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ABSTRACT
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2. SETUP

2.1 Models for automatic extraction
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2.2 Database representation of extraction un-

certainty

2.2.1 Segmentation per row model
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2.2.2 One-row model
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2.2.3 Multi-row model
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2.3 Quantifying approximation quality
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3. APPROXIMATIONS

3.1 One row model
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3.1.1 Computing marginals from model
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3.2 Multi-row model
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3.3 Enumeration-based approach
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3.4 Structural approach
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3.5 Merging structures
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4. EXPERIMENTS

4.1 Datasets

4.2 Error reduction with probabilistic data
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4.3 Comparing models of imprecision

4.4 Evaluating the multi-row algorithm

Dependence on input parameters
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