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An application scheme based on the teaching of human anatomy and physiology, namely, PBL, is proposed. In particular, 95
medical students were randomly divided into two groups: classes 2 and 3 were the experimental classes (48 students), and then, the
teaching practice was carried out according to the machine learning route; year 1 and class 4 were the control classes (47 students),
and the traditional teachingmethod was used.*e teaching effectiveness was evaluated by performance analysis, the mean score of
the overall evaluation of the experimental class was (93.23± 2.01), the mean score of the control group was (91.51± 2.89), and the
difference was statistically significant (p< 0.01). *e survey showed that more than 93% of the students in the experimental class
thought that the deep learning model helped stimulate their interest in learning, enhance their sense of teamwork, and improve
their overall ability.

1. Introduction

*e ability to learn on their own is essential for medical
students to advance their careers in later years [1]. With the
continuous advancement of science and multimedia infor-
mation processing technologies, the popularity of the in-
ternet and smart terminals has brought many innovative
modes of independent learning to students [2]. *e
knowledge that medical students learn during their time at
school is only the basis of their ability to become qualified
doctors later in life and does not meet the demand for the
knowledge needed to practice later in life. *is requires that
medical students have sufficient independent learning skills,
and as teachers of human anatomy, they should also focus on
developing their independent learning skills [3].

First, human anatomy, as the first professional
foundation course for medical students entering

medicine, involves many very specialized terms and is
logically scattered, making it very difficult for students
who are new to medicine [4]. Classroom time is limited,
and even when teachers are teaching students in a con-
stantly compressed anatomy, there is no way to
interpret all the content, which may lead to students
losing confidence in their studies due to difficulties in
acquiring sufficient knowledge [5].

Second, the current teaching model in many medical
schools is relatively traditional, with the teacher at the core
forcibly instilling knowledge and students being forced to
accept it, a situation that has yet to be fully reformed [6].
Teachers simply follow the content of the textbook and
ignore the students’ ability to comprehend it, resulting in a
boring and rigid classroom atmosphere, which suppresses
students’ interest in learning, thus making students’ learning
effect poor [7].
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In addition, the knowledge of human anatomy is
complicated and numerous, and students are faced with a
large number of terms that need to be memorized, which
makes students gradually lose interest in the medical pro-
fessional course, unable to grasp the theoretical knowledge
well, and only in order to cope with the examination by rote
memorization, which does not help the clinical laboratory
operation of medical students [8]. Finally, some institutions
lack specimens and remain to supply the laboratory class,
usually many students around a dissection table to study, so
that some students cannot observe and experience the
wonders, and the theoretical knowledge learned cannot
really be applied, which is also a more serious problem in the
current teaching of human body science [9].

In today’s society, technology is developing faster and
faster, and the use of information technology is becoming
more and more widespread, including the field of education
[10]. Computer multimedia technology, as a product of this
background environment, has a very important role in
promoting the progress of teaching media and accelerating
the formation of a multimedia teaching system [11]. It can
foster students’ independent learning in many ways, in-
cluding teaching methods, content, and laws, thus making
them increasingly motivated to learn. Human anatomy is
one of the morphological disciplines, and in the past,
teachers used to teach using board books or wall charts,
which were inevitably abstract [12]. Nowadays, teachers can
make use of multimedia technology in teaching human
anatomy courses, which not only promotes good inde-
pendent learning habits, but also stimulates students’ in-
terest in learning and puts them in a vivid, intuitive, and
active teaching environment, thus contributing to a sig-
nificant improvement in the quality of learning and class-
room efficiency [13]. In addition, multimedia technology can
extend the amount of resources available in the classroom,
allowing students to access relevant materials via the internet
to solve learning problems.

*e establishment of a robust online resource base for
human anatomy can provide more space for students to
independently learn. For example, a number of courses
related to human anatomy can be set up, and then, students
can access teaching video materials, multimedia courseware
materials, test banks, specimen image banks, reference
materials, and other resources related to them from the
campus network. At the same time, students and teachers
and students and students can communicate with each other
through WeChat and WeChat, thus giving students more
independent learning mentality and spirit, which is con-
ducive to their deeper exploration of human anatomy, from
which they can find and solve problems in time, so that
students’ independent learning ability can be maximum
[14].

