

●

●●
●
●

●
●

●

●

●
●

●

●

●
●

●●

●●
●●

●
●

●

● ●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●●

●●

●

●

●●

●●

●

●

●●●
●

●●

●
●

●

●

●

●

●

●

●
●

●●

●●

●●

●
●

●●

●

●

●

●

●●

●
●

●●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●●

●

●●
●

●
●

●
●●

●

●
●

●●

●●

●

●

●

●
●

●
●
●

●

●
●

●

●●
●

●

●
●

●
●

●

●

●●

●
●

●
●●●

●●

●●

●
●

●
●

●
●

●

●

●
●

●

●

●
●

●

●

●●

●
●

●
●●

●

●
●

●

●
●

●

●

●

●
●

●

●

●

●
●

●●

●

●
●●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●●

●

●

●
●

●

●

●●

●
●

●

●
●●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●
●

●

●

●
●

●
●

●
●

●
●

●
●

●

●

●

●

●

●

●

●

●
●

●

●●

●

●
●

●

●
●
●●

●
●●

●
●

●
●

●

●

●●

●

●

●
●

●

●
●

●

●

●●

●
●

●

●

●

●

●

●●
●

●●

●●

●●

●
●

●

●

●

●
●

●
●

●

●●

●

●

●

●
●

●

●

●

●
●

●

●

●

●

●
● ●●

●

● ●

●

●
●

●
●

●●

●

●

●

●
●

●

●

●

●

●

●

●

●●

●
●

●

●
●
●●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●●

●

●

●

●

●

●

●

●

●●

●

●

●●

●●

●
●

●
●

●
●●

●

●●

●
●

●

●

●

●●
●

●

●●

●
●

●

●

●

●

●

●●

●

●
●

●

●

●
●

●

●

●
●

●

●●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●
●●

●

●
●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●

●
●

●
●

●

●
●

●

●●
●
●

●

●

●

●

●
●
●

●

●

●
●

●

●
●

●

●

●

●

●

●
●

●●

●●

●●
●
●

●

●

●●
●

●

●

●●

●

●●●

●

●
●

●

●
●

●●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●● ●

●

●

●

●●

●
●●

●

●●

●
●

●

●

●
●

●

●

●
●

●

●●
●

●●

●
●

●
●

●

●
●
●

●●

●
● ●

●●

●

●

●

●

●

●
●

●●

●●

●●
●●

●

●
●

●

●
●

●

●

●
●

●●

●
●

●
●

●
●

●

●

●
●

●●

●●

●●

●
●

●●

●

●

●

●

●

●

●

●

● ●
●

●
●

●

●

●
●

●
●

●●

●

●

●

●

●

●

●

●

●
●
●

●
●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●●

●

●

●
●

●

●

●
●

●●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●

●

●
● ●

●

●

●

●

●

●●

●
●

●

●

●
●

●●

●
●

●

●
●

●

●
●

●

●●
●

●●

●

●

●●
●●

●

●

●
●

●
●

●
●

●

●

●
●

●●●●
●●

●

●

●
●●● ●
●
●●

●

●
●

●

●
●

●

●

●

●

0

2

4

6

8

0 2 4 6 8

Network rate (period 3)

