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ABSTRACT

Peer interaction to assist and learn from each other has been extended online in recent times. This 
study was conducted to find the pattern of participation in integrated peer-assisted learning and to 
investigate factors known to affect such participation among students in their peer-assisted learning 
clusters. The pattern of participation was established through the frequency with which the respondent 
used their preferred mode of peer interaction. Structural equation modeling was implemented to study 
the relationship between participation and the factors considered. Social media is the most prevalent 
among the online means of interaction considered. Conflict, cohesion, and effective leadership in 
the clusters have more direct effects on the other factors considered. The frequency of participation 
does not correlate significantly with the other personal and interpersonal factors considered. These 
findings suggest that the decisions for voluntary participation in peer-assisted learning clusters are 
possibly driven by other factors such as academic need.
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INTROdUCTION

Learning, preparation for gainful employment, career advancement, and development into responsible 
citizens are some of the overarching goals of university education for students. Peer-assisted learning 
has emerged as an essential pedagogy in university education as students seek to meet the demand of 
their studies. This has evolved from the unofficial interaction between students to a tool recognized, 
encouraged, and implemented by many universities based on its merits (Huijser, Kimmins, & Evans, 
2008; Schuetz et al., 2017). Learning is known to be maximized when the process focuses directly 
on what the learner wants to learn as opposed to what the teacher wants to teach. Therefore, student-
centered learning allows individual students to take responsibility for the accumulation of personal 
skills and knowledge. This form of collaborative learning is beneficial to all participants in terms of 
cognitive gains and positive learning outcomes (Osman, Sauid, & Azizan, 2015). The student-centered 
learning that is characteristic of peer-assisted learning complement the formal mode of learning.

Peer-assisted learning refers to situations where students support each other academically through 
teaching and learning from each other. Peer-assisted learning has been explained from the five meta-
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spaces in the concept of ‘spaces of influence’ covering aspects of cognitive and social congruence. 
The core elements of PAL include collaboration, reflection, communication, self-and peer assessment 
(Boud, Cohen, & Sampson, 2016). The implementation of such initiatives is sometimes labeled 
Peer-Assisted Student Support (PASS) or Supplemental Instruction (SI) among others (Packham & 
Miller, 2000). These schemes address three elements of student need: engaging learning experience, 
practical and timely support services, and a sense of community.

Peer-assisted learning can happen in a variety of ways. It can also cut across formal, informal 
learning clusters. The development of domain-specific peer-assisted learning digital models has 
interested learning scientists and teacher education researchers for a while (Latifi, Noroozi, Hatami, & 
Biemans, 2019; Noroozi & Mulder, 2017; Noroozi, Weinberger, Biemans, Mulder, & Chizari, 2013). 
Such efforts have covered aspects of understanding the cognitive models that are involved in giving 
and receiving peer feedback (Nicol, Thomson, & Breslin, 2014), types of feedbacks (Bayerlein, 2014; 
Latifi et al., 2019), the role of gender (Noroozi et al., 2020), change in attitude (Huisman, Saab, van 
Driel, & van den Broek, 2018), and the contribution such feedbacks make on the students’ essay writing 
skills and learning in general(Noroozi, Biemans, & Mulder, 2016; Noroozi, Kirschner, Biemans, & 
Mulder, 2018). In many of these studies, peer feedbacks were received/given via a digital platform.

There are also instances where a face-to-face peer-assisted learning scheme has been offered to 
students as a free and voluntary learning support option under peer-tutoring experiments. In such 
programmes, a pool of tutors (students) is recruited based on the recommendation of faculty staff, paid, 
trained, and provided with instructional materials. With these supports, participation, effectiveness, 
quality, and cost of the programme can be monitored. The role of the tutor and tutee can be either fixed 
or flipped depending on the variance of the programme being implemented (Miravet, Ciges, & García, 
2014). Notwithstanding, the programme remains flexible, collaborative, interactive, intentional, 
systemic, and mutually beneficial. These programmes were a low-cost initiative to increase student 
participation in peer-assisted learning in general(Kim, Jillapali, & Boyd, 2021), and reduced the 
failure rate (Pugatch & Wilson, 2018). However, even the meager cost for such a programme could 
be a limitation to its implementation where there are budget constraints.