2. Background Knowledge

2.1. Learning Concepts in Human Anatomy. Human anat-
omy is the basic science of the study of the form and
structure of normal human parts and is a very important
basic subject in medicine. Subjects such as pathology,

physiology, and other clinical disciplines are all based on
human anatomy. *is is because the first prerequisite for
medical students to enter medicine is to have an in-depth
understanding of the normal structure of the human body so
that they can correctly observe the physiological processes
and pathological changes in the human body [15]. *is
allows for rational clinical care practices. In the process of
learning human anatomy, students are bound to encounter
many key points of difficulty, and the task of studying
medicine is relatively heavy and relatively little time [16, 17].
*erefore, if medical students only learn human anatomy on
the basis of classroom teaching by their teachers and lack the
ability to independently learn, this will make the teaching
efficiency of teachers and the quality of learning of students
both lacking [18].

2.2. /eoretical Framework for Deep Learning. *e deep
learning route consists of the following components: de-
signing learning objectives and learning content; pre-
assessing learners; creating a positive learning culture;
preparing and activating prior knowledge and acquiring new
knowledge; processing knowledge in depth; and evaluating
learners’ learning, as shown in Figure 1.

Deep learning has become an important and effective
learning style and learning concept in the context of the new
era, attracting widespread attention from the learning re-
search community and high attention from individual
learners [19]. Human anatomy and physiology are impor-
tant basic medical courses, which plays a pivotal role in the
learning of students’ professional knowledge and the cul-
tivation of their professional qualities [20]. In this study, on
the basis of elaborating the theoretical framework of deep
learning, we construct a deep learning model suitable for
human anatomy and physiology courses, highlight the main
position of students in classroom teaching, improve their
learning effect, cultivate their level and ability of reflection,
and achieve better results.

*e steps for optimizing the students’ professional
knowledge of assembled houses using the deep learning for
the limit learning machine are as follows:

Step 1: we collect sample data of students’ professional
knowledge, divide them into training samples and
validation samples, and form a sample matrix.
Step 2: we establish the limit learning machine network
structure model and determine the parameters of the
network model.
Step 3: we conduct random training to obtain the
weights and hidden-layer node bias values, using the
input weights and bias value range as the particle ve-
locity and position-seeking range.
Step 4: we initialize various parameters in the deep
learning model, such as the maximum number of it-
erations, population size, acceleration constant, inertia
weight, and particle dimension.
Step 5: we combine the training samples to obtain the
fitness of the particle and compare it with its own
optimal fitness and the global optimal fitness to obtain
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the individual optimal position and the global optimal
position.
Step 6: we iterate and keep updating the velocity and
position of the student weight until the stopping
condition (maximum number of iterations or mini-
mum fitness value) is met, is exit, and are decoded as
the input weights and hidden-layer node bias values of
the limit learning machine.
Step 7: We assign the output optimal parameters to the
extreme learning machine prediction model, train the
training samples with this model, and after training,
input the validation sample data for prediction.

*e model used in this study is based on GAN for
optimization, which has opened up a new era of neural
networks since Ian Goodfellow proposed GAN in 2014
[15].

*e artificial neural network (ANN), referred to as a
neural network (NN), is a mathematical model that mimics
the behavioral characteristics of biological neural networks
and processes data to achieve human artificial intelligence
[16]. A neural network is shown in Figure 2 as a typical
three-layer neural network framework, including an input
layer, a hidden layer, an activation layer, an output layer, and
a normalization process for the output.

*e neural network graph has three neurons in the input
layer and four neurons in the hidden layer. An activation
function is added after the hidden layer to add a nonlinear
factor to the results of the matrix operations, mapping the
features to a high-dimensional nonlinear interval for in-
terpretation. *e output layer has two neurons, and the
output of the output layer is normalized so that the data are
restricted to a certain range, thus eliminating the undesirable
effects caused by odd sample data [18].

