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Introduction 

Public health professionals universally agree that preventing 

the further spread of the COVID-19 pandemic requires a 

collective public response (1, 2). Given the increasing level of 

partisan polarization in the United States (3), the fact that 

COVID-19 initially impacted Democratic-leaning urban areas 

more than Republican-leaning rural areas, and differences in 

how Republican and Democratic political leaders discuss the 

pandemic, it is unclear whether the pandemic’s threat to 

public health can overcome partisan differences in the 

perceived severity of the pandemic and the collective need to 

reduce social mobility to minimize its’ impact. Because the 

effectiveness of guidelines designed to limit mobility and 

social contact requires widespread compliance to effectively 

limit the spread of COVID-19, how much do partisan 

differences affect concerns about COIVD-19 and the 

willingness to reduce mobility? 

Decades of research in political science has shown that 

partisan affiliation is not merely a description of where indi-

viduals stand on the ideological spectrum (4), but instead a 

highly stable (5), emotionally laden (3), social identity (6), 

that describes many of an individual’s social groupings and 

deeply held values (7). An individual’s partisan identity af-

fects the information they collect, process, and respond to (8–

11), and the actions they take (12) – including how and 

whether they choose to receive health care (13–15). However, 

research on how partisanship influences behavior has never 

had to reckon with the possibility of these attitudes affecting 

behavior during a global pandemic which presents a credible 

threat to the health of individuals and their families. 

We examine the importance of partisan considerations 

relative to public health concerns arising from the incidence 

of COVID-19 in local communities on the willingness of 

individuals to social distance to help limit the spread of 

COVID-19. 

Using daily data on the reported activities of 1,135,638 U.S. 

adults collected starting on April 4, 2020, we show that par-

tisanship is 27 times more important than the local incidence 

of COVID-19 in explaining mobility. Moreover, all else equal, 

Democrats are 13.1 percent less likely to be socially mobile 

over time compared to independents, while Republicans are 

27.8 percent more likely to be mobile. These differences have 

tremendous consequences for the ability of the United States 

to limit the spread of COVID-19 and they show the im-

portance of politics and political considerations for public 

health, even during a global pandemic. These results add to 

a growing consensus that partisanship is a key factor in ex-

plaining behavior and attitudes surrounding the COVID-19 

pandemic (16–19). 

Results 

Two comparisons are of primary interest: 1) how much of the 

variation in mobility behavior can be attributable to partisan-

ship relative to the impact of COVID-19 in the local commu-

nity, and 2) the conditional effect of partisanship and COVID-

19 community cases on mobility. 

To begin, Fig. 1 summarizes the patterns in the weighted 

data over time to demonstrate how these two considerations 

relate to COVID-19 concerns and social mobility. The top row 

of plots (A, B) graph the percentage of respondents who re-

port being “very worried” or “somewhat” worried about 

catching COVID-19 each day between February 11, 2020 and 

September 29, 2020 using 1,364,012 interviews. The bottom 

row (Fig. 1C-1D) plots the average number of activities indi-

viduals report doing in the last 24 hours using the 1,135,638 

interviews conducted starting on April 4, 2020. The columns 
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in Fig. 1 report the daily averages by partisanship (Fig. 1A, 1C) 

and the quintile of population adjusted COVID-19 cases in the 

respondents’ county (Fig. 1B, 1D), as measured in the first 

week of May. Figures S13 and S14 reproduce these relation-

ships for age groups and Census regions – neither show dif-

ferences in mobility and concern that are equal to those 

generated by partisanship. 

Several results immediately emerge from the raw data. 

First, although Democrats are more concerned with catching 

COIVD-19 than Republicans throughout, the concerns of both 

were increasing until early April when Republicans became 

increasingly less concerned while Democrats maintained 

their level of concern. Suggestively, this increasing partisan 

divide accelerates the same week President Trump tweeted 

about the need to “liberate” Michigan, Minnesota, and Vir-

ginia (April 17). By early June, only approximately 40% of Re-

publicans report being concerned compared to around 80% 

of Democrats. Republicans’ concerns increased as the pan-

demic worsened through June and into July, but a large par-

tisan gap persists. 

