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Introduction
The early contributors to our field identified the topic of grouping as a key element in

organization design:

Given a general purpose for an organization, we can identify the unit tasks neces-
sary to achieve that purpose (...) The problem is to group these tasks into individ-
ual jobs, to group the jobs into administrative units, to group the units into larger
units, and finally to establish the top level departments — and to make these
groupings in such a way as to minimize the total cost of carrying out all of the
activities (March & Simon, 1958, p. 41)

We believe, however, that this is a challenging task to carry out in practice. It
would have been simple if it was merely a question of categorization—of placing
one set of roles (say, those related to software in a technology firm) in one sub-
unit, and another set (say, those related to hardware) in another sub-unit." A key
characteristic of most roles (and sub-units) in organizations is that they are
interdependent, first and foremost in relation to the work processes that they carry
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out, but also in relation to other types of interdependencies, such as resources and
governance relationships (Worren 2018). Handling these interdependencies requires
interchange of information and coordination, leading to coordination costs
(Galbraith 1974; Nuilez et al. 2009). Having a large number of interdependencies
across sub-units may also make it difficult to define clear accountability for a
complete deliverable (Kilmann 1983). Hence, in the organization design process, it
is not sufficient to group the organizational elements (roles, sub-units, etc.) based
on a quick categorization; one must take into consideration how one should group
the elements in order to minimize coordination costs.

Grouping occurs at multiple levels. A project manager responsible for a large
engineering project will need to decide who should work in which team within
the project (i.e., he/she will find a way to allocate roles to teams). Similarly, an
executive vice president may reconsider how the business units within the
business area are defined, and conclude that some units should be split and that
others should be combined. A CEO may similarly evaluate the overall
organization of the firm and change the number of business areas or alter their
composition (i.e., business units may be moved between the business areas and
regrouped).

A failure to perform this grouping task appropriately leads to a lack of align-
ment between the formal structure and the work processes in the organization.
Studies have shown that interdependencies are sometimes underestimated
(Sherman and Keller 2011) leading to a lack of integration and coordination
between roles and activities. In other cases, they are overestimated, leading to a
lack of separation and to excessive teamwork or unnecessary collaboration (Cross
and Gray 2013).

We believe that there are two challenges when performing this grouping task in
practice. The first is a lack of access to relevant data. The functional labels such
as the titles of positions (“Financial controller”) or sub-units (“Accounting and
Finance”) are readily available and documented in formal organization charts,
whereas interdependencies are for the most part implicit. This was recently
confirmed in a survey with 176 organization design consultants reported in this
journal (Worren et al. 2019). The survey sought to identify the key challenges

"UNDERSTANDING HOW PEOPLE COLLABORATE AND/OR
EXCHANGE INFORMATION ACROSS UNITS IN THE CURRENT
ORGANIZATION" 50%

23%

13%
10%

-

1 2 3 4 5
HAS NEVER BEEN HAS ALWAYS
A MAJOR BEEN A MAJOR
CHALLENGE CHALLENGE

Fig. 1 Item result from survey among organization design practitioners (N = 176) (Worren et al. 2020)
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Fig. 2 Role descriptions used in study of role grouping (adapted from Worren et al. 2020)

that consultants encounter when assisting clients in re-designing their organizations. The
respondents were asked to evaluate 25 different elements of the re-design project, from
scoping the engagement with the client to planning and implementing the new
organizational model. One of the findings was that a large proportion (60%) indicated that
it is frequently or always a challenge in to understand how people in the client
organization collaborate or exchange information across units (Fig. 1).

A second challenge is the process of grouping elements itself. Even when one
has access data about how people interact, it is difficult to group different ele-
ments while keeping in mind the interdependencies. In an organization design
project, there are typically hundreds of interdependent elements that need to be
sorted or clustered into the best possible configuration. We believe that this
task is cognitively demanding and subject to various psychological limitations
and biases. To study this in more detail, Worren et al. (2020) conducted a study
where they asked participants to group interdependent roles into small teams.
They simplified the task by reducing the number of elements to as little as six
roles and by creating problems with a clear-cut optimal solution (they also used
tasks with nine and twelve roles). They started by showing participants a set of
role descriptions, such as those shown in Fig. 2. The task is to find out how to
group the roles into the teams. The participants were informed that there was a
rule in this organization that there should be a maximum of three people in
each team. The results show that even with as few as six roles and with no time
limit, 25% of the participants did not succeed in identifying the optimal

