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ABSTRACT
Objective In a pandemic, government assistance is 
essential to support the most vulnerable households as 
they face health and economic challenges. However, 
government assistance is effective only when it reaches 
vulnerable households in time. In this paper, we estimated 
the timeliness of government assistance for the most 
vulnerable households (ie, the poor households) in Ethiopia 
during its COVID- 19 response of 2020. In particular, we 
conducted a time- to- event analysis to compare the time 
to receive government assistance between poor and non- 
poor households in Ethiopia.
Methods We used a semiparametric Cox proportional 
model to evaluate whether the time to first receipt of 
government assistance during the COVID- 19 response 
in 2020 differed between poor and non- poor Ethiopian 
households. We used the Schoenfeld test to check the 
proportionality assumption and conducted the stratified 
Cox regression analysis to adjust for non- proportional 
variables. The data from World Bank’s High- Frequency 
Phone Surveys on COVID- 19 and the 2019 Ethiopian 
Socioeconomic Survey were used for this analysis.
Results We found that the poor households in rural 
areas were 88% (HR: 1.88; 95% CI: 1.19 to 2.98) more 
likely to receive government assistance than non- poor 
households at any point within 10 months after the start of 
the pandemic. However, there was no significant difference 
between urban poor and non- poor households’ likelihood 
of receiving government assistance during this timeframe.
Conclusion The Ethiopian government has leveraged its 
existing social protection network to quickly reach poor 
households in rural areas during the COVID- 19 response of 
2020. The country will need to continue strengthening and 
scaling the existing social protection systems to accurately 
target the wider vulnerable population in urban areas.

INTRODUCTION
In crises situations such as the COVID- 19 
pandemic, government assistance is crucial 
to enable low- income families to cope with 
health and economic challenges. This 
assistance cushions poor households from 
income and food shocks by replacing lost 
income, providing food security and slowing 

WHAT IS ALREADY KNOWN ON THIS TOPIC
 ⇒ In a pandemic, government assistance is crucial 
to enable low- income families to cope with health 
and economic challenges. Ethiopian government 
prioritised vulnerable population groups such as the 
poor, informal sector workers and female- headed 
households as key populations to receive social 
protection in the early COVID- 19 response of 2020. 
However, little is known about how successful the 
government was in reaching its target population. 
The data collected from the surveys such as the 
Building Resilience in Ethiopia programme and the 
World Bank High- Frequency Phone Surveys provide 
an insight into the coverage of government assis-
tance during the COVID- 19 response of 2020.

WHAT THIS STUDY ADDS
 ⇒ Along with assessing whether the government social 
assistance went to those who needed it the most 
in the COVID- 19 pandemic, it is essential to investi-
gate how quickly the vulnerable groups received the 
assistance. Government assistance is effective only 
when it reaches the most affected in time. We used 
the World Bank’s High- Frequency Phone Surveys on 
COVID- 19 to estimate the timeliness of government 
assistance for the most vulnerable households (ie, 
the poor households) in Ethiopia during its COVID- 19 
response of 2020. We found that the poor households 
in rural areas were more likely to receive govern-
ment assistance than non- poor households at any 
point in time during Ethiopia’s COVID- 19 response of 
2020. However, there was no significant difference 
between urban poor and non- poor households’ like-
lihood of receiving government assistance.

HOW THIS STUDY MIGHT AFFECT RESEARCH, 
PRACTICE OR POLICY

 ⇒ The Ethiopian government has leveraged its existing 
safety net programmes to quickly reach poor house-
holds in rural areas during the COVID- 19 response of 
2020. However, the Ethiopian government will have 
to continue its efforts to scale up the current distri-
bution of social assistance to reach a wider vulnera-
ble population in urban areas if the COVID- 19 cases 
surge again.

 on S
eptem

ber 28, 2023 by guest. P
rotected by copyright.

http://gh.bm
j.com

/
B

M
J G

lob H
ealth: first published as 10.1136/bm

jgh-2022-008432 on 4 July 2022. D
ow

nloaded from
 

http://gh.bmj.com/
http://crossmark.crossref.org/dialog/?doi=10.1136/bmjgh-2022-008432&domain=pdf&date_stamp=2022-07-04
http://orcid.org/0000-0001-9842-989X
http://orcid.org/0000-0001-9214-7787
http://dx.doi.org/10.1136/bmjgh-2022-008432
http://dx.doi.org/10.1136/bmjgh-2022-008432
http://gh.bmj.com/


