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Abstract

Inlandlakesareanimportanteconomicandenviron-
mentalresourceforMichigan.TheU.S.GeologicalSurvey
andtheMichiganDepartmentofEnvironmentalQualityhave
beencooperativelymonitoringthequalityofselectedlakes
inMichiganthroughtheLakeWaterQualityAssessmentpro-
gram.Throughthisprogram,approximately730ofMichigan’s
11,000inlandlakeswillbemonitoredonceduringthis15-year
study.Targetedlakeswillbesampledduringspringturn-
overandagaininlatesummertocharacterizewaterquality.
Becausemoreextensiveandmorefrequentsamplingisnot
economicallyfeasibleintheLakeWaterQualityAssessment
program,theU.S.GeologicalSurveyandMichiganDepart-
mentofEnvironmentalQualityinvestigatetheuseofsatellite
imageryasameansofestimatingwaterqualityinunsampled
lakes.SatelliteimageryhasbeensuccessfullyusedinMin-
nesota,Wisconsin,andelsewheretocomputethetrophicstate
ofinlandlakesfrompredictedsecchi-diskmeasurements.
PreviousattemptsofthiskindinMichiganresultedinapoorer
fitbetweenobservedandpredicteddatathanwasfoundfor
MinnesotaorWisconsin.Thisstudytestedwhetherestimates
couldbeimprovedbyusingatmosphericallycorrectedsatellite
imagery,whetheramoreappropriateregressionmodelcould
beobtainedforMichigan,andwhetherchlorophyllaconcen-
trationscouldbereliablypredictedfromsatelliteimageryin
ordertocomputetrophicstateofinlandlakes.Althoughthe
atmospheric-correctiondidnotsignificantlyimproveestimates
oflake-waterquality,anewregressionequationwasidenti-
fiedthatconsistentlyyieldedbetterresultsthananequation
obtainedfromtheliterature.Astepwiseregressionwasused
todetermineanequationthataccuratelypredictschlorophylla
concentrationsinnorthernLowerMichigan.

Introduction
TheStateofMichiganhasmorethan11,000inlandlakes;

approximately3,500oftheselakesaregreaterthan25acres
insize.Nearlyalloftheselakesgreaterthan25acreshave
developedcommunitieswithpermanentresidencesorvacation
homes.Thegeneralpublichasaccesstolaunchesorbeaches
atabout1,300lakesinMichigan.Recreationalvalue,property
values,andecologicalvalueareallcloselyrelatedtothequal-
ityofwaterintheseinlandlakes(Kryselandothers,2003).
TourisminMichigan,muchofwhichinvolvesrecreationat
inlandlakes,accountsfornearly$15billionofeconomic
activityeachyear(Stynes,2002).Thus,inlandlakesare
importanteconomicandecologicalresourcestoMichigan.

TheU.S.GeologicalSurvey(USGS)andtheMichigan
DepartmentofEnvironmentalQuality(MDEQ)havebeen
cooperativelymonitoringthequalityofinlandlakesinMichi-
ganthroughtheLakeWaterQualityAssessment(LWQA)
monitoringprogramfundedbytheCleanMichiganInitiative.
Throughthisprogram,theUSGSwillsampleapproximately
730lakesover25acresinsizewithpublicaccessduringa15-
yearperiod.The730lakesaregroupedinto45majorwater-
shedmanagementunits.Inagivenyear,asetof7to10ofthe
45majorwatershedmanagementunitsischosenforsampling
andlakestobesampledarerandomlyselectedfromthisset.
After5years,atleastsomelakesineachofthe45major
watershedmanagementunitswillhavebeensampled.This
5-yearrotationwillcontinueuntilyear2015,whenalltargeted
730lakeshavebeensampledonce.Inaddition,eachyear
theMDEQwillprovidedatafromtheirCooperativeLakes
MonitoringProgram(CLMP),whichisavolunteernetwork
monitoringmorethan200lakes.Datafromthosetwosam-
plingnetworksareusedtocharacterizebaselinewaterquality
andcomputetrophicstateofmonitoredinlandlakes.
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Measuredwater-qualitycharacteristicsofinlandlakesare
criticalfactorsindeterminingtheirrecreationaluse,habitat
andspeciesdiversity,andtheeconomicreturnfromthetour-
ismindustry.TheUSGSandtheMDEQmonitormanyinland
lakes,butitisnoteconomicallyfeasibletomonitorthequality
ofall11,000inlandlakesinMichiganbyuseofconventional
samplingtechniques.Knowledgeofthebiologicalproductivity
ofunsampledinlandlakesisneededtoassistresourcemanag-
ersintheireffortstohelpprotectandmanagethequalityinall
ofMichigan’sinlandlakes.

SatelliteimageryhasbeensuccessfullyusedinMinne-
sota(Olmansonandothers,2001),Wisconsin(Batzli,2003),
andelsewhere(Baban,1993;DekkerandPeters,1993;Mayo
andothers1995;Giardinoandothers,2001)toestimate
waterqualityforunsampledinlandlakes.Inpreviousstud-
iesinMichigan(Nelsonandothers,2002;Wianwang,2002)
researchersattemptedtouseexistingmodelsforrelatingsatel-
liteimagerytospecificwater-qualityvariables;however,they
wereunabletoobtainashighacoefficientofdetermination
(R2),whichindicatesthestrengthofastatisticalrelation,as
previousstudiesinMinnesotaandWisconsin.Abettermethod
topredicttrophiccharacteristicsfromsatelliteimagerywould
increasetheknowledgeeveryyearaboutmoreofMichigan’s
inlandlakes.

PurposeandScope

Thepurposeofthisreportistodescribethemethodsand
techniquesusedtodevelopestimatesofMichiganlake-water
qualityonthebasisofsatelliteimages.Specifically,thisreport
presentsabriefoverviewoftheconceptualbasisforpredicting
trophicstateonthebasisofsatelliteimages,describesmeth-
odsusedtodevelopanewalternativeregressionmodelfor
predictingsecchi-disktransparency,andoffersanewregres-
sionequationforpredictingchlorophyllaconcentrationsin
northernLowerMichigan.Thesetwomeasurescanfurtherbe
usedtoestimatethetrophicstateofMichiganinlandlakes.

Background

Naumann(1919)proposedaclassificationoflake-
waterqualityrangingfromoligotrophic(lowphytoplankton
populationsandlowprimaryproductivity)toeutrophic(high
phytoplanktonpopulationsandhighprimaryproductivity).
Carlson(1977)proposedtoquantifythetrophicstatebyusing
aTrophicStateIndex(TSI),whichcanbeusedtogrouplakes
intobasicclassesofoligotrophic,mesotrophic,eutrophic,
andhypereutrophic.Thenaturalprogressionofalakefrom
oligotrophictoeutrophiccanbecomputedfrommeasuresof
totalphosphorus(TP),secchi-disktransparency(SDT),and
chlorophylla(Chl-a).

TPismeasureddirectlybysamplingandchemical
analysis.SDTisacommonlyused,low-costtechniquethat
measureswaterclarity(Specifically,ablackandwhitedisk
isloweredintothelakeuntilitcannolongerbeseen).Water

clarityisrelatedtothequantityofphytoplanktoninthewater,
althoughnon-algalturbidityandtannicacidsalsocanreduce
waterclarity.Chl-ameasurementscorrelatewiththeconcen-
trationofphytoplanktonwithinagivenvolumeoflakewater
andarenotaffectedbysedimentoracidsinthewater.The
formulasforcomputingTSIvaluesare(Carlson,1977):

TherangeofTSIvaluesandhoweachmeasureisclassified
intooligotrophic,mesotrophic,eutrophic,andhypereutrophic
islistedintable1.

Typically,computingTSIvaluesforasinglelakeusing
allthreeformulasshouldyieldsimilarresults.Increasing
thephosphorusconcentrationgenerallyresultsinincreased
phytoplanktonconcentration,whichresultsinreducedwater
clarity.Yetatspecifictimesoftheyear,resultsfromthethree
formulasmaynotbecongruousbecauseofphosphorusnutri-
entuptakebymacrophytes.Therefore,substantialamountsof
macrophytesinalakemayaltertherelationofthethreeTSI
values.Ofthethreemeasures,SDTandChl-aconcentration
havebeenquantifiedbyuseofsatelliteimagerytechniques
(Mayoandothers,1995;ZilioliandBrivio,1997;Coxand
others,1998;Kloiberandothers,2000;Giardinoandothers,
2001;Kloiberandothers,2002).

Table1. Laketrophicstatesandclassificationrangesfortrophic
stateindex,totalphosphorus,secchi-disktransparency,and
chlorophylla.

[BasedonMichiganDepartmentofEnvironmentalQualityreport(1982)and
modifiedbytheStateofMichigantoaccountforregionalcharacteristics.TSI,
TrophicStateIndex;SDT,secchi-disktransparency;Chl-a,Chlorophylla;TP,
TotalPhosphorus;ft,feet;µg/L,microgramsperliter]

Laketrophic
condition

Carlson
TSI

SDT
(ft)

Chl-a
(µg/L)

TP
(µg/L)

Oligotrophic <38 >15 <2.2 <10

Mesotrophic 38–48 7.5–15 2.2–6 10–20

Eutrophic 49–61 3–7.4 6.1–22 20.1–50

Hypereutrophic >61 <3 >22 >50

TSITP 14.41∗ ln TP milligrams per liter( ) 4.15,+=

TSISDT 60 14.41∗ ln SDT meters( ),–=

(1)

(2)

and

TSICHL a– 9.81∗ ln Chl a milligrams per liter( ) 30.6 ⋅+–= (3)
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Satelliteshavebeenusedtopredictwatercharacteristics
sincethe1970s.Forexample,theNationalAeronauticsSpace
Administration(NASA)EarthResourcesTechnologySatel-
lite(ERTS-1)wasusedtodetermineanalgalbloominLake
Eriein1972(Strong,1974).NASA’sLandsatsatelliteseries
improvedthespatial,spectral,andradiometricalresolu-
tionsallowingmorewater-qualityparameterstobestudied.
TheideatorelateSDTtosatelliteimagerystartedinthelate
1970sandstudiesinvolvingChl-a,turbidity,andotherwater-
qualitycharacteristicssoonfollowed(Scarpaceandothers,
1979;Lillesandandothers,1983;Verdin,1985;Lathropand
Lillesand,1986;DekkerandPeters,1993;Mayoandoth-
ers,1995;ZilioliandBrivio,1997).Landsatbands1through
4signifyingthevisibleandnearinfraredportionsofthe
electromagneticspectrum,werefoundtocorrelatewellwith
water-qualitycharacteristics(LathropandLillesand,1986).
However,Lathrop(1992)founditdifficulttousethesame
regressionequationtocharacterizethewaterqualityofdiffer-
entlakes.Recentstudiesfoundthat,withimprovedmethods,
itwaspossibletopredictwaterqualityforunsampledlakesby
useofregressionequationsrelatingexistingmeasurementsto
remotelysenseddata(Pulliainenandothers,2001;Kloiberand
others,2002;ThiemannandKaufmann,2002).Thesemost
recentstudiesformthebasisforthisproject.

ImageryusedinthisstudywascollectedbytheLandsat7
EnhancedThematicMapperPlus(ETM+)satellitelaunchedin
1999byNASA.Thesatelliteorbitsatanaltitudeofapproxi-
mately705kmwithasun-synchronous98-degreeinclination
andadescendingequatorialcrossingtimeof10:00a.m.(Wil-
liams,2003).Every16days,thesatellitewillrepeatcover-
ageforeachscenecoincidingwiththeLandsatWorldwide
ReferenceSystem(WRS),whichrecordssatellitescenesintoa
gridreferencesystemmadeupof233pathsand248rows.The
Landsat7ETM+sensorcollectsinformationinninebands,
distinctportionsoftheelectromagneticspectrum.Bands1,2,
3,4,and8aresensedwithinaspectralrangebetween0.4and
1µm.Bands1,2,and3correspondtothevisiblespectrum
ofblue,green,andred,andband4isinfrared;together,these
bandsspanthespectralrangeof0.45to0.90µm.Bands5and
7areshort-wavelengthinfraredbandssensedwithinaspectral
rangebetween1and3µm.Bands6aand6barethermallong
wavelengthssensedwithinaspectralrangebetween8and
12µm.Band8isthepanchromaticbandthatcombinesbands
2,3,and4withaspectralrangeof0.52to0.90µm(Williams,
2003).Dataarereportedindigitalnumbersas8-bitintegers,
rangingfrom1to256.

Severaldistortionfactorsaffectsatelliteimagery.These
factorsincludegeometricdistortionsthataretheresultof
smallimprecisionsinmaneuveringthesensor;radiometric
distortionsthatarisefromsmalldifferencesinthecalibration
ofthesensorandgeometryoftheearth,sun,andsatellite;and
atmosphericdistortionsthatarisefromscatteringoflightby
moistureandparticulatesintheatmosphere.However,proce-

dureshavebeendevelopedtohelpcorrectforthesefactors.
Geometricandradiometriccorrectionscanbemadewithlittle
ornofielddata.However,moststudiesofthisscopesuggest
thattheimageryshouldbegeometrically,radiometrically,and
atmosphericallycorrected(Brivioandothers,2001;Zilioliand
Brivio,1997;Kloiberandothers,2002).

AvarietyofequationsrelatingsatelliteimagerytoSTD
havebeentestedindifferentsettingsandwithdifferentsen-
sors.ResearchersthatuseimageryfromtheLandsat7ETM+
satellite(Kloiberandothers,2002)havegenerallyusedthe
followingequation:

Thevariablesa,b,andcareempiricallyderivedcoefficients
fromtheregressionequation.

