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The effect of X-linked dosage compensation
on complex trait variation
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Quantitative genetics theory predicts that X-chromosome dosage compensation (DC) will

have a detectable effect on the amount of genetic and therefore phenotypic trait variances at

associated loci in males and females. Here, we systematically examine the role of DC in

humans in 20 complex traits in a sample of more than 450,000 individuals from the UK

Biobank and 1600 gene expression traits from a sample of 2000 individuals as well as

across-tissue gene expression from the GTEx resource. We find approximately twice as much

X-linked genetic variation across the UK Biobank traits in males (mean h2SNP= 0.63%)

compared to females (mean h2SNP= 0.30%), confirming the predicted DC effect. Our DC

estimates for complex traits and gene expression are consistent with a small proportion of

genes escaping X-inactivation in a trait- and tissue-dependent manner. Finally, we highlight

examples of biologically relevant X-linked heterogeneity between the sexes that bias DC

estimates if unaccounted for.
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I
n eutherian mammals, including humans, females inherit two
copies of the X chromosome and males only one. To balance
allele dosage differences in X-linked genes between the sexes,

dosage compensation (DC) mechanisms have evolved to ran-
domly inactivate one of the X chromosomes in female cells1,2.
Due to random choice and the stability of the X chromosome
inactivation (XCI) in mitotically derived cell lineages, the paternal
or maternal alleles are expected to be mono-allelically expressed
in different cell populations approximately 50% of the time,
making females functionally haploid mosaics with respect to the
X-linked genes. Notably, visible examples of diverse patterns of
mosaicism in females heterozygous for easily distinguishable,
monogenic, X-linked traits, such as X-linked fur colour in mice,
were among the first lines of evidence for the hypothesis of
random XCI2.

The process of XCI is initiated during early embryogenesis and
is mediated via expression of the non-coding RNA X
inactivation-specific transcript (XIST) from the X inactivation
centre of the future inactive X chromosome3–5, and a combina-
tion of epigenetic modifications including histone modifications
and DNA methylation to achieve transcriptional silencing of the
X-linked genes6,7. The inactive X chromosome can be observed as
a tightly condensed heterochromatin body, also known as a Barr
body8. However, an increasing body of evidence suggests that XCI
is incomplete with significant variability across tissues and even
between the single cells9,10. Studies focused on identifying X-
chromosome inactivation profiles10–14 agree that only 60–75% of
the assessed X-linked genes are subject to complete silencing on
the inactive copy of the X chromosome, posing the question of
how escape from XCI affects complex trait variation and sex
differences.

From the perspective of quantitative genetics, DC at loci
affecting a trait has a predictable effect on differences in genetic
and therefore phenotypic trait variances in males and females and
on the resemblance between male-male, male–female and female-
female relatives15–17. The difference in ploidy between males and
females implies that a segregating mutation with alleles B and b
(with frequency p and (1-p), respectively) occurs as haplotypes B-
and b- in males and as genotypes BB, Bb and bb in females. If the
additive value of allele B on a trait is α then the haplotype values
of B- and b- are (apart from a constant) α and 0, respectively, and
the variance due to this mutation in males is p(1-p)α2. In females,
the genotype values are 2α, α and 0 for BB, Bb and bb, respec-
tively, with a variance of 2p(1-p)α2, twice of that in males. In
contrast, due to random XCI in females and the resulting
mosaicism, the three genotypes (BB, Bb and bb) have genotypic
values of B-, ½(B-)+½(b-), and b-, respectively, so values of α,
½α, 0, leading to a variance of 2p(1-p)(½ α)2=½p(1-p)α2, half of
that in males. Therefore, ploidy and XCI have opposite effects on
the variance difference between males and females at trait loci on
the X chromosome. For complex traits, where genetic variation is
contributed by a large number of variants with small effects, the
overall heritability attributable to the X chromosome will depend
on the inactivation state of the X-linked loci affecting a trait. The
limiting case of DC at all associated loci, which we refer to as full
DC (FDC), is therefore predicted to lead to twice as much genetic
variation in males compared to females, whereas the complete
lack of inactivation, where only the ploidy difference matters,
would lead to twice the variation in diploid females compared to
haploid males16. Moreover, the double dosage of the genes that
escape from DC would affect the mean value of the trait of
interest in females compared to males and may contribute to sex
differences in complex traits.

In this study, we leverage information on 20 complex pheno-
types in the UK Biobank (N= 208,419 males and N= 247,186
females), 1649 gene expression traits in whole-blood (N= 1084

males and N= 1046 females), and a mean of 808 gene expression
traits across 22 tissue-types in GTEx (mean N= 142 males and
mean N= 85 females) to compare the predicted effect of random
X-inactivation to the empirical data. The expected ratio of
male–female (M/F) heritability attributable to the X chromosome
(i.e. the DC ratio, DCR) is equal to 2 in the case of FDC and 0.5 in
the case of no DC. We perform a sex-stratified X-chromosome-
wide association analysis (XWAS) for all traits to estimate DCR in
high-order UK Biobank traits and compare M/F effect estimates
of associated SNPs for both phenotypic and gene expression
traits. Our results confirm the predicted effect of DC on X-linked
trait variation and are consistent with a small proportion of genes
partially or fully escaping from X-inactivation.

Results
Evidence for DC in complex traits. We first performed a sex-
stratified genome-wide association analysis for 20 quantitative
traits in the UK Biobank (UKB) (for trait information see Sup-
plementary Table 1), and estimated ratios of male to female X-
linked SNP-heritabilities (h2SNP) from the summary statistics.
Depending on the amount of DC on the X chromosome in
females, this ratio is expected to take a value between 0.5 (no DC)
and 2 (FDC). We refer to this as the DC ratio (DCR). For 19 out
of 20 traits, the DCR estimates on the X chromosome (non-
pseudoautosomal region, non-PAR) were significantly different
from the expectation for no DC (i.e. DCR= 0.5), and consistent
with evidence for DC between sexes on the X chromosome and its
detectable effect on phenotypic trait variation (Fig. 1a, shown as
the black points). We validated our DCR summary statistics
approach by calculating DCR from the sex-specific estimates of
h2SNP derived from GCTA-GREML18 on individual-level data
from up to 100,000 unrelated individuals (Supplementary
Table 2). From this analysis, we found the X-linked genetic var-
iance of the complex traits to be low in general, but detectable in
this large sample with the mean h2SNP attributable to the X
chromosome of 0.63% (SD= 0.33%) and 0.30% (SD= 0.20%)
across the UKB traits in males and females, respectively. Notably,
using height and BMI in males as an example, we established that
the observed lower variation contributed by the X chromosome
compared to autosomes of similar length is a result of haploidy in
males and not of smaller per-allele effects at segregating trait loci
(see Supplementary Fig. 1 and Supplementary Note 1). X-
chromosome specific h2SNP estimates were significantly different
from zero for all 20 traits in males and for 18 traits in females (the
h2SNP estimates for the skin and hair colour traits did not sig-
nificantly differ from zero in the female-specific analysis) (Sup-
plementary Table 2). For these 18 traits, we found a strong overall
correlation between DCR estimates obtained with the two
methods (Pearson correlation r= 0.78, Supplementary Fig. 2).

