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abstract. With respect to decision making problems by using probabilities, immediate probabilities 
and information that can be represented with linguistic labels, some new decision analysis are pro-
posed. Firstly, we shall develop three new aggregation operators: generalized probabilistic 2-tuple 
weighted average (GP-2TWA) operator, generalized probabilistic 2-tuple ordered weighted average 
(GP-2TOWA) operator and generalized immediate probabilistic 2-tuple ordered weighted average 
(GIP-2TOWA) operator. These operators use the weighted average (WA) operator, the ordered 
weighted average (OWA) operator, linguistic information, probabilistic information and immediate 
probabilistic information. They are quite useful because they can assess the uncertain information 
within the problem by using both linguistic labels and the probabilistic information that considers 
the attitudinal character of the decision maker. In these approaches, alternative appraisal values 
are calculated by the aggregation of 2-tuple linguistic information. Thus, the ranking of alternative 
or selection of the most desirable alternative(s) is obtained by the comparison of 2-tuple linguistic 
information. Finally, we give an illustrative example about selection of strategies to verify the de-
veloped approach and to demonstrate its feasibility and practicality.
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introduction

A multiple attribute decision making problem is to find a desirable solution from a finite 
number of feasible alternatives assessed on multiple attributes, both quantitative and 
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qualitative. In order to choose a desirable solution, decision makers often provide his/her 
preference information which takes the form of numerical values, such as exact values, in-
terval number values and fuzzy numbers (Liu 2009; Zhang, Liu 2010; Han, Liu 2011; Kaya, 
Kahraman 2011; Yan et al. 2011; Wei 2010a, b, 2012).  However, under many conditions, 
numerical values are inadequate or insufficient to model real-life decision problems. Indeed, 
human judgments including preference information may be stated in linguistic terms. Thus, 
multiple attribute decision making problems under linguistic environment is an interesting 
research topic having received more and more attention from researchers during the last 
several years. Several methods have been proposed for dealing with linguistic information. 
These methods are mainly as follows:

(1) The approximative computational model based on the Extension Principle (Degani, 
Bortolan 1988);

(2) The ordinal linguistic computational model (Delgado et al. 1993);
(3) The 2-tuple linguistic computational model (Herrera, Herrera-Viedma 2000a, b; 

Herrera et al. 2005; Herrera, Martínez 2001; Wei 2010a, b, 2011a, c; Wei, Zhao 2012).
The first models transform linguistic assessment information into fuzzy numbers and 

uses fuzzy arithmetic to make computations over these fuzzy numbers. The use of fuzzy 
arithmetic increases the vagueness. The results obtained by the fuzzy arithmetic are fuzzy 
numbers that usually do not match any linguistic term in the initial term set. The second 
models is also called symbolic model which makes direct computations on labels using the 
ordinal structure of the linguistic term sets. But symbolic method easily results in a loss of 
information caused by the use of the round operator. The third models use the 2-tuple lin-
guistic representation and computational model to make linguistic computations. Herrera 
and Martínez (1991) show 2-tuple linguistic information processing manner can effectively 
avoid the loss and distortion of information. It has a distinct advantage over other linguistic 
processing methods in accuracy and reliability. Herrera, Herrera-Viedma (2000a) developed 
2-tuple arithmetic average (TAA) operator, 2-tuple weighted average (TWA) operator, 2-tuple 
ordered weighted average (TOWA) operator and extended 2-tuple weighted average (ET-
WA) operator. Herrera et al. (2005) presented a group decision making process for managing 
non-homogeneous information. The non-homogeneous information can be represented as 
values belonging to domains with different nature as linguistic, numerical and interval valued 
or can be values assessed in label sets with different granularity, multi-granular linguistic 
information. Herrera-Viedma et al. (2005) presented a model of consensus support system 
to assist the experts in all phases of the consensus reaching process of group decision-making 
problems with multi-granular linguistic preference relations. Liao et al. (2007) presented a 
model for selecting an ERP system based on linguistic information processing. Herrera et al. 
(2008) proposed a fuzzy linguistic methodology to deal with unbalanced linguistic term sets. 
Wang (2009) presented a 2-tuple fuzzy linguistic evaluation model for selecting appropriate 
agile manufacturing system in relation to MC production. Tai and Chen (2009) developed 
a new evaluation model for intellectual capital based on computing with linguistic variable. 
Fan et al. (2009) Evaluated knowledge management capability of organizations by using a 
fuzzy linguistic method. Zhang and Chu (2009) developed fuzzy group decision making for 
multi-format and multi-granularity linguistic judgments in quality function deployment. 
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Wei (2010a) extended TOPSIS method to 2-tuple linguistic multiple attribute group decision 
making with incomplete weight information. Wei (2010b) proposed a method for multiple 
attribute group decision making based on the ET-WG and ET-OWG operators with 2-tuple 
linguistic information. Fan and Liu (2010) developed a method for group decision making 
based on multi-granularity uncertain linguistic information. Chang and Wen (2010) de-
veloped a novel efficient approach for DFMEA combining 2-tuple and the OWA operator. 
Ngan (2011) took an alternative view that the result of aggregating fuzzy ratings should be 
fuzzy itself, and therefore they further developed the 2-tuple fuzzy linguistic methodology so 
that its output is a fuzzy number describing the aggregation of opinions. they demonstrated 
the utility of the extended fuzzy linguistic computing methodology by applying it to two data 
sets: (i) the evaluation of a new product idea in a Taiwanese electronics manufacturing firm 
and (ii) the evaluation of the investment benefit of a proposed facility site.

Another interesting approach is the use of probabilistic information in the analysis because 
we are able to introduce objectivity in our studies. In the literature, we find a wide range of 
models that use probabilistic information such as the immediate probabilities (Yager et al. 
1995; Merigó 2010) and the Dempster-Shafer theory of evidence (Merigó, Casanovas 2009; 
Merigó et al. 2010). Recently, Merigó (2008, 2009a) has suggested the probabilistic OWA 
(POWA) operator. It is an aggregation operator that unifies the probability with the OWA 
operator considering the degree of importance that each concept has in the aggregation. 
Moreover, he has also suggested the probabilistic weighted average (PWA) (Merigó 2009b). 
Its main advantage is that it unifies the probability and the weighted average in the same 
formulation considering how relevant they are in the aggregation.