Nelsonandothers(2002)usedrawdigitalnumbersfrom
theimagesandtheregressionequationidentifiedinKloiber
andothers(2002)toestimateSDTforlakesinLowerMichi-
gan.Kloiberandothers(2002)reportedpredictionswith
R2valuesbetween0.72and0.93.Nelsonandothers(2002)
achievedanR2ofonly0.43forLandsatETM+scenesinpath
21,rows29,30,and31.Wiangwang(2002)usedthesame
imageryandfielddataasNelsonandothers(2002)butradio-
metricallycorrectedtheimagesbeforedeterminingregression
equations.Thistypeofcorrectionistermed“TopofAtmo-
sphere”(TOA)reflectancebecause,althoughitaccountsfor
differencesinilluminationangleandsensorperformance,it
doesnotadjustforhazeordiffusionwithintheatmosphere.
TheR2valueusingSDTandLandsat7ETM+TOAcorrected
imageryforpath21,rows29,30,and31was0.558(Wiang-
wong,2002).Thisresultsuggeststhatafullatmospheric-cor-
rectionoftheimagerycouldintheoryfurtherimprovetheR2
values.Thecombinationofallofthesetechniquesinthesame
casestudyshouldimprovetheregressionequations,andthus
leadtobettermethodologytoestimatewaterqualityfrom
satelliteimagery.

StudyArea

ThestudyareawasdeterminedbythelocationofLWQA
samplingplannedforthe2002wateryear(the2002wateryear
wasaportionoftheinlandlakeschosentobesampledfrom
10outofthe45basinsinMichigan).Mostmeasurements
fellwithinfiveLandsat7ETM+satellitescenescoveringthe
majorityofLowerMichigan.Thelocationsofthesatellite
scenesandthelakeswithcollectedSDTmeasurementswithin
awindowofplusorminus7daysoftheimageryacquisition,
areshowninfigure1.

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= . (4)
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Figure1. Secchi-disktransparencyandchlorophyllasamplelocations,Michigan,August2002.
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Methods
ThegeneralprocesstopredictSDTandChl-ameasure-

mentsfromsatelliteimageryinvolvesseveralsteps.First,
fielddatamustbeobtainedanddigitized.Second,cloud-free
satelliteimageryfromapproximatelythesamedateasthefield
datacollectionmustbeobtained.Third,theimagerymustbe
correctedtocompensateforgeometric,radiometric,andatmo-
sphericdistortionsintheimagery.Fourth,thefielddatamust
becomparedtotheimagerythroughthecreationofAreasof
Interest(AOI)withinthesatelliteimage.Fifth,aregression
modelmustbedevelopedforeachscenetorelatethefielddata
tothespectraldatacollectedineachAOI.Finally,theregres-
sionequationmustbeappliedtoalllakesover25acresinthe
satellitescene,topredictthewater-qualitycharacteristicsat
unmeasuredlocations.

FieldDataCollectionandPreprocessing

USGSscientistsandcommunityvolunteersfromthe
CLMProutinelymeasureSDTinvariouslakesinMichigan.
Asecchidiskisacommontoolformeasuringtheoverall
clarityofwater.TheSecchidiskisan8-in.diametercircular
diskpaintedblackandwhiteinalternatingquadrants.Thedisk
isloweredintothewater,andthedepthatwhichthediskis
nolongervisibleiscalledthesecchidepth.Chl-a,TP,several
formsofnitrogen,andmajorionsarealsomeasuredatUSGS
samplesites.SamplesfromboththeCLMPandUSGSwere
usedfromthemonthsofAugustandSeptember2002.This
late-summerindexperiod,whenalakeisatthemaximum
biologicalproductivity,wasfoundtobethebestperiodfor
relatingSDTandChl-asamplestosatelliteimagery(Kloiber
andothers,2000).

USGSmeasurementswerereferencedbycoordinates
obtainedfromtheGlobalPositioningSystem(GPS)andwere
usedtocreateashapefile.AshapefileisthefileformatArcGIS
softwareusestostorethelocation,shape,andattributeinfor-
mation.TheSDTmeasurementsfromCLMPwererecorded
onpaperanddidnotincludeprecisecoordinatesforthemea-
surements;however,abathymetricmapforeachlakemarked
intheapproximatelocationforeachmeasurement.Withthis
information,anothershapefilewasmadebymanuallydigitiz-
ingthecorrectlocationforalldatawithinthelakes.

VolunteerSDTmeasurementshavebeenstudiedand
proventobecomparablewiththosemadebyprofessionals
(Canfieldandothers,2002;Obrechtandothers,1998).How-
ever,carefulconsiderationwasinvolvedinchoosingwhich
CLMPSDTmeasurementswereusedinthisstudy.Only
measurementsthatwereclearlymarkedonattachedbathymet-
ricmapsweredigitized.Somevolunteerdatawereexcluded
wheremultiplemeasurementsweremadeinasinglelake
(onlyonemeasurementperlakewaschosenwithinthedeepest
basin)andwhenthelocationofmeasurementscouldnotbe
determinedfromthepublishedbathymetricmaps.

Onlymeasurementscollectedwithin7daysofanimage
acquisitiondatewereused.Thisrestrictionwasshownto
producethebestresultsinpredictiveSDTmodels(Kloiber
andothers,2002).Thefinalexclusionsforallmeasurements
weredependentuponthesatelliteimagery.Measurements
whencloudsorcloudshadowscoveredthelakeormeasure-
mentlocationwereexcluded.Cloudsandshadowsarelimiting
factorsandarethereasonimageryshouldbechosenonclear
satelliteoverpassdays.(Forasummaryofsamplenumbersper
scenerefertotable4.)

SatelliteImageryAcquisitionandPreprocessing

FiveLandsat7ETM+sceneswerepurchasedfromthe
TropicalRainForestInformationCenter,amemberofNASA
FederationofEarthScienceInformationPartnersattheCenter
forGlobalChangeandEarthObservations,MichiganState
University.Thescenesfrompath20,rows30and31,andpath
21,rows29,30,and31werechosenbecausetheyhadmini-
malcloudcoverandwereacquiredclosesttothedateswhen
themeasurementswerecollected.Forreference,seefigure1,
whichdepictssatellitescenelocationswiththeplacementof
SDTandChl-ameasurements.

Thedataarrivedwithageometricsystematiccorrection,
whichhelpedensurethattheimagecellswouldcorrespondto
thedata-collectionpointsascloselyaspossible.Thesys-
tematiccorrectionreferstothetypeofgeometriccorrection.
“Theendresultisageometricallyrectifiedproductfreefrom
distortionsrelatedtothesensor(e.g.jitter,viewangleeffects),
satellite(e.g.attitudedeviationsfromnominal),andearth(e.g.
rotation,curvature)”(NationalAeronauticsSpaceAdministra-
tion,2003).However,thegeometriccorrectiondidnotuse
ground-controlpointstoensurecompletegeodeticaccuracy,
andNASAonlyclaimedresidualerrorto250minflatterrain
atsealevel.WheneachimagewascomparedwiththeMichi-
gantransportationframeworkdevelopedbytheMichigan
CenterforGeographicInformation,however,itwasfoundto
beaccuratetowithin2cells,orabout60m.

Thesatelliteimagerywasalsoradiometricallycorrected
byuseofaradiativetransfermodel.Radiometriccorrections
areneededbecausethebrightnessofeachpixelinasatellite
imageis“affectedbysunangle,atmosphericinterference,
changesindetectorresponse,andnumerousotherfactors”
(Kloiberandothers,2002).Theatmospheric-correction
methodusedwasMODTRAN4,releasedbytheAirForce
ResearchLab,SpaceVehiclesDirectorate,inMarch1999.
Thismodelisanatmosphericradiativetransfercodeandalgo-
rithm(Hoke,1999).

Atmospheric-Correction

Totestwhetheratmosphericallycorrectingtheimagery
wouldachievebetterfitregressionequations,path21,rows29,
30,and31wereatmosphericallycorrected.Theatmospheric
correctionmodelMODTRAN4(Hoke,1999)wasused.Each
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satellitescenewasrunseventimesthroughthemodel,keeping
allparametersconstantforeachsceneexceptthesurfaceper-
centreflectance,whichstartedat0.1andincreasedto0.7.The
differentsurfacepercentreflectanceswereusedtoconstruct
regressionequationsthataccountedforatmosphericscatter-
ingofbothincomingsolarradiationandoutgoingreflected
radiation.Theresultswereequationsdescribingtherelation
betweenreflectedradiationandradiationmeasuredatthesen-
sor.Theseequationswerethenappliedtotheircorresponding
bandstoatmosphericallycorrecttheimagery.Theinputsare
listedintable2.Theoutputslopeandinterceptcoefficients
foreachbandwereusedinanErdasIMAGINEmodel(Erdas
Inc,2001)tobuildtheequationstocomputeatmospheri-
callycorrectedimages.Theequationstakeintoaccountthat
shorterwavelengths,suchasband1,scattermorethanlonger
wavelengths,suchasband5.Thevaluesforallbandsgener-
allyincreasewiththiscorrection,butband1showsthemost
increaseandband5,theleast.Typicalchangebetweenthe
TOAreflectancevaluesandtheresultingatmospheric-correc-
tionvaluesforLakeLansinginInghamCountyareshownin
figure2.

Figure2. Radiometric-correction(topofatmosphere)reflectancevaluescomparedtoatmo-
spheric-correctionvalues,LakeLansing,InghamCounty,Mich.

Table2. MODTRAN4atmospheric-correctionparameters
andinput.

[km,kilometers]

Parameter Input

Surfacepercentreflectance 0.1to0.7

Atmosphericmodel Midlatitudesummer

Aerosolmodel
Ruralextinction(default

visibility=23km)

Season Spring-summer

Visibility 23km

Dayofyear Dependentuponsatellitescene

Latitudeandlongitude
Varieddependingoncenterof

satellitescene
Greenwichmeantimeof

imageacquisition
1430
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TheequationdevelopedbyKloiberandothers(2000):

wasappliedtoeachTOAandatmosphericallycorrectedscene.
Thevariablesa,b,andcwerederivedcoefficientsfromthe
regressionequation.Inanefforttoimprovethegoodnessoffit
forthemodel,variouscombinationsofbandsweretested.For
theKloiber(2000)equation,TOAandatmosphericallycor-
rectedR2valueswerecompared.Anew,alternativeequation
alsowasdevelopedduringtheproject.Forthenewalternative
equation,

TOAandatmosphericallycorrectedR2valueswerecompared.
Totestwhethertherewasastatisticallysignificantdifference
betweentheR2values,Fisher’sTransformationwasused:

Intheequation,r1andr2representthetwoR2valuesthatwere
beingtested,lnreferstobaseeandnreferstothenumberof
samples.TheresultsofFisher’sTransformationhadtosurpass
1.96fora95-percentconfidenceinterval.Thistestwasalso
usedtodeterminewhethertherewasanydifferencebetween
thetwoequationstocomputeTSIfromthepredictednatu-
rallogofSDTandtotestwhethertherewasanydifference
betweenusingtheTOAoratmosphericallycorrectedscenes
frompath21.

StepwiseRegressionEquationsfor
Chlorophylla

Toidentifythebest-fitregressionequationforpredict-
ingChl-a,astepwiseregressionwasused.Inthisprocessthe
naturallogofmeasuredChl-aandvariouscombinationsof
bandswereusedinfourseparatetrialstodeterminethebands
orcombinationsofbandswiththebestcoefficients.Foralist
ofthevariablestested,refertotable4.

RelatingFieldDatatoSatelliteImagery

AreaofInterestCreation
Thesixshapefilesthatwerecreatedcorrespondingtothe

SDTandChl-ameasurementsforeachscenewereopened
ontopoftheappropriatesatellitesceneinErdasIMAGINE.
AreasofInterest(AOIs)weredigitizedaroundtheSDT
measurementsforfivescenes,andChl-ameasurementsfor
onescene.Anareawasdrawnaroundeachmeasurementto
includepixelssurroundingthemeasurementstohelpsmooth
radiometricnoise.TheAOIsizesdependedonthesizeofthe
lakebutwerebetweentheminimumof8pixelsandthemaxi-
mumof1,000pixelssetbyOlmansonandothers(2001).The
smallestAOIwas8pixels,themeanwas12pixels,andthe
maximumwas33pixels.

OncealltheAOIsweredrawnaroundmeasurements
withinasatellitescene,eachonewasaddedtothesignature
fileandtheminimum,maximum,standarddeviation,and
meanvalueforeachbandwithintheAOIwascomputed.
Theseresultswerethenexportedintoadatafileformatfor
furthercalculation.Resultsforthemeasurementvalueswithin
thecorrespondingAOIscanbefoundinAppendixA.

Water-OnlyImagery
AfewstepswereperformedinErdasIMAGINEto

extractpixelsineachimagethatwouldcorrespondtoan
inlandlakegreaterthan25acres.First,anunsupervisedclassi-
ficationidentifiedthewaterpixels(30-mcells).Next,thepix-
elsweregroupedintocontiguousbodiesofwatertoidentify
theinlandlakesthatweregreaterthan25acresor125pixels.
Finally,thepixelsthatcorrespondedtoaninlandlakegreater
than25acreswerecodedtoavalueof1,withallotherpixels
codedtoano-datavaluetocompletethewater-onlyimages.