●

●

●

●

●

●

●

●

●

●
●
●

●●

●●
●●

●

●

●●

●

●
●

●

●

● ●

●

●
●

●

●

●

●

●
●

●

●

●

●

●● ●
●

●

●
●

●

●

●

●

●●

●

●

●

●●

●

●
●

●

●

●

●●

●●

●

●

●●●
●

●

●

●

●

●
●
●

●
●

●●

●

●

●

●

●

●

●
●

●

●

●
●

●

●●
●

●

●

●

●

●

●

●

●

●

● ●

●

●

●

●
●

●

●
●

●

●

●

●

●

●

●●

●

●●

●

●

●

●●●

●

●

●

●

●
●

●

●

●

●●

●

●

●

●

●

●

●

●

●
●●

●

●

●●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●●

●

●

●

●●
●

●
●

●●
●
●

●●

●
●

●
●●

●

●●

●

●

●

●

●

●

●

●
●

●

●
●●

●

●
● ●

●

●

●

●●

●

●

●

●

●

●

●

●

●
●●

●
●

●

●

●
●

●

●
●

●

●

●

●
●

●

●

● ●
●

●

●

●

●

●

●

●
●

●●

●

● ●

●

●●

●

● ●
●

●

●

●
●

●

●

●

●
●

●

●
●

●

●

●

●●

●

●
●

●

●

●●

●

●

●●
●
●

●

●

●
●

●

●
●
●

●●

●

●

●

●

●

●●

●
●

●

●

●
●

●●

● ●
●

●

●

●

●

●

●

● ●

●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●●

●

● ●

●

●

●

●
●

●

●

●

●
●

●

●

●

●
●

●
●

●

●
●

● ●●

●

●
●

●

●

●
●

●

●

●

●●

●

●

●

●

●

●
●
●

●●

●

●

●●

●
●

●

●

●

●
●

●

●

●

●

●

●●

●

●
●
●

●●

●

●

●
●

●

●●

●

●

●
●

●

●
●●

●

●

●●

●●

●
●

●

●

●

●

●●

●

●

●

●

●
● ●

●
●
●

●

●

●●

●

●

●

●

●
●

●

●

●

●

●●

●●

●

●●
●

●

●

●

●

●

●

●
●

●

●●

●

●

●

●
●

●
●

●

●

●
●●

●
●●

●●

●
●

●

●

●●
●●

●

●

●
●

●
●

●

●●

●

●

●
●

●

●

●

●

●

●

●

●
●
●

●
●

●●

●●
●

●
●

●

●

●

●
●

●

● ●

●

●
●

●
●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●
●●

●

●

●

●

●

●
●

●

●

●●

●
●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●
●●
●

●

●

●

●

●●

●

●

●

●

●

●
●
●

●
●

●●

●

●

●

●

●

●
●

●

●

●
●

● ●

●●

●

●

●

●
●

●

●

●

●

●

●●

●
●

●

●
●

●

●

●●

●

●
●

●

●
●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●
●

●
●●

● ●
●●

● ●

●

●

● ●

●
●

●● ●

●
●
●

●

●
●
●

●
●

●

●

●
●

●

●

● ●
●

●

●

●

●
●

●

●

●

●●

●

●

●

●
●

●

●

●

●

●

●●

●

●

●●

●●

●

●

●

●●●

●

●
●●

●

●●

●●
● ●

●

●●

●●

●

●

●

●

●

●

●●
●

●

●

●

●●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

● ●
●

●

●
●●●

●

●
●
●●

●
●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●●●

●

●
●

●

●●

●

●
●

●

●

●●●

●

●

●●

●
●

●

●

●
●
●●

●●
●

●
●

●

●
●

●

●

●
●

●

●

●
●●
●

●
●●●●

●

●

●

●

●

●
●

●

● ●

●

●
● ●

●

● ●

●

●

●
●

●

●
●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●
●
●

●

●

●

●

●

●

●

●

●
●

●

●
●

●

●

●
●●

●

●

●

●

●

●

●●
●

●

●

● ●

●

●
●

●

●

●●

●

●

0.0

0.5

1.0

1.5

0.0 0.5 1.0 1.5

Outdegree

●

●

●
●

●
●

●
●

●●

●

●

●

●

●
●

●
●

●
●

●

●

●

●

●

●

●

●●

●
●●

●

●
●
●

●

●

●

●

●

●
●

●

●

●

● ●

●

●

●
●

●

●●

●
●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●

●
●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●●

●
●

●

●
●●

●
●

●

●

●

●

●

●
●●

●●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●●

●

●

●

●●

●
●

●

●
●

●

●

●●
●

●

●
●

●●
●

●

●

●

●

●
●
●

●

●

●

●●●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●●

●

●

●

●
●

●

●
●

●

●

●

●

●

●

●

●
●●

●

●

●

●

●
●

●

● ●

●

●

●●

●

●

●

●

●

●

●
●

●●

●

●

●
●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●●

●

●

●●

●

●

●
●

●
●

●

●

●
●

●

●

●

●

●
●

●
●

●

●

●

●

●
●

●

● ●●

●

●

●

● ●

●

●
●●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●●

●

●●

●
●
●

●

●

●
●

●

●

●

●

●

●

●

●

●●

● ●●
●

●
●

●

●

●●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●

●
●

●
●

●

●

●
●

●

●

●
●

●

●

●

●
●

●

●

●
● ●

●

●

●

●●

●

●

●●●

●

●

●

●
●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●●● ●
●

●
●

●

●●

●

●

●

●

●
●

●

●
●●

●

●

●

●

●

●

●

●

●
●

●
●

●●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
● ●

●
●

●

●

● ●

●

●●

●●

●

●

●

●

●●

●
●

●
●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●●

●

●

●

●●

●
●

●●

●

●

●

●

●●

●

●

●●
●

●

●

●●

●

●

●●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●
●

●

● ●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●●
●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●
●

