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Abstract
This research aims to bridge the entrepreneurship and marketing/sales literature streams by studying how young firms enable
their resource endowments using value-based selling. Drawing on effectuation logic, the authors examine how young firms can
achieve sales growth by using human and financial resource slack during the early years of their existence and accounting for the
impact of the variability of these resources over time. The integrated framework and hypotheses are tested using unique,
multisource (survey and objective archival) longitudinal panel data from 71 young firms covering a seven-year period. As
anticipated, the findings show that both financial and human resource slack are negatively related to young firms’ sales growth
over time and that financial resource slack variability exerts a positive impact and human resource slack variability exerts a
(nonsignificant) negative impact. The results also confirm the importance of value-based selling as a guiding mechanism that
significantly alters the effects of both types of resource slack and their variability over time. While value-based selling can help a
young firm use slack to grow more effectively, it also has a dark side in that it can stand in the way of risk taking.

Keywords Resource slack . Value-based selling . Entrepreneurship . Longitudinal panel data

Marketing and entrepreneurship have long been recog-
nized as two key responsibilities of the firm. Despite
their tight integration in practice, marketing and entre-
preneurship as domains of scholarly inquiry have large-
ly progressed within their respective disciplinary
boundaries with minimal cross-discipl inary
fertilization.
—Webb et al. (2011, p. 537)

Introduction

As the opening quote illustrates, marketing and sales re-
searchers have paid surprisingly scant attention to the devel-
opment of entrepreneurial firms’ commercial capabilities. A
reasonable explanation is marketing scholars’ bias toward
large firms, such that research attention has focused on mar-
keting orientation and resources of established firms rather
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than young firms (e.g., Morgan et al. 2009). However, the
question of how young firms should manage their resources
to achieve excellent commercial performance is critical, as the
answer likely differs for young firms versus established
companies.

Established firms often aim to maximize efficiency gains
using traditional marketing planning. In contrast, young, na-
scent firms typically aim to expand and achieve maximal
growth in the market using experimentation to discover
customers. In this endeavor, young firms face a partic-
ular set of challenges due to their liability of newness.
In addition to having to overcome a lack of reputation
and prospective customers’ mistrust (DeKinder and
Kohli 2008; Read et al. 2009), young companies gener-
ally have limited human and financial resources to ac-
complish their goals. Therefore, effectively managing
these scarce resources is pivotal to young companies’
commercial growth.

In this context, an appropriate research topic is to investi-
gate the role of young companies’ slack resources. Slack re-
sources are “potentially utilizable resources that can be
diverted or redeployed for the achievement of organizational
goals” (George 2005, p. 661). However, as high levels of
persistent slack refer to un- or underused resources and poten-
tial opportunity loss, simply possessing adequate slack re-
sources is not sufficient. Therefore, young companies
do not strive to accumulate slack resources for their
own sake; rather, they focus on investing them to achieve
development and growth.

Prior marketing research has provided important insights
into drivers of young company success (e.g., Coviello and
Joseph 2012; Rao et al. 2008; Yli-Renko and Janakiraman
2008), but these studies generally use a static rather than dy-
namic perspective to investigate how young firms can maxi-
mize efficiency gains and profitability. A dynamic perspective
provides a much better understanding of how young firms can
effectively manage their slack resources (Bradley et al. 2011;
Caner et al. 2018; Paeleman and Vanacker 2012; Sirmon et al.
2007). More specifically, researchers have paid limited atten-
tion to variability of slack resources over time. Extant research
has suggested resource slack variability may be indicative of a
young firm’s development because it signals risk in pursuit of
market opportunities (e.g., Bergmann-Lichtenstein and Brush
2001; DeKinder and Kohli 2008; George 2005). For instance,
studies show that young firms that make repeated investments
(and divestments) are actively managing risk and optimizing
control (Reymen et al. 2015).

In addition, young firms need the ability to create value
from these resource endowments and overcome their liability
of newness to succeed (Vanacker et al. 2013). Thus far, how-
ever, little prior research has considered how slack resources
can best be used to maximize a young company’s sales
growth. Because slack resources cannot manage themselves,

the issue is which commercial guiding mechanism young
firms can implement to effectively use their financial and hu-
man resources slack to build their new business and how such
a mechanism interacts with the variability of these slack re-
sources over time.

The sales/marketing literature has identified specific sales
practices, such as value-based selling (VBS), as a way for
firms to ensure that their products or services meet customer
needs and to grow their companies’ sales (e.g., Terho et al.
2017; Ulaga and Kohli 2018). This practice involves working
collaboratively with customers to help them fully understand
their problems and the costs of those problems to their orga-
nizations and then to arrive at solutions for the customer that
best utilize their joint resources to increase both firms’ revenue
and profit. In an entrepreneurial setting, VBS’s solution focus
can help young firms identify deficiencies in their value crea-
tion and delivery and discover paths of improvement though
cocreation with lead customers. Considering that VBS allows
for effective and efficient knowledge transfer between both
parties and knowledge creation through experimentation,
these characteristics could make VBS more effective in allo-
cating resources in complex selling contexts than, for exam-
ple, product, proactive, adaptive, or even consultative selling
(Kowalkowski and Ulaga 2017; Terho et al. 2012).
Surprisingly, however, the entrepreneurship and slack litera-
ture streams have not yet explored the role of VBS as a mech-
anism for young organizations to successfully manage their
slack resources to grow their markets and ultimately prosper.

To create relevant new knowledge within the outlined re-
search gaps, the aim of this article is to bridge the
entrepreneurship/slack resources and marketing/sales litera-
ture streams by addressing the following research questions:
How can young firms optimally manage human and financial
resource slack during the early years of their existence to fos-
ter sales growth using VBS? What role does the variability of
these slack resources play over time?

Our researchmakes three important contributions. First, we
add to a small but increasing number of studies on young
firms in marketing (e.g., Chen et al. 2009; Coviello and
Joseph 2012; Rao et al. 2008; Yli-Renko and Janakiraman
2008). We extend this important work by focusing on how
young firms can best capitalize on their slack resources—in
particular, financial and human resource slack as key unab-
sorbed and absorbed forms of slack, respectively. The concept
of financial resource slack refers to resources in excess of what
is needed for a firm to meet its current commitments and
support current sales levels (cf. Mishina et al. 2004; e.g.,
George 2005; Kim et al. 2008), and the concept of human
resource slack pertains to the number of employees in excess
of those needed for operational demands (e.g., Mishina et al.
2004). Consistent with recent entrepreneurship research (e.g.,
Paeleman and Vanacker 2012), we focus on how a young
firm’s entrepreneurial team can best use these slack resources
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to generate sales growth over time. Sales growth is a more
appropriate indicator of young firms’ progress than profits
(DeKinder and Kohli 2008) and is more closely tied to stock
market value of, for example, high-tech unicorns (The
Economist 2019).

Second, our study expands extant research regarding vari-
ability of slack resources (e.g., Bergmann-Lichtenstein and
Brush 2001; DeKinder and Kohli 2008; George 2005) by
operationalizing financial and human resource slack variabil-
ity over time and hypothesizing and statistically testing its
effects on young companies’ sales growth. The longitudinal
design and growth modeling technique we use allow us to test
our hypotheses, which would not be feasible with more tradi-
tional regression or repeated-measures analysis techniques.
We also study how VBS may moderate the effects of variabil-
ity for different types of slack resources over time. Our longi-
tudinal panel data set allows us to theorize and analyze these
dynamic effects and adds to our understanding of how young
firms can successfully manage their slack resources (Bradley
et al. 2011; Paeleman and Vanacker 2012; Sirmon et al. 2007).