Part of the factor that makes peer-assisted learning so effective is the ease of communication 
between peers. Potential intimidatory factors such as highly structured lectures, tutorials, and 
hierarchical differences are minimized. The advantages of these schemes to students have been 
identified as additional assistance with challenges; especially from peers, a broader perspective on 
problems, access to expertise, more meaningful participation, and a stronger sense of identity. Peer-
assisted learning can be particularly beneficial to students from diverse cultural and educational 
backgrounds especially first-year students and international students(Huijser et al., 2008) as they 
adapt to a new environment. It has also been leveraged to sustain learning during the COVID-19 
pandemic(Ala, Yang, & Ala, 2021a; Oyediran, Omoare, Owoyemi, Adejobi, & Fasasi, 2020; Oyedotun, 
2020).

Study shows that students in strictly online study groups desire more face-to-face interaction 
to have a ‘sense of community (Drouin & Vartanian, 2010). This underscores the fact that any form 
of learning technology is not a replacement for face-to-face interaction, however, it can help where 
such is not feasible or provide a platform for extended engagement beyond the confines of face-to-
face interaction. New technology tools can complement traditional forms of learning (Moghavvemi, 
Sulaiman, & Jaafar, 2018) by removing traditional barriers. The new trend of increasing access to 
communication technology devices and broadband is also driving a new form of integrated peer-
assisted learning in recent times. Technology has been employed as a tool to assist in the objectives 
of peer-assisted learning.

The online component in integrated peer-assisted learning complements face-to-face interaction. 
However, some responses can be delayed and students could face some difficulties in communicating 
abstract and technical ideas due to the limitations of the means of interaction. Advances in social 
media platforms have also made them more adaptable for online peer-assisted learning. Features 
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such as chat logs, file sharing, video calls, group calls, voice messages, emojis have in recent times 
enriched online communication(Mustafa & Al-Jabri, 2016). Laptops, smartphones, and other devices 
with internet connections are ubiquitous and versatile in helping students stay connected with peers 
online and for academic purposes(Al-hariri & Al-hattami, 2017).

Peer-assisted learning initiatives have been judged useful but the personal and inter-personal 
factors that determine its effectiveness have not been fully explored. There have been studies on 
student collaboration in physical groups, cohorts, or online independently. However, studies that 
analyze integrated peer-assisted learning groups (groups with face-to-face and online interactions) 
are rare to date. Finally, this study is limited to the Federal University of Technology, Akure (FUTA) 
students within a structured peer-assisted learning cluster. Issues of possible internet addiction are 
beyond the scope of this study.

Peer-Assisted Learning Cluster
Peer-assisted learning clusters are established to assist students. Peer-assisted learning interactions 
are not restricted to face-to-face interaction (Miravet et al., 2014; Pugatch & Wilson, 2018) as such 
interactions can also happen through a communication medium (Moldovan, 2014) or both alternatively. 
The students considered in this study belong to at least a project group, assignment group, or research 
group. Participation is usually voluntary. Membership of a cluster requires students to be available, 
participate, and interact with each other (Jung, Young, & Kim, 2017).

Participation was measured by the frequency of face-to-face interactions with learning peers or use 
the electronic or online means of interaction. Advantages of participating in the clusters such as getting 
feedback from colleagues, social support, supervisory coaching, and mentorship make it an avenue 
for personal growth, learning, and development such that it is a ‘resource’ for the students(Salanova, 
Schaufeli, & Martínez, 2010).