Team 1 Team 2
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Downey

Fig. 3 Optimal solution for the task shown in Fig. 2 (adapted from Worren et al. 2020)
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Fig. 4 Proportion of participants who identify the optimal solution and time usage across the tasks with
different levels of complexity (i.e, number of elements) (Adapted from Worren et al. 2020)

N

solution. The proportion of participants that identified the optimal solution de-
creased when the number of elements was increased (Fig. 3). Worren et al.
(2020) also found that participants used significantly more time to solve the
task as the number of roles increased (see Fig. 4). We would expect that even
fewer participants would identify the optimal solution in a more realistic task
with dozens or hundreds of elements. We have used variations of this task in
courses with both students and managers. The results have been similar. During
the debriefing, we typically find that participants agree that the optimal solution
is the best one, even if they did not identify it themselves.

The reason why clustering tasks are difficult is related to the number of potential
permutations of sets of elements, which increases rapidly with size. Three roles may be
allocated to two teams in three different ways:

Team 1 Team 2
AB C
AC B
BC A

If instead there are six roles that need to be allocated into two teams, this may be
done in 41 different ways.” In general, the number of ways to select a sub-unit of k
members from a unit of n members is given by the binomial coefficient:

ﬂk . n _ (n)

k' (n—k)lk! k

The result of introducing additional elements on the number of permutations is

shown in Fig. 5.

%Since the number of members in the subunit is arbitrary we must sum for all k to get the numbers in the
graph. But since the remaining (#-k) members can be organized into more than one subunit, the total
number of possible combinations is even larger than given here.
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Fig. 5 The number of possible combinations of elements into two sub-units as a function of the number of
elements in a set

Given the existence of heterogenic interdependencies between the elements, the
various permutations (clusterings) will produce solutions with varying degrees of
effectiveness. Identifying the optimal clustering would thus require the decision maker
to search the entire space of permutations and calculate the degree of optimality of
each. Since this task exceeds the cognitive capacity of humans, a more likely strategy is
that decision makers retort to using a heuristic when developing an organizational
design. For example, they may select a grouping based on another criterion, such
employees’ functional specialization, rather than taking into account interdependencies
related to work processes (Worren et al. 2020).

The success rate of organization design processes is generally quite low. Scholars
who study strategic decisions (including those pertaining to organization re-design)
have estimated the success rate to be around 50% (e.g., Nutt 1999). The two
factors discussed above—limited access to relevant data and difficulty in processing
the information (if present)—may partly explain why it is difficult to make effective
decisions. Important information is not collected or is ignored, or elements are
combined in a suboptimal manner. The end result is that ineffective organizational
models are being introduced, for example, organizational models that do not reflect
the actual work processes in the organization, leading to increased coordination
cost, conflicting roles, and unclear unit mandates. A recent example is provided in
a case study of a reorganization of a large European food production company
(Livijn 2019). The top executives who introduced the new organizational model
presented it as a functional organization (i.e., a structure with unitary reporting
relationships) with clear roles and responsibilities. The middle managers who were
implementing the new model discovered that it was in fact a full blown matrix
(i.e., with multiple reporting relationships), with unclear interfaces and missing co-
ordination mechanisms. Managers and employees in large firms generally perceive
their organization to be highly complex; in one survey, only 1% of respondents
indicated that their organization was “not complex at all” (Economist Intelligence
Unit 2015). The same survey also asked the respondents to identify the effects of
organizational complexity. The most frequently mentioned effects were slower
decision making, an excessive amount of time spent on coordination, and lower
employee morale (ibid.).
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Table 1 High-level functional requirements for organization design tool

# Functional requirement Explanation

1 Support collection of data from The tool should make it possible to collect data about work process-
the organization related interdependencies between roles

2 Allow visualization of The tool should include visual maps and provide the decision maker
interdependencies with an overview of the role interdependencies

3 Generate grouping of elements The tool should provide a suggested grouping (or clustering) of the
(roles, sub-units etc.) data that minimizes coordination cost, and thus indicate an improved
way of organizing roles/sub-units

We believe that an effective organization design tool would need to fulfill three main
functional requirements, related to data collection, visualization, and analysis (see Table 1).
In the following, we describe in more detail how we are developing a tool—Reconfig—that
fulfills these requirements and we discuss our experience from using a prototype version of
the tool.