2 Deshpande AS, et al. BMJ Global Health 2022;7:e008432. doi:10.1136/bmjgh-2022-008432

BMJ Global Health

the downward economic pull of the pandemic. Within 
3 months of the start of the COVID- 19 pandemic (by May 
2020), around 190 countries introduced social protec-
tion measures; about 60% of these were social assistance, 
while cash transfers represented 30%.1 However, there 
were disparities in access to these social protection meas-
ures across countries and regions. For example, cash 
transfers covered around 22% of the total population 
in North America but reached only 2% of the popula-
tion in Africa.1 Access to social protection measures is 
important because the COVID- 19 pandemic has given 
rise to what the World Bank calls the ‘new poor’, defined 
as those who were expected to be non- poor prior to 
the COVID- 19 outbreak but were pushed into poverty 
in 2020 by the pandemic.2 Globally, around 97 million 
people were pushed into poverty by COVID- 19 in 2020. 
The new poor are more likely to come from households 
in low- income and middle- income countries (LMICs) 
with incomes near the poverty threshold before the 
COVID- 19 pandemic, as the adverse economic effects of 
the pandemic are concentrated in this group.3

Previous studies indicate that poor households have a 
higher incidence of chronic comorbidities, increasing 
their risk of COVID- 19 infection and catastrophic health 
expenditure.4 In addition, these households are more 
likely to adopt extreme coping strategies, such as selling 
assets or reducing food expenditure, which could have 
adverse long- term consequences. Furthermore, poor 
households tend to reduce spending on their children’s 
education during a crisis. Therefore, their children 
are more likely to discontinue schooling, permanently 
reducing their potential future earnings.5

Ethiopia, the second- most populous country in Africa, 
confirmed its first case of COVID- 19 on 13 March 2020. 
By January 2021, 10 months later, the cumulative number 
of confirmed cases had reached 137 650, and about 2093 
people had died from COVID- 19. Within 7 months of the 
start of the pandemic in Ethiopia, 8% of Ethiopian house-
holds reported that at least one household member had 
experienced a job loss, and 75% of households reported 
a reduction or total loss of income due to COVID- 19.6 7 
A third of these households reduced food expenditure 
or sold their assets to cope with the income loss. This 
COVID- related income loss was more prevalent among 
poor households than non- poor households.8

COVID-19 social assistance in Ethiopia
The Ethiopian government’s response to pandemic- 
related food and income shocks came primarily from 
its existing social protection network, the Productive 
Safety Net Programme (PSNP).8 Since 2005, the PSNP 
programme has provided food and cash assistance to 
the poorest rural households in exchange for labour. In 
addition, the Urban Productive Safety Net Programme 
(UPSNP) programme was launched in 2017 to cover 
food- insecure households in a few urban areas. After the 
COVID- 19 outbreak, the Ethiopian government waived 

PSNP’s work requirement for 3 months and provided 
unconditional benefits to its beneficiaries.

Although the Ethiopian government’s COVID- 19 
response considered vulnerable groups such as the poor, 
informal sector workers and female- headed households 
as key populations to receive social protection, little 
is known about how successful the government was in 
reaching those it targeted.7 9 10 Two important questions 
are whether the government social assistance went to 
those who needed it the most to cope with the COVID- 19 
pandemic and how fast they received it. Furthermore, 
the government’s assistance is effective only if it quickly 
reaches the most affected families to provide much- 
needed support. Although a few studies have assessed 
which groups benefited the most from the govern-
ment assistance during the initial months of COVID- 19 
response,11 none has evaluated how fast government 
assistance reached vulnerable groups. We fill this gap by 
estimating the timeliness of government assistance for the 
most vulnerable households (ie, the poor households) in 
Ethiopia during its COVID- 19 response of 2020. In partic-
ular, we conducted a time- to- event analysis to compare 
the time to receive government assistance between poor 
and non- poor households in 2020.