It is common practice for the students to form clusters where they can work with and learn from 
peers where such support is not offered formally. There are nuances in the composition of the groups 
depending on the objective. Although, lecturers sometimes divide their students into small groups 
to work on a joint task. It is also common practice that attendance at a ‘tutorial’ will be higher than 
normal as examination approaches or when part of the agenda is to solve some ‘assignment’ questions 
that the students are required to submit for assessment. There is no evidence that these clusters are 
part of a strategic approach to learning by the Federal University of Technology, Akure (FUTA), 
rather they are commissioned at the instances of the lecturers or by the students to meet an academic 
need(Ala et al., 2021a).

Quality
The agenda of cluster sessions are often flexible and determined by the identified need. This ensures 
that the focus is on useful and relevant materials to the participants. However, the quality of the 
responses that peers provide online is also important. Quality can be measured in terms of relevance, 
ease of understanding, accuracy, completeness, reliability, and timeliness of the knowledge shared 
within the cluster. A question measures each of these yardsticks and the response is given on a five-
level Likert scale with five corresponding to strongly agree and one to strongly disagree. Although 
tutors usually make reference to the same materials in circulation among their classmates, the quality 
of the learning in the clusters can be improved when the programme is supported and monitored 
(Miravet et al., 2014).

Conflict
Some clusters are established for students to collaborate and work as a team. Different opinions are 
expressed when members process ideas, approaches, or information about the task. The fact that there 
are divergent views indicates a commendable level of interest, engagement, and robust discussion 
among group members. How argument facilitates learning is better appreciated through collaborative 



International Journal of Information and Communication Technology Education
Volume 18 • Issue 1

4

argumentation-based learning (CABLE) research(Baker, Andriessen, & Schwarz, 2019). Gender has 
also been found to play a role in argumentative peer feedback (Noroozi et al., 2020). The extent of 
such engagement can be measured through how the students perceive the opinions of group members 
about the project, goals, objectives, and deliverables.

Cohesion
Earlier findings in a United Kingdom university show that female students tend to attend PASS 
in groups while most of their male counterparts come either in their company or alone. Cordial 
relationships among group members affect their ability to work together especially on joint tasks. 
Cohesion measures the nature and quality of the human bonds among group members. Other 
researchers have found a link between group cohesiveness, effective communication, and group 
performance. Cohesiveness grows with the meaningful participation of group members. Collective 
energy is considered a catalyst for cohesion in a team (Cole, Bruch, & Vogel, 2012; Müceldili & 
Oya, 2015). However, some researchers have muted the idea that an extreme level of group cohesion 
can be counter-productive.

Leadership
Group leaders are essential in directing the affairs of the group. The establishment of an online cluster 
requires that the leader receives basic training on moderating the online discussion. The leadership 
effectiveness of the group can be measured from the interpersonal skills of the leader. An effective 
leader communicates and encourages open communication, is open to new ideas, responds to the 
members’ needs, and encourages respect and recognition of the members’ input. Leadership also has 
a role to play in ensuring fairness and resolving conflict among the members.

Peer Influence
Group members can encourage each other’s participation. Evidence of this has been provided in the 
pattern of female students’ attendance. Peer influence is defined as the degree to which the participation 
of group members affects each other when executing a task. Students use continuous feedback from 
peers to adjust their work. The input of peers encourages members to continue participating in 
the group. Interactions increase the sense of community felt by students, and in turn, this sense of 
community encourages more interaction (Cooke, 2016).

Trust
The level of trust among members affects team performance. Trust is the degree to which a member 
believes other members have each other’s interest in the group’s assignment (Anderson and Narus, 
1990). An increased level of trust leads to a higher level of openness and communication (Fernie, 
Green, Weller, & Newcombe, 2003). Trust within a team is accumulated as members interact, 
collaborate, and exchange ideas with other members of the group. Trust is needed to build a cohesive 
group and play an important role in the communication and performance of virtual teams (Sarker, 
Ahuja, Sarker, & Kirkeby, 2011). Trust in a virtual team is catalyzed by the reputation of the members. 
Students in this study have both online and face-to-face interactions with their group members, 
thus have more opportunities to build trust. These dynamics are expected to improve their online 
participation since they are not likely to remain anonymous online(Budu, 2018).