In this paper, we investigate the probabilistic decision making problems with linguistic 
information, some new probabilistic decision making methods are developed. The aim 
of this paper is to develop some new decision making models by using probabilities, 
immediate probabilities and information that can be represented with linguistic labels. 
Firstly, we shall develop three new aggregation operators: generalized probabilistic 
2-tuple weighted average (GP-2TWA) operator, generalized probabilistic 2-tuple ordered 
weighted average (GP-2TOWA) operator and generalized immediate probabilistic 2-tuple 
ordered weighted average (GIP-2TOWA) operator. These operators use the weighted 
average (WA) operator, the ordered weighted average (OWA) operator, linguistic in-
formation and probabilistic information. They are quite useful because they can assess 
the uncertain information within the problem by using both linguistic labels and the 
probabilistic information that considers the attitudinal character of the decision maker. 
In doing so, the remainder of this paper is set out as follows. In the next section, we 
introduce some basic concepts and operational laws of 2-tuple linguistic variables. In 
Section 2 we develop some generalized probabilistic weighted average operator with 
linguistic assessment information, some generalized probabilistic ordered weighted av-
erage operator with linguistic assessment information and some generalized immediate 
probabilistic ordered weighted average operator with linguistic assessment information. 
In Section 3, we give an illustrative example about selection of strategies to verify the 
developed approach and to demonstrate its feasibility and practicality. In the final section 
we conclude the paper and give some remarks.
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1. preliminaries

Let { }1,2, ,iS s i t= =   be a linguistic term set with odd cardinality. Any label, is  represents 
a possible value for a linguistic variable, and it should satisfy the following characteristics 
(Herrera, Herrera-Viedma 2000a, b; Herrera et al. 2005; Herrera, Martínez 2001):

(1) The set is ordered: i js s> , if i j> ; (2) Max operator: max( , )i j is s s= , if ..; (3) Min 
operator: min( , )i j is s s= , if i js s≤ . For example, S can be defined as:

 

1 2 3 4

5 6 7

{ , , , ,
, , }

S s extremely poor s very poor s poor s medium
s good s very good s extremely good

= = = = =
= = =

Herrera, Herrera-Viedma (2000a, b) developed the 2-tuple fuzzy linguistic representation 
model based on the concept of symbolic translation. It is used for representing the linguistic 
assessment information by means of a 2-tuple (si , ai), where is  is a linguistic label from pre-
defined linguistic term set S and iα  is the value of symbolic translation, and )0.5,0.5i α ∈ − .

definition 1. Let β  be the result of an aggregation of the indices of a set of labels assessed 
in a linguistic term set S, i.e. the result of a symbolic aggregation operation, 1,tβ∈   

, and 
t the cardinality of S. Let ( )i round= β  and iα =β−  be 2 values, such that 1,i t∈   and 

)0.5,0.5α∈ − ; then a is called a symbolic translation of the aggregation (Herrera, Her-
rera-Viedma 2000a, b).

definition 2. Let { }1 2, , , tS s s s=   be a linguistic term set and 1,tβ∈    be a value 
representing the result of a symbolic aggregation operation; then 2-tuple that expresses the 
equivalent information toβ is obtained with the following function:

 ): 1, 0.5,0.5t S ∆ → × −    ; (1)

 
( )

( )
)

·

, 0.5,0.5
is i round

i

 = β∆ β =  α =β− α∈ − 
, (2)

where: round(.) is the usual round operation; is  has the closest index label to β  and α  is 
the value of the symbolic translation (Herrera, Herrera-Viedma 2000a, b).

definition 3. Let { }1 2, , , tS s s s=  be a linguistic term set and ( , )i is α  be a 2-tuple; a func-
tion 1−∆ can be defined, such that, from a 2-tuple ( , )i is α  it return its equivalent numerical 
value 1,t Rβ∈ ⊂   , which is obtained with the following function (Herrera, Herrera-Viedma 
2000a, b):

 )1 : 0.5,0.5 1,S t− ∆ × − →    ; (3)

 ( )1 ,is i−∆ α = +α =β . (4)

definition 4. The comparison of linguistic information represented by 2-tuples is carried 
out according to an ordinary lexicographic order. Let ( ),k ks a  and ( ),l ls a  be two 2-tuples, 
with each one representing a linguistic assessment (Herrera, Herrera-Viedma 2000a, b):

(1) If k l<  then ( ),k ks a  is smaller than ( ),l ls a ;
(2) If k l=  then, 1) if k la a= , then ( ),k ks a , ( ),l ls a  represents the same information; 2) if 

k la a<  then ( ),k ks a  is smaller than ( ),l ls a ; 3) if k la a>  then ( ),k ks a  is bigger than ( ),l ls a .

.
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2. some generalized probabilistic weighted average operator with linguistic 
information

Merigó (2008, 2009a) developed the probabilistic weighted average (PWA) operator which 
is an aggregation operator that unifies the probability and the weighted average in the same 
formulation considering the degree of importance that each concept has in the aggregation.

definition 5. An PWA operator of dimension n is a mapping PWA: nR R→ , such that:

 
( )1 2

1
PWA , , ,

n

n j j
j

a a a v a
=

=∑ ,  (5)

where: ( )1 2, , , T
nω= ω ω ω  be the weight vector of ( )1,2, ,ja j n=  , and 0jω > , 

1
1

n

j
j=
ω =∑ ,

and a probabilistic weight 0jp > , 
1

1
n

j
j

p
=

=∑ , ( )1j j jv p=β + −β ω with 0,1β∈   and jv is the

weight that unifies probabilities and WAs in the same formulation, then PWA is called the 
probabilistic weighted average (PWA) operator. The PWA operator is monotonic, commut-
ative, bounded and idempotent.

Merigó (2008) proposed the generalized probabilistic weighted average (GPWA) oper-
ator which is an aggregation operator that unifies the probability and the weighted average 
in the same formulation considering the degree of importance that each concept has in the 
aggregation.

definition 6. A GPWA operator of dimension n is a mapping GPWA: nR R→ , such that:

 
( )

1

1 2
1

GPWA , , ,
n

n j j
j

a a a v a
λ

λ

=

 
 =
 
 
∑ , (6)

where: ( )1 2, , , T
nω= ω ω ω  be the weight vector of ( )1,2, ,ja j n=  , and 0jω > , 

1
1

n

j
j=
ω =∑ ,

and a probabilistic weight 0jp > , 
1

1
n

j
j

p
=

=∑ , ( )1j j jv p=β + −β ω  with 0,1β∈   and jv is

the weight that unifies probabilities and WAs in the same formulation and λ is a parameter 
such that ( ),λ∈ −∞ +∞ .

It’s obvious that GPWA operator include a wide range of aggregation operators such 
as the PWA, the probabilistic weighted geometric (PWG), the probabilistic weighted har-
monic average (PHWA), the probabilistic weighted quadratic average (PQWA), and a lot 
of other cases.