From the analysis based on summary statistics, the mean DCR
for the X chromosome across 20 traits was 2.23 (SD= 1.13),
consistent with the predicted effect of DC. In contrast, the estimates
of the ratios for autosomal SNP-heritability varied from 0.66 to 1.17
with mean of 0.95, in agreement with a limited difference in h2SNP
between the sexes in autosomal loci (Supplementary Table 3). We
observed DCR on the X chromosome significantly different from
expected values under both hypotheses (full and no DC) for nine
traits (Fig. 1a, black points). While for standing height (height),
forced expiratory volume in 1 second (FEV1), DBP, FI and EA the
DCR estimates ranged between 0.5 and 2, indicating partial
DC, the values larger than 2 (body fat percentage (Fat%), basal
metabolic rate (BMR), haemoglobin concentration (Hgb) and
haematocrit percentage (Hcrit)) could not be explained under either
of the DC models. We therefore sought an alternative explanation
for these observations.
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When estimating the DCR, we assumed that the genetic
correlation (rg) between males and females is equal to one, and
that any difference in the genetic variance is due to differences in
dosage (i.e. number of active copies) of the X-linked genes. We
estimated autosomal (rgA) and X-linked (rgX) genetic correlations
in our sample using the GWAS summary statistics (see Methods).
The evidence for autosomal genetic heterogeneity in complex trait
is limited19,20 and our estimates of rgA between sexes are similar
to published results (mean rgA= 0.92, SD= 0.06 across 20 traits,
Supplementary Table 3). However, we found lower genetic
correlation across the 20 traits on the X chromosome (rgX= 0.81,
SD= 0.14) (Supplementary Table 3). The smallest rgX estimates
correspond to Hcrit (rgX= 0.51, SE= 0.05), Fat% (rgX= 0.57,
SE= 0.05), red blood cell count (RBC) (rgX= 0.64, SE= 0.07)
and Hgb (rgX= 0.65, SE= 0.04). These relatively low rgX
estimates may indicate local differences in genetic variance
between males and females on the X chromosome that is
independent of DC, which may explain the observed extreme
DCR estimates for these traits. We thus explored biological
heterogeneity as an explanation for these observations.

Biological heterogeneity on the X chromosome. To investigate
sex-specific genetic architectures on the X chromosome, we tested
for heterogeneity in male and female SNP effects under the null
hypothesis of no difference. A total of 6 traits (Hcrit, Fat%, RBC,
Hgb, height and heel bone mineral density T-score (hBMD))
showed evidence for heterogeneity. We identified four regions of
heterogeneity, two of which overlap due to the complex linkage
disequilibrium (LD) structure in the centromere region (Fig. 2,
Supplementary Table 4).

Sex-related differences between males and females are most
likely to arise due to naturally differing sex hormone levels, thus
we examined the evidence for hormonal regulation in these
regions (Supplementary Note 2). Overall, at least three of the four
regions of detected heterogeneity on the X chromosome show
evidence of male-specific and/or androgen-related effects on the
traits, and thus may not reflect an effect of DC, but rather
biological differences between the sexes which are mediated by
sex hormones. We therefore re-estimated DCR for Hcrit, Fat%,
RBC, Hgb, height and hBMD after excluding these regions of
heterogeneity (Supplementary Table 5, Fig. 1a). While there was
no significant change in DCR for height, we found a significant
decrease in DCR and an increase in genetic correlation for the
remaining five traits. After re-estimating DCR for the 6 traits, our
mean estimate of DCR across all 20 UK Biobank traits decreased
from 2.23 (SD= 1.13) to 1.88 (SD= 0.49). These observations are
consistent with the hypothesis that a disproportionate amount of
male-specific genetic variance in these regions is at least partially
hormonally influenced.

DC at complex trait-associated loci. In addition to testing for
differences in overall X-linked variance between the sexes, we can
estimate a DC parameter d such that βm= dβf (see Supplemen-
tary Methods) for genome-wide significant trait-associated SNPs.
We did this by regressing the male-specific effect estimates onto
the effects of the same markers estimated in female-specific
analysis, weighted by the inverse of the variance of male-specific
effect estimates. We define this regression slope as the dosage
compensation coefficient (DCC), which is expected to take on
values between 1 (escape from XCI) and 2 (FDC).
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confidence intervals (DC ratio +/− 1.96*SE) for 20 UKB traits as estimated using summary statistics from the association analyses. The black points

indicate the DC ratio estimated using all SNPs on the X chromosome (non-pseudoautosomal region, non-PAR). For Height, Fat%, hBMD, RBC, Hgb and

Hcrit the DC ratios are re-estimated excluding the SNPs in the regions of identified heterogeneity (Supplementary Table 4) and presented as coloured

points (green: excluding region 1; yellow: excluding region 2; red: excluding region 3 or 4; blue: excluding region 1 and 3 or 4). The green and red dashed

lines indicate the expectations under full DC (FDC) and lack of DC (No DC), respectively. The black solid line is the mean DC ratio (=1.88) after accounting

for heterogeneity. b Male and female per-allele effect estimates (in standard deviation units) (+/- SE) are compared for the lead SNPs identified in the

combined discovery analysis (M= 251). The SNPs located in the regions of heterogeneity for the six traits mentioned above are excluded. The green and

red dashed lines indicate the expectations under FDC and no DC, respectively. The black line represents DCC (1.85, SE= 0.04). SE, standard error. M,

number of lead SNPs. Traits: standing height (Height), forced expiratory volume in 1-second (FEV1), smoking status (Smoking), hand grip strength, right

(Grip), body mass index (BMI), body fat percentage (Fat%), basal metabolic rate (BMR), waist to hip ratio (WHR), diastolic blood pressure (DBP), heel

bone mineral density T-score (hBMD), fluid intelligence score (FI), neuroticism score (Neuroticism), educational attainment (EA), skin colour (Skin), hair

colour (Hair), white blood cell (leukocyte) count (WBC), platelet count (Platelet), red blood cell (erythrocyte) count (RBC), haemoglobin concentration

(Hgb), Haematocrit percentage (Hcrit)
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We applied conditional and joint association analysis (GCTA-
COJO)21 to the summary statistics from the male-, female- and
combined male–female discovery analysis to select jointly
significant trait-associated SNPs (hereafter called lead SNPs) for
each of the 20 UKB traits. This identified 153 (male discovery)
and 61 (female discovery) lead SNPs on the non-PAR X
chromosome at a genome-wide significance (GWS) level of
PCOJO < 5.0 × 10–8 across the tested phenotypic traits (Supple-
mentary Table 6, Supplementary data 1–2). That is, more than
twice the number of non-PAR lead SNPs were identified in males
compared to females, indicating that a larger proportion of per-

locus and therefore total genetic variance is explained in males
compared to females. In contrast, in the pseudoautosomal region
(PAR), we identified two lead loci in males, while eight of them
were detected in female discovery analysis (Supplementary
Table 6, Supplementary data 1–2). In the combined male–female
discovery analysis, 261 non-PAR and 16 PAR SNPs satisfied our
GWS threshold in the GCTA-COJO analysis (Supplementary
Table 6, Supplementary data 3). The increased number of lead
SNPs in comparison to the sex-stratified analysis indicates
concordance of effects from sex-specific analyses. The compar-
ison of sex-specific genetic variance on the X chromosome,
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highlighting the lead SNPs in the combined set, is illustrated in
Supplementary Fig. 3.

We estimated DCC to be 2.13 (SE= 0.08) and 1.47 (SE= 0.07)
in the male and female non-PAR discovery analyses, respectively,
using the lead SNPs across the analysed complex traits
(Supplementary Fig. 4). DCC for the markers identified in the
combined male–female analysis was 1.85 (SE= 0.04), consistent
with a small proportion of genes variably escaping from X-
inactivation among the studied traits (Fig. 1b). For the PAR,
although the number of significant associations was small, the
sex-specific effects size estimates were similar (Supplementary
Fig. 5), consistent with theoretical expectations.

