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Biological membrane is a complex self-assembly of lipids, sterols and proteins organized as a
fluid bilayer of two closely stacked lipid leaflets. Differential molecular interactions among its di-
verse constituents give rise to heterogeneities in the membrane lateral organization. Under certain
conditions, heterogeneities in the two leaflets can be spatially synchronised and exist as registered
domains across the bilayer. Several contrasting theories behind mechanisms that induce registra-
tion of nanoscale domains have been suggested[1–3]. Following a recent study[4] showing the effect
of position of lipid tail unsaturation on domain registration behavior, we decided to develop an
analytical theory to elucidate the driving forces that create and maintain domain registry across
leaflets. Towards this, we formulated a Hamiltonian for a stacked lattice system where site variables
encapsulate the lipid molecular properties including the position of unsaturation and various other
interactions that could drive phase separation and interleaflet coupling. We solve the Hamiltonian
using Monte Carlo simulations and create a complete phase diagram that reports the presence or
absence of registered domains as a function of various Hamiltonian parameters. We find that the
interleaflet coupling should be described as a competing enthalpic contribution due to interaction
of lipid tail termini, primarily due to saturated-saturated interactions, and an interleaflet entropic
contribution from overlap of unsaturated tail termini. We find that higher position of unsaturation
provides weaker interleaflet coupling. We also find points in our parameter space that allow ther-
modynamically stable nanodomains in our bilayer model, which we have verified by carrying out
extended Monte Carlo simulations. These persistent non-coalescing registered nanodomains close
to the lower end of the accepted nanodomain size range also point towards a possible “nanoscale”
emulsion description of lateral heterogeneities in biological membrane leaflets.

I. INTRODUCTION

The biological cell membrane contains a host of lipids
and other biomolecules such as proteins and glycans,
which interact dynamically to facilitate biological pro-
cesses like signal transduction and membrane protein
oligomerization. Lipids in model ternary and quater-
nary membrane systems can segregate into liquid ordered
(Lo) and liquid disordered (Ld) phases. Experimentally
observed phase separated domains from in vitro studies
range from micrometers to nanometers in their size[5–
12]. Apart from studies on model in vitro systems, seg-
regation of lipids into Lo and Ld phases has also been

∗ Also at Molecular Biophysics Unit, Indian Institute of Science-
Bangalore.

† Currently at Department of Chemistry, University of Illinois
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observed in in vivo membranes[13–16]. The functional
importance of this phase separation is exemplified dur-
ing signal transduction across cells, where the relay of
signal from the outer to inner leaflet and vice-versa is
highly dependent on the communication between the two
leaflets. Experimental studies have shown the impor-
tance of lipids in synchronising the reception and trans-
mission of messages across the bilayer[17–19]. T-cell and
B-cell receptor mediated immune response is a classical
example of systems where co-localization of outer and
inner leaflet ordered domains, i.e ”registration” of or-
dered lipids, plays an important role in lipid mediated
signal transduction[20–22]. Understanding the origin and
molecular driving forces giving rise to ”registration” or
”anti-registration” of the ordered domains in the two
leaflets can provide important insights into the related
physiologically critical processes.

Existing studies on the topic contain a variety of the-
ories, some of them conflicting with each other, on the
nature of the driving forces for domain registration. Ex-
change of cholesterol between ordered domains in the
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outer leaflet and the inner leaflet in asymmetric mem-
branes has been hypothesised to form and maintain reg-
istered ordered domains in the inner leaflet in some the-
oretical models[23–25]. A mismatch energy, contributed
when ordered and disordered domains overlap between
leaflets, has also been studied as a possible driving force
for domain registration[1]. This mismatch energy can be
understood in terms of the energy penalty required when
Lo and Ld domains interact between leaflets. In con-
trast, however, several studies claim membrane undula-
tions and domain bending stiffness to cause domain reg-
istration without any direct interleaflet coupling[3, 26].
There is also work done suggesting domain boundary
line tension as a driving force for registration and this
model also does not require explicit coupling of the lipid
bilayer leaflets[27]. These studies argue that the differ-
ence in splay rigidities between the Lo and Ld domains in
both leaflets causes preferential distribution of stiffer do-
mains in regions of the membrane with lower curvature
fluctuations. This, along with the energy gain from a
decrease of line tension at the domain boundaries, is sug-
gested as a possible explanation towards a driving force
for registration of both large and small domains. There
have been theoretical and computational studies on an-
other candidate for a possible driving force, hydropho-
bic mismatch, arising due to a difference in tail lengths
leading to differential membrane thickness between Lo

and Ld domains[2, 16, 28–31]. Both domain formation
kinetics and registration dynamics have been studied us-
ing hydrophobic mismatch as a driving force, and it has
been theoretically shown to produce phase coexistence
metastable states that capture both registered and anti-
registered possibilities upon phase separation.

While there is agreement that there isn’t one single
driving force for this phenomenon, the complexity of the
problem comes from the number of hypotheses avail-
able that seem to explain domain registration or anti-
registration. Further additions have been made to this
list of candidates recently, of particular interest being a
computational study by S. Zhang and X. Lin[4] showing a
significant effect of the position of unsaturation along the
lipid tail on domain registration tendencies in otherwise
identical systems. The authors carried out MARTINI[32]
coarse-grained molecular dynamics (CGMD) simulations
of two systems that were a mixture of DPPC, Cholesterol
and an unsaturated lipid with different positions of un-
saturation, which they called D23 and D34. Fig.1 shows
the chemical structures of the lipids.

They observed that the system where the unsaturated
lipid had lower position of unsaturation showed registra-
tion and the other system showed anti-registration. They
also suggested that the interleaflet coupling was through
an attractive interaction in the interleaflet region between
the tail termini of the lipids.