Third, we study the role of VBS as a mechanism for effec-
tive resource slack allocation by bridging the entrepreneurship
and marketing/sales literature streams. Drawing on effectua-
tion logic (Sarasvathy 2001; Sarasvathy and Dew 2005) root-
ed in entrepreneurship research, we theorize that VBS can
have an altering impact on the effectiveness of financial and
human resource slack over time. Effectuation logic maintains
that to control the future, entrepreneurs do not need to predict
it; rather, “in an effectual view, the environment is endoge-
nous to the actions of entrepreneurs, who therefore attempt to
cocreate it through commitments with a network of partner,
investor, and customer stakeholders” (Read et al. 2009, p. 2).
This view advocates putting resources to work in experimen-
tation to discover the new firm’s business model and product/
service. In this context, we consider VBS as a potential mech-
anism for guiding young firms in using their slack resources to
effectively cocreate a value proposition that resonates with the
market or a segment of early customers. On the one hand, it
facilitates the exploitation of resources in experimentation. On
the other hand, considering that VBS is associated with cus-
tomization of solutions for established firms (Ulaga and
Eggert 2006), it might be less applicable in the context of
the uncertainty of new business development of young firms
(Leslie and Holloway 2006). Finally, as part of unraveling the
role of VBS, we also empirically compare it with the more
established concept of proactive selling (Pitkänen et al. 2014;
Pitt et al. 2002).

Theoretical background: Effectuation logic

Effectuation logic is one of the major strands of thinking about
organizations and the strategic behaviors that result in

interfirm differences in sales growth and survival of young
firms (Sarasvathy 2001; Sarasvathy and Dew 2005). The the-
ory focuses on the unpredictable aspects of a firm’s environ-
ment and future and how firms can control both. Effectuation
inverts the fundamental principles and overall logic of predic-
tive rationality, which considers the environment exogenous
but predictable and assumes that the firm uses foresight and
planning to adjust to trends and capture opportunities in the
market. In contrast, in the effectual view, the environment is
endogenous to the actions of “effectuators” (which can be
either firms or individuals/entrepreneurs) that can apply their
resources in an attempt to contribute to and shape the future
and environment through commitments with a network of
partners, investors, and customers.

Effectuation logic studies emphasize an aspired-to end
goal, such as a particular facet of entrepreneurial success.
They advocate that these aspirations (and goals) can be up-
dated in the face of new information about market conditions
and potential gains achieved in the process (Arend et al. 2015;
Wiltbank et al. 2006). This iterative cycle of updating the
status quo with new information relies on experimentation to
address and control the uncertain environment and future
(Sarasvathy and Dew 2005). Experimenting in this way helps
young firms discover and build customers; in so doing, they
can thus develop their product/service’s advantage and
achieve a sustainable market position (Andries et al. 2013).

Young firms should use their available resources in their
experimentation processes. Considering that they often face
substantial resource constraints (Rao et al. 2008), how they
use these resources is critical and can be the difference be-
tween survival and going out of business (Read et al. 2009).
Although it is well established that companies’ development
is driven by their resources (Brettel et al. 2012), how the
outcome in terms of their sales growth is actually achieved
remains unclear. Effectuation logic suggests that it is not just
making use of resources (i.e., so-called means in effectuation
logic) to achieve companies’ goals that matters; it stresses the
importance of the actual usage and course of action taken to
identify and seize opportunities in the market. In other words,
“what people do with the resources matters. Therefore, the
effectual process itself can make any given resource more or
less valuable and more or less capable of producing long-term
advantages” (Read et al. 2009, p. 14). Thus, effectuation logic
suggests using all available resources and making them work
effectively to achieve these aspired-to goals (e.g., entrepre-
neurial success in the form of sales growth). Although the
effectuation perspective does recommend setting some level
of resources aside to keep future options open in case of nec-
essary recovery (Sarasvathy 2001), it does not glorify the sav-
ing of resources or maintaining slack per se. Rather, effectua-
tion logic promotes mobilizing all means possible to capture
whatever opportunity exists. In this view, high levels of slack
signal abundance and could even reduce the entrepreneurial
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team’s eagerness and creativity for exploring and using its
network and means to the fullest.

We posit that in this context, VBS to a large extent corrob-
orates the principles of effectuation logic. While effectuation
logic stimulates young companies to utilize all their available
resources, VBS guides them in designating and exploiting
those resources effectively to create value for customers.
Similar to solution selling (Panagopoulos et al. 2017), VBS
focuses on using the sales function as a critical interface for
cocreating with customers to enhance their value-in-use of a
product or service (Pitkänen et al. 2014; Terho et al. 2017).
With VBS, the process of experimenting, or trying things
using available resources, can become more effective. It can
guide salespeople in approaching customers that can poten-
tially serve as collaboration partners, with the aim of thor-
oughly understanding their needs and business goals, rather
than more ad hoc/superficial experimentation with a wider
range of less-committed customers with alternative use con-
texts and alternative product/service applications. With this
focus, VBS can increase the effectiveness of knowledge trans-
fer and learning during experimentation and enable exploita-
tion of the available resources.

Study framework and hypotheses

Study framework

Figure 1 shows our study framework, which focuses on young
firms’ levels of various slack resources, their variability, and
the contingency role of VBS. In line with the previous

discussion, we contend that for young firms, active and full
use of financial and human resource slack is key to their per-
formance in terms of sales growth. A nascent organization
should use its slack resources as much as possible to discover
its customers and build a market for its product/service. We
focus on financial and human resource slack as important
unabsorbed and absorbed types of slack, respectively
(Sharfman et al. 1988). Unabsorbed slack refers to flexibility
in application of free means and thus corresponds to currently
uncommitted resources that can easily be redeployed else-
where, allowing for greater managerial discretion (Tan and
Peng 2003). In contrast, absorbed slack refers to extra re-
sources that are available to perform particular operational
tasks, thus referring to excess costs that are more challenging
to be redeployed elsewhere (Tan and Peng 2003).

Consistent with our dynamic perspective, we focus on not
only direct effects of these resources but also on their variabil-
ity over time. Effectuation logic focuses on the unpredictable
aspects of a firm’s environment and future and how firms can
control both. Resource variability typically relates to a young
firm’s uncertain business setting, in which resources are
invested for new product development and discovering cus-
tomers to build the business. This process of new business
development is generally characterized by unsteady financial
resources and fluctuations in personnel. Whereas the level of
slack refers to unused opportunities, slack variability signals
that the young firm is willing to take risk. From an effectuation
perspective, firms that repeatedly invest (and divest) are ac-
tively managing risk and optimizing control (Reymen et al.
2015). Furthermore, we propose VBS as a moderator of the
resource slack (variability)–sales growth relationships. It can

H1: (+)

H3: (+)
H1: (–)

Value-Based
Selling

H1: (+)

Financial
Resource Slack

Human
Resource Slack

Levels of Slack

Sales Growth

H2: (–)

H5: (+)

H4: (+)

Financial
Resource Slack

Variability

Human
Resource Slack

Variability

Variability of Slack

H7: (–)

H8: (–)

Longitudinal Panel Data for 7 Years

H6: (–)

Fig. 1 Study framework
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help young firms effectively use the two types of slack re-
sources in their emerging new business process and change
how variability of the different types of resource slack affects
sales growth over time. Next, we develop our hypotheses.

Hypotheses

Financial and human resource slackBoth financial and human
resource slack offer discretion and thus can help young com-
panies engage in strategic behavior, where financial resource
slack is less constrained and easier to redeploy than human
resource slack.