The ratio of the M/F per-allele effect sizes for individual SNPs,
which approximates the DC parameter, indicated the evidence for
escape from XCI only for a few candidate variants. For instance,
SNP rs113303918 in the intron of the FHL1 gene is significantly
associated with WHR in female and the combined male–female
analyses (PXWAS, female= 6.6x10–12 and PXWAS, combined=

9.8x10–14, respectively), while being only nominally significant
in the male-specific analysis (PXWAS, male= 4.5 × 10–5) and the
per-allele effect sizes on WHR are similar in both sexes (effect size
ratio= 0.93, SE= 0.26). Similarly, the effect size ratio of SNP
rs35318931 (PXWAS, female= 2.7 × 10–17, PXWAS, male= 6.7 × 10–4,
PXWAS, combined= 2.8 × 10–15), a possible missense variant in the
SRPX gene, is 0.63 (SE= 0.20) consistent with escape from XCI
for WHR. Assuming that these SNPs are the causal variants, the
observed effect size estimates may indicate potential escape from
XCI for FHL1 and SRPX. Interestingly, for height (effect size
ratio= 2.12, SE= 0.35; PXWAS, combined= 1.9 × 10–37) and BMR
(effect size ratio= 3.26, SE= 1.21; PXWAS, combined= 6.6 × 10–12)
the results for the SNP rs35318931 in the SRPX gene were
indicative of DC. Consistent with these observations, SRPX is
annotated with Variable XCI status in10,13. For FHL1, although,
annotated as Inactive in10, findings from two earlier studies13,14

show that XCI is incomplete. Moreover, heterogeneous XCI of
FHL1 is detected in single cells and across tissues10.

Previously, a locus near the ITM2A gene (SNP rs1751138, bp
78,657,806) was proposed as a potential XCI-escaping locus
associated with height22. In our sex-stratified and combined
analyses with a sample size an order of magnitude larger, the lead
marker for height was a nearby SNP rs1736534 located
approximately 100 bp upstream of the previously reported SNP
rs1751138. The estimated M/F effect size ratio for the both
variants was 1.75 (SE= 0.11) (βheight, male=−0.086, SE= 0.004
and βheight, female=−0.049, SE= 0.002), providing evidence
against extensive escape of ITM2A from XCI.

About one-third of the identified lead SNPs were physically
located within X-linked gene regions. For these SNPs, we assigned
the XCI status according to the reported XCI status of the
corresponding genes10 and compared the effect size ratios
between Escape/Variable and Inactive genes. The results
remained similar between the two groups of genes (Supplemen-
tary Fig. 6). A notable disadvantage of this approach is that the
physical location of a SNP within a gene region does not
necessarily indicate a causal variant for a complex trait. In
contrast, an expression quantitative loci (eQTL) analysis avoids
this, as there is no ambiguity between mapped SNPs and genes,
and thus the annotation of XCI status.

Evidence for DC in gene expression. We extended our DCC
analysis to gene expression traits and performed a sex-stratified
cis-eQTL analysis for 1639 X-chromosome gene expression
probes (28 of them in PAR) measured in whole blood from the
Consortium for the Architecture of Gene Expression (CAGE)23.
For each gene expression probe, we identified the top associated

X-chromosome SNP with MAF > 0.01 that satisfied the Bonfer-
roni significance threshold of PeQTL < 1.6 × 10–10 (i.e., 0.05/
(1639 × 190,245)) in the discovery sex (hereafter called eQTL),
and extracted the same eQTL in the other sex and calculated DCC
for M/F eQTL effect size estimates. We observed DCC of 1.95
(SE= 0.04) for 51 eQTLs (48 unique SNPs) in the female dis-
covery analysis, and DCC of 2.07 (SE= 0.04) for 74 eQTLs (68
unique SNPs) in the male discovery analysis (Supplementary
Fig. 7), consistent with expectations from FDC and in agreement
with our observations in high-order complex traits. We did not
identify eQTLs for probes in PAR. Partitioning the non-PAR
eQTLs based on reported XCI status of the corresponding genes10

did not alter our results (Fig. 3). In particular, for eQTLs anno-
tated to escape XCI, DCC estimates were approximately two,
consistent with FDC. Interestingly, for 6 eQTLs identified in the
male discovery analysis and annotated to escape XCI (USP9X,
EIF2S3, CA5B, TRAPPC2, AP1S2, and OFD1), we observed higher
expression in females compared to males (Psex_diff < 3.1 × 10–3,
i.e., 0.05/16), as expected for genes that escape from XCI. How-
ever, we found significant differences between the eQTL effect
estimates of the top associated SNP on gene expression after
correction for mean differences in expression between the sexes
(genotype-by-sex interaction PGxS < 3.1 × 10–3), which is con-
sistent with DC. This suggests that sex differences in the
expression of these genes may not be due to escape from XCI
(Supplementary Fig. 8). Finally, DCC estimates remained con-
sistent when restricting to genes that show either significant
(Psex_diff < 10–3) female-bias (male discovery analysis: 21 eQTLs
with DCC of 1.98 (SE= 0.10); female discovery analysis: 16
eQTLs with DCC of 1.86 (SE= 0.09)) or no mean difference
(Psex_diff > 0.05) in expression between the sexes (male discovery
analysis: 31 eQTLs with DCC of 2.14 (SE= 0.07); female dis-
covery analysis: 29 eQTLs with DCC of 2.03 (SE= 0.06)). Full
details of the eQTLs in whole blood can be found in Supple-
mentary data 4 and 5.

We validated our results in 22 tissue samples from GTEx (v6p
release) for which within tissue sample size was greater than N=
50 in both males and females (Supplementary data 6). We
estimated DCC for tissues with at least three eQTLs that satisfied
the within tissue Bonferroni significance threshold in the
discovery sex in each of the 22 tissue-types. No eQTLs were
identified for transcripts in PAR. A mean of 28 (SD= 18) eQTLs
were identified in the male discovery analysis across the 22
tissues. We observed a mean DCC of 1.94 (SD= 0.16) across 22
tissues in the male discovery analysis, with the 95 percent
confidence intervals for 20 tissues overlapping 2 (Fig. 4). Heart
(atrial appendage) tissue was an outlier, with DCC of 2.50 (SE=
0.19). In contrast, a mean of 5 (SD= 0.82) eQTLs were identified
in females across the seven tissues. A mean DCC of 1.59 (SD=
0.13) across the seven tissues was observed in the female
discovery analysis, with only the 95 percent confidence interval
for thyroid tissue overlapping 2. We verified that the difference in
estimated DCCs is not due to differences in sample size between
the sexes by down-sampling males so that the proportions match
that of females within each of the seven tissues and calculating
mean DCC across 100 replicates (Fig. 4). We did not observe
enrichment for Escape/Variable eQTLs identified in the male or
female discovery analyses by hypergeometric test (Supplementary
data 7). These results were consistent when the top eQTLs were
chosen among all tissues in the discovery sex and compared to
the same eQTL from the same tissue in the other sex
(Supplementary Fig. 9). Finally, a combined male–female analysis
using a 2 degree-of-freedom eQTL interaction model identified a
mean of 41 eQTLs (SD= 20), which gave a mean DCC of 1.75
(SD= 0.14) across the 22 tissues. A total of six tissues had the 95
percent confidence interval overlapping 2 (Supplementary
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Fig. 10). These results are indicative of partial escape from X-
inactivation. Full details of the eQTLs across tissues can be found
in Supplementary data 6–8.

