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SUMMARY

Sleep complaints are frequent in patients with rheumatoid arthritis (RA) and sleep disturbances may contribute to pain and
other daytime complaints. The aims of the current study were to compare ambulatory sleep recordings from consecutively
selected patients with RA to those obtained in healthy controls, and to study the relationships between sleep structure and
clinical symptoms. Sleep recordings were obtained from 41 out-patients with RA and 19 matched controls. All had clinical
examinations and completed di�erent questionnaires. Recordings were scored traditionally and, moreover, the electroen-
cephalography (EEG) was subjected to frequency analysis. For the study of sleep±wake interactions in the patients, a
graphical chain model was used. The patients had many sleep-related complaints. An increase in the number of periodic
movements of the legs (PML) during sleep was seen in comparison with controls, but otherwise only minor di�erences were
observed in classical sleep stages. Data from frequency analysis showed an increase in alpha (8±12 Hz)-EEG activity in sleep
stages non-rapid eye movement (NREM) 2±4 in most sleep cycles. The statistical model demonstrated a complex but
independent correlation between morning sti�ness, pain and joint tenderness on the one hand, and awakenings, stage
NREM2, slow-wave sleep and stage REM on the other, probably re¯ecting a relationship between sleep patterns and pain in
RA. In conclusion, only the increase in PML and alpha-EEG activity distinguished the sleep in RA patients from that of
healthy controls. However, the demonstrated interaction between daytime complaints and sleep patterns may increase the
understanding and treatment of the disease. In future research, graphical chain models may improve our understanding of
complex relationships between multiple variables.

KEY WORDS: Sleep, Rheumatoid arthritis, Pain, Disease activity, Home monitoring, Graphical chain model, Causal probabil-
istic network.

SLEEP problems are frequent in medical illness [1±4],
and an association between sleep and morbidity, as
well as mortality, has been demonstrated [5, 6]. Pain
especially may be a leading cause of insomnia in
medical patients [4, 7], but on the other hand, disturb-
ances in sleep may also alter the pain threshold [8].
Finally, the disease process per se, as well as medica-
tion, may in¯uence the sleep process [2, 9].
Accordingly, in most studies, sleep disturbances

have been reported by more than half of the patients
with rheumatoid arthritis (RA) [10±13]. As sleep dis-
orders may contribute to various daytime symptoms
such as fatigue, sti�ness and pain [9, 12±17], studies
of sleep may have the potential to increase our know-
ledge of the natural history of the disease. Among
other ®ndings, polysomnographic (PSG) recordings
have documented a high prevalence of sleep frag-
mentation, alpha-electroencephalographic (EEG) ac-
tivity and primary sleep disorders in a limited
number of patients [9, 13±15, 18±20]. In some of
these studies, the subjects selected had either an

exacerbation of the disease [13] or complained of
very early onset of fatigue [15]. Moreover, a control
group was only included in one previous study [9].
Finally, most PSG studies of sleep in RA were based
on recordings obtained in the sleep laboratory.
Under these circumstances, sleep may not be natural,
unless several nights are used for adaptation to the
laboratory. Even then, some subjects may have prob-
lems with sleeping in non-familiar surroundings [21].
To address these problems, the current study was
performed. The aims were 3-fold. Firstly, to compare
the classical sleep stages from recordings obtained at
home in non-selected out-patients with RA to those
from healthy subjects. Secondly, to study sleep micro-
structure using power spectral analysis and, ®nally,
to address sleep/wake interactions using multivariate
statistics based on graphical chain models.

METHODS

Patients and controls
Forty-two consecutive out-patients referred to the

Departments of Rheumatology and Internal
Medicine, Aalborg Hospital, from 1993 to 1995
entered the study. All patients ful®lled the American
Rheumatism Association criteria for RA [22] and the
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study was approved by the local ethics committee. In
one subject, the sleep recording failed due to tech-
nical problems, and the patient did not wish to re-
enter the study. Nineteen age- and sex-matched
healthy subjects served as controls.

Assessments
All patients were classi®ed according to their func-

tional status [23]. A clinical examination was per-
formed on the evening before the sleep recordings.
The number of swollen and tender joints and the
Ritchie Articular Index [24] were calculated. All
tender points normally used in the assessment of
®bromyalgia were palpated. Evaluation of the
duration of morning sti�ness and a three-point
physical activity scale were also completed, and the
erythrocyte sedimentation rate was measured. Mean
daytime sleepiness was measured using a 0±100 mm
visual analogue scale ranging from `no sleepiness' to
`worst imaginable sleepiness', and pain intensity was
assessed on a 1±5 verbal scale [25]. For sleepiness
and pain, the mean of the score on the day the PSG
was performed and the score the following day was
calculated. Finally, the following questionnaires were
completed before the PSG: the modi®ed Stanford
Health Assessment Questionnaire (HAQ) with scores
ranging from 0 (best possible) to 24 (worst possible)
[26], the Danish version of the McGill Pain
Questionnaire (MPQ) [25], a nine-item fatigue scale,
all items with scores ranging from 1 (worst possible)
to 7 (best possible) [27], and the Basic Nordic Sleep
Questionnaire (BNSQ) based on 1 (best possible) to 5
(worst possible) verbal scales [28].

Sleep recordings
All subjects had home PSG recordings performed

on two consecutive nights. As a minimal `®rst night
e�ect' has been demonstrated using the equipment
[29], the ®rst night served as a practice run, and only
data from the second night were stored for further
analysis. The collecting system was designed for
direct sampling of all polygraphic data at the bedside
and its reliability as well as technical speci®cations
have been documented previously [29]. The montage
consisted of two EEG leads (F1±A2, C4±A1),
electro-oculography (EOG) (left eye±A2, right eye±
A2), submental electromyography (EMG), bilateral
anterior tibial EMG and a respiratory belt. All
psychotropic drugs were withdrawn 2 weeks before
the study [30], but otherwise patients were on their
regular medication. Subjects were only allowed to
smoke and drink tea or co�ee until 6 p.m. the same
day. After applying the electrodes, the head box was
disconnected from the main ampli®er and placed in a
belt. The subjects were allowed to move around
freely until their usual bedtime, and they were
instructed how to start the recordings themselves by
pressing a button on the recording system when the
light was turned o�. They were allowed to get out of
bed during the night if necessary and to get up at the

usual time. In the morning, the recordings were
stopped by pressing another button on the system
and subjects removed the electrodes themselves. The
maximum recording time was set at 9� h in case the
computer was not stopped by the patient.

All PSG data were scored manually and blindly
by the same physician in 30 s epochs according to
standard criteria [31]. The Nightingale system (Judex
Datasystems A/S, Aalborg, Denmark) was used for
display of polygraphic signals. The sleep period was
the time from the onset of non-rapid eye movement
(NREM) stage 1 until ®nal awakening. Total sleep
time was de®ned as the time spent in stages
NREM1±4 + rapid-eye-movement (REM) sleep.
Sleep e�ciency was de®ned as total sleep time as a
percentage of sleep period, and slow-wave sleep
(SWS) was NREM3 and 4 combined. Total time
spent in stage wake (Wake) included sleep latency
and all epochs scored as Wake until ®nal awakening.
Arousals were scored according to Bonnet et al. [32].
Apnoeas and hypopnoeas were analysed [33], and leg
movements were detected as increased activity in one
or both tibial EMG channels with or without simul-
taneous arousal [34]. Periodic movements of the
legs (PML) [35] were scored separately. The number
of arousals (Arousal Index), apnoea/hypopnoeas
(Apnoea Index), leg movements (Movement Index)
and PML (PML Index) per hour were calculated. No
attempt was made to score the alpha-EEG visually,
as quanti®cation was performed using frequency
analysis.