An algorithmic approach to grouping

There are numerous algorithms that will take a set of interdependent elements and
produce a clustering (Xu and Tian 2015). We use a genetic (or evolutionary) algorithm
(Holland 1992) developed by Soldal (2012). The input to the algorithm is a square
matrix with elements and their interdependencies called Design Structure Matrix
(DSM) (Browning 2001). The output is a list of numbers that represents the
groups (i.e., clusters) that each element in the DSM (i.e., role or sub-unit) has been
allocated to.

The genetic algorithm goes through a series of steps as outlined in Fig. 6. It first
generates a set of random solutions whose performance (fitness) are then evaluated and
ranked according to a fitness function. The 50 highest scoring solutions are then
selected as parents and generate 200 offspring that are composed of combinations of
their genetic code. Random genes in the new offspring are then mutated by randomly
changing values. The offspring is finally subjected to another round of fitness
evaluation, and the 50 offspring with the highest fitness become parents for the next
generation, and so on. The process terminates either after a set number of cycles/
generations or when the solution is stable (for a more detailed explanation of genetic
algorithms, see Goldberg 2009).

The fitness function that we use was developed by Yu et al. 2007) and seeks to
identify an improved grouping of the data (i.e., one that maximizes within-cluster inter-
dependencies and minimizes between-cluster interdependencies):

Phenotype Population

Development

| Fitness evaluation E—h{ Stop Criterion |
T
|
Y

o—f Initialize —»{ Genotype Population | | Parent Selection | | Final Solution |

i

l Mutation |-(-—| Crossover |

Fig. 6 The flow of the genetic algorithm (adapted from Soldal 2012)
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Where:

n.= Number of clusters in the DSM

n,= Number of rows/columns in the DSM (i.e., elements such as number of roles)

cl;= Number of nodes in cluster i

S;= Sum (Type 1 error) = “Errors of omission” (failing to include an interdependent
element in a cluster)

So= Sum (Type 2 error) = “Errors of commission” (including a non-interdependent
element in a cluster)

a and = Weights between 0 and 1

The objective in the above equation is to find a solution that minimizes fpsy; (i-e.,
coordination cost). For a given model (M), the result is the solution with the lowest
coordination cost for the chosen parameters.?

Rationale for selecting the genetic algorithm
There are multiple algorithms in the field of network analysis that are intended to find
the most optimal subgroups of elements, also called graph partitioning, such as the
Kernighan-Lin algorithm, Fiduccia-Mattheyse’s algorithm, and spectral clustering (for
useful reviews, see Bulug et al. 2016; Schaeffer 2007) These algorithms generally use
heuristics to reduce the computation cost of scaling the problem for large problems.
However, traditional graph partitioning methods are intended to solve a predefined
mathematical problem with limited consideration made for the applied use of the
method. In contrast, evolutionary methods allow for a very high degree of flexibility.
The fitness function that evaluates each generated solution can include any metrics that
can be evaluated mathematically, and multiple metrics can be combined into one fit-
ness function. This means that one is able to specify a varied number of evaluation cri-
teria that result in graph partitions with particular characteristics that matter to
organizations. For example, one can specify a maximum number of clusters and run
the analysis based on this constraint. One can also adjust the alpha and beta weights in
the fitness function (see the equation above) and thereby prioritize whether one
minimizes interdependencies between clusters (alpha) or minimizes the number of
non-interdependent elements within a cluster (beta). Finally, one can also select
interdependencies related to a sub-set of activities or business processes and run the
algorithm on these only (e.g., to consider which organizational model that would be the
most optimal when including only sales & marketing processes).