RegressionEquationsandTestsofSignificance
forSecchi-DiskTransparency

Inpreparationforregressionanalysis,theband1/band3
ratio,thenaturallogofSDT(inmeters)werecomputed.The
datawerethentransferredintoS-Plus2000(DataAnalysis
ProductsDivision,1999)formultipleregressioncalculations
basedonsceneandtypeofmeasurement.(Thecombinations
usedintheregressionequationsarelistedintable3).

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= , (5)

ln SDT( ) a band1( ) b band2( ) c band3( ) d+ + += , (6)

Z 0.5∗ ln 1 r1+( ) 1 r1–( )⁄[ ]{ }(
0.5∗ ln 1 r2+( ) 1 r2–( )⁄[ ]{ }) SQRT⁄ 1 n 3–( )⁄[ ]

–= . (7)
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Table3. R2valuesandFisher’sTransformationsignificancetestsusedtocompute
trophicstateindexforMichigan’sinlandlakesfrompredictedsecchi-disk
transparency.

[ln,naturallog;ETM+,EnhancedThematicMapperPlus;TOA,Radiometric-correctionvaluesof
TopofAtmosphereReflectance;ATM,Atmospheric-Correction;R2,RSquared;Eq,equation;
�†,Nottested]

Equation1 Independentvariable:ln(secchidepthinmeters)

Secchi-disktransparency Dependentvariables:band1/band3,andband1

Landsat7ETM+scenes Samples TOAR2 ATMR2

path20,row30 15 0.5075 †

path20,row31 13 .3003 †

path21,row29 28 .6640 0.6737

path21,row30 29 .7995 .7995

path21,row31 25 .6014 .6072

Equation2 Independentvariable:ln(secchidepthinmeters)

Secchi-disktransparency Dependentvariables:band1,band2,band3

Landsat7ETM+scenes Samples TOAR2 ATMR2

path20,row30 15 0.7190 †

path20,row31 13 .6659 †

path21,row29 28 .7824 0.7875

path21,row30 29 .7964 .7964

path21,row31 25 .6058 .6101

Fisher’sTransformation:R2Equation1andEquation2,R2TOAandATM(>1.96=significant)

Secchi-disktransparency
Samples Eq1&Eq2TOA Eq1&Eq2ATM Eq1TOA&ATM Eq2TOA&ATM

Landsat7ETM+scenes

path20,row30 15 1.199 † † †

path20,row31 13 1.637 † † †

path21,row29 28 1.233 1.212 0.065 0.086

path21,row30 29 .043 .043 .000 .000

path21,row31 25 .032 .022 .032 .043
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Results

ComparisonofTopofAtmosphereReflection
andAtmospheric-CorrectionUsingSecchi-Disk
Transparency

Aninitialexpectationforthisprojectwasthatuseof
atmosphericallycorrectedimageswouldproducehigherR2
valuesthanuseoftheradiometricallycorrectedimages.How-
ever,theR2resultswerenotsignificantlydifferent.Insome
cases,theatmospheric-correctionproducedslightlyhigherR2
valuesthantheradiometric-correctionandinothersproduced
slightlylowerR2values(thesedifferencesintheR2values
wereonlyinthehundredths).

WhenFisher’sTransformationwasusedtotestforthe
differencebetweenR2valuesfortheatmosphericallycorrected
imageryandR2valuesfortheradiometricallycorrectedimag-
ery(testedontheR2valuesresultingfrombothregression
equations),thevaluesforeachscenerangedbetween0.000
and0.086.Therefore,imageryatmosphericallycorrectedby
useofMODTRAN4didnotproduceabetter-fitequation
orstatisticallyhigherR2valuesthandidtheradiometrically
correctedimagery.Theresultfromthistestwasthatatmo-
sphericallycorrectedimagerywasnotnecessary,andthat
radiometricallycorrectedimagerywouldbeusedtocompute
TSIvaluesinthisreport.TheR2valuesfromatmospherically
correctedimageryorradiometricallycorrectedimageryfor
eitherregressionequationarelistedintable3.

PredictionofSecchi-DiskTransparencybyUse
ofTwoDifferentRegressionEquations

IncomparisonofresultsfortheequationofKloiberand
others(2002),

andthealternativeregressionequationthatwasderivedand
testedduringtheproject,

thealternativeregressionequationproducedabetter-fitequa-
tionandreturnedhigherR2valuesforfourofthefivescenes
withverylittledifferenceinvaluesforthefifthscene.Figure
3showsthepredictedandactualSDTforpath21,row30,

(whichreturnedthehighestR2value),andforpath21,row31,
(whichproducedthelowestR2value).

WhenFisher’sTransformationwasusedtotestfordiffer-
encesbetweenR2valuesforthealternativeregressionequation
andR2valuesfromthefirstequation(testedontheR2values
resultingfromtheatmosphericallycorrectedimagery,andthe
radiometricallycorrectedimagery),thevaluesforeachscene
werebetween0.022and1.637.Foreachscene,thealternative
regressionequationhadahigherR2value,butthedifference
wasnotstatisticallysignificant(table4).Becausethealter-
nativeregressionequationimprovedtheR2valuesformost
scenes,itwassubstantiallyusedtopredictSDTforcomputing
TSIvaluesforlakeswithintheimagery.ThecomputedTSI
valuesforalllakeswithinthesatelliteimageryareshownon
figure4.

Table4. StepwiseregressiontrialsandR2valuestopredict
trophicstateindexfromchlorophylla.

[TM,LandsatETM+band;R2,R-squared;*,LandsatETM+satellitebands
usedforregressionineachtrial;--,LandsatETM+satellitebandsnotused]

Stepwiseregressiontrials

Trial1
Bestcoef-

ficients
Trial2

Bestcoef-
ficients

TM1 -- TM4/TM3 --

TM2 * TM2/TM3 --

TM3 * TM2-TM3 --

TM4 -- TM1/TM2 --

TM5 -- TM3/TM1 *

TM7 * R2value 0.6341

R2value 0.8101

Trial3
Bestcoef-

ficients
Trial4

Bestcoef-
ficients

(TM2+TM3)/TM2 -- TM2 --

TM22 -- TM3 *

TM32 * TM7 *

(TM1+TM2)/2 -- TM3/TM1 --

(TM1+TM3)/2 * TM32 --

TM3/TM4 -- (TM1+TM3)/2 *

R2value 0.6592 R2value 0.8045

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= , (8)

ln SDT( ) a band1( ) b band2( ) c band3( ) d+ + += , (9)
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Abstract

Inlandlakesareanimportanteconomicandenviron-
mentalresourceforMichigan.TheU.S.GeologicalSurvey
andtheMichiganDepartmentofEnvironmentalQualityhave
beencooperativelymonitoringthequalityofselectedlakes
inMichiganthroughtheLakeWaterQualityAssessmentpro-
gram.Throughthisprogram,approximately730ofMichigan’s
11,000inlandlakeswillbemonitoredonceduringthis15-year
study.Targetedlakeswillbesampledduringspringturn-
overandagaininlatesummertocharacterizewaterquality.
Becausemoreextensiveandmorefrequentsamplingisnot
economicallyfeasibleintheLakeWaterQualityAssessment
program,theU.S.GeologicalSurveyandMichiganDepart-
mentofEnvironmentalQualityinvestigatetheuseofsatellite
imageryasameansofestimatingwaterqualityinunsampled
lakes.SatelliteimageryhasbeensuccessfullyusedinMin-
nesota,Wisconsin,andelsewheretocomputethetrophicstate
ofinlandlakesfrompredictedsecchi-diskmeasurements.
PreviousattemptsofthiskindinMichiganresultedinapoorer
fitbetweenobservedandpredicteddatathanwasfoundfor
MinnesotaorWisconsin.Thisstudytestedwhetherestimates
couldbeimprovedbyusingatmosphericallycorrectedsatellite
imagery,whetheramoreappropriateregressionmodelcould
beobtainedforMichigan,andwhetherchlorophyllaconcen-
trationscouldbereliablypredictedfromsatelliteimageryin
ordertocomputetrophicstateofinlandlakes.Althoughthe
atmospheric-correctiondidnotsignificantlyimproveestimates
oflake-waterquality,anewregressionequationwasidenti-
fiedthatconsistentlyyieldedbetterresultsthananequation
obtainedfromtheliterature.Astepwiseregressionwasused
todetermineanequationthataccuratelypredictschlorophylla
concentrationsinnorthernLowerMichigan.

Introduction
TheStateofMichiganhasmorethan11,000inlandlakes;

approximately3,500oftheselakesaregreaterthan25acres
insize.Nearlyalloftheselakesgreaterthan25acreshave
developedcommunitieswithpermanentresidencesorvacation
homes.Thegeneralpublichasaccesstolaunchesorbeaches
atabout1,300lakesinMichigan.Recreationalvalue,property
values,andecologicalvalueareallcloselyrelatedtothequal-
ityofwaterintheseinlandlakes(Kryselandothers,2003).
TourisminMichigan,muchofwhichinvolvesrecreationat
inlandlakes,accountsfornearly$15billionofeconomic
activityeachyear(Stynes,2002).Thus,inlandlakesare
importanteconomicandecologicalresourcestoMichigan.

TheU.S.GeologicalSurvey(USGS)andtheMichigan
DepartmentofEnvironmentalQuality(MDEQ)havebeen
cooperativelymonitoringthequalityofinlandlakesinMichi-
ganthroughtheLakeWaterQualityAssessment(LWQA)
monitoringprogramfundedbytheCleanMichiganInitiative.
Throughthisprogram,theUSGSwillsampleapproximately
730lakesover25acresinsizewithpublicaccessduringa15-
yearperiod.The730lakesaregroupedinto45majorwater-
shedmanagementunits.Inagivenyear,asetof7to10ofthe
45majorwatershedmanagementunitsischosenforsampling
andlakestobesampledarerandomlyselectedfromthisset.
After5years,atleastsomelakesineachofthe45major
watershedmanagementunitswillhavebeensampled.This
5-yearrotationwillcontinueuntilyear2015,whenalltargeted
730lakeshavebeensampledonce.Inaddition,eachyear
theMDEQwillprovidedatafromtheirCooperativeLakes
MonitoringProgram(CLMP),whichisavolunteernetwork
monitoringmorethan200lakes.Datafromthosetwosam-
plingnetworksareusedtocharacterizebaselinewaterquality
andcomputetrophicstateofmonitoredinlandlakes.

PredictingWaterQualitybyRelatingSecchi-Disk
TransparencyandChlorophyllaMeasurementsto
SatelliteImageryforMichiganInlandLakes,August2002

ByL.M.Fuller,S.S.Aichele,R.J.Minnerick



Measuredwater-qualitycharacteristicsofinlandlakesare
criticalfactorsindeterminingtheirrecreationaluse,habitat
andspeciesdiversity,andtheeconomicreturnfromthetour-
ismindustry.TheUSGSandtheMDEQmonitormanyinland
lakes,butitisnoteconomicallyfeasibletomonitorthequality
ofall11,000inlandlakesinMichiganbyuseofconventional
samplingtechniques.Knowledgeofthebiologicalproductivity
ofunsampledinlandlakesisneededtoassistresourcemanag-
ersintheireffortstohelpprotectandmanagethequalityinall
ofMichigan’sinlandlakes.

SatelliteimageryhasbeensuccessfullyusedinMinne-
sota(Olmansonandothers,2001),Wisconsin(Batzli,2003),
andelsewhere(Baban,1993;DekkerandPeters,1993;Mayo
andothers1995;Giardinoandothers,2001)toestimate
waterqualityforunsampledinlandlakes.Inpreviousstud-
iesinMichigan(Nelsonandothers,2002;Wianwang,2002)
researchersattemptedtouseexistingmodelsforrelatingsatel-
liteimagerytospecificwater-qualityvariables;however,they
wereunabletoobtainashighacoefficientofdetermination
(R2),whichindicatesthestrengthofastatisticalrelation,as
previousstudiesinMinnesotaandWisconsin.Abettermethod
topredicttrophiccharacteristicsfromsatelliteimagerywould
increasetheknowledgeeveryyearaboutmoreofMichigan’s
inlandlakes.

PurposeandScope

Thepurposeofthisreportistodescribethemethodsand
techniquesusedtodevelopestimatesofMichiganlake-water
qualityonthebasisofsatelliteimages.Specifically,thisreport
presentsabriefoverviewoftheconceptualbasisforpredicting
trophicstateonthebasisofsatelliteimages,describesmeth-
odsusedtodevelopanewalternativeregressionmodelfor
predictingsecchi-disktransparency,andoffersanewregres-
sionequationforpredictingchlorophyllaconcentrationsin
northernLowerMichigan.Thesetwomeasurescanfurtherbe
usedtoestimatethetrophicstateofMichiganinlandlakes.

Background

Naumann(1919)proposedaclassificationoflake-
waterqualityrangingfromoligotrophic(lowphytoplankton
populationsandlowprimaryproductivity)toeutrophic(high
phytoplanktonpopulationsandhighprimaryproductivity).
Carlson(1977)proposedtoquantifythetrophicstatebyusing
aTrophicStateIndex(TSI),whichcanbeusedtogrouplakes
intobasicclassesofoligotrophic,mesotrophic,eutrophic,
andhypereutrophic.Thenaturalprogressionofalakefrom
oligotrophictoeutrophiccanbecomputedfrommeasuresof
totalphosphorus(TP),secchi-disktransparency(SDT),and
chlorophylla(Chl-a).