●
●

●
●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●●●

●

●

●

●
●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●●

●

●

●

●●

●

●●

●
●

●

●

●
●

●●

●

●
●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●●

●

●●●

●

●

●
●

●
●

●

●

●

●

0.0

0.2

0.4

0.6

0.0 0.2 0.4 0.6

Reciprocity

●

●

●
●

●
●

●
●

●

●

●

●

●●

●●
●

●

●
●

●
●

●
●

●

●
●

●

●

●
●●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●●

●
●

●
●

●

●

●

●

●●

●●

●

●

●

●
●●

●

●

●

●

●●

●

●

●

●●

●●

●

●

●

●

●

●
●

●

●●

●
●

●

●

●
●

●

●

●●

●

●

●
●

●●
●●

●

●

●

●

●

●

●
● ●

●

●

●

●

●

●●

●
●

●

●
●●

●

●

●

●

●

●

●

●●

●

●●

●

●

●
●

●

●●

●
●

●

●

●

●

●

●
●

●

●

●

●
●

●

●

●
●
●

●
●

●●

●

●

●
●

●
●

●

●

●
●

●

●

●
●

●

●

●●

●
●

●

●

●●

●

●

●●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●
●

●
●

●●

●

●●

●

●●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●
●

●●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

● ●

● ●●

●

●

●

●

●
●●

●
●

●

●

●

●●

●

●

●

●

●

●

●

●

●●

●
●

●
●

●

●●

●

●

●

●

●

●

●
●

●

●
●
●

●●

●

●
●●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●
●

●

●

●●

●
●

●

●

●
● ●

●

●
●

●

●●●

●
●

●●

●
●

●

●

●

●

●

●

●
●

●
●

●

● ●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●●

●

● ●●
●

●

●●
●

●

●
●

●

●

●
●

●

●

●●
●●

●
●

●

●

●

●

●

●

●●
●

●

●

●

●

●

●●

●

●

●●

●●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
● ●● ●

●
●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●●

●
●

●●

●

●

●

●

●●
●

●
●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●
●

●

●

●
●

●

●

●●

●●

●
●

●

●

●

●
●

●●
●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●●
●

●

●

●

●
●●

●

●

●

●

●

●

●

●

●●
●●

●

●

●

●
●
●

●

●

●●

●●

●●
●

●

●
●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●
●

●

●●
●

●

●

●

●

●
●

●

●
●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●
●

●●
●

● ●

●
●

●

●

●

●
●●

●

●●

●

●
●

●

●

●●

●

●

● ●

●

●

●

●
●

●

● ●
●

●
●

●

●

●

●

●

● ●

●

●

●

●

●
●

●

●●

●

●

●●

●
●●

●

●
●

●●

●

●

●

●

●

●

●

●●
●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●●
●

●

●

●

●

●

●
●

●

●

●●
●

●

●
●

●

●

●
●

●
●

●

●

●
●

●
●

● ●

●

●
●

●●
●
●

●
●

●
●

●●

●

●
●

●

●

●

●

●

●●

●● ●
●

●

●

●
●

●
●

●

●

●

●

●
●

●●

●●

●

●

●●

●

● ●

●

●

●

●

●

●
● ●

●

●
●

●

●

●●

●
●

●

●

●

●

●●

●●

●

●

●

●

●

●
●● ●●

●

●
●
●

●

●

●

●

●●

●

●

●
●

●
●

●

●

●

●

●
●●
●

●●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●●

●

●

●
●

●

●

●●
●

●

●

●

●

●

0.0

0.1

0.2

0.3

0.0 0.1 0.2 0.3

Transitive triplets

●●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●
●

●

●

● ●

●

●

●

●

●●

●

●

●
●

●●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●●
●●

●

●●●●

●

●
●

●

●
●

●
●

●

● ●

●

●●

●●

●
●

●

●
●

●
●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●●

●

●

●

●

●

●

●

●

● ●

●

●
●

●
●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●●

●●

●

●

●●

●

●

●

●

●

●

●

●

●●

●

●

●●

●

●

●●

●●

●●

●●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●●

●●

●

●●●

●

●

●

●

●●

●
●

●●

●●

●

●●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●
● ●

●

●

●

●

●

●

●●

●

●

●

●●
●
● ●●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●

●●

●●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●
●

●●

●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●

●●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●●
●

● ●
●

●

●

●

●

●

●●

●

●

●

●

●●

●●

●
●

●

●
●●

●

●●

●
●

●

●
●

●
●

●●

●●

●● ●

●

●
●

●

●

●●

●

●
●
●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●●

●

● ●

●

●

●

●

●
●●

●
●

●●

●
●

●

●

●
●

●● ●

●

●
●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

● ●

●

●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●

●

●●
●

●

●

●

●
●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●●

●●

●

●

●

●

●

●

●

●● ●

●

●

●

●
●

●

●
●

●●
●

●

●●●

●

●●
●
● ●

●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●
●

●

●

●

●●

●
●

●

●

●

●

●

●
●

●
●

●
●

●

●●

●

●
●

●

●

●●

●
●

●

●

●

●●

●

●

●

●
●

●

●

●

●

●

●
●

●
●

●●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●●

●●

●

●

●

●

●

●

●
●

●

●
●

●
●●●

●

●

●

●
●

●

●

●
●
●
●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●●

●

●

●●

●

●

●●

●
●

●

●

●

●

●

●

●●

●●

●

●

●

●●

●
●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●
●

●
●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●
●
●

●

●

●

●

● ●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●●

●

●

●

●

●

●
●

●

●● ●●

●

●

●

●

●
●

●●

●

●

●●

●

●●

●
●

●

●● ●●

●
●

●

●

●

●

●

●

●

●

●

●

0.0

0.1

0.2

0.3

0.4

0.5

0.0 0.1 0.2 0.3 0.4 0.5

3−cycles

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●
●

● ●

●

●

●

●

●●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

● ●
●

●●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●
●

●

●

●

●

●

●
●

●
●

●●

●

●
●

●

●

●

●
● ●

●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●
●

●

●
●

●

●

●

●
●

●

●

●●

●

●●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●
●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●
●