We found this to be a very intriguing face of the prob-
lem, and decided to investigate the physical cause of
the position of unsaturation affecting domain registra-
tion characteristics, which we believed could provide im-

portant insights into the overall registration mechanism.
Besides testing the deductions made in the original work
that credited the enthalpic interaction in the interleaflet
region for driving registration, we also wanted to explore
the role of the competing entropic factors in the inter-
leaflet region. Our primary hypothesis is as follows: A
higher position of unsaturation would lead to reduced
configurational entropy of the lipid tails in the core of the
membrane leading to a reduction in interleaflet interac-
tion. On the other hand, a lower position of unsaturation
forces the tail terminus to explore the interleaflet region
(instead of bending towards the polar headgroups), which
would lead to not only a better enthalpic but also an en-
hanced entropic contribution to the interleaflet coupling.
The entropic aspect of interleaflet coupling is an impor-
tant and often overlooked aspect that we bring to light
in this work.

To test this, we formulate a Hamiltonian with tunable
parameters that captures the hypothesised enthalpic and
entropic contributions as a function of position of un-
saturation along the length of the lipid tail for a lattice
system representing the bilayer as a stack of two square
lattices. We used this Hamiltonian and conducted a pa-
rameter study using Monte Carlo simulations for each
point in parameter space for all the systems under inves-
tigation. Using these simulations, we try to capture the
most dominant factor affecting the registration character-
istics of the systems, as well as the effect of the change
in position of unsaturation for a system described by our
Hamiltonian. The schematic of our workflow is provided
in sec.I of the Supporting Information (S.I) as fig:S1.

We describe our lattice model of the membrane bilayer
in the ”Model” section below and provide simulation de-
tails, specifications of the studied systems, as well as de-
tails about our analysis tools in the ”Methods” section.
Following that, we report our observations and findings
in the ”Results” section and we put all our results in the
context of existing literature and provide a detailed per-
spective on the implications of our observations in the
”Discussion” section. We finally summarize our work

FIG. 1: The chemical structures of the DPPC, D23
and D34 lipids. Note that the D23 and D34 lipids differ
only in their position of unsaturation and do not occur

naturally.
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in the ”Conclusions” section with some perspectives on
position of unsaturation in lipids as a driving force for
domain registration.

II. MODEL

Following our hypothesis, we wrote a Hamiltonian for a
system with two coupled membrane leaflets that captured
entropic behaviour of the lipid tails as well as the posi-
tions of unsaturations in the lipid tails. For this, we de-
cided to model the system as a pair of stacked square lat-
tices, each square representing a membrane leaflet. Each
leaflet would be populated with lipids in a symmetric
population distribution. Our site variables for the lattice
Hamiltonian are carefully curated to capture the molec-
ular details of the lipid, which we describe below. Our
Hamiltonian can be broken into two independent parts,
one for the lateral interactions within a leaflet, and the
other for the interleaflet interactions.

H = Hlat +Hinter (1)

BothHlat andHinter consist of an enthalpic and an en-
tropic part. Hlateral is formulated as shown below where
the first term can be denoted as Henth

lat and the second
term as Hentr

lat .

Hlat =
1

2

∑

<i,j>

∑

k=0,1

(

∑

α,α′

ǫαα′δα,ikδα′,jk

)

+
VSkBT

4

∑

k=0,1

∑

i

(

nα,ikln(φα,ik)

+ nα′,ikln(φα′,ik)

)

(2)

Similarily, Hinter is formulated as shown below, where
the first term can be denoted as Henth

inter and the second
term as Hentr

inter.

Hinter =
∑

i

(

∑

α,α′

ǫ′αα′δα,i0δα′,i1

)

+ V ′
SkBT

∑

k=0,1

∑

i

(

(

1 +

∑

pα
lα

)

n′
α,ikln(φ

′
α,ik)

+
(

1 +

∑

pα′

lα′

)

n′
α′,ikln(φ

′
α′,ik)

)

(3)

In the above eqns.2 and 3, the summation < i, j > is
a sum over orthogonal neighbours within a leaflet, and
the sum over i is a sum over the sites of a leaflet. The
δα,ik are kronecker deltas that become 1 when the lipid
occupying site i in leaflet k is of species α. We used a
simple Ising-like enthalpic interaction between lipids in a
leaflet for the lateral part at site i as follows:

ǫαα′ = −Vαα′sα,i0sα′,j0, (4)

Henth
lat =

1

2

∑

<i,j>

∑

k=0,1

(

∑

α,α′

ǫαα′δα,ikδα′,jk

)

(5)

and for lipids opposite each other in the two leaflets
for the interleaflet part as shown:

ǫ′αα′ = −V ′
αα′sα,i0sα′,i1 (6)

Henth
inter =

∑

i

∑

α,α′

ǫ′αα′δα,i0δα′,i1 (7)

where Vαα′ and V ′
αα′ are the corresponding interaction

strength parameters that can be tuned and serve as a
design variable. The site variables sα,ik for species α at
site i in leaflet k = 0 or 1 is given by:

sα,ik =

lα
∑

c=1

Sα,c

lα
(8)

which is the average SCD of the lipid species occupying
the site i in leaflet k, calculated from lipid trajectories
generated from all-atom molecular dynamics (AAMD)
simulations described ahead. As can be seen, the forms
in eqns.4 and 6 would lead to a stronger interleaflet en-
thalpic contribution for a lower position of unsaturation
due to the higher average SCD of those lipids.
We define the following term for the entropic behaviour

in the plane of a leaflet, where nα,ik is the count of lipids
of species α in the local region of site i in leaflet k shown
in fig.2(a), and φα,ik is the fraction of lipids of species α
in the same local region.