TPismeasureddirectlybysamplingandchemical
analysis.SDTisacommonlyused,low-costtechniquethat
measureswaterclarity(Specifically,ablackandwhitedisk
isloweredintothelakeuntilitcannolongerbeseen).Water

clarityisrelatedtothequantityofphytoplanktoninthewater,
althoughnon-algalturbidityandtannicacidsalsocanreduce
waterclarity.Chl-ameasurementscorrelatewiththeconcen-
trationofphytoplanktonwithinagivenvolumeoflakewater
andarenotaffectedbysedimentoracidsinthewater.The
formulasforcomputingTSIvaluesare(Carlson,1977):

TherangeofTSIvaluesandhoweachmeasureisclassified
intooligotrophic,mesotrophic,eutrophic,andhypereutrophic
islistedintable1.

Typically,computingTSIvaluesforasinglelakeusing
allthreeformulasshouldyieldsimilarresults.Increasing
thephosphorusconcentrationgenerallyresultsinincreased
phytoplanktonconcentration,whichresultsinreducedwater
clarity.Yetatspecifictimesoftheyear,resultsfromthethree
formulasmaynotbecongruousbecauseofphosphorusnutri-
entuptakebymacrophytes.Therefore,substantialamountsof
macrophytesinalakemayaltertherelationofthethreeTSI
values.Ofthethreemeasures,SDTandChl-aconcentration
havebeenquantifiedbyuseofsatelliteimagerytechniques
(Mayoandothers,1995;ZilioliandBrivio,1997;Coxand
others,1998;Kloiberandothers,2000;Giardinoandothers,
2001;Kloiberandothers,2002).

Table1. Laketrophicstatesandclassificationrangesfortrophic
stateindex,totalphosphorus,secchi-disktransparency,and
chlorophylla.

[BasedonMichiganDepartmentofEnvironmentalQualityreport(1982)and
modifiedbytheStateofMichigantoaccountforregionalcharacteristics.TSI,
TrophicStateIndex;SDT,secchi-disktransparency;Chl-a,Chlorophylla;TP,
TotalPhosphorus;ft,feet;µg/L,microgramsperliter]

Laketrophic
condition

Carlson
TSI

SDT
(ft)

Chl-a
(µg/L)

TP
(µg/L)

Oligotrophic <38 >15 <2.2 <10

Mesotrophic 38–48 7.5–15 2.2–6 10–20

Eutrophic 49–61 3–7.4 6.1–22 20.1–50

Hypereutrophic >61 <3 >22 >50

TSITP 14.41∗ ln TP milligrams per liter( ) 4.15,+=

TSISDT 60 14.41∗ ln SDT meters( ),–=

(1)

(2)

and

TSICHL a– 9.81∗ ln Chl a milligrams per liter( ) 30.6 ⋅+–= (3)
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Satelliteshavebeenusedtopredictwatercharacteristics
sincethe1970s.Forexample,theNationalAeronauticsSpace
Administration(NASA)EarthResourcesTechnologySatel-
lite(ERTS-1)wasusedtodetermineanalgalbloominLake
Eriein1972(Strong,1974).NASA’sLandsatsatelliteseries
improvedthespatial,spectral,andradiometricalresolu-
tionsallowingmorewater-qualityparameterstobestudied.
TheideatorelateSDTtosatelliteimagerystartedinthelate
1970sandstudiesinvolvingChl-a,turbidity,andotherwater-
qualitycharacteristicssoonfollowed(Scarpaceandothers,
1979;Lillesandandothers,1983;Verdin,1985;Lathropand
Lillesand,1986;DekkerandPeters,1993;Mayoandoth-
ers,1995;ZilioliandBrivio,1997).Landsatbands1through
4signifyingthevisibleandnearinfraredportionsofthe
electromagneticspectrum,werefoundtocorrelatewellwith
water-qualitycharacteristics(LathropandLillesand,1986).
However,Lathrop(1992)founditdifficulttousethesame
regressionequationtocharacterizethewaterqualityofdiffer-
entlakes.Recentstudiesfoundthat,withimprovedmethods,
itwaspossibletopredictwaterqualityforunsampledlakesby
useofregressionequationsrelatingexistingmeasurementsto
remotelysenseddata(Pulliainenandothers,2001;Kloiberand
others,2002;ThiemannandKaufmann,2002).Thesemost
recentstudiesformthebasisforthisproject.

ImageryusedinthisstudywascollectedbytheLandsat7
EnhancedThematicMapperPlus(ETM+)satellitelaunchedin
1999byNASA.Thesatelliteorbitsatanaltitudeofapproxi-
mately705kmwithasun-synchronous98-degreeinclination
andadescendingequatorialcrossingtimeof10:00a.m.(Wil-
liams,2003).Every16days,thesatellitewillrepeatcover-
ageforeachscenecoincidingwiththeLandsatWorldwide
ReferenceSystem(WRS),whichrecordssatellitescenesintoa
gridreferencesystemmadeupof233pathsand248rows.The
Landsat7ETM+sensorcollectsinformationinninebands,
distinctportionsoftheelectromagneticspectrum.Bands1,2,
3,4,and8aresensedwithinaspectralrangebetween0.4and
1µm.Bands1,2,and3correspondtothevisiblespectrum
ofblue,green,andred,andband4isinfrared;together,these
bandsspanthespectralrangeof0.45to0.90µm.Bands5and
7areshort-wavelengthinfraredbandssensedwithinaspectral
rangebetween1and3µm.Bands6aand6barethermallong
wavelengthssensedwithinaspectralrangebetween8and
12µm.Band8isthepanchromaticbandthatcombinesbands
2,3,and4withaspectralrangeof0.52to0.90µm(Williams,
2003).Dataarereportedindigitalnumbersas8-bitintegers,
rangingfrom1to256.

Severaldistortionfactorsaffectsatelliteimagery.These
factorsincludegeometricdistortionsthataretheresultof
smallimprecisionsinmaneuveringthesensor;radiometric
distortionsthatarisefromsmalldifferencesinthecalibration
ofthesensorandgeometryoftheearth,sun,andsatellite;and
atmosphericdistortionsthatarisefromscatteringoflightby
moistureandparticulatesintheatmosphere.However,proce-

dureshavebeendevelopedtohelpcorrectforthesefactors.
Geometricandradiometriccorrectionscanbemadewithlittle
ornofielddata.However,moststudiesofthisscopesuggest
thattheimageryshouldbegeometrically,radiometrically,and
atmosphericallycorrected(Brivioandothers,2001;Zilioliand
Brivio,1997;Kloiberandothers,2002).

AvarietyofequationsrelatingsatelliteimagerytoSTD
havebeentestedindifferentsettingsandwithdifferentsen-
sors.ResearchersthatuseimageryfromtheLandsat7ETM+
satellite(Kloiberandothers,2002)havegenerallyusedthe
followingequation:

Thevariablesa,b,andcareempiricallyderivedcoefficients
fromtheregressionequation.

Nelsonandothers(2002)usedrawdigitalnumbersfrom
theimagesandtheregressionequationidentifiedinKloiber
andothers(2002)toestimateSDTforlakesinLowerMichi-
gan.Kloiberandothers(2002)reportedpredictionswith
R2valuesbetween0.72and0.93.Nelsonandothers(2002)
achievedanR2ofonly0.43forLandsatETM+scenesinpath
21,rows29,30,and31.Wiangwang(2002)usedthesame
imageryandfielddataasNelsonandothers(2002)butradio-
metricallycorrectedtheimagesbeforedeterminingregression
equations.Thistypeofcorrectionistermed“TopofAtmo-
sphere”(TOA)reflectancebecause,althoughitaccountsfor
differencesinilluminationangleandsensorperformance,it
doesnotadjustforhazeordiffusionwithintheatmosphere.
TheR2valueusingSDTandLandsat7ETM+TOAcorrected
imageryforpath21,rows29,30,and31was0.558(Wiang-
wong,2002).Thisresultsuggeststhatafullatmospheric-cor-
rectionoftheimagerycouldintheoryfurtherimprovetheR2
values.Thecombinationofallofthesetechniquesinthesame
casestudyshouldimprovetheregressionequations,andthus
leadtobettermethodologytoestimatewaterqualityfrom
satelliteimagery.

StudyArea

ThestudyareawasdeterminedbythelocationofLWQA
samplingplannedforthe2002wateryear(the2002wateryear
wasaportionoftheinlandlakeschosentobesampledfrom
10outofthe45basinsinMichigan).Mostmeasurements
fellwithinfiveLandsat7ETM+satellitescenescoveringthe
majorityofLowerMichigan.Thelocationsofthesatellite
scenesandthelakeswithcollectedSDTmeasurementswithin
awindowofplusorminus7daysoftheimageryacquisition,
areshowninfigure1.

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= . (4)

Introduction  3



Figure1. Secchi-disktransparencyandchlorophyllasamplelocations,Michigan,August2002.
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Methods
ThegeneralprocesstopredictSDTandChl-ameasure-

mentsfromsatelliteimageryinvolvesseveralsteps.First,
fielddatamustbeobtainedanddigitized.Second,cloud-free
satelliteimageryfromapproximatelythesamedateasthefield
datacollectionmustbeobtained.Third,theimagerymustbe
correctedtocompensateforgeometric,radiometric,andatmo-
sphericdistortionsintheimagery.Fourth,thefielddatamust
becomparedtotheimagerythroughthecreationofAreasof
Interest(AOI)withinthesatelliteimage.Fifth,aregression
modelmustbedevelopedforeachscenetorelatethefielddata
tothespectraldatacollectedineachAOI.Finally,theregres-
sionequationmustbeappliedtoalllakesover25acresinthe
satellitescene,topredictthewater-qualitycharacteristicsat
unmeasuredlocations.

FieldDataCollectionandPreprocessing

USGSscientistsandcommunityvolunteersfromthe
CLMProutinelymeasureSDTinvariouslakesinMichigan.
Asecchidiskisacommontoolformeasuringtheoverall
clarityofwater.TheSecchidiskisan8-in.diametercircular
diskpaintedblackandwhiteinalternatingquadrants.Thedisk
isloweredintothewater,andthedepthatwhichthediskis
nolongervisibleiscalledthesecchidepth.Chl-a,TP,several
formsofnitrogen,andmajorionsarealsomeasuredatUSGS
samplesites.SamplesfromboththeCLMPandUSGSwere
usedfromthemonthsofAugustandSeptember2002.This
late-summerindexperiod,whenalakeisatthemaximum
biologicalproductivity,wasfoundtobethebestperiodfor
relatingSDTandChl-asamplestosatelliteimagery(Kloiber
andothers,2000).

USGSmeasurementswerereferencedbycoordinates
obtainedfromtheGlobalPositioningSystem(GPS)andwere
usedtocreateashapefile.AshapefileisthefileformatArcGIS
softwareusestostorethelocation,shape,andattributeinfor-
mation.TheSDTmeasurementsfromCLMPwererecorded
onpaperanddidnotincludeprecisecoordinatesforthemea-
surements;however,abathymetricmapforeachlakemarked
intheapproximatelocationforeachmeasurement.Withthis
information,anothershapefilewasmadebymanuallydigitiz-
ingthecorrectlocationforalldatawithinthelakes.

VolunteerSDTmeasurementshavebeenstudiedand
proventobecomparablewiththosemadebyprofessionals
(Canfieldandothers,2002;Obrechtandothers,1998).How-
ever,carefulconsiderationwasinvolvedinchoosingwhich
CLMPSDTmeasurementswereusedinthisstudy.Only
measurementsthatwereclearlymarkedonattachedbathymet-
ricmapsweredigitized.Somevolunteerdatawereexcluded
wheremultiplemeasurementsweremadeinasinglelake
(onlyonemeasurementperlakewaschosenwithinthedeepest
basin)andwhenthelocationofmeasurementscouldnotbe
determinedfromthepublishedbathymetricmaps.

Onlymeasurementscollectedwithin7daysofanimage
acquisitiondatewereused.Thisrestrictionwasshownto
producethebestresultsinpredictiveSDTmodels(Kloiber
andothers,2002).Thefinalexclusionsforallmeasurements
weredependentuponthesatelliteimagery.Measurements
whencloudsorcloudshadowscoveredthelakeormeasure-
mentlocationwereexcluded.Cloudsandshadowsarelimiting
factorsandarethereasonimageryshouldbechosenonclear
satelliteoverpassdays.(Forasummaryofsamplenumbersper
scenerefertotable4.)

SatelliteImageryAcquisitionandPreprocessing

FiveLandsat7ETM+sceneswerepurchasedfromthe
TropicalRainForestInformationCenter,amemberofNASA
FederationofEarthScienceInformationPartnersattheCenter
forGlobalChangeandEarthObservations,MichiganState
University.Thescenesfrompath20,rows30and31,andpath
21,rows29,30,and31werechosenbecausetheyhadmini-
malcloudcoverandwereacquiredclosesttothedateswhen
themeasurementswerecollected.Forreference,seefigure1,
whichdepictssatellitescenelocationswiththeplacementof
SDTandChl-ameasurements.

Thedataarrivedwithageometricsystematiccorrection,
whichhelpedensurethattheimagecellswouldcorrespondto
thedata-collectionpointsascloselyaspossible.Thesys-
tematiccorrectionreferstothetypeofgeometriccorrection.
“Theendresultisageometricallyrectifiedproductfreefrom
distortionsrelatedtothesensor(e.g.jitter,viewangleeffects),
satellite(e.g.attitudedeviationsfromnominal),andearth(e.g.
rotation,curvature)”(NationalAeronauticsSpaceAdministra-
tion,2003).However,thegeometriccorrectiondidnotuse
ground-controlpointstoensurecompletegeodeticaccuracy,
andNASAonlyclaimedresidualerrorto250minflatterrain
atsealevel.WheneachimagewascomparedwiththeMichi-
gantransportationframeworkdevelopedbytheMichigan
CenterforGeographicInformation,however,itwasfoundto
beaccuratetowithin2cells,orabout60m.