The cost of this flexibility is that genetic algorithms are less scalable than traditional
graph partitioning algorithms. However, for organization re-design projects, even in

*The alpha and beta weights are set at 0.3 each as a default, but may be adjusted. By increasing the alpha
weight (and reducing the beta weight correspondingly), one prioritizes reducing the number of
interdependencies between clusters; by increasing the beta weight (and reducing the alpha weight), one
prioritizes reducing the number of interdependencies within clusters. In our further work, we aim at testing
more systematically the effect of varying the weights, and identifying when it may be appropriate to depart
from the default set-up.
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large global organizations, the number of roles or units being considered is rarely large
enough for scale to be a critical issue (if one reorganizes a large firm, one can limit the
respondents to a few representatives from each unit, instead of including all em-
ployees). Nor is it always necessary to find the optimal solution. Our focus is to gener-
ate graph partitions that meet criteria better than intuition would. Genetic algorithms
also provide the flexibility to limit how long an optimization takes. While there may be
smaller improvements to gain after running the algorithm for 10,000 generations, it is
likely that a usable solution is identified after 4000 generations. By accepting this goal
of a “good enough” solution, it will only take hours to calculate the solution for an
organization of 500 people (or units), instead of days.

Comparison to social network analysis

Our approach is similar, but not identical, to recent developments in social network
analysis. Whereas social network mapping has its roots in sociology (Freeman 2004),
our approach is based on methods developed in the engineering sciences (Eppinger and
Browning 2012; Sharman and Yassine 2004). As the name suggests, social
network analysis originally focused on social relationships, and typically included
“affective” variables (e.g., mutual trust and liking among a group of people)
(Freeman 2004). More recently, there are also examples of social network studies
that focus on more task related or “instrumental” variables such as knowledge
transfer (e.g., Hansen 1999). Social network scholars have also started to apply
algorithms to detect “community structures.” A community structure is similar to
a cluster as defined here—“network nodes [that] are joined together in tightly
knit groups, between which there are only looser connections” (Girvan and
Newman 2002).* Nonetheless, there are also some differences. Both the purpose
and the data that are included in the analyses differ: The purpose of Reconfig is
not to analyze social networks among individuals per se, but to align the formal
structure of organizations (i.e., a set of roles) with the work processes. To achieve this, we
not only collect and analyze data about the task related interdependencies, but also about
the formal structure (i.e., the allocation of roles to different divisions, departments,

or teams).

Data collection

The data that are processed by Reconfig are collected from managers and employees of
the organization. We currently use a commercially available electronic survey tool
(SurveyGizmo), which has been configured specifically for the purpose. It consists of
three pages. On the first page, respondents are asked to indicate which activities or
work processes they participate in. The list only contains the main activities or work
processes in the organization and is thus quite brief (3—10 items). (Yet it is quite
important, as it makes it possible to filter the data by activity both when visualizing and
analyzing the results.) On the second page, respondents are asked to pick up to seven
people that they collaborate with (all employees in the organization are listed and can

*Girvan and Newman (2002) propose a measure for the strength of the community structure, as an objective
metric for choosing the number of communities into which a network should be divided. This metric, or
some variation of it, may be relevant to rank and compare the optimized organization structure resulting
from the genetic algorithm in Reconfig.
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be found by typing the first letters of their first name). On the third page, the
respondents are asked to characterize the relationship with each of the (up to)
seven people. They are first asked to indicate the direction, that is, whether they
receive or provide something to the other person, or whether they consider it to
be a mutually interdependent relationship. They are then asked which activity or
work process that it relates to. Finally, they are asked to rate (one a three-point
scale) how important the collaboration is for their ability to reach their goals
(Fig. 7). The results can be visualized in a DSM as shown in Fig. 8.

Example 1: university

We tested the tool in connection with the reorganization of a university in Norway in
2016. The university had implemented a reorganization the year before, and we were
curious about whether the new organization was aligned with the most important
interdependencies. An external consulting firm had been hired to help the university
president identify a more optimal formal structure. A key concern with the previous
structure was that there were too many hierarchical levels, taking into account the
university’s limited size (Around 5200 students and 1700 staff). The university had 13
main departments, three schools or faculties, and two research centers. Hence,
removing the “school level” would result in 15units reporting to the university
president (plus staff functions such as IT, HR, and the library), which was deemed as
excessive. The university president indicated that it should be possible to develop a
model with only six or seven main units. In other words, a re-grouping was necessary,
and a key task was to find an appropriate grouping of the 13 departments and two
research centers.