Figure 1B demonstrates that these differences are not due 

to differences in the incidence of COVID-19 in the respond-

ents’ communities. The average level of concern does not 

greatly vary depending on whether a respondent lives in one 

of most or least impacted counties (measured in the first 

week of May). 

The impact of these concerns for mobility is equally clear. 

When the mobility questions were originally asked in early 

April there were few partisan differences – reflecting that 

Democrats and Republicans were taking similar steps to stay 

at home. Over time, however, plot C (Fig. 1C) shows that alt-

hough all respondents report engaging in more social activi-

ties over time on average, the increase is greatest among 

Republicans. Republicans increase the number of social ac-

tivities by 1.24 on average (a 75% increase). This is in compar-

ison to the 0.86 increase (60% increase) among pure 

independents, and significantly higher than the 0.63 increase 

(47% increase) among Democrats. Considering the average 

number of social activities by COVID-19 impact in the local 

community (Fig. 1D) reveals relatively less social activity in 

the most impacted counties, but the differences between the 

most and least impacted counties is considerably less than 

the differences between Democrats and Republicans. 

To better decompose the impact of partisanship and 

COVID-19 on the willingness of individuals to social distance 

we estimate several daily regression models to estimate the 

conditional effect of each on mobility as well as how much 

variation in mobility is explained by each. We regress the 

level of self-reported activity in the last 24 hours for individ-

ual i in state j on state fixed-effects (αj) (to control for be-

tween-state differences) and a matrix of individual-level and 

zip-code level demographics (Ki) to account for other possible 

sources of variation. Demographic covariates are gender, age, 

race, education, income, population density, and employ-

ment status. We then estimate models that iteratively add 

party indicators (with pure independents as the excluded cat-

egory) and the change in COVID-19 deaths in the individual’s 

county in the previous week. The four models we estimate for 

each day t are: 

24  
i j i ij

Last α= + +βK   (1)

24  γ  
i j i i ij

Last Democrat Republicanα ζ= + + + +
i

βK   (2)

24  . . . .  
i j i i j

Last County Change in COVID Cases iα η= + + +βK   (3)

24  

. . . .  

i j i i

i i ij

Last Democrat Republican

County Change in COVID Cases

α γ ζ

η

= + + +

+ +βK 
 (4) 

The first result of interest is provided by the coefficients 

of partial determination for partisanship and the change in 

COVID-19 cases in the respondent’s county. The coefficient of 

partial determination is determined by dividing the differ-

ence in the residual sum of squares between the demographic 

and fuller models by the residual sum of squares in the de-

mographic model. It determines how much of the variation 

left unexplained by demographics and state fixed-effects to 

characterize how much of the residual variation in Eq. 1 is 

explained by adding partisanship (Eq. 2) or COVID-19 cases 

(Eq. 3), and summarizes the extent to which variation in mo-

bility can be explained by partisanship and public health con-

siderations. The conditional marginal effects of partisanship 

and COVID-19 cases on mobility are provided by a regression 

including both partisanship and COVID-19 considerations 

(Eq. 4). 

Figure 2 reports percentage of residual variation in social 

mobility that is explained by partisanship and the local inci-

dence of COVID-19 over time. In early April, neither partisan-

ship nor public health concerns explain a large amount of the 

residual variation in mobility – primarily because there was 

little variation to explain given that most individuals were 

drastically reducing their social behaviors. Over time, parti-

san variation explains an increasing percentage of variation 

in mobility; around 7% of the variation in mobility that is not 

explained by demographics or state is explained by the party 

affiliation of the respondent in May. As the pandemic begins 

to re-strengthen in late June, however, the predictive power 

of partisanship recedes to a (still robust) 5%, before rising 

again throughout August to its previous level. Throughout 

the series public health, in contrast, consistently explains 

only a small amount of this residual variation. 

To determine how partisanship and local COVID-19 cases 

are predicted to impact individuals’ mobility, Fig. 3 graphs 
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the marginal effect of partisanship (with independent as the 

base category) and change in COVID-19 deaths over time 

from specification (4). Whereas Fig. 1C presents the weighted 

daily averages in the raw data, Fig. 3 graphs the marginal ef-

fect of each consideration in a model using statistical controls 

to allow for all-else-equal comparisons. 