●

●

●

●

●●

●

●

●
●

●
●

●

●

●

●

●

●

●

●
●●
●

●

●

●●●

●
●

●

●

●

●

●
●

●
●

●

●

●
●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●●

●
●

●●

●

●

●
●

●

●

●

●

●●

●

●

●●

●
●

●

●●

●●

●

●

●

●

●

●

●

●

●●

●

●

●●

●

●
●●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●●

●●

●

●●●

●

●

●

●
●

●

●
●

●

●

●●●●

●
●

●

●

●

●

●

●

●●
●
●

●

●
●●

● ●

●

●

●

●
●

●

●●

●
●

●
●

●●

●

●

●

●

●●

●

●

●

●

●●

●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●●

●

●●

●

●
●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●

●

●●

●

●

●●

●

●

●

●

●

●

●

●

●
●

●●

●
●

●

●
●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●●

●●

●●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●
●

●

●
●

●

●

●

●

● ●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●●●●

●
● ●

●

●

●

●

●

●

●

●●

●

●

●

●

●
●

●

●
●

●

●

●●

●

● ●

●

●

●

●

●

●

●

●

●
●
●

●●

●

●

●

●

●

●

●

●

●

●

●●

●

●●

●

●

●

●

●
●

●

●●

●

●

●

●

●

●

●●

●

●

●●

●

●

●
●

●
●

●

●

●
● ●

●●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●

●
●

●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●●

●
●

●

●

●

●
●●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●●

●

●

●●

●

●

● ●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
● ●●

●
●●●

●●

●

●●
●●

●
●

●●

●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●
●

●
●

●

●

●
●

●
●●
●

●

● ●

●●

●

●

●

●●

●

●

●

●

●
●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●
●

●

●●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●
●

●
●

●●

●

●

●
●

●

●●

●

●

●

●
●

●

●

●

●
●●

●

●

●

●

●

●

●

●

●●

●

●

●●0.0

0.2

0.4

0.6

0.8

0.0 0.2 0.4 0.6 0.8

Transitive ties

●

●

●

●

●

●

●●

●

●

●

●

●●●● ●● ●

●
●

●●

●

●

●

●
●

●

●

●
●

●

●
●

●

●
●

●

●
●

●
●
●

●

●

●

●
●

●

●
●

●●●

●

●
●●

●

●

●

●●

●

●

●●

●

●
●

●
●
●

●●

●

●
●

●

●

●

●

●

●
●●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●
●

●
●

●

●

●

●

●

●

●●

●

●

●
●

●●

●

●

●

●

●
●●

●
●
●

●

●

●

●

●

●
●
● ●

●

●●

●

●

●● ●

●

●

●
●●

●
●

●

●
●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●●

●
●

●
●

●

●

●

●

●
●

●
●

●●

●

●

●

●

●●

●

●

●
●

●
●
●

●
●

●

●
●

●

●

●

● ●

●●

●●

●

●●

●

●

●

●
●
●

●

●

●

●

●

●

●

●

●
●

●
●

●
●

●

●
●

●

●

●

●●

●

●●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●●

●●●
●

●

●●

● ●

●

●

●
●

●

●

● ●
●

●

●

●
●

●
●

●●

●

●

●●

●
●

●

●
●

●

●

●

●●

●

●
●● ●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●

● ●

●

●

●

●

●

●

●

●● ●

●

●
●

●

●

●

●

●

●

●●

●●

●

●
●

●●

●
●
●●

● ●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●
●●

●
●

●

●
●

●
●
●

●

●

●

●

●●

●●

●

●

●
●

●
●

●
●

●●

●
●

●
●

●

●
●

●

●
● ●

●

●●

●

●

●

●

●

●●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●●

●
●

●

●

●

●
●

●

●

●

●

●
●
●

●

●
●

●
●

●
●●

●

●
●●

●●

●
●

●●

●

●

●●●●

●
●

●

●

●

●

●

●

●●

●

●●●
●●

●●
●

●

●

●

●
●

●

●

●
●

●●
●

●

●

●

●●●
●

●

●

●

●

●

●

●

●●

● ●

●●

●
●

●●

●
●

●●

●
●

●

●

●●
●
●

●

●

●

●

●●

●
●

●●

●

●
●
●

●

●●

●

●

●

●

●

●

●

●

●
●
●

●

●
●

●

●

●

●

●

●
●

●
●
●

●

●●● ●
●

●

●
●
●

●●

●
●

●

●●
●

●
●●●

●
●

●
●

●
●

●
●

●
●

●

●
●

●

●

●●
●

●

●

●

●● ●●
●

●

●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●
● ●

●

●
●

●●

●●

●●
●

●

●

●

●

●

●

●
●

●●

●

●
●

●●

●

●

●

●

●

●

●
●

●

● ●

●

●
●

●● ●

●
●●

●

●

●●
●●●

●

●
●
●

●●
●

●

●
●

●
●

●●
●
●

●●●●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

● ●

●

●

●

●

●

●
●

●

●

●●
●

● ●

●
●

●

●

●

●
● ●●

●

●
●

●
●
●

●
●

●

●

●

● ●
●

●●

●

●

●

●
●
●

●

●

●●
●

●
●
●

●

●

●
●

●●

●●

●●

●
●

●

●

●
●●

●

●

●

●

●

●

●

●
●

●

●●
●

●

●

● ●

●

●

●
●

●

●

●●

●
●●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●●
●●

●●

●
●●● ●

●●
●

●

●

●
●

●

●●●

●
●

●

●

●●

●

●

●
●

●

●

●
●●

●
●
●

●

●

●

●
●

●

●●

●

●
●

●●

●

●

●
●●

●

●
●
●

●

●
●●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●●

●

●●●

●

●
●

●
●

●

●

●

●
●

●
●

●

●
●●

●

●

●

●

●

●

●●

●
●

●
● ●

●

0.0

0.3

0.6

0.9

0.0 0.3 0.6 0.9

Outdegree − popularity (sqrt)

●

●

●
●

●

●
●
●

●

●
●

●

●●

●●

●●

●●●
●

●
●

●

●

●●

●

●

●

●

●●
●

●

●●

●
●

●

●

●
●

●

●

●
●
● ●●

●
●

●●

●

●

● ●
●

●
●●

●

●

●●
●

●

●

●●

●
●

●●

●

●

●

●

●

●

●
●

●
●
● ●

●

●

●

●

●

●
●

●

●

●
●●
●

●
●

●● ●

●
●

●

●
●

●

●

●

●

●●
●●

●

●

●

●●

● ●

●

●

●

●
●

●
●

●●

●●

●
●

●
●

●●
●
●

●

●

●

●

●

●●●

●●

●

●

●
●

●

●

●

●

●●

●

●

●

●
●
●

●
●

●

●

●
●

●

● ●●

●●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●●

●●

●

●

●

● ●
●●

●

●

●

●

●

●

●●●

●
●

●

●

●
●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●
●

●
●

●

●

●
●

●

●

●

●

●
● ●●

●

●

●

●

●

●

●●

●

●

●

●

●
●

●

●

●●

●
●

●

●

●
●

●
●

●

●

●
●

●

●
●
● ●

●

●●

●●

●
●
●●

●●

●
● ●

●

●
●

●

●
●

●

●

●

●●
●

●

●

●
●

●

●

●

●
●
●

●

● ●
●

●
● ●

●

●

●

●

●

●

●

●
●

●
●

●

●

●
●

●

●●

●

●

●

●
●

●

●●
●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●
●

●

●
●

●

●
●

●

●

●
●

●●

●

●

●
●

●
●

●

●

●

●

●
●

●●

●
● ●●

●

● ●

●

●

●

●
●

●●

●●

●●
●● ●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●●

●

●● ●
●●

●

●●

●●

●

●●
●

●

●

●●

●

●
●●

●
●

●●

●●
●●

●

●

●
●

●●

●
●

●●

●

●●●

●

●
●
●●

●

●

●

●

●

●●

●
●

●●

●

●

●

●

●

●

●

●

●

●
●

●

●●

●

●

●
●

●

●

●● ●

●

●

●

●

●

●

●
●

●● ●●

●

●

●
●

●

●
●

●

●

●

●●

●
●

●

●●
●

●
●

●
●

●●

●●

●

●

●
●

●
●

●●

●
●

●
●

●

●

●●

●●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●●
●●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●
●