The structure prior to the reorganization in 2016 is shown in Fig. 9. We observe that
despite the three large schools, several interdependencies were not contained within
the schools. We also note that school 3 consisted of three weakly interconnected
departments.

How you work together

You indicated thai you collaboraie with the foliowing person

Mike Meyers

How would you cha ize the relationship?

‘We are mutua =i (callaborating closely. providing inputs and oulpuls 1o each other) +

In relation to which activities or priorities do you coordinate, collaborate or exchange information?

Development
[ Product development
Management

[ Manage projects

How important would you say that this relationship is for your abifity to reach key goals in your role?

It has fittle effect on my abiity to attain my goals It has some effect on my ability to atiain my goals It is crifical for my ahility to attain my geals

® o

Fig. 7 Screen image from the survey questionnaire used to gather data
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Fig. 8 Screen image of the tool, showing data for the current organization in a DSM format (the names are
randomly generated). The color shade indicates the degree of criticality of the interdependency as reported
by the respondents.
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Fig. 9 Organization of university prior to reorganization. The illustration was drawn in PowerPoint based on
data from Reconfig
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Fig. 10 Organizational structure that was actually implemented in university. The illustration was drawn in
PowerPoint based on data from Reconfig

Various grouping criteria had been proposed, but the criterion that was deemed
the most important was related to coordination and collaboration with regards to
study programs. Whereas collaboration in research projects might occur more or
less independently of formal boundaries, it was concluded that the sub-units in-
volved in joint study programs should be formally grouped together. A new
organization was introduced during Fall 2016 (Fig. 10). We observe that the group-
ing does not contain several of the interdependencies. We also see that two units
that have no interaction with each other (Departments 12 and 13) are grouped
together.

We first mapped the interdependencies (related to the structure prior to the
reorganization). This was done by distributing a survey questionnaire to all
department heads and asking them to indicate the interfaces they had toward
other units. They were also asked to rate the importance of each interface and
indicate whether it was related to study programs, research, administration, or
other priorities.

Using the fitness function described above (Yu et al. 2007), we then calculated
the coordination cost of the organizational structure prior to the reorganization,
and compared it to the solution generated by the tool (Fig. 11). Compared to the
prior organizational structure, we found that the solution generated by the tool
would reduce the coordination cost with 32% (from 149 to 100). Compared with
the prior organization, the organizational structure that was actually implemented

v 1 v
Dep 1 [ 5 Dep 12  p=»  Deparmen: 9 >  [Department 11—
t ¢ 1 1 +
Dep 2 D [} Department 7 < Dy 10 -
¢ ¢ Camar ¢
D 3 Department 8 1 —> Depariment 13
¢ T t
Dep 4 £
[ S—
o Centee
2
]
Fig. 11 Suggested tool solution for university. The illustration was drawn in PowerPoint based on data
from Reconfig
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increased the coordination cost by 23% (from 149 to 184). As can be seen when
comparing Figs. 10 and 11, there is only one cluster (i.e., school/faculty) that is
similar in the two solutions (cluster 1). The tool solution reduces the overall
number of interdependencies outside the clusters, and also avoids grouping
unrelated departments.

Example 2: manufacturing firm
Recently, two master level students (Karlsen and Gronvold 2019), supervised by the
main author, had the chance to test the tool in a small manufacturing firm with 43
people. The firm is in a growth phase and is considering how to adapt the
organizational structure as it hires more employees. It started out with a simple
structure (i.e., little or no differentiation between roles and sub-units) (Mintzberg
1983), but had introduced a traditional functional structure with departments for pro-
curement, sales, assembly, soldering, and inventory and shipping. Due to the small size
of the organization and the desire to identify the most appropriate team structure, all
employees were included in the survey phase. All of the employees (with the exception
of three part time employees) filled in the survey questionnaire. The questionnaire
asked them to indicate which work activities they participated in and who they collabo-
rated with. As with the study described above in the university, the employees were also
asked to indicate the degree of criticality of each relationship with regards to goal
attainment.