Hentr
lat,i =

VSkBT

4

(

nα,ikln(φα,ik) + nα′,ikln(φα′,ik)

)

(9)

This, summed over all sites of both leaflets, the above
equation can be expressed as:

Hentr
lat =

VSkBT

4

∑

k=0,1

∑

i

(

nα,ikln(φα,ik)

+nα′,ikln(φα′,ik)

)

(10)

For the entropic interaction coupling the two leaflets,
we define

Hentr
inter,i = V ′

SkBT

(

(

1 +

∑

pα
lα

)

n′
α,ikln(φ

′
α,ik)

+
(

1 +

∑

pα′

lα′

)

n′
α′,ikln(φ

′
α′,ik)

) (11)
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(a) (b)

FIG. 2: Cartoon representation of a local region of the
model, where the red sites are the locality over which
the parameters nα and φα are calculated for a lattice
site i. (a) represents the sites for the entropic term of
Hlateral, and (b) represents the sites for the entropic

term of Hinterleaflet

which, when summed over all sites of both leaflets, be-
comes

Hentr
inter = V ′

SkBT
∑

k=0,1

∑

i

(

(

1 +

∑

pα
lα

)

n′
α,ikln(φ

′
α,ik)

+
(

1 +

∑

pα′

lα′

)

n′
α′,ikln(φ

′
α′,ik)

)

(12)

where pα/lα gives the fractional position of unsatura-
tion along the lipid tail, being 0 at the head group, and
1 at the end of the tail, which is then summed over all
unsaturations of the tail. This scaling of the entropic
terms ensures that the entropic contribution is stronger
for terms involving lipids with lower position of unsatu-
ration while the saturated lipids remain unaffected. n′

α

and φ′
α are calculated in a locality shown in fig.2(b).

For a system of two lipids A and B, this gives us a
Hamiltonian with 9 parameters that are tunable during
simulations, shown together for convenience in table.I be-
low.

We use the Hamiltonian as defined above to calculate
the energy for our systems in the Monte-Carlo simula-
tions used in this study, which we describe in the follow-
ing section.

III. METHODS

We begin this section by describing how we obtained
the site variables and describing the systems we stud-
ied, followed by how they were used to generate data
using Monte-Carlo simulations. We also provide details
of the analysis tools used to obtain quantitative results
on phase separation and domain registration tendencies
of the systems from the generated data.

TABLE I: Description of all the tunable independent
parameters of the Hamiltonian for a 2-component

system with lipid species A and B.

Parameter Description
T Temperature
VS Lateral entropic term strength constant
V

′
S Interleaflet entropic term strength constant

VAA Lateral enthalpic strength constant for A-A
interaction

VBB Lateral enthalpic strength constant for B-B
interaction

VAB Lateral enthalpic strength constant for A-B
interaction

V
′
AA Interleaflet enthalpic strength constant for

A-A interaction
V

′
BB Interleaflet enthalpic strength constant for B-

B interaction
V

′
AB Interleaflet enthalpic strength constant for

A-B interaction

A. All-atom simulations of artificial lipids

We train the values of site variable (see eqn.8) for
each of the lipids used in the Monte-Carlo simulations
from all atom trajectories of DPPC-D23-Chol and
DPPC-D34-Chol systems. The study by S. Zhang and
X. Lin[4] used CGMD simulations where D23 and D34
are artificial lipids. To capture the lipid molecular prop-
erties faithfully, we reconstructed an atomic resolution
system and carried out AAMD simulations. In our
work, we have used a prescription that allows us to build
all-atom structures for artificial lipids that have a similar
chemical makeup to lipids with well-known forcefield
parameters. We provide a schematic of the workflow in
fig.3 and we describe the steps in the following text. We
prepared the all-atom descriptions of the artificial lipids,
namely D23 and D34 lipids using the Ligand Reader
and Modeler Module in CHARMM-GUI[33, 34]. Since
we aren’t using partial charges from Quantum-Chemical
calculations, we need to check the assigned partial
charges with a closely matching parameterized lipid
molecule which, in this case, were the partial charges
on the sp2 and sp3 hybridised lipid tail carbons in
the lipid DUPC. We then build the multi-component
lipid bilayer using the MemGen webserver[35] based
on the percentage composition of the required bilayer
and the number of lipids per leaflet in our system.
We have organized a tutorial with examples for the
workflow described above and made it publicly avail-
able at https://github.com/codesrivastavalab/
Membrane-Nanodomain-Registration/tree/main/
Artificial%20Lipid. Also, please note that common
modelling errors and issues during the generation
of the all-atom bilayer systems might require some
troubleshooting, which we discuss in sec.2 of the S.I.

For our systems, the average SCD was calculated for
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FIG. 3: Schematic of the workflow for generating
artificial lipid force field parameters for lipids with

different position of unsaturation and generation of the
bilayer topology.

DPPC, D23 and D34 lipids from the all-atom system of
144 DPPC, 80 D23/D34, and 56 Chol molecules in each
leaflet, which is close to the ratio used by Zhang and
Lin[4] in their publication. We used the CHARMM36
force field and first minimized the energy of the system
using steepest descent minimization. Then, we carried
out two rounds of 125 ps NVT equilibration at 303.15
K and four rounds of 250 ps NPT equilibration. We
ran production runs using GROMACS[36, 37] for a pe-
riod of 1µs with the PME[38, 39] method for electrostat-
ics, Nose-Hoover[40] temperature coupling and Parinello-
Rahman[41] pressure coupling. The LINCS[42] algorithm
was used to restrain hydrogen bonds. The tail order pa-
rameters of D23 and D34 lipids were calculated using the
gmx order program in GROMACS. The SCD values ob-
tained are averaged over all the D23/D34 lipids in the
D23/D34, DPPC, Chol ternary mixture and across 7.5
ns (SCD remain the same with increased averaging time).
SCD of nth carbon is calculated using the position of n−1
and n+ 1 carbons.
Fig.4 shows the SCD values for D23 and D34 lipids.