The results are striking. The blue line in Fig. 3 reveals that 

Democrats are less likely to engage in social activities than 

independents and they are increasingly likely to so do over 

time. By early June, Democrats are engaging in -0.31 less ac-

tivities than independents all else equal. In contrast, Repub-

licans (red line) are increasingly more likely to engage in 

social activities than independents such that they are engag-

ing in more than 0.6 social activities than pure independents 

on average in June (red line). Altogether, Republicans are 

therefore engaging in 0.93 additional social activities on av-

erage than Democrats in early June. Moreover, the increasing 

effect of partisanship on mobility is asymmetric: all else 

equal, Republicans are increasing their social activity far 

more than other Americans are changing their behavior. No-

tably, as the pandemic surged in June the effect of partisan-

ship began to recede, but this regression was small and 

temporary. Through July and August large partisan differ-

ences began to expand once again. 

While partisanship matters greatly for mobility, the im-

pact of the population adjusted change in COVID-19 cases in 

a respondent’s county (green line) only has small negative ef-

fect of behavior. As expected, there is a slight decrease in so-

cial activity for individuals living in counties with large 

number of cases relative to other counties in their states. But 

recall in Fig. 2 that this variable only explains a miniscule 

proportion of variance in mobility. 

Our statistical controls rule out the most plausible alter-

native hypotheses for differences that might be related to age, 

race, education, income, gender, employment status, or pop-

ulation density. The differences we identify also cannot be 

explained by Republicans living in states where social activity 

is more permissible (whether de jure or de facto) because the 

effects being identified are based on within-state differences 

given the state fixed effects we employ. Tables S1 & S2 show 

the robustness of these results using pooled models that ex-

amine within-state and within-Zip-Code variation over time. 

While our main effects cannot be explained by different 

proportions of partisans living in states with more-or-less 

stringent lockdown regulations, it may still be the case that 

the within-state relationship between party and social activ-

ity differs from state to state. In particular, there may be a 

complex interaction between the party of a state’s governor, 

the COVID Mitigation policies put in place, and the degree to 

which partisanship is associated with different levels of social 

activity. That Democrats are less socially active may be 

driven, for example, by Democrats living in Democratic led 

states with more stringent lock-down policies (e.g., New 

York) being cued by locally trusted leaders that activity 

should be limited; alternatively, the same relationship may 

be driven by Republicans in those same Democratic led states 

actively flaunting the regulations put in place by a local 

leader to whom they feel a great deal of antipathy. 

Figure 4 visualizes these possibilities, displaying the mar-

ginal conditional effect of being a Democrat or Republican 

(versus an Independent) separately for each state. States with 

Democratic governors are displayed in panel A, and states 

with Republican Governors in Panel B. On the horizontal axis 

we sort the states by the aggressiveness of their COVID-19 

mitigation policies, determined by the length of the state 

stay-at-home order, whether the state has a mask mandate, 

whether the state has travel restrictions in place, the testing 

capacity of the state, and the contact tracing capacity of the 

state. These different components were standardized and 

then scaled together using Principal Components Analysis. 

(See SM S8). 

Figure 4 makes clear that there is a remarkable degree of 

stability in the size of the coefficients within party and across 

states. In states run by both Republican and Democratic gov-

ernors’ Republican citizens are significantly more active than 

Independents. Similarly, Democrats in all states are signifi-

cantly less active than Independents. It is not the case that 

the main relationship described above is driven, for example, 

by Republicans in Democratic states with aggressive COVID 

mitigation policies flaunting the law; or, alternatively, Dem-

ocrats in Republican led states with less aggressive COVID 

mitigation policies staying home more. Instead, Democrats 

and Republicans across the country have remarkably similar 

levels of activity to like-partisans in other states (relative to 

Independents). 