2.1. generalized probabilistic weighted average operator with linguistic information

In the following, we extend the GPWA operator to linguistic environment and develop the 
generalized probabilistic 2-tuple weighted average (GP-2TWA) operator. The GP-2TWA is 
an aggregation operator that unifies the probability and the weighted average in the same 
formulation considering the degree of importance that each concept has in the aggregation 
and using uncertain information represented with linguistic values.
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definition 7. Let ( ) ( ) ( ){ }1 1 2 2, , , , , ,n nr a r a r a  be a set of 2-tuple, An GP-2TWA operator 
of dimension n  is a mapping GP-2TWA: nS S→ , furthermore,

 

( ) ( ) ( )( ) ( )
1

1
1 1 2 2

1
GP-2TWA , , , , , , ,

n

n n j j j
j

r a r a r a r a
λ

λ
−

=

    = ∆ ν ∆     
∑ ,   (7)

where: ( )1 2, , , T
nω= ω ω ω  be the weight vector of ( )( ), 1,2, ,j jr a j n=  , and 0jω > ,

1
1

n

j
j=
ω =∑ , and a probabilistic weight 0jp > , 

1
1

n

j
j

p
=

=∑ , ( )1j j jv p=β + −β ω with 0,1β∈  

and jv is the weight that unifies probabilities and WAs in the same formulation and λ  is a 
parameter such that ( ),λ∈ −∞ +∞ .

Especially, if 0β = , then, the GP-2TWA operator reduces to the G-2TWA operator. And 
if b = 1, it becomes the generalized probabilistic 2-tuple average (GP-2TA). Note that the 
GP-2TWA is monotonic, bounded and idempotent.

remark 1. When 1λ = , the GP-2TWA operator become the P-2TWA operator.

 
( ) ( ) ( )( ) ( )1

1 1 2 2
1

P-2TWA , , , , , , ,
n

n n j j j
j

r a r a r a r a−

=

 
 = ∆ ν ∆
 
 
∑ .

Note that if 0β = , for all ( ),i ir a , we get the 2TWA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TWA operator.

remark 2. When 0λ = , the GP-2TWA operator become the probabilistic 2-tuple weighted 
geoemtric (P-2TWG) operator.

 
( ) ( ) ( )( ) ( )( )1

1 1 2 2
1

P-2TW , , , , , , ,
jn

n n j j
j

G r a r a r a r a
ν

−

=

 
 = ∆ ∆
 
 
∏ .

Note that if 0β = , for all ( ),i ir a , we get the 2TWG operator; if 1β = , for all ( ),i ir a , we 
get the P-2TWG operator.

remark 3. When l = –1, the GP-2TWA operator become the probabilistic 2-tuple weighted 
harmonic average (P-2TWHA) operator.

 

( ) ( ) ( )( ) ( )
( )

( )
( )

1 1
11

1 1 2 2
1

1

1

1
1

P-2TWHA , , , , , , ,

1
,

,

n

n n j j j
j

j
n

jj j

j j j

r a r a r a r a

r a
r a

−
−

−

=

−

−

−
=

    = ∆ ν ∆ =     
 
     ν  ∆ = ∆    ν∆         ∆ 

∑

∑



Note that if 0β = , for all ( ),i ir a , we get the 2TWHA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TWHA operator.

.
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remark 4. When 2λ = , the GP-2TWA operator become the probabilistic 2-tuple weighted 
quadratic average (P-2TWQA) operator.

 

( ) ( ) ( )( ) ( )
1 2

21
1 1 2 2

1
P-2TWQA , , , , , , ,

n

n n j j j
j

r a r a r a r a−

=

    = ∆ ν ∆     
∑ .

Note that if 0β = , for all ( ),i ir a , we get the 2TWQA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TWQA operator.

2.2. generalized probabilistic ordered weighted average operator with linguistic 
information

Another approach for unifying probabilities and OWAs in the same formulation is the prob-
abilistic OWA (POWA) operator (Merigó 2008, 2009b). Its main advantage is that it is able 
to include both concepts considering the degree of importance of each case in the problem.

definition 8. An POWA operator of dimension n is a mapping PWA: nR R→  that has

an associated weight vector ( )1 2, , , T
nw w w w=   such that 0jw >  and 

1
1

n

j
j

w
=

=∑ , according 
to the following equation:

 
( ) ( )1 2

1

ˆPOWA , , ,
n

n j j
j

a a a p aσ
=

=∑ ,     (8)

where: ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of ( )1,2, ,n , such that ( ) ( )1j ja aσ − σ≥  for all

2, ,j n= 
, with 

1
1

n

i
i

p
=

=∑  and 0,1ip ∈  , ( )ˆ 1j j jp p w=β + −β
 
with 0,1β∈   and jp  is the

associated probability of ( )jaσ .
We shall propose the generalized probabilistic ordered weighted average (GPOWA) op-

erator which is an aggregation operator that unifies the probability and the weighted average 
in the same formulation considering the degree of importance that each concept has in the 
aggregation.

definition 9. A GPOWA operator of dimension n is a mapping GPOWA: nR R→  that

has an associated weight vector ( )1 2, , , T
nw w w w=   such that 0jw >  and 

1
1

n

j
j

w
=

=∑ , ac-
cording to the following equation:

 
( ) ( )1 2

1

ˆGPOWA , , ,
n

n j j
j

a a a p a
λ

λ
σ

=

 
 =
 
 
∑ ,  (9)

where: ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of ( )1,2, ,n , such that ( ) ( )1j ja aσ − σ≥  for all

2, ,j n= 
, with b ∈ [0, 1]    and 0,1ip ∈  , ( )ˆ 1j j jp p w=β + −β  with 0,1β∈    and pj is the

associated probability of ( )jaσ  and λ  is a parameter such that ( ),λ∈ −∞ +∞ .
It’s obvious that GPOWA operator include a wide range of aggregation operators such as 

the POWA, the probabilistic ordered weighted geometric (POWG), the probabilistic ordered 
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weighted harmonic average (POWHA), the probabilistic ordered weighted quadratic average 
(POWQA), and a lot of other cases.

In the following, we extend the GPOWA operator to linguistic environment and develop 
the generalized probabilistic 2-tuple weighted average (GP-2TOWA) operator.

definition 10.  Let ( ) ( ) ( ){ }1 1 2 2, , , , , ,n nr a r a r a  be a set of 2-tuple, An GP-2TOWA oper-
ator of dimension n is a mapping GP-2TOWA: nS S→  that has an associated weight vector

( )1 2, , , T
nw w w w=   such that 0jw >  and

1
1

n

j
j

w
=

=∑ . Furthermore,

 

( ) ( ) ( )( ) ( ) ( )( )
1

1
1 1 2 2

1

ˆGP-2TOWA , , , , , , ,
n

n n j j j
j

r a r a r a p r a
λ

λ
−

σ σ
=

    = ∆ ∆     
∑ ,   (10)

where: ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of (1, 2, , )n , such that ( ) ( )1 1( , )j jr aσ − σ − ≥

( ) ( )( , )j jr aσ σ  for al l  2, ,j n= 
,  with 

1
1

n

i
i

p
=

=∑  and 0,1ip ∈   ,  ( )ˆ 1j j jp p w=β + −β

with 0,1β∈    and jp  is the associated probability of ( ) ( )( , )j jr aσ σ  and λ  is a parameter
such that ( ),λ∈ −∞ +∞ .