Thesatelliteimagerywasalsoradiometricallycorrected
byuseofaradiativetransfermodel.Radiometriccorrections
areneededbecausethebrightnessofeachpixelinasatellite
imageis“affectedbysunangle,atmosphericinterference,
changesindetectorresponse,andnumerousotherfactors”
(Kloiberandothers,2002).Theatmospheric-correction
methodusedwasMODTRAN4,releasedbytheAirForce
ResearchLab,SpaceVehiclesDirectorate,inMarch1999.
Thismodelisanatmosphericradiativetransfercodeandalgo-
rithm(Hoke,1999).

Atmospheric-Correction

Totestwhetheratmosphericallycorrectingtheimagery
wouldachievebetterfitregressionequations,path21,rows29,
30,and31wereatmosphericallycorrected.Theatmospheric
correctionmodelMODTRAN4(Hoke,1999)wasused.Each
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satellitescenewasrunseventimesthroughthemodel,keeping
allparametersconstantforeachsceneexceptthesurfaceper-
centreflectance,whichstartedat0.1andincreasedto0.7.The
differentsurfacepercentreflectanceswereusedtoconstruct
regressionequationsthataccountedforatmosphericscatter-
ingofbothincomingsolarradiationandoutgoingreflected
radiation.Theresultswereequationsdescribingtherelation
betweenreflectedradiationandradiationmeasuredatthesen-
sor.Theseequationswerethenappliedtotheircorresponding
bandstoatmosphericallycorrecttheimagery.Theinputsare
listedintable2.Theoutputslopeandinterceptcoefficients
foreachbandwereusedinanErdasIMAGINEmodel(Erdas
Inc,2001)tobuildtheequationstocomputeatmospheri-
callycorrectedimages.Theequationstakeintoaccountthat
shorterwavelengths,suchasband1,scattermorethanlonger
wavelengths,suchasband5.Thevaluesforallbandsgener-
allyincreasewiththiscorrection,butband1showsthemost
increaseandband5,theleast.Typicalchangebetweenthe
TOAreflectancevaluesandtheresultingatmospheric-correc-
tionvaluesforLakeLansinginInghamCountyareshownin
figure2.

Figure2. Radiometric-correction(topofatmosphere)reflectancevaluescomparedtoatmo-
spheric-correctionvalues,LakeLansing,InghamCounty,Mich.

Table2. MODTRAN4atmospheric-correctionparameters
andinput.

[km,kilometers]

Parameter Input

Surfacepercentreflectance 0.1to0.7

Atmosphericmodel Midlatitudesummer

Aerosolmodel
Ruralextinction(default

visibility=23km)

Season Spring-summer

Visibility 23km

Dayofyear Dependentuponsatellitescene

Latitudeandlongitude
Varieddependingoncenterof

satellitescene
Greenwichmeantimeof

imageacquisition
1430

6  PredictingWaterQualityforMichiganInlandLakes,August2002
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TheequationdevelopedbyKloiberandothers(2000):

wasappliedtoeachTOAandatmosphericallycorrectedscene.
Thevariablesa,b,andcwerederivedcoefficientsfromthe
regressionequation.Inanefforttoimprovethegoodnessoffit
forthemodel,variouscombinationsofbandsweretested.For
theKloiber(2000)equation,TOAandatmosphericallycor-
rectedR2valueswerecompared.Anew,alternativeequation
alsowasdevelopedduringtheproject.Forthenewalternative
equation,

TOAandatmosphericallycorrectedR2valueswerecompared.
Totestwhethertherewasastatisticallysignificantdifference
betweentheR2values,Fisher’sTransformationwasused:

Intheequation,r1andr2representthetwoR2valuesthatwere
beingtested,lnreferstobaseeandnreferstothenumberof
samples.TheresultsofFisher’sTransformationhadtosurpass
1.96fora95-percentconfidenceinterval.Thistestwasalso
usedtodeterminewhethertherewasanydifferencebetween
thetwoequationstocomputeTSIfromthepredictednatu-
rallogofSDTandtotestwhethertherewasanydifference
betweenusingtheTOAoratmosphericallycorrectedscenes
frompath21.

StepwiseRegressionEquationsfor
Chlorophylla

Toidentifythebest-fitregressionequationforpredict-
ingChl-a,astepwiseregressionwasused.Inthisprocessthe
naturallogofmeasuredChl-aandvariouscombinationsof
bandswereusedinfourseparatetrialstodeterminethebands
orcombinationsofbandswiththebestcoefficients.Foralist
ofthevariablestested,refertotable4.

RelatingFieldDatatoSatelliteImagery

AreaofInterestCreation
Thesixshapefilesthatwerecreatedcorrespondingtothe

SDTandChl-ameasurementsforeachscenewereopened
ontopoftheappropriatesatellitesceneinErdasIMAGINE.
AreasofInterest(AOIs)weredigitizedaroundtheSDT
measurementsforfivescenes,andChl-ameasurementsfor
onescene.Anareawasdrawnaroundeachmeasurementto
includepixelssurroundingthemeasurementstohelpsmooth
radiometricnoise.TheAOIsizesdependedonthesizeofthe
lakebutwerebetweentheminimumof8pixelsandthemaxi-
mumof1,000pixelssetbyOlmansonandothers(2001).The
smallestAOIwas8pixels,themeanwas12pixels,andthe
maximumwas33pixels.

OncealltheAOIsweredrawnaroundmeasurements
withinasatellitescene,eachonewasaddedtothesignature
fileandtheminimum,maximum,standarddeviation,and
meanvalueforeachbandwithintheAOIwascomputed.
Theseresultswerethenexportedintoadatafileformatfor
furthercalculation.Resultsforthemeasurementvalueswithin
thecorrespondingAOIscanbefoundinAppendixA.

Water-OnlyImagery
AfewstepswereperformedinErdasIMAGINEto

extractpixelsineachimagethatwouldcorrespondtoan
inlandlakegreaterthan25acres.First,anunsupervisedclassi-
ficationidentifiedthewaterpixels(30-mcells).Next,thepix-
elsweregroupedintocontiguousbodiesofwatertoidentify
theinlandlakesthatweregreaterthan25acresor125pixels.
Finally,thepixelsthatcorrespondedtoaninlandlakegreater
than25acreswerecodedtoavalueof1,withallotherpixels
codedtoano-datavaluetocompletethewater-onlyimages.

RegressionEquationsandTestsofSignificance
forSecchi-DiskTransparency

Inpreparationforregressionanalysis,theband1/band3
ratio,thenaturallogofSDT(inmeters)werecomputed.The
datawerethentransferredintoS-Plus2000(DataAnalysis
ProductsDivision,1999)formultipleregressioncalculations
basedonsceneandtypeofmeasurement.(Thecombinations
usedintheregressionequationsarelistedintable3).

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= , (5)

ln SDT( ) a band1( ) b band2( ) c band3( ) d+ + += , (6)

Z 0.5∗ ln 1 r1+( ) 1 r1–( )⁄[ ]{ }(
0.5∗ ln 1 r2+( ) 1 r2–( )⁄[ ]{ }) SQRT⁄ 1 n 3–( )⁄[ ]

–= . (7)
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Table3. R2valuesandFisher’sTransformationsignificancetestsusedtocompute
trophicstateindexforMichigan’sinlandlakesfrompredictedsecchi-disk
transparency.

[ln,naturallog;ETM+,EnhancedThematicMapperPlus;TOA,Radiometric-correctionvaluesof
TopofAtmosphereReflectance;ATM,Atmospheric-Correction;R2,RSquared;Eq,equation;
�†,Nottested]

Equation1 Independentvariable:ln(secchidepthinmeters)

Secchi-disktransparency Dependentvariables:band1/band3,andband1

Landsat7ETM+scenes Samples TOAR2 ATMR2

path20,row30 15 0.5075 †

path20,row31 13 .3003 †

path21,row29 28 .6640 0.6737

path21,row30 29 .7995 .7995

path21,row31 25 .6014 .6072

Equation2 Independentvariable:ln(secchidepthinmeters)

Secchi-disktransparency Dependentvariables:band1,band2,band3

Landsat7ETM+scenes Samples TOAR2 ATMR2

path20,row30 15 0.7190 †

path20,row31 13 .6659 †

path21,row29 28 .7824 0.7875

path21,row30 29 .7964 .7964

path21,row31 25 .6058 .6101

Fisher’sTransformation:R2Equation1andEquation2,R2TOAandATM(>1.96=significant)

Secchi-disktransparency
Samples Eq1&Eq2TOA Eq1&Eq2ATM Eq1TOA&ATM Eq2TOA&ATM

Landsat7ETM+scenes

path20,row30 15 1.199 † † †

path20,row31 13 1.637 † † †

path21,row29 28 1.233 1.212 0.065 0.086

path21,row30 29 .043 .043 .000 .000

path21,row31 25 .032 .022 .032 .043

8  PredictingWaterQualityforMichiganInlandLakes,August2002



Results

ComparisonofTopofAtmosphereReflection
andAtmospheric-CorrectionUsingSecchi-Disk
Transparency

Aninitialexpectationforthisprojectwasthatuseof
atmosphericallycorrectedimageswouldproducehigherR2
valuesthanuseoftheradiometricallycorrectedimages.How-
ever,theR2resultswerenotsignificantlydifferent.Insome
cases,theatmospheric-correctionproducedslightlyhigherR2
valuesthantheradiometric-correctionandinothersproduced
slightlylowerR2values(thesedifferencesintheR2values
wereonlyinthehundredths).

WhenFisher’sTransformationwasusedtotestforthe
differencebetweenR2valuesfortheatmosphericallycorrected
imageryandR2valuesfortheradiometricallycorrectedimag-
ery(testedontheR2valuesresultingfrombothregression
equations),thevaluesforeachscenerangedbetween0.000
and0.086.Therefore,imageryatmosphericallycorrectedby
useofMODTRAN4didnotproduceabetter-fitequation
orstatisticallyhigherR2valuesthandidtheradiometrically
correctedimagery.Theresultfromthistestwasthatatmo-
sphericallycorrectedimagerywasnotnecessary,andthat
radiometricallycorrectedimagerywouldbeusedtocompute
TSIvaluesinthisreport.TheR2valuesfromatmospherically
correctedimageryorradiometricallycorrectedimageryfor
eitherregressionequationarelistedintable3.

PredictionofSecchi-DiskTransparencybyUse
ofTwoDifferentRegressionEquations

IncomparisonofresultsfortheequationofKloiberand
others(2002),

andthealternativeregressionequationthatwasderivedand
testedduringtheproject,

thealternativeregressionequationproducedabetter-fitequa-
tionandreturnedhigherR2valuesforfourofthefivescenes
withverylittledifferenceinvaluesforthefifthscene.Figure
3showsthepredictedandactualSDTforpath21,row30,

(whichreturnedthehighestR2value),andforpath21,row31,
(whichproducedthelowestR2value).

WhenFisher’sTransformationwasusedtotestfordiffer-
encesbetweenR2valuesforthealternativeregressionequation
andR2valuesfromthefirstequation(testedontheR2values
resultingfromtheatmosphericallycorrectedimagery,andthe
radiometricallycorrectedimagery),thevaluesforeachscene
werebetween0.022and1.637.Foreachscene,thealternative
regressionequationhadahigherR2value,butthedifference
wasnotstatisticallysignificant(table4).Becausethealter-
nativeregressionequationimprovedtheR2valuesformost
scenes,itwassubstantiallyusedtopredictSDTforcomputing
TSIvaluesforlakeswithintheimagery.ThecomputedTSI
valuesforalllakeswithinthesatelliteimageryareshownon
figure4.

Table4. StepwiseregressiontrialsandR2valuestopredict
trophicstateindexfromchlorophylla.

[TM,LandsatETM+band;R2,R-squared;*,LandsatETM+satellitebands
usedforregressionineachtrial;--,LandsatETM+satellitebandsnotused]

Stepwiseregressiontrials

Trial1
Bestcoef-

ficients
Trial2

Bestcoef-
ficients

TM1 -- TM4/TM3 --

TM2 * TM2/TM3 --

TM3 * TM2-TM3 --

TM4 -- TM1/TM2 --

TM5 -- TM3/TM1 *

TM7 * R2value 0.6341

R2value 0.8101

Trial3
Bestcoef-

ficients
Trial4

Bestcoef-
ficients

(TM2+TM3)/TM2 -- TM2 --

TM22 -- TM3 *

TM32 * TM7 *

(TM1+TM2)/2 -- TM3/TM1 --

(TM1+TM3)/2 * TM32 --

TM3/TM4 -- (TM1+TM3)/2 *

R2value 0.6592 R2value 0.8045

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= , (8)

ln SDT( ) a band1( ) b band2( ) c band3( ) d+ + += , (9)
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TrophicStateIndexComputationfromPredicted
ChlorophyllaMeasurements

Inthestepwiseregressionusedtoidentifyanequationfor
relatingthenaturallogofChl-atosatelliteimagery,thecom-
binationofband2(Green),band3(Red),andband7(short
waveinfrared)producedthehighestR2values:

TheresultingR2valueforpredictingChl-ameasurementsfor
path21,row29was0.81.Figure5showspredictedvaluesand
actualChl-avalues,figure6showsthecomputedTSIresults
frompredictedChl-a,andtable3listsdetailsofthestepwise
regressionvariablesandresults.

