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_ “Results are decent”
‘a’ — MIT Technology Review
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a user’s ego-network, a network of connections between her ‘
friends. -

“Knows your circles better than you do!”
— Wired ‘alters’ v;

Properties of circles

Our goal is to automatically detect circles using profile and
network information. We develop a model of circles with the
following properties:

@ Circles form around nodes with common properties.

@ Different circles are formed by different properties, e.g. one Facebook:
circle might be formed by family members, and another by
students who attended the same university.

@ Circles can overlap, and ‘stronger circles form within
‘weaker’ ones, e.g. a circle of friends from the same degree
program may form within a circle from the same university.

@ We leverage both profile information and network structure
In order to identify circles.
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