The GP-2TOWAoperator unifies the probability and the OWA operator in the same for-
mulation considering the degree of importance of each concept in the aggregation. It also 
uses information represented in the form of linguistic values.

remark 5. When 1λ = , the GP-2TOWA operator reduces to the P-2TOWA operator.
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Note that if 0β = , for all ( ),i ir a , we get the 2TOWA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TOWA operator.

remark 6. When λ  = 0, the GP-2TOWA operator reduces to the P-2TOWG operator.
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Note that if 0β = , for all ( ),i ir a , we get the 2TOWG operator; if 1β = , for all ( ),i ir a , we 
get the P-2TOWG operator.

remark 7. When 1λ = − , the GP-2TOWA operator reduces to the P-2TOWHA operator.
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Note that if 0β = , for all ( ),i ir a , we get the 2TOWHA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TOWHA operator.

remark 8. When 2λ = , the GP-2TOWA operator reduces to the P-2TOWQA operator.
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    = ∆ ∆     
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Note that if 0β = , for all ( ),i ir a , we get the 2TOWQA operator; if 1β = , for all ( ),i ir a , we 
get the P-2TOWQA operator.

2.3.  generalized immediate probabilistic ordered weighted average operator 
with linguistic information

The GOWA operator (Yager 2004) is a generalization of the OWA operator (Yager 1998) by 
using generalized means. It can be defined as follows.

definition 11. A GOWA operator of dimension n is a mapping GOWA: nR R→  that has

an associated weight vector ( )1 2, , , T
nw w w w=   such that 0jw > and

1
1

n

j
j

w
=

=∑ . Furthermore,
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∑ , (11)

where ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of ( )1,2, ,n , such that ( ) ( )1j jσ − σα ≥ α  for all 
2, ,j n= 

.
Merigó (2010) develop the immediate probability (IP) which tries to include the decision 

maker’s attitude in a probabilistic decision-making problem. The main advantage is that it is 
easy to apply it in almost all the probabilistic problems studied before such as in decision-mak-
ing problems, actuarial sciences and statistics. Because the probabilistic information is 
objective but uncertain, we cannot then guarantee that the expected result is the result that 
will happen in the future. If we are in the situations of uncertainty (risk environments), each 
decision maker will have different attitudes towards the same problem.

In order to develop the analysis, Merigó (2010) used in the same formulation the weights 
of the OWA operator and the probabilistic information and proposed the immediate prob-
ability OWA (IP-OWA) operator. It can be defined as follows.

definition 12. An IP-OWA operator of dimension n is a mapping IP-OWA: nR R→ ,

that has an associated weight vector ( )1 2, , , T
nw w w w=   such that 0jw >  and 

1
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j
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w
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=∑ . 
Furthermore,
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where: ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of ( )1,2, ,n , such that ( ) ( )1j ja aσ − σ≥  for all

2, ,j n= 
, jp is the associated probability of ( )jaσ , and 
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It’s worth pointing out that IP-OWA operator is a good approach for unifying probabilities 
and OWAs in some particular situations. But it is not always useful, especially in situations 
where we want to give more importance to the probabilities or to the OWA operators. In 
order to show why this unification does not seem to be a final model, we could also consider

other ways of representing ˆ jp . For example, we could also use 

( )
1

ˆ j j
j n

j j
j

w p
p

w p
=

+
=

+∑
 or other

similar approaches.
Based on GOWA operator and IP-OWA operator, in the following, we shall develop the 

generalized immediate probability 2-tuple OWA (GIP-2TOWA) operator.

definition 13.  Let ( ) ( ) ( ){ }1 1 2 2, , , , , ,n nr a r a r a  be a set of 2-tuple, An GIP-2TOWA ope-

rator of dimension   is a mapping GIP-2TOWA: nS S→ , that has an associated weight vector

( )1 2, , , T
nw w w w=   such that 0jw >  and
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=

=∑ . Furthermore,
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where: ( ) ( ) ( )( )1 , 2 , , nσ σ σ  is a permutation of ( )1,2, ,n , such that ( ) ( )( )1 1,j jr aσ − σ − ≥

( ) ( )( ),j jr aσ σ  for all 2, ,j n= 
, each ( ),i ir a  has associated a probability ip , jp

is the associated probability of ( ) ( )( ),j jr aσ σ , and 
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p

w p
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∑
.

It’s worth pointing out that GIP-2TOWA operator is a good approach for unifying prob-
abilities and TOWAs in some particular situations. But it is not always useful, especially in 
situations where we want to give more importance to the probabilities or to the TOWA oper-
ators. In order to show why this unification does not seem to be a final model, we could also

consider other ways of representing ˆ jp . For example, we could also use 

( )
1

ˆ j j
j n

j j
j

w p
p

w p
=

+
=

+∑
or other similar approaches.

If we analyze different values of the parameter λ , we obtain another group of particular 
cases such as the usual IP-2TOWA operator, the IP-2TOWG operator, the IP-2TOWQA 
operator and the IP-2TOWHA operator.

remark 9. When 1λ = , the GIP-2TOWA operator becomes the IP-2TOWA operator.
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Note that if 1jp n= , for all ( ),i ir a , we get the 2TOWA operator and if 1jw n= , for all 
( ),i ir a , we get the P-2TOWA operator.

remark 10. When 0λ = , the GIP-2TOWA operator becomes the IP-2TOWG operator.
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Note that if 1jp n= , for all ( ),i ir a , we get the 2TOWG operator and if 1jw n= , for all 
( ),i ir a , we get the P-2TOWG operator.

remark 11. When 1λ = − , the GIP-2TOWA operator becomes the IP-2TOWHA operator.
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Note that if 1jp n= , for all ( ),i ir a , we get the 2TOWHA operator and if 1jw n= , for 
all ( ),i ir a , we get the P-2TOWHA operator.

remark 12. When 2λ = , the GIP-2TOWA operator becomes the IP-2TOWQA operator.
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Note that if 1jp n= , for all ( ),i ir a , we get the 2TOWQA operator and if 1jw n= , for 
all ( ),i ir a , we get the P-2TOWQA operator.