The decrease in the SCD values occurs at the position of
double bonds in D23 and D34 lipids. The dip in value of
SCD for the C atoms near the end of the alkyl tails of D34
lipids indicates the lower position of the double bonds as
seen from the molecular structure of the lipids. On an
average, D34 lipids show more ordering of the alkyl tails
in comparison to D23 lipids. The final values of the site
variables calculated by averaging the SCD over all tail
carbon atoms for the DPPC-D23 systems were DPPC-
0.3074681, D23-0.1692048, and for the DPPC-D34 sys-

(a)

(b)

FIG. 4: a) shows the SCD for the tail carbon atoms of
the D23 and DPPC lipids as calculated by averaging

over all D23 lipids of the D23-DPPC system. b) Shows
the same for the D34-DPPC system.

tems, they were DPPC-0.3565843, D34-0.2400412. As
we can see, the average SCD is higher for the unsatu-
rated lipid with a lower position of unsaturation. Please
note that the purpose of the AAMD simulations is only
to extract out a more realistic site variable for our Hamil-
tonian.

B. Setup for Monte Carlo simulations

We studied 6 systems, each being a stack of 2 100 ×
100 square lattices. The upper and lower leaflet have
symmetric populations in each system, with no lattice
points left empty. So, each leaflet contains 10,000 lipids
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of different species depending on the system. The details
of the 6 systems are shown in table.II.

TABLE II: Composition of the bilayers of the 6 systems
with symmetric leaflets.

Components System Composition
DPPC, D23 2×(5000 DPPC, 5000 D23)
DPPC, D23 2×(2500 DPPC, 7500 D23)
DPPC, D23 2×(7500 DPPC, 2500 D23)
DPPC, D34 2×(5000 DPPC, 5000 D34)
DPPC, D34 2×(2500 DPPC, 7500 D34)
DPPC, D34 2×(7500 DPPC, 2500 D34)

Each system underwent a Monte-Carlo simulation with
traditional Metropolis acceptance[43] for each combina-
tion of parameters in the following parameter space in
reduced units

T = 2.048

VS = 0.06

V ′
S ∈ {0.005, 0.02, 0.035, 0.050}

V ′
AA ∈ {8.0, 20.0, 32.0}

V ′
BB ∈ {8.0, 20.0, 32.0}

V ′
AB ∈ {8.0, 20.0, 32.0}

VAA ∈ {4.0, 7.0, 10.0, 13.0, 16.0}

VBB ∈ {4.0, 7.0, 10.0, 13.0, 16.0}

VAB ∈ {4.0, 7.0, 10.0, 13.0, 16.0}

(13)

with the restriction that VAB ≤ VBB ≤ VAA, since points
outside this would not show phase separation. This gives
us 3780 points in parameter space for each of the 6 sys-
tems. The temperature in reduced units corresponds to
the temperature of the all-atom simulations from which
the site variables were calculated. Also, we chose the
range of the in-plane enthalpic strength constants such
that the interaction energy would lie in the neighbour-
hood of the physiological DPPC-DPPC interaction en-
ergy estimated by P. Almeida in 2009[44]. Further ref-
erences to any point in parameter space will be written
as a chain of indices of parameters in the order shown in
eqn.13 above. For example, point 0-0-0-2-1-0-4-4-0 refers
to the parameters T = 2.048, VS = 0.06, V ′

S = 0.005,
V ′
AA = 32.0, V ′

BB = 20.0, V ′
AB = 8.0, VAA = 16.0,

VBB = 16.0, VAB = 4.0.
The systems for each point in parameter space were ini-

tialized by randomly choosing from their two components
at each lattice site, with a check to ensure we didn’t ex-
ceed the specified population for the chosen species. This
caused the initial configurations to have regions of one or
the other species, but this was lost very quickly in a few
MC moves during the simulations, thereby not affecting
the converged state of each system for any point in the
parameter space. Each initialized system corresponding
to a point in the parameter space underwent Monte-Carlo
simulations for 107 moves, each move consisting of an ex-
change attempt of site variables between two randomly

chosen sites, first for the upper leaflet followed by an
attempt for the lower leaflet separately. The system con-
figurations were output every 5000 moves, giving us 2000
configurations for each point in parameter space for each
system. The last 200 configurations were used for anal-
ysis. The Monte-Carlo data for each point in parameter
space for each of the 6 systems was further analysed using
tools as described ahead.

C. Analysis tools

Owing to the large number of parameter space
points for each of the 6 systems, it is impractical
to visually classify the phase separaton and domain
registration of each point in parameter space, so we
wrote simple C routines to do the classification for
us without visual aid, whose functioning is described
below. The programs used for the analysis described
here as well as that for the MC simulations described
in the previous section have been made publicly avail-
able at https://github.com/codesrivastavalab/
Membrane-Nanodomain-Registration/tree/main/
Lipid%20Domain%20Registration.

1. Quantification of phase separation using domain size

distributions

Nanoscale molecular-level heterogeneity and structures
are non-trivial to quantify [45–48].We used a Depth-First
Search (DFS) based algorithm to determine domain size
distributions for each leaflet for a given configuration
to categorize them as phase-separated(PS), not phase-
separated(NPS) or partially phase separated(PPS) based
on a consistent set of cutoffs. If > 80% of lipids of each
species were in domains of size > 1600 lipids, they were
categorized as PS, if > 80% of lipids of either species
were in domains of size < 400 lipids, they were consid-
ered NPS. Any configurations not in either category were
considered to be PPS. A point in parameter space was
assigned one of the three states if a majority of config-
urations from the last 10% of output configurations in
it’s Monte-Carlo simulation were of that state. Although
the cut-offs are somewhat arbitrary, since they are ap-
plied consistently to all of the systems, the results still
show reliable qualitative trends with the variation of the
tunable parameters.