Expectation
The expectation of a reward is one of the motivations for sharing knowledge with others. Personal 
motivation for knowledge sharing varies widely (Matzler & Mueller, 2011; Yu, Lu, & Liu, 2010). 
Since individuals and their willingness to share is at the core of participation in the clusters, getting 
a grasp of those expectations is essential to the group. Motivations underlying individuals’ behaviors 
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have been explained by the Expectancy Value Theory(Borders, Earleywine, & Stanley, 2004). The 
Social Exchange theory also suggests that individuals exchange valuable resources in the expectation 
of a benefit. The expected reward can be tangible or intangible.

Materials and Methods
This is non-experimental research because the student participation was only observed without any 
deliberate manipulation of the variables. It is also cross-sectional because the data were gathered at 
a single instance.

Participants
Data for this study was collected among the students of the Federal University of Technology, Akure, 
Nigeria. 1997 students were sampled from seven Schools consisting of 50 academic departments with 
a total enrollment of 18,672 students. The Schools include the School of Agriculture and Agricultural 
Technology (SAAT), School of Engineering and Engineering Technology (SEET), School of Earth 
and Mineral Sciences (SEMS), School of Environmental Technology (SET), School of Management 
Technology (SMAT), School of Sciences (SOS), School of Health and Health Technology (SHHT), 
and School of Computing (SOC). The SPSS Random Number Generator was used to select 50% of 
the departments and a total enrollment of 9779. Then, the study adopts 20% of the sampling frame 
as its sampling size, this amounts to 1941. This implies that from each School, 20% of the sampling 
frame was selected to form the sample size. The Level (Table 1) of the study is an indication of how 
long a student has been enrolled in the University.

All the participants in this study use a smartphone and can access the internet through a variety 
of means (some at a personal cost). The means of electronic peer-peer interactions considered in this 
study were selected based on the recommendations of computer-supported collaborative learning 
research. They include both synchronous and asynchronous tools that are accessible with just a 
smartphone. Synchronous has been reported to promote personal engagement while asynchronous 
promote cognitive engagement as students have more time to reflect on the content (He & Huang, 
2017).

Procedure
Approval for this study was granted by the appropriate authorities before the data were collected. 
Participants were briefed on the objective of the survey. Assurances were provided by not gathering 
identifying data and that the data will be reported only in an aggregate fashion. Data gathering was 
from April to November of 2019. The data collected were checked for completeness and errors 

Table 1. The level of the respondents

    Level     n     %

    1.00     350     17.9

    2.00     337     17.2

    3.00     355     18.1

    4.00     309     15.8

    5.00     350     17.9

    6.00     255     13.0
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before acceptance for entry into an Excel sheet that was imported to IBM SPSS 23. 38 responses 
were rejected on this basis.

Measure and Analysis
The study is designed to measure the pattern of peer-assisted learning among students and the 
contribution of some factors. The questionnaires measure how frequently a student participates in 
any form of cluster learning activity face-to-face or otherwise. The highest frequency score goes to 
respondents that participate daily. Most cluster sessions are scheduled weekly but some students could 
be part of two or more clusters running concurrently or with schedule overlap. The frequency and 
quality of group communication are related to enhanced group decision-making and cohesiveness 
(Karanxha & Greenlee, 2010). The undergraduate groups usually consist of peers at the same level 
while the graduate groups have members at different levels in their graduate study with shared 
research interests.

Each of the factors in Sections 1.1-1.8 were measured by standardized questionnaires. They 
were tested for test-retest reliability in a pilot study conducted in Federal Polytechnic Ado-Ekiti. 300 
students volunteered to participate in the preliminary study. The pilot study confirms the internal 
consistency and reliability of the instruments with the lowest Cronbach alpha of 0.92 in the factor. 
Table 2 is a list of the questionnaires.