Finally, we compared our results to those from a sex-stratified
autosomal cis-eQTL analysis in 36,267 autosomal gene expression
probes in CAGE whole blood. A similar number of eQTLs with
PeQTL < 10–10 were identified in both sexes (3116 in the male
discovery vs. 3165 in the female discovery), indicating that an
approximately equal proportion of autosomal genetic variance
per locus is explained in each of the sexes. As expected, DCC in
the male and female discovery was 1.00 (SE= 2.3x10–3) and 0.94
(SE= 2.3 × 10–3), respectively, indicating that the autosomal
eQTL effect sizes are approximately equal in males and females
(Supplementary Fig. 11).

Summary-data based mendelian randomisation. As noted
above, there may be some ambiguity in mapping the associated
variants to the genes based on its physical location, since the true

causal variants may be masked by the local LD-structure or may
exert the regulatory action on both near and distantly located
genes24,25. To investigate this, we aimed to integrate the GWAS
data from the complex trait analysis and the eQTL data from the
CAGE whole-blood analysis, to prioritize genes whose expression
levels are associated with complex traits due to pleiotropy. This
would then allow for the XCI status to be assigned to the relevant
putative causal gene. The summary data-based Mendelian ran-
domisation (SMR) analysis24 identified 18 genes (tagged by 20
probes) that are significantly (PSMR < 3.0 × 10–5 (0.05/1639) and
PHEIDI > 0.05) associated with 13 complex traits (total of 36
associations) in the combined male–female sample (Supplemen-
tary data 9). For males, associations between 13 genes (15 probes)
and 11 traits satisfied our significance thresholds (total of 23
associations) (Supplementary data 10), while the female analysis
identified 4 significant pleiotropic associations between 3 genes (3
probes) and 4 traits (Supplementary data 11). The effect estimates
for the pleiotropic SNPs identified in SMR analyses are illustrated
in Supplementary Fig. 12. The estimated DCC for these variants is
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similar to the results estimated with all jointly significant SNPs
from the GCTA-COJO21 analysis (Fig. 1b, Supplementary Fig. 4).

Our SMR analysis linked many SNPs located in the intergenic
regions to the expression of specific genes, however, a number of
SNPs physically located within a gene were found to be associated
with expression of another gene (e.g. a SNP in TMEM255A was an
eQTL for ZBTB33 whose expression is associated with traits skin
and hair colour). This also included previous signals in escape genes
being assigned to inactive genes (e.g. the SNPs physically located in
the annotated escape gene, SMC1A, was associated with
the expression of the inactive HSD17B10 for BMI, BMR, Fat%
and EA in the combined male–female SMR analysis). The
expression of only two genes (MAGEE1 and PRKX) annotated as
Variable or Escape from XCI, respectively, showed evidence for
pleiotropic association with a phenotypic trait (hand grip strength
(Grip) and white blood cells (WBC), respectively) due to a shared
genetic determinant (MAGEE1: PSMR,combined= 2.1 × 10–6, PRKX:
PSMR,combined= 8.7x10–6, Supplementary Fig. 12, Supplementary
data 9). The estimated effect size ratio (2.84, SE= 0.85) for the
variant rs757314 (mediated byMAGEE1 expression levels) on hand
grip strength was not consistent with the escape from X-
inactivation (the expected ratio for an escape gene is 1). For the
SNP rs6641619 (associated with PRKX expression and WBC), the
effect size ratio estimate was 1.33 (SE= 0.44), which is indicative of
partial escape from X-inactivation.

Variants near ITM2A were shown to be associated with height
in a previous study22 and with height, BMR, Grip, WHR and
FEV1 in the current XWAS analysis. The results of the combined
SMR analysis for the ITM2A gene-trait association further
supported the evidence for ITM2A inactivation (Supplementary
Note 3, Supplementary data 12–13).

Discussion
The theoretically predicted effect of random X-inactivation in
female cells is a two-fold reduced amount of additive genetic
variance in females compared to males, whereas escape from XCI
would increase genetic variance in females. For example, an
escape rate of 15% is expected to reduce the DCR to 1.78
(=2*0.85+½*0.15) and the mean effect size ratio at the trait-
associated loci to 1.85 (=2*0.85+ 1*0.15). Having analysed
phenotypes with varying degree of polygenicity, we confirmed the
predicted effect of DC on X-linked trait variation both in mod-
erately and highly polygenic traits (gene expression and pheno-
typic traits in the UKB, respectively). The two strategies that we
use to estimate DC are the overall ratio of M/F X-linked herit-
abilities (i.e. the DC ratio) and the comparison of the individual
effects for trait-associated variants between the sexes (i.e. the
effect size ratio and DCC). These are parameterisations of the
same effect, the former based upon the variance contributed by all
X-linked trait loci and the latter based upon per-allele effect sizes
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Fig. 4 Dosage compensation coefficient (DCC) for eQTLs across tissues. DCC is estimated for tissues with at least three eQTLs that satisfied the within

tissue Bonferroni significance threshold in each of the 22 tissue-types. A mean of 28 (SD= 18) eQTL are identified in the male discovery analysis giving a

mean DCC of 1.94 (SD= 0.16) across 22 tissues. A mean of 5 (SD= 0.82) eQTLs are identified in the female discovery analysis giving mean DCC of 1.59

(SD= 0.13) across seven tissues. The coloured bars represent the standard errors. Males were down-sampled 100 times so that the proportions match

that of females within each of the seven tissues, and mean DCC is calculated across the 100 replicates. The grey bars represent the standard deviation

across 100 replicates. SD, standard deviation
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of trait-associated loci. Previous studies have demonstrated that
~1% of the phenotypic variance for traits such as height and BMI,
is attributable to the X chromosome22,26. However, attempts to
disentangle the relationships of additive genetic variance between
the sexes in high-order complex traits were limited in power due
to moderate sample sizes and/or computational challenges22,26.
Here, a large the sample of >205,000 males and >245,000 females
allowed us to identify a statistically significant contribution of the
X chromosome to the total trait heritability and to make further
inferences on the DCR in complex traits. While we observed good
overall evidence for DC across the complex traits, a number of
outliers were present in our analysis. First, we observed unex-
pectedly high ratios of male to female genetic variance for some of
the traits. This is likely to be attributable to the male-specific
genetic control for some X-linked regions and thus is not infor-
mative on DC. Additionally, while the region comprising a
testosterone-associated locus (near FAM9A/FAM9B genes) had
the strongest evidence of heterogeneity, its removal had modest
effect on DCR, while the exclusion of the genomic region near the
centromere had the strongest effect. In addition to possible
androgen-specific influence of this region, the tight LD structure
may contribute disproportionately to sex-specific genetic var-
iance. Second, we observe DCR supporting possible escape from
XCI rather than FDC in brain related traits, such as educational
attainment (EA) and fluid intelligence (FI), and also diastolic
blood pressure (DBP). Consistently, brain tissues have the highest
X chromosome to autosome expression ratio, followed by
heart27,28, in agreement with an enhanced X-chromosome role in
cognitive functions. This indicates that the targets of segregating
causal variants may be trait- and tissue-dependent. Overall, if the
causal variants are random with respect to XCI then our results
are not consistent with large proportion (e.g. 30%) of genes
partially or fully escaping XCI for most of the traits. Alternatively,
the genes targets of the associated SNPs may be enriched in non-
escaping genes for some traits. Distinguishing between these two
competing hypotheses would require knowledge of the under-
lying causal variants, thus limiting our interpretation of the
results.