METHODS
Study setting
Ethiopia confirmed its first case of COVID- 19 on 13 
March 2020, in Addis Ababa. Since then, it has spread to 
all regions in Ethiopia. As of 30 November 2020, Addis 
Ababa city was the most affected (58 457 cases repre-
senting 53% of all cases), followed by Oromia (18 509 
cases), Tigray (6662 cases) and Amhara (6383 cases).12 
The Ethiopian Federal government implemented several 
public health measures to slow the spread of COVID- 19 
early in the pandemic. These included shelter- in- place 
orders, bans on large gatherings and overcrowded 
public transport, school and college closures and manda-
tory quarantine for infected persons. The government 
also disseminated information on preventive measures 
through media, cell phones and the Ministry of Health 
website.13 On 8 April 2020, the government declared a 
state of emergency to curb the spread of the COVID- 
19.14 To alleviate the economic impacts of COVID- 19, the 
government made essential modifications to the PSNP 
programme. For example, the government waived the 
public work requirement for 3 months from the start of 
the pandemic and made advance payments to all the bene-
ficiaries to cover April through June 2020.15 On 3 April 
2020, the Prime Minister’s office announced a COVID- 19 
Multi- Sectoral Preparedness and Response Plan, with 
prospective costing of interventions of US$1.64 billion.16 
The interventions included food provision to vulnerable 
people not covered under urban and rural PSNP, provi-
sion of shelter and non- food items, agriculture sector 
support and refugee support, among others.
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Data
We analysed data from the World Bank’s High- Frequency 
Phone Surveys (HFPS) on COVID- 19, implemented in 
Ethiopia from April 2020 to June 2021.7 HFPS includes 
a sample of 3249 households drawn from the house-
hold sample interviewed during the 2018/2019 Ethiopia 
Socioeconomic Survey (ESS).17 Like 2018/2019 ESS, 
the HFPS sample is representative at the national, rural 
and urban levels. The HFPS sample was tracked over 12 
survey rounds between April 2020 and June 2021 through 
monthly phone interviews. The number of households 
followed up in each of the survey rounds is described 
in table 1. HFPS collected information on whether 
the households received assistance during COVID- 19, 
including the type of assistance, the amount received 
and the types of institutions providing the assistance. We 
merged the HFPS sample with the 2019 ESS sample to 
construct a prepandemic sociodemographic profile of 
Ethiopian households. The information on each house-
hold’s structure, economic status and location (rural/
urban) was obtained from the ESS 2019 data, while the 
experience of COVID- 19 social assistance was obtained 
from the HFPS data.

Study variables
The primary outcome variable was the time to first receipt 
government assistance, defined as the number of days 
until the household received assistance from the govern-
ment for the first time since the start of the pandemic. 
For households who received government assistance 
multiple times between April 2020 and January 2021, we 
only counted days until the household received the first 
government assistance. Households received multiple 
forms of government assistance (eg, food, cash and cash 
for work) through the PSNP or other social support chan-
nels. We included all forms of government assistance 
received through PSNP or non- PSNP in constructing 
the primary outcome variable. HFPS did not specify 
the exact dates when the households received their first 

government assistance. Instead, households were asked 
to elicit a binary response (yes/no) to the question on 
whether they received any government assistance during 
the recall period (ie, the time since the last interview for 
the first three survey rounds and 4 weeks preceding the 
survey for all other rounds). If the household responded 
‘yes’ to the question on receiving government assistance, 
we assumed the mid- date of the recall period as the date 
of receiving the first government assistance. We then 
counted the number of days from 13 March 2020 (ie, 
the date of the first reported COVID- 19 case in Ethiopia) 
to the estimated date of receiving the first government 
assistance for each household to construct the primary 
outcome.

To explore potential differences in the administration 
of food assistance and cash assistance, we conducted a 
separate analysis using two secondary outcome vari-
ables: (1) receipt of the first food assistance from the 
government and (2) receipt of the first cash assistance 
from the government. Each secondary outcome variable 
was defined as the number of days until the household 
received the relevant assistance from the government for 
the first time during the COVID- 19 response of 2020.