Result
Preliminary findings from this research establish that peer-assisted learning is happening among 
the students even when their colleges have not formally launched the scheme. All the respondents 
indicated that they participate in an integrated peer-assisted learning group even though participation 
in most of them is not compulsory. Online interactions are also reported to be added advantage to 
the clusters as some of the respondents remarked that ‘it is an easy and convenient way of getting 
immediate help anytime’.

Descriptive Statistics
There are more males (66.6%) than females (33.4%) among the respondents. The highest proportion 
(70.9%) were between the ages of 21 and 25. Other demographic characteristics of the sampled 
population are presented in Table 3.

Pattern of participation
Breakdown of the means of interaction and how often students engage in their clusters show that 
60.3% of the respondents use social media daily for participation (Table 4). The contribution of social 
media to learning has been reported in a recent study (Moghavvemi et al., 2018). 38% attend cluster 

Table 2. Standard questionnaires used

   Source    Cronbach-α

   Quality    DeLone & McLean, 2003    0.930

   Conflict    Jehn et al., 1999    0.925

   Cohesion    Chang & Bordia, 2001    0.925

   Leadership    Glenn & Parker, 1998    0.927

   Trust    Jarvanpaa & Leidner, 2006    0.929
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sessions ‘a few times a week’ while another 19.9% attended at least ‘once a week.’ 44.6% make 
phone calls daily, while 71.2% made such calls more than once a week. Approximately a quarter of 
the respondents access a shared database daily. Email is the least used among the respondents with 
28.8% of respondents saying they had ‘never used it.

There are established patterns of participation in the groups on a daily, weekly, and monthly 
basis. Social media, Phone calls, and face-to-face interactions are the most frequently used means of 
peer interaction and learning (Figure 1).

Average participation
The mean scores of the leading factors affecting participation in knowledge sharing among the 
participants are expectation(3.77) and quality(3.57). The standard deviations of the variables score 
show that responses are most divergent in how frequent (1.41) they participated in the clusters and on 
the influence of their peers (1.11) on their participation but most convergent on the tutees’ assessment 
of the quality of learning in the clusters (0.87).

Table 3. Demographic variables of the respondents

Variable Frequency Percentage %

Age

15-20 409 20.9

21-25 1386 70.9

26-30 134 6.9

36-40 27 1.4

Sex
Male 1302 66.6

Female 654 33.4

Degree
Bachelors 1701 87.0

Masters 255 13.0

   Marital Status
Single 1940 99.2

Married 16 0.8

Table 4. Participation (%) in peer-assisted learning clusters among FUTA students

Daily (1) A few times 
a week (2)

Once a week 
(3)

Once a 
month (4)

Never/Not 
applicable (5)

Face-to-face 25.0 38.0 19.9 14.5 2.6

Phone call 44.6 26.6 13.9 9.3 7.6

Email 16.5 21.2 16.0 17.5 28.8

Social media * 60.3 19.3 9.4 4.6 6.5

Shared Databases 24.3 20.1 16.9 14.9 23.8
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Correlations
The Pearson coefficients in Table 5 show the relationship between frequency and the factors examined.

The strongest positive correlations can be seen between leadership-cohesion (.685 p<0.01), 
leadership-conflict (-.613 p<0.01), and expectation-quality (.580 p<0.01). The relationship between 
the frequency of participation and the other variables is the weakest. There are significant positive 
correlations between the frequency of participation and the other variables with the exceptions of 

Figure 1: Changes in the pattern of participation

Table 5. Correlations of factors affecting participation in peer-learning clusters

mean s.d 1 2 3 4 5 6 7 8

1.Frequency of 
interaction

3.54 1.41 1

2. Quality 3.57 0.87 -.044 1

3. Expectation 3.77 0.98 .001 .580** 1

4. Trust 3.38 1.00 -.007 .477** .424** 1

5 Peer Influence 3.54 1.11 .023 .345** .460** .553** 1

6. Conflict 3.51 1.01 .060** .353** .498** .432** .559** 1

7. Cohesion 3.50 0.99 .018 .423** .461** .576** .535** .536** 1

8. Leadership 3.12 0.92 .059** .407** .539** .496** .550** .613** .685** 1

* Correlation is significant at the 0.05 level (2-tailed).
**. Correlation is significant at the 0.01 level (2-tailed).
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trust (-.007 p<0.001) and quality (-.044 p<0.001). A two-way relationship is expected among the 
variables as they moderate each other.

