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Political research using social media data has expanded 

rapidly, with studies using data from Facebook and Twitter 

to forecast elections (Tumasjan et al., 2010; Sang and Bos, 

2012; McKelvey et al., 2014; Burnap et al., 2015), and 

study online deliberation (Larsson and Moe, 2011), politi-

cal mobilization (Carlisle and Patton, 2013; Vissers and 

Stolle, 2014), and political ideology (Barbera, 2014; Bond 

and Messing, 2015). More generally, political actors and 

the media often pay attention to issues brought up on social 

media. For both academic and democratic reasons it is 

important to know how wide a slice of society these plat-

forms represent.

Many of these studies focus only on the platform itself, 

but several (particularly those using social media to forecast 

elections) focus on wider trends in public opinion and politi-

cal behaviour. As with other types of non-probability sam-

ples (e.g. for the challenges facing non-probability Internet 

panel surveys, see Baker et al., 2013) inferences from social 

media data run the risk of error if there are non-ignorable 

confounding relationships between the probability of self-

selection into samples and outcome variables of interest.1

Survey analysis of social media demographics in the US 

have shown that Facebook and Twitter users tend to be 

younger and more educated than the general population, 

with Twitter having a more skewed distribution (Duggan, 

2015; Greenwood et al., 2016). Studies using geotagged 

US Twitter data have found that Twitter users are more 

commonly found in urban areas (Mislove et al., 2011) and 

particularly wealthier areas with younger populations 

(Malik et al., 2015). Looking more specifically at the politi-

cal attitudes of Twitter users, a study of the 2011 Spanish 

elections and the 2012 US presidential election showed that 

politically active Twitter users skew male, urban and politi-

cally extreme (Barbera and Rivero, 2014). Similarly, a 
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survey of politically active Italian Twitter users showed 

that they were younger, better educated, male and left wing 

(Vaccari et al., 2013).

It is clear from previous research that social media users 

are not demographically representative of the population. 

However the question remains whether, when controlling 

for demographic variables, there remain unobserved, non-

ignorable, differences between social media users and non-

users. If there are non-demographic differences in the data, 

adjusting it with weights to appear demographically repre-

sentative could lead to large errors (Mellon and Prosser, 

2017) and would require more sophisticated adjustment 

methods (e.g. Wang et al., 2014).

This research note examines the representativeness of 

social media users using representative survey data. We 

make two contributions. First we look at the demographic 

representativeness of social media users in Great Britain. 

Second we examine the political attitudes and behaviours 

of British social media users. We find that, although 

social media users are far from demographically repre-

sentative of the population, controlling for these differ-

ences, there are no differences on key political outcome 

variables such as ideology and vote choice. However, 

Twitter users are more likely to pay attention to politics 

and may be more likely to misreport having voted in a 

recent election.2

Data

This paper used the 2015 British Election Study (BES) 

face-to-face survey (Fieldhouse et al., 2015): a random 

probability sample of eligible voters in Great Britain. The 

survey had a response rate of 55.9% using American 

Association for Public Opinion Research response rate 3 

(Smith et al., 2011).3

Results

We examined the distribution of demographic and attitudi-

nal variables of Facebook and social media users. Facebook 

was by far the more popular social network (55.4% usage), 

with Twitter substantially less popular (18.6% usage). 

However, neither Facebook nor Twitter users were repre-

sentative of the general UK population.4

Demographics

Age

Both Facebook and Twitter users were considerably younger 

than the general population (Figure 1). The mean age of 

Facebook users was 40, whereas the mean age of Twitter 

users was 34. This compares to an overall population mean 

age of 48 in the survey. The representativeness of each social 

network varied considerably by age: 85% of people aged 

between 18 and 30 used Facebook, whereas only a minority 

(40%) of respondents over 40 did. Consequently, Facebook 

users were closer to being representative of younger age 

groups. Twitter users were a minority in every age group.

Gender

Facebook was also slightly more representative of gender 

than Twitter. Figure 2 shows Twitter users were slightly 

more male than the general population, while Facebook 

was slightly more female (although the latter difference 

was not statistically significant).