SummaryandConclusions
TheUSGSandMDEQhavebeencooperativelymonitor-

ingthequalityofinlandlakesinMichiganthroughtheLake
WaterQualityAssessment(LWQA)monitoringprogram
fundedbytheCleanMichiganInitiative.TheLWQAand
MDEQCooperativeLakesMonitoringProgrammonitorwater
qualityforselectedinlandlakeseachyear.SinceMichigan
hasmanyinlandlakes,itisimpossibletophysicallycollect
thenecessarydatatocomputeTSIvaluesforallinlandlakes.
Remotesensingisaneffectiveandeconomicaltooltoenhance
thevalueofconventionalsamplingdatabyproducingregres-
sionequationstopredictSDTandChl-ameasurementsfrom
satelliteimagery.FromthesepredictionsofSDTandChl-a,
TSIvaluescanbecomputedformostofMichigan’sinland
lakes.

ln Chl a–( ) a band2( ) b band3( ) c band7( ) d+ + += . (10)

Figure3. Predictedandactualsecchi-disktransparencyfor(A)path21,row30,and(B)path21,row31.

10 Predicting Water Quality for Michigan Inland Lakes, August 2002
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Figure4. Computedtrophicstateindexfrompredictedsecchi-disktransparency,August2002.
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TrophicStateIndexComputationfromPredicted
ChlorophyllaMeasurements

Inthestepwiseregressionusedtoidentifyanequationfor
relatingthenaturallogofChl-atosatelliteimagery,thecom-
binationofband2(Green),band3(Red),andband7(short
waveinfrared)producedthehighestR2values:

TheresultingR2valueforpredictingChl-ameasurementsfor
path21,row29was0.81.Figure5showspredictedvaluesand
actualChl-avalues,figure6showsthecomputedTSIresults
frompredictedChl-a,andtable3listsdetailsofthestepwise
regressionvariablesandresults.

SummaryandConclusions
TheUSGSandMDEQhavebeencooperativelymonitor-

ingthequalityofinlandlakesinMichiganthroughtheLake
WaterQualityAssessment(LWQA)monitoringprogram
fundedbytheCleanMichiganInitiative.TheLWQAand
MDEQCooperativeLakesMonitoringProgrammonitorwater
qualityforselectedinlandlakeseachyear.SinceMichigan
hasmanyinlandlakes,itisimpossibletophysicallycollect
thenecessarydatatocomputeTSIvaluesforallinlandlakes.
Remotesensingisaneffectiveandeconomicaltooltoenhance
thevalueofconventionalsamplingdatabyproducingregres-
sionequationstopredictSDTandChl-ameasurementsfrom
satelliteimagery.FromthesepredictionsofSDTandChl-a,
TSIvaluescanbecomputedformostofMichigan’sinland
lakes.

ln Chl a–( ) a band2( ) b band3( ) c band7( ) d+ + += . (10)

Figure3. Predictedandactualsecchi-disktransparencyfor(A)path21,row30,and(B)path21,row31.
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Figure4. Computedtrophicstateindexfrompredictedsecchi-disktransparency,August2002.
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Thisstudyfocusedon5Landsat7ETM+satellitescenes
withinMichigan,87SDTmeasurements,and12Chl-amea-
surementstofindthebestmethodsofpredictingTSIvaluesfor
inlandlakes.Aspartofthestudy,atmosphericallycorrected
imagesweretestedagainstradiometricallycorrectedimagesto
determinewhethertheatmosphericcorrectionswouldsignifi-
cantlyimprovethepredictionofSDT.Differencesbetween
theR2values,forthetwosetsofimagesweresmallandnot
statisticallysignificant.

Asecondpartofthestudywastotestwaswhetheran
alternativeregressionequationwouldfittheSDTdatabetter
andproducehigherR2valuesthanapreviouslypublished
equationfromKloiberandothers(2000).

ThisequationproducedR2valuesrangingfrom0.30to0.80.
Analternativeequationwasfoundtoproduceabettercorrela-
tionandhigherR2valuesrangingfrom0.61to0.80.

TheimprovementinR2valueswasnotstatisticallysignifi-
cantbutitwasadoptedforsubsequentpredictionofSDTon
accountofthehigherR2values.

Finally,astepwiseregressionwasusedtodeterminethe
best-fitequationbetweenexistingChl-ameasurementsand
variousbandswithinthesatelliteimagery.Thisequationwas
developedforpath21,row29becausethatwastheonlyscene
withChl-ameasurementswithinplusorminus7daysofthe
acquiringtheimagery.Theresultofthestepwiseregression
wasaregressionequationthatproducedanR2valueof0.81.

InadditiontoprovidingTSIestimatesinunsampledlakes,
remote-sensingtechniquesprovideacost-effectivemeansof
measuringbothchangethroughtimeandvariabilityofwater
qualitywithinalake.AlthoughTSIderivedfromsatellite
imageryisonlyanestimateofwhattheactualfieldsampled
valuemightbe,thecostperlakeisdramaticallylowercom-
paredtosampling.Byusingthehigh-qualitymeasurements
fromtheLWQAandCLMPprograms,estimatescanbemade
forentireLandsatscenesforapproximately10percentthe
costoffieldsampling.Operatingboththefieldprogramand

Figure5. Predictedandactualchlorophyllaforpath21,row29.

ln SDT( ) a band1 band3⁄( ) b band1( ) c++= , (8)

ln Chl a–( ) a band2( ) b band3( ) c band7( ) d+ + += . (10)

ln SDT( ) a band1( ) b band2( ) c band3( ) d+ + += , (9)
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Figure6. ComputedtrophicstateindexfrompredictedchlorophyllaforLandsat7ETM+path21,row29,
August2002.
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theremotesensingprogramwillprovidespatiallycontinuous
estimatesofTSIforalllakes25acresorlargerinsizeacross
Michigan,notjustthoseselectedformonitoring,andwill
increasetemporalcoveragebecausesatellite-basedestimates
canbemadeforthesamelakesonanannualorsemiannual
basis.
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path20,row30TOAMDEQCLMP
LakeNepessing 77 73.9870 48.8961 36.5325 17.4935 12.3507 2.0252 10.00 3.05 1.114

Baseline 57 65.5263 42.3509 31.0702 14.0526 11.3158 2.1090 11.50 3.51 1.254

Bass 37 69.3243 48.1351 33.0540 14.2432 11.6216 2.0973 9.83 3.00 1.097

EastCrooked 50 67.0200 43.3600 31.7600 14.3400 11.9400 2.1102 10.00 3.05 1.114

WestCrooked 26 66.0385 42.6154 31.7692 14.4231 11.8846 2.0787 6.50 1.98 .684

Ore 48 76.2500 58.8542 38.1250 14.5625 11.9167 2.0000 6.00 1.83 .604

Strawberry 33 68.7273 48.3636 34.9091 14.8182 11.7576 1.9688 6.17 1.88 .632

Zukey 24 75.0417 55.3750 37.2083 14.4583 11.8750 2.0168 8.34 2.54 .933

Green 26 71.8846 47.0000 32.9615 15.8462 12.3077 2.1809 14.00 4.27 1.451

Lakeville 37 73.1892 50.1892 36.8108 17.3243 12.2973 1.9883 12.00 3.66 1.297

Walled 48 70.5208 45.3750 32.9167 14.6250 11.9375 2.1424 17.75 5.41 1.688

WhiteLake 22 68.6818 43.2727 31.0454 15.0455 11.8182 2.2123 20.00 6.10 1.808

Byram 18 70.2778 48.8333 34.5556 16.0000 12.4444 2.0338 7.00 2.13 .758

Ponemah 29 69.1724 45.7241 34.2759 15.4483 11.9310 2.0181 8.17 2.49 .912

Lansing 88 78.8182 52.6818 40.4545 20.0909 13.6477 1.9483 10.00 3.05 1.114

path20,row30ATMMDEQCLMP
LakeNepessing 77 120.5974 79.5065 56.0779 26.9740 17.4026 2.1505 10.00 3.05 1.114

Baseline 57 106.5439 68.7895 47.8421 21.1404 16.1754 2.2270 11.50 3.51 1.254

Bass 37 112.7838 78.2162 50.8649 21.5405 16.5405 2.2173 9.83 3.00 1.097

EastCrooked 50 109.0600 70.3000 48.9200 21.6800 16.9600 2.2294 10.00 3.05 1.114

WestCrooked 26 107.4231 69.1539 48.8462 21.8846 16.8462 2.1992 6.50 1.98 .684

Ore 48 124.1875 95.5833 58.4583 22.1250 16.9375 2.1244 6.00 1.83 .604

Strawberry 33 111.9697 78.6364 53.5758 22.6364 16.7273 2.0899 6.17 1.88 .632

Zukey 24 122.3333 89.8750 57.0000 21.9167 16.7917 2.1462 8.34 2.54 .933

Green 26 117.1154 76.2692 50.6923 24.6923 17.3846 2.3103 14.00 4.27 1.451

Lakeville 37 119.3243 81.4865 56.4865 26.6757 17.3243 2.1124 12.00 3.66 1.297

Walled 48 114.8125 73.6250 50.5833 22.2500 16.9167 2.2698 17.75 5.41 1.688

WhiteLake 22 111.7727 70.0909 47.9545 23.0909 16.7727 2.3308 20.00 6.10 1.808

Byram 18 114.5000 79.5000 53.1111 25.0000 17.5000 2.1559 7.00 2.13 .758

Ponemah 29 112.5517 74.2414 52.5517 23.8966 16.9310 2.1417 8.17 2.49 .912

Lansing 88 128.4204 85.4773 62.0909 31.0114 19.2046 2.0683 10.00 3.05 1.114

path20,row31TOAMDEQCLMP
Baseline 57 65.9649 42.7193 31.3684 14.1228 11.4561 2.1029 11.50 3.51 1.254

Bass 37 69.3784 48.2162 33.1351 14.2162 11.7297 2.0938 9.83 3.00 1.097

Coon 15 65.3333 41.5333 31.4667 15.2000 12.5333 2.0763 5.50 1.68 .517

EastCrooked 50 67.0000 43.5200 31.8000 14.4400 11.9800 2.1069 10.00 3.05 1.114

WestCrooked 26 66.3461 42.7692 31.7692 14.3077 11.8846 2.0884 6.50 1.98 .684

Ore 48 76.3125 58.7917 38.0417 14.5625 11.8542 2.0060 6.00 1.83 .604

Strawberry 33 69.0000 48.4545 35.2121 14.8788 11.7273 1.9595 6.17 1.88 .632

Zukey 24 75.0417 55.2917 36.9167 14.4583 11.8333 2.0327 8.34 2.54 .933
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename

AOIpixels band1 band2 band3 band4 band5
band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path20,row31TOAMDEQCLMP--Continued
Walled 48 70.4375 45.6042 33.3542 14.7917 11.9167 2.1118 17.75 5.41 1.688

Portage 82 65.7927 42.8902 30.5732 13.5488 11.2317 2.1520 13.40 4.08 1.407

Clear 59 67.7966 44.7458 31.2034 15.6441 12.1525 2.1727 9.00 2.74 1.009

Pleasant 24 66.6250 43.8750 32.3333 15.0000 12.0417 2.0606 7.08 2.16 .769

Vineyard 20 77.8000 52.6000 38.4000 18.7500 13.1000 2.0260 10.50 3.20 1.163
path20,row31ATMMDEQCLMP

Baseline 57 109.6316 70.2807 48.3509 21.2807 16.3333 2.2674 11.50 3.51 1.254
Bass 37 114.8378 79.1081 50.9730 21.4595 16.6487 2.2529 9.83 3.00 1.097
Coon 15 108.6000 68.2667 48.4000 23.4000 17.6000 2.2438 5.50 1.68 .517
EastCrooked 50 111.2400 71.5200 49.0400 21.8800 17.0200 2.2683 10.00 3.05 1.114
WestCrooked 26 110.1539 70.3077 48.8846 21.6538 16.8462 2.2533 6.50 1.98 .684

Ore 48 126.4375 96.5000 58.3333 22.1250 16.8542 2.1675 6.00 1.83 .604
Strawberry 33 114.4242 79.4242 54.0303 22.7576 16.6667 2.1178 6.17 1.88 .632
Zukey 24 124.4583 90.7500 56.5833 21.9167 16.7500 2.1996 8.34 2.54 .933
Walled 48 116.7083 74.6458 51.2708 22.6250 16.8958 2.2763 17.75 5.41 1.688
Portage 82 109.2073 70.5122 47.0854 20.5122 16.0976 2.3194 13.40 4.08 1.407

Clear 59 112.4407 73.3729 48.0508 24.2034 17.1525 2.3400 9.00 2.74 1.009
Pleasant 24 110.7083 72.1667 49.8333 23.0000 17.0417 2.2216 7.08 2.16 .769
Vineyard 20 128.9500 86.2500 58.9500 28.7500 18.4000 2.1875 10.50 3.20 1.163

path24,row28TOAUSGSLWQA
Arfelin 18 56.1667 33.5556 23.6111 12.1667 11.2778 2.3788 22.00 6.71 1.903
Witch 19 55.2105 33.1053 24.4737 12.1579 11.6316 2.2559 15.00 4.57 1.520
Horseshoe 16 54.3125 34.2500 24.3750 12.0000 11.0625 2.2282 8.00 2.44 .891
Keewaydin 17 54.1765 32.4706 23.6471 13.4706 11.4706 2.2910 9.00 2.74 1.009
Silver 10 54.4000 32.6000 24.7000 13.0000 11.7000 2.2024 10.00 3.05 1.114