The primary independent variable was the household’s 
prepandemic economic status captured by the spatially 
adjusted adult- equivalent consumption expenditure vari-
able from 2019 ESS data. We first divided the consump-
tion expenditure into deciles. We then created a binary 
variable with the bottom- most four deciles indicating 
poor households and the top- most six deciles indicating 
non- poor households. Most recent data on poverty in 
Ethiopia suggested that 30.8% of the population live 
below the global poverty threshold of $1.90 per day, 
68.9% live below the global threshold of $3.20 per day 
and 23.5% live below the national poverty threshold.18 
We took an approximate average of these estimates to 
capture a representative group of households living in 
poverty.

Table 1 Summary of COVID- 19 high- frequency phone surveys (HFPS), Ethiopia

Rounds

Number of households 
who completed the 
survey Interview start date Interview end date

Recall period for the 
questions on whether 
the household received 
any assistance from the 
government

Round 1 3249 22 April 2020 13 May 2020 Since the outbreak month

Round 2 3107 14 May 2020 3 June 2020 Since the last call

Round 3 3058 4 June 2020 26 June 2020 Since the last call

Round 4 2878 27 July 2020 14 August 2020 In the past 4 weeks

Round 5 2770 24 August 2020 17 September 2020 In the past 4 weeks

Round 6 2704 21 September 2020 14 October 2020 In the past 4 weeks

Round 7 2537 19 October 2020 10 November 2020 In the past 4 weeks

Round 9 2077 28 December 2020 22 January 2021 In the past 4 weeks

Survey rounds 8, 10, 11 and 12 did not collect information on assistance during COVID- 19.
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We controlled for other variables, which identified 
vulnerable groups that needed government assistance the 
most in the pandemic. Previous studies indicated that the 
households in densely populated urban areas were more 
likely to lose their labour incomes in the early phase of 
the pandemic.19 Moreover, women were disproportion-
ately affected, with women’s employment experiencing 
a most significant drop within 3 months after the start of 
the pandemic in Ethiopia.20 In addition, households with 
a higher number of non- earning members (elderly above 
64 years and children below 15 years) were more likely 
to absorb income shocks by resorting to extreme coping 
measures such as selling assets during the pandemic.21 
We, therefore, controlled for household location (rural/
urban), gender of household head (male/female), 
schooling status of household head (attended school/
did not attend school) and the ratio of the number of 
dependents to the total number of household members.

Statistical analysis
We conducted a time- to- event analysis using a semipara-
metric Cox proportional model to evaluate whether the 
time to first receipt of government assistance during the 
COVID- 19 response in 2020 differed between poor and 
non- poor Ethiopian households.22 The analytical sample 
included households who received government assis-
tance between April 2020 and January 2021 (uncensored 
observations) and households for which information on 
time to first receiving the government assistance was not 
available due to loss to follow- up or non- occurrence of 
the outcome before January 2021 (censored events).

We first plotted Kaplan- Meier failure function curves 
for poor and non- poor households to indicate the prob-
ability of receiving government assistance for the two 
groups at any point in time between March 2020 and 
January 2021. We then used a multivariable Cox propor-
tional hazard (PH) regression model to test whether 
the hazard rates were statistically different for poor and 
non- poor households, controlling for other factors. We 
applied probability weights to the Cox PH regression to 
obtain nationally representative HRs. The resultant HR 
from the Cox PH model was interpreted as the ratio of 
hazard rate in the poor to non- poor households. We then 
repeated the statistical analysis process on secondary 
outcome variables to evaluate whether the time to receive 
the first government food or cash assistance during the 
COVID- 19 response of 2020 differed between poor and 
non- poor Ethiopian households.

Model validation
Cox PH regression assumes that the hazard functions 
for the different strata of the variables in the model are 
proportional over time. We tested this proportionality 
assumption using the Schoenfeld test and found that it 
held for all but one covariate, household location (rural/
urban) (see table 3).23 Therefore, in line with recom-
mended practice, we stratified the Cox PH model by the 
variable that did not meet the proportionality assumption. 