Education

Facebook and Twitter users were more educated than non-

users and the general population. Figure 2 shows both 

Figure 1. Age distribution of social media users, non-users and the population.
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Facebook and Twitter users were much less likely to have 

no qualifications than non-users and the general popula-

tion, and more likely to have A-levels, an undergraduate 

degree or a postgraduate degree.5 Although neither social 

network was representative in terms of education, Twitter 

was less educationally representative than Facebook.

Political attitudes

Political attention

Facebook and Twitter users differed from the general popu-

lation in terms of political engagement. Interestingly, these 

differences were in opposite directions. Using the 11-point 

attention to politics self-placement scale, Facebook users 

were actually less politically attentive than non-users (0.47 

points). By contrast, Twitter users were more politically 

attentive than non-users (0.40 points). These differences 

reflect the uses of the two platforms. Facebook is regarded 

as a primarily social platform, with news consumption 

forming a secondary function, whereas Twitter is seen as a 

place to follow current events.

Lower political attention among Facebook users results 

primarily from the younger age distribution of the social net-

work compared with the general population. The regression 

model in Table 1 shows that after controlling for demographic 

factors, Facebook usage no longer predicts lower political 

attention. By contrast, the relationship between Twitter usage 

and political attention is stronger after demographic controls.

Political values

Next we examined the ideological positioning of 

Facebook and Twitter users using the left–right and 

authoritarian–libertarian scales (Evans and Heath, 1995). 

Figure 2. Gender/education composition of social media users, non-users and the population.
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The scales were standardized before analysis. Twitter 

and Facebook users were both slightly more liberal (0.28 

and 0.22 standard deviations, respectively) than non-

users. The results differed across the platforms in terms 

of left–right: Facebook users were more left wing (0.14 

standard deviations) but there was no significant differ-

ence for Twitter users (0.03 standard deviations more 

right wing).

To identify the source of these differences (Table 2), 

we ran linear regressions predicting the attitudinal scales, 

controlling for demographics. The results of these models 

show that the apparent differences in political attitudes on 

the left–right and libertarian–authoritarian scales appear 

to be driven by demographic differences. After control-

ling for age, gender and education, neither Facebook nor 

Twitter usage was a statistically significant predictor of 

political values, and the largest remaining difference was 

0.11 standard deviations in authoritarian–libertarian val-

ues between Twitter users and non-users.6

Political behaviour

We also compared the political behaviour of social media 

users and other respondents.

Turnout

Although Twitter is considered a politically active plat-

form, Twitter users were less likely to report having 

voted than other BES respondents (Table 3), although 

Table 1. Predictors of political attention (ordinary least 
squares (OLS) regression).

Facebook Twitter

Age 0.0425** 0.0488**

 (0.00342) (0.00314)

Female –0.919** –0.885**

 (0.104) (0.103)

Education (Base category: No qualifications)  

GCSE D-G 0.437† 0.368

 (0.252) (0.251)

GCSE A*-C 0.785** 0.747**

 (0.177) (0.175)

A-level 1.469** 1.427**

 (0.151) (0.149)

Undergraduate 2.240** 2.186**

 (0.158) (0.155)

Postgraduate 2.656** 2.546**

 (0.190) (0.188)

Uses social network 0.00911 0.871**

 (0.122) (0.145)

Constant 2.217** 1.781**

 (0.260) (0.230)

N 2851 2849

†p < 0.1, *p < 0.05, **p < 0.01.

Table 2. Ordinary least squares (OLS) models of social media predicting political values with demographic controls, dependent 
variable  = z scores of ideology scales.