Direct and Indirect Effects
The structural equation model (SEM) was used to detect the direct and indirect effect that the factors 
have upon each other in AMOS 20 (Arbuckle, 2011). We assumed initially a nested model in which 
all the variables interact based on our knowledge of behavioral complexities. Model adequacy was 
determined by χ2 tests (P > 0.05), goodness-of-fit index (GFI, > 0.9), Akaike Information Criteria 
(AIC), and root square mean errors of approximation (RSMEA, < 0.05), Hooper et al., 2008).

Conflict among members have direct effect on their expectation (.296 p<0.001), cohesion (.673 
p<0.001), leadership (.254 p<0.001) and trust (.566 p<0.001) among them. Cohesion has a direct effect 
on leadership (.508 p<0.001) and peer-influence (.845 p<0.001) among members. The leadership of 
the group has a direct effect on peer influence (.228 p<0.001). The quality of the knowledge shared 
among members directly impacts the cohesion (.401 p<0.001) among them. The level of trust affects 
the expectation (.368 p<0.001) and cohesion (.496 p<0.001) among members.

Peer influence has a negative effect on the quality (-.278 p<0.001) and cohesion (-.882 p<0.001) 
among members. The frequency of participation has a negative effect on the quality (-.029 p<0.138) 
and peer-influence (-.018 p<0.464) though both are insignificant.

Peer-influence-cohesion, trust-quality, and cohesion-quality have direct effects on each other. The 
relationship between Peer-influence and Cohesion is strong (.845 p<0.001, -.882 p<0.001) and at the 
same level of significance in both directions. The variables form a complex web of indirect effects. 
The direct effects are either complimented or undermined by these indirect effects. The effects of 
other variables on the frequency of participation are not significant. Solid lines in Figure 2 indicate 
positive path coefficients and dashed lines indicate negative path coefficients. The red lines indicate 
effects that are not significant. Width of arrows indicates strength of the standardized path coefficient 
(***P < 0.001; ** P < 0.01; * P < 0.05).

Figure 2: Direct and indirect effects of the factors on each other
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dISCUSSION

The pattern of participation in integrated peer-assisted learning
Integrating online communities with learning systems is a growing trend in education that enables 
students to interact with peers (Lai et al., 2019). FUTA students are leveraging on the various means 
of interaction available to them to learn, collaborate, and solve their academic problems (Ala et al., 
2021a). These clusters seem to emerge to meet the academic needs of the students. Past researchers 
concluded that urgent academic and social needs are some of the reasons students make use of these 
groups. There are also findings that attendance is usually highest among younger students. More than 
70% of the respondents in this study are £ 25 years old. Also, simplicity, cost-effectiveness, immediacy, 
and community are some of the motivations for the increased use of social media platforms among 
college students (Baytiyeh, 2018). This finding agrees with the theoretical standpoint that technology 
acceptance can be expected based on its perceived usefulness and perceived ease of use(Davis, 1989).

The finding that emails and shared databases the least patronized daily but are still used on a 
weekly and monthly basis at a higher percentage compared to the rest agrees with similar research(Ala, 
Yang, & Ala, 2021b). The trend noticed with emails and shared databases is likely as a result of 
either convenience or the adaptability of these platforms to the nature of information and interactions 
peers are seeking from each other. There is no guaranty of instant reply to emails. Notwithstanding, 
electronic repositories such as shared databases have been reported to encourage knowledge reuse 
and strengthen knowledge sharing (Kankanhalli, Lee, & Lim, 2011).