Frequency analysis
The F1±A2 derivation was selected for frequency

analysis. This lead has been shown to be the most
stable and noise free in home recordings compared
to the C4±A1 derivation [29]. Epochs labelled as
artefacts, Wake or movement time were discarded
from analysis. The EEG was pre-emphasized 20 dB/
decade to expand the amplitudes at high frequencies
[36], and frequency analysis of the EEG was per-
formed using autoregressive (AR) modelling [37]. The
sleep EEG was divided into ®ve frequency bands,
delta (0.5±3.5 Hz), theta (3.5±8 Hz), alpha (8±12 Hz),
sigma (12±14.5 Hz) and beta (14.5±25 Hz), and for
every 2 s segment of the EEG the distribution of
normalized power was calculated in these ®ve bands
[37]. Finally, the mean power for every 30 s epoch
was computed and the power for all sleep stages
calculated individually. As sleep appears in 4±6 ultra-
dian NREM/REM cycles throughout the night [39],
the analysis was also performed for each sleep cycle.
To compute the total amount of power in the delta
and alpha bands in every sleep cycle, a calculation
was performed where the number of epochs as well
as the density of power were taken into considera-
tion. Therefore, in each sleep cycle, the mean power
in the two bands was multiplied by the number of
epochs in each of the stages NREM2±4 individually
and ®nally summarized to give the total power
normalized for each cycle [38].
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Statistics
Comparison of patients and controls. The variables

were described by the mean and S.D. Data from con-
ventional sleep staging in patients and controls were
compared using t-tests. As mainly sleep stages
NREM2±4 are thought to re¯ect homeostatic pro-
cesses, the distribution of the EEG power in these
stages was calculated using two-way analysis of
variance (ANOVA), where power in the individual
frequency bands entered as the dependent variable
and sleep stage (NREM2±4) and type (patient versus
control) entered as factors.
Relationship between clinical variables. The many

parameters and preliminary statistical analysis indi-
cated a complex relationship between the individual
variables. As no a priori knowledge of the relation-
ship between the variables was given, a model with
only stochastic relationships was a proper choice.
Therefore, a graphical chain model was selected for
®nal analysis and interpretation of data. The graph-
ical chain models [40] have previously been found to
be valuable for discovering and describing structures
in a complex, stochastic system. A graphical model
for discrete variables, i.e. contingency tables, is a
log±linear interaction model that can be represented
by a simple graph with as many points as there are
dimensions in the table. These models can be given
an interpretation in terms of conditional independen-
cies which can be read o� the graph (in the form of a
Markov property). Thus, hypotheses are formulated
about relationships of variables, using points for
variables and lines for each pair of variables having
some relationship. Most importantly, a missing line
corresponds to the conditional independence of the
two variables in case. The computational method had
a multivariate design, where the starting point was a
`full model', i.e. a model with all possible connections
between the variables. To identify a minimal and
unique model, backward elimination and forward
selection were used. Elimination and selection refer
to removing or adding a line during an interactive
process. Whether a line should be removed (or
added) is based on a likelihood ratio test using exact
P values, where the model including the line is tested
against the model without the line. Following the
®rst calculations, a retesting of all variables was
performed where the new information obtained was
included in the model. This testing was carried out
an inde®nite number of times until stability of the
system was reached. If a signi®cant relationship
between variables was reached at a signi®cance level
of 0.05, this was indicated by a line. The line thus
shows a signi®cant relationship between two variables
independent of the multiple relationships between the
others, i.e. a change in one parameter is followed by
a change in the other [41]. Finally, all variables and
the relationships between them were described in a
graphical presentation referred to as the `initial
model'.
As data should be represented by a contingency

table, they were divided into levels dependent on the

actual values if these were discrete. Some values were
merged into one level if there were too few data
within this level to ensure validity of the likelihood-
ratio tests. Continuous variables, however, were
divided into three levels using the 33 and 66% per-
centiles. This reduction was necessary to ensure a
reasonable amount of data for each level of a given
variable. The following parameters were selected for
inclusion in the model: type [RA/N (normal)], sex,
duration of disease, HAQ score, morning sti�ness,
Ritchie and pain scores, erythrocyte sedimentation
rate, fatigue and sleepiness scores, physical activity
score, sleep quality, percentage time spent in stage
Wake, NREM1±4 and REM, number of stage shifts,
Arousal and Movement Index, and normalized power
in the ®ve frequency bands in stage NREM2±4
merged.

In the next step, a subset of variables was selected.
The reason for the reduction was ®rstly that the
initial model was too complex to give any clear inter-
pretation of the data and, secondly, that the amount
of data was too small to ensure a unique model, i.e.
the number of variables has to match the amount of
data. According to the relationships seen in the initial
model and a selection of the variables which have
previously been focused on in sleep/wake inter-
actions, the procedure included the following 15 vari-
ables: type, duration of disease, pain level, Ritchie
score, morning sti�ness, time spent in stage Wake,
NREM2, SWS and REM, number of stage shifts,
Arousal Index and power in delta, theta, alpha and
sigma bands. The relationships between variables in
the re®ned system were computed using the methods
described above. In the presentation of the ®nal
model, a causal probabilistic network (CPN) shell
was implemented (Hugin Expert A/S, Aalborg,
Denmark). Using this shell, routines are available for
the calculation and presentation of marginal densi-
ties, i.e. the percentage distribution within each level
of a given variable [42]. Thus, complex relationships
between sleep/wake interactions could ®nally be
simulated and dynamic examples for the use of the
system presented.

RESULTS

Clinical and demographic data
Forty-one patients with RA completed the study.

These were 11 males and 30 females, mean age 53.2 yr
(13.9). None had other medical diseases or disorders
known to interfere with sleep. The mean duration of
disease was 162 months (114.0) and the mean
Steinbrocker Index was 1.6 (0.8). Erythrocyte sedi-
mentation rate was 22.3 (14.3). The number of
swollen and tender joints was 9.6 (9.0) and 5.8 (6.1),
respectively, and the tender point count was 5 (5.5).
Mean Ritchie score was 14.4 (12.3). Morning sti�ness
was 64.5 min (77.3) and the physical activity score
was 1.6 (0.5). Mean fatigue score was 2.7 (1.3)
and sleepiness score 48.0 (24.9). Mean daytime pain
intensity was 1.8 (1.0) and from the MPQ the Total
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Pain Rating Index was 18.5% (15.6%). The mean
HAQ score was 6.1 (5.0). Medical treatment was
second-line agents in 26 patients, 32 received
analgesics and eight corticosteroids.
Controls were four men and 15 women, mean age

55.5 yr (17.5). All were healthy without any musculo-
skeletal symptoms and they had no complaints of
pain, fatigue, sleepiness, etc.
For the subjective sleep complaints, selected data

from the BNSQ are seen in Table I. Patients with
RA had more di�culty falling asleep and more
frequently felt that they had sleep problems. A
`non-restorative' sleep pattern and more daytime
sleepiness were also seen in the patient group.