We also found consistent evidence for DC when examining
individual trait-associated markers. Interestingly, our results for
height associated loci near ITM2A, a gene known to be involved
in cartilage development, differ from reported evidence for lack of
DC22 and only a few loci associated with WHR were candidates
to be putative escapees. It should be noted, however, that the
genetic correlation for WHR on both autosomes and the X
chromosome is markedly low, which may reflect the sex-specific
genetic control for this trait. However, unless we establish the
underlying causal variants, we are not able to reliably infer the
inactivation state of a single gene, since trait-associated loci can
act over long distances25,29, and cis-acting variants only tag causal
variants through LD. Moreover, it is still unclear if the XCI status
of a SNP is most relevant to the causal variant or its gene target,
which may differ with respect to XCI status.

In contrast to the high-order complex traits, gene expression
traits have a notably different genetic architecture with as much
as 65% of the expression variance for a gene explained by a single
SNP, thus potentially violating the (polygenic) modelling
assumptions for a DCR analysis, and thus was not included as
part of this study. We were, however, able to leverage information
from eQTLs to show that DCC estimates in gene expression are
consistent with expectations from DC, and in agreement with our
observations in high-order complex traits and previous eQTL
studies30,31. These results were broadly consistent across multiple
tissue-types, where a larger number of eQTLs were identified in
males compared to females and, in the male discovery analysis,
DCC is ~2.

Across both the high-order complex traits and gene expression
traits, we observed DCC estimates larger than 2 in the male
discovery analyses and smaller than 2 in the female discovery
analyses. This may be attributed to a combination of partial
escape from XCI and “winner's curse” of the XWAS analysis. For
example, any loci that partially escape XCI in females would be
preferentially selected in the female discovery analysis due to
increased statistical power of detection, and thus bias DCC esti-
mates towards 1. Further, winner’s curse would upwardly bias the
per-allele effect estimates in the discovery sex compared to the
corresponding estimates in the other sex, which may also affect
DCC estimates. The combined male–female analyses attempts to
avoid the caveats of the sex-stratified analyses and provides
unbiased estimates of DC as the effects are assumed to be present
(although with a different effect size) in both males and females.

While identification of new associations between X-linked
SNPs and complex traits was not the primary aim of this study,
our results show these are readily found and that they cumula-
tively contribute to trait variation. For example, we find pleio-
tropic association between expression levels of the HSD17B10
gene with obesity-related traits (Fat% and BMI) and EA. Notably,
HSD17B10 encodes a mitochondrial enzyme involved in oxida-
tion of neuroactive steroids, fatty acids as well as sex hormones
and its deficiency is implicated in neurodegenerative disorders32.
Consistently, similar putative causal relationships were recently
identified for the autosomal gene HSD17B12, where its increased
expression of this gene was associated with decreased BMI across
22 tissues33. Therefore, comprehensive surveys of sex-stratified X
chromosome wide association studies for disease and other traits
are likely to be rewarding, and may provide insight into new
biology and sex differences. Moreover, since our method for
estimating the amount of DC only requires summary statistics
from association analyses, the availability of sex-stratified results
from XWAS studies can further be informative on the effect and
dosage of X-linked variation across a range of complex traits.

Methods
Genotype coding. The summary statistics reported in this study were generated
with a combination of BOLT-LMM v2.334, GCTA 1.9418, and PLINK 1.9035, all of
which have default settings for the treatment of X-chromosome SNPs. For analyses
performed using PLINK, we used the default parameters which codes males as
{0,1}, and thus gives the appropriate per-allele effect estimates. For BOLT-LMM
and GCTA, the male genotypes were analysed as diploid using a {0,2} coding. This
distinction makes no impact on the strength of association (i.e. P-values), however,
we multiply the effect estimates and the corresponding standard errors from the
diploid male-specific analysis by 2, allowing us to report our results as per-allele
effect estimates. In all cases, females were coded as {0,1,2}.

UK Biobank data. Sex-stratified association analyses of 20 complex was performed
using the phenotype data on Nm= 208,419 males and Nf= 247,186 females of
European-ancestry and UKB Version 3 release of imputed genotype data (6871
SNPs in pseudoautosomal region (PAR) and 253,842 SNPs in non-
pseudoautosomal region (non-PAR) satisfied our quality control criteria and had
minor allele frequency, MAF > 0.01). The phenotypes were adjusted for appropriate
covariates and converted to sex-specific Z-scores prior to analysis (See Supple-
mentary Table 1 and Supplementary Methods for full details). We used medication
data (Data Field: 20003, Treatment/medication code) to exclude individuals taking
medications with blood pressure lowering effect from the analysis of DBP. Details
regarding classification of UKB medication by WHO Anatomical Therapeutic
Classification System were described in ref. 36. We extracted those medication
classified in C02 (Antihypertensives), C03 (Diuretics), C07 (Beta Blockers), C08
(Calcium channel blockers) and C09 (Agents acting on renin-angiotensin system)
category.

CAGE gene expression data. Gene expression and X-chromosome genotype data
were available in a subset of N= 2130 individuals of verified European ancestry
(Nm= 1084 males, Nf= 1046 females) from the CAGE23. A total of 36,267 auto-
somal and 1639 X-chromosome gene expression probes (28 in the PAR) in whole
blood were available for analysis following quality control. Gene expression levels
were adjusted for PEER factors37,38 that were not associated with sex (Psex_diff >
0.05) in order to preserve the effect of sex on expression and where available,
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measured covariates such as age, cell counts, and batch effects. A total of 1,066,905
autosomal HapMap3 SNPs imputed to 1000 Genomes Phase 1 Version 3 reference
panel39 and 190,245 non-PAR X-chromosome SNPs (MAF > 0.01) imputed to the
Haplotype Reference Consortium (HRC, release 1.1)40 were available for analysis.

GTEx gene expression data. We used the fully-processed, normalised and filtered
RNA-seq data from the Genotype Tissue Expression project (GTEx v6p release). X-
chromosome imputed SNP data was obtained from dbGap (Accession phs000424.
v6.p1). We restricted our analyses to 22 tissue samples for which within tissue
sample size was greater than N= 50 in both males and females (Supplementary
data 6). A total of 1121 transcripts (31 in the PAR) were expressed in at least one
tissue, with a mean of 808 transcripts expressed across all 22 tissues (Supple-
mentary data 6) and a total of 127,808 imputed SNPs in the non-PAR of the X
chromosome (MAF > 0.05).

Sex-stratified XWAS. Summary statistics were generated for 20 complex traits in
the UK Biobank using BOLT-LMM v2.334 for the X-chromosome SNPs with MAF
> 0.01 in both sexes and using 561,572 HapMap3 SNPs (autosomal and X-chro-
mosomal, pairwise R2 < 0.9) as model SNPs to estimate genetic relationship matrix
(GRM) and correct for confounding.

Analyses in the combined male–female samples. For complex traits, the results
from the sex-stratified association testing were meta-analysed using the inverse-
variance weighted method to obtain combined results (performed in R). For
combined analysis of gene expression traits, individual data from males and female
were pooled together. We assumed FDC for all loci for these analyses.

Significant SNP-trait associations. GCTA-COJO21 was used to identify sets of
jointly significant SNPs associated with a trait at GWS threshold PCOJO < 5.0 × 10–8.
We use genotypes of a random sample of 100,000 unrelated UKB females of
European ancestry as a LD reference and increased the distance of assumed
complete linkage equilibrium between markers (window size) to 50Mb due to
higher levels of LD on the X chromosome.

Estimation of DC ratio from summary statistics. Following41, we calculated the
DC ratio for 20 complex traits from the summary statistics of the sex-stratified X-
chromosome analysis using the following equation:

γ̂ ¼
h2m
h2f

¼
χ̂2m � 1
� �

Nf

χ̂2f � 1
� �

Nm

ð1Þ

where γ̂ is the estimate of the DCR; h2m and h2f are the M/F SNP-heritabilities,
respectively; χ̂2m and χ̂2f are the mean chi-square estimates from the sex-specific

association analyses; and Nm and Nf are the corresponding sample sizes in males
and females, respectively.