2. Domain registration quantification using KL Divergence

For domain registration, we used Kullback-
Leibler(KL) divergence[49] of the two leaflets as a
measure of registration. KL Divergence (denoted by
DKL) was the tool of choice for us because of its sim-
plicity as well as its ability to clearly and quantitatively
separate systems based on fixed cut-offs. DKL for a pair
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of probability distributions P(x) and Q(x) on a random
variable x on the same probability space is given by

DKL(P ||Q) =
∑

x∈χ

P (x)log
(P (x)

Q(x)

)

(14)

where P(x) and Q(x) are constructed from a 2D leaflet
configuration of the upper and lower leaflet respectively
from the Monte-Carlo trajectories of a system with lipids
A and B as follows

P (i, j) =

{

0.5
0.5NA+1.0NB

, if A occupies site (i,j),
1.0

0.5NA+1.0NB
, if B occupies site (i,j)

(15)

where NA and NB are the populations of lipids of species
A and B, respectively.
Q(i,j) is identically defined, but in the lower leaflet.

The choice of weights 0.5 and 1 is arbitrary and it doesn’t
affect our categorization as we rescale the DKL values
of each system to lie between 0 and 1 before continu-
ing with classification of the data. Configurations were
categorized as registered (R), partially registered (PR),
unregistered (UR), partially anti-registered (PAR), and
anti-registered (AR) based on cut-off values of DKL at
0.1, 0.3, 0.7, and 0.9, which correspond to 10%, 30%, 70%,
and 90% of the lipids of lowest population in mismatched
configurations between leaflets. Once again, the category
of the majority of the analysed configurations from the
Monte Carlo simulations of a point in parameter space
was assigned to that point.

IV. RESULTS

In this section, we describe the results of the simu-
lations and analysis that we discussed above. We first
look at the results of the MC simulations. We have re-
ported the convergence of the simulations in section III of
the SI, where we have shown the energy profiles of ran-
domly selected points from across the parameter space
to show sufficient convergence of the MC simulations.
The Hamiltonian that we wrote can successfully capture
phase separation in leaflets, and can capture different
extents of domain registration and anti-registration be-
haviour. Fig.5 shows some select configurations gener-
ated at various points in parameter space in our systems.

A. Interleaflet entropic contributions suppress

phase separation

After confirming that all of the simulations had con-
verged, we used the classifying method for phase separa-
tion described earlier on the last 200 configurations (last
10%) of the MC data for each point in parameter space
for each system. This classified each point into phase
separated (PS), partially phase separated (PPS) or not

FIG. 5: In the shown leaflet configurations, yellow
represents DX sites and purple represents DPPC sites.
In the difference plot, yellow represents a mismatch and
green represents a match between leaflets at that site.
a) shows the upper and lower leaflet configurations with
their difference for parameters 0-0-0-1-1-1-2-2-0 for the
1:3 DPPC-D34 system, which is not phase separated

(NPS, UR), b) shows the same for parameters
0-0-0-2-0-0-4-4-0 for the 1:1 DPPC-D34 system which is

phase separated and registered (PS, R), c) for
parameters 0-0-0-2-0-2-4-0-0 for the 1:1 DPPC-D34

system which is partially phase separated and partially
anti-registered (PPS, PAR), and d) for parameters

0-0-1-2-2-2-4-4-0 for the 1:1 DPPC-D34 system which is
phase separated and anti-registered (PS, AR).

phase separated (NPS), which we then plotted as a pa-
rameter space plot with the variation in the Hamiltonian
parameters. However, due to 7 varying parameters out of
the 9 tunable parameters, seeing each variation required
the use of a complicated nested plot of plots, which we
describe here. The plots shown in fig.6, fig.7, and fig.8
below as well as fig:S3, fig:S4, and fig:S5 in sec.IV of the
S.I each have an outer pair of axes, the horizontal axis
representing V ′

BB and the vertical one representing V ′
S .

Nested within this pair of axes are 12 subplots and each
of the 12 subplots have a pair of axes such that the hori-
zontal one represents V ′

AB and the vertical one represents
V ′
AA. Within each of these subplots, there are 9 3D plots

which have three axes representing the parameters VAA,
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FIG. 6: The plot of phase separation classification for all of the parameter space points for the 1:1 DPPC-D23
system, assigned using the domain size distribution analysis.
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FIG. 7: The plot of phase separation classification for all of the parameter space points for the 1:1 DPPC-D34
system, assigned using the domain size distribution analysis.
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FIG. 8: The plot of phase separation classification for all of the parameter space points for the 1:3 DPPC-D34
system, assigned using the domain size distribution analysis.
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VBB , and VAB . This effectively shows the variation
of classification state with variation in the 7 changing
parameters in a 2D plot. The first and most intuitive ob-
servation can be made from the increase in propensity to
phase separate with increasing VAA and VBB values and a
decrease in propensity to phase separate with increase in
VAB values. This effect on phase separation, being purely
enthalpic in its origin, is reflected in all the 6 systems
studied, which is an unsurprising but reassuring obser-
vation to establish the fidelity of our modeling work. In
another observation, we find that increase in V ′

AA, V
′
BB

and V ′
AB values in the systems independently results in

a slightly increased propensity to phase separate. Since
these interaction parameters control inter-leaflet interac-
tions, their effect on phase separation reflects their role
in domain registration/anti-registration. Another gen-
eral trend that we see is that V ′

S reduces the number of
phase separated points as it increases. This suppression
of lateral phase separation due to the interleaflet entropic
interaction is a surprising result that emerges from our
chosen form for the Hamiltonian.
Looking specifically at fig.6 and fig.7, we can see the

qualitative differences between the D23 and D34 systems.
The overall extent of phase separation is higher in the 1:1
DPPC-D34 system, which indicates expected behaviour.
We can also see from fig.8 that there are very few phase-
separated points in parameter space. This is also the
case with the 1:3 DPPC-D23 system and the two 3:1 sys-
tems whose plots are shown in fig:S3, fig:S4, and fig:S5
in sec.IV of the S.I. This shows that a skew away from
a 1:1 population ratio can also severely hinder phase-
separation. This could be understood as an emergent
effect of the lateral and interleaflet entropic terms in our
Hamiltonian. However, the 1:3 systems show slightly bet-
ter phase separation than the 3:1 systems, which clearly
shows the effect of our interleaflet entropic interaction
term, as shown in eqn.12, where we rescale the contribu-
tions to represent the effect of position of unsaturation.
We therefore find that the systems with higher popu-
lations of unsaturated lipids phase separate better than
those with higher populations of saturated lipids in each
leaflet. We will now proceed to look at the parameter
space plots for domain registration before drawing any
conclusions about the behaviour of the systems.