Polysomnography
Data from conventional sleep staging are seen in

Table II. There was a tendency towards more stage
shifts (P = 0.07) in the RA group and PML were
more frequent among the patients (P= 0.05), but
otherwise no signi®cant di�erences were seen. When
comparison of time spent in absolute minutes was
made for the sleep stages (data not shown), the
patients spent more time in stage NREM3 (44.8 vs
35.6 min; P= 0.05).

When a subset of 17 patients having active disease
was de®ned (ful®lling three of the following four
criteria: number of swollen joints e3, number of
tender joints e6, duration of morning sti�ness
>45 min and erythrocyte sedimentation rate >28),
no di�erences in PSG parameters were observed
in comparison with those patients having less active
disease (data not shown).

Frequency analysis
In two subjects with RA and in one control,

the technical quality of the recordings did not allow
frequency analysis and they were omitted from the
calculations. The distribution of power in the ®ve

TABLE I

Selected variables from the Basic Nordic Sleep Questionnaire in

which answers are given on a 1±5 verbal scale where 1 represents

no sleep disturbances and 5 means severe sleep problems. Data are

presented as the mean (S.D.)

Rheumatoid
arthritis Controls

Di�culties falling asleep* 2.7 (1.1) 1.7 (1.1)
Sleep latency (min)* 30.5 (23.1) 12.1 (8.8)
Number of awakenings 3.1 (1.0) 2.6 (1.3)
Early awakenings 2.3 (1.4) 2.3 (1.6)
Quality of sleep* 2.7 (0.8) 2.0 (1.0)
Non-restorative sleep* 2.9 (1.4) 1.8 (1.2)
Daytime sleepiness* 3.1 (1.3) 1.4 (0.9)
Mean sleeping time 7.0 (1.3) 7.2 (1.0)
Frequency of naps 3.0 (1.5) 2.0 (1.2)

*P < 0.05, t-test.

TABLE II

Selected sleep parameters in patients with rheumatoid arthritis

and matched healthy controls. Values given as mean (S.D.). For

de®nitions, see the text

Rheumatoid
arthritis Controls

Time in bed (min) 438.2 (81.3) 435.8 (53.5)
Sleep period (min) 431.1 (51.2) 419.5 (56.4)
Total sleep time (min) 402.2 (48.8) 395.1 (63.7)
Sleep e�ciency % 93.6 (7.4) 94.0 (5.3)
Wake % 9.6 (7.8) 8.8 (6.1)
NREM1 % 3.9 (2.6) 4.6 (2.4)
NREM2 % 46.6 (9.5) 48.0 (7.3)
NREM3 % 10.2 (5.2) 8.3 (2.9)
NREM4 % 11.2 (7.4) 12.1 (6.5)
REM % 18.7 (5.9) 18.3 (4.1)

NREM1 latency (min) 15.4 (12.4) 13.1 (9.5)
NREM2 latency (min) 6.1 (8.2) 7.0 (10.9)
NREM3 latency (min) 22.4 (12.5) 24.7 (17.9)
NREM4 latency (min) 50.3 (55.1) 41.3 (48.4)
REM latency (min) 97.0 (32.8) 98.1 (36.4)
No stage shifts 134.3 (143.2) 93.5 (26.2)
Arousal Index 9.1 (4.9) 7.7 (3.6)
Apnoea Index 2.1 (3.9) 1.0 (1.9)
PML Index 10.8 (16.3)* 4.1 (9.0)
Movement Index 7.9 (3.0) 6.7 (3.1)
Wake after sleep onset (min) 29.4 (36.0) 24.9 (20.7)
No. of awakenings > 2 min 3.0 (3.2) 2.4 (2.4)
No. of awakenings < 2 min 10.4 (6.3) 9.5 (3.9)

*P < 0.05, t-test.

TABLE III

Normalized mean power in all frequency bandsÐdelta (0.5±3.5 Hz), theta (3.5±8 Hz), alpha (8±12 Hz), sigma (12±14.5 Hz) and beta

(14.5±25 Hz)Ðin the sleep EEG (F1±A2 derivation) for sleep stages NREM1±4, NREM2±4 merged and REM

Stage delta % theta % alpha % sigma % beta %

NREM1 RA 4.3 (1.5) 10.5 (2.3) 18.6 (5.2) 14.2 (3.4) 52.1 (8.7)
N 5.2 (1.7) 11.6 (3.1) 17.7 (5.6) 13.1 (2.7) 52.4 (10.0)

NREM2 RA 8.2 (2.1) 16.8 (3.3) 23.9 (4.6) 15.3 (3.6) 35.5 (7.8)
N 8.5 (2.4) 16.5 (3.3) 22.4 (4.6) 15.2 (2.9) 37.5 (9.1)

NREM3 RA 12.9 (3.5) 21.9 (3.9) 24.3 (5.0) 12.5 (3.3) 27.8 (6.1)
N 13.2 (2.9) 22.0 (3.5) 22.1 (4.1) 12.2 (1.8) 30.5 (7.7)

NREM4 RA 17.1 (4.8) 24.3 (4.1) 21.8 (5.5) 10.8 (3.3) 27.7 (7.3)
N 17.4 (4.4) 24.5 (4.4) 19.9 (4.2) 10.5 (2.2) 27.7 (8.0)

NREM2±4 RA 10.2 (2.9) 18.8 (3.9) 23.5 (4.3) 14.2 (3.4) 33.0 (8.0)
N 10.7 (3.0) 18.5 (3.8) 21.7 (4.3) 14.0 (2.6) 35.1 (9.0)

REM RA 7.1 (2.1) 14.2 (3.1) 18.3 (4.7) 12.5 (2.8) 47.6 (9.9)
N 7.9 (2.0) 14.8 (3.5) 16.5 (4.4) 10.5 (2.2) 49.3 (10.0)

RA, patients with rheumatoid arthritis; N, normal subjects.
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frequency bands was calculated for a total of
0700 000 2-s epochs (Table III). Patients with RA
had more power in the alpha band in sleep stages
NREM2±4 combined in comparison with controls
(F= 5.6, P= 0.02), but no di�erences in power were
seen in the other frequency bands. Data from the
analysis in sleep cycles are shown in Table IV. For
cycle 4, only six patients and three controls spent
time in NREM3 and 4, and therefore data for these
stages were omitted. Six controls and 15 patients
slept in cycle 5, but due to the small number of
epochs spent in this cycle (most of these subjects had
their ®nal awakening here), data were excluded from
analysis. For individual sleep cycles, the patients had
more alpha power in stage NREM2±4 in cycles 1, 2
and 4 [F= 6.9, P = 0.01; F= 4.6, P = 0.03 and
P= 0.05 (t-test), respectively] and controls had more
power in the beta band in cycle 1 (F= 4.7,
P= 0.03).
The decline in total amount of delta power during

sleep cycles followed the expected exponential curve
[43] in both groups and no di�erences were observed.
Total alpha power followed a more horizontal line,
but again no signi®cant di�erences were observed
between the groups.