While the stratified Cox PH model computes separate 
baseline hazards for each level of stratification, it assumes 
the same regression coefficients for remaining covariates 
across the strata. We tested this assumption of the strati-
fied Cox PH model by allowing interaction between the 
stratified variable and other covariates. Finally, we used 
the Wald test to check whether adding interaction terms 
in the stratified Cox model improved the model’s overall 
fit.

RESULTS
The analytical sample included 3247 households. These 
households were weighted to represent approximately 
19 million Ethiopian households (table 2). In 2019, a third 
of these households were located in urban areas, around 
a fourth were female- headed and nearly half of the house-
holds had a household head with no prior schooling. On 
average, 40% of all household members were depend-
ents. The average annual consumption expenditure of 
the poor households and non- poor households was Birr 
7135 (about US$245) and Birr 24 423 (about US$840), 
respectively. The poor households were more likely to 
be in rural areas (84.5%), have a male household head 
(78.0%) and have a head that did not attend the school 
(63.5%) (online supplemental appendix table 1).

Around 14.0% of households in Ethiopia received 
some form of government assistance at least once by 
January 2021, that is, within 10 months from the start 
of the COVID- 19 pandemic (table 2). In this 10- month 
timeframe, government assistance had reached a higher 
proportion of poor households (18.8%) than non- poor 
households (10.6%). Similarly, the Ethiopian govern-
ment reached a higher proportion of other vulnerable 
households by January 2021. For example, 16.0% of rural 
households, 23.8% of female- headed households and 
16.9% of households with uneducated heads received 
government assistance vis- a- vis 9.9% of households in 
urban areas, 10.8% of with male- headed households and 
11.0% of households with educated heads.

The Kaplan- Meier failure function for poor and non- 
poor households plotted in figure 1 indicates that the 
probability of the first receipt of government assistance 
was higher for poor households than non- poor house-
holds at all points in time between March 2020 and 
January 2021. Two months after the start of the pandemic 
(ie, day 60), the likelihood that a poor household had 
received the first government assistance (10.9%) was 
twice that of the non- poor households (5.5%). By the 
10th month (day 300), the likelihood that a poor house-
hold had received government assistance for the first 
time (26.7%) continued to be almost twice that of the 
non- poor households (15.0%).

Even after holding all other variables constant, the 
adjusted HR from the Cox PH regression for poor 
compared with non- poor households was 1.72 (HR: 
1.72; 95% CI: 1.18 to 2.49) (table 3, column 1). In other 
words, poor households were 72% more likely to receive 
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their first instance of government assistance than non- 
poor households at any point in time during the first 10 
months of the pandemic; this implies that the Ethiopian 
government’s approach to providing the assistance was 
pro- poor. Similarly, the adjusted HR for female- headed 
households compared with male- headed households was 
2.89 (HR: 2.89; 95% CI: 1.95 to 4.28). Urban households 
were significantly less likely to receive their first instance 
of government assistance than rural households (HR: 
0.58; CI: 0.41 to 0.83) at any point in time during the first 
10 months of the pandemic.

We tested the proportionality assumption of the Cox 
PH model using the Schoenfeld statistical test (table 3, 
column 2). We found that all variables except the house-
hold location (rural/urban) variable met the propor-
tionality assumption. Therefore, we ran a stratified Cox 
regression model where we stratified the model by the 
household location (rural/urban) categories (table 3, 
column 3). The stratified model indicated that the 
expected adjusted hazard was 1.71 times (HR: 1.71; 
95% CI: 1.18 to 2.47) higher in poor than non- poor 
households. Moreover, the female- headed households 
were significantly more likely to receive their first govern-
ment assistance than male- headed households at any 
point in time between March 2020 and January 2021.