A Design Structure Matrix (DSM) based on the current organization is shown in
Fig. 12. Reading along a row, the marks represent elements (in this case roles) that the

Importance
Critical
Medium

Low

DDepal‘tment

Department abbreviations:

A Administration

PL Purchasing and logistics
B sales and Back office
M Mechanical production
w Welding

WH  Warehouse

CC  Canteenand Cleaning

Fig. 12 Design structure matrix (DSM) for the current organization of small manufacturing firm
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Fig. 13 Design structure matrix (DSM) showing Reconfig’s clustered solution for the organization of small
manufacturing firm

role on the left of the row needs inputs from (e.g., information, resources). Reading
along the column, the marks indicate elements (roles) that the role above the column
provides outputs to. The borders inside the matrix indicate which element belongs to
which department. The DSM indicates that there is relatively poor alignment between
the formal structure and the work processes. First, we see that a number of
interdependencies, including ones considered to be of critical importance, are outside
the clusters (departments): Of the 229 dependencies mapped, 136 are between roles
belonging to different departments (see, for example, the area marked with (1) on
Fig. 12). Second, we note that there are a few roles that seem to be weakly connected
to each other, although they are placed in the same department (indicated by the white
cells inside the clusters) (see the area marked with (2) in Fig. 2). We also note the
existence of a few roles that have a large number of interdependencies. In particular, 23
employees (59% of the staff) indicated that they were dependent upon employee W6 in
the Welding department (see the area marked with (3) in Fig. 12). Of the 23 employees,
18 are placed in another department than We.

The five managers of the firm, including the managing director, participated in a
session were the results were presented and discussed. They expressed that the analysis
was consistent with their understanding of the way people actually performed their
jobs today.

The clustered solution is shown in Fig. 13. It reduces the coordination cost (fitness
score) from 1113 to 791 (29%). The solution contains seven clusters (i.e., departments/
teams). There are three notable differences from the current organizations: (1) A cross-
functional department of ten people, representing roles from the administration,
purchasing and logistics, and sales and back office; (2) two welding departments (or
sub-groups), each tightly connected internally; and (3) two sales and back-office teams.

Page 13 of 19
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The clustered DSM clearly shows stronger alignment between process and structure.
The number of interdependencies between clusters is reduced by 30 (28%) while the
number of interdependencies within clusters is increased with 30 (32%). At the same
time, one would probably want to make some adjustments before this solution is trans-
lated into a new organization chart. For example, the two sales and back office teams
(marked (3)) may be viewed as too small to be managed by separate managers, and
may be merged into one department. Furthermore, the re-clustering did not result in a
change with regard to W6, which is still connected to 23 other employees (marked (4)).
One will need additional information to determine whether this is an appropriate solu-
tion or not. On the one hand, it may be the case that this particular employee is over-
loaded with requests from others, and that either the work processes should be
changed (to reduce the demand), or that capacity should be added by allocating one
more person to the task carried out by this person. On the other hand, this may also be
a coordinating role (a “bus” in DSM terminology) that serves to integrate the work of
many others in the organization, in which case it may be preserved as it is.

Discussion

Scholars in the field of organizational theory have largely focused on describing
organizations, instead of changing or improving them. Reconfig is an example of
solution oriented social science (Watts 2017). We are developing a tool for
practitioners based on key principles in organizational theory. But the link is not one-
way (from theory to practice), but two-way (from theory to practice, and back to the-
ory): In the future, we expect that the development process itself—and the data that we
collect from organizations—can be the basis for empirical analysis and further theoret-
ical development.

Our starting point was to conceptualize organization design as a grouping task. It
requires access to data about interdependencies between elements (roles, sub-units,
etc.) and the ability to process these data to identify the clustering (or grouping of ele-
ments) that is the most optimal one. This task is often hampered by a lack of relevant
data. Reconfig addresses this need by providing a means for visualizing and analyzing
data about internal working relationships. Reconfig thus confers “situational visibility”
(Danilovic and Sandkull 2005; Steward 2007). It ensures that decisions can be based on
an understanding of how the organization actually functions. Distribution of the survey
has the added benefit of involving employees in the organization design process and
signaling the intention of management to use a “facts based,” rather than intuitive or
political, approach to designing the organization.