3. illustrative example

In this section, we shall analyze a decision-making problem where a company is studying 
which strategy is the most appropriate for them (Merigó 2010). Because the environment is 
very uncertain, the experts in the company need to assess the available information by using 
linguistic information. Assume a company that operates in Europe and North America is 
analyzing its general policy for the next year. The board of directors has analyzed the eco-
nomic situation of the company and they have found that now is a good moment to make an 
expansion policy to another continent in order to become more relevant in the world. They 
consider five possible strategies to follow: 1) A1: Expand to the Asian market; 2) A2: Expand 
to the African market; 3) A3: Expand to the South American market; 4) A4: Expand to all 
three continents; 5) A5: Do not develop any expansion. In order to evaluate these strategies, 
the company considers that the key factor is the economic situation for the next year. Then, 
according to the situation, the expected benefits for the company will be different. The ex-
perts have considered five possible situations for the next year: 1) S1: Negative growth rate; 
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2) S2: Growth rate near 0; 3) S3: Low growth rate; 4) S4: Medium growth rate; 5) S5: High 
growth rate. The five possible strategies ( )1,2,3,4,5iA i =  are to be evaluated using the lin-
guistic term set:

 

1 2 3 4

5 6 7

{ ( ), ( ), ( ), ( ),
( ), ( ), ( )}

S s extremely poor EP s very poor VP s poor P s medium M
s good G s very good VG s extremely good EG

= = = = =
= = =

By the three decision makers under the above five situations. the expected results depend-
ing on the alternative iA  and the situation jS  are shown in Table 1.

Table 1. Available information about the strategies

S1 S2 S3 S4 S5

A1 M VP EG G VG
A2 EP VP P VP EP
A3 VG EG M VG EG
A4 M G VG EP M
A5 G EP P VP VP

With respect to this problem, the experts in the company find probabilistic information 
given as follows: ( )0.3,0.3,0.2,0.1,0.1P = . They assume that the WA, that represents the 
degree of importance of each state of situations, is: ( )0.2,0.25,0.15,0.3,0.1ω= . Note that 
the probabilistic information has an importance of 35% and the WA an importance of 65%. 
Furthermore, the policy of the company is to be very pessimistic in order to obtain safety 
results whenever the future results are not clear. Therefore, they decide to manipulate the 
probabilities by using the following OWA weighting vector: ( )0.1,0.2,0.2,0.0.2,0.3w = . As 
we can see, this weighting vector seems to be conservative because it gives higher import-
ance to the lowest result used in the last weight. Note that the company will use immediate 
probabilities in order to assess this problem. The results found in the immediate probabilities 
by using the above probabilities and weights are shown in Table 2.

Table 2. Immediate probabilities of the problem

S1 S2 S3 S4 S5

IP1 0.286 0.429 0.095 0.095 0.095
IP2 0.429 0.286 0.095 0.095 0.095
IP3 0.316 0.158 0.316 0.105 0.105
IP4 0.316 0.316 0.105 0.158 0.105
IP5 0.150 0.450 0.200 0.100 0.100

Firstly, we use the GP-2TWA operator to aggregate the decision information in Table 
1 and probabilistic information given as ( )0.3,0.3,0.2,0.1,0.1P = . The results are shown in 
Table 3. The GP-2TWA operator includes the P-2TWA operator, P-2TWG operator, P-2TWHA 
operator and P-2TWQA operator.

.
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Secondly, we use the GP-2TOWA operator to aggregate the decision information in 
Table 1 and probabilistic information given as ( )0.3,0.3,0.2,0.1,0.1P =  and OWA weight-
ing vector ( )0.1,0.2,0.2,0.0.2,0.3W = . The results are shown in Table 4. The GP-2TOWA 
operator includes the P-2TOWA operator, P-2TOWG operator, P-2TOWHA operator and 
P-2TOWQA operator.

Thirdly, we use the GIP-2TOWA operator to aggregate the decision information in Table 
1 and immediate probabilities information in Table 2. The results are shown in Table 5. The 
GIP-2TOWA operator includes the IP-2TOWA operator, IP-2TOWG operator, IP-2TOWHA 
operator and IP-2TOWQA operator.

Finally, according to the different aggregating operators, the ordering of the alternatives 
are shown in Table 6. Note that ﹥ means “preferred to”. As we can see, depending on the 
aggregation operators used, the ordering of the strategies is slightly different. Therefore, 
depending on the aggregation operators used, the results may lead to different decisions. 
However, the best strategy is A3.

Table 3. Linguistic aggregated results ( 0.35β = )

P-2TWA P-2TWG P-2TWHA P-2TWQA
A1 (M,0.40) (M,0.00) (M,-0.42) (G,-0.27)
A2 (VP,-0.17) (VP,-0.30) (VP,-0.44) (VP,-0.04)
A3 (VG,0.03) (VG,-0.07) (VG,-0.18) (VG,0.12)
A4 (M,-0.09) (P,0.30) (P,-0.47) (M,0.28)
A5 (P,-0.39) (VP,0.21) (VP,-0.13) (P,-0.01)

Table 4. Linguistic aggregated results ( 0.35β = )

P-2TOWA P-2TOWG P-2TOWHA P-2TOWQA
A1 (M,0.30) (M,-0.11) (P,0.47) (G,-0.35)
A2 (VP,-0.33) (VP,-0.47) (EP,0.41) (VP,-0.19)
A3 (VG,-0.19) (VG,-0.33) (VG,-0.47) (VG,-0.08)
A4 (M,-0.18) (P,0.24) (P,-0.50) (M,0.17)
A5 (VP,0.41) (VP,0.06) (VP,-0.23) (P,-0.23)

Table 5. Linguistic aggregated results

IP-2TOWA IP-2TOWG IP-2TOWHA IP-2TOWQA
A1 (M,-0.29) (P,0.33) (P,-0.01) (M,0.09)
A2 (VP,-0.43) (EP,0.45) (EP,0.34) (VP,-0.30)
A3 (VG,-0.37) (VG,-0.50) (G,0.36) (VG,-0.25)
A4 (M,0.05) (M,-0.40) (P,-0.09) (M,0.31)
A5 (VP,0.20) (VP,-0.18) (VP,-0.45) (P,-0.39)
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Table 6. Ordering of the alternative

Ordering
P-2TWA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TWG A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TWHA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TWQA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TOWA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TOWG A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TOWHA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