These results largely conform to previous research which 

finds an increasingly nationalized politics in the United 

States (20–22). One hypothesis for this more nationalized re-

sponse to politics is an increasingly nationalized media sys-

tem. We investigate this further in the Supplementary 

Material, and find that the relationship between partisanship 

and mobility in our data are heightened for those who con-

sume a great deal of news (Figure S16), and that Republican’s 

lower level of concern over the virus is associated with their 

viewership of right-wing news sources like Fox News (Figure 

S17). 

 

Discussion 

Our results point to an unequivocal conclusion: partisanship 

is a far more important determinant of an individual’s re-

sponse to the COVID-19 pandemic than the impact of COVID-

19 in that individual’s local community. The implications of 

this are significant. The COVID-19 pandemic in the United 

States is currently as much a political problem as it is a public 
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health problem. Given the differences in perceptions and be-

havior we document between Democrats and Republicans ex-

posed to the same level of COVID-19 in their local 

communities, simply highlighting the public health concerns 

associated with COVID-19 seems unlikely to encourage the 

collective decline in social mobility that is required to help 

mitigate the further spread of the pandemic. Instead, politi-

cal leadership – especially by Republicans – seems essential 

for changing the partisan-related differences we document in 

individuals’ behaviors and opinion. 

While our analyses do not identify the source for the par-

tisan differences we identify, they do rule out some important 

plausible explanations. In particular, the fact that partisan 

differences we identify persist regardless of the partisanship 

of the governor, differences in the regulatory environment of 

the state, regional differences, local differences (at the zip 

code level) and media consumption suggests that they are 

due to either national stimuli (e.g., cues being provided by 

national partisan leaders such as President Trump and/or 

partisan-related differences in the beliefs and values of parti-

sans. In either case, it is clear that national leadership seems 

required to help bridge the partisan differences we identify. 

 

Materials and Methods 

Analyzing how partisanship affects mobility requires individ-

ual level data to avoid issues related to ecological inference 

that may be present when looking at relationships in aggre-

gate units such as counties (23), particularly because Demo-

crats are more likely to live in more population dense places 

(24) that have been more heavily impacted by COVID-19 to 

date (25). To track the relationship between partisanship, the 

incidence of COVID-19 in local communities, and social activ-

ity we interview 1,135,638 randomly selected respondents 

from the Survey Monkey platform between April 4, 2020 and 

September 7, 2020 (26). Every day, an average of 6744 re-

spondents were interviewed and weighted to be representa-

tive of the US adult population using the most current 

estimates from the U.S. Census Bureau’s American Commu-

nity Survey. Weighting ensures that the daily estimates are 

not only nationally representative, but also directly compara-

ble over time (27, 28). 

Our primary outcome measure is whether respondents re-

port going to a restaurant, visiting family or friends, taking a 

walk, exercising, getting groceries, receiving medical care, 

and going to work in the last 24 hours. We focus on an addi-

tive count of the number of activities an individual reports, 

but Fig S4 and S5 show that similar results are obtained when 

analyzing voluntary activities (e.g., going to a restaurant) and 

involuntary activities (e.g., seeking medical care) separately. 

Figure S5 reveals that the partisan gap in the activities thought 

most “risky” – going to restaurants and visiting friends and 

families – are larger than those for “safer” activities. 

Relying on any self-report raises concerns about the truth-

fulness in responses. We feel that a measure which focuses 

on the last 24 hours is the best solution to mitigate this risk. 

Focusing on personal activity occurring in the last 24 hours 

places lower cognitive demand on respondents and it focuses 

the respondent to think about personal behavior rather than 

public policy (which may be affected by aspirational political 

considerations). Asking about support for “stay-at-home” 

measures in general, for example, are more likely to result in 

responses based on partisan messaging about the severity of 

the COVID-19 pandemic. Asking about personal behavior in 

the last 24 hours trades-of an increase in variance (because 

behavior in the 24 hours may not be representative of their 

behavior in general) in the hopes of reducing such bias. Our 

approach is consistent with leading contemporary measures 

of media exposure that also only ask about the previous 24 

hours of activity (29). 

To validate our measure, Fig. S3 compares our self-re-

ported mobility index to anonymized cell phone data from 

Google measuring the change in how long individuals are at 

various locations (30). The national average of our 24-hour 

activity measure reassuringly correlates quite strongly (0.91) 

with Google’s measure of change in mobility around retail 

and recreation. 