Correlations
Interactions between clinical and sleep variables in

the initial model are shown in Fig. 1. As expected,
signi®cant associations were found between most
clinical scores, and correlations were also demon-
strated between several sleep variables. When the
relationships between individual variables were taken
into account, variables such as fatigue, HAQ, phys-
ical activity and sleepiness did not correlate with
sleep parameters, and the individual frequency bands

also showed very weak interactions with the other
variables. Because of the relatively small amount of
data in comparison with the many variables, the
initial model was too unstable to draw any ®nal con-
clusions on the relationships. The tendencies were,
however, used in an objective selection of variables to
be used in the ®nal model, as stated in the Methods.
After stability of the system was reached in the
®nal model, many variables did not in¯uence the
system and these were excluded during processing.
Furthermore, the relationship between some variables

FIG. 1.ÐThe `initial' graphical chain model showing all variables

where points connected by a line are related. Correspondingly,

points which are not connected are conditionally independent.

DURATION, duration of disease; MS, morning sti�ness; ESR,

erythrocyte sedimentation rate; PHYSICAL, physical activity

index; QUALITY, subjective quality of sleep; SS, number of sleep

stage shifts; d, y, a, s and b refer to normalized power density in

the respective frequency bands in NREM2±4 merged. For further

explanations, see the text.

TABLE IV

Normalized mean power in all frequency bandsÐdelta (0.5±3.5 Hz), theta (3.5±8 Hz), alpha (8±12 Hz), sigma (12±14.5 Hz) and beta

(14.5±25 Hz)Ðin the sleep EEG (F1±A2 derivation) for sleep cycles 1±4 in stages NREM2±4. For further explanation, see the text

Cycle Stage delta % theta % alpha % sigma % beta %

1 NREM2 RA 8.0 (2.3) 16.5 (2.8) 23.1 (4.1) 15.3 (3.5) 36.7 (6.3)
N 8.8 (2.9) 16.9 (3.7) 22.3 (5.1) 15.1 (3.3) 37.0 (9.6)

NREM3 RA 12.5 (3.8) 21.8 (3.0) 25.4 (6.0) 13.2 (3.6) 26.3 (5.4)
N 12.9 (3.2) 22.2 (3.8) 22.8 (5.2) 12.5 (1.9) 29.7 (8.3)

NREM4 RA 17.4 (5.3) 25.2 (3.9) 23.5 (5.7) 11.5 (3.2) 22.8 (4.4)
N 17.8 (5.1) 24.9 (4.5) 20.2 (4.6) 10.6 (2.1) 26.5 (8.1)

2 NREM2 RA 8.5 (2.6) 15.1 (3.8) 24.3 (5.1) 17.6 (4.0) 34.1 (9.5)
N 8.8 (2.5) 17.0 (3.7) 22.1 (4.9) 14.2 (2.5) 37.4 (9.6)

NREM3 RA 12.9 (3.6) 12.2 (2.8) 23.7 (4.8) 22.3 (4.1) 28.6 (8.6)
N 13.2 (3.8) 21.8 (4.1) 22.0 (4.3) 12.4 (2.6) 30.6 (7.8)

NREM4 RA 16.7 (5.0) 10.5 (2.9) 20.8 (5.7) 24.2 (5.1) 27.1 (9.8)
N 17.1 (4.0) 24.1 (4.8) 19.8 (4.5) 10.6 (2.9) 28.4 (10.7)

3 NREM2 RA 8.0 (2.6) 16.7 (4.3) 23.9 (5.5) 15.3 (3.9) 35.7 (10.7)
N 8.5 (2.3) 16.9 (3.4) 23.1 (5.2) 15.1 (2.9) 36.3 (10.2)

NREM3 RA 13.0 (2.8) 22.5 (3.5) 24.1 (5.6) 12.2 (3.0) 27.8 (7.3)
N 12.4 (2.7) 21.9 (3.6) 23.3 (5.2) 12.4 (1.7) 29.9 (9.2)

NREM4 RA 16.7 (3.6) 24.8 (3.4) 21.0 (3.9) 10.2 (2.6) 26.7 (5.9)
N 15.6 (4.9) 23.3 (5.2) 20.1 (4.3) 11.1 (2.3) 29.9 (9.7)

4 NREM2 RA 7.3 (2.2) 16.6 (3.7) 24.9 (4.8) 15.5 (4.0) 34.9 (8.0)
N 7.7 (2.9) 15.3 (4.5) 21.5 (5.7) 15.8 (3.6) 39.8 (12.6)

RA, patients with rheumatoid arthritis; N, normal subjects.
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was modi®ed after simpli®cation of the model due to
the information lost in the eliminated data (normally
referred to as Simpson's paradox). The model
found from the data is shown in Fig. 2 and Table V,
®rst row. The two pain parameters were related to

morning sti�ness, which was shown to have a central
role, being the most explanatory variable to predict
the sleep pro®le. The interactions of the individual
variables could then be studied dynamically using the
CPN routines. The general impression was that
an independent interaction between disease activity
measured by morning sti�ness, pain and Ritchie
score on the one hand, and time spent in stage Wake,
NREM2 and SWS on the other, exists. These
®ndings are illustrated in the following simulated
examples (Table V).

Example 1. A patient with maximal pain (=level
4). As seen in Table V (second row), a deterioration
in morning sti�ness and Ritchie score was seen (as
expected) in comparison with the baseline distribu-
tion shown in the ®rst row in Table V. A decrease in
time spent in stage Wake and NREM2 was also
observed with an increase in SWS. When the pain
level was minimal, corresponding to level 1 (data not
shown), a decrease in stage Wake was also seen, but
SWS also decreased. Pain score at level 2 (not
shown) was followed by an increase in time spent in
stage Wake without major changes in SWS and stage
REM.

Example 2. A patient with a high pain level as well
as a long duration of morning sti�ness (Table V,
third row). The tendency in sleep parameters shown
in the example above was further aggravated and
especially time spent in SWS increased with a
decrease in NREM2. Maximal morning sti�ness

FIG. 2.ÐThe ®nal model, where data are presented using a causal

probabilistic network shell. The black bars show the relative distri-

bution of the variables (percentage) within the di�erent levels (1±3/

4), where an increasing value represents an increase in symptoms

or time spent in a sleep stage. Values of the variables can be set at

a given level and the distribution of the other variables changed

correspondingly. Examples are given in Table V. MS, morning

sti�ness; RITCHIE, joint pain score; SWS, slow-wave sleep. For

further explanations, see the text.