●
●

●

●

●●

●

●●●
●

●

●

●●
●

●

●

●

●
●

●
●

●●

●

●

●

●

●●

●

●

●
●

●●

●
●

●●

●●

●

●

●●

●

●

●●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●●
●

●

●
● ●

●

●
● ●

●
●
●

●

●
●
●

●

●

●
●

●

●

●

●

●

●●

●

●

●

●

●●

●
●

●●

●●

●

●
●●

●

●

●
●
●

●

●

●

●

●

●
●
●

●
●
●
●

●

●
●
●

●●

●

●

●

●

●
●

●●

●
●

●
●

●
●●●

●

●

●● ●

●

●

●

●

●

●

●

●
● ●●

●

●●

●

●

●

●

●
●
●●

●

●
●

●●

●

●

●
●

●

●●

●

●
●

●
●

●●

●
●

●
●

●

●
●
●

●●

●

●

●●●●

●●

●
●

●

●

●●
●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●●

●●

●

●

●
●

●
●

●●

●

●
●●

●

● ●

●●
●

●

●

●●
●

●

●●

●●

●
● ●

●

●●

●

●
●
●

●●

●
●

●

●

●

●

●

●

●

●●●

●

●

●

●

●

●

●

●
●●

●

●

●

●

●

●

●

●

●●
●

●
●

●
●

●

●

●

●●

● ●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●
●

●
●

●

●

●
●

●

●

●

●●
●

●

●

●

● ●●●
●

●●

●

●

●

●

●●

●

●

●
●

0.0

0.3

0.6

0.9

0.0 0.3 0.6 0.9

Covariate − alter

●

●

●
●

●

●

●

●

●

●

●●

●
●●
●

●
●

●
●

●

●
●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●●

●●

●●

●

●

●

●●
●

●

●
●

●

●

●●
●
●

●●

●
●

●●

●

●●

●

●

●

●

●

●

●
●

●●

●
●

●

●●

●

●●

●
●

●●

●
●

●●

●

●

●
●

●

● ●

●

●●

●●

●●
●

●

●● ●
●●

●
●

●

●
●

●
●

●

●

●
●
●

●

●

●

●●

●●

●

●

●●

●●

●

●

●
●

●

●

●
●

●
●

●

●

●
●●

●
●●

●●

●●

●

●
●
●

●●
●

●●●

●●

●

●

●●

●
●

●●

●

● ●
●●

●

●

●

●●

●
●

●

●

●

●

●●

●
●
●

● ●
●

●●

●

●

●

●
●●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●
●
● ●

●

●●●

● ●
●
●

●

●

●

●

●

●

●

●

●

●

● ●

●

●

●

●●

●

●

●●●

●

●

●

●
●

●●

●

●

●●

●

●

●
●

●

●

●
●

●●

●●

●

●

●
● ●

●

●

●

●●

●

●

●

●

●●

●●

●●

●

●
●

●

●

●

●

●
●

●

●●

●●
●

●
●

●

●

●

●

●

●

●
●●●

●●

●

●

●

●

●
●

●

●

●●

●

●

●
●

●

●

●
●

●

●

●

●

●●

●

●
●

●

●
●

●

●●

●

●
●

●

●

●

●

●
●

●

●
●

●

●●

●

●

●

●

●

●

●

●

●

●

●

●

●
●●

●

●

●

●
●

●

●

●

●

●

●

●
●

●
●

●

●●

●

●●
●

●

●

●

●

●

●
●

●●●

●●
●
● ●

●

●
●

●
●

●●

●●

●
●

●
●

●●

●

●

●
●

●

●

●

●●

●

●

●

●
●

●

●
●
●

●
●

●

●

●●

●

●

●
●

●

●

●

●

●

●

●●

●

●

●

●
●

●●●

●

●●

●

●●

●

●

●
● ●

●

●

●

●
●

●
●

●●
●

●

●

●
●

●

●

●
●

●
●

●
●

●

●

●

●

●

●

●
●●

●
●●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●
●

●

●
●

●

●
●

●

●

●

●●●

●

●
●

●

●
●

●

●●

●●●●

●●

●●

●
●

●

●

●

●

●

●
●

●

●
●

●
●

●●

●

●

●

●●

●●

●

●

●

●

●
●

●

●

●

●

●
●

●

●

●●
●

●

●

●

●●●

●

●●

●

●

●

●

●●
●
●

●●

●

●

●

●

●
●

●
●

●

●

●
●

●

●

●
●

●
●

●

●

●●

●

●

●
●

●

●●
●

●●

●
●

●

●

●●

●●
●
●

●●

●

●

●

●

●

●

●
●
●

●

●

●●

●

●
●
●●

●

●●

●●

●

●

●●

●
●
●

●
●

●

●

●●

●●

●

●

●

●

●

●

●
●

●●
●●●

●
●

●●
●

●●

●

●

●●

●
●

●●

●●

●
●

●

●

●
●●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●

●

●●●

●
●

●●

●

●

●
●

●

●

●●

●

●

●

●

●●

●
●

●

●

●
●

●

●

●●

●
●

●

● ●

●

●

●●
●

●

●

●

●

●

●●

●
●

●

● ●

●

●
●

●

●

●
●
●●

●●

●●
●●

●●●

●
●

● ●
●

●
●

●●

●●

●

●

●

●

●
●

●
●

●

●

●

●●
●

●

●●

●

●

●
●

●
●

●

●

● ●
●

●

●

●

●

●
●

●

●

●●

●
●

●
●

●

●

●

●

●

●

●
●

●

●

●
●

●●

●
●

●
●

●●

●●
●
●

●●●

●

●

●

●
●

●
●

●●

●

●

●
●

●

●

●●

●
●

●
●

●

●

●

●

●

●

●

●

●●

0.00

0.25

0.50

0.75

0.00 0.25 0.50 0.75

Covariate − ego

●●

●●

●

●

●

●
●

●

●
●

●

●

●●

●
●

●
●

●
●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●●

●

●

●

●

●

●●

●

●

●
●

●●

●

●

●

●

●●

●

●

●

●

●

●●

●●

●
●

●
●

●

●

●

●

●

●

●●

●

●
●

●

●●

●●
●

●

●

●
●

●

●

●

●