B. Anti-registration is promoted by interleaflet

entropy

Similar to the previous analysis, we used the last 10%
of the configurations from the Monte carlo simulations of
each point in parameter space to conduct the analysis and
categorization of domain registration into 5 categories, R,
PR, UR, PAR, and AR. Once again, we made parameter
space plots of this classification for the 6 systems that we
studied, which are shown in fig.9, fig.10, and fig.11 below
as well as fig:S6, fig:S7, and fig:S8 in sec.V of the S.I.
These plots have the same structure as described earlier,

and can therefore be read in the same manner.
Again, we first look at the general trends in the plots

for our 6 systems. First, we notice that the parameters
VAA, VBB , and VAB do not have any direct correlation
with the extent of domain registration. This would mean
that these parameters only directly influence the phase
separation of the systems within the leaflets. We also see
that the parameters V ′

AA and V ′
BB promote domain reg-

istration, whereas the parameter V ′
AB promotes domain

anti-registration. This too, is an intuitive result. The
interesting trend that we find here is that of V ′

S . Upon
increasing, it promotes domain anti-registration and sup-
presses domain registration. Also, going back to the pa-
rameters V ′

AA, V
′
BB , and V ′

AB from the phase separation
plots, we see that the phase-separated regions there cor-
respond to either registered or anti-registered parts of
the plots here. So, what we actually see is that V ′

AA and
V ′
BB promote phase separation when domain registration

is favoured, and V ′
AB favours phase separation when do-

main anti-registration is favoured.
By comparing the DPPC-D23 systems and DPPC-

D34 systems, we find that the DPPC-D34 systems have
a larger fraction of points in the R or AR categories,
whereas the DPPC-D23 systems have most of their
points in the PR, UR and PAR categories. This can
be seen clearly in fig.9, fig.10, and fig.11 below as well
as the fig:S6, fig:S7, and fig:S8 in sec.V of the S.I. This
would suggest that the energy landscape of the DPPC-
D34 system in parameter space has a sharper transition
from favouring registration to favouring anti-registration,
whereas the DPPC-D23 system has a smoother energy
landscape in parameter space. We also find that skew-
ing the ratio of DPPC-D23 or DPPC-D34 away from 1:1
leads to a suppression of domain registration and a sig-
nificant increase in anti-registration in both 1:3 and 3:1
ratio systems. Also, the parameter space plots for the 1:3
and 3:1 systems for both D23 and D34 lipids are almost
identical, suggesting that the increase in anti-registration
in this case has to do mostly with the population ratio
and not the specific lipids involved. The extent of the
change, however, depends on the lipids involved, as we
see a more significant dominance of anti-registration in
the DPPC-D34 systems with the 1:3 and 3:1 population
ratios in their leaflets. There is, however, a slightly higher
number of registered points in the 1:3 systems over the
3:1 systems, as can be seen upon carefully inspecting the
plot for the 1:3 DPPC-D34 system given in fig.11 and the
3:1 DPPC-D34 system shown in fig:S8 in the S.I.

C. Thermodynamically stable nanodomains

We also found some intriguing results while observing
the converged states of some of the points in the pa-
rameter space for our systems with skewed population.
There were some converged states that showed config-
urations consisting almost entirely of separate domains
that did not grow very large in size, but did not scatter
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FIG. 9: The plot of domain registration behaviour for all of the parameter space points for the 1:1 DPPC-D23
system, assigned using the KL Divergence analysis.

.CC-BY 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted September 30, 2021. ; https://doi.org/10.1101/2021.09.29.462263doi: bioRxiv preprint 

https://doi.org/10.1101/2021.09.29.462263
http://creativecommons.org/licenses/by/4.0/


13

FIG. 10: The plot of domain registration behaviour for all of the parameter space points for the 1:1 DPPC-D34
system, assigned using the KL Divergence analysis.
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FIG. 11: The plot of domain registration behaviour for all of the parameter space points for the 1:3 DPPC-D34
system, assigned using the KL Divergence analysis.
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either as the Monte-Carlo simulation progressed. We ran
extended MC simulations of 109 moves to ensure that
this wasn’t due to a convergence issue, and also saw that
these domains persisted throughout the extended simu-
lation. Fig.12 shows a configuration near the end of the
extended simulation for the point 0-0-0-2-2-1-4-0-0 in the
1:3 DPPC-D34 system. Some additional points studied
are shown in fig:S9, fig:S10, and fig:S11 in sec.VI of the
S.I. Also, we have shared a movie file (MovieS1.mp4) of
a system that lies in the parameter space exhibiting per-
sistent nanodomains as a part of the S.I. The full set
of points that we found are collectively described in the
supplementary material.
We also plotted a domain size distribution averaged

over the last 20 output configurations to more clearly
see the sizes of these domains. Fig.13 shows the domain
size distribution plot, where we can see that the observed
domains seem to range in size from around 80 - 380 lipids
without being very elongated, as we confirm from visual
observation.
Using typical area per lipid values for DPPC, we can

roughly estimate the sizes of these domains, and they
fall within the official definition of size of nanodomains
of 4-200 nm[50]. With a rough value of area per lipid
for DPPC to be 64 Å2, these domains fall roughly within
7-16 nm in size.
The interesting aspect of this observation is that our

Hamiltonian only incorporates simple enthalpic and en-
tropic contributions, which suggests that the interplay
of the entropic contribution to push towards smaller ag-
gregations as well as the interleaflet enthalpic interaction
between registered/anti-registered domains might be suf-
ficient to preserve and evolve small domains. It must be
noted that the points where we observe this tend to have
stronger interleaflet self interaction, as well as stronger
interaction between DPPCs within a leaflet, with weaker
D34-D34 and DPPC-D34 interactions. The interaction
parameters within the leaflets seem quite justified, and
the relative interleaflet enthalpic parameters could form
a basis for further investigation of this phenomenon.