TABLE V

Relative distribution (%) of the variables shown in the ®nal model shown in Fig. 2 (®rst row, baseline) and examples where simulated

alterations are introduced in one or two parameters (underlined). Increasing level of a given variable represents an increase in symptoms or

time spent in a sleep stage. For further explanation, see the text

Example Level
Morning
sti�ness

Pain
score

Ritchie
score Wake NREM2 SWS REM

Baseline 1 49 27 49 30 43 26 32
2 35 30 19 43 27 36 31
3 16 35 32 11 30 38 37
4 ± 8 ± 16 ± ± ±

1 1 0 ± 0 33 64 25 33
2 67 ± 33 67 10 26 27
3 33 ± 67 0 26 50 39
4 ± 100 ± 0 ± ± ±

2 1 ± ± 0 100 100 14 27
2 ± ± 100 0 0 18 23
3 100 ± 0 0 0 68 50
4 ± 100 ± 0 ± ± ±

3 1 ± 0 ± 0 100 14 27
2 ± 100 ± 0 0 18 23
3 100 0 100 67 0 68 50
4 ± 0 ± 33 ± ± ±

4 1 34 19 42 27 77 ± 30
2 37 30 21 42 8 ± 26
3 29 40 37 14 15 100 44
4 ± 11 ± 17 ± ± ±

5 1 64 45 64 100 36 27 32
2 27 9 36 ± 32 39 32
3 9 36 0 ± 32 34 36
4 ± 9 ± ± ± ± ±

SWS, slow wave sleep.
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alone caused the same alterations in sleep stages, and
a decrease in morning sti�ness resulted in a decrease
in SWS (data not shown).
Example 3. A patient with a high Ritchie score and

maximal morning sti�ness is simulated in Table V,
fourth row. As demonstrated, an increase in time
spent in stage Wake was seen, but the alterations in
stage NREM2 and SWS were comparable to those
seen in the previous example. Correspondingly, an
increase in Ritchie score alone increased only time
spent in stage Wake (not shown).
Example 4. The e�ect of a change in sleep

parameters. An increase in SWS only resulted in a
slight increase in morning sti�ness and an alteration
in the two other sleep parameters (Table V, ®fth
row). An increase in SWS together with a decrease in
REM, however, was correlated to a decrease in pain
and morning sti�ness (not shown).
Example 5. Finally, a decrease in stage Wake was

followed by a decrease in pain level, Ritchie score
and morning sti�ness (Table V, sixth row).

DISCUSSION

Ambulatory recordings in non-selected patients
with RA demonstrated an increase in the number of
PML during sleep, but otherwise no major di�erences
in classical sleep stages were observed in comparison
with healthy controls. However, when sleep micro-
structure was studied, the patients had more alpha-
EEG sleep. The graphical chain model showed
a strong association between morning sti�ness,
pain and joint tenderness on the one hand, and sleep
parameters, especially SWS and time spent awake, on
the other, indicating important aspects of sleep/wake
interactions.

Sleep macrostructure
Subjective sleep disturbances were prevalent in the

patients. In RA, symptoms such as pain, fatigue and
morning sti�ness may be related to disturbances in
the restorative functions promoted by sleep [10±12,
16, 44]. No major di�erences in sleep macrostructure,
comparing patients and controls, were seen in this
study, however. Although data are somewhat con-
¯icting, most previous papers have reported normal
sleep architecture (i.e. classical sleep stages) in RA.
Sleep physiology, however, was found to be disturbed
in these papers as fragmented sleep (awakenings and
arousals), movements and apnoeas tend to be preval-
ent in the patients [9, 13, 15, 18, 20]. The tendency
towards more stage shifts in the RA group seen in
this report might indicate more fragmentation of
sleep, but on the contrary no di�erences between the
measures for arousals and awakenings were seen. In
the current study, more PML were seen in the
patients. This ®nding is in accordance with previous
studies [9, 15, 20]. The clinical signi®cance is
unknown, but increased PML have also been found
in various other medical disorders, and may be
related to a central dopaminergic imbalance caused
by the disease [9]. In comparison with previous

reports, our patients had a higher sleep e�ciency,
spent more time in SWS and less time in stage
Wake and NREM1. These ®ndings can probably be
attributed to the ambulatory sleep recordings, allow-
ing the subjects to sleep in their natural settings, thus
giving a more normal sleep pattern [29]. In some
previous studies, patients were highly selected
[13, 15, 18], most having a ¯are in the disease or suf-
fering from severe fatigue. In comparison with these
studies, our patients might have less activity of the
disease. However, when the material was divided into
those having more or less active disease, no di�er-
ences were seen in the two groups. The same ®ndings
were observed in a previous questionnaire-based
study [12]. These results can probably be related to
the strong correlation between the clinical variables
making the statistical evaluation di�cult. This further
emphasizes the value of graphical chain models in the
analysis of such complex data.

Sleep microstructure
A quantitative increase in alpha-EEG was seen

in sleep microstructure and ®ndings were consistent
in most sleep cycles. The alpha-EEG sleep, which is
a relatively high-frequency activity superimposed
on the normal EEG in NREM sleep stages [45],
has been hypothesized to re¯ect an internal arousal
activity interfering with the normal homeostatic func-
tions during sleep [8, 21, 46±48]. Although seen in
several medical and psychiatric disorders, alpha sleep
has especially been associated with the ®bromyalgia
syndrome [46, 49]. In patients with RA where alpha
sleep was prominent [13], this has been attributed to
`secondary ®bromyalgia' co-existing with the primary
disease. In the current study, however, none of the
patients ful®lled the criteria for ®bromyalgia [50] and
the alpha sleep, being constant in most sleep cycles,
seems also to be a prominent feature in RA. This has
also been demonstrated in other studies [9, 15, 20],
although no quantitative analysis was performed.
Whether the alpha sleep re¯ects an internal arousal
activity disturbing normal sleep or is a non-speci®c
epiphenomenon [51] cannot, however, be concluded
from this study.

Power in the delta band is probably the best single
marker for the sleep process [43] and, among other
abnormalities, a decrease in the normal exponential
unwinding of power in the low-frequency range
during sleep has been reported in ®bromyalgia [38].
In RA, a normal decline of power in this band
was seen and no disturbances in the sleep process
were thus re¯ected. Therefore, sleep microstructure
disturbances are probably more characteristic in
patients with ®bromyalgia than in RA. Although
speculative, this may be related to di�erent pain
mechanisms in the two diseases. Thus, RA patients
may have nociceptive inputs mainly from peripheral
tissue interfering with sleep macrostructure. The pain
in ®bromyalgia, however, is thought to be of a more
central origin [52], probably mostly re¯ected in sleep
microstructure abnormalities.
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Sleep/wake interactions
Statistical methods. Several statistical methods are

available for the generation of hypotheses on associ-
ations between variables. For multiple parameters,
the models most commonly used in medical research
are based on ordinary multiple regression. In these
models, an assumption of a linear relationship
between the variables is made. Normal distribution
of one variable, given the other, is also assumed.
Where non-linearity exists, models such as curvilinear
or logistic regressions [53] have been used. The
relationship between biological variables, however, is
often unknown or even more complex than assumed
in the models above. Also, when more variables
in¯uence the structure of the system, the preliminary
relationship between the variables is often not
ful®lled during further analysis. In graphical chain
models, no a priori assumptions on the distribution
of data or the relationship between the variables are
made. Instead, the models are based on a determina-
tion of the probability for a given association
between two variables, when the in¯uence of all the
other variables in the model is taken into account.
An advantage is the visual presentation of relation-
ships between variables [40]. Nevertheless, this model
also has limitations. Firstly, in the current case, a
reduction to three levels was performed for variables
with a continuous distribution, as for example the
amount of time spent in a sleep stage. This was
necessary to balance the number of data (i.e. subjects
included) to the amount of variables. Secondly, active
selection of variables was necessary to simplify the
structure for a ®nal interpretation of the results.
However, this was mainly done on the basis of
objective knowledge regarding the preliminary
relationships which were found in the initial model.
Clinical variables and sleep. The interaction