P-2TOWQA A3 ﹥ A1 ﹥ A4 ﹥ A5 ﹥ A2

IP-2TOWA A3 ﹥ A4 ﹥ A1 ﹥ A5 ﹥ A2

IP-2TOWG A3 ﹥ A4 ﹥ A1 ﹥ A5 ﹥ A2

IP-2TOWHA A3 ﹥ A4 ﹥ A1 ﹥ A5 ﹥ A2

IP-2TOWQA A3 ﹥ A4 ﹥ A1 ﹥ A5 ﹥ A2

conclusion

In this paper, we investigate the decision making problems by using probabilities, immedi-
ate probabilities and information that can be represented with linguistic labels and propose 
some new decision analysis. Firstly, we develop three new aggregation operators: generalized 
probabilistic 2-tuple weighted average (GP-2TWA) operator, generalized probabilistic 2-tuple 
ordered weighted average (GP-2TOWA) operator and generalized immediate probabilistic 
2-tuple ordered weighted average (GIP-2TOWA) operator. These operators use the WA op-
erator, the OWA operator, linguistic information, probabilistic information and immediate 
probabilistic information. They are quite useful because they can assess the uncertain inform-
ation within the problem by using both linguistic labels and the probabilistic information 
that considers the attitudinal character of the decision maker. In these approaches, alternative 
appraisal values are calculated by the aggregation of 2-tuple linguistic information. Thus, 
the ranking of alternative or selection of the most desirable alternative(s) is obtained by the 
comparison of 2-tuple linguistic information. Finally, we give an illustrative example about 
selection of strategies to verify the developed approach and to demonstrate its feasibility 
and practicality. Theoretical analyses and numerical results all show that the method is 
straightforward and has no loss of information. In the future, we shall continue working in 
the application of the probabilistic aggregation operators with 2-tuple linguistic assessment 
information to other domains.

acknowledgment

The author is very grateful to the editor and the anonymous referees and editor for their 
insightful and constructive comments and suggestions, which have been very helpful in 



207Technological and Economic Development of Economy, 2014, 20(2): 193–209

improving the paper. The work was supported by the National Natural Science Foundation 
of China under Grant No.61174149 and the Humanities and Social Sciences Foundation 
of Ministry of Education of the People’s Republic of China under Grant No.12YJC630314.

references
Chang, K. H.; Wen, T. C. 2010. A novel efficient approach for DFMEA combining 2-tuple and the OWA 

operator, Expert Systems with Applications 37(3): 2362–2370.
 http://dx.doi.org/10.1016/j.eswa.2009.07.026
Degani, R.; Bortolan, G. 1988. The problem of linguistic approximation in clinical decision making, Interna-

tional Journal of Approximate Reasoning 2: 143–162. http://dx.doi.org/10.1016/0888-613X(88)90105-3
Delgado, M.; Verdegay, J. L.; Vila, M. A. 1993. On aggregation operations of linguistic labels, International 

Journal of Intelligent Systems 8: 351–370. http://dx.doi.org/10.1002/int.4550080303
Fan, Z. P.; Feng, B.; Sun, Y. H.; Ou, W. 2009. Evaluating knowledge management capability of organizations: 

a fuzzy linguistic method, Expert Systems with Applications 36(2): 3346–3354.
 http://dx.doi.org/10.1016/j.eswa.2008.01.052
Fan, Z. P.; Liu, Y. 2010. A method for group decision-making based on multi-granularity uncertain 

linguistic information, Expert Systems with Applications 37(5): 4000–4008.
 http://dx.doi.org/10.1016/j.eswa.2009.11.016
Han, Z. S.; Liu, P. D. 2011. A fuzzy multi-attribute decision-making method under risk with unknown 

attribute weights, Technological and Economic Development of Economy 17(2): 246–258.
 http://dx.doi.org/10.3846/20294913.2011.580575
Herrera, F.; Herrera-Viedma, E. 2000a. Choice functions and mechanisms for linguistic preference rela-

tions, European Journal of Operational Research 120: 144–161.
 http://dx.doi.org/10.1016/S0377-2217(98)00383-X
Herrera, F.; Herrera-Viedma, E. 2000b. Linguistic decision analysis: steps for solving decision problems 

under linguistic information, Fuzzy Sets and Systems 115: 67–82.
 http://dx.doi.org/10.1016/S0165-0114(99)00024-X
Herrera, F.; Herrera-Viedma, E.; Martínez, L. 2008. A fuzzy linguistic methodology to deal with unbal-

anced linguistic term sets, IEEE Transactions on Fuzzy Systems 16(2): 354–370.
 http://dx.doi.org/10.1109/TFUZZ.2007.896353
Herrera, F.; Martínez, L. 1991. The 2-tuple linguistic computational model: advantages of its linguistic 

description, accuracy and consistency, International Journal of Uncertainty, Fuzziness and Know-
ledge-Based Systems 9: 33–49. http://dx.doi.org/10.1142/S0218488501000971

Herrera, F.; Martínez, L. 2001. A model based on linguistic 2-tuple for dealing with multigranular hier-
archical linguistic contexts in multi-expert decision-making, IEEE Transactions on Systems, Man, 
and Cybernetics 31: 227–234. http://dx.doi.org/10.1109/3477.915345

Herrera, F.; Martínez, L.; Sánchez, P. J. 2005. Managing non-homogeneous information in group decision 
making, European Journal of Operational Research 166(1): 115–132.

 http://dx.doi.org/10.1016/j.ejor.2003.11.031
Herrera-Viedma, E.; Martinez, L.; Mata, F.; Chiclana, F. 2005. A consensus support system model for group 

decision-making problems with multigranular linguistic preference relations, IEEE Transactions on 
Fuzzy Systems 13: 644–658. http://dx.doi.org/10.1109/TFUZZ.2005.856561

Kaya, T.; Kahraman, C. 2011. A fuzzy approach to e-banking website quality assessment based on an 
integrated AHP-ELECTRE method, Technological and Economic Development of Economy 17(2): 
313–334. http://dx.doi.org/10.3846/20294913.2011.583727

http://dx.doi.org/10.1016/j.eswa.2009.07.026
http://dx.doi.org/10.1016/0888-613X(88)90105-3
http://dx.doi.org/10.1002/int.4550080303
http://dx.doi.org/10.1016/j.eswa.2008.01.052
http://www.sciencedirect.com/science?_ob=ArticleURL&_udi=B6V03-4XP37S7-1&_user=1553430&_coverDate=05%2F31%2F2010&_alid=1373907510&_rdoc=8&_fmt=high&_orig=search&_cdi=5635&_sort=r&_docanchor=&view=c&_ct=815&_acct=C000053663&_version=1&_urlVersion=0&_userid=1553430&md5=3f31d940bca18b84417c4822519865f8
http://www.sciencedirect.com/science?_ob=ArticleURL&_udi=B6V03-4XP37S7-1&_user=1553430&_coverDate=05%2F31%2F2010&_alid=1373907510&_rdoc=8&_fmt=high&_orig=search&_cdi=5635&_sort=r&_docanchor=&view=c&_ct=815&_acct=C000053663&_version=1&_urlVersion=0&_userid=1553430&md5=3f31d940bca18b84417c4822519865f8
http://dx.doi.org/10.1016/j.eswa.2009.11.016
http://dx.doi.org/10.3846/20294913.2011.580575
http://dx.doi.org/10.1016/S0377-2217(98)00383-X
http://dx.doi.org/10.1016/S0165-0114(99)00024-X
http://dx.doi.org/10.1109/TFUZZ.2007.896353
http://dx.doi.org/10.1142/S0218488501000971
http://dx.doi.org/10.1109/3477.915345
http://dx.doi.org/10.1016/j.ejor.2003.11.031
http://dx.doi.org/10.1109/TFUZZ.2005.856561
http://www.tandfonline.com/action/doSearch?action=runSearch&type=advanced&result=true&prevSearch=%2Bauthorsfield%3A(Kaya%2C+Tolga)
http://www.tandfonline.com/action/doSearch?action=runSearch&type=advanced&result=true&prevSearch=%2Bauthorsfield%3A(Kahraman%2C+Cengiz)
http://dx.doi.org/10.3846/20294913.2011.583727