Left–right Authoritarian–libertarian

 Facebook Twitter Facebook Twitter

Age 0.00344* 0.00514** 0.00506** 0.00523**

 (0.00141) (0.00138) (0.00140) (0.00127)

Female –0.0683 –0.0695 0.178** 0.171**

 (0.0437) (0.0436) (0.0433) (0.0432)

Education (Base category: No qualifications)  

GCSE D–G 0.351** 0.350** 0.0702 0.0747

 (0.0958) (0.0959) (0.0898) (0.0898)

GCSE A*–C 0.0615 0.0543 0.122† 0.120†

 (0.0717) (0.0715) (0.0640) (0.0635)

A-level –0.0101 –0.0139 –0.0985† –0.0989†

 (0.0637) (0.0634) (0.0593) (0.0589)

Undergraduate 0.246** 0.239** –0.370** –0.370**

 (0.0684) (0.0680) (0.0654) (0.0650)

Postgraduate 0.268** 0.249* –0.682** –0.672**

 (0.0973) (0.0985) (0.0935) (0.0935)

Uses social network –0.0722 0.0909 –0.0743 –0.107

 (0.0493) (0.0645) (0.0502) (0.0699)

Constant –0.194† –0.328** –0.167 –0.193*

 (0.104) (0.0967) (0.104) (0.0924)

N 2386 2384 2596 2594

†p < 0.1, *p < 0.05, **p < 0.01.
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this difference was only significant at the 10% level. 

Facebook users were also less likely to report having 

voted than the general population.

Next we examined whether social media users were 

more likely to misreport having voted than non-users using 

the vote validation data in the BES. Table 4 shows that both 

Table 3. Self-reported turnout of social media users compared to non-users and the full sample.

Full sample Facebook Twitter

 Non-user User Non-user User

Voted % 73.4 80 68.1 74.3 69.7

(Standard error) (0.9) (1.2) (1.4) (1) (2.6)

Not voted % 26.6 20 31.9 25.7 30.3

(Standard error) (0.9) (1.2) (1.4) (1) (2.6)

χ² (user vs non-user ) 41.98** 2.96†

N 2977 1466 1508 2527 445

†p < 0.1, *p < 0.05, **p < 0.01.

Table 4. Vote validation outcome of those who report having voted.

Full sample Facebook Twitter

 Non-user User Non-user User

Voted % 93.6 96.2 91.2 94.7 88.8

(Standard error) (0.8) (0.8) (1.3) (0.8) (2.5)

Not voted % 6.4 3.8 8.8 5.3 11.2

(Standard error) (0.8) (0.8) (1.3) (0.8) (2.5)

χ² (user vs non-user) 11.1** 7.7†

N 1350 707 643 1148 200

†p < 0.1, *p < 0.05, **p < 0.01.

Table 5. Logit models predicting turnout (self-reported and validated) on the basis of social media usage and demographics.

Reported vote Validated vote

 Facebook Twitter Facebook Twitter

Age 0.0424** 0.0465** 0.0287** 0.0322**

 (0.00367) (0.00352) (0.00453) (0.00452)

Female 0.000374 0.00927 0.0222 0.0198

 (0.106) (0.106) (0.139) (0.141)

GCSE D–G 0.755** 0.718** 0.668† 0.650†

 (0.263) (0.257) (0.346) (0.349)

GCSE A*–C 0.485** 0.453** 0.366 0.328

 (0.166) (0.165) (0.222) (0.221)

A-level 0.886** 0.852** 0.901** 0.873**

 (0.147) (0.146) (0.201) (0.200)

Undergraduate 1.231** 1.198** 1.085** 1.054**

 (0.171) (0.170) (0.233) (0.232)

Postgraduate 1.339** 1.281** 0.997** 0.939**

 (0.241) (0.244) (0.281) (0.281)

Uses social network –0.0924 0.358* –0.221 0.0953

 (0.120) (0.155) (0.152) (0.206)

Constant –1.554** –1.841** –0.754* –1.039**

 (0.253) (0.231) (0.332) (0.324)

N 2848 2846 1633 1631

†p < 0.1, *p < 0.05, **p < 0.01.
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Twitter and Facebook users who report voting are more 

likely to misreport voting than non-users (though this is 

only significant at the p < 0.1 level for Twitter users).

Table 5 shows the differences in turnout controlling for 

the composition of users. The turnout differences largely 

result from Facebook’s and Twitter’s younger age profile, as 

social network usage no longer significantly predicts lower 

turnout after controlling for age, with Twitter use actually 

becoming a positive predictor of turnout. This last result is 

somewhat suspect, as the coefficient is only substantial 

when using reported turnout and does not appear when 

modelling turnout with the validated measure. The findings 

suggest Twitter users consider themselves to be politically 

engaged but do not necessarily actually vote at higher rates.