●

●

●

●
●

●
●

●●

●

●

●

●

●

●●

●

●
●

●

●

●
●

●
●

●

●

●
●

●
●

●
●

●
●

●●

●
●

●

●

●●

●

●

●

●

●

●

●●

●

●

●

●

●●
●

● ●

●

●
●

●
●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●

●
●

●

●●

●
●

●

●

●
●

●
●

●●

●
●

●

●

●●

●
●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

● ●●

●

●

●
●

●

●

●
●

●
●

●

●

●
●●

●

●

●

●
●

●
●

●
●

●
●

●●

●●

●

●

●

●

●●
●●

●

●
●

●

●

●

●
●

●
●

●●

●

●

●
●

●●

●●

●
●

●

●

●
●

●

●

●

●
●●

●
●

●
●

●

●●

●

●

●

●

●

●
●

●

●

●

●

●

●●

●

●

●

●

●

●

●●

●
●

●

●

●●

●

●

●●

●

●

●
●

●

●

●
●
●

●

●

●

●

●

●

●

●
●

●
●

●

●

●
●

●
●

●●

●
●

●

●
●
●

●

●

●

●

●

●

●
●

●

●

●●

●●
●

●

●

●

●

●

●
●

●
●

●

●

●
●

●

●

●

●

●
●

●
●

●
●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●
●

●●

●●

●●

●
●

●

●

●
●

●
●

●

●

●

●
●

●

●

●

●

●

●
●

●

●

●
●

●●●

●

●

●

●

●

●

●

●●

●
● ●

●

●●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●
●

●●

●

●

●
●

●

●

●

●●

●

●

●
●

●

●

●

●

●
●

●

●

●●

●
●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●●

●
●

●

●

●

●

●

●
●

●
●

●

●

●
●

●

●
●

●
●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●
●

●●

●●

●

●

●
● ●

●

●●

●

●●

●

●

●
●

●

●

●●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●
●

●●

●●

●

●

●

●

●
●

●

●

●

●

●

●
●

●

●

●

●
●

●
●

●

●

●

●

●
●

●●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●
●

●

●

●
●

●
●

●

●

●

●●

●

●
●

●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●

●
●

●

●
●

●

●

● ●
●

●

●

●
●

●

●

●

●

●

●
●●

●

●

●

●

●●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●
●

●
●

●

●

●
●

●
●●

●

●

●

●

●

●
●

●

●

●
●

●

●

●●●

●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●

●
●

●

●

●
●

●

●●

●

● ●

●

●
●
●

●

●

●
●

●

●

●●

●

●
●

●

● ●

●
●

●

●

●

●

●

●

●

●

●
●

●
●

●●

●

●

●●

●

●

●

●●

●

●

●

●●

●

●

●

●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

● ●●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●●

●

●
●

●

●●

●●●

●

●

●

●

●

●●

●

●●
●

●
●

●

●

●
●

●

●

●●

●●

●

●
●●

●

●

●

●

●

●

●

● ●●

●

●

●
●

●●●

●

●

●
●

●

●

●

●

●

●

●

●

●0.0

0.2

0.4

0.6

0.0 0.2 0.4 0.6

Same covariate

●

●

●●

●
●

●

●

●

●

●

●

●●

●●

●●

●●

●● ●●●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●

●

●
●

●

●●

●
●

●

●

●
●

●●

●

●
●

●

●

●
● ●

●

●

●

●
●

●

●
●

●

●●

●

●

●

●

●

●●

●

●●
●

●●
●

●

●

● ●

●

●●●
●

●●

●●

●

●

●

●

●

●

●

● ●

●

●

●

●
●

●

●

●

●

●●

●●

●

●

●●●

●
●

●
●

●

●

●

●●

●

●

●
●

●
●

●

●
●●

●

●

●

●

●●
●

●
●

●

●

●

●
●

●

●

●

●

●●

●●

●
●

●

●

●
●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●
●

●●

●
●

●
●

●

●

●
●

●

●

●

●

●

●

●● ●●

●
●

●
●

●●●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●
●

●●

●

●

●●
●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●
●

●

●

●

●

●

●
●

●
●●

●

●

●

●●

●

●

●

●

●

●

●
●

●

●

●●

●
●●● ●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●
●

● ●

●●

●
● ●

●

●●

●

●
●●

●

●

●
●

●

●

●
●

●

●

●
●

●
●

●

●

●

●

●

●

●●

●
●

●

●

●●

●

●

●

●

●
●

●

●

●

●

●●

●
●

●
●

●

● ●

●

●
●

●

●

●
●

●

●

●

●

●

●
●

●
●

●

●
●

●

●
●

●
●

●
●

●●

●
●

●

●

●●

●

●

●●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●●

●●

●●

●

●

●
●

●●●
●

●

●

●●

●
●

●

●●

●

●
●

●

●

●

●

●

●●
●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●

●

●

●
●

●

●

●

●
●

●

●

●
●

●

●
●

●

●●

●
●

●

●

●●
●

●

●

●

●

●

●
●

●

●

●

●

●●

●

●
●
●

●
●