208 G. Wei, X. Zhao. Methods for probabilistic decision making with linguistic information

Liao, X. W.; Li, Y.; Lu, B. 2007. A model for selecting an ERP system based on linguistic information 
processing, Information Systems 32(7): 1005–1017. http://dx.doi.org/10.1016/j.is.2006.10.005

Liu, P. D. 2009. Multi-attribute decision-making method research based on interval vague set and TOPSIS 
method, Technological and Economic Development of Economy 15(3): 453–463.

 http://dx.doi.org/10.3846/1392-8619.2009.15.453-463
Merigó, J. M. 2008. New extensions to the OWA operators and their application in decision making: PhD 

thesis (in Spanish), Department of Business Administration, University of Barcelona, Spain.
Merigó, J. M. 2009a. Probabilistic decision making with the OWA operator and its application in invest-

ment management, in Proceedings of the IFSA-EUSFLAT International Conference, Lisbon, Portugal, 
1364–1369.

Merigó, J. M. 2009b. The probabilistic weighted average operator and its application in decision making, 
in Lasker, G. E.; Hruza, P. (Eds.). Operations Systems Research & Security of Information. The Inter-
national Institute for Advanced Studies in Systems and Cybernetics, Baden-Baden, Germany, 55–58.

Merigó, J. M. 2010. Fuzzy decision making with immediate probabilities, Computers & Industrial Engin-
eering 58(4): 651–657. http://dx.doi.org/10.1016/j.cie.2010.01.007

Merigó, J. M.; Casanovas, M.; Martínez, L. 2010. Linguistic aggregation operators for linguistic decision 
making based on the Dempster-Shafer theory of evidence, International Journal of Uncertainty, Fuzzi-
ness and Knowledge-Based Systems 18(3): 287–304. http://dx.doi.org/10.1142/S0218488510006544

Merigó, J. M.; Casanovas, M. 2009. Induced aggregation operators in decision making with the Demp-
ster-Shafer belief structure, International Journal of Intelligent Systems 24(8): 934–954.

 http://dx.doi.org/10.1002/int.20368
Ngan, S. C. 2011. Decision making with extended fuzzy linguistic computing, with applications to new 

product development and survey analysis, Expert Systems with Applications 38: 14052–14059.
Tai, W. S.; Chen, C. T. 2009. A new evaluation model for intellectual capital based on computing with 

linguistic variable, Expert Systems with Applications 36(2): 3483–3488.
 http://dx.doi.org/10.1016/j.eswa.2008.02.017
Wang, W. P. 2009. Evaluating new product development performance by fuzzy linguistic computing, 

Expert Systems with Applications 36(6): 9759–9766. http://dx.doi.org/10.1016/j.eswa.2009.02.034
Wei, G. W. 2010a. Extension of TOPSIS method for 2-tuple linguistic multiple attribute group decision 

making with incomplete weight information, Knowledge and Information Systems 25: 623–634.
 http://dx.doi.org/10.1007/s10115-009-0258-3
Wei, G. W. 2010b. A method for multiple attribute group decision making based on the ET-WG and 

ET-OWG operators with 2-tuple linguistic information, Expert Systems with Applications 37(12): 
7895–7900. http://dx.doi.org/10.1016/j.eswa.2010.04.047

Wei, G. W. 2011a. FIOWHM operator and its application to multiple attribute group decision making, 
Expert Systems with Applications 38(4): 2984–2989. http://dx.doi.org/10.1016/j.eswa.2010.08.087

Wei, G. W. 2011b. Gray relational analysis method for intuitionistic fuzzy multiple attribute decision 
making, Expert Systems with Applications 38(9): 11671–11677.

 http://dx.doi.org/10.1016/j.eswa.2011.03.048
Wei, G. W. 2011c. Some generalized aggregating operators with linguistic information and their applic-

ation to multiple attribute group decision making, Computers & Industrial Engineering 61(1): 32–38. 
http://dx.doi.org/10.1016/j.cie.2011.02.007

Wei, G. W. 2011d. Grey relational analysis method for 2-tuple linguistic multiple attribute group decision 
making with incomplete weight information, Expert Systems with Applications 38(5): 4824–4828. 
http://dx.doi.org/10.1016/j.eswa.2010.09.163

Wei, G. W. 2012. Some induced correlated aggregating operators with intuitionistic fuzzy information 
and their application to multiple attribute group decision making, Expert Systems with Applications 
39(1): 2026–2034. http://dx.doi.org/10.1016/j.eswa.2011.08.031