Financial slack generally offers firms the possibility to
seize opportunities. However, particularly for young firms,
financial slack must be actively spent to develop and benefit
growth. Compared with low levels of financial slack, high
levels signal available but unused means, which can make
young firms complacent. In line with effectuation logic, firms
that cannot purposefully put their resources to use forgo the
chance to identify, develop, and expand their business and
thus typically experience a lower level of sales growth (Read
et al. 2009). Spending facilitates thoughtful experimentation
to harvest the advantages of the business opportunities pur-
sued. It can help these firms create new product advantage,
which in turn supports building a customer base (Blank 2006)
and, as a result, fuels their future sales (Kuester et al. 2017). In
contrast, not spending their financial resource slack prevents
young firms from taking chances and making progress,
resulting in lower sales growth. Therefore, we hypothesize:

H1: Financial resource slack has a negative effect on a young
firm’s sales growth.

Human resource slack represents excess costs, which are
more challenging to be redeployed elsewhere. Slack human
resources can only be applied to tasks for which the excess
employee capacity was educated and trained. This restriction
increases strategic inflexibility and lowers the young firm’s
discretion to use resources to actively pursue opportunities
as they emerge, which in turn typically manifests in lower
sales growth. Effectuation logic also suggests avoiding high
levels of human resource slack. If a young firm cannot pur-
posefully put its resources to use, it will incur excess cost and
forgo a chance to develop and achieve its ultimate goal.
Therefore, young firms should prevent or swiftly reduce their
human resource slack in order to foster sales growth.

Human resource slack may also foster employee inertia,
which can further hinder young firm development and expan-
sion of the firm’s sales (Brinckmann et al. 2019). Reduced
efficiency in the workforce lowers motivation to embrace
change and to induce creative solutions (Bradley et al. 2011;
Dolmans et al. 2014). Therefore, we hypothesize that human
resource slack will harm these firms’ development. Formally:

H2: Human resource slack has a negative effect on a young
firm’s sales growth.

Moderating role of VBS Research defines VBS as “the effec-
tive implementation of a firm’s value orientation at sales force
level” (Terho et al. 2012, p. 174). It refers to sales activities
that involve cocreating a solution to ensure that the customer
will enjoy the product or service’s value in its business pro-
cesses (Terho et al. 2017; Ulaga and Eggert 2006). With VBS,
this process of iterative experimentation typically happens in
collaboration with customers that can serve as potential stra-
tegic partners to develop a thorough understanding of their
business processes and goals (Andries et al. 2013). In this
way, VBS can facilitate the exploitation of available resources
by using these resources to support the customer in develop-
ing new work routines and goals to experience this created
value (Hartmann et al. 2018).

Little prior entrepreneurial research has considered the role
of VBS. An exception is Pitkänen et al. (2014), whose con-
ceptualization of VBS and findings offer support for our per-
spective. They identify VBS as an important contingency var-
iable: “Using such a value-based selling approach with the
aim of communicating and concretizing the benefits to the
customer (Terho et al. 2012), and treating the customer as a
relationship partner is essential” (Pitkänen et al. 2014, p. 684).

VBS and financial and human resource slack Drawing on ef-
fectuation logic, we anticipate moderating effects of VBS on
the effectiveness of financial and human resource slack.
Financial slack is unabsorbed and thus offers some flexibility.
It may serve to address uncertainty in the organization’s envi-
ronment or that due to market dynamics (Tan and Peng 2003).
This is important, considering that “the end product in effec-
tuation is fundamentally unpredictable at the beginning
of the process” (Read et al. 2009, p. 3). By spending
the young firm’s financial slack, the entrepreneurial
team can establish and enhance the value-in-use of its
new product or service for its customers, identify a sus-
tainable business model, and in so doing fuel sales growth.
With its solution focus, VBS can help address the unused
opportunity problem, because it ensures that extra financial
resources will be put to good use.

By increasing customer engagement throughout the firm’s
innovation process (Coviello and Joseph 2012), VBS can fa-
cilitate effective allocation of resources for joint solution de-
velopment with customers as partners. It then will increase the
quality of the interaction between the young firm’s employees
and customers, resulting in a better exploitation of financial
resource slack during this experimentation effort. In addition,
due to its strategic nature, VBS increases young firms’ ability
to effectively spend slack financial resources, which generates
additional initial sales. It can buffer against the originally ar-
gued negative effect of financial slack by ensuring that value-
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in-use will be delivered, which translates into sales growth.
Brinckmann et al. (2019) support this reasoning, showing that
through collaboration with customers, young companies can
obtain more opportunities to allocate and apply their financial
resources. Formally stated:

H3: VBS mitigates the negative effect of financial resource
slack on a young firm’s sales growth.

Because human resource slack is absorbed, effectively
using this excess capacity can be a challenge. The path-
dependent nature of human resources is likely to constrain
the organization. Human resource slack can cause political
and cognitive inertia, which can make capacity expansion in
a particular domain difficult (e.g., Hannan and Freeman
1989). These problems may be most prominent in young
firms, which are typically small and involve only a limited
number of people.

We posit that VBS may help reduce the tendency toward
this type of inertia; it can draw attention to allocating human
resource slack for building particular capabilities necessary to
create value for the customer and integrate it into the cus-
tomer’s business processes, thus helping secure the young
firm’s future sales. In other words, VBS can act as a guiding
mechanism for young firms regarding how their human re-
source slack should be transformed to ensure that value is
created for customers as partners. It allows for effectual deci-
sion making and creative experimentation in collaboration
with the customer in the young firm’s dynamic development
(Reymen et al. 2015). By increasing the firm’s ability to spend
its slack resources effectively, VBS can decrease the negative
impact of human resource slack on sales growth. Consistent
with this supposition, we hypothesize:

H4:VBSmitigates the negative effect of human resource slack
on a young firm’s sales growth.

Slack variability Research emphasizes the importance of ex-
ploring young firms’ variability of slack resources over time
when developing products that fit the market (e.g., Bergmann-
Lichtenstein and Brush 2001; DeKinder and Kohli 2008;
George 2005). Although these longitudinal measures of pat-
terns of slack resources can be highly informative, little is
known about their actual impact on young firms’ performance
outcomes, such as sales growth.

Effectuation theory suggests that firms as effectuators
should use their available resources in experimentation to it-
eratively create better-informed new options for their initial
customers that subsequently can be further developed to ad-
dress and shape the firm’s future (e.g., Andries et al. 2013).
Moreover, investments should be no larger than what the
young firm can afford to lose (Dew et al. 2009). Therefore,
firms often make repeated resource investments (and

divestments) (Reymen et al. 2015), which implies variability
in slack resources over time. Whereas the level of slack im-
plies unused opportunities, slack variability signals that the
young firm is willing to take risk, as indicated by regular
spending and accumulation of resources.

Young firms with a high variability in financial slack
resources over time show the willingness to take risk that is
necessary for effectively exploring opportunities from an ef-
fectuation perspective. As the general assets of young firms
are limited, such risk taking is necessary to enable their devel-
opment and shape their future (Fang et al. 2008). Therefore,
we contend that high financial resource slack variability over
time and the associated risk taking are positively related to a
young firm’s sales growth.

In contrast, low variability in financial resource slack sug-
gests that the firm lacks the willingness to take risks with
regard to making necessary investments to achieve sales
growth. Whereas low variability and the corresponding low
risk taking may be worthwhile and sufficient for established
firms and their existing markets, it can be a sign of lack of
activity and development for young emerging firms
(DeKinder and Kohli 2008). This supposition is consistent
with Bergmann-Lichtenstein and Brush (2001), who demon-
strate that firms exhibiting alterations and change in their sa-
lient resources over time are most likely to survive and grow.
Hence, we posit:

H5: Financial resource slack variability has a positive effect on
a young firm’s sales growth.