●●

●●

●

●
●

●

●

● ●

●

●

●

●

●● ●
● ●

●

●

●

●

●

●

●

●●

●

●

●
●

●

●

●

●

●●

●

●

●

●

●

●
●

●

●

●

●
●

●
●

●
●

●
●

●

●
●

●
●

●

●

●

●

●●

●●●●

●

●

●
●

●

●

●

●

●

●

●●

●●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●●●

●
●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●●●

●

●
●

●

●

●

●

●

●

●

●

●

●

●
●

●

●

●

●

●
●

●
●

●

●
●

●

●

●

●● ●

●

●
●

●

●

●
●

●●

●
●

●

●
●

●

●

●
●

●

●
●

●

●
●

●

●
●

●
●

●

●

●

●

●

●
●

●

●

●

●

●
●

●
●

●

●

●
●

●
●

●

●

●

●

●
●

●

●

●
●

●
●

●

●

●
●

●

●

●

●

●

●

●

●

●●
●●

●

●

●●

●

●

●
●●●

●

●

●

●

●
● ●

●

●

●

●
●

●

●

●

●●
●

●

●

●
●

●

●

●
●

●●

●
●

●

●●

●

●●
●

●

●

●

●

●
●

●
●

●

●

●

●

●
●

●●

●

●

●

●

●

● ●●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●

●
●
●

●

●

●●

●●

●●

●

●

●●

●

● ●

●

●

●

●●

●

● ●

●

●

●

●

●

●

●

●●

●

●

●

●

●●

●

●

●

●

●●

●

●

●●

●
●

●

●

●

●

●

●

●
●

●●

●

●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●

●

●

●

●

●

●●

●

●●

●

●

●

●

●
●

●

●

●

●

●

0

1

2

3

4

0 1 2 3 4

Behaviour similarity

●●

●●
●●

●

●
●

●

●●

●

●

●●
●

●

●●

●
●

●●

●

●

●●

●

●

●
●

●

●

●

●●

●

●●

●
●

●
●

●
●

●

●

●

●
●●

●

●
●

●
●

●

●
●

●
●

●

●●

●

●●
●
●

●

●

●

●

●●

●

●
●

●
●●●

●●

●
●

●
●

●
●

●

●

●

●●
●

●●

●
●

●
●

●
●●

●

●
●

●●

●●

●●

●

●

●
●

●

●

●
●

●●

●

●

●

●●
●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●

●

●●
●

●

●

●

●
●

●●
●

●

●

●

●

●

●●
●

●

●●

●
●●●

●

●

●●

●

●

●

●
●
●

●●

●

●

●●

●

●

●

●

●

●●
●

●

●

●
●

●
●

●

●●

● ●

●
●
●

●
●

●
●

●●

●
●

●
●

●●

●●

●●

●

●

●

●

●●

●●

●

●

●
●

●●

●

●

●
●

●

●

●
●

●●

●●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●●

●●

●●

●
●

●●

●
●

●●

●●

●
●

●●

●

●

●
●

●●

●
●

●

●
●

●

●

●

●
●

●
●

●
●

●
●

●
●

●

●
●
●

●
●

●

●

●

●
●

●●
●

●

●●

●

●

●

●

●
●

●●

●●

●

●

●

●

●

●

●●
●
●

●●

●●

●
●

●●

●
●

●

●

●

●●
●

●

●

●
●

●

●

●●

●
●

●●

●

●

●

●
●●

●
●

●

●

●

●

●●

●

●

●

●

●
●●

●
●

●

●
●

●
●

●●

●●

●●

●

●

●●

●
●

●●

●
●
●

●

●●

●

●

●
●

●

●

●

●

●
●

●
●

●

●

●

●

●●

●

●●

●●
●●

●
●

●
●

●●

●
●

●
●

●

●

●

●

●

●

●●

●

●

●

●
●

●

●

●

●
●

●
●

●
●

●

●

●
●

●
●

●
●

●
●

●

●

●
●

●

●

●●

●●

●●

●
●

●

●

●

●

●

●

●

●

●
●

●
●

●

●

●
●

●●

●
●

●

●

●

●

●
●

●
●

●

●

●

●●

●●

●

●

●
●

●●

●

●●
●

●

●

●
●

●●

●

●

●
●

●●

●●

●
●

●●

●

●

●

●

●

●

●

●

●
●

●

●

●●

●
●

●

●

●

●
●

●

●

●
●

●●

●

●

●

●

●

●

●
●

●
●●●●●

●
●

●●

●●

●
●

●

●

●

●

●

●

●
●●●

●
●

●

●● ●

●

●●

●
●

●
●

●●●

●

●●

●●

●

●

●
●

●●

●
●

●

●

●

●

●
●

●
●

●
●

●●

●
●

●

●

●
●

●

●

●●

●
●

●
●

●
●

●

●

●
●

●

●

●

●

●
●

●

●

●
●

●

●

●

●

●

●

●
●

●

●

●●

●

● ●●

●
●

●
●

●

●
●

●

●

●●

●
●

●

●

●

●

●
●

●
●

●●

●●
●

●

●

●

●

●
●

●

●

●
●

●
●

●
●

●
●

●
●

●
●

●●

●

●

●●

●

●

●
●●

●

●●

●●

●

●

●

●

●
●

●
●

●

●

●

●

●●

●●

●●

●●

●
●

●

●

●

●

●

●

●
●

●●

●●

●●

●

●

●
●

●●

●

●

●
●

●●

●●

●

●

●
●

●

●
●

●

●

●

●●

●

●

●
●

●

●

●●

●
●

●●

●

●
● ●●●

●●

●

●●

●
●

●●

●
●

●

●

●●

●
●

●
●

●●

●

●

●

●

●●

●
●

●

●

●

●

●
●

●
●

●●

●

●

●
●

●

●

●●

●●

●

●

●

●

●●

●
●

●●

●●

●

●
●

●

●

●

●

●

●

●

●

●

●
●

●
●

●●

●
●

●
●●

●

●
●●●

●●

●

●

●●

●●

●●

●●

●●

●

●

●
●

●

●●●

●

●

●
●

●

●

●

●

●

●

●

●

●

●

●●

●

●

●

●

●

●

●

●
●
●

●

●

●
●

0.0

0.5

1.0

1.5

2.0

0.0 0.5 1.0 1.5 2.0

Behaviour rate (period 1)