The clustering algorithm may be viewed as a way of operationalizing the concept of a
“modular organization.” It identifies a structure consisting of semi-independent units or
modules with a maximum number of within-cluster interdependencies and minimal
number of between-cluster interdependencies. As explained in Sanchez (1995) and
Clark and Baldwin (2000), increasing the degree of modularity is a key strategy for sim-
plifying complex organizations. The key benefits are a reduction in the time and cost of
coordination, assuming that coordination is less costly within than between sub-units.
But there are also other potential benefits. In a study of Microsoft programming teams,
it was found that having more independent and specialized teams increased the quality
of the end product. Indeed, it was found that the organizational structure predicted
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defects with very high precision (86%) and that it was a better predictor of defects than
traditional process and software related metrics (Nagappan et al. 2008). In a simulation
study, Fang et al. (2010) found that having semi-isolated subgroups fostered innovation,
as long as there were some connections remaining between the groups. The relative
isolation of groups shielded the development of divergent ideas within each group,
while the connections between groups helped diffuse the most promising ideas across
groups.

In this article, we have focused mainly on the analytical basis for the tool and its
technical design. However, the intention is not to fully “automate” organization design.
On the contrary, we view the utilization of the tool as we would view any intervention
in a social system. Even with the best of algorithms, there are several decisions that will
need to be made by human decisions makers in such processes, including when to start
a review of the current organization and how to define the scope of the project. The
data that the tool provide will be presented to and interpreted by managers, who in
some cases will choose to disregard some of the results, while relying on others. This
may be perfectly legitimate, as the algorithm does not take into consideration all
relevant factors. It is also clear that the use of the tool requires a certain level of trust
between employees and management (and the advisor/consultant who uses the tool).
Employees are asked to participate and provide information about what they do and
who they work with. Based on our project so far, we believe it is possible to achieve
close to a 100% response rate among employees in the data collection phase. But this
requires that managers are able to communicate with employees and explain the
purpose of the project. In our experience, employees will participate if they know that
their input will be taken into consideration, if they receive some feedback on what the
overall results of the survey were, and if they are confident that their personal data will
not be misused.

Limitations

Although Reconfig represents a new step toward a more analytical and data-based
methodology for organization design, several limitations should also be acknowledged.
Some are due to the overall approach being used, while others are due to resource
constraints and simplifying assumptions having been made when developing the tool.

First, the tool is intended to support decisions about “horizontal” grouping.
Currently, the approach does not incorporate an analysis of the vertical complexity of a
proposed design. For example, in the first example described above, the difference in
fitness score between the original structure at the university and the new model that
was adopted does not reflect the fact that the new model represented a “de-layering”
(i.e, one management level was removed). A more complete analysis would need to
include data about the vertical structure and take this into consideration when
clustering the elements.

Secondly, in collecting data, we essentially collapse two dimensions of
interdependency: Interdependencies between individuals (as evidenced by
communication flows) and interdependencies that are due to tasks (that are
assigned to roles). As is common in organization design theory (Jaques 1989), we
distinguish between individuals and the roles they hold. In principle, we do not
want to identify individual interdependencies per se. The purpose is not to find
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the best mix of individuals (e.g., based on their personality), but the appropriate
grouping of roles. The individuals that currently hold the roles may be re-allocated
to other roles as a result of the re-design process that may follow. Researchers like
Sosa et al. (2004) who study engineering firms have conducted two separate studies
of the current organization, one that documents the communication flow, and one
that documents that technical (i.e., task) interdependencies. This approach makes it
possible to evaluate the degree of correspondence between actual and needed co-
ordination. However, we believe that it is too cumbersome in practice to collect
data at two levels. Hence, we only collect information from individuals about their
communication flow/working relationships. On the other hand, we do focus on
task-related interdependencies and do not simply ask respondents who they prefer
to work with; the questionnaire first asks respondents to list activities or work pro-
cesses they contribute to, and then to list who they depend on or deliver to in
each of the activities or processes that they have listed.