High variability in human resource slack over time may
indicate a risk for young firms. Due to the absorbed nature of
human resource slack, this risk is difficult to manage and con-
trol. Variability in human resource slack over time may prevent
the young firm from gradually and carefully building and con-
solidating its knowledge base and developing stable relation-
ships with customers and other stakeholders (Hartmann et al.
2018). High human resource slack variability could hamper the
firm’s development, particularly its sales growth.

In contrast, low variability in human resource slack indi-
cates organizational stability and an entrepreneurial team that
is more in control of the young firm’s development
(Bendapudi and Leone 2002). Young firms with low variabil-
ity in human resource slack face fewer risks because they are
better able to secure their organizations’ personnel require-
ments over time. This low variability in human resource slack
facilitates knowledge development and relationship manage-
ment with stakeholders, including customers. Consequently,
such firms will be better able to focus on growing their busi-
ness and attaining higher sales growth. Thus, we hypothesize:

H6:Human resource slack variability has a negative effect on a
young firm’s sales growth.
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VBS and slack variability On the one hand, VBS may help
young firms overcome negative performance implications of
different forms of resource slack by increasing their ability to
use resources effectively, as argued previously. On the other
hand, it may be a hindrance in the presence of slack variability
as it is less compatible with the uncertain environment in
which young firms operate, where risk taking is often crucial.

Young companies with high financial resource slack vari-
ability often engage in risk taking behavior in pursuit of mar-
ket opportunities. They actively strive to discover and develop
business opportunities using purposeful experimentation.
They use financial resource slack repeatedly over time to ex-
plore alternative product/service applications and test assump-
tions with new customers with alternative usage contexts. This
high variability in spending pattern is associated with not only
risk taking but also dynamic search patterns, in which alternat-
ing narrow and broad searches still occur (Reymen et al. 2015).
Under these conditions, VBS will be less effective because in-
sights from extant but varying customers are difficult to gener-
alize to customers of a yet-to-be-demarcated market.

In contrast, low financial slack variability suggests that a
young firm has become less active in its use of financial re-
source slack, signaling that the firm has explored the market
and through experimentation discovered its customers and can
now expand on this “stable” position. In this scenario, VBS is
highly useful because it can help the young firm enhance its
product–customer need linkage, create necessary institutional
arrangements for customers to allow for proper implementa-
tion to enjoy the offering’s value-in-use, and learn to demon-
strate the contribution to the customers’ bottom line.
Therefore, VBS will be more effective in situations of low
financial resource slack variability than in high financial re-
source slack variability, and we anticipate a negative moder-
ating effect of VBS on the positive financial slack variability–
performance relationship. Formally stated:

H7:VBS negatively moderates the relationship between finan-
cial resource slack variability and a young firm’s sales
growth.

Human resource slack variability refers to fluctuations of hu-
man resource slack over time and indicates that young firms face
more risk in terms of their organizations’ personnel requirements.
As argued previously, high variability in human resource slack
signals that high contextual risk will prevent the young firm from
building its knowledge base and stable relationships with cus-
tomers and other stakeholders considered necessary for its suc-
cess (Hartmann et al. 2018). Under these conditions, VBSwill be
ineffective because it requires the young firm to focus on actively
working with a certain set of customers to develop knowledge
about a product/service as a customer solution.

In contrast, young firms with less variability in human re-
source slack over time will enjoy more stable relationships,

not only between their employees and customers but also with
other stakeholders. Under these circumstances, VBS is a use-
ful sales approach because it can help leverage the trusting and
close relationships between the firm and its customers (e.g.,
Kuester et al. 2017) to create better solutions. A less disruptive
pattern in the number of personnel is advantageous to growth
because it creates stability in the firm’s organization and
knowledge base, which can benefit from the systematic
customer-oriented approach of VBS (cf. Blank 2006).
Therefore, we posit:

H8: VBS negatively moderates the relationship between hu-
man resource slack variability and a young firm’s sales
growth.

Methodology

Data collection and sample

A panel of young companies that participated in one of two
early-stage company incubators provides our sample. The two
incubators, hosted by the start-up center of a renowned
European university, work in conjunction with the university
but act as independent business accelerators. Providing
coworking facilities for early-stage companies, the incubators
focus on start-ups that seek significant growth and internation-
al competitive advantage from their inception and that aim to
tap into the optimal set of resources (Oviatt and Phillips
McDougall 1994). The entry and selection criteria of the in-
cubators’ management are consistent with this definition and
objective. The companies cover a range of industries, includ-
ing technical software (19) and hardware (3) solutions, crea-
tive business/design (6), gaming (2), media (13), professional
services (22), and other industries (6). The sample includes
both successful and less successful businesses.

The incubators’management records information about the
start-ups, which provides a rich panel database, including bal-
ance sheet information and profit and loss statements. Because
the database did not include information about the companies’
sales activities, we developed a survey, which we sent to 338
start-up companies in the database and resulted in 113
completely filled-out questionnaires (response rate of
33.4%). Respondents were the entrepreneur or the person on
the entrepreneurial team most suitable to answer questions
pertaining to sales issues. Confining the sample to companies
that had made a first sale (used as a proxy for presence of
actual sales activities), we were left with a sample of 95 young
companies (response rate of 28.1%).

We used open interviews with two incubator managers to
check the quality and representativeness of our sample. They
confirmed that the sample was representative for past and
current incubator populations and resembled the populations
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of other incubators across the country.We then collected slack
resource and performance data for our sample from the start-
up center’s database.

After conducting the survey, we collected three years of
additional slack resource and performance data for our sam-
ple. Matching these data with our sample ultimately left us
with a sample of 71 firms and 210 observations covering a
seven-year period (t1–t7), which includes the companies’
sales approach data collected in period t4. At t4, the average
company age is 4.25 years.

The result is a unique longitudinal panel database for test-
ing our model and hypotheses. Because the companies under
study were founded in different years (e.g., some a few years
before the start of the data collection, others during the data
collection), they differed in the number of data points.
Additional analyses confirmed the robustness of our data to
these differences.

Measures

Resource slack We used objective data from the incubators’
database to operationalize the organizations’ resource slack.
We operationalized financial resource slack as the ratio of cur-
rent assets to current liabilities (Kim et al. 2008).We operation-
alized human resource slack based on Mishina et al. (2004),
that is, [(number of employees per firm / firm sales) − (industry
average number of employees / industry average firm sales)].
This operationalization measures human resource slack relative
to the industry and thus accounts for the type of industry.
Moreover, the number of employees is not expressed as a cost.

Resource slack variabilityWe assessed the young firms’ finan-
cial and human resource slack variability by computing the
standard deviation of a company’s slack levels over the dif-
ferent points in time. We measured resource slack variability
as time-invariant constructs, as such operationalizations
would yield the most stable estimates, given the relatively
limited number of data points.

VBS We created our VBS measure relying on an extensive
literature review of the value (selling) literature (e.g., Slater
1997; Terho et al. 2012; Woodruff 1997). We refined the
construct and made it context specific using open interviews
with entrepreneurs and sales experts to identify the most rele-
vant aspects that fit the present-day entrepreneurial context, as
described in detail next.

To validate the measure, we conducted open interviews with
ten entrepreneurs and sales experts and three start-up incubator
board members. Interviews lasted between 60 and 90 min and
were recorded. A hallmark aspect of these interviews was the
time allocated by the new venture to sales-related activities.
From these interviews, it became clear that VBS should be
classified as a higher-order construct that contains multiple

dimensions. Specifically, we identified understanding customer
value and working with customers as partners as two dimen-
sions of VBS. The final measure included four items, in which
each dimension contained two items and was assessed on
seven-point Likert-type scales anchored by “totally disagree”
and “totally agree” (see Appendix Table 4).