V. DISCUSSION

From the trends and patterns observed above from the
parameter space plots, we find that the interleaflet en-
tropic interaction term promotes anti-registration in the
DPPC-D23 and DPPC-D34 systems that we have stud-
ied. We also found that anti-registration was strongly
promoted in the systems with the 1:3 and 3:1 DPPC-DX
ratio in each leaflet, with domain registration seen only
for points with very high values of V ′

AA(DPPC-DPPC
interleaflet enthalpic interaction strength parameter). In
all the 6 systems, we also see that the increase in do-
main registration due to increase in V ′

AA is greater than
that due to increase in V ′

BB (corresponding to DX-DX
interleaflet enthalpic interaction) in all 6 systems. It is
therefore clear that the saturated lipid tail termini in the

interleaflet region provide the primary enthalpic driving
force for domain registration, whereas the unsaturated
lipid tail termini provide an entropic counter that pro-
motes domain anti-registration. This is supported by
studies showing that lipid acyl chain dynamics is a key
contributor to interleaflet coupling[51]. The enthalpic
contribution of the unsaturated lipids is also important,
however, in increasing the coupling between leaflets. We
see from the increased fraction of R and AR points in the
DPPC-D34 systems that the higher D34-D34 interleaflet
enthalpic interaction compared to that of D23-D23 allows
the system to more easily converge to registered or anti-
registered states. This is more difficult in the DPPC-D23
systems, as a weaker coupling between leaflets increases
fluctuations in the interleaflet region, thereby showing
a more spread out categorization of registration states.
This illustrates that the function of the lower position
of unsaturation is, therefore, to simply improve coupling
between the leaflets both through enthalpic and entropic
contributions, and that the system converges to a regis-
tered or anti-registered state depending on the relative
enthalpic and entropic contributions, which can vary sig-
nificantly based on the specific lipids in the system.

We think that the behaviour demonstrated in the pa-
per by S. Zhang and X. Lin[4] can be explained by
our interpretation of stronger interleaflet coupling in the
DPPC-D34 system as compared to the DPPC-D23 sys-
tem due to a lower position of unsaturation in the D34
lipids instead of their original explanation that suggested
that the D23 lipids had interleaflet interactions closer to
that of the saturated lipid DPPC, leading to lesser en-
thalpic driving force for registration. We predict that the
number and size of packing defects in the interleaflet re-
gion would be higher in a system where the unsaturated
lipid has a higher position of unsaturation, and that there
will be better packing in a system where the unsaturated
lipid has a lower position of unsaturation[52, 53]. Since
the increase in interleaflet entropic interaction strength
(V ′

S) can also be loosely interpreted as a rise in tempera-
ture the way our Hamiltonian is defined, our observation
that lower values of V ′

S allow greater number of domain
registered points in parameter space also demonstrates
the better enthalpic coupling seen in systems at lower
temperatures.

We also find that phase-separation and anti-
registration are strongly correlated when V ′

AB is high,
whereas phase separation and registration are correlated
when V ′

AA and V ′
BB are high and V ′

AB is low. This indi-
cates that the registration and anti-registration tenden-
cies of a domain can influence the phase-separation in
the other leaflet. This has also been observed in multiple
theoretical studies earlier[23],[24] and further supports
the feasibility of our model. Additionally, we observe
the presence of thermodynamically stable nanodomains
with our curvature-independent Hamiltonian. These ob-
servations are in line with the direct, probe-free imag-
ing of model and bioderived membrane using cryogenic
electron microscope[54] and fluorescence resonance en-
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FIG. 12: Configuration near the end of the 109 step extended simulation showing the observed nanodomains for the
1:3 DPPC-D34 system at parameter space point 0-0-0-2-2-1-4-0-0. The colours in the plot have the same meaning as

in fig.5.

FIG. 13: Domain size distribution plot for DPPC in the
upper leaflet (black dots) and lower leaflet (red dots). A
large fraction of the DPPC population lies in domains

of sizes ranging from 80-380

ergy transfer (FRET) and, electron spin resonance (ESR)
studies on model quaternary lipid systems[55], which pro-
vide evidence towards the existence of nanodomains in
cell membranes. The experimental evidences are sup-
ported by theoretical studies by DW Allender and M
Schick[56] where the authors suggested that inhomogene-
ity in biological membranes might exist in the form of
a microemulsion of Lo and Ld regions. They attribute
this to spontaneous curvature of the membrane, bend-
ing modulus, surface tension as well as the energy cost
of formation of concentration gradients. We believe our
observation supports the microemulsion hypothesis and
provide a possible direction of further investigation.

This study primarily focused on the position of un-
saturation, and not on factors like tail interdigitation
that have also been shown to affect interleaflet coupling.
We avoided this, as we already had too many parame-
ters in the Hamiltonian to work with. However, for the
lipids that we worked with, it shouldn’t be very signif-
icant as the lengths of the lipids were roughly similar.
The DPPC-D23 and DPPC-D34 systems are very good
model systems to isolate the effect of the difference in po-
sition of unsaturation due to their similarity in all other
aspects.

VI. CONCLUSIONS

In this study, we have demonstrated that the domain
registration and anti-registration depends on strength of
coupling between the leaflets, which is modulated by the
position of unsaturation in the tail of the unsaturated
lipids. The lower the position of unsaturation, the better
the coupling. Whether the system equilibrates to a reg-
istered or anti-registered state or something in between
depends on the relative enthalpic and entropic contribu-
tion to this interleaflet coupling from the interactions of
lipid tail termini in the interleaflet region. The lipids
with lower positions of unsaturation likely improve cou-
pling due to them having a larger number of configura-
tions where their tail termini are in the interleaflet region
and not bent away.