Party support

We also compared social media users in terms of party support: 

the most important factor for assessing social media data’s use 

in election forecasting. In table 6 the  results show that Twitter 

and Facebook over-represent Labour voters, with Twitter par-

ticularly unrepresentative of the general population. The bal-

ance of support is substantially worse than the error in the 2015 

pre-election polls, meaning Twitter polls would have performed 

even worse than the pre-election surveys.

To understand whether this difference could be explained 

by composition we ran vote choice models controlling for 

demographics and attitudes (Table 7). Social media meas-

ures did not remain significant after controlling for 

demographics, suggesting that while Twitter and Facebook 

are unrepresentative of voting initially, this is largely 

explainable in terms of composition.

Conclusions

Our results show that neither Twitter nor Facebook are 

demographically representative of the population. Social 

media users are younger and better educated, Facebook 

users are more female and Twitter users more male. Social 

media users are also more liberal (and Facebook users more 

left wing). These differences corroborate those found in 

previous social media studies (e.g. Mislove et al., 2011; 

Vaccari et al., 2013; Barbera and Rivero, 2014; Duggan, 

2015; Greenwood et al., 2016).

Both platforms also have markedly different political 

compositions to the general population. On average, 

social media users pay more attention to politics. Despite 

paying more attention to politics, social media users vote 

less (and may be more likely to misreport having voted), 

but lean more towards Labour when they do vote.

Importantly, our conclusions relate to social media 

users in general. Studies sampling only politically vocal 

social media users are likely to have even less representa-

tive samples.

This note also suggests that Twitter users are less repre-

sentative along most demographic and political variables 

than Facebook users. Twitter studies are therefore particu-

larly likely to have problems of representativeness if they 

Table 6. Vote choice by social media usage. 

Full sample Facebook Twitter

 Non-user User Non-user User

Conservative % 40.6 46 35.6 41.9 34.5

(Standard error) (1.2) (1.7) (1.7) (1.3) (3.1)

Labour % 32.7 27.9 37.1 31.3 39.4

(Standard error) (1.2) (1.5) (1.8) (1.2) (3.2)

Liberal Democrat % 7.1 7.1 7 7.1 6.9

(Standard error) (0.6) (0.8) (0.9) (0.7) (1.5)

SNP % 4.6 3.6 5.5 4.2 6.3

(Standard error) (0.5) (0.6) (0.8) (0.5) (1.6)

Plaid Cymru % 0.5 0.6 0.4 0.4 0.8

(Standard error) (0.2) (0.2) (0.2) (0.2) (0.6)

UKIP % 10.7 12.1 9.3 11.2 8

(Standard error) (0.7) (1.1) (1) (0.8) (1.8)

Green Party % 3.2 2.4 3.9 3.2 3

(Standard error) (0.4) (0.6) (0.7) (0.5) (1)

Other % 0.7 0.3 1.2 0.6 1.2

(Standard error) (0.2) (0.1) (0.4) (0.2) (0.7)

Con–Lab Lead 7.9 18.1 –1.5 10.6 –4.9

χ² (user vs non-user) 5.3** 1.8†

N 2097 1101 996 1791 304

†p < 0.1, *p < 0.05, **p < 0.01.
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are used without adjustment. However, with appropriate 

adjustments, samples of Facebook users could be a useful 

source of survey respondents.

Studies using Twitter or Facebook data to study public 

opinion or forecast elections should explain why the demo-

graphic and attitudinal differences in social media data 

will not affect their results. Our study provides some rea-

son for hope: After controlling for demographics, social 

media’s association with vote choice and political attitudes 

greatly declines. This suggests social media data could be 

used for studying public opinion and forecasting if the data 

is appropriately weighted using demographics (which 

some work has already begun to (Filho et al., 2015)) and 

political attitudes or adjusted using an approach such as 

multilevel regression and post-stratification (Wang et al., 

2014).7 Although social media data provides numerous 

opportunities for political science, it is vital to remember 

that Twitter and Facebook are not representative of the 

general population.
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