We evaluated the quality of the scale by conducting Bayesian
confirmatory factor analysis (CFA). In this CFA,wemodeled the
construct as a higher-order construct of these two reflective di-
mensions. The technique is particularly appropriate for smaller
sample sizes such as ours (n= 71). We assessed model fit using
the validity of the model for future observations that are simulat-
ed by generating replications of the observed data (Kaplan and
Depaoli 2012; Levy 2011). We subsequently computed the chi-
square for the observed and replicated (or updated) data for each
iteration within the Markov chain (Levy 2011). The posterior
predictive p value (ppp) refers to the proportion of iterations for
which the replicated chi-square exceeds the observed chi-square
(for other implementations of the ppp, see Gelman et al. 2014). A
fit is considered good if the ppp value is greater than .05 (Hoofs
et al. 2017). The Bayesian estimation results, based on Markov
chain Monte Carlo (MCMC) algorithms, converged, and the
95% confidence interval for the difference between the observed
and replicated chi-square values indicate a reasonable ppp value
(observed χ2 value = −17.222; replicated χ2 value = 30.685; d.f.
= 30; ppp value = .253). The average variance extracted (AVE)
and internal reliability of this construct exceeded generally ac-
cepted cutoff points of .5 and .7 (AVE= .58; composite reliabil-
ity [CR] =. 73). Together, the results confirm the quality of our
VBS approach measure.

Dependent variables To measure dependent variables, we
used Log(Sales growth), which we computed from the incu-
bators’ databases. Consistent with prior research on sales
growth, we took the log of sales growth to normalize its dis-
tribution (e.g., Campello 2003; DeKinder and Kohli 2008;
Singh and Mitchell 2005): Log(Sales growtht) = Log(Salest/
Salest − 1). Sales growth captures the absolute value of sales
relative to the prior year and thus controls for differences in
product prices across young companies.

Controls We included several controls. Consistent with other
longitudinal sales research on organizational change (cf.
Ahearne et al. 2010), we account for the effect of time in different
arithmetic functional forms. We also included company age,
founding team size (number of founding team members), foun-
der experience (in years), founder age (in years), and years in
business, which are generally considered important controls in
entrepreneurial research. In addition, we added some variables
that reflect the founder or founders’ marketing experience at the
time that company was founded—more specifically, founders’
work experience in (1) advertising and promotion, (2) forming
and managing sales contacts, and (3) dividing the market into
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customer segments. We assessed these three variables on a
seven-point Likert-type scales anchored by “totally disagree”
(1) and “totally agree” (7). Although we acknowledge that these
measures do not directly reflect actual commercial activity, we
do consider them proxies for young firms’ marketing actions/
investments; founders with marketing knowledge/experience
are more likely to recognize the importance of marketing activ-
ities for success and thus aremore likely to focus attention on and
allocate means to it.

In addition, we controlled for a number of other types of slack
to rule out alternative slack-related explanations from generic
slack variables, consistent with other entrepreneurial research
on slack resources (Bradley et al. 2011; Vanacker et al. 2013).
Potential slack represents the remaining borrowing capacity of a
firm or resources not yet put into operation. Recoverable slack
refers to organizational resources that can be recovered if needed
simply through a more effective and efficient use of these re-
sources. We measured potential slack as (current liabilities +
noncurrent liabilities) / shareholders’ funds and recoverable slack
as (debtors + stock) / total assets. Potential slack contained some
missing data (28.6%), so we replaced missing values with esti-
mated values employing a multiple imputation procedure
(Schafer 1999). The imputation involved the expectation-
maximization algorithm to estimate a set of initial parameter
values on which the MCMC process is based. We also added a
dummy variable regarding the type of industry (0 = “nonservice”
and 1 = “service”) and two dummy variables regarding the first
closed sale “according to schedule” (0/1) and “faster than sched-
ule” (0/1). “Slower than schedule” serves as the base case (when
both “according to schedule” and “faster than schedule” equal 0).
In addition, we included Log(sales growth) lagged for empirical
reasons. Furthermore, we specified quadratic terms for financial
and human resource slack to account for the potential presence of
curvilinear effects, in line with extant literature (e.g., George
2005; Mousa and Reed 2013). Consistent with prior research
on slack (e.g., Paeleman and Vanacker 2012), we also specified
an interaction between financial and human resource slack.
Finally, we reestimated our model specifying three alternative
measures of firm growth (i.e., absolute sales growth, relative
operating revenue growth, and absolute operating revenue
growth) to further validate our findings (cf. Delmar et al.
2003). Appendix Table 3 provides the correlations, means, and
standard deviations of the variables under study.

Model specification

To estimate our model and test our hypotheses, we specified a
multilevel hierarchical regression using MLwiN 2.22
(Rasbash et al. 2010), which computes iterative generalized
least squares estimates (Bryk and Raudenbush 1992). Our
basic multilevel regression model consists of a Level 1
submodel (Model A1) specifying the effects of the time-
level variables that vary over different measurement points

in time and Level 2 submodels A2–A4 specifying the effects
of company-level variables:

LOGSALESGROWTH t1½ �ti
¼ β0i þ β1iTIMEti þ β2i TIMEð Þ2ti þ β3i TIMEð Þ3ti

þ β4iCOMPAGE t0½ �ti þ β5iBUSINESS t0½ �ti
þ β6iLOGSALESGROWTH t0½ �ti
þ β7iPOTSLACK t0½ �ti þ β8iRECOVSLACK t0½ �ti
þ β9i FINSLACK t0½ �ti þ β10i FINSLACK t0½ �ð Þ2ti
þ β11iHRSLACK t0½ �ti þ β12i HRSLACK t0½ �ð Þ2ti
þ β13i FINSLACK t0½ �ti � HRSLACK t0½ �ti

� �
ti

þ εti; ðA1Þ
β0i ¼ γ00 þ γ01TEAMSIZEi þ γ02JOBEXPi

þ γ03FOUNDAGEi þ γ04EXPAPi

þ γ05EXPMSCi þ γ06EXPCSi

þ γ07INDUSTRYi þ γ08FIRSTSALEDUM1i

þ γ09FIRSTSALEDUM2i

þ γ010FINSLACKMEANi

þ γ011HRSLACKMEANi

þ γ012FINSLACKVARi

þ γ013HRSLACKVARi

þ γ014 VBSi � FINSLACKVARið Þi
þ γ015 VBSi � HRSLACKVARið Þi þ γ016VBSi

þ u0i; ðA2Þ
βqi ¼ γq0 þ γq1VBSi for q ¼ 9; 11ð Þ ðA3Þ
βqi ¼ γq0 for q ¼ 1;…8; 10; 12; 13ð Þ; ðA4Þ

where t s tands for t ime; i indicates companies;
LOGSALESGROWTH[t1] equals the young company’s sales
growth at time t1; TIME, (TIME)2, and (TIME)3 refer to linear,
quadratic, and cubic terms of the time variable, respectively; and
COMPAGE[t0] and BUSINESS[t0] refer to company’s
founding year and number of years the company has been in
business, respectively. LOGSALESGROWTH[t0] signifies the
young company’s sales growth at t0, and POTSLACK[t0] and
RECOVSLACK[t0] reflect the young company’s potential
slack and recoverable slack at t0, respectively. FINSLACK[t0]
andHRSLACK[t0] denote a company’s financial resource slack
and human resource slack at time t0, respectively. TEAMSIZE,
JOBEXP, and FOUNDAGE refer to the size of the founding
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team, lead founder’s experience, and lead founder’s age, respec-
tively. INDUSTRY reflects the type of industry; EXPAP,
EXPMSC, and EXPCS reflect lead founder’s experience in
advertising and promotion, managing sales contacts, and cus-
tomer segmentation, respectively. FIRSTSALEDUM1 and
FIRSTSALEDUM2 refer to the schedule of the first closed sale;
FINSLACKMEAN and HRSLACKMEAN are each
company’s average financial resource slack and average human
resource slack over the years, respect ively, and
FINSLACKVAR and HRSLACKVAR reflect each firm’s fi-
nancial and human resource slack variability. Finally, VBS is
the company’s level of VBS. Substituting Eqs. A2–A4 in Eq.
A1 yields the following multilevel model:

LOGSALESGROWTH t1½ �ti
¼ γ00 þ γ10TIMEti þ γ20 TIMEð Þ2ti þ γ30 TIMEð Þ3ti

þ γ40COMPAGE t0½ �ti þ γ50BUSINESS t0½ �ti
þ γ60LOGSALESGROWTH t0½ �ti
þ γ70POTSLACK t0½ �ti
þ γ80RECOVSLACK t0½ �ti þ γ90 FINSLACK t0½ �ti
þ γ100 FINSLACK t0½ �ð Þ2ti þ γ110HRSLACK t0½ �ti
þ γ120 HRSLACK t0½ �ð Þ2ti
þ γ130 FINSLACK t0½ �ti � HRSLACK t0½ �ti

� �
ti

þ γ140 VBSi � FINSLACK t0½ �ti
� �

ti

þ γ150 VBSi � HRSLACK t0½ �ti
� �

ti

þ γ01TEAMSIZEi þ γ02 JOBEXPi

þ γ03 FOUNDAGEi þ γ04EXPAPi

þ γ05EXPMSCi þ γ06EXPCSi

þ γ07INDUSTRYi þ γ08 FIRSTSALEDUM1i

þ γ09 FIRSTSALEDUM2i

þ γ010 FINSLACKMEANi

þ γ011HRSLACKMEANi

þ γ012 FINSLACKVARi

þ γ013HRSLACKVARi

þ γ014 VBSi � FINSLACKVARið Þi
þ γ015 VBSi � HRSLACKVARið Þi þ γ016VBSi

þ u0i þ εti ðA5Þ

Results

Main analysis

To mitigate concerns over common method variance bias as
well as endogeneity due to simultaneity or reverse causality
bias (e.g., Jaeger et al. 2016), we separated the measurement
of the dependent variable sales growtht from financial re-
source slackt − 1 and human resource slackt − 1, which reflect
the company’s financial resource slack and human resource
slack at time t − 1, respectively. In addition, our analysis in-
cludes the lagged dependent variable (i.e., lagged sales
growth) in the model as an independent variable to account
for the effect of omitted variables not explicitly included in the
model (e.g., Campello 2003; cf. DeKinder and Kohli 2008).
We find that our results remain substantively unchanged
whether the lagged dependent variable is included in the mod-
el or not, thus providing further evidence of the robustness of
our results.

Similarly, we included lagged dependent variables for the
models with alternative dependent variables. These lagged
dependent variables covered the period t0–t6 and had some
missing data at t0 (21.4%). We employed the expectation-
maximization algorithm to impute estimates for these missing
values. Finally, we estimated the model with the conceptually
relevant variables only, omitting all control variables. The
results remain substantively stable (all but one of the seven
significant main effects and interactions remained significant),
which indicates the robustness of the model.

Model 1 (Table 1) presents the results of the multilevel
regression analysis. The coefficients are unstandardized. The
results reveal that financial resource slack exerts a significant
negative effect on a company’s sales growth (β = −.00035,
p < .05), in support of H1. In addition, human resource slack
has a significant negative effect on a company’s sales growth
(β = −3.670, p < .05), which confirms H2.

In support of H3, the results report that VBS positively
moderates the financial slack–sales growth relationship
(β = .00034, p < .01). We used simple slope analysis (Aiken
and West 1991) to facilitate the interpretation of the modera-
tion effect. The analysis provides insight into how the moder-
ated relationships behave under different values of the mod-
erator variable(s) (i.e., one standard deviation above or below
the mean). Figure 2a shows that VBS mitigates the negative
effect of financial slack on sales growth such that financial
resource slack’s negative effect is absent under high VBS
conditions. In addition, VBS mitigates the negative effect of
human resource slack on sales growth (β = 1.664, p < .01), in
line with H4. As Fig. 2b shows, human resource slack exerts a
significantly smaller negative influence on sales growth when
the level of VBS is high than when it is low.

Furthermore, the findings show that financial resource
slack variability exerts a significant positive effect on a
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company’s sales growth (β = .00179, p < .01), in support of
H5; however, the negative effect of human resource slack
variability is not significant (β = −.3229, p = n.s.), offering
no support for H6. In addition, our results reveal that VBS
negatively moderates the financial slack variability–sales
growth relationship (β = −.00110, p < .01), in support of H7.
Figure 2c shows that the positive effect of financial slack
variability on sales growth is weaker for high than for low
VBS.

Moreover, VBS negatively moderates the relationship be-
tween human resource slack variability and sales growth (β =
−.945, p < .01), which is in line with H8. Figure 2d displays
the finding that human resource slack variability’s negative
influence on sales growth is more negative when the level of
VBS is high than when it is low.

To validate the results of Model 1, we performed several
additional analyses. First, we reestimated the regression
models using an alternative operationalization of sales growth
(Model 3 in Table 1) as well as a different dependent variable,
namely, operating revenue (see Models 2 and 4 in Table 1).
The results of this exercise proved largely similar to those of
Model 1, providing extra support and robustness to our find-
ings. Second, we performed the Chow Fc test to determine
whether a structural change had occurred in the antecedent–
sales growth relationships over the seven-year period (t1–t7).
The Chow Fc test reported no significant F value (F32,
194 = .554; p = .92), which indicates that no structural alter-
ations occurred over time and confirms the consistency of
the results across various time frames.

Of the control variables, time3 exerts a significant negative
effect, illustrating the curvilinear nature of sales growth over
time. In addition, the results revealed that the quadratic term of
human resource slack was significantly positive (β = 18.432,
p < .01). We plotted the effect of human resource slack on
sales growth to gain more insight into the nature of this effect
(see Fig. 3). The plot illustrates that the effect of human re-
source slack is mainly linearly negative with some slight level-
ing off. Hence, we conclude that the quadratic term of the
human resource slack variable does not have a strong impact,
which is also consistent with the nonsignificance of this qua-
dratic term in Models 2, 3, and 4 and confirms our focus on
interpreting the linear relationship. Furthermore, the results
reveal significant positive effects of company age and the
dummy “first closed sale – faster than schedule” on sales
growth. In addition, we observed a significant negative effect
of potential slack, which illustrates that young companies that
possess more potential slack perform significantly worse.
Finally, the results reveal a negative interaction effect of fi-
nancial resource and human resource slack on sales growth,
which is in line with the resource constraint view (e.g., Baker
and Nelson 2005). This view contends that it is beneficial that
companies are constrained in one area of resources in terms of
having either limited financial or human resource slack,

because it drives young firms’ creativity to use the other, more
abundant resources more effectively (Paeleman and Vanacker
2012).

In addition, we estimated an alternative model in which we
controlled for self-selection-based endogeneity bias by using
the two-stage Heckman’s selection correction procedure
(Greene 2003; Worm et al. 2017). In our sample, young com-
panies with a more favorable first closed sale planning (i.e.,
according to or faster than schedule) may be overrepresented
as they may have self-selected themselves to respond to the
survey. As a result, the relationship between the schedule of
the first closed sales and the outcome of interest (sales growth)
might be an artifact of overrepresentation of young companies
with the first closed sale according to or faster than schedule.
More specifically, the speed at which a young company closes
its first sale may be endogenously determined and driven by
company characteristics (cf. Sleep et al. 2015; Worm et al.
2017). Therefore, we selected “schedule of the first closed
sale” to be instrumented by company-level characteristics
(see Eq. A2).