SUPPORTING MATERIAL

1. supporting information.pdf : supporting informa-
tion
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2. movieS1.avi : Persistent registered nanodomain
movie
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I. SCHEMATICS OF THE WORKFLOW

Fig.1 shows the overall workflow followed in the
project. Starting from the hypothesis, we first carried
out the all-atom simulations with the appropriate lipid
structures for the D23 and D34 lipids to supply the site-
variable to the lattice bilayer Hamiltonian that was de-
veloped in parallel. Following this, the parametric study
was conducted using this input while varying the other
parameters of the Hamiltonian to observe the qualita-
tive trends shown with the variation of each parameter.

∗ Also at Molecular Biophysics Unit, Indian Institute of Science-
Bangalore.

† Currently at Department of Chemistry, University of Illinois
Chicago, 845 W. Taylor St., 4500 SES (MC 111), Chicago, IL
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Finally, we draw conclusions from these trends and in-
terpret the analysed data which is compared to existing
results to validate our model.

FIG. 1: A schematic showing the workflow adopted in
this project.
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II. TIPS AND TROUBLESHOOTING FOR THE

AA SYSTEM GENERATION

This section contains some extra steps that might be
required, as learnt from our experience during the devel-
opment of the procedure.

• To make asymmetric bilayers, one may make two
bilayers using this tool, each of different composi-
tions as required, and then fuse together a leaflet
of each.

• The method can require some troubleshooting in
the case of appearance of artificial voids. To avoid
this, we must visualize the structure obtained and
if we see artificial voids in the structure, we must
prepare a smaller patch of the system and then
replicate it along X and Y axis to form the final
patch. If the voids still persist, the leaflets need to
be moved close to each other, until they overlap.

• The final membrane bilayer structure formed after
patching usually shows bad contacts among the wa-
ters in the system. Hence, we remove these water
molecules, after which we re-solvate the bilayer and
remove the water molecules which have penetrated
below the headgroups[1],[2] and proceed to the next
steps with this new structure. One must also make
sure to update the topology file after this.

• A short NPT equilibration (5 ns worked for us)
might be required to be performed on the energy-
minimized structure because the structure of the
lipids obtained after the energy minimization is
not in their native state. So, running an NVT
Equilibration on this system directly can make the
system blow up and separate the leaflets on either
side of the simulation box.

III. CONVERGENCE OF MC SIMULATIONS

In this section, we briefly discuss the convergence of
the MC simulations for the various points in parameter
space of the six systems studied. Figure.2 shows the en-
ergy plots with respect to number of MC moves of four
arbitrarily chosen parameter space points from each sys-
tem. We can see that the systems have reached a stable
energy with an acceptably small variance in energy val-
ues. The variation of the energy for all points is within
1% of the final total system energy at that point in pa-
rameter space.
Although we haven’t plotted the energy vs moves curve

for every point in parameter space, we have verified man-
ually that systems with all the different types of final
configurations produced during our study indeed show
acceptable variation in energy near the end of their sim-
ulations.

FIG. 2: Total system energy vs. number of MC moves
plotted for 4 points from each of the 6 systems, a) 1:1
DPPC-D23 systems, b) 1:3 DPPC-D23 systems, c) 3:1
DPPC-D23 systems, d) 1:1 DPPC-D34 systems, e) 1:3
DPPC-D34 systems, f) 3:1 DPPC-D34 systems. As can

be seen, the energy converges quickly and remains
steady.

IV. PHASE SEPARATION PLOTS

This section shows the phase-separtion plots of the sys-
tems excluded from the main manuscript, namely the 1:3
DPPC-D23 system in fig.3, the 3:1 DPPC-D23 system in
fig.4, and the 3:1 DPPC-D34 system in fig.5.
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FIG. 3: The plot of phase separation classification for all of the parameter space points for the 1:3 DPPC-D23
system, assigned using the domain size distribution analysis.
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FIG. 4: The plot of phase separation classification for all of the parameter space points for the 3:1 DPPC-D23
system, assigned using the domain size distribution analysis.
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FIG. 5: The plot of phase separation classification for all of the parameter space points for the 3:1 DPPC-D34
system, assigned using the domain size distribution analysis.
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V. DOMAIN REGISTRATION PLOTS

This section shows the domain registration plots of the
systems excluded from the main manuscript, namely the
1:3 DPPC-D23 system in fig.6, the 3:1 DPPC-D23 system
in fig.7, and the 3:1 DPPC-D34 system in fig.8.

VI. ADDITIONAL POINTS IN PARAMETER

SPACE DISPLAYING STABLE NANODOMAINS

Some additional points showing formation of stable
nanodomains are shown in fig.9,fig.10, and fig.11. The
blue coloured squares represent DPPC and the green
squares represent D34 in the following images. In the
differences map, yellow squares show mismatched/anti-
registered sites and green squares represent registered
sites.
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FIG. 6: The plot of domain registration behaviour for all of the parameter space points for the 1:3 DPPC-D23
system, assigned using the KL Divergence analysis.
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FIG. 7: The plot of domain registration behaviour for all of the parameter space points for the 3:1 DPPC-D23
system, assigned using the KL Divergence analysis.
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FIG. 8: The plot of domain registration behaviour for all of the parameter space points for the 3:1 DPPC-D34
system, assigned using the KL Divergence analysis.
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FIG. 9: Configuration near the end of the 109 step extended simulation showing the observed nanodomains for the
1:3 DPPC-D34 system at parameter space point 0-0-0-1-1-0-3-1-0.

FIG. 10: Configuration near the end of the 109 step extended simulation showing the observed nanodomains for the
1:3 DPPC-D34 system at parameter space point 0-0-0-2-1-0-3-1-0.

FIG. 11: Configuration near the end of the 109 step extended simulation showing the observed nanodomains for the
1:3 DPPC-D34 system at parameter space point 0-0-0-2-2-0-3-0-0.
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