We allowed the HRs to vary across rural and urban 
locations by including an interaction between household 
location and other variables in the regression (table 3, 
column 4). We found a significant effect of poverty and 
gender of household head in rural areas, while schooling 
status and gender of household head were significant in 
urban areas (table 4). Among rural households, the poor 
households were significantly more likely to receive their 
first government assistance than non- poor households 
(HR: 1.88; 95% CI: 1.19 to 2.98) at any time during the 
first 10 months after the start of the pandemic. However, 

the expected hazard was not significantly different for 
poor and non- poor households in urban areas (HR: 
1.04; 95% CI: 0.62 to 1.76). The HR for households 
with educated versus uneducated heads differed among 
rural and urban households. In rural areas, there was 
no significant difference in the likelihood of receiving 
first government assistance between households with 
educated and uneducated heads (HR: 0.88; 95% CI: 0.55 
to 1.40). However, households with uneducated heads 
were 99% more likely (HR: 1.99 ; 95% CI: 1.30 to 3.04) 
to receive government assistance than educated heads in 
urban areas. On the other hand, female- headed house-
holds had a significantly higher likelihood of receiving 
government assistance than male- headed households at 
any time during the survey period in both rural (HR: 
3.00; 95% CI: 1.84 to 4.90) and urban areas (HR: 2.43; 
95% CI: 1.61 to 3.69).

We ran the Wald test to check whether adding interac-
tion terms in the model creates a statistically significant 
improvement in the model’s fit. Based on the Wald test, 
we were able to reject the null hypothesis that the coef-
ficients of interaction terms are simultaneously equal to 
zero, indicating that the stratified model with interaction 
terms improves the fit of the model.

In the subgroup analysis, we found that the time to 
receive food assistance for the first time from the govern-
ment did not differ significantly between poor and non- 
poor households at any point in time between March 
2020 and January 2021 (online supplemental appendix 
table 2, column 3). However, poor households were more 
likely to receive their first government cash assistance 
than non- poor households at any point in time during 
the COVID- 19 response of 2020 (online supplemental 
appendix table 3, column 3).

DISCUSSION
Little is known about how effective governments are in 
reaching the people they aim to protect during emergen-
cies such as the COVID- 19 pandemic. Our study helps 
to fill one aspect of this knowledge gap by investigating 
whether government support reached those most likely 
to need it and how quickly they received it. We found 
that the Ethiopian government’s delivery of social assis-
tance was pro- poor during the 2020 COVID- 19 response. 
In particular, poor households in rural areas had a higher 
likelihood of receiving government assistance than non- 
poor households during this timeframe. However, within 
urban areas, there was no significant difference between 
poor and non- poor households’ likelihood of receiving 
government assistance. Moreover, government assistance 
was more likely to reach female- headed households than 
male- headed households in both rural and urban areas 
at any point in time during the first 10 months of the 
pandemic.

One reason why government assistance reached a 
higher proportion of poorer households in rural areas 
may be the strong presence of PSNP networks in rural 
Ethiopia since 2005. Most households who received 

Figure 1 Kaplan- Meier failure function for poor and non- 
poor households. Kaplan- Meier failure function for poor and 
non- poor households indicates the probability of receiving 
the first government assistance for the two groups at any 
point in time between 13 March 2020 (start date of the 
pandemic in Ethiopia) and January 2021.
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government assistance at least once reported that their 
first government assistance came through a PSNP 
programme. A study evaluating the effectiveness of the 
PSNP programme during the COVID- 19 pandemic found 
that participation in PSNP offset all of the adverse effects 
of the COVID- 19 pandemic on food insecurity.14 PSNP 
households were less likely to adopt extreme coping 
measures such as reducing expenditures on education, 
health and agricultural inputs. The protective effect of 
PSNP was higher for poorer households and those living 
in remote, rural areas.

Although the Ethiopian government mainly considered 
targeting the urban poor in its 2020 COVID- 19 response, 
we did not find a significant difference between urban 
poor and non- poor households’ likelihood of receiving 
government assistance at any point in time.9 This might be 
because the UPSNP pilot is relatively new. It was launched 
only in 2017 in 11 cities.24 The Ethiopian government’s 
ability to achieve a pro- poor approach in rural areas and 
not as much in urban areas highlights the importance of 
having a robust social protection infrastructure to enable 
quick distribution of benefits to the most vulnerable 

Table 3 Cox proportional hazards regression model, scaled Schoenfeld test and stratified Cox proportional regression model 
for the outcome variable ‘time to first receipt government assistance’

(1) (2) (3) (4)

Variables Cox Proportional 
Hazards Regression 
Model

Scaled Schoenfeld 
residual test

Stratified Cox 
Regression Model, 
stratified by household 
location without 
interaction terms