*e internal structure of the neural network is as follows:
this structure is shown in Figure 3 as a processing unit of the
neural network, xi is the input from the ith neuron, w is the
connection weight of the ith neuron, equivalent to the ei-
genvalue, the absolute value of the weight represents the size
of the influence of the input signal on the neuron, θj is the
bias also known as the threshold, after the activation
function to obtain the output results, and the output results
are shown in equation (1) [19].

y � f 
n

i�1
wixi − θ⎛⎝ ⎞⎠. (1)

*e GAN is primarily trained as a generator and a
discriminator neural network, where the two networks are
played to obtain a better result of the two networks. A high-
performance discriminator is used for identification [20].
*e input music, which may be generated by the generator,

is identified by the discriminator, and if it is real music, the
identification result is true, and if it is generated music, the
identification result is false, and the result of the identifi-
cation by the discriminator gives a feedback to the generator
to improve its performance in generating music, and the
generator also gives a feedback to the discriminator to
improve its performance in generatingmusic [21].*e initial
stage of the GAN network (as shown in Figure 4) is mainly
used in image generation, in which the two networks play a
game, each trying to beat the other to achieve its own
performance improvement. *e ultimate goal is to use the
generator network to generate music melodies that can be
faked.

3. PBL Teaching Methodology

*e PBL is a complete approach to designing learning
scenarios, which is problem-oriented and student-centered
on a real-world basis, and has become a popular teaching
method internationally. It combines theoretical knowledge
with practical tasks or problems, enabling students to un-
derstand problems more visually and to solve them more
skillfully.
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In the course of teaching human anatomy, students are
asked core questions about the chapters they are teaching;
then, they are asked to solve the questions through dis-
cussions, library visits, and online research; and then, they
are asked to explain the results of their research in class and
the teacher analyses and comments on them. Students are
then asked to explain their findings in class, and the teacher
is expected to analyze and comment on them. *is enables
students to gain a firm grasp of their knowledge. As shown in
Figure 5, that is, in the PBL teaching method, students
actively participate in problem-solving ideas, which not only
expands the breadth and depth of students’ thinking, but
also stimulates students’ interest in learning, fully mobiles
their enthusiasm for learning, and improves their inde-
pendent learning ability. In addition, combining PBL with
clinical practice can create a relaxed and lively learning
atmosphere, allowing students to feel the good effects of
independent learning, and then gain a sense of achievement
from it, making students more confident to independently
learn [21, 22].

In recent years, virtual simulation has been gradually
applied to the teaching of basic medical courses. Human
anatomy is the study of the normal human form and
structure, and belongs to the category of morphology, which
is one of the important basic courses in the medical pro-
fession. *e circulatory system is an important chapter in
human anatomy, and the structure of the heart is an essential
knowledge for students to master [23–25].

In the AHP method, let the judgment matrix Bn is
generated according to the small changes in the judgment
matrix B∗n in the ideal state, so the optimal value of Bn can be
obtained through the set of weights in B∗n . We define the set
of optimal weights as follows:

W∗i � [ω∗1 ,ω∗2 , . . . ,ω∗n ]; according to the principle of
pairwise comparison, a∗ijω∗j � ω∗i , and it is possible to obtain

a
∗
i1, a
∗
i2, . . . , a

∗
in  × W∗n � nω∗i . (2)

*at is,

B∗n × W∗n � nW∗n . (3)

According to the EM method, we can obtain the
following:

Bn × Wn � βmaxWn, (4)

where βmax is defined as the maximum eigenvalue of the Bn

matrix. When Bn is the optimal judgment matrix, βmax � n,
in other cases. *e difference between βmax > n. βmax and n
represent the extent to which the judgment matrix Bn differs
from the ideal state. Equations (3) and (4) give the following:
B∗nW
∗
n ≤ βmaxW∗n *erefore, the weight interval estimation

model can be obtained by converting it to a most-valued
problem, i.e.,

s.t

min ∗ω, maxω∗i ,

0∗nW
∗
n ≤ βmaxW

∗
n ,

0≤ω∗i ≤ 1,



n

i�1

ω∗i � 1.

⎧⎪⎪⎪⎪⎪⎪⎪⎪⎨

⎪⎪⎪⎪⎪⎪⎪⎪⎩

(5)

*eMATLAB calculates the weight estimation model to
obtain a range of subjective weights for each target attribute
of the APH method, to determine the range for the random
set in the self-learning process, and to further specify its
weight value within the specified range of self-learning
fluctuations [21].

4. Subjects and Research Methods

4.1. Study Subjects. A total of 95 students from our school
were randomly divided into two groups by lottery, with an
experimental class (48 students) and a control class (47
students). All the students in the two groups entered the
school through the general entrance examination and were
randomly divided into two classes, and there was no sta-
tistically significant difference between the two groups in
terms of age, entrance score, and gender (P< 0.01).