The corresponding standard error is estimated as:

SE DCRð Þ ¼
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where the varðχ̂2Þ is the variance of the mean test statistic across the X
chromosome, which is approximately equal to (2/Meff)[1+ 2(χ̂2− 1)]. Meff is the
effective number of SNPs, which for the X chromosome is approximately equal to
130041. The DC ratio of 2 indicates the evidence for FDC, while the value of 0.5
implies complete escape from inactivation (no DC).

Estimation of genetic correlation from summary statistics. We also we obtained
an estimator for the male–female genetic correlation on the X chromosome (non-
PAR region) or autosomes using the following equation,

r̂g ¼
χ̂2mf

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi

ðχ̂2m � 1Þðχ̂2f � 1Þ
q ð3Þ

where, as before, χ̂2m and χ̂2f are the mean chi-square estimates from the sex-specific

association analyses and χ̂2mf is the cross-product of the Z-statistics from the male

and female analyses.
We calculate standard errors using a block jackknife method. We assigned SNPs

across the X chromosome to blocks (B= 1000) and for each block k we calculate an

estimate of the genetic correlation r̂
ðkÞ
g as above excluding the SNPs in this block.

The standard error is then calculated as follows:
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Heterogeneity in SNP effects on complex traits. To test the difference in the
SNP effects estimated in male or female datasets we applied a heterogeneity test. If

β̂m and β̂f are the male and female per-allele effect estimates, and SEðβ̂mÞ and

SEðβ̂f Þ are their corresponding standard errors, then we used the test statistic,

Td ¼

1
2
β̂m � β̂f

� �2

1
4
SE2 β̂m

� �

þ SE2 β̂f

� � ð5Þ

which follows a χ2-distribution with one degree of freedom under the null
hypothesis of no difference in estimates under FDC assumption. We set a P-value
threshold of PHet < 5.0 × 10–8 to identify the markers with significant difference in
estimated effects and further apply LD-clumping (R2 threshold of 0.05) to identify
regions of heterogeneity. The coordinates of protein coding genes in these regions
were extracted with BioMart tool (see URLs), using the genome assembly GRCh37.
p13 from Genome Reference Consortium.

Estimation of the SNP-heritability. We estimated the proportion of variance
explained by X-chromosome SNPs in males and females separately using GREML
and a genome partitioning approach as in ref. 26, which is implemented in the
GCTA software package18. Here, we model the trait as,

y ¼ gG þ gX þ ε ð6Þ

where, y is a N × 1 vector of phenotype for each trait, with sample size N; gG is an
N × 1 vector of the total genetic effects from the autosome with gG � Nð0;AGσ

2
GÞ

where AG is the GRM between individuals estimated from 548,860 autosomal
HapMap3 SNPs; gX is an N × 1 vector of X-linked genetic effects with
gX � Nð0;AXσ

2
XÞ, where AX is a GRM calculated from 253,842 X-chromosome

SNPs; and ε � Nð0; Iσ2e Þ, is the residual. Partitioning in this way will allow for an
estimation of the parameter σ2X conditional on the autosomal GRM. Thus, we can
estimate the proportion of phenotypic variance that is due to the X chromosome
while controlling for sample structure captured by genetic variants on the auto-
some26. We applied this model to the 20 complex traits, limiting our analysis to a
maximum of 100,000 unrelated males or females due to computational restrictions.

The standard errors of the M/F ratio of the estimated SNP-heritabilities on the
X chromosome was estimated as,

SE2 ¼
ĥ2m

ĥ2f

 !2 SE2 ĥ2m
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where ĥ2m and ĥ2f are the GREML-estimates of SNP-heritability in males and

females, respectively, and SEðĥ2mÞ and SEðĥ2f Þ are the corresponding standard errors.

Sex-stratified X-chromosome and autosomal cis-eQTL analysis. Gene expres-
sion levels were modelled as a linear function of the number of reference alleles for
SNPs on the same chromosome in males and females, separately. We used GCTA18

and PLINK35 to analyse the CAGE and GTEx datasets, respectively. Sample
structure was accounted for by adjusting for genotyping principal components and
PEER factor in the GTEx analysis, and a random polygenic effect captured by an
autosomal genetic relationship matrix in the CAGE analysis. For each gene
expression probe/transcript, we identified the top associated SNP that satisfied a
Bonferroni corrected significance threshold in the discovery sex (i.e. eQTL), and
extracted the same eQTL in the other sex to compare the per-allele eQTL effect
estimates between the sexes (see Estimation of dosage compensation coefficient
(DCC), below).

Sex differences in gene expression. Sex differences in X-linked gene expression
in the CAGE dataset was examined with a mixed linear regression model imple-
mented in GCTA18. We fit sex as a fixed effects covariate, and sample structure was
accounted for with random polygenic effects captured by both an autosomal and
X-linked genetic relationship matrix. A Wald statistic was used to assess sig-
nificance, and a P-value (Psex_diff) was calculated by comparing the test statistic to a
χ2-distribution with one degree of freedom.

Summary data-based Mendelian randomisation (SMR). The SMR and HEt-
erogeneity In Dependent Instrument (HEIDI) tests24 are implemented in the SMR
software package (see URLs). We applied the SMR method to summary-level
GWAS data and the sex-stratified X-chromosome eQTL data generated in our
analyses (UKB and CAGE, respectively) to test for pleiotropic associations between
1639 X-linked gene expression probes and 20 complex trait phenotypes. A total of
113, 66 and 136 probes with at least one cis-eQTL at GWS threshold PeQTL < 5.0 ×
10–8 were retained in male-, female- and in a combined male–female cis-SMR
analysis, respectively. SMR analysis in the trans regions was performed with
combined male–female data, with 78 probes with trans-eQTLs (PeQTL < 5.0 × 10–8)
included. A random sample of 100,000 unrelated UKB females of European
ancestry was used as a reference for LD estimation. Trait-gene SMR associations
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were identified using a significance level of PSMR < 3.0 × 10−5 (i.e. 0.05/1639). These
associations were then tested for evidence of linkage, rather than pleiotropy/
causality, using the HEIDI test, which tests for heterogeneity in the effect estimates
of the exposure on the outcome at SNPs in LD with the top associated eSNP under
the null hypothesis of no heterogeneity. Gene-trait associations with PHEIDI > 0.05
were selected.

Estimation of the effect size ratio. We refer to the effect size ratio as the ratio of
M/F per-allele effect estimates for a single trait-SNP association. The corresponding
standard errors are estimated as,

SE2 ¼
β̂m

β̂f

 !2 SE2 β̂m

� �

β̂2m
þ
SE2 β̂f

� �

β̂2f

0

@

1

A ð8Þ

As before, β̂m and β̂f are the M/F per-allele effect estimates, and SEðβ̂mÞ and

SEðβ̂f Þ are the corresponding standard errors, respectively.

Estimation of dosage compensation coefficient (DCC). To compare the per-
allele effect estimates across all conditionally independent trait-associated SNPs
(complex trait analysis) and top eQTLs (gene expression analysis) identified in the
discovery datasets, we calculated a DCC by regressing the per-allele effect estimates
in males onto females weighted by inverse of the variance of male-specific esti-
mates, and extracting the slope estimate and corresponding standard error. The
estimates from sex-stratified XWAS, rather than joint effect estimates from the
GCTA-COJO21 analysis were used for estimating DCC in the UKB traits. DCC is
expected to take on values between 1 and 2, where DCC of 1 indicates that, on
average, the effect sizes in males and females are equal (i.e. no DC or escape from
XCI), and DCC of two indicates that, on average, the effect sizes in males are twice
that of females (i.e. FDC).