In the first stage, we estimated two binary probit models
using MCMC estimation, where we use the dummy variable
“first closed sale – according to schedule” and the dummy
variable “first closed sale – faster than schedule” as the depen-
dent variable, respectively. For each model, we regressed the
dependent variable on all company-level variables (cf.
Equation A2) to obtain the Mills lambdas (or inverse Mills
ratios). Of these company-level variables, we identified lead
founder’s experience in “advertising and promotion,”
“forming and managing sales contacts,” and “dividing the
market into customer segments” as suitable instruments. It
can be argued that more experienced founders are less likely
to rush into a first sale, as they take the execution of these
time-consuming marketing activities more seriously. In addi-
tion, the three founder experience variables are significantly
correlated with the first dummy variable “first closed sale –
according to schedule” (−.17, p < .05; −.16, p < .05; and − .20,
p < .01, respectively), while they do not correlate with
Log(sales growth)t. Consequently, these three founder expe-
rience variables (cf. Schwab 2011) can be considered exoge-
nous variables that precede the endogenous variable “first
closed sale – according to schedule”. The negative correla-
tions with “first closed sale – according to schedule” indicate
that more experienced founders may indeed be slower in clos-
ing a first deal than less experienced ones. However, the three
lead founder experience variables do not significantly corre-
late with the second dummy variable “first closed sale – faster
than schedule”, which implies that these experience variables
do not work as instruments for this dummy. Hence, the lack of
strong instruments is a limitation of the study.

In the second stage, we added these Mills lambdas as con-
trol variables to the regression model (cf. Equation A5), while
excluding the variables that served as instruments. The results
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remain stable: All significant main and interaction ef-
fects remain significant, suggesting that the model esti-
mates are not biased due to self-selection (see Model 5
in Table 2).

Finally, we used the Gaussian copula method to ad-
dress endogeneity due to temporal autocorrelation (e.g.,
Datta et al. 2015; Park and Gupta 2012; Schweidel and
Knox 2013). Specifically, we calculated a Gaussian cop-
ula term to model the correlation between the lagged
dependent variable (log relative sales growth lagged)
and the model’s error εti. Whereas classical methods to
correct for endogeneity rely on instrumental variables to
partial out the exogenous variation in the endogenous
regressors, copulas do not require instrumental variables
(Park and Gupta 2012; Schweidel and Knox 2013). In
line with Park and Gupta (2012, p. 573), we add the
following regressor to our model Eq. A5:

gLOGSALESGROWTH t0½ �ti
¼ Φ−1 HLOGSALESGROWTH t0½ � LOGSALESGROWTH t0½ �ti

� �� �
;

ðA6Þ

where Φ−1is the inverse of the normal cumulative dis-
tribution function and LOGSALESGROWTH[t0] repre-
sents the empirical cumulative distribution function of log
relative sales growth lagged. For identification purposes, the
endogenous regressor must be nonnormally distributed (Park
and Gupta 2012), which a Shapiro–Wilk test shows to be the
case (LOGSALESGROWTH[t0]: W = .0634, p < .001). After
adding this copula as a regressor to our mainmodel, the results
remained substantively the same, which indicates that the im-
pact of endogeneity due to temporal autocorrelation is limited
(seeModel 6 in Table 2). In addition, following DeKinder and
Kohli (2008), we checked the model with and without the
lagged dependent variable included and found that our results
remain substantively unchanged.

Follow-up analysis

In our search for appropriate guiding mechanisms for manag-
ing young companies’ human and financial resource slack, we
also examined salesperson proactive selling as an alternative
and competing mechanism for VBS. Proactive selling behav-
ior entails taking initiative in selling products, anticipating
opportunities rather than threats, and persisting in the sale of
products until customers have adopted them (e.g., Pitt et al.
2002). It is considered one of the most powerful behavioral
predictors of salesperson performance (cf. Van der Borgh
et al. 2019). We used a higher-order measure of proactive
selling (cf. Parker and Collins 2010) that consists of two com-
ponents, each capturing a proactive behavior (see Crant 2000
for an overview of proactive behaviors). Each component
contained two items: The first component reflects proactiveT
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work behavior ([1] the development of a sales argument for
the products and [2] experimenting with selling tactics for the
products), and the second component reflects proactive stra-
tegic behavior ([3] creating and identifying sales opportunities
in the market and [4] spotting new, rising needs of customers).

Next, we reestimated our Models 1 and 2 using proactive
selling as an alternative to VBS. The results of Models 7 and 8
(see Table 2) demonstrate that the impact of proactive selling is
substantially different from that of VBS. First, the positive main
effect of proactive selling on absolute sales growth is evident
(β = 59.098, p < .01; see Model 8), which suggests that, in con-
trast to VBS, proactive selling directly stimulates sales growth.

Second, the absence of virtually any significant interaction
of proactive selling with financial and human resource slack
(see Table 2, Models 7 and 8) suggests that, in contrast to
VBS, proactive selling does not actually act as an enabler of
young companies’ financial and human resource slack.
Likewise, additional analyses with each component of

proactive selling (i.e., proactive work behavior and proactive
strategic behavior) separately reveal similar results, showing
substantially fewer significant interactions of the slack re-
source variables with these proactive selling components.

Finally, we also considered the measurement properties of
proactive selling (CR = .57; AVE = .42). Using Fornell and
Larcker’s (1981) criterion, we determined that the correlation
between VBS and proactive selling (.09) was consistently less
than the square root of the AVE for each construct, in support
of discriminant validity. We also examined the effects of the
two components separately as an additional validation, as both
proactive work behavior (CR = .68; AVE = .51) and proactive
strategic behavior (CR = .76; AVE = .61) show solid measure-
ment properties. These findings also revealed that both proac-
tive work behavior (β = 38.563, p < .01) and proactive strate-
gic behavior (β = 37.692, p < .05) yield a significant positive
main effect on absolute sales growth, confirming the differen-
tial effect of proactive selling behaviors compared with VBS.
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Fig. 2 Moderating effects of value-based selling
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Discussion

Research implications

The marketing and sales literature has largely neglected
young, nascent firms, a peculiar oversight considering
the amount of time and money invested in entrepreneur-
ship and new business development. Nascent firms, as
“vehicles of innovation and change,” are generally con-
sidered the engine of the economy (Carree and Thurik
2003, p. 465) and thus must overcome the important
marketing challenge of discovering and building their
customers. By addressing this major sales/marketing
challenge, we contribute to the marketing literature in
several ways.

First, our results extend prior research that has begun
to integrate entrepreneurship and marketing (DeKinder
and Kohli 2008; Webb et al. 2011), specifically by
combining the work on entrepreneurial firms and slack
mechanisms (Bradley et al. 2011; Paeleman and
Vanacker 2012) and prior work on marketing/sales and
start-ups (Pitkänen et al. 2014; Rao et al. 2008).
Drawing on effectuation logic, we develop an integrated
framework, introducing VBS as a guiding mechanism
that a young firm’s entrepreneurial team can use to ef-
fectively exploit its slack resources.

Consistent with effectuation logic (Read et al. 2009;
Sarasvathy 2001), our results confirm that both financial
and human resource slack have a negative impact on
young firms’ sales growth and related performance out-
comes. For a young firm, investing resource slack (i.e.,
lowering resource slack by spending it) is beneficial and
not spending is disadvantageous as it represents avail-
able but unused means. Underspending suggests inactiv-
ity and forgoing taking advantage of the market oppor-
tunities available, particularly underspending in the do-
main of unabsorbed financial resource slack.