4.2. Research Methodology. Both the control and the ex-
perimental classes practice teaching the section “the men-
strual cycle and its regulation.”

*e teaching was carried out in an in-depth learning
mode. Before the class, students are asked to familiarize
themselves with the content of the textbook and make full
use of relevant websites to gather information. Teachers
provide students with teaching resources, including syllabus,
videos, diagrams, case studies, and reference books. Teachers
and students maintain effective communication using
means of communication such as WeChat andWeChat, and
teachers are always available to address difficulties en-
countered by students in their studies [26].

*e teacher sets the level of mastery of morphology, from
gross to microstructure, and physiology, in terms of the
functional changes in the relevant organs, for example,
mastering the morphology, location, and histological
structure of the uterus and ovaries, familiarity with the
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concept of the menstrual cycle, and the pattern of changes in
the endometrium during the menstrual cycle and the
regulation of endocrine hormones during the menstrual
cycle.

As students’ basic knowledge varies, we assign a precourse
quiz in the WeChat group—“Common Reproductive Dis-
eases in Young People.” *is is a preassessment of students’
learning based on their completion and the activity in the
group, so that they can understand their basic knowledge.*e
quiz also allows students to check their own learning and to
have a clear picture of what they are doing [27].

As students often log on toWeChat software, we use it to
increase student engagement, create a positive learning
culture, and create a good teacher-student relationship.
Questions after watching the videos are discussed in the
WeChat group and typical questions that cannot be solved,
such as “what are the cyclical changes in the secretion of
hormones by the ovaries, hypothalamus, and pituitary
gland,” are explained in class by the teacher.

*e classroom is the place where students’ knowledge is
processed in depth, through collaborative classroom group
learning and completion of assignments to achieve transfer
and internalization of knowledge. In the classroom, the
teacher summarizes and explains common problems based
on students’ learning, and then assigns a more complex
assignment—“the relationship between the age distribution
of lifestyle habits and economic factors”—which requires
students to work in small groups to complete the assignment
and have each group leader present their findings for the
whole group, explaining the design ideas and the solution
process. Students then interacted with each other, actively
evaluating or making suggestions to the groups, while the
teacher controlled the process and moderated the interac-
tion. In the end, a summary and instructive evaluation of the
groups’ conclusions and performance of the learning ac-
tivities are given.

As assessment and feedback often have a direct impact
on learners’ attitudes, approaches, and outcomes, it is im-
portant to measure whether students have achieved deep
learning through appropriate assessment methods. In class,
teachers provide timely assessment through group presen-
tations and students and assess other groups through in-
tergroup communication; after class, teachers assess
students through WeChat group participation and exami-
nation tests to remind and encourage students to take an
active role in their learning.

We used both questionnaires and comprehensive as-
sessments to evaluate the effectiveness of the in-depth
learning model in teaching human anatomy and physiology.
1. Satisfaction questionnaire: an anonymous questionnaire
was administered to the experimental class. 2. Compre-
hensive assessment: due to the differences in assessment
methods between the two groups of students, the “assess-
ment scores” of the experimental class could not be used to
compare with those of the control class, so we used a
comprehensive assessment to form a score that could be
used to evaluate the effectiveness of the teaching. *is is
calculated as follows: pretest grade (30%) + homework
(20%) + general examination grade (50%).

*e data were statistically analyzed using SPSS 19.0, and
the measurement data were expressed as mean± standard
deviation (x ± s). *e t-test was used for comparison be-
tween groups, and differences were considered statistically
significant at P< 0.05.

5. Results

5.1. Results of the Survey on Students’ Satisfaction with the
Application of the Deep Learning Model in the Experimental
Class. A total of 48 questionnaires were distributed, and 48
were returned, with a validity rate of 100%. *e results show
that the students in the experimental class generally like this
new teaching mode and believe that it can improve their
ability to independently learn and solve problems and en-
hance their sense of teamwork (see Table 1).

5.2. Comparison of Comprehensive Assessment Scores of
Students in the Control Class of the Experimental Class.
*e mean score of the experimental class was higher than
that of the control class in the section of “menstrual cycle
and its regulation,” and the difference was statistically sig-
nificant (P< 0.05), as shown in Table 2.