Stratified Cox 
Regression 
Model, stratified 
by household 
location with 
interaction terms

  HR Prob>χ2 HR HR

Household location (0=rural, 
1=urban)

0.582***
(0.104)

0.0128

Gender of household head (0=male, 
1=female)

2.891***
(0.578)

0.6009 2.866***
(0.564)

3.001***
(0.752)

Schooling status of the household 
head (0=attended school, 1=did not 
attend school)

1.051
(0.208)

0.468 1.054
(0.207)

0.880
(0.208)

Economic status of the household 
based on consumption expenditure 
(0=non- poor, 1=poor)

1.718***
(0.326)

0.4061 1.706***
(0.323)

1.884***
(0.440)

Ratio of number of dependent 
members to total number of 
household members

1.004
(0.00376)

0.1588 1.004
(0.00374)

1.002
(0.00485)

Interaction term: household location 
(0=rural, 1=urban) * gender of 
household head (0=male, 1=female)

0.811
(0.266)

Interaction term: household location 
(0=rural, 1=urban) * schooling status 
of the household head (0=attended 
school, 1=did not attend school)

2.259**
(0.724)

Interaction term: household location 
(0=rural, 1=urban) * economic 
status of the household based on 
consumption expenditure (0=non- 
poor, 1=poor)

0.553*
(0.197)

Interaction term: household location 
(0=rural, 1=urban) * ratio of number 
of dependent members to total 
number of household members

1.005
(0.00649)

Global test 0.0144

Observations 3246 3246 3246

Robust seeform in parentheses: ***p<0.01, **p<0.05, *p<0.1.
Based on the Wald test, we rejected the null hypothesis that the coefficients of interaction terms (column 4) are simultaneously equal to zero.
χ2 =9.39; Prob>χ2=0.0520.
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groups in crises. In September 2020, Ethiopia received 
a grant to launch the Urban Productive Safety Nets and 
Jobs Project (UPSNJP) to extend economic support to 
the urban poor in 83 cities and promote the inclusion of 
disadvantaged urban youth in labour market.

Despite the pro- poor findings, the Ethiopian govern-
ment still has room for improvement. The government 
assistance only reached a small proportion of poor 
households during the initial COVID- 19 response of 
2020. Around 57% of the poor households who received 
some form of government assistance reported receiving 
assistance only once, as of October 2020.25 HFPS also 
collected information on the value of assistance received. 
The respondents were asked to report cash equivalent 
for food and in- kind assistance along with the value of 
cash assistance. In the first HFPS round, poor households 
reported receiving US$23.5 on average from the govern-
ment (range: US$0.9 to US$81.6, median: US$17.2). In 
HFPS round 5 (ie, September 2021), the average govern-
ment assistance reported by the poor households was 
US$37.1 (range: US$0.9 to US$257.7, median: US$25.8). 
Given that most households received assistance only once 
between March and October 2020, the median assistance 
reported received by most households was below the 
monthly minimum wage of US$34.7 in Ethiopia.26 The 
coverage and value of government assistance need to 
be increased with a special focus on those most affected 
by poverty. Moreover, the government can improve its 
targeting in the urban areas to achieve the kinds of results 
in the rural area. The UPSNJP launched by the Ethiopian 
government is a step in the right direction.

The main strength of our study lies in conducting 
a time- to- event analysis. In time- to- event analysis, we 
are able to assess whether the event had occurred and 
also assess when the event occurred. In a public health 
emergency like the COVID- 19, it is crucial to investigate 
whether the most vulnerable groups received the assis-
tance. However, it is equally important to ask how quickly 

they receive assistance because in the absence of timely 
assistance, households are pushed to adopt extreme 
coping strategies that are likely to have long- lasting nega-
tive consequences. Our findings are similar to a previous 
study by Josephson and colleagues that used HFPS data 
and a linear probability model to estimate the likelihood 
of different vulnerable groups to receive assistance during 
the COVID- 19 pandemic.11 Josephson and colleagues 
found that female- headed households were more likely 
to receive social assistance than male- headed households 
in four African countries, including Ethiopia. However, 
the linear regression methods used in their study are 
not suited to evaluate the time- to- event aspects of social 
assistance.