Correlations between factors affecting participation in peer-assisted learning cluster
The relationship between the frequency of face-to-face interaction and the other variables is the 
weakest. Urgent academic and social needs have been identified as some of the major reasons 
students participate in cluster activities (Packham & Miller, 2000). The academic and social need 
likely features when students are in the processes of deciding to either participate or otherwise, while 
other factors investigated in this study become more compelling once a student has made the initial 
decision to be part of the group. Also, face-to-face interaction may be least desired since there are 
other means of interaction to use.

The correlation between conflict and cohesion is equally strong, positive, and significant (.536 
p<0.01) with formal having a direct effect on the latter (.673***). The expectations of members are 
tied to the quality of knowledge shared within the cluster. The dimension of the social, psychological, 
and personal rewards that come from sharing what a student knows with his peers is dependent on 
the relevance, timeliness, and usefulness of the knowledge shared. These findings are in agreement 
with results on collaborative argumentation-based learning research (Baker et al., 2019) and the study 
on assessment of the timeliness of peer feedback (Bayerlein, 2014).

Direct and Indirect Relationships Between Factors Affecting 
Participation in Peer-Assisted Learning Cluster
Graphical illustration of the direct and indirect effects of the variables on each other shows a nested 
relationship between the variables. However, the conflict has a direct effect on the highest number 
of other variables. The level of engagement as a result of the diversity of opinions and approaches 
among members directly affects their expectations, group cohesion, level of trust, frequency of 
participation, and the leadership of the cluster. This is expected since achieving the core goal of the 
cluster is dependent on how effectively the members can interact with each other. Peer influence 
and cohesion have a cyclic effect on each other that is at the same level of significance (p<0.001). 
Evidence of such a relationship in peer-assisted learning research has been reported. There is 
evidence that how male and female students socialize reflects on the pattern of their attendance in 
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peer-assisted learning groups (Packham & Miller, 2000) and the quality of feedback they provide 
for their peers(Noroozi et al., 2020).

CONCLUSION

An integrated version of peer-assisted learning is going on among the students of the Federal 
University of Technology, Akure. There is evidence that the students connect with their peers face-
to-face and online to learn from each other. Social media platforms can be accessed easily from a 
variety of devices such as smartphones, laptops, tablets, and even desktop computers once there is a 
connection to the internet. Besides, most social media platforms have features for synchronous and 
asynchronous means of communication and temporary storage for the chat log. Since social media 
platforms are usually designed for social interactions online, more research is required on how these 
platforms can be better suited for the academic needs of their student users.

The relationship between the factors affecting integrated peer-assisted learning schemes is nested. 
Conflict, which is a measure of the robustness of engagement going on among group members has a 
direct effect on most of the other variables. The availability of multiple means of interaction for peers 
could be the reason why the level of engagement has a direct impact on other factors. Other findings 
show that students consider the reward(s) of participation, quality of the knowledge shared and are 
influenced by their peers. Institutions in Nigeria considering launching peer-assisted learning schemes 
can consider a system that recognizes the students’ participation in the clusters, standardization of 
the materials shared and encouraging the groups to emerge from existing social structures as some 
of the strategic guidelines. Also, the scheme will be beneficial to the students if it can be offered as 
a standardized learning support programme. Finally, integrated peer-assisted learning schemes have 
the potential to support formal online learning that has become common in recent times.

Limitations And direction for Future Research
Although the specific conclusions of this study may have been affected by the geographical location 
of this research, it can at the least be a guide for similar studies in other regions. The data analyzed 
in this study were self-reported and susceptible to social desirability biases. It is also possible that 
learning interactions among colleagues that do not belong to the same clusters are included by 
the respondents. The role of specific cluster characteristics such as type, size, duration, social and 
cognitive congruity between tutor and tutees, etc. in meeting its objective should be further researched 
in detail. The university libraries can also consider ways of embedding their support services in these 
learning clusters.
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