Our key explanatory variables are the self-reported parti-

sanship of each respondent, and the severity of COVID-19 in 

their local community. To measure partisanship, we rely on 

the branching question that is standard in the literature (31). 

Respondents are first asked whether they identify with the 

Republican or Democratic Party. Those who identify with 

neither, are asked whether they “lean” closer to either of the 

two parties. Only individuals who do not lean are classified 

as “independent” because “leaners” are known to behave sim-

ilar to self-identifying partisans (32, 33). Table S1 confirms 

that the behavior of leaners and partisans are largely indis-

tinguishable when it comes to social activity. 

To measure the impact of COVID-19 in each respondent’s 

community we use the Johns Hopkins Center for Systems Sci-

ence and Engineering COVID-19 database to calculate the 

change in COVID-19 cases per 1000 residents in each re-

spondent’s county in the week prior to their interview.1 Be-

cause these numbers have been widely reported, they 

arguably describe and define respondents’ lived experiences 

with COVID-19 in their community. Figures S6-S12 show our 

conclusions are robust to using alternative measures: change 

in county deaths/1000, absolute county cases/1000, absolute 

county deaths/1000, change in state cases/1000, change in 

state deaths/1000, absolute state cases/1000, and absolute 

state deaths/1000.2 Table S3 displays pooled results for our 4 

main specifications using Change in State Cases/1000 as the 

measure of COVID-19 incidence. The coefficient of partial de-

termination for specification 3 is slightly higher using this 
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alternative measure – explaining 0.26% of the variance in 

specification 1 compared to 0.22% for the county-level version 

of this variable. Overall, while the state-level measure ex-

plains slightly more variation, it is still swamped by the effect 

of party, which explains 23 times more variation. 
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Fig. 1. Concern with Catching COVID-19 and Mobility Over time by Partisanship and COVID-19 Impact in 

the Community. Plots (A, B) graph the weighted (to the adult US population) daily percentage of respondents 

who are “very” or “somewhat” worried about catching COVID-19 and Plots (C, D) graph the average number 

of social activities individuals report doing in the last 24 hours. Plots (A, C) report the daily averages by 

partisanship and Plots (B, D) report the average for each quintile of population adjusted COVID-19 cases in 

respondents’ counties in the first week of May. 95% confidence intervals are reported for each daily average 

and plotted lines are loess smoothers to summarize trends over time. 
 

http://www.advances.sciencemag.org/


First release: 11 December 2020  www.advances.sciencemag.org (Page numbers not final at time of first release) 7 

 

  

 

Fig. 2. Variation in Mobility Explained by Partisanship and the Impact of COVID-19 in the Community. 

The daily coefficients of partial determinations are computed via OLS regression using specifications (1-

3) run separately on each day. Observations weighted to the US adult population. They describe the 

percent of residual variation in specification (1) that is explained by our two key variables. Standard errors 

are from 1000 bootstrap samples for each day and represent the 95% distribution of bootstrap 

estimates. Trend is local regression weighted by the inverse of each estimate’s standard error. 
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Fig. 3. Marginal Conditional Effect of Partisanship and COVID-19 cases on Mobility over time. Coefficients 

are from OLS regression using specification (4) run separately on each day. Observations weighted to the US 

adult population. For party variables, reference is pure independents. Partisan leaners are included with 

identifying partisans. 95% confidence intervals from OLS standard errors clustered by state. Trend is local 

regression weighted by the inverse of each estimate’s standard error. 
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Fig. 4. Marginal Conditional Effects of Partisanship by State. The coefficients and 95% 

confidence intervals are from estimating using OLS from a pooled model of same-state 

respondents using specification (4). Because we pool all respondents from a state over 

time, a polynomial time trend is used to account for time-varying differences. Coefficients 

are in relation to pure independents. The separate state results are reported according to 

the state’s aggressiveness of COVID-19 mitigation policies, with higher numbers indicating 

more aggressive policies to stop the spread. Observations are weighted to the state adult 

population. 
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