X-chromosome gene inactivation status. To determine X-chromosome inacti-
vation status, we downloaded annotation from the “Reported XCI status” column
in Supplementary Table 13 of10 and mapped gene expression probes to XCI status
using the gene name. A total of 683 X-linked transcripts were available, where
transcripts were classified as either Escape (82 transcripts), Variable (89 tran-
scripts), Inactive (392 transcripts) or Unknown (120 transcripts). For each SNP in
UKB dataset we determine if it is physically located within a gene to infer the
presumable gene and its inactivation status for independent GWS SNPs. The
CAGE and GTEx datasets were matched on the “Gene.name” and “Gene.ID”
columns, respectively.

Ethics. The research was carried out under the University of Queensland Insti-
tutional Human Research Ethics (UQ-HREC) Approval Number 2011001173 (UK
biobank and GTEx human data) and UQ-HREC 2013000682 (CAGE human data).
Each of the participating cohorts holds an individual ethics approval. For further
details see: the UK Biobank (https://www.ukbiobank.ac.uk/the-ethics-and-
governance-council/); the CAGE dataset;23 and the GTEx dataset42.

URLs. For GTEx, see https://www.gtexportal.org/home/. For GCTA, see http://
cnsgenomics.com/software/gcta/. For SMR, see http://cnsgenomics.com/software/
smr/. For PLINK, see https://www.cog-genomics.org/plink2/. For BOLT-LMM, see
https://data.broadinstitute.org/alkesgroup/BOLT-LMM/. For UK Biobank, see
http://www.ukbiobank.ac.uk/. For BioMart, see http://grch37.ensembl.org/biomart/
martview/.

Reporting summary. Further information on research design is available in
the Nature Research Reporting Summary linked to this article.

Data availability
UK Biobank: The individual-level UK Biobank data is available upon application to the

UK Biobank (http://www.ukbiobank.ac.uk/, accessed under project number 12514).

Consortium for the Architecture of Gene Expression (CAGE): As per the ethics

agreement of the CAGE consortium, all raw and normalized genotype and expression

data are available to consortium members. Consortium membership is open, but requires

approval from the steering committee. GTEx: The fully-processed, normalised and

filtered RNA-seq GTEx v6p data were downloaded from the GTEx Portal (https://www.

gtexportal.org/home/datasets) along with corresponding covariate files. X-chromosome

imputed SNP data was obtained from dbGap (Accession phs000424.v6.p1). Data

generated in this study, including full summary statistics for XWAS on 20 complex traits

from the UKB, and eQTL results from CAGE and GTEx, have been deposited at: http://

cnsgenomics.com/data.html

Received: 3 December 2018 Accepted: 9 May 2019

References
1. Ohno, S. Sex Chromosomes and Sex-Linked Genes. (Springer Berlin

Heidelberg, Berlin, Heidelberg, 1967).
2. Lyon, M. F. Gene Action in the X-chromosome of the Mouse (Mus musculus

L.). Nature 190, 372–373 (1961).
3. Brown, C. J. et al. A gene from the region of the human X inactivation centre

is expressed exclusively from the inactive X chromosome. Nature 349, 38–44
(1991).

4. Penny, G. D., Kay, G. F., Sheardown, S. A., Rastan, S. & Brockdorff, N.
Requirement for Xist in X chromosome inactivation. Nature 379, 131–137
(1996).

5. Panning, B., Dausman, J. & Jaenisch, R. X chromosome inactivation is
mediated by Xist RNA stabilization. Cell 90, 907–916 (1997).

6. Lucchesi, J. C., Kelly, W. G. & Panning, B. Chromatin remodeling in dosage
compensation. Annu. Rev. Genet. 39, 615–651 (2005).

7. Csankovszki, G., Nagy, A. & Jaenisch, R. Synergism of Xist RNA, DNA
methylation, and histone hypoacetylation in. J. Cell Biol. 153, 773–783 (2001).

8. Barr, M. L. & Bertram, E. G. A morphological distinction between neurones of
the male and female, and the behaviour of the nucleolar satellite during
accelerated nucleoprotein synthesis. Nature 163, 676–677 (1949).

9. Carrel, L. & Willard, H. F. Heterogeneous gene expression from the inactive X
chromosome: An X-linked gene that escapes X inactivation in some human cell
lines but is inactivated in others. Proc. Natl. Acad. Sci. 96, 7364–7369 (1999).

10. Tukiainen, T. et al. Landscape of X chromosome inactivation across human
tissues. Nature 550, 244–248 (2017).

11. Balaton, B. P., Cotton, A. M. & Brown, C. J. Derivation of consensus
inactivation status for X-linked genes from genome-wide studies. Biol. Sex
Differ. 6, 35 (2015).

12. Balaton, B. P. & Brown, C. J. Escape Artists of the X Chromosome. Trends
Genet. 32, 348–359 (2016).

13. Cotton, A. M. et al. Analysis of expressed SNPs identifies variable extents of
expression from the human inactive X chromosome. Genome Biol. 14, R122
(2013).

14. Carrel, L. & Willard, H. F. X-inactivation profile reveals extensive variability in
X-linked gene expression in females. Nature 434, 400–404 (2005).

15. Bulmer, M. G. The Mathematical Theory of Quantitative Genetics. (Oxford
University Press, Oxford: Clarendon Press, New York, 1980).

16. Kent, J. W., Dyer, T. D. & Blangero, J. Estimating the additive genetic effect of
the X chromosome. Genet. Epidemiol. 29, 377–388 (2005).

17. Lynch, M. & Walsh, B. Genetics and Analysis of Quantitative traits. (Sinauer,
Sunderland, Ma., 1998).

18. Yang, J., Lee, S. H., Goddard, M. E. & Visscher, P. M. GCTA: A tool for
genome-wide complex trait analysis. Am. J. Hum. Genet. 88, 76–82 (2011).

19. Rawlik, K., Canela-Xandri, O. & Tenesa, A. Evidence for sex-specific genetic
architectures across a spectrum of human complex traits. Genome Biol. 17,
166 (2016).

20. Yang, J. et al. Genome-wide genetic homogeneity between sexes and
populations for human height and body mass index. Hum. Mol. Genet. 24,
7445–7449 (2015).

21. Yang, J. et al. Conditional and joint multiple-SNP analysis of GWAS summary
statistics identifies additional variants influencing complex traits. Nat. Genet.
44, 369 (2012).

22. Tukiainen, T. et al. Chromosome X-wide association study identifies loci for
fasting insulin and height and evidence for incomplete dosage compensation.
PLoS Genet. 10, e1004127 (2014).

23. Lloyd-Jones, L. R. et al. The genetic architecture of gene expression in
peripheral blood. Am. J. Hum. Genet. 100, 228–237 (2017).

24. Zhu, Z. et al. Integration of summary data from GWAS and eQTL
studies predicts complex trait gene targets. Nat. Genet. 48, 481–487 (2016).

25. Smemo, S. et al. Obesity-associated variants within FTO form long-range
functional connections with IRX3. Nature 507, 371–375 (2014).

26. Yang, J. et al. Genome partitioning of genetic variation for complex traits
using common SNPs. Nat. Genet. 43, 519–525 (2011).

27. Nguyen, D. K. & Disteche, C. M. Dosage compensation of the X chromosome
in mammals. Nat. Genet. 38, 47–53 (2005).

28. Xiong, Y. et al. RNA sequencing shows no dosage compensation of the active
X-chromosome. Nat. Genet. 42, 1043–1047 (2010).