Buck 18 54.9444 34.3889 24.2222 12.0000 11.1111 2.2683 8.00 2.44 .891
Indian 14 56.7857 35.7143 24.2143 11.8571 10.8571 2.3451 15.00 4.57 1.520
Emily 16 55.6250 34.5625 25.9375 12.0625 10.8750 2.1446 8.00 2.44 .891
Ottawa 21 56.9524 34.8571 23.8571 11.4762 10.4286 2.3872 19.00 5.79 1.756

path24,row28ATMUSGSLWQA
Arfelin 18 91.3333 54.6111 36.2222 18.3333 16.1111 2.5215 22.00 6.71 1.903
Witch 19 89.6316 54.0000 37.4211 18.5263 16.5263 2.3952 15.00 4.57 1.520
Horseshoe 16 88.1875 55.6250 37.3125 18.3125 15.7500 2.3635 8.00 2.44 .891
Keewaydin 17 88.0000 52.8824 36.2941 20.5294 16.3529 2.4246 9.00 2.74 1.009
Silver 10 88.4000 52.9000 37.8000 19.8000 16.7000 2.3386 10.00 3.05 1.114

Buck 18 89.2778 55.8889 37.1667 18.1111 16.0000 2.4021 8.00 2.44 .891
Indian 14 92.1429 57.7857 37.0714 17.9286 15.6429 2.4855 15.00 4.57 1.520
Emily 16 90.3125 56.0000 39.5625 18.3125 15.6875 2.2828 8.00 2.44 .891
Ottawa 21 92.5714 56.5238 36.4286 17.4286 14.8571 2.5412 19.00 5.79 1.756

path21,row29TOAUSGSLWQA
Brownlee 15 63.4667 41.6000 29.6000 13.4000 12.6000 2.1441 6.00 1.83 .604
AlconaDamPond 15 59.6000 37.4667 27.5333 13.5333 12.2667 2.1646 15.00 4.57 1.520
Jewell 11 64.7273 43.4545 31.2727 16.0909 13.5455 2.0698 11.00 3.35 1.210
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path21,row29TOAUSGSLWQA--Continued
VanEtten 14 64.2857 46.7143 34.9286 13.9286 11.9286 1.8405 4.00 1.22 0.198
FooteDamPond 14 60.8571 36.5000 27.3571 12.7143 12.0714 2.2245 21.00 6.40 1.856
Shupac 19 63.1053 39.3158 27.0526 14.3158 11.9474 2.3327 26.00 7.92 2.070
WestTwin 18 62.4444 40.3333 27.3333 12.8889 10.7778 2.2846 10.00 3.05 1.114
Dixon 12 64.6667 42.2500 28.1667 15.8333 12.7500 2.2959 16.00 4.88 1.584

Opal 9 63.8889 40.3333 27.0000 14.6667 12.0000 2.3663 12.00 3.66 1.297
K.P. 13 62.0000 38.8462 27.4615 14.3077 12.0000 2.2577 9.00 2.74 1.009
Emerald 12 59.5000 37.4167 26.3333 15.0000 12.3333 2.2595 11.00 3.35 1.210
Heart 12 63.3333 39.9167 27.4167 16.1667 12.7500 2.3100 22.00 6.71 1.903

path21,row29ATMUSGSLWQA
Brownlee 15 101.2667 66.2000 44.7333 20.4000 17.5333 2.2638 6.00 1.83 .604
AlconaDamPond 15 95.0667 59.4000 41.6667 20.5333 17.2667 2.2816 15.00 4.57 1.520
Jewell 11 103.1818 69.0000 47.2727 24.3636 19.0909 2.1827 11.00 3.35 1.210
VanEtten 14 102.6429 74.2857 52.5714 21.0714 16.7143 1.9524 4.00 1.22 .198
FooteDamPond 14 97.1429 57.9286 41.3571 19.2143 16.7143 2.3489 21.00 6.40 1.856

Shupac 19 100.7368 62.5789 40.7895 21.6842 16.6842 2.4697 26.00 7.92 2.070
WestTwin 18 99.7778 64.1667 41.3333 19.5556 14.9444 2.4140 10.00 3.05 1.114
Dixon 12 103.3333 67.0833 42.4167 23.9167 17.9167 2.4361 16.00 4.88 1.584
Opal 9 102.0000 64.3333 40.7778 22.2222 16.8889 2.5014 12.00 3.66 1.297
K.P. 13 99.0769 61.7692 41.5385 21.6154 16.7692 2.3852 9.00 2.74 1.009

Emerald 12 95.0000 59.3333 39.7500 22.8333 17.2500 2.3899 11.00 3.35 1.210
Heart 12 101.1667 63.5833 41.3333 24.5000 18.0000 2.4476 22.00 6.71 1.903

path21,row29TOAMDEQCLMP
Vaughn 27 58.1852 35.2593 25.3704 14.9259 12.2593 2.2934 11.00 3.35 1.210
Jewell 22 64.6818 42.6818 30.7727 15.3636 13.5000 2.1019 9.00 2.74 1.009
Arnold 42 62.0476 38.5714 27.2619 14.7143 12.2143 2.2760 15.00 4.57 1.520
LakeMargrethe 91 64.5824 40.4725 27.6923 12.6154 11.0000 2.3321 12.00 3.66 1.297
Sage 42 58.7857 36.3333 25.9762 12.6190 11.1667 2.2631 12.50 3.81 1.338

North 21 59.7619 37.4286 26.7619 14.4286 12.4762 2.2331 14.00 4.27 1.451
LakeGeorge 17 62.1765 39.2941 28.1765 16.0588 12.4706 2.2067 10.00 3.05 1.114
Shingle 15 62.4667 39.2000 28.8000 16.2667 13.2000 2.1690 11.00 3.35 1.210
Chain 12 58.3333 36.7500 25.9167 13.8333 12.3333 2.2508 12.00 3.66 1.297
Cub 21 65.2857 41.2381 27.8095 15.1905 12.2381 2.3476 19.00 5.79 1.756

Starvation 25 65.6800 40.4400 28.4000 15.7200 11.9600 2.3127 26.17 7.98 2.077
Avalon 109 67.6606 41.4495 26.7064 13.0917 10.9908 2.5335 25.00 7.62 2.031
EastTwin 83 64.2892 42.5904 29.3012 13.1205 10.8554 2.1941 10.00 3.05 1.114
WestTwin 38 62.4474 40.7105 27.3421 12.5789 10.8421 2.2839 11.00 3.35 1.210
Austin 16 63.6250 39.4375 28.5625 15.5000 12.5000 2.2276 10.00 3.05 1.114

Center 22 66.2273 41.0909 30.2727 18.2727 13.5909 2.1877 18.50 5.64 1.730
Wells 14 63.7857 39.7857 28.2857 15.6429 12.7143 2.2551 17.50 5.33 1.674
StoneLedge 22 65.5455 42.2273 30.9545 16.0455 12.8182 2.1175 8.00 2.44 .891
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path21,row29TOAMDEQCLMP--Continued
Beaver 57 65.2807 43.0000 29.1228 13.4912 11.3158 2.2416 10.00 3.05 1.114
Crooked 16 59.0000 37.0625 25.6875 13.7500 11.9375 2.2968 16.50 5.03 1.615
Hubbard 769 61.1534 38.5176 26.1222 11.0988 10.2263 2.3410 17.00 5.18 1.645
Cedar-Schmidt’sPoint 44 67.8182 51.6364 35.3864 11.8182 10.7045 1.9165 3.42 1.04 .042
Mullett-RedPinePoint 243 66.6872 43.0000 28.9959 12.0000 10.6049 2.2999 15.42 4.70 1.548

Wildwood 16 62.5625 39.1875 28.9375 14.1875 11.8750 2.1620 9.80 2.99 1.094
Lily 20 62.4500 38.3000 28.2000 14.7000 11.8000 2.2145 11.25 3.43 1.232
Bear 42 67.4762 40.8571 27.4048 14.0952 11.4286 2.4622 32.50 9.91 2.293
Indian 17 64.0000 39.8235 27.5294 16.1765 12.5882 2.3248 19.00 5.79 1.756
BigBradford 28 62.8929 39.5714 26.7500 14.1786 11.9286 2.3511 16.00 4.88 1.584

path21,row29ATMMDEQCLMP
Vaughn 27 93.0741 56.1111 38.3704 22.5926 17.0741 2.4257 11.00 3.35 1.210
Jewell 22 103.2273 67.8182 46.4091 23.3636 19.0455 2.2243 9.00 2.74 1.009
Arnold 42 99.1190 61.2857 41.1905 22.4048 17.0714 2.4064 15.00 4.57 1.520
LakeMargrethe 91 103.1319 64.4725 41.8462 19.1978 15.2857 2.4645 12.00 3.66 1.297
Sage 42 93.9762 57.8571 39.3095 19.1905 15.5000 2.3907 12.50 3.81 1.338

North 21 95.3333 59.4286 40.3333 22.0000 17.5714 2.3636 14.00 4.27 1.451
LakeGeorge 17 99.2353 62.4706 42.5294 24.1176 17.4706 2.3333 10.00 3.05 1.114
Shingle 15 99.8000 62.2667 43.4000 24.5333 18.6000 2.2995 11.00 3.35 1.210
Chain 12 93.0833 58.4167 39.2500 21.0000 17.2500 2.3715 12.00 3.66 1.297
Cub 21 104.2381 65.6667 41.9048 23.0476 17.1905 2.4875 19.00 5.79 1.756

Starvation 25 104.7200 64.4800 42.8800 23.7600 16.7600 2.4422 26.17 7.98 2.077
Avalon 109 107.8624 65.9633 40.2385 20.0092 15.2294 2.6806 25.00 7.62 2.031
EastTwin 83 102.6265 67.6024 44.1928 20.0723 15.0723 2.3222 10.00 3.05 1.114
WestTwin 38 99.7105 64.8158 41.2368 19.1053 15.0000 2.4180 11.00 3.35 1.210
Austin 16 101.6250 62.8125 43.1875 23.5000 17.4375 2.3531 10.00 3.05 1.114

Center 22 105.5000 65.4545 45.7273 27.5909 19.1818 2.3072 18.50 5.64 1.730
Wells 14 101.9286 63.3571 42.7143 23.5714 17.6429 2.3863 17.50 5.33 1.674
StoneLedge 22 104.6364 67.0455 46.7273 24.2273 17.9091 2.2393 8.00 2.44 .891
Beaver 57 104.1930 68.2632 43.9474 20.4211 15.6842 2.3709 10.00 3.05 1.114
Crooked 16 94.3125 58.8750 38.8125 20.8125 16.6875 2.4300 16.50 5.03 1.615

Hubbard 769 97.6112 61.1664 39.4421 16.9025 14.2471 2.4748 17.00 5.18 1.645
Cedar-Schmidt’sPoint 44 108.1136 82.2045 53.2955 17.9091 14.8182 2.0286 3.42 1.04 .042
Mullett-RedPinePoint 243 106.2798 68.2798 43.7407 18.2099 14.6914 2.4298 15.42 4.70 1.548
Wildwood 16 99.9375 62.2500 43.7500 21.4375 16.5625 2.2843 9.80 2.99 1.094
Lily 20 99.7000 60.7500 42.5500 22.4000 16.4000 2.3431 11.25 3.43 1.232

Bear 42 107.5952 65.0238 41.3810 21.2381 15.8571 2.6001 32.50 9.91 2.293
Indian 17 102.2941 63.4706 41.5882 24.4118 17.7059 2.4597 19.00 5.79 1.756
BigBradford 28 100.4643 63.0000 40.3929 21.5000 16.7143 2.4872 16.00 4.88 1.584
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path21,row30TOAMDEQCLMP
Lansing 50 65.1600 41.9600 30.3200 13.6200 11.7400 2.1491 10.00 3.05 1.114
Clear 29 64.5862 42.3448 30.3103 14.5172 12.9655 2.1308 9.00 2.74 1.009
Sanford 39 64.8974 40.5897 30.2821 14.8974 11.7692 2.1431 9.50 2.90 1.063
LakeGeorge 16 62.1250 39.6250 27.7500 16.1875 12.3125 2.2387 10.00 3.05 1.114
Shingle 12 62.5833 39.0833 28.7500 16.0000 13.2500 2.1768 11.00 3.35 1.210

Bostwick 54 65.6852 43.8333 29.5741 13.2407 11.2593 2.2210 8.00 2.44 .891
Freska 12 61.9167 39.0000 27.5000 15.6667 12.5000 2.2515 9.00 2.74 1.009
Murray 30 65.1000 42.2667 29.4000 15.2000 12.1667 2.2143 7.50 2.29 .827
Reeds 43 68.0465 48.8605 33.4651 13.5814 11.2791 2.0334 4.10 1.25 .223
Derby 43 64.0698 39.9302 27.1860 14.0465 11.6977 2.3567 18.00 5.49 1.702

Brooks 31 66.8710 48.3871 34.0968 14.5161 11.5484 1.9612 3.50 1.07 .065
Hess 150 68.7667 54.0600 39.0333 13.4133 10.7133 1.7617 3.00 .91 -.089
Robinson 22 62.6818 38.3182 27.5000 14.0000 11.6818 2.2793 11.00 3.35 1.210
Austin 13 63.3077 39.5385 28.5385 15.5385 12.5385 2.2183 10.00 3.05 1.114
Big 43 65.5349 41.7907 30.0465 15.0698 11.7907 2.1811 9.83 3.00 1.097