5.3. Student Test Results. *e results in Table 3 show the
distribution of the theoretical, experimental, and overall
scores of the two groups. *e reason for the difference
between the two groups may be that the integration of the
human heart anatomy virtual simulation experiment into
the teaching of circulatory system anatomy can promote
students’ motivation in both theory and laboratory classes
and stimulate their intrinsic motivation.

6. Discussion

Human anatomy and physiology organically combine the
morphological structure and functional activity patterns of
the human body. It is a fundamental course for medical
students to learn pharmacology, pathology, and other dis-
ciplines, and is also the key to learning professional courses.
For many medical schools, human anatomy and physiology
are not given enough attention by students due to the small
number of class hours. In addition, traditional teaching
methods tend to give a clear account of knowledge in a
straightforward manner, taking the teacher to lecture and
students to passively listen. *erefore, it has been a topic of
continuous exploration for teachers to find out how to
complete the teaching tasks within the limited class time and
to achieve good teaching objectives.

In the practice of deep learning mode, we provide
students with video learning materials partly in the online
open educational resources to find their own teaching
content of video resources as the course teaching content,
not only to improve the utilization rate of resources, but also
to save manpower andmaterial resources; another part is the
teacher’s own production, according to the actual situation
of students on the teaching content of the targeted expla-
nation. *e other part is produced by the teacher himself,
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according to the actual situation of the students to explain
the teaching content, and according to the syllabus on
certain key and difficult points to raise questions, so that
students’ learning objectives are relatively clear. Before and
after the lesson, teachers and students use the internet and
other means of communication to maintain effective
communication and to exchange problems and difficulties
encountered in learning at any time. Practice shows that
deep learning requires teachers to teach not only what is
known, but also to teach students to explore what is un-
known and to empower them to answer unanswered
questions and ask questions that have not yet been asked.
Instead of mechanically recording the teacher’s lectures or
repeating exercises, deep learning allows students to col-
laborate with their peers to solve difficult problems in order
to deepen their knowledge. We propose a basic process and a
specific implementation approach based on the deep
learning route, and innovate the teaching content, teaching
methods and teaching processes through practical research,
with a view to providing some references for further in-
depth research on deep learning.

7. Conclusions

Morphological topics such as human anatomy require ob-
servation of the structures of the human body and require
students to be able to observe laboratory specimens or

models more and more closely in order to gain a deep
understanding. In the traditional teaching model, the small
number of laboratory specimens or models, the large
number of students, and the limited learning time result in
the teacher’s inability to provide further individualized in-
struction to students, preventing some students from un-
derstanding the content well and in a timely manner. If they
are in this state for a long time, students’ motivation and
ability to independently learn will be certainly affected to
some extent. In addition to improving their own profes-
sional skills, teachers try more innovative teaching methods
that take students as the main focus, cultivate their inde-
pendent learning ability, stimulate their curiosity, and allow
them to explore and understand human anatomy more
deeply, thus laying a solid foundation for their future career
development.
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Table 3: Student test results (number of students).

Achievement Grouping Below 60 points 60–75 points 76–90 points 91–100 points Total X2 P value

/eoretical achievements Control group 10 62 56 4 132 11.35 0.001Experience group 2 45 67 10 124

Experimental results Control group 15 55 57 5 132 24.5 <0.001Experience group 1 33 76 14 124

Total score Control group 10 62 56 4 132 18.91 0.001Experience group 1 39 71 13 124

Table 1: Results of the survey on students’ satisfaction with the application of the deep learning model in the experimental class.

Survey items Satisfactory or relatively satisfactory rate
(%) Dissatisfaction rate (%)

*e curriculum design is reasonable and meaningful 95.27 4.73
Stimulate learning interest, inspire thinking, and deepen
understanding 93.16 6.84

Active classroom atmosphere and improve learning efficiency 94.96 5.04
Improve independent learning ability and problem-solving ability 97.31 2.87
Enhance the sense of teamwork 96.58 3.42
*e teaching reform is appropriate and worth popularizing 95.02 4.98

Table 2: Comparison of the overall assessment scores of students in the control class of the experimental class (x ± s).

Group Number of people Examination results
Control group 48 93.23 ± 2.01
Experience group 47 91.51 ± 2.89
t value — 3.358
P value — 0.001
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