between the variables was rather complex, but all
experiments in the model showed a tendency towards
more time spent in SWS and less in NREM2, when a
clinical deterioration was simulated. As time spent in
stage REM is thought to be relatively independent of
NREM stages, an increase in time spent in SWS will
invariably change the relative amount of stage
NREM2. NREM sleep stages, especially SWS, are
thought to re¯ect restorative properties of sleep [3,
54±56]; therefore, the relationship between the clinical
parameters and this stage is interesting. Thus,
patients with high disease activity, re¯ected in
morning sti�ness, pain and joint tenderness probably
need more SWS. Although questioned by Trachsel
et al. [57], in experimental models of disease SWS
seems important, being positively correlated with
improved survival for example [58]. Correspondingly,
an intimate relationship between the immune system
and SWS has been hypothesized [59, 60]. Finally, in
diseases where the release of cytokines (as in RA) is
thought to play a role, a correlation between these
substances and SWS has been reported [61, 62].
Pain and sleep disturbances may be intimately

correlated and di�erent sleep disturbances have been

reported in association with pain. Thus, pain was
reported to be a leading cause of insomnia in medical
patients [4, 7], and previous studies in patients with
rheumatic diseases have shown an association
between pain, on the one hand, and awakenings,
movements, alpha-EEG, decreased sleep e�ciency
and SWS on the other [7, 14, 19, 63±65]. Di�erent
sleep disturbances were also seen in patients with pain
due to, for example, coronary heart disease [66±68].
In acute pain, e.g. in patients undergoing surgery, or
in experimental pain in animals, fragmented sleep as
well as a decrease in SWS and REM were reported,
probably due to the pain and stress induced by the
trauma [69±74]. The opposite e�ect on SWS in
these studies and our ®ndings may be explained by
di�erent mechanisms in acute and chronic pain.
Epidemiological studies con®rm an association
between sleeping problems and pain [75], especially
pain related to arthritis [76, 77]. On the other hand,
sleep disturbances per se may also increase pain and
sti�ness, and selective SWS deprivation in healthy
subjects has been shown to lower the pain threshold
[8, 78]. Finally, in subjects with pain, decreased
physical activity [7, 79], as well as psychological
factors [76, 80±82], may contribute to the sleep
disturbances, although pain itself seems to account
for most of the variance in sleeping behaviour [7, 76].
Although pain was positively related to SWS in
the current study, the strong interaction between the
clinical variables must, however, be taken into
account, and pain may also be considered as one of
several measurements for disease activity. As demon-
strated in Fig. 1, an association between pain level
and arousals was also seen. However, the preliminary
relationship was not su�ciently strong to persist
when the selection of variables was performed to con-
struct the ®nal model. Sleep fragmentation, re¯ected
in time spent in stage Wake (but not movements),
was correlated to pain in the current model, but in a
somewhat complex fashion. Moderate pain at level 2
increased time spent awake, whereas both maximal
and minimal pain score decreased the time spent in
this stage. An increase in Ritchie score, re¯ecting
a more direct measurement for joint pain, was also
correlated to increased time spent awake.
Correspondingly, a decrease in Wake was followed
by improvement in all clinical parameters. Whether
pain a�ects time spent in stage Wake, or vice versa,
cannot be concluded from this study, but both
relationships probably exist.

Fatigue and sleepiness were not directly associated
with sleep variables. This was surprising as fatigue is
a major complaint in medical diseases [16, 26, 83, 84],
and clinical as well as experimental studies have
shown a close relationship between sleep fragmenta-
tion and daytime fatigue and sleepiness [16, 85±87].
However, as shown in Fig. 1, the relationship of
fatigue and sleepiness to sleep disturbances may be
mediated via variables such as pain and sti�ness,
and probably do not directly interfere with sleep
architecture.
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Medication
Medication may in¯uence the sleep structure. A

2 week washout period was performed for anti-
depressants and/or benzodiazepines, but otherwise
patients were on their normal medication.
Corticosteroids especially have been thought to
modify sleep and alterations in the normal ultradian
secretion of this hormone may probably be caused
by sleep disturbances. However, when a separate
analysis of sleep parameters, as well as power in the
individual frequency bands, was performed
for patients receiving prednisone and those who did
not, no systematic di�erences were found. This was
supported by ®ndings in a previous study in RA
patients [15]. The heterogeneity in the consumption
of analgesics and second-line agents in our material
did not permit statistical analysis, but in previous
studies in RA patients these drugs did not give
changes in sleep structure [9, 20]. Therefore, we do
not believe that medication in¯uenced the results.

CONCLUSION

An increase in PML and the alpha-EEG were the
only parameters distinguishing the ambulatory sleep
recordings in patients with RA from those in healthy
controls. However, signi®cant relationships between
morning sti�ness, pain and sleep patterns were
demonstrated, thus con®rming the important inter-
actions between sleep and daytime function in
rheumatic diseases.

ACKNOWLEDGEMENT

The study was supported by a grant from the
Danish Rheumatism Association and `Det Obelske
Familiefond'.

REFERENCES

1. Shapiro CM, Bachmeyer D. Epidemiological aspects of
sleep in general public and hospital outpatient samples.
Acta Physiol Scand 1988;133(suppl. 574):41±3.

2. Kryger M, Shapiro CM. Pain and distress at night.
Sleep Solutions 1992;5:1±20.

3. Shapiro C, Devins GM, Hussain MRG. Sleep problems
in patients with medical illness. Br Med J
1993;306:1532±5.

4. Wooten V. Medical causes of insomnia. In: Kryger
MH, Roth T, Dement WC, eds. Principles and practice
in sleep medicine. Philadelphia: Saunders, 1989:456±75.

5. Pollak CP, Perlick D, Linsner JP, Wenston J, Hsieh F.
Sleep problems in the community. Elderly as predictors
of death and nursing home placement. J Community
Health 1990;15:123±35.

6. Wingard DL, Bergman LF. Mortality risk associated
with sleeping patterns among adults. Sleep 1983;6:102±
7.

7. Currie SR. Chronic pain and poor sleep: an assessment
of sleep, waking patterns and activity levels via ambu-
latory recordings. Thesis. UMI Dissertation Services,
1993, ISBN 0-315-89734-1.

8. Moldofsky H, Scarisbrick P, England R, Smythe H.
Musculoskeletal symptoms and non-REM sleep dis-

turbance in patients with `®brositis syndrome' and
healthy controls. Psychosom Med 1975;37:341±51.

9. Hirsch M, Carlander B, VergeÂ M, Taft M, Anaya J-M,
Billiard M et al. Objective and subjective sleep
disturbances in patients with rheumatoid arthritis. A
reappraisal. Arthritis Rheum 1994;37:41±9.

10. Hart FD, Taylor RT, Huskisson EC. Pain at night.
Lancet 1970;i:881±4.

11. Wright V. Measurement of outcome in rheumatic
diseases. J R Soc Med 1985;78:985±94.

12. Drewes AM, Jennum P, Andreasen A, Sjùl A, Nielsen
KD. Self-reported sleep disturbances and daytime com-
plaints in women with ®bromyalgia and rheumatoid
arthritis. J Musculoskel Pain 1994;2:15±31.

13. Moldofsky H, Lue FA, Smythe HA. Alpha EEG sleep
and morning symptoms in rheumatoid arthritis. J
Rheumatol 1983;10:373±9.