Wells 13 63.7692 40.1538 28.3846 15.8462 12.5385 2.2466 17.50 5.33 1.674
Hutchins 38 64.8421 41.8947 28.8947 13.3947 11.6053 2.2441 9.00 2.74 1.009
Barlow 16 66.1250 43.0625 27.6875 13.9375 11.6250 2.3883 9.00 2.74 1.009
Jordan 38 65.6842 48.7895 33.1053 13.6579 11.2895 1.9841 5.50 1.68 .517
Lily 31 62.3226 38.4194 27.9032 14.6452 12.0000 2.2335 11.25 3.43 1.232

Camp 31 63.7419 39.4516 27.9032 13.9677 11.6452 2.2844 14.00 4.27 1.451
Blue 23 64.0435 42.0000 29.5217 13.6957 11.3913 2.1694 10.00 3.05 1.114
Round 23 63.9130 40.3043 29.0435 14.4348 12.1304 2.2006 9.00 2.74 1.009
Baldwin 9 63.4444 40.5556 27.8889 14.1111 11.7778 2.2749 8.00 2.44 .891
Clifford 18 62.6667 39.6111 28.6111 14.0000 11.7778 2.1903 15.00 4.57 1.520

IndianLake 40 63.0250 39.6250 28.7250 14.0250 11.3750 2.1941 9.00 2.74 1.009
Bills 29 67.3793 44.4483 28.7241 13.5517 11.4138 2.3457 8.00 2.44 .891
Crystal 63 64.1429 39.1905 27.3016 13.9206 11.7302 2.3494 15.00 4.57 1.520
Indian 21 64.0000 39.9524 27.5238 16.4286 12.6190 2.3253 19.00 5.79 1.756

path21,row30ATMMDEQCLMP
Lansing 50 102.5400 65.7800 45.1800 20.2800 16.3600 2.2696 10.00 3.05 1.114
Clear 29 101.6897 66.3103 45.2414 21.5172 17.9655 2.2477 9.00 2.74 1.009
Sanford 39 102.1795 63.6667 45.2051 22.0513 16.4359 2.2604 9.50 2.90 1.063
LakeGeorge 16 97.8750 62.0000 41.3750 24.1875 17.2500 2.3656 10.00 3.05 1.114
Shingle 12 98.5833 61.3333 42.9167 23.9167 18.2500 2.2971 11.00 3.35 1.210

Bostwick 54 103.3148 68.7593 44.1667 19.5741 15.5741 2.3392 8.00 2.44 .891
Freska 12 97.5833 61.2500 40.9167 23.2500 17.3333 2.3849 9.00 2.74 1.009
Murray 30 102.4000 66.1000 43.9000 22.4333 17.0000 2.3326 7.50 2.29 .827
Reeds 43 107.1860 76.6047 50.0000 20.1628 15.6279 2.1437 4.10 1.25 .223
Derby 43 100.8837 62.6512 40.5581 20.9767 16.3256 2.4874 18.00 5.49 1.702
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path21,row30ATMMDEQCLMP--Continued
Brooks 31 105.0968 75.8387 50.8710 21.5161 16.0323 2.0659 3.50 1.07 0.065
Hess 150 108.2933 84.8267 58.3133 19.8600 14.8000 1.8571 3.00 .91 -.089
Robinson 22 98.7273 60.0909 40.9545 20.8182 16.2273 2.4107 11.00 3.35 1.210
Austin 13 99.6923 62.0000 42.5385 23.0769 17.4615 2.3436 10.00 3.05 1.114
Big 43 103.0233 65.4419 44.8140 22.2791 16.4651 2.2989 9.83 3.00 1.097

Wells 13 100.3846 63.0000 42.1538 23.6154 17.3846 2.3814 17.50 5.33 1.674
Hutchins 38 102.0526 65.5526 43.1053 19.9211 16.2368 2.3675 9.00 2.74 1.009
Barlow 16 103.8750 67.3750 41.1875 20.8750 16.2500 2.5220 9.00 2.74 1.009
Jordan 38 103.3421 76.4474 49.3947 20.2368 15.6842 2.0922 5.50 1.68 .517
Lily 31 98.1613 60.3871 41.5806 21.6452 16.7097 2.3607 11.25 3.43 1.232

Camp 31 100.3871 61.9677 41.6452 20.7097 16.1613 2.4105 14.00 4.27 1.451
Blue 23 100.7391 65.7391 44.0435 20.4348 15.7826 2.2873 10.00 3.05 1.114
Round 23 100.5652 63.1739 43.2174 21.4348 16.9565 2.3270 9.00 2.74 1.009
Baldwin 9 99.8889 63.5556 41.6667 20.7778 16.4444 2.3973 8.00 2.44 .891
Clifford 18 98.6111 62.2222 42.6667 20.7778 16.3333 2.3112 15.00 4.57 1.520

IndianLake 40 99.2750 62.1500 42.9000 20.7500 15.8500 2.3141 9.00 2.74 1.009
Bills 29 105.9655 69.7586 42.8276 20.0690 15.8276 2.4742 8.00 2.44 .891
Crystal 63 100.9683 61.5556 40.6508 20.6984 16.3651 2.4838 15.00 4.57 1.520
Indian 21 100.7143 62.7143 41.0000 24.4286 17.5714 2.4564 19.00 5.79 1.756

path21,row31TOAMDEQCLMP
Randall 55 62.5636 42.0545 30.3091 13.8909 11.6000 2.0642 4.50 1.37 .316
Coldwater 124 63.9597 44.6210 30.1048 13.1774 12.2500 2.1246 6.00 1.83 .604
Birch 68 70.0441 45.0147 28.3824 14.3529 11.7353 2.4679 14.00 4.27 1.451
Diamond 95 66.9263 43.2737 28.2211 13.4842 11.2000 2.3715 10.00 3.05 1.114
Clear 56 64.5357 42.4464 30.1250 14.5000 12.9286 2.1423 9.00 2.74 1.009

Corey 93 67.2258 44.2258 28.3118 13.2043 11.1075 2.3745 9.50 2.90 1.063
Long 16 59.5625 38.5000 28.6250 14.6250 12.6250 2.0808 5.00 1.52 .421
Farwell 22 77.0909 54.6818 30.8636 14.8182 12.8636 2.4978 9.00 2.74 1.009
Vineyard 35 63.6286 43.8571 29.6286 13.4286 11.9143 2.1475 10.50 3.20 1.163
Indian 53 69.4151 50.4340 31.0943 13.2830 11.1509 2.2324 8.00 2.44 .891

Evans 32 59.2813 37.2188 26.0938 13.1250 11.9375 2.2719 18.00 5.49 1.702
Clear.0 46 63.0870 38.8913 27.3478 13.5000 11.7609 2.3068 11.50 3.51 1.254
Cedar 51 63.6667 38.8824 26.8039 13.0980 11.6667 2.3753 17.50 5.33 1.674
Fish 10 62.6000 39.8000 28.1000 14.9000 12.1000 2.2278 10.00 3.05 1.114
LakeoftheWoods 39 63.0769 38.4872 27.3846 13.8974 11.6923 2.3034 12.00 3.66 1.297

Eagle 43 63.2326 38.7674 26.5349 13.4186 11.6047 2.3830 15.50 4.72 1.553
Hutchins 53 65.2830 41.6792 28.8868 13.4151 11.5094 2.2600 9.00 2.74 1.009
Osterhout 30 63.8333 39.8000 27.9333 14.4333 11.9000 2.2852 10.00 3.05 1.114
Christiana 53 64.5094 41.1698 29.3019 14.0189 11.4906 2.2015 5.50 1.68 .517
Juno 90 64.1778 40.2778 29.1111 14.2444 11.4000 2.2046 5.50 1.68 .517
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename AOIpixels band1 band2 band3 band4 band5

band1/
band3

SDT
(ft)

SDT
(m)

ln
(SDTm)

path21,row31TOAMDEQCLMP--Continued
Painter 32 64.2813 39.8438 29.4063 14.8750 12.0313 2.1860 6.00 1.83 0.604
Gourdneck 40 63.1500 38.9750 28.0750 13.4000 11.2500 2.2493 12.00 3.66 1.297
Keeler 45 66.5778 43.2000 30.4444 14.6889 12.7111 2.1869 9.50 2.90 1.063
Reynolds(lower) 16 63.5625 40.3750 28.8125 15.5000 13.1250 2.2061 14.00 4.27 1.451
Reynolds(upper) 27 63.7407 39.5926 27.4444 13.5556 11.4815 2.3225 22.00 6.71 1.903

path21,row31ATMMDEQCLMP
Randall 55 95.5455 64.3273 44.0909 19.9818 15.6727 2.1670 4.50 1.37 .316
Coldwater 124 97.6774 68.1532 43.7419 18.9677 16.6210 2.2330 6.00 1.83 .604
Birch 68 107.2941 68.7353 41.3382 20.7353 15.8382 2.5955 14.00 4.27 1.451
Diamond 95 102.2421 66.1368 41.0421 19.4526 15.0211 2.4912 10.00 3.05 1.114
Clear 56 98.6250 64.9464 43.8750 20.9821 17.5893 2.2479 9.00 2.74 1.009

Corey 93 102.7204 67.5806 41.2258 19.2043 14.9032 2.4917 9.50 2.90 1.063
Long 16 91.0625 58.8750 41.6250 21.1250 17.1875 2.1877 5.00 1.52 .421
Farwell 22 117.8182 83.8182 44.7273 21.5000 17.5000 2.6341 9.00 2.74 1.009
Vineyard 35 97.2286 67.0286 43.1429 19.4286 16.0857 2.2536 10.50 3.20 1.163
Indian 53 106.3019 77.0377 45.1321 19.2264 15.0189 2.3554 8.00 2.44 .891

Evans 32 90.6875 57.0938 37.9063 18.9688 16.0938 2.3924 18.00 5.49 1.702
Clear.0 46 96.4130 59.5652 39.7609 19.5217 15.8913 2.4248 11.50 3.51 1.254
Cedar 51 97.2157 59.5294 38.9020 18.8824 15.8039 2.4990 17.50 5.33 1.674
Fish 10 95.5000 60.9000 40.9000 21.7000 16.5000 2.3350 10.00 3.05 1.114
LakeoftheWoods 39 96.4359 59.0513 39.8205 19.9231 15.6667 2.4218 12.00 3.66 1.297

Eagle 43 96.6047 59.4186 38.5581 19.4186 15.5814 2.5054 15.50 4.72 1.553
Hutchins 53 99.7358 63.8679 42.0566 19.4151 15.5094 2.3715 9.00 2.74 1.009
Osterhout 30 97.5333 60.9667 40.6333 20.8667 16.0333 2.4003 10.00 3.05 1.114
Christiana 53 98.4906 63.0189 42.6604 20.1509 15.4528 2.3087 5.50 1.68 .517
Juno 90 98.0667 61.6556 42.3889 20.5444 15.3778 2.3135 5.50 1.68 .517

Painter 32 98.1875 60.9375 42.7500 21.6563 16.2813 2.2968 6.00 1.83 .604
Gourdneck 40 96.4250 59.7250 40.8500 19.4000 15.0750 2.3605 12.00 3.66 1.297
Keeler 45 101.6889 66.0444 44.3333 21.3333 17.2889 2.2937 9.50 2.90 1.063
Reynolds(lower) 16 97.0000 61.7500 42.0000 22.5625 17.9375 2.3095 14.00 4.27 1.451
Reynolds(upper) 27 97.3333 60.6296 39.9259 19.5926 15.4444 2.4378 22.00 6.71 1.903
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AppendixA. ResultsandcomputationsfromtheAreasofInterestcreatedfromtheLandsat7EnhancedThematicMapperPlus
satellitescenesinLowerMichiganbyuseofradiometricallycorrectedimageryandatmosphericallycorrectedimagery.—Continued
[Abbreviations:AOI,AreaofInterest;ft,feet;m,meters;ln,naturallog;SDT,secchi-disktransparency;TOA,radiometricallycorrectedtopofatmosphere
reflectancevalues;MDEQ,MichiganDepartmentofEnvironmentalQuality;CLMP,CooperativeLakesMonitoringProgram;ATM,atmosphericallycorrected
values;Chl-a,chlorophyll-a;USGS,U.S.GeologicalSurvey;µg/L,microgramsperliter;bandvaluesrecordedindigitalnumbers(0–255)]

Satellitescene/
Lakename

AOIPixels band1 band2 band3 band4 band5 band7
Chl-a
(µg/L)

ln
(Chl-a)

path21,row29USGSChl-a
Brownlee 13 62.92308 41.69231 29.69231 13.30769 12.69231 11.30769 3 1.10
AlconaDamPond 9 59.88889 37.66667 27.11111 13.77778 12.22222 11.11111 1 .00
Jewell 12 64.83333 43.41667 31.16667 16.08333 13.41667 11.66667 2 .69
VanEtten 10 64.30000 47.30000 35.20000 15.60000 12.30000 10.30000 21 3.04
FooteDamPond 13 61.30769 37.38462 26.92308 12.76923 12.38462 10.76923 2 .69

EastTwin 18 65.16667 42.72222 28.77778 12.88889 11.00000 10.22222 4 1.39
Shupac 12 63.75000 39.50000 26.58333 14.50000 12.08333 11.00000 1 .00
WestTwin 13 62.84615 41.69231 28.30769 12.84615 11.07692 9.76923 3 1.10
Dixion 14 65.71429 43.92857 29.21429 15.57143 12.85714 11.07143 1 .00
Opal 11 64.90909 42.00000 27.18182 14.63636 12.18182 10.36364 1 .00

Emerald 8 59.50000 37.37500 26.37500 14.87500 12.50000 10.87500 4 1.39
Heart 9 63.44444 40.22222 27.55556 16.11111 12.88889 10.55556 2 .69
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