●
●

●

●

●●●

●

●
● ●

●
●
●

●●

●●

●
●

●●

●
●

●

●

●
●

●

●

●●
●

●

●
●

●
●

●
●

●

●

●
●

●
●

●
●
●

●

●

●●

●●●●

●

●●

●

●

●
●

●
●

●

●

●

●●

●
●
●

●●
●

●●●●
●

●

●●

●

●

●
●

●

● ●

●

●

●

●●

●●

●●

●

●

●
●

●●

●
●

●●
●●

●
●

●

●

●

●

●

●

●●

●
●

●

●

●
●

●
●

●●●●
●●●

●●
● ●●

●

●
●●

●●
●● ●

●

●

●

●

●

●●

●

●

●

●
●●

●●

●●●

●
●

●

●●●●

●
●

●●

●●

●

●

●●

●●●

●●●

●
●

●●

●●

●

●●
●

●

●

●
●

●

●

●●

●●

●●

●●
●●

●
●

●●

●●

●●

●●

●

●

●
●

●

●

●
●

●

●

●
●

●●
●
●

●

●

●●

●●●●

●●
●

●

●
●

●

●

●●

●●

●●
●●

●
●●●

●
●

●●
●● ●

●

●
●

●●

●
●

●
●

●●

●
●

●●●
●

●●

●
●

●●

●

●

●

●
●
●●

●

●

●

●●

●
●

●●

●

●
●●●

●

●

●●

●
●

●

●

●

●

●●
●●

●
●

●●

●
●

●●

●

●

●

●

●●

●

●

●●

●
●

●

●

●
●

●

●

●●

●

●

●

●

●●

●●

●
● ●

●

●●

●●

●
●

●●

●●
●

●

●
●

●●
●●

●

●

●
●●

●
●

●

●●

●●

●●
●
●

●

●

●●

●
●

●
●

●●

●●

●●

●●

●●

●

●

●●

●●

●
●

●

●●

●●

●●

●
●

●

●

●●

●

●●●

●

●

●●
●
●

●●

●●

●●

●
●

●
●

●

●●

●

●

●

●●

●●
●●

●

●
●●

●●

●
●

●
●

●
●

●

●
●●

●●

●●

●●

●●

●

●

●
●●●

●

●

●
●

●
● ●

●●●

●
●●●

●

●

●

●

●

●

●

●●

●

●

●●

●
●

●●

●
●

●●

●●

●●
●

●
●●

●

●

●●

●
●

●
●●●

●●

●
●●
●

●

●

●

●

●●

●

●

●●

●●

●
●

●

●●

●

●

●●

●

●

●●

●

●

●
●

●●

●●

●●

●
●

●
●

●● ●

●

●
●

●

●

●

●
●
●

●
●

●●

●●

●

●●

●

●

●●

●●
●
●

●●

●●

●●

●●

●●

●●●

●

●●

●
●●

●

●

●

●

●
●

●

●
●

●
●

●
●

●
●

●

●
●●

●
●

●

● ●●
●●

●
●●

●

●

●

●
●

●●

●●
●●

●

●

●

●

●●

●●

● ●

●●

●●

●●

●
●

●

●

●

●
●

●
●

●

●

●

●

●●

●

●

●
●

●●

●●

●

●
●

●

●

●●

●

●●

●

●
●
●●

●

●

●●

●
●

●

●

●
●

●●

●
●

●●

●●

●
●

●
●

●

●

●
●

●●
●

●

●

● ●

● ●●
●●

●●

●●

●●

●
●

●
●

●

●

●

●

●
●

●
●

●●

●
●●

●●●

●

●

●
●

●●

●

●

●
●

●
●

●●
●
●

●
●

●

●

●
●

●

●

●

●

●●

●●

●●

●
●

●

●●

●
●

●

●

●●

●
●●

●

●
●

●
●

●

●

●

●

●
●

●●

●
●

●● ●

●

●●

●
●

●

●

●●

●
●

●
●

●●

●
●

●
●

●
●

●

●

●●●

●

●
●

●
●
●●

●●
●●●

● ●
●

●●

●

●●
●

●●

●

●

●●
●●●
●

●●

●

●

●
●

●●

●

●

●●

●

●

●●

●●
●●

●
●

●●
●

●

●●

●
●

●

●
●

●

●
●

●●
●●

●

●

●●

●●

●
●

●

●

●

●

●●

●

●
●

●

0

2

4

6

0 2 4 6
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Figure 5.
Comparison between the absolute deviations of the parameters estimated with the MoM (x axis) and the GMoM (y axis) for the second block in Table 2.
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Figure 6.
Comparison between the estimated standard errors of the MoM (x axis) and the GMoM (y axis) for the second block in Table 2.
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d
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b
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p
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b
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b
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p
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d
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d
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b
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d
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p
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r-o
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b
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e
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p
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b
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b
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p
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b
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b
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b
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b
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p
h
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p
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p
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p
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p
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b
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b
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;
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;
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d
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p
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p
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