29. Võsa, U. et al. Unraveling the polygenic architecture of complex traits using
blood eQTL meta-analysis. Preprint at https://www.biorxiv.org/content/
10.1101/447367v1

30. Brumpton, B. M. & Ferreira, M. A. R. Multivariate eQTL mapping uncovers
functional variation on the X-chromosome associated with complex disease
traits. Hum. Genet. 135, 827–839 (2016).

31. Castagné, R. et al. Influence of sex and genetic variability on expression of X-
linked genes in human monocytes. Genomics 98, 320–326 (2011).

32. Yang, S. Y. et al. Roles of 17β-hydroxysteroid dehydrogenase type 10 in
neurodegenerative disorders. J. Steroid Biochem. Mol. Biol. 143, 460–472 (2014).

ARTICLE NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-019-10598-y

10 NATURE COMMUNICATIONS |         (2019) 10:3009 | https://doi.org/10.1038/s41467-019-10598-y | www.nature.com/naturecommunications

https://www.ukbiobank.ac.uk/the-ethics-and-governance-council/
https://www.ukbiobank.ac.uk/the-ethics-and-governance-council/
https://www.gtexportal.org/home/
http://cnsgenomics.com/software/gcta/
http://cnsgenomics.com/software/gcta/
http://cnsgenomics.com/software/smr/
http://cnsgenomics.com/software/smr/
https://www.cog-genomics.org/plink2/
https://data.broadinstitute.org/alkesgroup/BOLT-LMM/
http://www.ukbiobank.ac.uk/
http://grch37.ensembl.org/biomart/martview/
http://grch37.ensembl.org/biomart/martview/
http://www.ukbiobank.ac.uk/
https://www.gtexportal.org/home/datasets
https://www.gtexportal.org/home/datasets
http://cnsgenomics.com/data.html
http://cnsgenomics.com/data.html
https://www.biorxiv.org/content/10.1101/447367v1
https://www.biorxiv.org/content/10.1101/447367v1
www.nature.com/naturecommunications


33. Yengo, L. et al. Meta-analysis of genome-wide association studies for height
and body mass index in ∼700000 individuals of European ancestry. Hum.
Mol. Genet. 27, 3641–3649 (2018).

34. Loh, P. R., Kichaev, G., Gazal, S., Schoech, A. P. & Price, A. L. Mixed-model
association for biobank-scale datasets. Nat. Genet. 50, 906–908 (2018).

35. Purcell, S. et al. PLINK: a tool set for whole-genome association and
population-based linkage analyses. Am. J. Hum. Genet. 81, 559–575 (2007).

36. Wu, Y. et al. Genome-wide association study of medication-use and associated
disease in the UK Biobank. Nat. Commun. 10, 1891 (2019).

37. Stegle, O., Parts, L., Piipari, M., Winn, J. & Durbin, R. Using probabilistic
estimation of expression residuals (PEER) to obtain increased power and
interpretability of gene expression analyses. Nat. Protoc. 7, 500–507 (2012).

38. Stegle, O., Parts, L., Durbin, R. & Winn, J. A bayesian framework to account
for complex non-genetic factors in gene expression levels greatly increases
power in eQTL studies. PLoS Comput. Biol. 6, 1–11 (2010).

39. Altshuler, D. M. et al. An integrated map of genetic variation from 1,092
human genomes. Nature 491, 56–65 (2012).

40. McCarthy, S. et al. A reference panel of 64,976 haplotypes for genotype
imputation. Nat. Genet. 48, 1279–1283 (2016).

41. Lee, J. J. et al. Gene discovery and polygenic prediction from a genome-wide
association study of educational attainment in 1.1 million individuals. Nat.
Genet. 50, 1112–1121 (2018).

42. Consortium, Gte. Genetic effects on gene expression across human tissues.
Nature 550, 204–213 (2017).

Acknowledgements
This research was supported by the Australian Research Council (DP160101343,

DP160102400 and DP160101056), the Australian National Health and Medical Research

Council (1107258, 1078037, 1078399, 1113400, 1078901, 1083656 and 1113400) and the US

National Institutes of Health (R01 MH100141 and R21 ES025052). J.Y. is supported by an

Australian Research Council Future Fellowship (FT180100186). The content is solely the

responsibility of the authors and does not necessarily represent the official views of the grant

funding bodies. This study makes use of data from GTEx Consortium data from dbGaP

(accession phs000424.v6.p1). Complex trait analysis has been conducted using the UK

Biobank Resource under project 12514. We thank Prof. Naomi R. Wray and Dr. Loic Yengo

for their helpful comments and suggestions for the manuscript.

Author contributions
P.M.V. and A.F.M. conceived and designed the project. P.M.V., G.W.M., G.G., A.M. and

T.E. conceived and designed the gene expression experiments and provided gene

expression data. J.S. and I.K. performed the statistical analyses. J.S., I.K., K.K., J.Z. and

L.L.J. performed the data quality control. J.Y. contributed to the critical discussion and

interpretation of the results. J.S., I.K., A.F.M. and P.M.V. wrote the manuscript. All

authors read and approved the final manuscript.

Additional information
Supplementary Information accompanies this paper at https://doi.org/10.1038/s41467-

019-10598-y.

Competing interests: The authors declare no competing interests.

Reprints and permission information is available online at http://npg.nature.com/

reprintsandpermissions/

Peer review information: Nature Communications thanks Tomi Pastinen and other

anonymous reviewer(s) for their contribution to the peer review of this work.

Publisher’s note: Springer Nature remains neutral with regard to jurisdictional claims in

published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons

Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in any medium or format, as long as you give

appropriate credit to the original author(s) and the source, provide a link to the Creative

Commons license, and indicate if changes were made. The images or other third party

material in this article are included in the article’s Creative Commons license, unless

indicated otherwise in a credit line to the material. If material is not included in the

article’s Creative Commons license and your intended use is not permitted by statutory

regulation or exceeds the permitted use, you will need to obtain permission directly from

the copyright holder. To view a copy of this license, visit http://creativecommons.org/

licenses/by/4.0/.

© The Author(s) 2019

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-019-10598-y ARTICLE

NATURE COMMUNICATIONS |         (2019) 10:3009 | https://doi.org/10.1038/s41467-019-10598-y | www.nature.com/naturecommunications 11

https://doi.org/10.1038/s41467-019-10598-y
https://doi.org/10.1038/s41467-019-10598-y
http://npg.nature.com/reprintsandpermissions/
http://npg.nature.com/reprintsandpermissions/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/naturecommunications
www.nature.com/naturecommunications

	The effect of X-linked dosage compensation on�complex trait variation
	Results
	Evidence for DC in complex traits
	Biological heterogeneity on the X chromosome
	DC at complex trait-associated loci
	Evidence for DC in gene expression
	Summary-data based mendelian randomisation

	Discussion
	Methods
	Genotype coding
	UK Biobank data
	CAGE gene expression data
	GTEx gene expression data
	Sex-stratified XWAS
	Analyses in the combined male–nobreakfemale samples
	Significant SNP-trait associations
	Estimation of DC ratio from summary statistics
	Estimation of genetic correlation from summary statistics
	Heterogeneity in SNP effects on complex traits
	Estimation of the SNP-heritability
	Sex-stratified X-chromosome and autosomal cis-eQTL analysis
	Sex differences in gene expression
	Summary data-based Mendelian randomisation (SMR)
	Estimation of the effect size ratio
	Estimation of dosage compensation coefficient (DCC)
	X-chromosome gene inactivation status
	Ethics
	URLs
	Reporting summary

	References
	References
	Acknowledgements
	Author contributions
	Competing interests
	ACKNOWLEDGEMENTS