Thirdly, the tool does not map all aspects of interdependency. At least three
aspects of interdependency are discussed in the literature: direction, criticality, and
uncertainty (or predictability). We do cover the direction, as shown above, and also
collect data about criticality.” However, we do not collect data about the
uncertainty of the interdependency. This is a potentially important limitation, as a
key assumption in the literature is that a less uncertain interdependency (despite
being of high importance) can more easily be formalized and handled by means of
planning and documentation (Van de Ven et al. 2006). This suggests that
interdependencies of unequal uncertainty should not be treated equally by the
clustering algorithm (it should prioritize the interdependencies of high uncertainty).

What Reconfig does is to optimize the clustering or grouping of elements. Yet we do
not know precisely the cost of a non-optimal grouping, or if one considers optimality
as a continuum, at what point a non-optimal grouping starts having a negative effect
on performance. Are there critical limits on the amount of coordination an
organization can handle before suffering performance degradation? This challenge is
shared with most other theories in the field of organization and management: There
are few or no norms of what constitutes a “normal” level against which one can assess
the current situation. As pointed out by Jaques (2002), this would be similar to prac-
ticing medicine without the concepts of normal temperature, blood pressure, pulse rate,
and so on.

Reconfig relies on a “bottom up” process where data about work processes are used
to determine the appropriate grouping of elements. In practice, we believe that such a
“bottom up” method should not be used in isolation but combined with a “top down”
approach deriving the appropriate design from an analysis of the organization’s
mission, functions/capabilities and strategic goals (see Worren 2018). As an example, a
“top down” analysis may sometimes identify sub-units that need to be separated (e.g.,
to due conflicting goals or mandates) despite the existence of work process inter-
dependencies. An initial “top down” analysis during a re-design process may also pro-
vide useful criteria that can be further explored by using the Reconfig tool. In

°In the project examples provided here, we did not take into consideration criticality, but we recently
improved the algorithm so that it is possible to distinguish between levels of criticality in future projects.
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particular, by identifying the activities or business processes that are strategically
important for an organization, the Reconfig tool can be set up to map precisely these
activities and provide a map of interdependencies that reflect the activities that are
most critical for the future of the organization.

Further development

As described, there are several limitations with our approach. However, when applying
the Reconfig tool—or any tool for that matter—we do not believe that the relevant
comparison is an ideal, theoretical model. What we should ask ourselves is whether the
tool can improve current practice. So the most relevant question is whether the tool
can serve as a decision making aid and improve the quality of decisions. As we noted
in the introduction, the evidence that we have is that people’s intuitive capacity for
making grouping decisions is quite limited, and we would thus expect that an
algorithm will outperform human decision makers.

Some of the limitations may also be addressed by further development. We have
defined a research program to test and validate the algorithm that we use (Yu et al.
2007). We also believe that it should be possible to establish critical limits for key
organization design variables. One approach is empirical. One can collect data by
means of Reconfig and correlate the results with performance measures. One may use
simulation tools such as SimVision (Levitt et al. 1999) to test the effects of alternative
groupings of roles or sub-units on performance. One may also consider whether it is
possible to borrow metrics from other fields to determine critical limits. As an example,
in the field of fluid dynamics (Bradshaw 1970), one uses a metric called Reynolds number
(Reynolds 1883), which represents the balance between chaotic and orderly processes. We
are considering whether this metric can be used to assess the data collected by Reconfig
and evaluate whether the coordination load of an organization is too low or too high.

Conclusion

We have described a new organization design tool—Reconfig—that is intended to
support organization design decisions. It essentially operationalizes well-established
principles related to grouping (March and Simon 1958; Thompson 1967) and modular-
ity (Clark and Baldwin 2000; Sanchez 1995). The tool uses data collected by means of a
survey questionnaire. The questionnaire is distributed to managers and employees in
the organization and contains questions about their tasks/activities and working
relationships. The tool takes these data as the input and applies a genetic clustering
algorithm to identify a grouping (e.g., of teams, departments, etc.) that minimizes
coordination costs. This can be the starting point for defining the formal structure of
the organization.

We described two pilot applications of the tool, one in a university and one in a
small manufacturing firm. The pilot applications have provided us with proof of
concept. The algorithm identifies solutions that are deemed superior to manually
developed solutions. At the same time, there are several limitations of the current
version of the tool. Our current work seeks to validate the algorithm and to improve
the functionality of the tool. Our end goal is to provide a tool that will effectively
support organization design decisions and thereby increase organizational effectiveness.
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