Second, we expand recent research that adopts a dy-
namic perspective (DeKinder and Kohli 2008) by ac-
counting for levels of resource slack as well as the
patterns of variation in resource position as informative
of a firm’s ability to grow over time. Our findings
largely confirm that young firms’ financial and human
resource slack variability over time have differential im-
pacts on customers and thus the young firms’ sales
growth: While financial resource slack variability relates
to higher sales growth, we do not find the expected
negative effect of human resource slack variability on
sales growth. High financial variability indicates risk
taking with regard to investments (and divestments),
which signals activity and development for young
emerging firms (DeKinder and Kohli 2008). The non-
significant effect of human resource slack variabilityT
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may imply that the challenges in actively managing hu-
man resource slack are not as severe as expected, even
though this type of resource slack is absorbed.

Third, our results add to Coviello and Joseph’s
(2012) findings regarding the importance of close inter-
action with customers throughout a young firm’s inno-
vation process. While these authors emphasize the im-
portance of young firms’ experimentation with cus-
tomers, they do not link this experimentation behavior
to selling activities and orientation. Our findings empir-
ically substantiate that VBS is a powerful new business
development and sales mechanism that can help curtail
the negative effects of financial and human resource
slack on sales growth. Our data show that VBS is ca-
pable of largely mitigating the negative effect of finan-
cial resource slack and partially mitigating the negative
effect of human resource slack. This differential impact
matches the expectation that redirecting unabsorbed fi-
nancial resource slack is easier than redirecting absorbed
human resource slack. These mitigating effects of VBS
empirically substantiate Leslie and Holloway’s (2006)
observation that a thoughtful selling strategy that makes
use of a more accurately planned resource allocation
will avoid disastrous cash shortfalls and reduce the
time, money, and human capital required to effectively
ramp up a young company’s new products in the
market.

That said, we acknowledge that VBS’s negative mod-
erating effects of the relationships of financial and hu-
man resource slack variability on sales growth point to
its limitations and a dark side of this sales approach.
Young firms with highly varying financial resource
slack are still in the process of searching for the right
customers and configuring their product/service applica-
tion for a specific value-in-use setting. Although exper-
imentation and close customer cooperation are part of
VBS, it patently does not account for considering new,
alternative customers. Consequently, low financial re-
source slack variability is a better match for VBS usage.
Similarly, the relationship between young companies’
human resource slack variability and sales growth is
significantly more negative when VBS is high than
when it is low. This approach’s focus on experimenta-
tion with current customers to optimize the new firm’s
product/service solution benefits from a stable human

resource slack pattern over time. This is consistent with
literature on sales learning that suggests that such learn-
ing benefits from a small, stable sales organization (e.g.,
Leslie and Holloway 2006). To maximally contribute to
young firms’ commercial success, high levels of VBS
must be aligned with an appropriate slack resource man-
agement strategy.

Finally, our results unveil substantive differences be-
tween the effects of VBS and proactive selling on sales
growth. In contrast to VBS, proactive selling has a di-
rect effect on our young firms’ sales growth but does
not act an enabler of the effective use of available re-
source slack. This result illustrates that VBS is more
applicable for helping young companies exploit their
resource endowments than proactive selling. Our find-
ings indicate that VBS’s enabling function is reflected
in its aims to understand customers’ needs and business
processes, and to use close collaboration and experimen-
tation together with transparent costing, to develop an
appropriate solution for customers.

Overall, our research addresses Webb et al.’s (2011)
pertinent call to integrate marketing into entrepreneurial
models as worthwhile in helping marketing scholars
more effectively study young firms, generally consid-
ered the engine of an economy. It also can help bridge
entrepreneurial research on commercialization with con-
cepts in sales/marketing.

Managerial implications

Regarding business practice, it is particularly important
for managers of young companies and new venture cap-
italists alike to monitor their organizations by observing
both levels of resource slack and their variability over
time. Slack is an indicator of management discretion but
must be invested effectively to be beneficial. Financial
slack should be invested to facilitate thoughtful experi-
mentation and to specify and optimize the young firm’s
product/service and related business model to stimulate
sales growth. Human resource slack should be reduced
as well to avoid employee inertia and increase human
resource efficiency, which in turn facilitates firm devel-
opment and sales growth.

Variability in resource slack yields valuable information
regarding young firms’willingness to take risks and, thus, also
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holds important clues about their future. While our data show
that human resource slack variability is neutral, they that fi-
nancial resource slack variability has a positive impact on
sales growth. In line with entrepreneurship knowledge, our
findings demonstrate the advantages gained by taking risks
to explore opportunities from an effectuation perspective and
enable young firms’ development.

Our study also suggests that managers would do well
to embrace VBS, but with caution. We find that VBS is
an important new business development enabler in that
it can mitigate the negative effects of financial and hu-
man resource slack. Compared with other sales ap-
proaches, such as proactive selling, VBS can increase
a young firm’s ability to use its slack resources more
effectively to build a value proposition and thus a sus-
tainable competitive advantage. However, managers
should be wary of the effect of VBS on slack variabil-
ity. It is a more appropriate solution for young firms
that have identified the appropriate market, discovered
their customers, and are ready to expand on this secure
position, which implies that it is a better fit for firms
with low rather than high fluctuation in financial slack.
It is also a better match in low rather than high human
resource slack variability situations. Hence, VBS is best
implemented when young firms aspire to more stability
to continue growing after the initial development stages.

In contrast to much research on entrepreneurship that
seems to pay only lip service to marketing/sales issues, and
sometimes even seems to have taken selling out of new busi-
ness development altogether, we promote a reconsideration
and reconceptualization. By explicitly connecting entrepre-
neurship and its usage of slack resources with sales/marketing,
managers of young firms can substantially increase the sales
growth of their organizations and thereby prevent failure.

Limitations and avenues for further research

This research has several limitations, which point to im-
portant avenues for future research. First, we focused on
two important slack resources: financial and human re-
source slack. Although these resources are generally con-
sidered most important, particularly for young firms, other
slack resources could be considered and explored as
well—for example, marketing slack (Xiong and
Bharadwaj 2011). Second, in accordance with the extant
slack literature we selected a particular operationalization
of the two types of resource slack; however, we recognize

that alternative measures are possible. We invite future
research to adopt our dynamic lens and explore other op-
t ions or even compare the impact of d i f fe rent
operationalizations on outcomes. Third, although we used
a rich longitudinal data set our VBS measure relies on a
single observation per company at the midpoint of the
period we studied. This measure offers a good proxy for
the selling approach the firm used in the first part of the
study period, particularly considering such an orientation
is generally not implemented overnight but takes time to
become effective. However, future research could mea-
sure more frequently and also account for the impact of
changes in the approach on young firms’ success. These
studies could adopt and enhance our measure of VBS in
the process. This recommendation similarly applies for
the calculation of the resource slack variability measures,
which future research could operationalize as a moving
time average of a smaller number of points in time on
the basis of more complete data. Fourth, although for
young firms selling and new business development are
considered more important than marketing activities, the
young firm’s marketing approach and decisions could also
be considered in more detail. For example, explicitly ac-
counting for effectual marketing choices made (Read
et al. 2009) could offer a more complete picture. It could
also account for which customers are involved in the de-
velopment process. Research shows that adventurous and
critical, yet positively minded customers should be pre-
ferred and thus may have the greatest impact on sales
growth (e.g., Hoffman et al. 2010). Finally, future studies
should pay additional research attention to the relation
between VBS and the effective use of slack resources by
exploring how VBS aligns with curvilinear main effects
of these slack resources.

Overall, the commercialization of young firms is an
important research area with high social impact and rele-
vance. It is too important for marketers to leave only to
management and entrepreneurship scholars. Rather, they
should proactively help bridge these research streams with
existing and emerging marketing and sales concepts.
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