14. Lavie P, Epstein R, Tzischinsky O, Gilad D, Nahir M,
Lorber M et al. Actigraphic measurements of sleep
in rheumatoid arthritis: comparison of patients with
low back pain and healthy controls. J Rheumatol
1992;19:362±5.

15. Mahowald MW, Mahowald ML, Bundlie SR,
Ytterberg SR. Sleep fragmentation in rheumatoid
arthritis. Arthritis Rheum 1989;32:974±83.

16. Belza BL. Comparison of self-reported fatigue in
rheumatoid arthritis and controls. J Rheumatol
1995;22:639±43.

17. Walsh JK, Muehlbach MJ, Lauter SA, Hilliker NA,
Schweitzer PK. E�ect of triazolam on sleep, daytime
sleepiness and morning sti�ness in patients with rheum-
atoid arthritis. J Rheumatol 1996;23:245±52.

18. Crosby LJ. EEG sleep variables of rheumatoid arthritis
patients. Arthritis Care Res 1988;1:198±204.

19. Crosby LJ. Factors which contribute to fatigue
associated with rheumatoid arthritis. J Adv Nurs
1991;16:974±81.

20. Lavie P, Nahir M, Lorber M, Scharf Y. Nonsteroidal
antiin¯ammatory drug therapy in rheumatoid arthritis
patients. Lack of association between clinical improve-
ment and e�ects on sleep. Arthritis Rheum
1991;34:655±9.

21. Drewes AM, Svendsen L, Nielsen KD, Jùrgensen ST,
BjerregaÊ rd K. Quanti®cation of alpha-EEG activity
during sleep in ®bromyalgia: A study based on ambu-
latory sleep monitoring. J Musculoskel Pain 1994;2:33±
53.

22. Arnett FC, Edworthy SM, Bloch DA, McShane DJ,
Fries JF, Cooper NS et al. The American Rheumatism
Association 1987 revised criteria for rheumatoid arth-
ritis. Arthritis Rheum 1988;31:315±24.

23. Steinbrocker O, Traeger CN, Batterman RC.
Therapeutic criteria in rheumatoid arthritis. J Am Med
Assoc 1949;140:659±62.

24. Ritchie DM, Boyle JA, McInnes JM, Jasani MK,
Dalakos TG, Grieveson P et al. Clinical studies with an
articular index for the assessment of joint tenderness
in patients with rheumatoid arthritis. Q J Med
1968;147:393±406.

25. Drewes AM, Helweg-Larsen S, Petersen P, Brennum J,
Andreasen A, Poulsen LH et al. McGill Pain
Questionnaire translated into Danish: Experimental
and clinical ®ndings. Clin J Pain 1993;9:80±7.

26. Pincus T, Summey JA, Soraci SA, Wallston KA,
Hummon NP. Assessment of patient satisfaction in
activities of daily living using a modi®ed Stanford

MOHR DREWES ET AL.: SLEEP IN RHEUMATOID ARTHRITIS 79



health assessment questionnaire. Arthritis Rheum
1983;11:1346±53.

27. Krupp LB, LaRocca NG, Muir-Nash J, Steinberg AD.
The fatigue severity scale. Application to patients with
multiple sclerosis and systemic lupus erythematosus.
Arch Neurol 1989;46:1121±3.

28. Partinen M, Gislason T. Basic Nordic Sleep
Questionnaire (BNSQ): a quanti®ed measure of
subjective sleep complaints. J Sleep Res 1995;4(suppl.
1):150±5.

29. Drewes AM, Nielsen KD, Taagholt SJ, Svendsen L,
BjerregaÊ rd K, Nielsson L et al. Ambulatory poly-
somnography using a new programmable ampli®er
system with on-line digitalisation of data: technical and
clinical ®ndings. Sleep 1996;19:347±54.

30. Lauer CJ, PollmaÈ cher T. On the issue of drug washout
prior to polysomnographic studies in depressed
patients. Neuropsychopharmacology 1992;6:11±6.

31. Rechtscha�en A, Kales A. A manual of standardized
terminology: Techniques and scoring system for sleep
stages of human subjects. Washington, DC: US Public
Health Service, 1968 (NIH publication no. 204).

32. Bonnet M, Carley D, Carskadon M et al. EEG
arousals: Scoring rules and examples. A preliminary
report from the Sleep Disorders Atlas Task Force of
The American Sleep Disorders Association. Sleep
1992;15:173±84.

33. Carskadon M, Rechtscha�en A. Monitoring and
staging human sleep. In: Kryger MH, Roth T, Demant
WC, eds. Principles and practice of human sleep. New
York: WB Saunders Co., 1989:665±85.

34. Bonnet M, Carley D, Carskadon M et al. Recording
and scoring leg movements. Sleep 1993;16:749±59.

35. Coleman RM. Periodic movements in sleep (nocturnal
myoclonus) and restless legs syndrome. In:
Guilleminault C, ed. Sleeping and waking disorders,
indications and techniques. Menlo Park, CA: Addison-
Wesley, 1982:265±95.

36. Nielsen KD. Computer assisted sleep analysis. PhD
Thesis, Aalborg University, Denmark, 1993, ISBN 87-
984421-0-4.

37. Jansen BH. Analysis of biomedical signals by means
of linear modelling. CRC Crit Rev Biomed Eng
1985;12:343±92.

38. Drewes AM, Nielsen KD, Taagholt SJ, BjerregaÊ rd K,
Svendsen L, Gade J. Sleep intensity in ®bromyalgia:
Focus on the microstructure of the sleep process. Br J
Rheumatol 1995;4:629±35.

39. Feinberg I, Floyd TC. Systematic trends across the
night in human sleep cycles. Psychophysiology
1979;16:283±91.

40. Wermuth N, Lauritzen SL. On substantive research
hypotheses, conditional independence graphs and
graphical chain models (with discussion). J R Statist
Soc 1990;52:21±72.

41. Badsbjerg JH. An environment for graphical models.
PhD Thesis, Department of Mathematics and
Computer Science, Aalborg University, Denmark,
1996.

42. Jensen FV. An introduction to Bayesian networks.
London: University College London Press, 1996.

43. BorbeÂ ly AA, Baumann F, Brandeis D, Strauch I,
Lehmann D. Sleep deprivation: e�ect on sleep stages
and EEG power density in man. Electroenceph Clin
Neurophysiol 1981;51:483±93.

44. Goldenberg DL. Fatigue in rheumatic disease. Bull
Rheum Dis 1995;44:4±8.

45. Hauri P, Hawkins DR. Alpha-delta sleep.
Electroenceph Clin Neurophysiol 1973;34:233±7.

46. Moldofsky H. Sleep-wake mechanisms in ®brositis.
J Rheumatol 1989;16(suppl. 19):47±8.

47. Drewes AM, Gade J, Nielsen KD, BjerregaÊ rd K,
Taagholt SJ, Svendsen L. Clustering of sleep electro-
encephalographic patterns in patients with the ®bro-
myalgia syndrome. Br J Rheumatol 1995;34:1151±6.

48. Branco, Atalaia A, Paiva T. Sleep cycles and alpha-
delta sleep in ®bromyalgia syndrome. J Rheumatol
1994;21:1113±7.

49. Moldofsky H. Sleep and musculoskeletal pain. In:
Vñrùy H, Merskey H, eds. Progress in ®bromyalgia
and myofascial pain. Amsterdam: Elsevier, 1993:137±
48.