There are limitations to our study. First, the HFPS 
sample represents only those households with access to 
phones.27 While 90% of households in urban Ethiopia 
have access to phones, only 40% of rural households 
own a phone. There is a systematic difference between 
the households who own phones and those who do not 
own phones in terms of total consumption expenditure. 
Therefore, it is likely that impoverished households 
who do not have access to phones are not captured in 
the HFPS. Nevertheless, we still found a pro- poor effect 
in rural households among those with phones which is 
a positive outcome by itself. Second, the length of the 
recall period for the question on government assistance 
receipt differed among survey rounds. For example, in 
rounds 2 and 3, the households were asked if they had 
received any government assistance since the previous 
interview call. From round 4 onwards, the households 
were asked if they had received government assistance in 
the 4 weeks preceding the survey date. The changes in 
the recall period and framing of the question over the 
survey rounds might lead to the inconsistent recording 
of the government assistance receipt. The information 
on the receipt of government assistance is not available 
for round 8. Therefore, the instances of government 

Table 4 Cox proportional hazards regression model fitted to rural and urban households for the outcome variable ‘time to 
first receipt government assistance’

(1) (2)

Variables Rural Cox Proportional 
Hazards Regression Model

Urban Cox Proportional 
Hazards Regression Model

  HR HR

Gender of household head (0=male, 1=female) 3.001***
(0.752)

2.434***
(0.517)

Schooling status of the household head (0=attended school, 
1=did not attend school)

0.880
(0.208)

1.988***
(0.430)

Economic status of the household based on consumption 
expenditure (0=non- poor, 1=poor)

1.884***
(0.440)

1.042
(0.279)

Ratio of number of dependent members to the total number of 
household members

1.002
(0.00485)

1.007*
(0.00431)

Observations 976 2770

Robust seeform in parentheses: ***p<0.01, **p<0.05, *p<0.1.
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assistance receipt may be underestimated in our anal-
ysis. Third, we used a relative measure of poverty in our 
analysis to identify poor households, which is different 
from geographical and community- based targeting used 
by Ethiopian social assistance programmes to reach 
poor and food- insecure households. In our analysis, all 
households with an annual consumption expenditure in 
the bottom- most four deciles of the HFPS sample were 
considered poor. This different approach to measuring 
poverty might explain why we found that 10% of non- 
poor households received government assistance during 
the COVID- 19 response of 2020.

While targeting those in need and providing timely 
assistance during the pandemic is crucial, it is also 
important to investigate whether the assistance received 
was adequate. One- time assistance or scant assistance 
per capita might not be enough for poor households to 
cope with the downward economic pull of the pandemic. 
Therefore, future research should investigate whether 
those in need received adequate COVID- 19 assistance 
from the Ethiopian government. Moreover, researchers 
can use the HFPS data collected for other countries to 
evaluate their response to the pandemic and identify 
strategies that worked or could be strengthened to reach 
a broader swath of the vulnerable population.

In summary, our study highlights how Ethiopia was able 
to leverage its existing social protection system during a 
public health emergency to help reach its most vulner-
able population groups. However, countries need to be 
mindful of pre- existing structural gaps in the existing 
social protection system. The COVID- 19 pandemic 
provides an opportunity to fix some of the pre- existing 
bottlenecks in the social protection system. Therefore, 
investing in strengthening and scaling the existing social 
protection systems will help countries reduce impoverish-
ments, reduce catastrophic spending and build resilience 
to future crises.

CONCLUSION
In a public health emergency, government assistance is 
crucial to cushion vulnerable households from health, 
food and income shocks. However, government assis-
tance is effective only when it reaches the most vulner-
able people on time. We show that the government social 
assistance in Ethiopia was more likely to reach the poor 
than non- poor in rural areas at any point in time in the 
10 months timeframe from the start of the pandemic. 
However, the Ethiopian government will have to continue 
its efforts to scale up the current distribution of social 
assistance to reach a larger proportion of the vulnerable 
population in urban areas if the COVID- 19 cases surge 
again.
Twitter Addis Kassahun Mulat @KassahunAddis
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