https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V0G-4M94397-2&_user=2176452&_coverDate=11%2F30%2F2007&_alid=907990229&_rdoc=70&_fmt=high&_orig=search&_cdi=5646&_docanchor=&view=c&_ct=243&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=18bc5236cc7b2c17f7f742e4ab813246
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V0G-4M94397-2&_user=2176452&_coverDate=11%2F30%2F2007&_alid=907990229&_rdoc=70&_fmt=high&_orig=search&_cdi=5646&_docanchor=&view=c&_ct=243&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=18bc5236cc7b2c17f7f742e4ab813246
http://dx.doi.org/10.1016/j.is.2006.10.005
http://dx.doi.org/10.3846/1392-8619.2009.15.453-463
http://www.sciencedirect.com/science?_ob=ArticleURL&_udi=B6V27-4Y5BMBC-1&_user=1553430&_coverDate=05%2F31%2F2010&_alid=1373932615&_rdoc=4&_fmt=high&_orig=search&_cdi=5695&_docanchor=&view=c&_ct=20&_acct=C000053663&_version=1&_urlVersion=0&_userid=1553430&md5=60e90454d616032a203c1050d5181797
http://dx.doi.org/10.1016/j.cie.2010.01.007
http://dx.doi.org/10.1142/S0218488510006544
http://dx.doi.org/10.1002/int.20368
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V03-4RY8SKB-4&_user=2176452&_coverDate=03%2F31%2F2009&_alid=907990229&_rdoc=17&_fmt=high&_orig=search&_cdi=5635&_docanchor=&view=c&_ct=243&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=d2a849c2c27f7a5b6701a8496361ee41
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V03-4RY8SKB-4&_user=2176452&_coverDate=03%2F31%2F2009&_alid=907990229&_rdoc=17&_fmt=high&_orig=search&_cdi=5635&_docanchor=&view=c&_ct=243&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=d2a849c2c27f7a5b6701a8496361ee41
http://dx.doi.org/10.1016/j.eswa.2008.02.017
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V03-4VNH3TG-B&_user=2176452&_coverDate=08%2F31%2F2009&_alid=908000530&_rdoc=4&_fmt=high&_orig=search&_cdi=5635&_docanchor=&view=c&_ct=589&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=da3dddb9279a316caed9cba5ca0fc805
http://dx.doi.org/10.1016/j.eswa.2009.02.034
http://dx.doi.org/10.1007/s10115-009-0258-3
http://dx.doi.org/10.1016/j.eswa.2010.04.047
http://www.sciencedirect.com/science/journal/09574174
http://dx.doi.org/10.1016/j.eswa.2010.08.087
http://www.sciencedirect.com/science/journal/09574174
http://dx.doi.org/10.1016/j.eswa.2011.03.048
http://dx.doi.org/10.1016/j.cie.2011.02.007
http://www.sciencedirect.com/science/journal/09574174
http://dx.doi.org/10.1016/j.eswa.2010.09.163
http://www.sciencedirect.com/science/article/pii/S0957417411011420?_alid=1839280038&_rdoc=2&_fmt=high&_origin=search&_docanchor=&_ct=4&_zone=rslt_list_item&md5=d5a361fffd0ad9e3979c5cf37c133aa4
http://www.sciencedirect.com/science/article/pii/S0957417411011420?_alid=1839280038&_rdoc=2&_fmt=high&_origin=search&_docanchor=&_ct=4&_zone=rslt_list_item&md5=d5a361fffd0ad9e3979c5cf37c133aa4
http://www.sciencedirect.com/science/journal/09574174
http://dx.doi.org/10.1016/j.eswa.2011.08.031


209Technological and Economic Development of Economy, 2014, 20(2): 193–209

Wei, G. W.; Zhao, X. F. 2012. Some dependent aggregation operators with 2-tuple linguistic information 
and their application to multiple attribute group decision making, Expert Systems with Applications 
39: 5881–5886. http://dx.doi.org/10.1016/j.eswa.2011.11.120

Yager, R. R. 1998. On ordered weighted averaging aggregation operators in multicriteria decision making, 
IEEE Transactions on Systems Man and Cybernetics 18: 183–190. http://dx.doi.org/10.1109/21.87068

Yager, R. R. 2004. Generalized OWA aggregation operators, Fuzzy Optimization and Decision Making 3: 
93–107. http://dx.doi.org/10.1023/B:FODM.0000013074.68765.97

Yager, R. R.; Engemann, K. J.; Filev, D. P. 1995. On the concept of immediate probabilities, International 
Journal of Intelligent Systems 10: 373–397. http://dx.doi.org/10.1002/int.4550100403

Yan, M. R.; Pong, C. S.; Lo, W. 2011. Utility-based multicriteria model for evaluating BOT projects, 
Technological and Economic Development of Economy 17(2): 207–218.

 http://dx.doi.org/10.3846/20294913.2011.580585
Zhang, X.; Liu, P. D. 2010. Method for aggregating triangular fuzzy intuitionistic fuzzy information and its 

application to decision making, Technological and Economic Development of Economy 16(2): 280–290. 
http://dx.doi.org/10.3846/tede.2010.18

Zhang, Z. F.; Chu, X. N. 2009. Fuzzy group decision-making for multi-format and multi-granularity lin-
guistic judgments in quality function deployment, Expert Systems with Applications 36(5): 9150–9158. 
http://dx.doi.org/10.1016/j.eswa.2008.12.027

guiwu wei has a MSc and a PhD degree in applied mathematics from SouthWest Petroleum University, 
Business Administration from school of Economics and Management at SouthWest Jiaotong University, 
China, respectively. He is an Associate Professor at the Department of Economics and Management at 
Chongqing University of Arts and Sciences. He has published more than 90 papers in journals, books 
and conference proceedings including journals such as Expert Systems with Applications, Applied Soft 
Computing, Knowledge and Information Systems, Knowledge-based Systems, International Journal of Un-
certainty, Fuzziness and Knowledge-Based Systems, Technological and Economic Development of Economy, 
International Journal of Computational Intelligence Systems and Information: An International Journal. He 
has published 1 book. He has participated in several scientific committees and serves as a reviewer in a 
wide range of journals including Computers & Industrial Engineering, International Journal of Information 
Technology and Decision Making, Knowledge-based Systems, Information Sciences, International Journal 
of Computational Intelligence Systems and European Journal of Operational Research. He is currently 
interested in aggregation operators, decision making and computing with words.

Xiaofei Zhao is a Lecturer at the Department of Economics and Management, Chongqing University 
of Arts and Sciences. He received the BE degree in management sciences and engineer from SouthWest 
Jiaotong University, China. He has worked for Department of Economics and Management, Chongqing 
University of Arts and Sciences, China as a lecturer since 2010.

http://www.sciencedirect.com/science/journal/09574174
http://dx.doi.org/10.1016/j.eswa.2011.11.120
http://dx.doi.org/10.1109/21.87068
http://dx.doi.org/10.1023/B:FODM.0000013074.68765.97
http://dx.doi.org/10.1002/int.4550100403
http://dx.doi.org/10.3846/20294913.2011.580585
http://www.tede.vgtu.lt/en/lt/3/NR/PUB/23737
http://www.tede.vgtu.lt/en/lt/3/NR/PUB/23737
http://dx.doi.org/10.3846/tede.2010.18
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V03-4V74VB4-K&_user=2176452&_coverDate=07%2F31%2F2009&_alid=908000530&_rdoc=25&_fmt=high&_orig=search&_cdi=5635&_docanchor=&view=c&_ct=589&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=463232e7f2110c6ccb7d43661fbfa757
https://cdiss.cqu.edu.cn/10A694DF561/science?_ob=ArticleURL&_udi=B6V03-4V74VB4-K&_user=2176452&_coverDate=07%2F31%2F2009&_alid=908000530&_rdoc=25&_fmt=high&_orig=search&_cdi=5635&_docanchor=&view=c&_ct=589&_acct=C000056499&_version=1&_urlVersion=0&_userid=2176452&md5=463232e7f2110c6ccb7d43661fbfa757
http://dx.doi.org/10.1016/j.eswa.2008.12.027
http://www.sciencedirect.com/science/journal/09574174