50. Wolfe F, Smythe H, Yunus MB, Bennett RM,
Bombardier C et al. The American College of
Rheumatology 1990 criteria for the classi®cation of
®bromyalgia. Report of the Multicenter Criteria
Committee. Arthritis Rheum 1990;33:160±72.

51. Pivik RT, Harman K. A reconceptualization of EEG
alpha activity as an index of arousal during sleep: all
alpha activity is not equal. J Sleep Res 1995;4:131±7.

52. Russell IJ, Vaeroy H, Javors M, Nyberg F.
Cerebrospinal ¯uid biogenic amine metabolites in ®bro-
myalgia/®brositis syndrome and rheumatoid arthritis.
Arthritis Rheum 1992;35:550±6.

53. Armitage P, Berry G. Statistical methods in medical
research. Oxford: Blackwell Scienti®c, 1994.

54. Adam K, Oswald I. Protein synthesis, bodily renewal
and the sleep-wake cycle. Clin Sci 1983;65:561±7.

55. Adam K, Oswald I. Sleep helps healing. Br Med J
1984;289:1400±1.

56. Shapiro CM, Bortz R, Mitchell D, Bartel P, Jooste P.
Slow-wave sleep: a recovery period after exercise.
Science 1981;214:1253±4.

57. Trachsel L, Schreiber W, Holsboer F, PollmaÈ cher T.
Endotoxin enhances EEG alpha and beta power in
human sleep. Sleep 1994;17:132±9.

58. Toth LA, Tolley EA, Krueger JM. Sleep as a pro-
gnostic indicator during infectious disease in rabbits.
Proc Soc Exp Biol Med 1993;203:179±92.

59. Moldofsky H, Lue FA, Eisen J, Keystone E,
Gorczynski RM. The relationship of interleukin-1 and
immune functions to sleep in humans. Psychosom Med
1986;48:309±18.

60. Everson CA. Sustained sleep deprivation impairs host
defence. Am J Physiol 1993;265:R1148±54.

61. Krueger JM, Walter J, Dinarello CA, Wol� SM,
Chedid L. Sleep-promoting e�ects of endogenous pyro-
gen (interleukin-1). Am J Physiol 1984;246:R994±9.

62. Krueger JM, Obal F, Opp M, Toth L, Johannsen L,
Cady AB. Somnogenic cytokines and models concern-
ing their e�ects on sleep. Yale J Biol Med 1990;63:157±
72.

63. Moldofsky H, Lue FA. The relationship of alpha and
delta EEG frequencies to pain and mood in ®brositis
patients treated with chlorpromazine and L-tryptophan.
Electroenceph Clin Neurophysiol 1980;50:71±80.

64. Atkinson JH, Ancoli-Israel S, Slater MA, Gar®n SR,
Gillin JC. Subjective sleep disturbance in chronic back
pain. Clin J Pain 1988;4:225±32.

65. Jamieson AH, Alford CA, Bird HA, Wright V. The
e�ect of sleep and nocturnal movements on sti�ness,
pain, and psychomotor performance in ankylosing
spondylitis. Clin Exp Rheumatol 1995;13:73±8.

66. Broughton R, Baron R. Sleep patterns in the intensive

80 BRITISH JOURNAL OF RHEUMATOLOGY VOL. 37 NO. 1



care unit and on the ward after acute myocardial
infarction. Electroenceph Clin Neurophysiol
1978;45:348±60.

67. Karacan I, Williams RL, Taylor WJ. Sleep characteris-
tics of patients with angina pectoris. Psychosomatics
1969;10:280±4.

68. Dohno S, Paskewitz DA, Lynch JJ, Gimbel KS,
Thomas SA. Some aspects of sleep disturbance in cor-
onary patients. Percept Motor Skills 1979;48:199±205.

69. Orr WC, Stahl ML. Sleep disturbances after open heart
surgery. Am J Cardiol 1977;39:196±201.

70. Aurell J, Elmquist D. Sleep in the surgical intensive
care unit: continuous polygraphic recording of sleep in
nine patients receiving postoperative care. Br Med J
1985;290:1029±32.

71. Rosenberg J, Wildschiùdtz G, Pedersen MH, von
Jessen F, Kehlet H. Late postoperative nocturnal epis-
odic hypoxaemia and associated sleep pattern. Br J
Anaesth 1994;72:145±50.

72. Landis CA, Robinson CR, Levine JD. Sleep fragmenta-
tion in the arthritic rat. Pain 1988;34:93±9.

73. Ellis BW, Dudley HAF. Some aspects of sleep research
in surgical stress. J Psychosom Res 1976;20:303±8.

74. Carli G, Montenaso S, Rapezzi S, Palu� G.
Di�erential e�ects of persistent nociceptive stimulation
on sleep stages. Behav Brain Res 1987;26:89±98.

75. Pilowski I, Crettenden I, Townley M. Sleep disturbance
in pain clinic patients. Pain 1985;23:27±33.

76. Mo�tt PF, Kalucy EC, Baum FE, Cooke RD. Sleep
di�culties, pain and other correlates. J Intern Med
1991;230:245±9.

77. Gislason T, Almquist M. Somatic diseases and sleep

complaints. An epidemiological study of 3201 Swedish
men. Acta Med Scand 1987;221:475±81.

78. Older SA, Battafarano DF, Danning CL, Ward JA,
Grady EP, Derman S et al. Delta wave sleep inter-
ruption and ®bromyalgia symptoms in healthy subjects.
J Musculoskel Pain 1995;3(suppl. 1):159.

79. Chen MK. The epidemiology of self-perceived fatigue
among adults. Prev Med 1986;15:74±81.

80. Tack BB. Fatigue in rheumatoid arthritis. Conditions,
strategies and consequences. Arthritis Care Res
1990;3:65±70.

81. Philips GD, Cousins MJ. Neurological mechanisms of
pain and the relationship of pain, anxiety, and sleep.
In: Cousins MJ, Philips GD, eds. Acute pain manage-
ment. New York: Churchill Livingstone, 1986:21±48.

82. HyyppaÈ MT, Kronholm E. Quality of sleep and
chronic illnesses. J Clin Epidemiol 1989;7:633±8.

83. Knippen MA. The relationship among selected vari-
ables associated with fatigue in women with systemic
lupus erythematosus. Thesis, 1988, UMI Medical
Dissertations, 8919391.

84. Calin A, Edmunds L, Kennedy LG. Fatigue in
ankylosing spondylitisÐwhy is it ignored. J Rheumatol
1993;20:991±5.

85. Carscadon MA, Brown ED, Dement WC. Sleep frag-
mentation in the elderly: relationship to daytime sleep
tendency. Neurobiol Aging 1982;3:321±7.

86. Stepansky E, Lamphere J, Badia P, Zorick F, Roth T.
Sleep fragmentation and daytime sleepiness. Sleep
1984;7:18±26.

87. Gillin JC, Jacobs LS, Fram DH, Snyder F. Acute e�ect
of a glucocorticoid on normal human sleep. Nature
1972;237:398±9.

MOHR DREWES ET AL.: SLEEP IN RHEUMATOID ARTHRITIS 81


